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Abstract

The United Nations (UN) came up with the sustainability development, dpealause the world

is facing a lot of problemdike global heatingwhich is the result of climate change, there is
inequality and poverty and many more problertseative sstainable innovations are
importantin dealng with these problem<£reative ideas are ideas that are original, feasible and
effective. Thesénnovations can be generated together with consumers, whickcreaton.

One of the steps in etreation is selectiarP e o pihtngicsand extrinsic motives influence

their belaviour, and therefore also their behaviour inceeation. Extrinsic motivesre
subdivided into knowledge motives, social motives and financial motiles research aims

at testing whether there is a relicgateioeeshi p b
creation and their selection accuracy for selecting a top three most creative ideas. A survey is
used in which 289 people participatddheselection accuracy scqomehich are used to test the

rel ationship bet weaalasedbretheeldtiios scaas df five bxpentdD V 0 s
the field Factor analysis extracted only two factors, which are intrinsic and extrinsic motives,
and no significant results were found in the multiple regression analysis. Theltsftie,
intrinsic and extmsic motives do not relate to selection accuracy of creative ideas in a context

of co-creating sustainable innovations.

Key words:Co-creation Creativity, Motives,Sdection accuracySustainability
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1.Introduction

Sustainability is anuchdiscussedopic nowadays, since the world is heating up, which is the

result of climate change, there is inequality and poverty and many more problems that the world
faces. Therefore, the United Nations (UN) came up with the sustainability development goals,
whichaddresses the before mentioned topics and
take actiondé regarding this (Sustainabl e Dev
goals which they are trying to reach.

In order to reach these goals, peopéere to come up with ideas to solve the problems.

These ideas can come from all different kinds of groups, like individuals, companies,
gover nment s, -gavarnmdh@éganizdtions).nnnovation is therefore needed, to
create prosperity within athe changes we are facingniidon, 2007).

Resulting from this, there is an increasing interest in sustainable innovation, and sustainable
development requires systematic and radical innovatBwor{s et al., 2013)Sustainable
innovation can bal e f i n e¢hd deaetopmént of new products, processes, services and
technologies that contribute to the development andbedfig of human needs and institutions
whil e respecting the worldsd natuTall c esmd r ¥
2008, p. 1).

As mentioned before, innovations can be created by different groups, innovations can also
be created together with consumers. Thisci@ation for innovations has benefits for the
consumers and for the organization, sinoereation by consuers can lead to superior and
aligned products for the consumer and superior wealth and growth for the organization
(Roberts, Hughes and Kertbo, 2014). The consumers valugeation is defined as
Acoll aborative wor k bet we eavatiom pracess, svhereeyrthea nd
consumer and the supplier engage (to varying degrees) in activity-ideation, cedesign,
co-developmentandeor eat i on of ne w(Rpbertsdtalg2014ppr14%.€0 Vi C e ¢
creation makes it possible for the orgaation to better understand customers and can get new
ideas from the customer for design, engineering, and manufacturing (Prahalad & Ramaswamy,
2004).

Co-creation consists of the creative process of idea generation, evaluation and selection,
and these sps can influence eachothBr e nt e D2 az, Cavazos Arroyo
It is often assumed that creative idea generation leads to successful innovation, because having
more creative ideas results in a high probability of selecting a yeog idea Rietzschel,

Nijstad & Stroebe, 2010). Nevertheless, research did show that people are not great at idea
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selection(Rietzschel et al., 2010As such, idea generation is a part of the innovation process,
and in idea generation are creative ideasessary for innovation, but this is not enofigjfstad

and De Dreu, 2002). The best ideas must also be recognised and selected from all the generated
ideas, for the actual implementation of creative ideas to be pogRiekzschel et al., 2010).
Neverheless, as mentioned before, people are not very good at idea selection and ideal output
does not always contribute much to creative idea sele@ietzschel et al., 2010). This is why

it is important to know how to make idea selection accurate, to &dngher probability of
resulting in successful innovatiomsccurate selection entails selecting the best ideas. The best
ideas are the ones with the best quadityd the idea quality can be defined by the combination

of feasibility and originality(Diehl and Stroebe, 1987), or by being unusual and useful
(Rietzschel et al., 2010). Hao et al. (2016) define creativity as original, feasible and effective.
Therefore, a creative idea should be original, feasible and effedivaneasure whether
something ighe best idea, it could be compared to what experts think of these ideas and agree
whether it is a creative ideSummarizing, for sustainable innovation it is important that the
selection of ideas is accurate, which entails that the most creative id@ak, is/feasible,

original and effective, are selected out of the pool of idéas research will focus on the
selection phase within the -@peation process.

Thecocr eati on experience relies muuiquerness t he
effects the cacreation experience and theceation process (Prahalad & Ramaswamy, 2004).
This entails that each customer has its own aspirations, desires, motivations, and behaviour, and
co-creation helps the organization to more deeply understan@Pitabalad & Ramaswamy,

2004). Prahalad and Ramaswamy (2004) even state that an organization cannot create anything
of value without the engagement of individuals. This statement seems a bit radical, but it does
show their view on the importance of consumegagement in innovations. This uniqueness of
individuals among others entails tlegich person can have different motivations and therefore
motives, which influence their opinions in the-c@ation process. It is important to know
which motives peoplean have for participating in ereation, because individuals are
important for the careation process, and their uniqueness is among others formed by their
motives, and this uniqueness influences their contribution. It is also important to then see how
this influences the value of their participation and therefore, how consumers motives influence
their selection accuracy in the-coeation process.

As mentioned before, people all haveraqueinfluence on the careation process, and
individual diffeences in motivation are essential for understanding people and for predicting
their behaviouf(Neel et al., 2016). Therefore, it is interesting to know what motives influence
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C u st o aceuradys when selecting creative ideas, for eventually meeting th@ sUN
sustainability goalsCreativity is connected to intrinsic motivation (Grant and Berry, 2011).
Motives can also be internalized or entirely extrinsic, and intrinsic and internalized and entirely
extrinsic motives i nfl ue messuchmasaunpsity pessistanceh i e v e
learning and performandé&/guroglu and Walberg, 197®eci and Ryan, 1985; Ayub, 2010;
Rogstadius et al., 2011; Makki and Abid, 2017). The selection accuracy will most likely also
be influenced by intrinsic motives ardternalized and entirely extrinsic motives, since
selection is a task in which people have to perform and performance or achievement are
influenced by intrinsic, and both forms of extrinsic motivation. In order for the selection of
ideas to be accuratd, is useful to understand how intrinsic and internalized and entirely
extrinsic motives influence selection accuracy within thermation process.

Therefore, the goal of this research is to better understand how motives influence the
selectionaccuracy bconsumers foselecting creative d e a s for effectively
sustainability goals.

Therefore, the following research question will be investigated:

To what extent do the motives relate to selection accuracy of creative ideasriteat of co

creating sustainable innovations?

Managerial relevance

This paper will contribute knowledge aboutc®ation of consumers for organizations, which

is highly relevant for their organizani onos
gaining knowledge about selection accuracy and which motives of consumers influence this.
This is important, because they can use this information for creating betieyatmn processes

for sustainable innovations, which leads to better performanceeoforganization. The
sustainable innovations will also contribute solutions and ideas for the seventeen development
goals of the UN, which is important for society, since the goals focus on problems the world is
facing. Therefore, it is important for ayene that these goals are achieved, and therefore, this

paper is socially and managerially relevant.

Scientific relevance

This paper also has a scientific relevance, since most research has thus far focussed on the
generation of ideas (like imiehl ard Stroebe, 1987; Mullen, Johnson and Salas, 1991; Paulus
and Brown, 2003). \Wereas this research will focus on Hetectionof ideas, and how motives

influence the selection accuracy of creative ideas. There are existing studies about selection
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(Hemenway, 1990Rietzschel et al., 201Me Buisonje et al., 20)}7but at this moment not

much specifically about selection accuracy, and there is a gap in literature that matches selection
accuracy with motivation. And specifically with intrinsiciterralized extrinsic and entirely
extrinsic motivesTherefore, this will add knowledge to the already existing knowledge, which

is the scientific relevance of this paper.

The research question will be discussed and answered in this paper by first looking at
the theoretical framework in chapter two. After this, the methodology for this research will be
presented in chapter three, with the operationalisation of the depesm@nnhdependent
variables. Then the results will be explained and shown in chapter four. And lastly, the

conclusion will be presented and thereafter discussed.
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2. Theoretical framework

Next the theoretical framework will bpresented. First eoreation and selection accuracy
within co-creation will be discussed. @ the topic motives and how motives influence the
selection accuracy will be discussed. bygsintrinsic and extrinsic motivewill be discussed,

and the hypothesis will be present@tiis will eventually result in the conceptual framework,

which is presented at the end of this chapter.

Selection accuracyf creative ideas in eoreation

Now selection accuracy of creative ideas incceation will be discussed. First the ternm: co
creation will be explained and investigated and thereafter the selection accuracy within co

creation will be discussed.

Co-creation

Co-creation is like mentionedbefore a very importantaspect within innovation for the
organization and their customers, since it can leasuferior and aligned products for the
consumer and superior wealth and growth for the organiz§Roberts et al., 2014 Co-
creation is a participative process in which people and organizations develop and generate
meaning togetherli{d and Coates,2013). The customers value areation was defined as
Acoll aborative work between a c¢onmwherabethe and
consumer and the supplier engage (to varying degrees) in activity-ideaton, cedesign,
co-developmentandeor eat i on of ne w(Rpbertsdtal¢2014prl4®hisr vi Cc e s
entails that the customer value-ceation consistsf differentsteps,co-ideation, cedesign,
co-development, and ecreation of new product or servicdis paper focusses on the-co
ideation phase, which is the first step within this innovation process of new products or services,
morespecifically o the selection phase within this step.

Cocreation is about meaning making. Theref
creating things, but the interpretation and the meamaging are also very important aspects
within creation(Ind andCoates2013).This meaningmaking is always careated because not
only the organization gives meaning to a brand, the customer does this as well as individuals
are always linked through social interaction and therefore the brands meanings ereaésd
by customers in the interaction procestorfakaand Hirotaka, 1995) Within marketing

approaches brands tend to focus only on the organization and therefore ignore the meaning
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which is generated through social and communicative prokéssefnanandRylander 2008)
Thus, it can be stated thaeaning itseltan be seen aBalogic (Morris 2003).

As stated before, even though people assume that generating a lot of creative ideas will
lead to successful innovation, because more cre@asas also result in a high probability of
selecting a very good idea, research did show that people are not great at idea selection and
ideal output does not always contribute much to creative idea sel@Riginschekt al, 2010.
Therefore, it is important to know how to make the idea selection accurate, which will then,
together with accurate idea generation and accurate idea evaluation, have a higher probability
of resulting in successful innovations.

The next part of this @pter will discuss what selection accuracy entalils.

Selection accuracy

Next the selection accuracy of creative ideas Hereation will be discussed.

Creative ideas, which have to be selected, can be defined by idea quality, which is
defined as a combitian of feasibility and originality Diehl and Stroebe, 1987) and
effectivenessHao et al., 2016)Originality is very important for creativity, since a creative
idea should be new or unusual. The original idea should also be feasible, which entails it should
be possible to actually use the idea, and it should not simply be a bizarre idea. An idika shou
also be effective, which entails it should be appropriate, relevant and worthivadee( al.,

2016). Therefore, a good or creative idea should be highly original and highly feasible, or
unusual and usefRietzschekt al, 201Q GrantandBerry, 2011), and effective (Hao et al.,
2016).

In the research biRietzschekt al.(2010 they mention that in previous research several
things with regard to creative idea selection were found. They mention that in one research it
was found that the average originality of selected ideas is higher for groups who generated the
ideas as a nomah group (in which ideas are generated individually), than for groups who
generated the ideas in interactive groups. Another study in this regard found that nominal
groups only generate more creative ideas, but there was no difference on this subgect to th
guality of the selected ideas between the groups. This entails that the higher availability of
creative ideas, generated by the nominal groups, did not associate with the selection of creative
ideas. In the last study discussed, the researchers founkemembers of the nominal groups,
where in this study they could not see each
less feasible ideas than the interactive group. Nevertheless, this again was not the case for the

originality and feasibity of the selected ideas, and therefore this was not correlated with
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productivity. This study found that average quality of the selected ideas was not higher than the
average quality of the generated ideas.
To know whether the selection of creative sléaaccurate, it should be compared to
the opinion of an expert. When the expert in the field, which for this research is the field of
sustainability and innovation (and packaging, which will be discussed later), agrees an idea is
creative, which meansiginal, feasible, and effective, the selected idea is accurate.
Theabovementionedstudies have not yet resulted in better idea selection, besides good
idea generation. This study will investigate how motives of consumers can influence the

selection aagracy, which will be further discussed in the next part of this chapter.

Motives

Like mentioned before, people all have a unique influence on tHoeeation processince
each customer has its own aspirations, desires, motivations, and beh@rmoalad &
Ramaswamy, 2004What motives are and how they can influence the seleaticuracy will
be discussed next.

Motivation is seen as an important component which explains how peoplgfarent
from each other and similar to each other, at the same Neel ét al, 2016).For a long time,
it has already been considered that individual differences in motivation are essential for
understanding people and for predicting their behav{bleel et al, 2016). Motives are
sometimes described &spr i vat e and i iostofepersoasiwhich imgpinga apore r i st
and coerce these per s @BusandMcHah, ¥93pi IHuThis be hav
entails that motives influence and force certain behaviour of a person. Nevertheless, Blum and
McHugh (1971) also mention that withini$ description, motives are considered as concrete,
private and mainsprings within people. But, despite this description, the authors believe motives
are public and observable courses of action. This entails that they believe that motives are not
only within people, but also public and observable actions. AccotdiBgrnard et al. (2008)
motive is a term which refers to psychological (neurocognitive) adaptions that mediate a set of
behavioural tendencies. This entails tliaimot i ves ar e audta fhatati on al
presumed to guide behavior toward overcoming challenges within a specific social domain.
(Bernard et al., 200%. 18. Motives are independent and have discrete developmental histories
(Bernard et al.,, 2008) Summari zi ng, motives influence 1in
is interested in how motives influencen peopl
accuracy, which is useful information for creating an efficienti@ation processhe next

section will look at how motives influence the selection accuracy of people
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Motives influencing selection accuracy

Besides intrinsic motivation, peoptan also be extrinsically motivated, which can sometimes
conflict with intrinsic motivation BénabowandTirole, 2003).Therefore, it is interesting to also
research extrinsic motivation in this research. The relationship of intrinsic and extrinsic

motivaion with regards to selection accuracy will be discussed in the next part of this chapter.

Intrinsic and extrinsic motives
In the paper byrernandeandRemelhe (2016hey mention that intrinsic and extrinsic motives

influence individual sdé willingness to partic
intrinsic motives come from within an individual, primarily for its own sake. When trying to

reach a certaioutcome or avoid an undesired one, the extrinsic motives are present. This is
associated with external incentives, like recognition by others, or monetary compensation. Both
intrinsic and extrinsic motives can influence the willingness to engage in inmozativities,

such as careation. Most people are motivated by both intrinsic and extrinsic motives. Intrinsic
motives are for example fun and altruism, internalized extrinsic motives are for example
learning and reputation, and entirely extrinsic megivare for example payment and career
prospectsFernandesindRemelhe (2016)nention that intrinsic enjoyment is one of the main

drivers for engagement in creative activities. They also mention that participatingreatmn

is related to extrinsic befits, including social benefits, enhanced knowledge, and economic
benefits FernandeandRemelhe2016) Social relations gained by participating iraeation

provide certain benefits for an individual such as a sense of belonging, and social identity
(Fernandesand Remelhe 2016) The need for information and enhanced knowledge also
infl uences peopl e ds -creatibnlbecaugenparscpants ofteneseel laepe i r
from other members, or desire to gain technological knowledge. This wayethbers become

a collective memory of individual interactions and cumulative expertise. Therefore, members
learn more about each other, which also increases the social benefits. The last extrinsic motive

is characterised by financial rewards, which can ibectly (monetary prizes) or indirectly

(visibility and intellectual property)HernandesndRemelhe2016)

Besidesthis, motivation is an important contributor to achievements of students
(Uguroglu and Walberg, 1979) and motivation is related to ootmes such as curiosity,
persistence, learning, and performanBed and Ryan, 1985).The study ofAyub (2010)
showed that both intrinsic and extrinsic motivation are positively related to academic
performance. Intrinsic motivation plays a significant role in achievement, competencies, and

academic learningAyub, 2010) This all indicates that intrinsic and exisic motives are
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related to achievement and performance. This study looks at the performance of the respondents

when it comes to selecting ideas from a pool. Therefore, it can be assumed that intrinsic and

extrinsic motivati ontiomdcauracy.i nfl uence peopl eds
Summarizing the information from literature leads to certain hypotheses. These

hypotheses will now be discussed and presented.

