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Preface

In the past] came in contact with several healthcare studies. Therefore, this master thesis fits
perfectlywith my personal interestThemaster specialization Innovation and Entrepreneurship

at the Radboud University was able to prouwde with additional academic knowledge and
insights to developnyselfas a professionaDuring this studyl havelearned to look at the
bigger pictureand not to focus on one specific problérhe product ofhatadditional academic
knowledgeandinsightis this mastertiesis It connectdechnology acceptance, social influence,

and a multiactor perspective wh eachother. Moreover, a new conceptual modehs
developedor technology acceptance. This master thesis is relevant for researchers specialized
in technology acceptantkeeoryand researchers in a healthcare environment. Also, thigmast
thesis is relevant for technology implementation managers in a healthcare environment, and

especially technology implementation managers of Radboudumc.

| would like to thank the Facetalk project group amebbvantFacetalk contacts who
made it possible to writeny thesis about the Facetalk system. Furthermiovguld like to
thank thepersonswho checked the survey diis thesis, and the person who doubbck
translated theuestionnairejuestions. Especially,would like to thank Wouter van Wijhier
his guidance duringy internship at Radboudumc. He made it possible to write this thesis at
Radboudumc. Alsd, would especially thank Robert A.W. Kdér his guidance and support
during my master thesis trajectoryis insights helpedne to keep an eye on all details,

whereforel amnow contehwith my master thesis.

Nijmegen,16th October2017

Brandon Stork
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Abstract

Within organizationakontexts, the topic ofethnology acceptance wagidied many times
already and some might view it as an ouwexssearched area. Although, many things could still
beimproved. A much debated question is whether social influence should be integrated into
tedinology acceptance or not. Previous technology acceptance studies have not dealt with users
and nonrusers in one modelWhere adoption literature already explored a madtor
perspective, much less is known about those effects in technology acceptaaceedy little

is known about bandwagon effegthich are already examined in diffusion theory. This study
attempted to solve the previous mentioned issussmple of = 70caregiveravasusedwho
wereretrievedfrom a Dutch hospital environment. Thesults of this sampleereanalyed

with confirmatory factoranalysis, multiple regressipand logistic regressionThe results
showed somsignificant differences between the intention to use a system and theusetual

of the system Another importanfinding wasthat positive social influence is a condition for
studies which want to research technology acceptance in a hospital environment. Despite
multiple significant correlationfor multi-actor influencesand positive social influenceso
multi-acta effectwas foundn this study These findings suggestthat managers should not
blindly implement an information system but should carefully decide if an information system
is useful in its environment and its functigkiso, managers might focus moos convincing

people with positive social influenceitdend touse the system.
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Executive summary

Radboudumchas gven the internal order to investigatéeen emergent technologies for
implementation in their hospitaDne of those emergent technologiesvigual Care.The
reason for this assignment is the development of the new buildiftigeS2mergent technology
Virtual Care alreadexistsin Radboudumc in the form of Facetalk. The implementation of this
technology sirtedalreadyin 2011 but is currently still in progress due to a heddption of
Facetalk The following research question wiasmulated to implement similar technologies in

the future

A Wat effectdoessocial influence of multiple actotsaveon theusebehavior ofcaregivers

during the adoption of an emergent technol og

In order toanswer thigesearch questiora surveywas distributedo the caregiversvith a
mailing list inthe Facetalk systemfAn error in the mailing liscaused a distribution to the
caregiversand thesupporting staff After the missing data analysis, a valid sample of 70
caregiveravas usedn this study. This sample is representaforethe Facetallpopulationand
careful generalizations mighbe madeto the Radboudumc populatioithe resultswere
analyzd with confirmatory factor analysisyultiple regressiomandlogistic regression

The results of the analysshovedthat social influence of multiplectorshas no effect
on theusebehavior of cargivers duriy the adoption oan emergentechnology However,
positive social influence, perceived usefulnemsgd perceived ease of use are playing an

important role in technology acceptance among caregivers.

These findings suggestthat managermight ensurea reward opunishmeniwhen a
caregiveris using or not sing the system. Bhagers mightreate an environment where
importantreferents of the selectedregiverghink he or she should use the system. However,
they might only exert positive socianfluences whercaregiversintend to use the system.
Managers should ensure an increased status in the social systanegierswho use the
system. Also, managershould not blindly implement an information system but should
carefully decide if an imdrmation system is useful in its environment and its functamally,
Managers should ensure tlategiverswho are selected as potential users of the systane

direct positiveexperiences with similar situations.
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Managementsamenvatting (Dutch)