Hypothegs

First the hypothesis regarding intrinsic motivation will be discussed. The hypothesis regarding
knowledge motives Wibe discussed next. Third the hypothesis regarding social motives will
be discussed. Lastly, the hypothesis regarding financial motives will be discussed.

In the paper byGrant and Berry (2011)they mention that creativity and intrinsic
motivation are connected to each other. When people are intrinsically motivated, they would
be more creativeGrantandBerry, 2011) with creativity being the production of ideas that are
original, feasibleandeffective (Hao et al., 2016yVhen people are intrinsically motivated, they
experience positive affect, which stimulates creati@@yantandBerry, 2011) This is because
being intrinsically motivated creates a broader range of cognitive informatiach vesults in
more attention for a wider set of ideas, and intrinsic motivation leads to encouraging cognitive
flexibility for recognizing patterns and associations between idaaslfile et al., 2005.

Il ntrinsic motivation also promot esGragntammp!| e 6 s
Berry, 2011)

Like mentioned before, intrinsic motivation plays a role in achievement, competencies,
and academic learning. Ayub (2010) mentioned that intrmsitivation is positively related to
academic performance. Intrinsic motivation can improve the quality of a workers output
(Rogstadiust al., 2011). When people are intrinsically motivated, they typically perform at
relatively high levels flakki and Abid, 2017) andthey would be more creativé&(antand
Berry, 2011) Summarizing, this entails that intrinsic motives are positively related to
performance and creativity.

The study of Ayub (2010) showed that the performance in selecting ideas is related to
intrinsic motives, and therefore it is assumed that intrinsic motives are also related to the
selection accuracy of selecting ideas. When looking into the performance of selection, selection
is considered a task, in which someone needs to perform. Thetdiselection accuracy is
connected to how well someone performs in this t&gkce intrinsic motivation is positively

related to performance and creativity, it is assumed that intrinsic motives have a positive
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relation to selecting creative ideas, dhdrefore, the selection accuracy of this. This results in

the following hypothesis:

Hypothegs1 (H1): Intrinsic motivations positivdy related toselection accuracy of creative

ideasin the cocreation process.

The literature about extrinsimotives is a bit contradictory. As mentioned before,
extrinsic motivation consists of financial, social, and knowledge motives. First the knowledge
motive and the social motive will be discussed and lastly the financial motive will be discussed.

In the papr by Fernandesand Remelhe(2016) they mention that the need for
i nformation and enhanced knowl edge -creatibnl uenc e
because participants often seek help from other members or desire to gain technological
knowledge Previous study has found a strong correlation between effort and building human
capital Harsand Ou,2002) and human capital as a determinant for productivity refers to
capabilities, personal skills, and knowledg&'u, Gerlachand Young, 2007).This study
illustrated that people show more effort for a task or job when they gain human capital, thus
capabilities, personal skills, or knowledge. Effort is related to performance, because when
people think, their effort will lead to required outcomad ¢&hey will perform bettefFongand
Tosi Jr,2007).Wu et al. (2007) also mention that the level of motivation for specific behaviour
i s connected to i ndi vidual 0s expectancies
individuals would put in moreffort when they expect to receive a particular outcome. This
means that when someone has a knowledge motive, they want to gain knowledge. When they
expect to receive this from participating inc@ation, they will put in more effort which will
probably kad to a better performanddakki and Abid (2017)also conclude that extrinsic
motivation in general i's positively correl at
accuracy is, like mentioned before, a task is which someone should perfornfofiehatds
expected that the task performance of selection accuracy will also increase when individuals
expect to receive knowledge from participating inrcceation, when gaining knowledge is
desired.

This results in the following hypothesis:

Hypothegs 2 (H2): The desire to share and acquire knowlelgesitively related tselection

accuracy of creative ideasthe cocreation process.

When people are socially motivated to participate irci@ation, they can be looking

for a reputationwvithin a desired irgroup, expertise recognition, strengthening ties with relevant
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others, gaining a sense of belonging, or for a social idet@ypnandesnd Remelhe 2016)

People would engage in @peation because they enjoy interacting with 4kmded people
(Falleret al., 2010). For this motive it is also the case that people put in more effort when they
expect to receive a particular outconvgu et al., 2007). Therefore, people who are socially
motivated will put in more effort when they expect to receive, for example, social identity or a
sense of belonging. Since effort is connected to performance and selection accuracy is

connected to taskepformance, the following hypothesis is formulated:

Hypothegs 3 (H3): The desire tgain social rewardss positivelyrelated to selection accuracy
of creative ideas the cocreation process.

Lastly, financial motives will be discussed. Research stasvn that people show
greater interest in a task when they do not get paid compared to when they do drnestich ()
andTirole, 2003. People tend to show better compliance in the beginning when receiving a
reward, but worse compliance in the long tuhan peopl e whroe waarred 6i no rt
ountreaded (BémabbuandTirde, 20030BémabouandTirole (2003 conclude
that this entails that there is a |imited imn
activity,andanegat i ve iemmpagte memtdr,e whi ch i s persist
is a negative relation between financial motives and performance, but the willingness to
participate has a positive relation with financial motiveedstadiuset al., 2011)Within this
study it will be tested whether people think they would be more likely to participate i a co
creation, when they would receive an incentive, and then how this influences their selection
accuracy. Since study does show that the willingnegsatticipate is positively related to
financial motives, it is assumed that this will also be the case for this study. But since financial
motives are negatively related to performance, it is assumed that when people would like to
receive a financial rewarir participating, their performance will be worse. Like mentioned
before, performance is linked to selection accuracy, since selection is a task and the
performance of a task can be measured, and the measurement of selection is the accuracy of the
selecton. So therefore, the selection accuracy will most likely be worse when people want a
financial reward for participating, than when people do not want a financial reward for
participating.Rogstadiuset al. (2011) also mention in their paper that mothgfactors such
as monetary rewards do generally increase W
which a task is done but does not improve the quality of the work. Resulting from these different
studies it can be stated that monetary rewards sedave a negative effect on performance.

This results in the following hypothesis:
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Hypothees 4 ( H4) : The desi r eisnegativég telateditaselegtiona n c i a |

accuracyof creative ideas the co-creationprocess

The theory described above and the mentioned hypothesis result in a conceptual

framework, which is presented in the following and last part of this chapter in figure 1.

Conceptual framework

Intrinsic
motives H1 +
Knowledge H2 +

motives
Selection accuracy of
H3 +

Social w creative ideas

motives

H4-

Financial
motives

Figure 1: Conceptual framework
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3.Methodology

In this chapter the methodology of this research will be discussed. First the research method
will be presented, after which the sample size is explained. Then the operationalization is
described and shown. Subsequent, the procedure of the researchnsasldaven the method

of research analysis is discussguhally, the limitations and research ethics will be discussed.

Research method

This research is a quantitative reseaf@hantitative research is a research method that tries to
explain phenomenaytxollecting numerical data which will be analysed using mathematically
based methods, which in particular are statiscs&é&molson, 2007Ruantitative research has

an almost unlimited number of phenomena that can be studied, which makes it a quite flexible
research methogSukamolson, 20075ince hypothesis will be tested, a deductive approach is
used.

The hypothesis will be tested via duttinga sur vey. @systemmiforey i S
collecting information from or about people to describe, compare or explain their knowledge,
attitudes ad behaviouo ( Bougi e , 2028Qcb. 185. Kea goal of this research is to
collect information aboup e o p beleadiar in selecting ideas, thereforesuaveyfits this
researchA survey is conducted with a sample of people of the population, and this sample is a
friction of the population beingtudied Echeuren, 2004)The survey will be deducted in an
online settingOne of the advantages of an online survey is the global rEaeng and Mathur,
2005).0nline surveys are also very flexible, since they can be conducted in several formats and
they can easily be tailored, for example customer demographics or languggsans and
Mathur, 2005)Online surveys are also very convenjesiice the respondenan fill in the
survey at a convenient time for themselves (Evans and Mathur, A0@sgforethis is a good
method to use for this research, which makes it possible to reach as many respondents as
possible.There is also an ease of data entry and arslgince it is relatively easy for the
respondents to fill in the survey and the online setting makes it easy to tabulate and analyse the
responsegEvansand Mathur, 2005) Online surveys also make it possible to have question
diversity, such asnultiple-choice questions, scales, and dichotomous quest{gvansand
Mathur, 2005).This is convenient since this survey will existsnodiltiple-choicequestions,

Likert scales, bualso ranking questions (selection questions). Besides this, online surveys

make it possible to easily obtain a large sample, to control the order of the answers and there
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can be a required completion of the answ@&wsansand Mathur, 2005).The online sting

which will be used is Qualtrics.

Sample size

Population

When collecting data iquantitative researchhe data should be collected from someone or
something, and the people that the data is collected foencalled the research unit
(Sukamolson, 2007%ince not the whole population can be investigated, there will be a sample
size, which is also called sampling unit, and the findings of the sampling unit can be
generalized to the populatioffukamolson, 2007)This entails that it is not possible to
investigate the entire population, and therefore, the aim is to collect a representative sample. If
the sample is representative, it will be possible to generalize the results back to the population.
The populationdr this study is a diverse range of peoptaich are Dutch consumers over the

age of eighteenThe goal is to collect data from a diverse group, so a hnesadof opinions

will be collected. This entails a population of youngsters and older people, andlésmales

(or other), people with different educational levels and backgrounds and different ethnicities.

Sampling technique

Since there is neither the time nor the resources to analyse a whole population, a sampling
technique has to be applied to ued the number of caseBaherdoost, 2016 here are two
main sampling techniques, which are probability or random sampling andrabability or
nonrandom sampling(Taherdoost, 2016)Whitin probability sampling everyone in the
populationhasan equalkhanceof being included in the sample, anathin nonprobability
sampling there is a specific andna@ndom group, or case, selec{@@herdoost, 2016 he
aim of this research is to have a diverse sample, and therefore a probability sampling technique
is preferable. Nevertheless, the researcher does have a lmatiedrk via which the survey
will be deducted and thebnveniencesampling, which is a neprobability sampling technique
(Taherdoost, 2016Wwill be used.Convenience sampling entails usinggaaintances as the
sample, since readily and easily availapl@aherdoost, 2016)Therefore, this research will
mainly be limited to a neprobability sampling technique.

A link to thesurvey will be send to friends, family and acquaintances via social media
platforms, and they will be askto participate in the studyhis does hae implications for the
representativeness of the sample, and therefore, the aim will be to reach a group that is as diverse

as possible.
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Sample size

There is no simple rule for a sample size that can be used for all surveys, because this depends
on the professional and financial resources availgiteeuren, 2004The minimum ratio for

the sample size with multiple regression analysis is 5:1, wmtdilefive observations per
independent variabl@Hair et al., 208). Nevertheless, the desired level is betwkgeen to

twenty observations for each independent variable (Hair et al8)2Dithis researchhere are

four independentariableqintrinsic motives, knowledge motives, social motives, and financial
motives) which entails that the desired sample size is between sixty and eighty. When this
number of observations is reachthe results should be generalizable if the sanspledeed

representative (Hair et al., 28)1

Operationalization

Now the operationalization of the research will be discudsest.the operationalisation of the
idea pool i s discussed, t hé&imalyssbmebtheequestibiss a n d
will be presented. Tdspecific steps which the participants will take in the survey are shown

afterwards.

Idea pool

Like mentioned before, the focus of this study is on sustainable innovations, connected to the
seventeen sustainadlevelopment goals of the UN. Since the time is limited, this research will
focus on one of the seventeen goals of the UN. The focus is on goal twelve, which stands for
responsible consumption and productidtow it will be discussed how the sustainable
innovative ideas for the survey were generated. A brainstorm session took place with six master
students have led to a total@fie hundred and thirteétieas. The students selected the three
most andeast creative, original, feasible and effective ideas from this pool of ideas. The total
amount of which an idea was chosen in a category defined the score of that idea. Duplicate
ideas weraleletedand similar ideas were grouped together. Ideas thahdidthg to do with
sustainable packaging were also deleted from the idea pool. This resulted in a total of fifty ideas.
all the ideas that were not selected as most or least creative, original, feasible or effective were
also deleted from the idea po®his resulted in twentyine ideas in the pool’he ideas that

were only selected by one student as most or least creative, original, feasible or effective, are
also deleted from the idea pool. This resulted in keeping sixteen ideas in de pool. Thegwo idea
with the highest score, which is the sum of all the chosen items on the six dimeimseat)

category, are selected/hen a clear choice was made, the idea cell was coded with a colour
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which match the category (yellow is original, blue is feasibld,red is effective). When there

was a tie, all the cells of all the ideas within this tie are coded with a lighter colour, like light

blue for example It was taken into account when an idea was both chosen as most and least
original, feasible or effectivd his did not yet result in a definitive top two and therefore, it was
decided which ideas are most distinctive. These are ideas that score high on the category but
not within the other dimensions. The idea with the lowest sum of score on the other two
dimensions (overall originality / feasibility / effectiveness = max(most,leastjmost,leas))

has been choseii,thi s | ed to el even ideas, because O0b
least original and most feasiblnally, to get a balanced setideas (two for each category),

it was checked which idea was on the third place for least original and most feasible. The third
idea in the <category mo NdaverthHeless,ghishdeaewas atready s ma r
chosen as most effectivdhe third choice inthe categoryleast originalis at i e f or on
packagingb6 and O6return o%i pcasdétne packagisn@d
chosen as most effective, the isdmsnastwelfthur n o

idea. This resulted in the twelve ideas which are showAppendix1.

Independent variables

The i ndependent vari abl es, whi ch are oOintr
moti vesao, and o6financi al motiveso, are meas:t
which motives participantsould have foparticipaton in co-creation andhow these motives.

To test which motives people have to participate her@ation, the questionnaire lBérnandes

and Remelhe(2016)is used as an example. Therefore, the scale is based on what previous
studies have done, and thus have been checked for validity and relidteliigbility is an
assessment of the degree of consistency between multiple measurenentgiable and

validity is the extent to which a single variable or a set of variables correctly represent the
concept of the stud§Hair et al., 2018)The items are sometimes adjusted, for the scope of this
researchsince this differs from the scope of the studyFeynanésandRemelhg2016) The

original questions frorrernandeandRemelhg2016)are shown iiAppendix7. This research

asls participants about theimotives forparticipaton in co-creationin general ands not
conducted during an actual-ceeation process he independent variables are answered on a

sevenpoint Likert scale, showing how much the participants disagree or agree, with the

statements based on the f ol | owipartgipateunecs t i o n:
creation, becauseéo. This results in the fol
1.
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Variables Measurement
Intrinsic motives Al would be more wiclkleiangono pa
(Iv) -l am curious

- | enjoy to keep up with new innovations and new ideas

- I like to support innovatiyv
Knowledge motives il would be more wiclkliangonho pea
(V) - To improve the idea selection of sustainabd®elopment ideas

- To gain more knowledge about sustainable developr

innovations
Social motives il would be more wiclkleiangono pa
(1v) - To get in touch with é (the
- Because I believe in t he

sustainability goals.