Radboudumc heeft intern depdracht gegeven om tieapkomendetechnologieénter
implementatievzerder te onderzoeken in het ziekenhuigtual care is één van deze opkomende
technologieénDe aanleiding van deze opdracht is de ontwikkeling van het moderne gebouw
S. Het blijkt dat het Radboudumc al een virtual care technologie in huis heeft in de vorm van
Facetalk. De implemeatie van deze technologiedegonnen in 2011, mak&nt een moeame
implementatiedie nog steedsoortduurt.Om soortgelijke technologieén daarom succesvoller

te laten implementeren, is de volgende onderzoeksvraag opgesteld:

fiWat is het effect van sociale invloed van meerdere actoren op het gebruiksgedrag van

zorgverlaers tijdens de adoptie van een opkomdnéec hnol ogi e? 0

Deonderzoeksvraag is beantwoord door een enquéte uit te zetten in het Facetalk systeem. Door
een fout in de maillijst hebben niet alleen zorgverleners de enquéte gekregen, maar ook
ondersteunende mederkersUiteindelijk is ensample van 70 zorgverleners gebruikt in deze
studie Deze sample is representatief voor de Facetalk populatie en er dient zorgvuldig
gegeneraliseerd te worden naar de totale Radboudumc populaieresultaten zijn
geanalyseer met bevestigende factor analyse, meervoudige regressie, logistieke regressie en

structurele vergelijkingsmodelering.

Uit deze analyses blijkt dat sociale/ioed van meerdere actorgaeneffect heeft op
het gebruiksgedrag van zorgverlenéjdens de doptie van een opkomende technologie.
Verder blijkt positieve sociale invioed, waargenomen bruikbaarhei, waargenomen

gebruiksgemalkeen belangrij& rol te spelen bij technologaeceptatie onder zorgverleners.

Managers zouden daarom bij toekomstige ilementaties van soortgelijke
technologieéreen beloning moeten hanteren wanneer een zorgverlener het systeem gebruikt.
Daarnaast zouden ze een omgeving voor de zorgverleners moeten creéren waarbij iedereen wilt
dat het systeem gebruikt wordt. Het voorgaardient alleen gedaan te worden als de
zorgverlener de intentie heeft om het systeem te gebruiken. Gebruikers van het systeem dienen
een hogere status te krijgen in zijn of haar omgeving. Verder zouden mamagéisid een
technologiemoetenimplementeen, maar eerst selecteren op welke afdelingen de technologie
bruikbaar isen met welke specificatie®Dok zouden zorgverleners met positieve ervaringen

van soortgelijke systemen geselecteerd moeten worden als potentiele gebruikers.
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1 Introduction

Recent evidence suggests that management faces difficulties withdtdption of new
technologies in a hospital environment where caregivees (urses) need to use the
technology.Half of the nursing staffrates the introduction of new technologies negat{de
Veer, Fleuren, Bekkema, & Francke, 201l) the study ofde Veer et al. (2011}he
characteristicperceived relativeadvantageperceived dysfunctional teonology, perceived
ease of use argkrceived relevander the patient aréne most important determinamisactual
use.The results ofle Veer et al(2011)corresponds largely to the widely accepieghnology
Acceptance Model (TAM) obavis, Bagozzi, and Warshaw (1988 the adoption literature.
Adoptionis the decision ofn actor to use an inmationas the best course of action available
(Rodgers, 1995)

Most researchers investigatiagoption(e.g.,Rodges, 1995) focusedmainly on one
homogenougiroup ofadoptersor usersde Veer et al. (2011jollowed a similarapproach and
focusedon ore homogenous group afsersin the form of nursesSuch approaches, however,
failed toaddress the influence of multiple actors in the adoption prolcesssponsege Veer
et al. (2011proadened thescope by takinghto accounthe characteristics of tregganiation
andthe sociepolitical context of therganiation Adoption studieshouldindeedexpandheir
scopeas many innovations mediate the relationships between groups now&iayEe,
Vandenbosch, & Hulland, 2001)

By way of illustration,Plouffe et al. (2001¥tudied themultiple groupadoption of a
new smarcard based electronic payment system. This innovati@s only becoming
successful if consumers and retailemuld adopt the new technologyhe payment systers
of little use f consumers want tadopt but retailers do not offer the new electronic{sggtem
and the other way around if retailers offer the new sydbehtonsumers do not want to adopt
it (Plouffe et al., 2001)The studyof Plouffe et al. (2001also demonstrated thgtoups differ
in adoptionbehavior Consumergated voluntariness more important as antecedent while
participating merchants rated visibjlias most importantréecedentin a similar casen a
hospital environmenSingh, Cuttler, and Silvers (200undadoption processes which need
multiple groupsto adopt. Foinstancea patientdoes not only neetb accept a new treatment
or a new medicine, but it should also be embracee lgy doctors and insurance companies
(Singh et al.2004) This argumentation seems true as resultdeaisionmaking processes

rarelyareattributedto onehomogerousparty(Sine & Lee, 2009)
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New technologies in a hospital environmemght be adopted earlieif a stakeholder
perspectives usedn adoption studie®.g, howstakeholdersfluence each othé€Hillebrand,
Driessen, & Kok, 2010)St akehol der s iadivielualsg groupsn &ad others “
organizations who have an interest in the actions of an organization and who have the ability to
influence it (Savage, Nix, Whitehead, & Blair, 1991, p. 6A&) stakeholdemerspective is
alreadyseenin social network theorigsuchas(Rowley, 1997)whereinteractionsare studied
This means thaif one translate a stakeholder perspective to an adoption perspective, the
influence of one user group on another potential user greupser bandwagofLanzolla &

Suarez, 2012)or bandwagoneffed could be studied durindechnology introductions.
Bandwagoreffecs arediffusion processewhereby individuals adopt innovations as a result

of external pressure in the form péoplewho already adopted or considadoption of the
technology(Tolbert & Zucker, 1983)This bandwagon effect should be studied in combination
with a form of social influenceSo c i a | i nf | uteeexteat torwhich snambers of &
reference group influence one another's behavior and experience social pressure to perform
particular behaviofs(Kulviwat, Bruner, & AFShuridah, 2009, p. 707)n this way, a multk

actor perspectiveould beintegrated ito technology acceptance

Although, research has been carried out on bandwagon effects and rgutiygbeadoption, no
single study exists whicmvestigatedhe social influence ofmultiple actorson users in the
adoption processAs is explained in Section 1.2Zhis study was cafucted in a hospital
environmentTheresearch objective is to investigdkehaviors of caregiveris theadopton of

an emerging teclatogy in a hospitaknvironment Theresearch question is as follswwhat
effectdoessocial influenceof multiple actorshaveon theusebehavior ofcaregiversiuringthe
adopton of an emergent technologyhe research objective and question of this study lead to
insights in the improvements ffture implementationsf emergingechnologiesn a hospital

environment

This thesis has been conducted at fRadboud University Medical Centre Nijmegen
(Radboudumc). Hencehe problemstatements relevant tahe RadboudumcThetechnology

innovation teamof Radboudumcselected ten technologies which are interesting for
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implementationn theirorganization Thoseechnologiesreseen agmergent andre expected
to impact the healitare system that murrentlydelivered byRadboudumc

One of tle selected tetechnol@gies and at the same time the technology studied in this
researchjs virtual care This technology groupepresents a composite t&chnol@ies and
processes used in providing clinical care for an individual who is not in the physical presence
of a clinician (Burton & Walker, 2015) Think of technologiessuch asmobile health
monitoring, evisits, and enterprise virtual care platfor@@enes Handler, 2016)With virtual
care patients can arrangauchbusiness at homémplementation and use dfi$ technology
will have an enormousmpacton buildings, datastrategythe behaviorof the employeg and
thebehavio of the patierg of Radboudumc

Virtual carewasalreadyintroducedn 2011 as a pilot version and officially launched in
2015under the name of Facetalk the outpatientlinics of several departmentike Internal
Medicine (IM) and Oral and Maxillofacial 8rgery (OMS) of Radboudumc Nevertheless,
implementation is difficult due tthe resistanceof the caregivers Departmentsare ableto
decidevoluntarilyif they want to use Facetalk or n&tg., between 2011 and 20i4&tual care
was introducedat the Endoscopy Centre Bladboudumchut caragivers did not adopt the
technology.

Radboudumc is one of the leading hospitals in the Netherlands and Facetafkaala ty
information system. This means thia¢ results of this specific case should be generalizable to
the introduction of information system based innovations in healthcare environments. However,
as the sample in this study is not representdtivéhe healthcare environmemnly careful

generalizations coulde made (see alsausection 3.2.2).

With the results of this studgchnology implementatiomanagersnight influence the way
caregivers acceptirtual careand similar emergent technologidhis might resultin more
successfuimplementations ofimilar emergingechnologiesn hospital environmest
Specifically forRadboudumgvirtual careshould bemplemented in the nelay future.
They already tried to implement virtual care in the form of Facetdlis specific technology
has multiple groups asusers e.g, nurses and patientsi(rseshave to learn a new way of
consulting and patiens do not have togo to the hospitalanymorg. Currently the

implementation ofFacetalkis hard With the results of this studynanagers oRadboudumc
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understandchow they couldimplementFacetalkand other relevant technologiesth new

insights of the influence afurseson patients.

This researclkelaboratd onthe findings ofde Veer et al. (2011y providing rew insights into
thesocial influences during the technolaggceptancen a hospital environmenin accordance
with findings of studies imelatedtheories(e.g., Hillebrand et al., 2010; Plouffe et al., 2Q01)
the findings of this study should make an important contributiothe field of technology
acceptancby combininga multiactor perspective with social influencegst, manyadoption
studies focused only on one homogeneous group of actossstlidy elaboratkon thefindings
of Plouffe et al. (2001fhat adoption studies should take iattcounimultiple groups Second,
Hillebrand et al. (2010prgued that it is important to study haliferent stakeholder groups
influence each otheirhird, the diffusion literature already took social network elements and
especially bandwagon effects into account. This study transfers thevdigord effect to an
individual level.

The present study fills a gap in the literature by integratingubi-actor perspective
with technology acceptandkeory. Thiscreats a new dimensiomamely,the social influence
of heterogeneougroupson actorsin thetechnology acceptang@ocessin this dimension a
contribution is madéyy investigating the influence ahultiple-actors on caregiver§.e.,
doctors and nurses).