Financial motives Al would be more wiclkleiangonoe pa
(Iv) - | would receive an incentive/reward.
Table 1:Operationalizatonro f t he | V& s

Dependent variables

The DV selection accuracy is measured via using expert scAreseative idea is like
mentioned before an idea which is highly original and highly feadibéh( and Stroebe, 1987)

and effective(Hao et al., 2016). In previous similar selection studies, participants were asked
to select between four to six most creative ideas @etzschel et al., 2010; De Buisonje et

al., 2017;Zhu et al., 2017). This study will ask for only the three mosttieeadeas, since

there are only twelve ideas to choose from, and this will therefore be more sUitebéxperts

had to select the three most creative ideas from the same pool of ideascasdimer
respondents, and then also rate these three idemsmiost creative to least creative. This
met hod 1 s used si nce scalolatingthe saectiwrdagabracy @.0.s o
Van Damme, Anseel, Duyck, Rietzschel, 2019; Zhu, Ritter, Dijksterhuis, 2020; Zhu, Ritter,
Dijksterhuis, 2021). Expertwere asked to also rate the twelve sustainable innovation ideas,
which entails they first had to select three ideas they think are the most creative, which is an
idea that is original, feasible and effective, and then they were asked to rate thessdbteg s

ideas from most creative to least creative. The respondents were asked to do the same. Average
scores were calculated in Excel, after calculating the ICC, which is discussed later, based on
how the experts rated the ideas. These scores were akgigihe twelve ideas, for creativity,
originality, feasibility and effectiveness. The scores are between one and seven, since all the
ideas are evaluated on a seymmnt Likert scale. This resulted in four scores for the
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respondents, for the three idetiey selected, a different score for all four dimensions
(creativity, originality, feasibility and effectiveness). This results in three creativity, originality,
feasibility and effectiveness scores for all the respondent, namely for idea one, two and thre
And out of these three scores an average creativity score was calculated for selecting a top three
of most creative ideas, and an average originality, feasibility and effectiveness score. The score
for only selecting a top one idea is also known, wiigctihe score for only selecting the first

idea, which is ranked as the most creative, original, feasible and effective. This results in all the
respondents having a selection accuracy score for the ideas they have selecde#dexion

the four dimensionsThe specific steps are described below.

Steps

Step one is making expert evaluation scores, by creating an average score for each of the twelve
ideas for creativity, originality, feasibility and effectiveness. This results in an average
creativity score per idea, an averaggyinality scoreper idea an averagéeasibility scoreper

ideg and an werageeffectivenesscoreper idea Step two is to make top one score for the
consumers. This results in an average top one creativity score, an average top one originality
score, an average top one fedgipiscore, an average top one effectiveness score. This is
calculated for all the consumer respondents. Step three is making top three scores. This is done
via repeating step two for the top two and top three selected ideas. The ideas that are ranked as
second and third get the same expert score for that idea as when it would have been selected
first, since this is thecorethe experts gave that idea.

Finally, the average creativity score of the three selected ideas can be calculated for
creativity, aiginality, feasibility and effectiveness. These scores are the accuracy scores for
each individual respondent and are named totalscore_creativity, totalscore_originality,
totalscore_feasibility, and totalscore_effectiveness, which are the dependenesaviathis
research. To measure the influence of @allectingp t op one score, there
which are names topl_creativity, topl_originality, topl_feasibility and topl_effectivenss.

The next part of this chapter will explain the stdpsrespondents, both the experts and

the consumers, have to take for participation.

Other question

Finally, there are some other questions that will be asked. Demographic information will be
collected, to be able to compare the sample to the populatidriio get more information about

what kind of experts participated in the survElge consumer respondents are asked aheirt
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age, gender, and highest finished education. The expert respondents are asked afielgt their
of expertise, years @xperience, most recent job title, and the industry they work in.
The next part of this chapter shows the procetheearticipants, both consumers and

experts, will take when filling in the survey.

Procedure

The participant§illed in the survey vian online program, which is called Qualtrics. The survey
is shared with the respondents via a link, whigBhared via different social media channels,
like WhatsApp and Facebook. The sunemnsistsout of several steps, which adescussed

now, firstthe stepgor the consumers and then for the experts.

Steps for the consumer respondents

First the respondents have tpem the survey via a lind hey will first be presentedith an
introduction, with elevant information, such as the duration of the survey and the goal of the
researchThen they have to accept the informed consent form, to be able to continue with the
survey. The consent for(which is at the beginning of the suryegnd the surveis shown in
Appendix 6. When respondents have agreed to continue, they are presetitegliestions
regarding the independent variables. Then the respondents are presented with the context of the
problem, which isgoal twelve of UN sustaiide development goaglsabout responsible
consumption and productionhen the twelve ideas which should help solving this problem are
presented, after which they are asked to select the three most creative ideas in their opinion.
Then they are asked to kathe three ideas they selected from most creative (1) to least creative
(3). Finally, they will be asked to fill in the demographic informatiajch is their age, gender,
andhighest finished educatioRinally, they are tanked for their time and participation.

Steps for the expert respondents

First the respondents have to open the survey via aTimky will first be presented with an
introduction, with relevant information, such as the topic of the suitesn they have to accept

the informed consent form, to be able to continue with the survey. The conselfivioam is

at the beginning of the survgwand the surveis shown in Appendi6. When respondents have
agreed to continue, they greesented with the context of the problem, whictaal twelve of

UN sustainable development goals, ab@siponsible consumption and producti®hen the

twelve ideas which should help solving this problem are presented, after which they are asked
to sekct the three most creative ideas in their opinion. Then they are asked to rank the three
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ideas they selected from most creative (1) to least creativieid)ly, they will be asked to fill
in the demographic information, which is théeld of experti®, years of experience, most
recent job title, and the industry they work Finally, they are tanked for their time and
participation.

The following section will show how the results from the suramanalysed.

Method data analysis

This researcleonsistsout of in total eightdependents variald€ a top three and a top one for
creativity, originality, feasibility and effectivenesgndfour independent variables (intrinsic
motives, knowledge motives, social motives, and financial moti¥@st a factor analysis is
perf or med t oftetwhishta nltiple regressiors gnalyais used, whichs the
statistical technique that can be used in a situation likéHais et al., 208). Within multiple
regression analysisjx assumptionsretested. All the methods are discussed more in dapt

the next chapter.

Research ethics

To make sure the research ethics are protected, the Netherlands Code of Conduct for Research
Integrity (Algra et al.,2018) is usedTheNetherlands Code of Conduct for Research Integrity
(Algra et al., 2018 states that research can be expressed in terms of a number of guiding
principles, which are honesty, scrupulousness, transparency, independence and responsibility.
Honesty among othéhings entails reporting the research process accurately, taking alternative
opinions and counterarguments seriopsivhich is done throughout this whole paper.
Scrupulousness stands t@ing methods that are scientific or scholarly and exercising tbie be
possible care in designing, undertaking, reporting and disseminating res@aimta et al.,

2018,p. 13).The methods that are used are based on scientific and scholar literature, which is
shown in the reference list at the end of this papeansparacy entails among other things

that is should be clear what data the research was based on, and how this data was obtained,
what am how the results were achieved, and the role of external stakehbideaim of this
research is to describe all the stapat are taken as clearly as possible, to guarantee
transparencylndependence means, among other things, that it will not be allowed to let the
choice of method, the assessment of the data, the weight attributed to alternative statements or
the assessment f ot her so resear c-signifitcamt ob eomschalarlyd e d b
considerationsAlgraet al., 2018 The reference list also shows that this has been tdasdy,

responsibility entails, among other things, that conducting research is scientiéindligr
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socially relevantThe scientific and social relevance is described in chapterTdie will all
be taken into account when conducting this research and when writing this paper.

This research aims at protecting the privacy of the respondents who participate in the
research. Therefore, the respondents will remain anonymous. The esutiey makes it
possible for therespondentdo stay anonymous, since the researcher will not know who
answered what. Since this is also not necessary to know in order for this research to succeed,
this will not stand in the way of gaining useful informoatfrom the participants.

Besides thisthroughout the total researthe researcher tageheir own role into
account and ted not to influence the research and the findings. Tikisdone by critically
reflecting on their own role and by receivingepeeviewfrom the people in the thesis circle
which will make it possible for other researcher to critically reflect on whether the researcher
has succeeded this (Research Ethics in Quantitative Research, ORis entails that it is
the goal of the researcher to stay objective, in order to be able tgd@guantitative research
(Research Ethics in Quantitative Research, 20&1pe able to show the objectivity of the data,
the statistical output of thgathered datas presented in this paper, this way readers can judge
whether they think the presented data remained objective. The process of how the researcher
came to the concluside also presented, in order to show readers the objectwitich gives
research transparencyy providing research transparency of the whole process, the research
can be replicated and tested. This provides data access, production transparency and analytical
transparency.

Thefollowing is also done to protect the anonymity of the respondents. Only number
codesare used to link respondents the questionnaireand the statistical output will be
tabulated by broad enough categories so that individual resporcamtetbe singled out
(Scheuen, 2003.

Data preparation

Deleting respondents

There are a fewelasons why respondents are deleted from the analysis. When people at the
beginningof the surveydo not agree with the consent form, they will be directed to the end of

the survey and therefore, there will not be any useful data from them, these respondents will
therefore be deleted. It could also be the case that people drop out during the sdrwderan

they did not fildl in all t oreheDy G ef shis researsh, ¢ 0 n n ¢
ther answers are not useful and therefore, these respondents will also be deleted from the

analysis.
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Another reason why respondents could be delistedtliers. Outliers arebservations
that have large residuahlues,and which can be identified only with respect to a specific
regression model (Hair et al., 201&his has been tested with a boxplot with is presented in
Appendix4. Thereare nosubstantial outliershased on Hair et al. (2018nd therefore, no
respondents had to be deleted.

The rumberof respondents before deletion w&26 respondentsand the number of

respondents after deletion289 respondents

Missing data analysis

For the selection questions in the survey there are a lotisdingsin the data, but these are
valid missings. This is because all the respondents who are now still in the data set, filled in all
the questions until the demographic questions, but themdepts had to select only three ideas,
and therefore each respondent will have missing values for the other 9 ideas, which they did
not select.

A Littles MCAR test is performedand this test is not significant (p=1,000) and
thereforeit fails to reject the null hypothesiwhich entails thathe data is missing completely

at random.

ICC

An Interclass correlation (ICC) statistics test tway random is usedyhich is a measure of
the degree of dependence among individuals within nMtgvel grouping It represents the
expected correlation in the DV between two at random drawn units in §Haeet al., 2018).
Individuals should be independent, otherwise the assumption of regression is violated (Hair et
al., 2018).

Items could not be deleted from the analysis, simten the ICC test was performed,
the surveys were already filled in by the respondents with all the items included. The selection
accuracy of the respondents could not be calculated and described basedwrahehey
filled in, if an item would have been deleted after deducting the survey. This is because the
respondents did have the possibility to selerhsthataredeleted afterwardgnd they would
not get a selection score for choosing this itemgctviwwould result in relatively low selection
scoresThe limitation of this will be discussed in chapter fiVaerefore, it is tested whatuld
happen when an expert would be removed from the analysis, to increase the reliability of the

expert scores. Tal and erromvereused to see which expert should be deleted to increase the

reliability. When deleting expert number threerou mber f our , the Cronba
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improve.Table2andtablSb el ow show t he CronbaThistesulted! pha
in deleting expert three, since this gave the best reliability values. The expert has been deleted

and the new selection accuracy score were calculated based on the now five expertséh the pan

Deletingexpertnumber3

DV measure Cronbachoés al pha
Creativity 0,634
Originality 0,758
Effectiveness 0,635
Feasibility 0,821

Table2: Deleting expert 3

Deletingexpertnumber4

DV measure Cronbalphat s
Creativity 0,672

Originality 4,845E16
Effectiveness 0,597

Feasibility 0,756

Table3: Deleting expert 4
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4.Results

This chapter shows the resuly first looking at the representativeness of the sartigathe
factor analysis is presentdtiereafterthe assumptions that needed to be tested are shown and

lastly, the results from thenultiple regression analysise presented

The sample

The output for O6gendhea 6CBS odvweas trheet ftod K eo wé antg
6mal ed and o6f emal e 6 stubdynthere wasdahe passibility to belett the n t h
cat e g or,which »8%hoktheGespondents has selected. Sinse#nnot be compared

with the scores of the population, this category will not be taken into account fantiysis

andwill be considered as missing dafide critical value with 1 degrees of freedom with an

alpha of 0,05 is 3,84. The ebguare value ip=0,011(< 3,84). The significance level is 0,915

which is bigger then 0,05 and therefore accepkbdreforg HO is accepted, which entails that

the samplesize is representative for the gender of the population.

I n t er msonddf tdethasceapestedefrequencies than sample frequencies
because the first category (primary school) had a value of 0 in the sample group, therefore it
was not possibléo include it in theanalysis This category is therefore deleted from the
analysisto be able tdest theother categories for representativendsse chisquare value is
significant (p=0,000)Therefore HO isrejected,and the sample is not representative for the
educationof the populationThe frequency table shows thdtMBO or MBO1§ dHavo or
VWO year 13§ VIBO 2, 3 or $are all underrepresentaitavo or VWO year 460is slightly
overrepresented, ariibo bacheloor WO bacheldrandthbo master or WO master or do@or
are overrepresented in the sample group.

Since thesamplefor this studystarts withthe age group dE8 years and older, the group
of 0-18 is not considered in this stydgnd thisis taken into account when calculating
representativenes$he group form 0 up to 18 is deleted from the analysis and the population
group. TheChi-square is significantp = 0,000 (smaller then 0,3 with alpha of 0,@Hd
therefore, HO igejected,and thesample size is not representatethe population for the
category O0ageo0. -40ibaverrgpresent@dthe sainpeend the oth€ groups
are underrepresented.

A factor analysis was performed, which will now be discussed.
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Factor analyis

The itemghat are used in the survey ai@ completelybased oditerature buiadjusted for the
scope of this researciiherefore, it is important to see whether statistics extract the same
variables as literature doe&n exploratory factor analysis is used to test,thikich is an
interdependence techniquehose main purpose is to define the underlying structure among
variables in the analysis (Hair et al., 2018jincipal axis factoring PAF) is an exploratory
factor analysis procedur®AF has a few advantages, compared to the maximum likelihood
estimation (ML), which is another frequently used aeadommended methogriederand
Steiner, 2021)One of the advantages is that it has no distributional assumptions, second it is
more robust in the case of unequal factor loadings, few indicators per factor, and small sample
sizes(Griederand Steiner, 2021) The variables of this study have an unequahberof
indicators per factor and some factors only have a few indicators. Namely, financial motives
haveonly one indicator and knowledge motives has only two indicators. ThereforeAthe
method is most suited for this study and used.

All therelevantoutputof principal axis factorings shown irPAppendix3. TheBar t | et t 6 s
test of sphericity is a statistical test for the presence of correlations among the variables, and it
provides the statistical significance which indicatest the correlation matrix has significant
correlations among at least some of the variables (etaal., 2018) KaiserMeyerOlkin
(KMO) is a measure of sampliraglequacyand it shows theatio of the squared correlation to
the variables between squared partial correlation between variables gEig8l, This test
results in a KMO value of 0,822 which is above the critical value of 0,8 the t test shaws s
a significant valued=0,000< 0,05 and therefore, there are significant correlatiam®ng the
variables The communalities should have an egtian value of 0,2 or higher, it is shown in
the table that all the values are above this critical value. The eigenvalues should be bigger than
1 to extract the factor. This is only the case for two factors, and therefore, based on this analysis
it could ke concluded that only two factors are extracted, instead of the expected four factors
based on literature (intrinsic motives, social motives, knowledge motives and financial
motives).The reliability of the factors ishown in tablet below.

The factors were rotated to see if this shows better ressiltee unrotated factor
solutions do not always provide sufficient information on the variables that are examined. Hair
et al. (2018) state thanrotated factor solutions extract the factors inaitter of their variance
extracted. Therefore, within the unrotated factor solution, the first factor is likely to be the factor
with all the loadings in the factor being significant. This is not enough, therefore the VARIMAX
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orthogonal rotationvas perforned, which allows for making the interpretation of principal axis
factoring to be easier (Hair et al., 2018).

The extraction values are stiélbove 0,2(Appendix 3). The eigenvalueshowsan
extraction of again only 2 factors, since only two factors have an eigenvalue above 1. The
rotated factor matrix shows that most values load on factor balgdhe itemssocial_3 and
financial_1 load on factor.ZheCr o n b aphdi® 5=0,84%or factor one and p=0,531 for
factor twa Thereafterthe PAFs testedwith a fixed number of 4 factors, since literatsh®ws
that there should be four factors. This will first be done without rotation and then with
VARIMAX rotation to seef there is adifference

The communalities all have a value above 0,2 and are therefore, above the critical value
(Appendix3). The itemsnow load on the four fixed factors, but they do not match with the
items with whom they are supposed to match according to liter&tise when looking at the
Eigenvalues, it could be argued that again there are only two factarsich all the items load
since only two values have an Eigenvalue above 1. The factor matrix shows that there are no
double loaders, since it would only be a double loader when the difference of theigalues
smaller than 0,2Thereaftera VARIMAX rotation is executedith four fixed numbersThe
VARIMAX rotation with four fixed numbers also shothist all items load oonly two factors
Besides this, th€ r o n b a@phaobtisdour-factorsolution is lowerthanth€ r o n b apbhe 6 s
of thetwo-factorsolution, which is shown in table 2.

The four-factor solution showed that the items load on other factors then what is
expected from literature. Therefore, toair-factor solution is not more useful then theo-
factorsolution, and théwo-factorsoluton is the only one that mubstantiatetly the FA.Also,
theCr o n b alghd i the highest for thevo-factor solution, it doesemainthe same for
factor 2 from thewo-factor solution and factor four from thi@ur-factor solution, since both
factors are based on the same itehinerefore, this study will therefore continue with 2 factors,
since only two factors are clearly extracted in the factor analysis, which is concluded based on
the eigenvalues. Based on literaturevas expected to have four factors, but this is not
analytically substantiated, concludinthjs study will continue with thewo factorsthat are
extracted from the factor analysisince this statistically the best optiobhis does have
implicatonsfe answering the hypothesis, since the
are used in the hypothesis. The conclusion will therefore focus on answering the research
guestion, without giving answers to the hypothesis.

The four factors from theonyere intrinsic motives, social motives, knowledge motives

and financial motives. The rotation factor matrix (of two factstg)wswhich items load on
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whiché n efaetdr(Appendix3). Thereare no double loaders (since all the values have a bigger
difference than 0,2).

All the items that load on factor 1 have in common that it can be argued that they all
look like intrinsic motives, so motives that come from within a person. The two itatie#a
on factor 2 have in common that they seem both more like external motives, in a sense that
gaining social status and gaining money is both something that someone else is needed for,
someone else makes you feel like you gain social status, yowtlesdoeople for this, and
other people also give you the money. The other items, that load on factor 1 can all be created
from the person itself. The first three items are already classified as intrinsic motives,
knowledge 1 and knowledge 2 and socialntl aocial_2 can come from a per&mwn
aspiration to do something, while social_3 can be seen as something that is more external. It
seems that the items that ameernalizedextrinsic are not external enough to be recognized as
external in factor loadg and therefore are more internal motives (when looking at factor
loading) and gaining social status and a financial reward are more external motives (when
looking at factor loading).

Factorlisnam®kdé | nt rinsic motivesd (which incl ud:é
extrinsic factors), and factor 2 is named O6E
item and one internalized extrinsic item). In further analysis only these two fadlidoe used.

How these factors are recoded in SPSS and the reliability of the factors arersAgpendix
3. The next section will discuss the assumption checking, before the regressimisacan be
deducted.

The following table shows an overviewtbe reliability ofthe factors.

Number of Items Cronb alpHa 6 <
items
All original items 9 Intrinsic_1, Intrinsic_2, Intrinsic_3, 0,777

Knowledge 1, Knowledge_2,
Social_1, Social_2, Social_3,
Financial_1

Original construct

Intrinsic motives 3 Intrinsic_1, Intrinsic_2, Intrinsic_3, 0,705
Knowledge motives 2 Knowledge 1Knowledge 2, 0,795
Social motives 3 Social_1, Social_2, Social_3, 0,567
Financial motives 1 Financial_1 This factor has only 1
item, so could not be
tested
Two factor solution
Factor 1 7 Intrinsic_1, Intrinsic_2|ntrinsic_3, 0,849
Intrinsic motives Knowledge_1, Knowledge_ 2,
Social_1, Social_2
Factor 2 2 Social_3, Financial_1 0,531

Extrinsic motives
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Four factor solution

Factor 1 3 Knowledge_1, Knowledge_ 2, Social_ 0,790
Factor 2 2 Intrinsic_3 Social_2 0,736
Factor 3 2 Intrinsic_1, Intrinsic_2 0,681
Factor 4 2 Social_3, Financial_1 0,531

Table4: Reliability of thefactors

Assumptions checking

After deducting the factor analysis, the assumptions were checked, before a multiple regression

analysis was performed.

First the outliers are checked for the 1\
DVos (Topl _ _original it yl effectiVeness]l fTaph sreatvity] i t vy,
Totalscore_originality, Totalscore_feasibility, Totalscafectiveness,

Totalscore creativity). A boxplot was plotted to see if there are any substantial outliers. This
results in no substantial outliers, which entads@spondents had to be deleted.

The assumptions that had to be checked are lineantjticollinearity, values of
residuals are independent, homoscedasticity, normality, and if there are no influential cases

biasing the model.

Assumption 1 Linearity

Linearity is used to show that the mode possesses the properties of additiVipnraogeneity,
and linear models predict values that fall in a straight line, by having a constant unit change of

the DV for a constant unit change of the IV (Hair et al.,8)01

Assumption 2 Multicollinearity

It should be tested whether there is multicollinearity in the data or not, the goal is to not have
multicollinearity, because then the predictors are not too highly correlated with afttdirer
et al., 2018) This is ested via multicollinearity diagnostics.

Assumption 3 Values of the residuals are independent

This entails that the observations need to be independent from one another, or uncorrelated
(Hair et al., 2018)This is tested vi®urbin-Watson stistics.

Assumption 4 Homoscedasticity

Homoscedasticity entails that the variance of the residuals is cqnstaoh entails that the
variation in the residuals is similar at each point across the niiddel et al., 2018)This is
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tested by looking at thecatterplot of the whole model, and not only the individual predictors.

When heteroscedasticity occuitsis the result of nomormality of one of the variables.

Assumption 5 Normal distribution

The values of the residuals should be normally distributéds is done by looking at the
distribution of the residuals, via normality probability pld¥hen the variation from the
normality distribution is sufficiently large, then all statistical tests are invalid, which is not a
problem(Hair et al, 2018). Thenormality test will be prodedto show this is indeed the case

for this samplebutviolation of this assumptiois not a problem

Assumption 6 There are no influential cases biasing your model

It is not preferable to have outliers or influential data points influencing the model, because this
would make the data set less representative as a Whmtestwhether there is any influential

data biasingthemodel Cook 6s Di stance is used.

The full data analysis of the assumptions checking is preserapgémdix4 andthe following

table presents an overviewtbis (table5).

DV Assumption = Assumption 2 Assumption = Assumption 4 Assumption = Assumption
1 Multicollinearity = 3 Homoscedasticity 5 6
Linearity Independent Normality No
residuals influential
bias
Totalscore_Creativity Violated Been met Been met Been met Been met
Totalscore_Originality Violated Been met Been met Been met Been met
Totalscore_Feasibility Violated Been met Been met Been met Been met
Totalscore_Effectiveness Violated Been met Been met Been met Been met
Topl_Creativity Violated Been met Been met Violated Violated Been met
Topl_Originality Violated Been met Been met Violated Violated Been met
Topl_Feasibility Violated Been met Been met Violated Violated Been met
Topl_Effectiveness Violated Been met Been met Violated Violated Been met

Table5: overviewof the assumptions

The assumption of Ilinearity has not been met
improved, transformations were performed@he transformations that can be used to reach
linearity are squaring a variablggolynomialscan be madegreating a Igarithm or making an

inverse (Hair et al., 2018). All these transformations are perforfrredtransformations were

first performed on the |1V0s, this did not r

transformations were also performed for ¥ 6, svhich also did notesultin linearity. The
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full analysis is showin Appendix4. Forthe sake of this research, a regression analysis is still
performed, since there was no time to find other solutions and possible reasons for why there

is no |inearity, even af t d@hisdoes mavesfplecationsfarg t he
the further analysis of th®Vosl atwhomrmhhiwp | bet
discussed in the limitations in the fifth chapter.

This should carefully be taken into account when looking at the results from the multiple
regression analysis, which will be presentethe next part of this chapter

Normal ity is also (possibly) violated for
not a problem for this study, so this can be ignored.

Homoscedasticity is violated for the | ast
also violated and as mented before, heteroscedasticity occurs when there isnoamality
of one of the variable§o,this is a logical consequence and insurmountable.

Since the assumption of I|linearity has not
whether or not to use linear regression analysis. Therefore, the other dependence techniques
are conglered. The other dependence techniques are multivariate analysis of variance
(MANOVA), Multiple Discriminant Analysis, antdogistic regression.

MA N OV A adependence tenlgue that measures the differences for two or more
metric dependent variables based on a set of categorical (honmetric) variables acting as
i ndepende n(Hairetak, 204 p. 874)0The independent variables in this research
are metric variables, and therefore, a MANOW#&nnotbe used.

Mul ti ple Discriminant Anal ythatsddressesthd so a
situation of a nonmetric dependent et | (&ldr et al., 2018, p. 471). Therefore, this
technique can also not be used.

Logisticregressioii s a specialized form of regress.i
explain a binary (twegroup) categorical variable rather than a metdependenme as ur e 0
(Hair et al., 2018, p. 548), this research does not have a categoricgrfwm DV, but the
DV & s ar aenditnedforejthis,method can also not be used.

Therefore, this research will continue with a multiple regression analysis (MRA),
because this allows for testing the correlatiommuitiple independentariables.This study
used two independent variables; intrinsic motives and extrinsic motives, which resulted from
the factor analysis with principal axis factorjioyt since the asgption of linearity is not met,

the results should be interpreted carefully.
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Multiple regression analysis

The regression analysis is performed for all eight dependent variables; total score creativity,
total score originality, total scoffeasibility, total score effectiveness, top 1 creativity, top 1
originality, top 1 feasibility and top 1 effectivengbst the focus of this research is on selecting

a top three of creative ideas. Therefore, the focus in this chapter will be on thatgreedres.

The other DVOs are di scuss e dispresentedofkppendike t a i |
5.

Multiple regressiorCreativity
Thismultiple regression analysis is executed withEhg 6 Tot a | S ovbichstandsr e at i
for selecting a top three of the most creative ideas.

The correlation matri X shows t he correl
totalscore_Creativityr = 0,001 for intrinsic motives and r 5078 for extrinsic motives.
Therefore,ican be conclued there is no correlation between the DV totalscore_creativity and
the 1 Vés intrinsic motives and extrinsic mot

R = 0,076 which is the strength of the re
totalscore_creativity, and 0,076 is very low, which suggest that this model is not a good
predictor of the outcome. The R square value is 0,006 which indicates thetipropd the
variation of the DV that can be explained b
correlation of this DV is not explained by t

The significance of the ANOVA should be smaller tha®b0sig. = 0,436 > 0,05 and
therefore, not significant. Therefore, the regression model does not significantly predict the
totalscore_creativity, which is the selection accuracy for selecting a top 3 of creative ideas,
F(2,286) = 0,832, p = 0,436.

The codficient table shows a significance level of p=0,894 (>0,05) for intrinsic motives
and a significance level of p=0,198 (>0,05) for extrinsic motives. This entails that both variables
do not significantlycontributeto the model for the DV totalscore_credi. The B values show
that when intrinsic motives go up with one unit, totalscore_creativity (the selection accuracy
for selecting a top 3 creative ideas) goes up with 0,002 units, and when extrinsic gwtipes
with one unit, totalscore_creativity godown with 0,016 units. Intrinsic motives influence the
totalscore_creativity positively and extrinsic motives influence the totalscore_creativity
negatively but this is not significantand therefore, does not mean anything

Summarizing a multiple regression analysis was carried out to investigate whether

intrinsic motives and extrinsic motives significantly predict the selection accuracy of selecting
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a top 3 of creative ideas. The results of the regression showed that the model explained only
0,6% ofthe variance and that the model is not a significant predictor of the selection accuracy
of selecting a top three of creative ideas, F(2,286) = 0,832, p = 0,436. Both intrinsic and

extrinsic motives did not significantly contribute to the model.

Other fndings

The multiple regression analysis was also carried out for only selecting a top 1 most creative
ideg to see whether there i s a Newnhelesd thisdidon be
not result in significanbutput F(2,286) = 0,052, p = 0,949. Both intrinsic and extrinsic motives
did not significantly contribute to the model.

It has also been tested whether originality, feasibility or effectiveness individually do
have a correlation with intrinsic and extrinsnotives. Nevertheless, this did also not result in
any significant outpytthus, there is no correlation between selecting a top three of top one of

most original, feasible or effective idea(s) and intrinsic or extrinsic motives, based on this study.
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5.Conclusion anddiscussion

This chapter will discuss the conclusion, in which the research question will be answered, and

the discussion which will present the limitations of this study.

Conclusion

This chapter will focus on answering the research question, wdtieé following:

To what extent do the motives relate to selection accuracy of creative ideas in a context of co

creating sustainable innovations?

As mentioned before, resulting from thetfar analysis, only two factors were extracted,
which are two new factors. The hypotegesvere based on four factors, which were formulated
based on a |iterature review. The four fact
Oknowl edge moti veso6, amodd.iThlsvomentfactoreasetanmech d O f
i ntrinédiandcdotmoxedibemdine w ntrimsicimatibeSoonsiét bf items
from knowledgemotives and social motives and intrinsic motiidence this is now a new
variable. Formulating new factors has implications for answering the hypothesig giec
hypothess are not about the new factors. Therefore, it is not possible to answer the hypothesis
and it is not possible to accept or reject them.

Nevertheless, an answer to the research question will be formulated and discussed now
basedonthetwnew | V6s i ntrinsic maétegression analysdwasXx t r i r
executed to investigate the relation between intrinsic motives and selecting a top three of
creative ideas. Creative ideas are ideas that are feasible, originaffaciive Diehl and
Stroebe 1987 Hao et al., 2016)Theregresionanalysis showed that only8%6 of the variance
is explained in the model, which is very low. Besides, the model is not significant and therefore,
intrinsic and extrinsic motives are not a significant predictor for the selection accuracy of
selecting a top three of creative ideas,,F8B) = 0,832, p = 0,436. Concluding, bot intrinsic
and extrinsic motives do not significantly contribute to the model.

As mentioned before, creativity consists out of feasibility, originality, and effectiveness.

It has also been tested whether theresaregni f i cant r el ations bet wee
butagainthis did not result in significant relatiorfsurthermore, selecting a top one of the most
creative idea compared to selecting a top three of the most creative ideas have also been tested,

to see if this makes a differenc&itill, this did not result in significant relations.
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Concluding, he answer on the research questions is therdfased on this studippth
intrinsic and extrinsienotivesdo not relate to selection accuracy of creaitleas in a context

of co-creating sustainable innovations

Discussion

This chapter will first discudke interpretation of the resuli&hen, the theoretical and practical
implications will be discussed.hereafter, the limitations of this research will be presented.