Elaborating on technology acceptance theory, the resulte ofeer et al(2011)
corresponds largely to the widely accepiethnology Acceptance Model (TAM) &favis et
al. (1989)in the adoptin literature Within organizational contexts, the topic eichnology
acceptance is studied matiyes alreadyand some might view it as an ovwexssearched area
(Venkatesh, Thong, & Xu, 2012} his studyfound a way taontribute by exterding the TAM
modelwith aspects othe extended TAM(Venkatesh & Davis, 2000 heory of Reasoned
Action (TRA) (Fishbein & Ajzen, 1975heTheory of Planned Behavior (TPBjjzen,1991)
the Unified Theoy of User Acceptance Technolo@yenkatesh, Morris, Davis, & Davis, 2003)
and the extended version OTUAT (Venkatesh et al., 2012)y includinga form ofsocial
influenceto measure thinfluenceof heterogeneous groups caregiversAlso, this research
revolutionaryexaminedhe intention to useusuallythe predictor ofisebehavior in technology
acceptanceindependentlyof the actual use of the systeffhis separationled to a new
conceptual model with two dependent variables.
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The overall structure of this master thesis takes the form of five chaplexster 2oresentsa
theoreticalframework where the literature revielw combinedwith the justification of the
conceptuaframework.Hypothesesire integrated to this chapterChapter 3s concerned with

the method sectiowhere theresearch methodjata collectionpperationalizationand data
analyss is justified. Chapter 4analysesthe results of this studySpecifically, descriptive
statisticsand correlations, and the results of the multiple anabysediscussenh this chapter.
Chapter 5pregnts the conclusion and discussion which includes limitations and further
research, theoretical implications and mamiadyénplications. he corresponding appendices
canbefoundon Page60 andfurther.
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2 Theoretical framework

This chapter presents the conceptual model wisidtasedon theoretical concept&irst, In
Section 2.Janoverview of the theorgan be foundSection 2.2 justifies Use Behavior, Section
2.3 justifies Intention to Use, Section 2¥plains Perceived Usdhess and Perceived Ease of

Use and Section 2.5 justifies Social influence with a mattior perspective.

This research considersocial influence of multiple actors aa significant mearing in
technology acceptanae order togain technology userganizatioawide. Thisis in line with
bandwagon effest from social network theory whicassumes thaan individualadops a
technologyas a result of external pressure frpersors who alreadyadoptedthe technology
(Tolbert & Zucker, 1983)Adoption is the decision of an actor to use an innovatihe best
course of action availab(®&odgers, 1995)

Adoption literature includes several models sesTAM (Davis et al., 1989)TAM2
(Venkatesh & Davis, 2000UTUAT (Venkatesh et al., 2003nd Rogers a nt eictked ent s
Innovation Diffusion Theory (IDT{Rodgers, 1995Behavior theory is important in adoption
asi.e, TAM is basedn behavior theory. Breover, the use @systemis an actual behavior.
Behavior theoryincludes several models suels the Theory of Reasoned chon (TRA)
(Fishbein & Ajzen, 1975and Theory of Planned Behavior (TPEAjzen, 1991) Behavior
models explaimuman behaviofAjzen & Fishbein, 198Qandadoption modelaccountmore
specificallyfor the use ohisystem

TAM is used in this studgs it is originally developed for information systeutitiz ed
in a work environmentDavis et al., 1989)Adoption studies as IDT focus on consunwvensch
is not in line with the scope of this studyAM is oneof the widely used models &xplain the
adoption process witlunctional and extrinsic motivation driveiisee, Cheing, & Chen, 2005)
Research has shown that the independent variables of TAM explain a significant percentage of
the adoption o system(Tornatzky & Klein, 1982which justifies the usage GiAM in this
study. Recent technology acceptance studissdTAM in the healthcaresector(Kuo, Liu, &
Ma, 2013; Sezgin & Ozkalildirim, 2016) which again justifies the use of TAM in this study.

Severalstudies argued to combine TAM with behavior mod@llam et al., 2014;
Kulviwat et al., 2009) s (Davis et al., 1989)id notfind a significant effectto incorporate

social factors into the modeHowever, Davis et al. (1989yecommendedesearcherso
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investigate the impact ofosial influences on usbkbehavior The implementation of social
influence in the model seems important as the social context can change the perception of
physical objects (Robertson, 1989)Eventually, studiege.g., Venkatesh & Davis, 2000;
Venkatesh et al., 2003hcorporaté social factors Like the latter technology accephce
studies this study incorporatesbcial factors. Tis study intentionally refers to TAM and not

to respectivelyTAM2 or UTUAT. The latterdeveloped a unified theory for technology
acceptance based on eight leading modéRA, TAM, TPB, IDT, the motivational model, a
model combining TAM and TPB, the model of PC utilization, and the social cognitive theory
— (Carter, 2008)Despite this unified theory, weak relationships between most consireiets
found by a metanalysis offaiwo and Downe (2013YAM2 incorporatedgeven new variables
based on social influence processes amghitive instrumental processes. The seven new
variablesmainly influence Perceived Usefulneskich is not the aim in this wy. To only
incorporate social factoraspects oTRA and TH areusedto investigate the impact of social
influence on the use of technologiédevious research has shown thaiM studies with
aspets of TRA and TPB weralready successfullyonductedn earlier Healthcare Information
Technology (HIT) studiegHolden & Karsh, 2010)The conceptual model of this study is