And lastly, recommendations for future research will be made.

Interpretation of the results

The results and the conclusion will now be interpreié@. conclusions that both intrinsic and
extrinsicmotivesdo not relate to selection accuracy of creative ideas in a contexcoéatng

sustainable innovationBecause intrinsic and extrinsic motives did not have a significant
relatiorship with selection accuracy. This entails tipae 0 prhoéiv@ss intrinsic or extrinsic,

for participating in cecreation, do not influence their capability of selecting a top three of the
most creative i deas. Thus, peopleds motives
creation process, since, accoglto this study, this will not influence how well they perform

at selecting sustainable ideas, and will therefore, not increase of decrease the selected ideas.
Concluding, peopleds intrinsic and extrinsic
co-creation processbased on this studyThe theoretical and practical implications this

conclusion hg, will now be discussed.

Theoretical implications

The contribution to knowledge from this study is limited. No significant results were found and
therefore, no relations b e TheeortibutionthathasWees and
made is the knowledge that based on this study, there are rion®lbétween intrinsic and

extrinsic motives and selection accuracy of creative idéas.is not in line with what previous

similar research had shown, which was presented in chapter two. This is therefore also
interesting, because it is now importantrteestigate why this research had such a conflicting
conclusionlt is possible thiglue to the fact thahe itemsn the survey are based on the study

by Fernandesind Remelhe (2016)ut were slightly changed, for the scope of this research.

This results in not having the guarantee of the reliability and validity of the survey questions,
which was established by Fernandes and Remelhe (20&é)conclusion also has a practical

implicaton, which will now be discussed.
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Practical implications

This research concluded that intrinsic and extrinsic motives do not relate to the selection
accuracy of selecting a top three of most creative ideas. For practice this implg<tloap | e 6 s
motives (intrinsic and extrinsic) do not influence their selection accuracy, and therefore,
peopleds motives would not have to be- consi
creation procesddowever the many limitations of this studwhich will be discussed next,

make itquestionable whether this is completetyrrect,and this practical implication should

be considered with great consciousness. The practical implication of this study can be improved

when all the limitations of this studyre dealt withThe limitations will now be discussed.

Limitations

The sample of this study is not representative of the population, since thexe is
overrepresentation of people between the age category io#4R03/ears oldand there is an
overrepresentation of people who have Havo or VWO y&aorhbo bachelor or WO bachelor,
or hbo master or WO master or doctor as their highest finished educHltisns probably
because convenience sampling is used to gather respsridetite survey. The researcher is
within this age category and therefore, knows a lot of people who are also within this age
category. Besides, this research is for a WO master, and therefore, the convenience sampling
also led to reaching a lot of resmmmts who also havellowed higheducational programs.
This results in the research not being generalizable to the population.
As mentioned before, this study asks participants about a hypothetica¢atmn
setting and is not conducted in an actuakcreation setting. Therefore, it could be hard for
participants to know how they would really feel about participatingreation.Ilt was not
possible in the scope of this research to test in an actw@eation setting, and therefore, this
solutonwa used, to still be able to i nxreaidni gat e
Another limitation of this study is that only two factors were extracted in the factor
analysis. This entails that the hypothesis could not be answered, since different factors are used
in the regression analysis.
The third limitation of this study relageo the ICC.An interclass correlation statistics
test is used to measure the degree of dependence among indivAduadentioned before, it
was not possible to delete one or more sustainability ideas, to increase the reliability, since the
ICC was performedfter the surveyvas filled in by the responden®hen the ICC would have
been tested before sending out the survey, it would have been possible to delete one or more

ideas, which would have possibly increased the reliability of the study.
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Fourth, the assumptions were checked before conducting a regression analysis.
Nevertheless, this resulTtreacdsifrorma nlgi nteaer il tVy s
did not result in linearity either. For the sake of this research, a regressilysis was still
performed, since there was no time to find other solutions and possible reasons for why there
was no |l inearity, even aft baverthelessnhe issumptiomg t h
of linearity should have been met, for conductimg research correctly.

Finally, no significant results were found in this study. Therefore, no relationship is
found between the |1 V6s and the DVO6s. Nevert
literature review. It is remarkable that literature does find relations betiné@msic and
extrinsic motives and this study does nidiis may be due to the fact that the items to test the
|l V6s had to be adjusted for the scope of thi
with what previous research has done, and tauld have resulted in extracting different
variables in the factor analysis and having no significant relations in the regression analysis.

All the above limitations should be taken into account when looking at this study and in
future researchwhich is about the relationship of motives and selection accurdbe
limitations also have consequences for the practical and theoretical implications, which will
now be discussedhe next and last part of this chapter discusses recommendations for future

resarch.

Future research

Future research should aim to have a more representative sample, since this research was not
representative for the education and the age of the population. When the sample is more
representative, the research can be generalized to the whole populatrcet @a2018), and

then the research would represent a bigger scope.

The DV6s intrinsic motives, knowl edge mot
are eventually not tested, future research should aim to test these original variablesf to test
there is a relationship between these motives and selection accuracy, to still be able to improve
the selection accuracy within-@peation in a sustainable settifigh be able to do this, it has to
be inspected why the factor analysis resulted in @iffevariables then what was expected out
of literature.

The motives were now tested via a survey, perhaps when testing the motives via another
technique, like an experiment or via field research, this would result in better outcomes. It could
be the cas that the respondents are not completely aware of which motives they would have
for participating in cecreation, and therefore, it could be difficult to answer the questions from
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the survey. The survey focussedwbatai 6wgau w
participate incec r eat i ono. Perhaps i tpewopmdvvesitree bett e
creation in an actual setting of-coeation. This should be investigated in future research, to
know if this is true and whether this would hé&pmprove the research.

As mentioned before, the ICC was performed after conducting the survey, nevertheless,
this should have been done before sending out the survey. In future research this should be
done, to be able to see whether this would resuiigimificant output.

lag 'y, it should be investigated Bechuge t her e
of the limited time and capacity of this study, this has not been investigated yet, nevertheless,
it is essential to understand why this is the case, to be able tovini® linearity in future
research.

These recommendations for future research close this master thesis.
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Appendix1 Sustainable ideas

Idea

1. Turning origami paper wrapping into art

2. Packaging as a measuring instrument

3. Sustainable graeery shopping nets

4. No packaging if not necessary

5. Customized packaging

6. Merging orders

Description

Products are wrapped in origami paper. T
packaging contains varying instructions to fold
origami figure from the packaging, for example,
crane, frog, or lotus flower. This way, waste is turr
into art, so that the paper can be used longer.
The packaging can also be used as a scale with se
that sengmall electric pulses through the product y
place on it. Because different nutrients (e.g., f
carbohydrates, proteins) conduct electric
differently, a nutritional score can be calculated t
determines how healthy the product is.

To reduce the use of plastic bags in supermarkets,
are being removed from all over the store. Inste
consumers buy reusable, sustainable nets in whick
example, loose vegetables, fruits, or bread car
packed. Theonsumer will take these bags with the
again next time.

Many products are sold in packaging while tl
packaging is not necessary. By removing t
packaging, the packaging material is saved. Exam
of products that can bsold without packaging ar
shoes without a box or sandwichesgtm without
packaging.

The packaging machine scans the dimensions o
ordered products (this works for one or more prodi
at the same time) and folds oterdboard box aroun
it. As a result, the packaging is smaller, less packa
material is needed, and the packaging contains as
empty air as possible so that filling material is 1
necessary.

There is a parcel locker in evargighhourhoodwvhere
residents can collect their orders. All orders place
the same store are placed in one reusable crate.
crate is used by the parcel deliverer to deliver
products to the parcel lockeFhe crate is then take

back and reused.
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7. Edible or solvable packaging

8. Plants from packaging material

9. Feathers as insulating packaging

10. Bring your own packaging

11. Use more sustainable materials

12. Returning a deposit at the train station

These are products that are packaged in materials
are edible or dissolve when used so that no resi
waste remains. For example, think of coffee ci
made of biscuits and chocolate, which you can
after drinking the coffe, or soap capsules made
seaweed that dissolve in the shower.

The products are packed in degradable p:
containing seeds. After the product has b
unpacked, the paper can be moistened, after whi
can be planted ithe ground. Make sure to provic
enough water to keep the paper moist. After a wt
the paper dissolves, and plants grow where the p
is planted.

There is an enormous surplus of feathers in the pol
industry. An mportant characteristic of feathers is tt
they are strong, light, and insulating. That is w
feathers are very suitable for keeping cooled foor
the right temperature. Instead of delivering product
Styrofoam cooler boxes, packaging made frc
featters can be used.

The products are offered without packaging and
consumer takes their own packaging from home to
the products in. Think, for example, of pasta, cere
and spreads that you put in your own jar in
supernarket, coffego-go in your own mug, and you
takeaway order at a restaurant in your own contait
Most packaging is made of paperail-basedlastic.
However, more alternatives are possible. Think
packaging madéom renewable raw materiale.g.,
sugar cane, bamboo, fungi), bi@ste €.g., fruit
peels, eggshells), or residual products from produc
(e.g..tall oil, fibers).

A deposit is requested on smallastic bottles anc
cans. To encourage people to recycle th
bottles/cans instead of throwing them away, they
be handed in at the deposit machines at train stat
Consumers get the deposit back by scanning a
code with which the money is depesitdirectly into
their account.
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Appendix2 Sample

2.1 Information about the sample

17.407.585 people in total in the Netherlands in 2020 (these are the most recent numbers from
CBS)

8 648 031= 49,6796712% male

8 759554 = 50,3203288% female

Gender
Variable Population (CBS) Sample (Survey)
Male 49,68% 48,4%
Female 50,32% 48,4%
Other X 2,8%

Resource: Mannen en vrouwen.d.).

The CBS does not take 6otherd6 categories th
study there was al so t he pwhichk2,8ioflthe tegponteats s el e
has selected. Since this cannot be compared with the scores of the population, this category will

not be taken into account for trasalysis anavill be considered as missing datéisentails

that 97,8% is the total perdage that is left in thequation,and exactly 50% of this group
selected 6maled and 50% selected Oferesatl ed. T
in 50% male and 50% female, and therefore it can be stated that the sample represents the

popul ati on di s tThisidailsad grovem in thé anaygisbelowe r o .

What is your gender? - Selected Choice

Cumulative

Frequency Percent  Valid Percent Percent

Valid Male 140 48 4 486 486
Female 140 48 4 486 97,2
| identify myself as 2 N N a7.9
| prefer notto say 6 2.1 21 100,0
Total 288 997 100,0

Missing  System 1 3

Total 289 100,0
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600t herdé is a missing group, s iTheeebrethégoup€EBS do
3 and 4 are now selected as missing.

Frequencies

What is your gender? - Selected

Choice
Observed N Expected N Residual
Male 140 1391 9
Female 140 1409 -9
Total 280

Test Statistics

What is your

Chi-Square
df 1
Asymp. Sig. 915

a. 0 cells (0,0%) have
expected frequencies
lessthan 5. The
minimum expected
cell frequency is
13891

The critical value with 1 degrees of freedom with an alpha of 0,05 is 3,84. Fhquare value
is 0,011 which is smaller than 3,84. The significance level is 0,915 which is bigger then 0,05
and thertore acceptedTherefore,HO is acceptedwhich entails thathe sample size is

representative for the gender of the population.

Education
Variable Population (CBS) Sample (Survey)
Primary school 8,7% 0%
VMBO (high school) 11,13% 2,8%
MBO 1
Have or VWO year 1-3 (high 8,45% 0,7%
school)
Havo or VWO year 4-6 (high 9,35% 12,3%
school)
MBO 2, 3, 4 26,48% 12,3%
HBO bachelor or WO 21,47% 41,8%
bachelor
HBO master or WO master 12,72% 30,2%
Doctor

ResourceBevolking;onderwijsniveau en migratieachtergrond 202821 (2021, 16

november).
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Recode education to the CBS categories

There are more expected frequencies than sample frequencies because the first category
(primary schoo) had a value of O in the sameoup, therefore it was not possible to include
it in the spss program. This category is therefore deleted from the analysis, so the other

categories could be tested for representativeness.-éqclaire test was deducted to test this.

Education CBS
Ohserved N Expected N  Residual

VMBO or MBO 1 8 354 -27.4
Havo or VWO year 1-3 2 26,9 -249
havo or VWO year 4-6 35 297 53
MBO 2,3, 0r4 35 842 -49 2
hbo bachelor or WO 119 68,3 50,7
bachelor

hbo master or WO 86 405 455
master or doctor

Total 285

Test Statistics

Education
CBS
Chi-Square 162,8497
df 5
Asymp. Sig. ,000

a. 0 cells (0,0%) have
expected frequencies
less than 5. The
minimum expected
cell frequency is 26,9.

The chisquare has p value of 0,000 which is smaller than the critical p value (0,3) and
therefore HO is rejected. This entails that the sample size is not representative for the population
for the category 6éeducationéd
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What is your highest completed educational level? - Selected Choice

Cumulative
Frequency  Percent  Valid Percent Percent
Valid vmbo (high schoaol) 5 . 1.7 . 1.8 . 1.8
mhbo1 3 1.0 1.1 28
havo or vwo year 1-3 2 7 7 35
(high school)
havo or vwo year 4-6 35 121 12,3 158
(high school)
mbo2, mbo3, or mbho4 35 121 12,3 28,1
hbo bachelor or wo 119 41,2 41,8 69,8
bachelor
hbo master or wo master 76 26,3 26,7 96,5
doctor 10 35 35 100,0
Total 285 98,6 100,0
Missing  Don't know or unknown 1 3
System 3 1,0
Total 4 14
Total 289 100,0
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% Frequencies

Statistics
Education_CBS
N Valid 285
Missing 4
Education_CBS
Cumulative
Frequency Percent  Valid Percent Percent
Valid VMBO or MBO 1 8 28 28 28
Havo or VWO year 1-3 2 N T 35
havo or VWO year 4-6 35 121 12,3 158
MBO 2, 3, or 4 35 121 12,3 281
hbo bachelor or WO 119 412 418 69,8
bachelor
hbo master or WO 86 29,8 30,2 100,0
master or doctor
Total 285 98,6 100,0
Missing  don'tknow 1 3
System 3 1,0
Total 4 1,4
Total 289 100,0

Respondent 287 filled in post HBO, which is the samaradBO master, therefore this is
changed in the data set, to match the created categories.
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Education CBS

Observed N Expected N Residual
VMBO or MBO 1 8 354 -27,4
Havo or VWO year 1-3 2 26,9 -249
havo or VWO year 4-6 35 297 53
MBO 2,3, or 4 35 842 -49.2
hbo bachelor or WO 118 68,3 497
bachelor
hbo master or WO 87 40,5 46,5
master or doctor
Total 285
Test Statistics
Education
CBS
Chi-Square 163,654°
df 5
Asymp. Sig ,000

a. 0 cells (0,0%) have
expected frequencies
less than 5. The
minimum expected
cell frequency is 26,9.

The sample values are compared to the population values, which results in the above output.
The chisquae value is significant (0,000). The frequency table shows that VMBO or MBO1,
Havo or VWO year 13, MBO 2, 3 or 4 are all underrepresented. Havo or VWO ydars4

slightly overrepresented, and hbo bachelor or WO bachelor and hbo master or WO master or

docbr are overrepresented in the sample group.

Age
Variable Population (CBS) Sample (survey)
0-20 21% 0,7%
20-40 25% 66,6%
40-65 34% 28,6%
65-80 15% 3,1%
80 + 5% 1,0%

Resourceleeftijdsverdeling(z.d.).
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Chi-Square Test

Frequencies

Age_categories

Observed N Expected N Residual

0-20 2 60,3 -58,3
20-40 191 718 119,3
40-65 82 97,6 -15,6
65-80 9 431 -34.0
80 + 3 144 -11.,4
Total 287
Test Statistics
Age_categori
es
Chi-Square 292,929°
df 4
Asymp. Sig. ,000

a. 0 cells (0,0%) have
expected frequencies
less than 5. The
minimum expected
cell frequencyis 14 4.