shown inFigure 1.
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Behavior is of interest in many theoriesd, adoption theory,echnology acceptance theory
and kehavior theorybut peculiar enough a nanrcular definition is lackingProbably as a
resultof the predicting functioof behavior researcistudies in thos¢heoriesmention thathe
definition can be described asform ofactual behavio(e.g., Ajzen, 1991; Davis et al., 1989;
Fishbein & Ajzen, 1975; Venkatesh et al., 200%)cording toFishbein and Ajzen (1975) in
TRA, obeeh’asvi or i s a intentiondotengage in thé belvavidyzZers (1991)
exterdedthis definitionin TPB:  “ p e r f @ bemnavinig agoinbfdinction ofntentions and
perceived behavioral contfolAjzen, 1991, p. 185According toAjzen (1991) this extension
was necessary because TRA had limitations in dealing with behaviors over which people had
incomplete voluntary contto
Looking into technology acceptance literatuf&M is basednthe principles of TRA
(Abu-Dalbouh, 2013)Studies of TAM has edtéished that intention to usettseonly predictor
of usebehaviorwhich is the samein TRAWVher e TRA was “designed to
human b éAren&iFishbein, 1980, p. 4TAM is more specifically designed to explain
information systemusage behavigqDavis et al., 1989)Thelatterbehavioris a specified form
of a per son’ behgier(Ddvis et ala 108 ccarding toDavis et al. {989)
the behawr can be defined as actual uBeurteen years latevenkatesh et al. (2003rgued
that there was a need for synthesis in response to the many models explaining technology
acceptance. As a result, UTAUT was proposed. UTAUA umifiedtheory largely based on
the principles ofTAM (Venkatesh et al., 2003nd defined the behavioa s : “actual u
b e h a Wenkatesh et al., 2003, p. 430ne of the greatest challenges was to make UTAUT
applicable across contexts. In ortiemake the model more robust across cont&dsekatesh
et al. (2003)made a distinction betweemluntary use and mandatory use. In an extension of
Venkatesh et al. (201#)is distinction was removed again to make it applicidnieoluntary
behavior. The latter form is used in this study to comply with the scope of this study.
Traditionally, it has been argued thhitention to Use predistUse Behaviorin
technology acceptange.g.,Davis et al.1989; Sezgin & OzkaiYildirim, 2016; Venkatesh &
Davis, 2000; Venkatesh et al., 200@ne study bywenkatesh et al. (2012jseda UTUAT
variant in which theyactually measuredsebehavior. More specificallthey measured the
frequencyand varietyof the actual usef the systemand the intention to continue to use the
technology in the futurdn the UTUAT variantof 2012 behavior is defi
u s événkatesh et al., 2012, p. 15A) key issue in UTAUT by Venkatesh et al. (2012) is the
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excluding ofnontusers.This studyusesa similar approactas Venkatesh et al. (201But
includes if usersalready usehe g/stem, if users have stoppading the system, and if users
want to use the system in the futulre.other words, this study includes users and-ussrs.
Unlike former studies, this study defined Use Behasgactuallyoperating or not operating
the system.

As explained, one major issue in technology acceptance research concerned the
predictive nature of technology acceptance. In response, this research provides new insights
into technology acceptance where actual use is measured. Thisustizayl the intention to
usethe systermot & a predictor of Use Beavior but as arautonomous dependewariable.
Intention to use theystem in theture can be arautonomous dependewdriable because
intention to use the system in the futwié not predict if an employestopped using the system
or currently ussthe system. Thus, unlike formgtudiesthe independent variables are directly

connected witltuse Behavioin this study.

Intentiont o Use determines an i ndi vi dnuthteheardutupeer f or
(Davis et al., 1989)As mentioned in Sation 2.2, Intentiorto Use is traditionally used as a

predictor for Use Behavior in technology acceptance. There is a consensus among scientists in
technology acceptance theory and behatheory aboutthe definition ofintentionto Use.

Ajzen (1991) hadbehavioal intentiors asthe only precursorfor behaviorin TPB and definal

it as “indications of how hard people are willing to figdhow much of an effort they are
planning to exert, i n (Azen,dledd p. 18t) AlpoeFislibeimamd t h e b
Ajzen (1975)usedbehavia intentiors asthe only precursorfor behaviorin TRA and ugdthe

same definition ag TPB (Ajzen, 1991) In fact, TPB is an extension of TRAhe difference

between the two theories is in the function of behavioral intentionI.RA, behavioral

intentions i s a f u n cpersomain naiure amdwhe otlicereflectingpi n a n t
soci al (Ajzdn I& &ighbem 1980, p. 6)n contrast, in TPB behavioral intentions can
be predictedfrom attitudes towards the behavior, subjective norms and perceived behavioral
c o n t(Ajzenh, 1991, p. 179)
Similarly, Davis et al (1989)usedthe construct behavioral intentions of TRA with the
same definitiorin TAM (Davis et al., 1989but named the construct behavioral intention to
use In contrast to TRA and TPB, batioral intentiontouses® det er mi ned by t he

attitude toward wusing t he (Davig ®ttat,M98% pP.dd85p er c e i
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However, compared to behavior literatubgvis et al. (1989jound no proof taadd attitude
into the modelThis is elaboratedn Section 2.4As a result behavioral intention to use

determined by perceived usefulness and perceived ease (@fawse et al., 1989)Behavioral
intentionss used agaim UTUAT as behavioral intentiofyenkatesh et al., 2008)ich shows
the consensus in technology acceptance literature. In consensus with the sfedikaiésh
and Davis 2000) this studynamed the construct Intention to Use as logicallybgsleavior is
‘usé Moreover, in this way the definition is namircular. This studydefined Intentionto Use

as:“ i n d isofahbw hanml people are willing to try and how much of an effort they are
planning to exertn ordertop e r f or m t liAfzenp1891,5Vv1B1y r ”

A great deal of previous research (e.g., TRA, TPB, TAMMZ2, and UTUAT) has
focused ora form ofbehavigal intentiors asthe major determinardf actualbehavio. Using
this approach, metanalyses in several behavioral domains fountentionbehavior
correlations of 0.47Armitage & Conner, 2001; Notani, 199&).45(Randall & Wolff, 1994)
0.53 (Sheeran, 2002)and 0.53(Sheppard, Hartwick, & Warshawil988) As explained in
Section 2.2,this study folloved a different approachThe intentionbehavior relationis
separatedb include nonrusersstopped users of the systeand current users of the systdm.

this form, the modekan e.g, compare the results for Intention to Use with Use Behavior.

The existing literature otechnology acceptands extensive andises Perceived Wefulness
andPerceived Ease of Ussindependent variable¥he independent variableseantecedelst
for Intention to UseThe vast majority of studies on technology acceptaletme Perceived
Usefulnesss “t he extent people believe (Davis,wi | |
1989, p. 320)TheydefinePerceived Ease of Usesthe‘degrea person believes that using a
particular system would be free of effofDavis, 1989p. 320) As noted by Davis et al. (1989),
Perceived Usefulness aRérceived Ease of Useere precursorsf attitudein the development
stage ofTAM. Attitude was eventuallyemovedas the construainly partially mediated the
effects to Intention to Ug®avis et al., 1989Morerecentstudiesstill acknowledgderceived
Usefulness andPerceived Ease of Uses precursors forrtention toUse (e.g., AtGahtani,
2016; Persico, Manca, & Pozzi, 2014; Yang, Cai, Zhou, & Zhou, 2005)

Unlike most literature on technology acceptand¢enkatesh et al. (2003)sed the
construct Performance Expectancy instead of Perceived Usefulness and the construct Effort
Expectancy instead of Perceived Ease of Begformance Expectantybased on Perceived
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Usefulness andimilar constructs obthersimilar models(seealso Section 2.1(Venkatesh et
al., 2003) Venkatesh et al. (2008efined Performance Expectari@s the degree to which an
i ndividual believes that using the system wi
(Venkatesh et al., 2003, p. 44Bimilarly, Effort Expectancy is based ¢terceived Ease of
Useand similar constructs of other similar models (aB=® Section 2)1(Venkatesh et al.,
2003) Venkatesh et al2Q03)defined Effort Expectancyas t he degree of eas
the use of the systénfVenkatesh et al., 2003, p. 45Q)nsidering this evidence, it seems that
UTUAT combined several models alapically needed to transform similar construfds
Perceived Usefulness aRérceived Ease of Usethe new constructs Performance Expectancy
and Effort Expectacy.
In the same veinadoption studiese.g, the Innovation Diffusion Theory (IDT)
developed byrodgers (1995)seal substitutevariables for Perceived UsefulnessdPerceived
Ease of UsdAgarwal & Prasad, 1997)The substitute variablessedin IDT are relative
advantage andomplexity.Both TAM and IDT arecomplementaryso theyare combinedn
several studiee.g., Alam et al., 2014; Carter & Bélanger, 200%)ough,adoption studies ar
developed to study consumers and not users in a work enviranment
The objectiveof thisresearch is tinvestigate behaviors of caregivers in gdoption
of an emerging technology in a hospi@tvironmentas mentioned in Section 1.The
antecedents of Intention to Use in TAdWeusedin this studyasTAM is developedor users
of information systems and, as saidSection2.1, proved itself in HIT studiesPerceived
Usefulnesss in this study defined s : “t he extent people believe
] ob Db(avig, O8I, p. 320Perceived Ease of Usein this study defined s : “t he deg
a person believes that wusing @avsde8op X201 ar sy
According toVenkatesh and Davi2Q00) Perceived Usefulness determined by
subjective norm, image, job relevance, output quadihd result demonstrability. Subjective
normis further explainedn Section 2.5Imageis the status of someone in a social system
(Moore & Benbasat, 1991Job relevance is the perception of someone if the sygiphesto
the person itgob (Venkatesh & Davis, 2000PDutput qualityis explainedasfor how well the
system performs its task¥enkatesh & Davis, 2000Finally, result demonstrability is the
“tangibility of the r(MosreadBeshasatfloon, 9.i208g t he i nn
Venkatesh and Davis (199@pint out thatPerceied Ease of Use is determined by
computer sekefficacy andobjectiveusability. Computer sekéfficacy exists out ofhe person

its own direct experiences in similar situations and the observed performance of a similar task
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by someone elsg@/enkatesh & Davis, 1996Dbjective usability is how well the system albow
someone to perform his or her tg$enkatesh & Davis, 1996)