A chi2 testhas been deducted. The p value (0.000) that is found is smaller than the critical p
value @lpha of0.3) of Chisquare andherefore significantly different, anitherefore HO is

rejected. This entails that the sample is not representative for the population.
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Age_categories

Cumulative

Frequency Percent  Valid Percent Percent

Valid 0-20 2 T N N
20-40 191 66,1 66,6 67,2
40-65 82 28,4 286 95,8
65-80 9 KR ER 99,0
80 + 3 1,0 1.0 100,0
Total 287 99 3 100,0

Missing  System 2 i

Total 289 100,0

Our sample starts with people of 18 years and older, therefore the grouf8ofsOnot
considered in this study and this should be taken into account wh&ulating

representativeness.

There are 437.000 people in total of 18 and 19 years old in 2020 in the Netherlands. This is also
changed in the data set (the label of the first group is ne201.8

Category group Absolute number 2020 New population study Percentage
0-17 3.219.100 - -

1820 437.000 437.000 3,079%
2040 4.352.500 4.352.500 30,671%
40-65 5.919.400 5.919.400 41,713%
65-80 2.611.500 2.611.500 18,403%
80+ 870.500 870.500 6,134%
Total population 2020 17.410.000 14.190.900 100%

This results in théollowing data
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Frequencies

Age_categories

Obsernved N Expected N Residual

18-20 2 8.8 -6,8
20-40 191 88,0 103,0
40-65 82 119,7 =377
65-80 9 528 -438
80 + 3 17,6 -146
Total 287
Test Statistics
Age_categori
es
Chi-Square 186,099%
df 4
Asymp. Sig. 000

a. 0 cells (0,0%) have
expected frequencies
lessthan 5. The
minimum expected
cell frequency is 8,8.

Chi-square is significant, p = 0,000 (smaller then 0,3 with alpha of 0,05) and therefore, HO is
rejeccedand the sample size is not representativ

group between 2@0 is overrepresented and the other groups are underrepresented.
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Appendix3 Factor Analysis

Reliability test before FA

Reliability Statistics
Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems
J77 791 9

Cr o n b alph#téta model

Factor 1 Factor 2 Factor 3
Intrinsic_1 Knowledge 1 Social_1
Intrinsic_2 Knowledge 2 Social_2
Intrinsic_3 Social_3
Reliability Statistics
Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems
705 705 3

Reliability factor 1 Intrinsic motives

Reliability Statistics
Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems
795 795 2

Reliability factor 2 Knowledge motives

Reliability Statistics
Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems
567 564 3
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Reliability factor 3 Social motives

Factor analysis:

KMO and Bartlett's Test

Kaiser-Meyer-0lkin Measure of Sampling Adequacy. 822
Bartlett's Test of Approx. Chi-Square 933,126
Sphericity df 36

Sig. 000

Table KMO andBa r t

[Test t 6 s

Communalities

Initial

Extraction

| would be more willing to
participate in co-creation
because | am curious

| would be more willing to
participate in co-creation
because | enjoy keeping up
with new innovations and
new ideas

| would be more willing to
participate in co-creation
because | like to support
innovative ideas that
contribute to a more
sustainable world

| would be more willing to
participate in co-creation
because | would like to
improve the idea evaluation /
selection of sustainable
innovation

I would be more willing to
participate in co-creation
because | would like to gain
more knowledge about

sustainable innovations

297

427

,620

,581

,560

,243

,400

, 741

,622

,621
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I would be more willing to
participate in co-creation
because | would like to get in
touch with the researchers

| would be more willing to
participate in co-creation
because | believe in the
norms and values for
sustainable development

| would be more willing to
participate in co-creation
because | would like to gain
social status

| would be more willing to
participate in co-creation |
because | would like to gain
a financial reward for

participation

,405

,395

,279

,208

443

401

,505

317

Extraction Method: Principal Axis Factoring.

Table3.1: Communalities Principal Axis Factoring

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Factor Total % of Variance ~ Cumulative % Total % of Variance ~ Cumulative %
1 3,818 42,427 42 427 3,354 37,269 37,269
2 1,494 16,596 59,024 939 10,430 47,698
3 914 10,150 69,174
4 643 7140 76,314
5 618 6,870 83,184
6 516 5,731 88,915
7 403 4,480 93,395
8 ,333 3,697 97,093
9 262 2,907 100,000

Extraction Method: Principal Axis Factoring.

Table3.2: Total VarianceExplained

Factor Matrix?

Factor
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I would be more willing to
participate in co-creation
because | am curious

| would be more willing to
participate in co-creation
because | enjoy keeping up
with new innovations and
new ideas

I would be more willing to
participate in co-creation
because | like to support
innovative ideas that
contribute to a more
sustainable world

I would be more willing to
participate in co-creation
because | would like to
improve the idea evaluation /
selection of sustainable
innovation

| would be more willing to
participate in co-creation
because | would like to gain
more knowledge about
sustainable innovations

I would be more willing to
participate in co-creation
because | would like to get in
touch with the researchers

| would be more willing to
participate in co-creation
because | believe in the
norms and values for
sustainable development

| would be more willing to
participate in co-creation
because | would like to gain
social status

| would be more willing to
participate in co-creation |
because | would like to gain
a financial reward for

participation

479

,630

,798

,786

, 787

,613

,627

-,324

,652

,558
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Extraction Method: Principal Axis Factoring.

a. 2 factors extracted. 15 iterations required.

Table3.3: Factor Matrix

Varimax rotation

KMO and Bartlett's Test

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 822
Bartlett's Test of Approx. Chi-Square 933,126
Sphericity df 6

Sig. ,000

Table3.4: Varimax rotation, KMOan®Bar t teggt t 6 s

Communalities

Initial Extraction

| would be more willing to ,297 ,243
participate in co-creation

because | am curious

| would be more willing to 427 ,400
participate in co-creation

because | enjoy keeping up

with new innovations and

new ideas

I would be more willing to ,620 741
participate in co-creation

because | like to support

innovative ideas that

contribute to a more

sustainable world

| would be more willing to ,581 ,622
participate in co-creation

because | would like to

improve the idea evaluation /

selection of sustainable

innovation
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I would be more willing to ,560 ,621
participate in co-creation

because | would like to gain

more knowledge about

sustainable innovations

| would be more willing to ,405 ,443
participate in co-creation

because | would like to get in

touch with the researchers

| would be more willing to ,395 ,401
participate in co-creation

because | believe in the

norms and values for

sustainable development

I would be more willing to ,279 ,505
participate in co-creation

because | would like to gain

social status

| would be more willing to ,208 317
participate in co-creation |

because | would like to gain

a financial reward for

participation

Extraction Method: Principal Axis Factoring.

Table3.5: Varimax rotation, communalities

Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loadings Rotation Sums of Squared Loadings
Factor Total % of Variance ~ Cumulative % Total % of Variance  Cumulative % Total % of Variance  Cumulative %
1 3,818 42 427 42,427 3,354 37,269 37,269 3,338 37,084 37,084
2 1,494 16,596 59,024 939 10,430 47 698 955 10,614 47 698
3 914 10,150 69,174
4 643 7,140 76,314
5 618 6,870 83,184
(] 516 5731 88,915
7 403 4 480 93,395
8 ,333 3,697 97,093
9 262 2,907 100,000

Extraction Method: Principal Axis Factoring.

Table3.6: Varimax rotation, total variance explained
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Rotated Factor Matrix?

Factor

| would be more willing to
participate in co-creation
because | am curious

I would be more willing to
participate in co-creation
because | enjoy keeping up
with new innovations and
new ideas

| would be more willing to
participate in co-creation
because | like to support
innovative ideas that
contribute to a more
sustainable world

| would be more willing to
participate in co-creation
because | would like to
improve the idea evaluation /
selection of sustainable
innovation

I would be more willing to
participate in co-creation
because | would like to gain
more knowledge about
sustainable innovations

| would be more willing to
participate in co-creation
because | would like to get in
touch with the researchers

| would be more willing to
participate in co-creation
because | believe in the
norms and values for
sustainable development

| would be more willing to
participate in co-creation
because | would like to gain

social status

467

,624

,822

,789

, 187

,589

,632

,309

,673
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| would be more willing to ,550
participate in co-creation |

because | would like to gain

a financial reward for

participation

Extraction Method: Principal Axis Factoring.
Rotation Method: Varimax with Kaiser Normalization.

a. Rotation converged in 3 iterations.

Table3.7: Varimax rotation, rotated factor matrix

Factor 1 Factor 2
Intrinsic_1 Social_3
Intrinsic_2 Financial_1
Intrinsic_3

Knowledge 1
Knowledge 2
Social_1
Social_2

Table3.8 Item loadingdwo factor solution

Reliability test

Reliability Statistics
Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems
849 851 7

Reliability factor 1

Reliability Statistics

Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems
531 535 2

Reliability factor 2
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Principal axis factoring with 4 fixed numbers

KMO and Bartlett's Test

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 822
Bartlett's Test of Approx. Chi-Square 933,126
Sphericity df 16

Sig. ,000

Table3.9 principal axis factoring, four fixed number

Communalities

Initial Extraction

| would be more willing to ,297 ,487
participate in co-creation

because | am curious

| would be more willing to 427 ,581
participate in co-creation

because | enjoy keeping up

with new innovations and

new ideas

| would be more willing to ,620 ,938
participate in co-creation

because | like to support

innovative ideas that

contribute to a more

sustainable world

| would be more willing to ,581 ,650
participate in co-creation

because | would like to

improve the idea evaluation /

selection of sustainable

innovation

| would be more willing to ,560 ,653
participate in co-creation

because | would like to gain

more knowledge about

sustainable innovations

| would be more willing to ,405 ,529
participate in co-creation

because | would like to get in

touch with the researchers
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I would be more willing to ,395
participate in co-creation

because | believe in the

norms and values for

sustainable development

| would be more willing to ,279
participate in co-creation

because | would like to gain

social status

| would be more willing to ,208
participate in co-creation |

because | would like to gain

a financial reward for

participation

,408

,730

,249

Extraction Method: Principal Axis Factoring.

Table3.1Q princiap axis factoring, four fixed numbers

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Factor Total % of Variance ~ Cumulative % Total % of Variance ~ Cumulative %
1 3818 42,427 42,427 3,458 38,424 38,424
2 1,494 16,596 59,024 1,063 11,815 50,239
3 914 10,150 69,174 456 5,071 55,310
4 643 7,140 76,314 ,248 2,752 58,061
5 618 6,870 83,184
6 516 5731 88,915
7 ,403 4,480 93,395
8 ,333 3,697 97,093
9 262 2,907 100,000

Extraction Method: Principal Axis Factoring.

Table3.11 principal axis factoringfour fixed numbers

Factor Matrix?

Factor

| would be more willing to ,508
participate in co-creation

because | am curious

,460
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I would be more willing to ,657 ,381
participate in co-creation

because | enjoy keeping up

with new innovations and

new ideas

| would be more willing to ,831 -,378 ,307
participate in co-creation

because | like to support

innovative ideas that

contribute to a more

sustainable world

I would be more willing to 779

participate in co-creation

because | would like to

improve the idea evaluation /

selection of sustainable

innovation

I would be more willing to , 781

participate in co-creation

because | would like to gain

more knowledge about

sustainable innovations

| would be more willing to ,618

participate in co-creation

because | would like to get in

touch with the researchers

| would be more willing to ,619

participate in co-creation

because | believe in the

norms and values for

sustainable development

I would be more willing to , 758
participate in co-creation

because | would like to gain

social status

I would be more willing to 491
participate in co-creation |

because | would like to gain

a financial reward for

participation

Extraction Method: Principal Axis Factoring.
a. Attempted to extract 4 factors. More than 25 iterations required.

(Convergence=,008). Extraction was terminated.
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Table3.12 principal axis factoring, four fixed factors

Rotation Rincipal axis factoring with four fixed numbers

Communalities

Initial Extraction

| would be more willing to ,297 ,487
participate in co-creation

because | am curious

| would be more willing to 427 ,581
participate in co-creation

because | enjoy keeping up

with new innovations and

new ideas

| would be more willing to ,620 ,938
participate in co-creation

because | like to support

innovative ideas that

contribute to a more

sustainable world

| would be more willing to ,581 ,650
participate in co-creation

because | would like to

improve the idea evaluation /

selection of sustainable

innovation

| would be more willing to ,560 ,653
participate in co-creation

because | would like to gain

more knowledge about

sustainable innovations

| would be more willing to ,405 ,529
participate in co-creation

because | would like to get in

touch with the researchers

| would be more willing to ,395 ,408
participate in co-creation

because | believe in the

norms and values for

sustainable development
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I would be more willing to ,279
participate in co-creation

because | would like to gain

social status

| would be more willing to ,208

participate in co-creation |
because | would like to gain
a financial reward for

participation

,730

,249

Extraction Method: Principal Axis Factoring.

Table3.13 rotation, four fixed factors

Initial Eigenvalues

Total Variance Explained

Extraction Sums of Squared Loadings

Rotation Sums of Squared Loadings

Factor Total % of Variance  Cumulative % Total % ofVariance ~ Cumulative % Total % of Variance  Cumulative %
1 3818 42,427 42,427 3,458 38,424 38,424 1,720 19,108 19,108
2 1,494 16,596 59,024 1,063 11,815 50,239 1,338 14,869 33,977
3 914 10,150 69,174 456 5,071 55310 1175 13,061 47,038
4 643 7.140 76,314 1248 2,752 58,061 992 11,024 58,061
5 618 6,870 83,184
6 516 5731 88,915
7 403 4,480 93,395
8 333 3,697 97,093
9 ,262 2,807 100,000
Extraction Method: Principal Axis Factoring.
Table3.14 rotation, four fixed numbers
Rotated Factor Matrix®
Factor
1 2 3
| would be more willing to ,660
participate in co-creation
because | am curious
| would be more willing to ,657

participate in co-creation
because | enjoy keeping up
with new innovations and
new ideas

| would be more willing to ,370
participate in co-creation

because | like to support

innovative ideas that

contribute to a more

sustainable world

,830
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I would be more willing to ,649 ,406
participate in co-creation

because | would like to

improve the idea evaluation /

selection of sustainable

innovation

| would be more willing to ,667 ,373
participate in co-creation

because | would like to gain

more knowledge about

sustainable innovations

I would be more willing to ,639

participate in co-creation

because | would like to get in

touch with the researchers

| would be more willing to ,389 ,462
participate in co-creation

because | believe in the

norms and values for

sustainable development

| would be more willing to ,818
participate in co-creation

because | would like to gain

social status

| would be more willing to ,468
participate in co-creation |

because | would like to gain

a financial reward for

participation

Extraction Method: Principal Axis Factoring.
Rotation Method: Varimax with Kaiser Normalization.2

a. Rotation converged in 6 iterations.