Together, these studies indicate that Perceived Usefulness and Perceived Ease of Use
can be used as antecedents for Intention toitusechnology acceptanc@ metaanalysis of
88 studies with more than 12.000 observatsupporsthis fact(King & He, 2006) This meta
analysisgave a correlation of 0.59 for thdired positive relationship between Perceived
Usefuness andntention to Us€King & He, 2006) The metaanalysis of King and He (2006)
also gave a correlation 6f43 for thedirect positiverelationshipbetweenPerceived Ease of
UseandIntention to UseAccording toKing andHe (2006) the direct effect of Perceived Ease
of Use is onlyimportantwhen the system is an internet applicationaddition the study of
King and He (2006yave a positive relationship between Perceived Ease of Use and Perceived
Usefulness with a correlation of 0.4Bhis relationship is not directly related to the dependent
variables but it is still of relative importance for the whole model. Thereforeekagonship

between Perceived Ease of Use and Perceived Usefulness is taken into account.

Hypothesis 1 Perceived usefulness has a positive direct effect on intention to
use

Hypothesis 2. Perceived ease of use has a positive direct effeicttention to
use

Hypothesis 3. Perceived ease of use has a positive direct effect on perceived
usefulness

As mentionedin Section 2.1and Section 2.2, the intentiorbehavior relation is
separated. In the sense of time it would be illogical when the intention to use theiayttem
near futurgredicts the current usage of a user or-user. In this way aewconceptual model
based onTAM is testedas Use Behaviorand Intention to Useare autonomous dependent
variablesOverall, there is evidence poedictthat Perceived Usefulness aPerceived Ease of

Usehave a positive direct effect on Use Behavior.

Radboud University % Radboudumc

NS



14

Hypothesis 4 The more usefulnessperceivedthe more probable the system
IS used

Hypothesis 5 The morezase of usis perceivedthe moregprobablethe system
is used

A much debated question is whethsscial influences should be takemo accountin
technology acceptanc@.g., Igbaria, Zinatelli, Cragg, & Cavaye, 1997; Riemenschneider,
Harrison, & Mykytyn, 2003; RobinsomMarshall, & Stamps, 2009r not(e.g., Chau & Hu,
2002; Lau, Yen, & Chau, 2001; Lewis, Agarwal, & Sambamurthy, 2003; Roberts & Henderson,
2000) The adoption ofacial influencesnto technology acceptaneas already discussed with
the very existence of TAMDavis et al. (1989fecommendd further research to study the
possibilities to add social norm into thdel. The recommendation Davis et al. (198%vas
made because thégund nosupport to adé form of social influencento the modelwhile it
was basedn TRA To date, a growing bodof literature argues to adopt social influences into
technology acceptan¢8chepers & Wetzels, 20Q7)

Almost 4 years ago, Fishbein and Ajzen (1975) formulated #RA theory which is
the start of theocial influensaliscussion in technology acceptance. Fishbein and Ajzen (1975)
used subjectivenormifRAand def i pedsoh’ saspar peepgletwhomare t hat
important to him think he should or should not perform the behavior in quegki@mhbein &
Ajzen, 1975, p. 302)n 1989,Davis et al. (1989published their TAM model based on TRA
without a form of subjective norm. Two years lat&jzen (1991)extended TRAwith TPB.
Ajzen (1991) used social norm again in TPB but used another aefimiccording toAjzen
(1991) s u b j e ct irefers torthe penceived social pressure to perform or not to perform
t he b e(Ajzen, L99T, g. 188Eventually, in 2000, Venkatesh and Davis (2000) extended
TAM with TAM2 and addedsubjective normto the modelto measure social influences
(Venkatesh & Davis, 2000pubjective normin TAM2 was retrieved from TRA as thisadel
was the foundation for TAMn 2003,UTUAT was published,rad againtook into accouna
form of social influencgVenkatesh et al., 2003Yenkatesh et al. (2008)amed the construct
social influenceand definedies “t he degree to which an indi
ot hers believe he or s(\Veekatesiheai al.] 2003, ps49d8Retehte n e w

evidence suggests to name the construct social influence and not social norm (Kulviwat et. al,
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2009; Venkatesh et al., 201Zonsidering all of this evidenci,seems that social influence
should be adopted into technology accepéa

This study attempts tadd a multiactor perspectivimto technology acceptanck great
deal of previous research has not focussed on a social influence definition which takes into
account a multactor perspective. One study Kulviwat et al. (2009xeems to have a more
fitting definition. Kulviwat et al. (2009) dei ned s oc i athe extant fowkiadhce as
members of a reference group influence one another's behavior and experience social pressure
to perform particular behavidrgKulviwat et al., 2009, p. 707Thereforethis researchamel
the construct Social Influence addfinal it as:“the extent to which membeaos a reference
group influence one another's behavior and experience social pressure to perform particular
behaviors (Kulviwat et al., 2009, p. 707)