Table3.15 rotation, four fixed numbers

Factor 1 Factor 2 Factor 3 Factor 4
Knowledge 1 Intrinsic_3 Intrinsic_1 Social_3
Knowledge 2 Social_2 Intrinsic_2 Financial_1
Social_1

Table3.16 Item loadings four factor solution
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Reliability test

Reliability Statistics
Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems
790 794 3

Reliability factor 1

Reliability Statistics

Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems

736 736 2

Reliability factor 2

Reliability Statistics

Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems

681 ,681 2

Reliability factor 3

Reliability Statistics

Cronbach's
Alpha Based
on

Cronbach's Standardized
Alpha ltems N of ltems
531 535 2
Reliability factor 4

Recode into 2 1V0s

Now the new factors should be recodedhe SPSS output file, so all the items load on the 2
new factors. This entails that from now on there will only be two independent variables
(intrinsic motives and extrinsic motives)

literature.
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e s wer

Reliability test for factor 1

Reliability Statistics

Cronbach's
Alpha Based
on
Standardized
ltems

Cronbach's
Alpha

N of items

849 851

7

Summary Item Statistics

Mean Minimum

Maximum

e created 01

Maximum /

Range

Minimum

Variance N of ltems

ltem Means 4,857 3,471

5,298 1,827

1,526 439 7

Scale Mean if

Item Deleted

Item-Total Statistics
Scale Variance if Corrected ltem-

Iltem Deleted Total Correlation

ntrisi

Squared Multiple

Correlation

Cronbach's

Alpha if Item

Deleted

| would be more willing to
participate in co-creation
because | am curious

| would be more willing to
participate in co-creation
because | enjoy keeping up
with new innovations and
new ideas

| would be more willing to
participate in co-creation
because | like to support
innovative ideas that
contribute to a more
sustainable world

| would be more willing to
participate in co-creation
because | would like to
improve the idea evaluation /
selection of sustainable
innovation

| would be more willing to
participate in co-creation
because | would like to gain
more knowledge about

sustainable innovations

28,73

28,70

28,73

29,34

29,18

39,217 ,451

37,253 ,595

35,769 ,695

34,594

717

34,623

, 715

75

,291

423

,599

577

,557

,850

,831

,816

,812

,812



I would be more willing to 30,53 35,799 ,539 ,357 ,841
participate in co-creation
because | would like to get in
touch with the researchers
| would be more willing to 28,77 37,797 ,569 ,383 ,834
participate in co-creation
because | believe in the
norms and values for
sustainable development
Reliability test for factor 2
Reliability Statistics
Cronbach's
Alpha Based
on
Cronbach's Standardized
Alpha ltems N of ltems
531 535 2
Summary Item Statistics
Maximum /
Mean Minimum  Maximum Range Minimum Variance N ofltems
ltem Means 3147 2,744 3,550 806 1,294 325 2
Item-Total Statistics
Cronbach's
Scale Mean if  Scale Variance if Corrected ltem- Squared Multiple  Alpha if Item
Item Deleted Item Deleted Total Correlation Correlation Deleted
| would be more willing to 3,55 2,818 ,365 ,133
participate in co-creation
because | would like to gain
social status
| would be more willing to 2,74 2,101 ,365 ,133

participate in co-creation |
because | would like to gain a
financial reward for

participation
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The Cronbachoés alpha is 0,849 for factor 1
value of 0,5. The desirable value is above 0,7 which is the case for factor 1 but not for factor 2.
This entails that factor 1 is reliable and factor 2 is seha reliable (but not a lot). The
Cronbachoés al pha dmtensisdeletdad, itgomewhdt stdys tiee rsame Wwhem
intrinsic_1 is deleted and gets lower when other items in factor 1 are deleted. For factor 2 this

cannotbe tested, because thare only two items in this factor.

Appendix4 Assumptions checking

- Outliers checking
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GraphsA dialogsA boxplotA simple & summaries of separate variabdeput in the
variables you need (in boxes represent) and

First the outliers are checked for the |1V0s
(Topl_originality, Topl feasibility, Topl_ effectiveness, Topl_creativity,

Totalscore_originaly, Totalscore_feasibility, Totalscore_effectiveness,

Totalscore_creativity). A boxplot was plotted to see if there are any substantial outliers. This
results in no substantial outliers, which entails no respondents have to be deleted.

After this, the asumptions for regression analysis were checked.
- Linearity

A scatterplotiglrawnt o t est | inearity. The Il inearity i
DVOs.
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Total score linearity

Scatterplot for linearity for the IV intrinsic motives afwat the DV total score creativity:

Scatter Plot of Total score average Creativity by All items in the intrinsic variable
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Scatterplot for linearity for the IV extrinsic motives and for the DV total score creativity:

Scatter Plot of Total score average Creativity by All items in the extrinsic variable

500
° ° ° ° °
° ° ° ° ° ° °
° ° ° ° ° °
’E 475 ° ® ® ) O ] ° °
2 ° ® ° o ° ° e ° °
® ° ° ° ° ° ° ° ®
o ° ° ° ° ° ° ° ° ° ° °
g ° ° o ° ° ° ° °
E e ° ° ° ° ° ° °
® ° ° ° ° ° ° ° ° °
§ . ° ° ° ° ° ° °
° ° °
E L L] L L] L] L] L ]
° ° ° ° ° ° °
400 ° ° e ° ° ° ° ™
° °
1 2 3 4 s 6 7

All items in the extrinsic variable

The scatterplots show that for total score creativity the plot is not linear for the IV intrinsic
motives, and also notiear for the IV extrinsic motives.

Scatterplot for linearity for the 1V intrinsic motives and for the DV total score originality:

Scatter Plot of Total score average Originality by All items in the intrinsic variable
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Scatterplot for linearity for the 1V extrinsic motives and for the DV total score originality:
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Scatter Plot of Total score average Originality by All items in the extrinsic variable
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The scatterplots for the DV total score originality also show a not linear relationship for the IV
intrinsic motives, and also not linear relationship for the 1V extrinsic motives.

Scatterplot for linearity for the IV intrinsic motives and for the DV ltstzore feasibility:

Scatter Plot of Total score avererage Feasibility by All items in the intrinsic variable
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Scatterplot for linearity for the IV extrinsic motives and for the DV total score feasibility:

Scatter Plot of Total score avererage Feasibility by All items in the extrinsic variable
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The scatterplots for the DV total score feasibility also show a not linear relationship for the IV
intrinsic motives, and also not linegelationship for the IV extrinsic motives.
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Scatterplot for linearity for the IV intrinsic motives and for the DV total score effectiveness:

Scatter Plot of Total score average Effectiveness by All items in the intrinsic variable
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Scatterplot for linearity for the IV extrinsic motives and for the DV total score effectiveness:

Scatter Plot of Total score average Effectiveness by All items in the extrinsic variable
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The scatterots for the DV total score effectiveness also show a not linear relationship for the
IV intrinsic motives, and also not linear relationship for the 1V extrinsic motives.

Top 1 linearity
Scatterplot for linearity for the IV intrinsic motives and tbe DV Topl_Ave_Creativity:

Scatter Plot of Top 1 average Creativity by All items in the intrinsic variable
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Scatterplot for linearity for the IV extrinsic motives and for the DV Topl_Ave_Creativity:

Scatter Plot of Top 1 average Creativity by All items in the extrinsic variable
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Scatterplot for linearity for the IV intrinsic motives and for the DV Topl_Ave_Originality:

Scatter Plot of Top 1 averege Originality by All items in the intrinsic variable
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Scatterplot for linearity for the IV ésinsic motives and for the DV Topl_Ave_Originality:

Scatter Plot of Top 1 averege Originality by All items in the extrinsic variable
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Scatterplot for linearity for the IV intrinsic motives and for the DV Topl_Ave_Feasibility:
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Scatter Plot of Total score avererage Feasibility by All items in the intrinsic variable
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Scatterplot for linearity for the IV extrinsic motives and for the Ddp1_Ave Feasibility:

Scatter Plot of Total score avererage Feasibility by All items in the extrinsic variable
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Scatterplot for linearity for the IV intrinsic motives and for the DV Topl_ Ave Effectiveness:

Scatter Plot of Top 1 average Effectiveness by All items in the intrinsic variable
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Scatterplot for linearity for the IV extrinsic motives and for the DV Topl_Ave_Effectiveness:
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Scatter Plot of Top 1 average Effectiveness by All items in the extrinsic variable
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The scatterplots for the Top 1 scosasw for all the IV and DV combinations that there is no

linear relationship.

Since ther

Square root for intrinsic motives and Dtalscore_creativity

Scatter Plot of Total score average Creativity by Sqrt_Intrinsic_New
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This still results in aortlinear relationship.

i near

R? Linear = 1,233E-6

r el

at

onshi

P s

The same square root variable is created for Extrmsittves This results in the following

scatterplot for the IV totalscore_creativity:
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Scatter Plot of Total score average Creativity by Sqrt_Extrinsic_New
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This also still resultaia nonlinear relationshipThereforeijt is tested if the data is transformed
into logarithms, if the data is then linear. This is done for the DV totalscore_creativity (since

this is the DV which this research is most interested in:

Scatter Plot of Total score average Creativity by Log_Intrinsic_New
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For Log extrinsic_new ad Totalscore_creativity:

Scatter Plot of Total score average Creativity by Log_Extrinsic_New
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Both still result in enon-linear relationshipThereforet he or i gi nal | VO s
into inverses.

This is again done for the IV intrinsic motive (Inverse_intrinsic_new) and DV
totalscore_creativity:

Scatter Plot of Total score average Creativity by Inverse_Intrinsic_New
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This is again done for the IV extrinsic motive (Inverse_extrinsic_new) and DV
totalscore_creativity:

Scatter Plot of Total score average Creativity by Inverse_Extrinsic_New
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Top 1
The samearansformationsre gerformed for only the top 1 selection, to see if there is a
difference between theseV 6 s .
Square root intrinsic and DV topl_creativity:
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Top 1 average Creativity

Scatter Plot of Top 1 average Creativity by Sqrt_Intrinsic_New
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Square root extrinsic and DV topl_creativity:
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Scatter Plot of Top 1 average Creativity by Sqrt_Extrinsic_New

° ° o ® ° ® ] o 9o o ®
o ° ] ° ] ° ] ] e o o
° ° ° ° e ) )
° ] o ® ° ] e ° e e
° ° o ° ° ® ] e ° o @
° ° o ° ° o ) e o e
® ° e ® ° ° ®
1,00 150 2,00 250 3,00

Sqrt_Extrinsic_New

Logarithm intrinsic and DV topl_creativity:

Top 1 average Creativity
.

Scatter Plot of Top 1 average Creativity by Log_Intrinsic_New
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Logarithm extrinsic and DV topl_creativity:
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Scatter Plot of Top 1 average Creativity by Log_Extrinsic_New
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Inverse intrinsic and DVYopl_creativity:

Scatter Plot of Top 1 average Creativity by Inverse_Intrinsic_New
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Inverse extrinsic and DV topl_creativity:

Scatter Plot of Top 1 average Creativity by Inverse_Extrinsic_New
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The transformations fathe V 6 s

and inverse did not results in a linear relationship with the DV topl_crealfitiyeforejt can
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be concluded that there is no | i neaktrinsie |

motives and between the DV6s Total scor e

Transformationg otal score originality, feasibility, effectiveness

The transformations are also checked for
totalore effectiveness.

IV square root intrinsic motive and DV totalscore_originality:

Scatter Plot of Total score average Originality by Sqrt_Intrinsic_New
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IV square root extrinsic motive and DV totalscore_originality:

Scatter Plot of Total score average Originality by Sqrt_Extrinsic_New
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IV logarithm intrinsic motive and DV totalscore_originality:
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Scatter Plot of Total score average Originality by Log_Intrinsic_New
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IV logarithm extrinsic motive and DYbtalscore_originality:

Scatter Plot of Total score average Originality by Log_Extrinsic_New
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IV inverse intrinsic motive and DV totalscore_originality:

Scatter Plot of Total score average Originality by Inverse_Intrinsic_New
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IV inverse extrinsic motive and DV totalscore_originality:
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Scatter Plot of Total score average Originality by Inverse_Extrinsic_New
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For totalscore_originalitytheta nsf or mati ons of the |1 V&s intr
not result in a linear relationship.

This is also done for totalscore_feasibility.

IV square root intrinsic motive and DV totalscore_feasibility:

Scatter Plot of Total score avererage Feasibility by Sqrt_Intrinsic_New
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IV square root extrinsic motive and Dwtalscore_feasibility:

Scatter Plot of Total score avererage Feasibility by Sqrt_Extrinsic_New
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IV logarithm intrinsic motive and DV totalscore_feasibility:
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Scatter Plot of Total score avererage Feasibility by Log_Intrinsic_New
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IV logarithm extrinsic motive and DV totalscore_feasibility:

Scatter Plot of Total score avererage Feasibility by Log_Extrinsic_New
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IV inverse intrinsic motive and DV totalscore_feasibility:

Scatter Plot of Total score avererage Feasibility by Inverse_Intrinsic_New
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IV inverse extrinsic motive and Diotalscore_feasibility:
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Scatter Plot of Total score avererage Feasibility by Inverse_Extrinsic_New
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For totalscorefeasibilitythet ansf or mati ons of the | V6s intr

not result in a linear relationship.

This is also done for totalscore_effectiveness.

IV square root intrinsic motive and Didtalscore_effectiveness:

Scatter Plot of Total score average Effectiveness by Sqrt_Intrinsic_New
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IV square root extrinsic motive and DV totalscore_effectiveness:

Scatter Plot of Total score average Effectiveness by Sqrt_Extrinsic_New
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IV logarithm intrinsic motive and DV totalscore_effectiveness:

Scatter Plot of Total score average Effectiveness by Log_Intrinsic_New
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IV logarithm extrinsic motive and DV totalscore_effectiveness:

Scatter Plot of Total score average Effectiveness by Log_Extrinsic_New
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IV inverseintrinsic motive and DV totalscore_effectiveness:

Scatter Plot of Total score average Effectiveness by Inverse_Intrinsic_New
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IV inverse extrinsic motive and DV totalscore_effectiveness:
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Scatter Plot of Total score average Effectiveness by Inverse_Extrinsic_New
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For totalscoreeffectivenesshet ansf or mat i ons

also not result in a linear relationship.

of

the | VO6s

Transformations Top 1 originality, feasibility and effectiveness

The transfor mat i

topl_effectiveness.

ons ar e

IV square root intrinsic motive and DV topl_originality:

Scatter Plot of Top 1 averege Originality by Sqrt_Intrinsic_New
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IV square rooextrinsic motive and DV topl_originality:
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Scatter Plot of Top 1 averege Originality by Sqrt_Extrinsic_New
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IV logarithm intrinsic motive and DV topl_originality:

Scatter Plot of Top 1 averege Originality by Log_Intrinsic_New
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IV logarithm extrinsic motive and DV topl_originality:

Scatter Plot of Top 1 averege Originality by Log_Extrinsic_New
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IV inverse intrinsic motive and DV topl_originality:
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Scatter Plot of Top 1 averege Originality by Inverse_Intrinsic_New
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IV inverse extrinsic motive and D¥pl_originality:

Scatter Plot of Top 1 averege Originality by Inverse_Intrinsic_New
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ForDV topl_originalitythet ansf or mati ons of the |1 V3ds intri

not result in a linear relationship. The transformatiaresalso done for topl_feasibility.

IV square root intrinsic motive and Didpl_feasibility:

Scatter Plot of Top 1 average Feasibility by Sqrt_Intrinsic_New
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IV square root extrinsic motive and DV topl_feasibility:
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Scatter Plot of Top 1 average Feasibility by Sqrt_Extrinsic_New

600 ° ° ° ° ° ° o o o o
Ll ° ® @ L] o L L e e L]
° ° ° ° ° ° ° e o o o
H
5 500
i
2 ° ° ° ° ° ° ° ° °
g
g ° L ® ® ° ° ° ° ° e
©
-
g
T
° o ° ° °
° ° ° ° ° ° e e o o °
° ° ° ® ° ° ° s o

1,00 150 2,00 2,50 300

Sqrt_Extrinsic_New
IV logarithm intrinsic motive and DV topl_feasibility:
Scatter Plot of Top 1 average Feasibility by Log_Intrinsic_New
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Little more linear but a R2 of 0,006 and therefore still Hotearenough.

IV logarithm extrinsic motive and DV pi._feasibility:

Scatter Plot of Top 1 average Feasibility by Log_Extrinsic_New
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IV inverse intrinsic motive and DV topl_feasibility:
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Scatter Plot of Top 1 average Feasibility by Inverse_Intrinsic_New
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IV inverse extrinsic motive and DV topl_feasibility:

Scatter Plot of Top 1 average Feasibility by Inverse_Extrinsic_New
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ForDV topl_feasibilityther ansf or mati ons

not result in a linear relationship. The transformatiaresalso done for topl_effectiveness.

IV square root intrinsic motive and DV topl_effectiveness:
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Scatter Plot of Top 1 average Effectiveness by Sqrt_Intrinsic_New
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A slightly linear relationship it a R2 of 0,002 is very low and therefore there is no linear

relationship between the square root of intrinsic motives and topl_effectiveness.

IV square root extrinsic motive and DV topl_effectiveness:
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R2= 0,003 so no linear relationship.

IV logarithm intrinsic motive and DV topl_effectiveness:
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Scatter Plot of Top 1 average Effectiveness by Log_Intrinsic_New
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IV logarithm extrinsic motive and DV topl_effectiveness:

Scatter Plot of Top 1 average Effectiveness by Log_Extrinsic_New
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IV inverse intrinsic motive and DV topl_effectiveness:

Scatter Plot of Top 1 average Effectiveness by Inverse_|ntrinsic_New
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Scatter Plot of Top 1 average Effectiveness by Inverse_Extrinsic_New
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ForDV topl_effectivenesthet ansf or mati ons of the | Vds intr
also not result in a linear relationship.

Polynomials

Now polynomialsare formed to see if this results in linear relationships.

IV intrinsic mo tives, DV totalscore_creativity:

Model Summary and Parameter Estimates

Dependent Variable: Total score average Creativity

Model Summary Parameter Estimates
Equation R Square F dft df2 Sig Constant b1 b2 b3
Linear 000 ,000 1 287 ,990 4,468 ,000
Quadratic 001 214 2 286 807 4,601 -,062 007
Cubic 010 965 3 285 410 4,009 440 -121 010

The independent variable is All items in the intrinsic variable

The R2 of the Linear, Quadratic and Cubic output is very low (0,000; 0,001; 0,010) and not
significant for all either (0,990; 0,807; 0,410), since the value should be below 0,05 to be
significant. This also concludes ththere is no linearity for the IV intrinsic motives with the

DV totalscore_creativity.

IV Extrinsic motives, DV totalscore_creativity:

Model Summary and Parameter Estimates

DependentVariable: Total score average Creativity

Model Summary Parameter Estimates
Equation R Square F df dr2 Sig Constant b1 b2 b3
Linear ,006 1,651 1 287 ,200 4,520 -016
Quadratic 012 1,696 2 286 185 4412 059 -,011
Cubic 013 1,276 3 285 283 4524 -,067 ,030 -,004

The independent variable is All items in the extrinsic variable

The R2 of the Linear, Quadratic and Cubic output is very low (0,006; 0,012; 0,013) and not
significant for alleither (0,200; 0,185; 0,283), since the value should be below 0,05 to be

significant. This also concludes that there is no linearity for the IV extrinsic motives with the

DV totalscore_creativity.
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IV intrinsic mo tives, DV totalscore originality :

Model Summary and Parameter Estimates

DependentVariable: Total score average Originality

Mode| Summary Parameter Estimates
Equation R Square F dft a2 Sig Constant b1 b2 b3
Linear 001 1293 1 287 589 4,086 -,022
Quadratic 009 1,274 2 286 1281 4,836 372 039
Cubic 021 2,045 3 285 108 3,097 1,104 -337 030

The independentvariable is All items in the intrinsic variable

The R2 of the Linear, Quadratic and Cubic output is very low (0,001; 0,009; 0,021) and not
significant for all either (0,589; 0,281; 0,108), since the value should be below 0,05 to be
significant. This also concludes that there is no linearity for theivnsic motives with the

DV totalscoreoriginality.

IV extrinsic motives, DV totalscore originality :

Model Summary and Parameter Estimates

DependentVariable: Total score average Originality

Model Summary Parameter Estimates
Equation R Square F df df2 Sig Constant b1 b2 b3
Linear 007 1,936 1 287 165 4116 -,043
Quadratic 012 1,702 2 286 184 3873 126 -,025
Cubic 022 2,092 3 285 101 4569 - 657 228 -,024

The independent variable is All items in the extrinsic variable.

The R2 of the Linear, Quadratic and Cubic output is very low (0,007; 0,012; 0,022) and not
significant for all either (0,165; 0,184; 0,10kince the value should be below 0,05 to be
significant. This also concludes that there is no linearity for the IV extrinsic motives with the
DV totalscore_originality.

IV intrinsic mo tives, DV totalscore feasibility:

Model Summary and Parameter Estimates
Dependent Variable: Total score avererage Feasibility

Model Summary Parameter Estimates
Equation R Square F dft df2 Sig Constant b1 b2 b3
Linear 001 ,200 1 287 655 4,834 016
Quadratic 010 1,387 2 286 249 4120 350 -,037
Cubic 019 1873 3 285 134 5,491 -814 ,259 -.023

The independentvariable is All items in the intrinsic variable.

The R2 of the LinearQuadratic and Cubic output is very low (0,001; 0,010; 0,019) and not
significant for all either (0,655; 0,249; 0,134), since the value should be below 0,05 to be
significant. This also concludes that there is no linearity for thmiNhsic motives withthe

DV totalscore_feasibility.

IV extrinsic motives, DV totalscore feasibility:
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Model Summary and Parameter Estimates

Dependent Variable: Total score avererage Feasibility

Model Summary Parameter Estimates
Equation R Square F dft df2 Sig Constant b1 b2 b3
Linear ,006 1,596 1 287 ,208 4,802 035
Quadratic ,007 1,057 2 286 349 4,931 -,055 013
Cubic 016 1,579 3 285 195 4,338 613 -,202 021

The independent variable is All items in the extrinsic variable

The R2 of the Linear, Quadratic and Cubic output is very low (0,006; 0,007; 0,016) and not
significant for all either (0,208; 0,349; 0,195), since the value should be iB0Bvto be

significant. This also concludes that there is no linearity for the IV extrinsic motives with the
DV totalscore_feasibility.

IV intrinsic mo tives, DV totalscore effectiveness

Model Summary and Parameter Estimates

DependentVariable: Total score average Effectiveness

Model Summary Parameter Estimates
Equation R Square F df dr2 Sig Constant b1 b2 b3
Linear 001 169 1 287 681 4555 018
Quadratic 013 1,904 2 286 151 3,539 492 -,052
Cubic 022 2177 3 285 091 5155 -879 ,296 -027

The independent variable is All items in the intrinsic variable.

The R2 of the Linear, Quadratic and Cubic output is very(@@01; 0,013; 0,022) and not
significant for all either (0,681; 0,151; 0,091), since the value should be below 0,05 to be

significant. This also concludes that there is no linearity for thamiNvhsic motives with the
DV totalscore effectiveness.

IV extrinsic motives, DV totalscore_effectiveness

Model Summary and Parameter Estimates

Dependent Variable: Total score average Effectiveness

Model Summary Parameter Estimates
Equation R Square F an df2 Sig Constant b1 b2 b3
Linear 005 1,381 1 287 241 4519 039
Quadratic 008 1,097 2 286 335 4712 -,096 020
Cubic 013 1,272 3 285 284 4150 537 -184 020

The independent variable is All items in the extrinsic variable.

The R2 of the Linear, Quadratic and Cubic output is very low (0,005; 0,008; 0,013) and not
significant for all either (0,241; 0,335; 0,284&ince the value should be below 0,05 to be
significant. This also concludes that there is no linearity for the IV intrinsic motives with the
DV totalscore_effectiveness.
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IV intrinsic mo tives, DVtopl_creativity:

Model Summary and Parameter Estimates
DependentVariable: Top 1 average Creativity

Model Summary Parameter Estimates
Equation R Square F df1 df2 Sig Constant b1 b2 b3
Linear ,000 040 1 287 841 4,483 ,005
Quadratic 008 1,212 2 286 299 4,976 -225 025
Cubic 013 1,266 3 285 286 4,284 362 -124 012

The independent variable is All items in the intrinsic variable.

The R2 of the LinearQuadratic and Cubic output is very low (0,000; 0,008; 0,013) and not
significant for all either (0,841; 0,299; 0,286), since the value should be below 0,05 to be
significant. This also concludes that there is no linearity for the IV intrinsic motivesiveth

DV topl_creativity.

IV extrinsic motives, DVtopl_creativity:

Model Summary and Parameter Estimates

Dependent Variable: Top 1 average Creativity

Model Summary Parameter Estimates
Equation R Square F df df2 Sig Constant b1 b2 b3
Linear ,000 ,054 1 287 816 4,523 -,005
Quadratic 001 079 2 286 924 4,482 024 -,004
Cubic ,001 105 3 285 957 4,376 144 -,043 004

The independent variable is All items in the extrinsic variable.

The R2 of the Linear, Quadratic and Cubic output is very low (0,000; 0,001; 0,001) and not
significant for all either (0,816; 0,924; 0,95%ince the value should be below 0,05 to be
significant. This also concludes that there is no linearity for the IV extrinsic motives with the
DV topl_creativity.

IV intrinsic mo tives, DVtopl originality:

Model Summary and Parameter Estimates
Dependent Variable: Top 1 averege Originality

Model Summary Parameter Estimates
Equation R Square F df1 df2 Sig Constant b1 b2 b3
Linear 001 405 1 287 525 4212 -,039
Quadratic 015 2,233 2 286 109 5,745 -,755 079
Cubic 018 1,717 3 285 164 4572 240 -174 020

The independent variable is All items in the intrinsic variable

The R2 of the Linear, Quadratic and Cubigput is very low (0,001; 0,015; 0,018) and not
significant for all either (0,525; 0,109; 0,164), since the value should be below 0,05 to be
significant. This also concludes that there is no linearity for the IV intrinsic motives with the
DV topl_originaity.

IV extrinsic motives, DVtopl_originality :
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Model Summary and Parameter Estimates
DependentVariable: Top 1 averege Originality

Model Summary Parameter Estimates
Equation R Sguare F dft df2 Sig Constant b1 b2 b3
Linear ,007 1,932 1 287 166 4,228 -,066
Quadratic ,008 1,104 2 286 333 4,065 048 -017
Cubic ,008 749 3 285 524 3,930 ,201 -,066 ,005

The independent variable is All items in the extrinsic variable

The R2 of the Linear, Quadratic and Cubic output is very low (0,007; 0,008; 0,008) and not
significant for all either (0,166; 0,333; 0,524), since the value should be below 0,05 to be
significant. This als concludes that there is no linearity for the 1V extrinsic motives with the
DV topl_originality.

IV intrinsic mo tives, DVtopl_feasibility:

Model Summary and Parameter Estimates

DependentVariahle: Top 1 average Feasibility

Model Summary Parameter Estimates
Equation R Square F dft df2 Sig Constant b1 b2 h3
Linear 004 1,179 1 287 278 4,605 060
Quadratic 014 1,963 2 286 142 3471 589 -,059
Cubic 017 1,657 3 285 176 4,768 =511 21 -,022

The independent variable is All items in the intrinsic variable.

The R2 of the Linear, Quadratic and Cubic output is very low (0,004; 0,014; 0,017) and not
significant for alleither (0,278; 0,142; 0,176), since the value should be below 0,05 to be
significant. This also concludes that there is no linearity for thaiNvhsic motives with the

DV topl_feasibility.

IV extrinsic motives, DVtopl_feasibility:

Model Summary and Parameter Estimates

Dependent Variable: Top 1 average Feasibility

Model Summary Parameter Estimates
Equation R Square F dft df2 Sig Constant b1 h2 b3
Linear 006 1,785 1 287 183 4718 057
Quadratic 007 1,008 2 286 366 4,852 -,037 014
Cubic 007 670 3 285 571 4,843 -,027 010 ,000

The independent variable is All items in the extrinsic variahle.

The R2 of thelinear, Quadratic and Cubic output is very low (0,006; 0,007; 0,007) and not
significant for all either (0,183; 0,366; 0,571), since the value should be below 0,05 to be
significant. This also concludes that there is no linearity for the IV extrinsic esotwth the

DV topl_feasibility.

IV intrinsic mo tives, DVtopl_effectiveness
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Model Summary and Parameter Estimates

DependentVariable: Top 1 average Effectiveness

Model Summary Parameter Estimates
Equation R Square F df df2 Sig Constant b1 b2 h3
Linear 002 A73 1 287 492 4413 042
Quadratic 006 922 2 286 399 3,529 455 -046
Cubic 012 1,112 3 285 344 5,235 -993 322 -,029

The independent variable is All items in the intrinsic variable.

The R2 of the Linear, Quadratic and Cubic output is very low (0,002; 0,006; 0,012) and not
significant for all either (0,492; 0,399; 0,344), since the value should be bed®md be
significant. This also concludes that there is no linearity for the IV intrinsic motives with the
DV topl_effectiveness.

IV extrinsic motives, DVtopl_effectiveness

Model Summary and Parameter Estimates

Dependent Variable: Top 1 average Effectiveness

Model Summary Parameter Estimates
Equation R Square F dft df2 Sig Constant b1 b2 h3
Linear 003 994 1 287 320 4,470 047
Quadratic 006 827 2 286 438 4716 -126 025
Cubic 007 633 3 285 595 4,405 225 -088 011

The independentvariable is All items in the extrinsic variable.

The R2 of the Linear, Quadratic and Cubic output is very low (0,003; 000087) and not
significant for all either (0,320; 0,438; 0,595), since the value should be below 0,05 to be
significant. This also concludes that there is no linearity for the IV extrinsic motives with the

DV topl_effectiveness.

Conclusion linearity

Thereir s no | inear relation found between the I\
t he DVbs (Total score_creativity, Total s
Totalscore_effectiveness, Topl_creativity, Topl_originality, Topl_feasibility,

Topl effectiveness), al so not after transform
inverseand using polynomialsThis entails that there is a nbnear relationship between the

|l V6s and the DV6s. Therefore, inearitcisnot mete ¢ 0 n
within this study.

The other assumptions will now be tested for

Transformati on
Now t he DVO6s wildl

s of t he DVOs
e

b transformed to see if t

Transformations total score (top 3)
The first transformation will be for totalscore_creatity.
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Transformation total score creativity

Scatter Plot of Sqrt_Totalscore_Creativity by All items in the intrinsic variable
R? Linear = 2,657E.7
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Square root of the YDtotalscoe_creativity with the 1V intrinsic motives. No linearity.

Scatter Plot of Sqrt_Totalscore_Creativity by All items in the extrinsic variable

R? Linear = 0,005
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Square root of the YD totalscore_creativity with the IV extrinsic motives. No linearity.

Scatter Plot of LOG_Totalscore_Creativity by All items in the intrinsic variable
R? Linear = 1,002E-7
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Logarithmof the DV totalscore_creativity with the IV intrinsic motives. No linearity.

Scatter Plot of LOG_Totalscore_Creativity by All items in the extrinsic variable
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Logarithmof the DV totalscore_creativity with the IV extrinsic motives. No linearity.

Scatter Plot of Inverse_Totalscore_Creativity by All items in the intrinsic variable
R? Linear = 1 486E-9
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Logarithmof the DV totalscore_creativity with the IV intrinsic motives. Noearity.
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Scatter Plot of Inverse_Totalscore_Creativity by All items in the extrinsic variable

R? Linear = 0,004
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Logarithmof the DV totalscore_creativity with the IV extrinsic motives. R2 = 0,004. No
linearity.

Transformation for DV totalscore_originality

Scatter Plot of Sqrt_Totalscore_Originality by All items in the intrinsic variable
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Square root of the YD totalscore_originality with the IV intrinsic motives. No linearity.
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Square root of the YD totalscore_originality with the 1V extrinsic motives. No linearity.

Logarithmof the DV totalscore_originality with the IV intrinsic motives. No linearity.

Logarithmof the DV totalscore_originality with the 1V extrinsic motives. No linearity.
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