Social Influence existsut of three components, namely compliance, identification, and
internalization (Kulviwat et al., 2009; Venkatesh & Davis, 200@Jompliance exists in
mandatory s e tindividug percenesthat aasocial*actor watite persono
perform a specific b éasaheabilitytgewadtht behdureorpsnisic i al a

nonbehaviof (Venkatesh & Davis, 2000, p. 188phternalizationis the processvh e n one
perceives that an important referent thinks one should use ansyste incorporates the
referent’ s bel i ef structnrg ¢vVenkategh’ & Dawsw 2000,bpe 1189 f
Identificationis referent power which cdme achievedia processes such as social exchange,
coalition formation, and resource allocatidMenkatesh & Davis, 2000)

Most research investigating behavior theory has utilised attitude as a mediator between
social nfluences and behavioral intentions. In behavior theiijide has a strong significant
effect on behavioral intention®agozzi, Baumgartner, & Yi, 1992; Sheppard et al., 1988)
Attitude is in TRA an i ndi wnofgafarings partiouki t i v e
behavior(Fishbein & Ajzen, 1975)In technology acceptance literature, howewadtitude is
not recognized as an important variable as it only partially mediated the effects of Perceived
Usefulness and Perceived Ease to Use to IntentidJse (Davis et al., 1989)hat is why
socialnorm has airect positive effect orntention to Usen TAM2 (Venkatesh & Davis,
2000) A relatively small body of literature on technology acceptance followed a more
behavioral theory approach aadded attudein the conceptual modelhen a form ofocial
influencewas incorporatedSchepers & Wetzels, 200Recent developments in the fieddl
technology acceptance argued to follow the example of Venkatesh and Davis (2000) and added
Social Influence into their model without the mediator attitdenkatesh et al., 2003;
Venkatesh et al., 2012)
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Overall the evidence presented in this paragraph suggests that the mediator attitude
should not be adopted in technology acceptance maddlSocial Influence should be adopted
in technology acceptance modefs metaanalysis of 63 studiegave apositive direct effect
betweersubjective norm and Intention to Use witb@rehtion of0.42(Schepers & Wetzels,
2007) Moreover, iINnUTUAT a similarpositive effect was founfbr Social hfluence A meta
analysisof 74 studies confirmedthose findingswith a correlation of 0.4QKhechine, Lakhal,
& Ndjambou, 2016)Thus,in line with earlier studies, the e¢lonship betwee8ocial Influence

andIntention to Useas taken into account

Hypothesis 6 Social influence has a positive direct effectimention to use.

Just as mentiondd Section 2.2 and 2.3, thpedicted effec on Intention to Use also
affect Use Behavior because tife design of this study.herefore,the relationship between

Social Influence and Use Behavior is taken into account in this study.

Hypothesis 7 The more scial influenceis experiencedhe more probable the

systemis used

Considering the evidence presented in this secBooial Influence mighplay amajor
role intechnology acceptancéhemajorrole of Social Influenceseems to be the confirmed by
two other effecs. First, in the metaanalysis ofSchepers and Wetzels (20@7positive direct
effect is found for Social Influence on Perceived Usefulness with a corretdti@d0. This
effectis associal influences and image are determinants of Perceigefliiness (see Section
2.4). Second Scheperand Wetzels (200 Presented a moderation effect@dcial Influence
on Perceived Usefulnesgth an average positive correlation of 0.@&&chepers & Wetzels,
2007) Therefore, the relationship between Social Influence and Perceived Usefulness is taken
into account. Also,a moderation effect of Social Influence on Perceived Usefulness is

hypothesized
Hypothesis 8 Social influencehas a positive direct effect operceived
usefulness.
Hypothesis 9a. Social influence positivelymoderags the effect ofperceived

usefulness on intention to use.
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Hypothesis 9b. Social influence positivelymoderags the effect ofperceived

usefulness onsebehavior.

Social Influence Group Type

One important theme emerge from the introduction of this study: a-aoitr perspectivedn

adoption literature a multiactor perspective is not common as adoption studies mainly

focussed on one actor @takeholder €.g, customer or user). Howeveg multiactor

perspectivas nolongerunknown(Plouffe et al., 2001; Singh et al., 200%his multipleactor

perspectivein adoption literatureis adopted from stakeholder theoryA multi-actor

‘ p er s pisusedn adaption literaturas stakeholder thepdoes not deal with adoption.
Stakeholder theoriakes into account more stakeholder grdutshose groupare not

per se custome(®lena & Chabowski, 2015; Mitchell, Agle, & Wood, 1994)stakeholder is

“any group or individual who can affect or is affected by the achievement of thenargz at i on’

o0 b j e c (tFreemanrs 1984, p. 6Several stakeholder studies argue that stakeholder theory

should move away from a focus on customers tosvardview that acknowledges the

interrelatedness of stakehold€killebrand, Driessen, & Koll, 2015; Reypensgvens, &

Blazevic, 2016; Vargo & Lusch, 2011More and more organizations have stakeholder

networks which are characterized by complex exchange rather than dyadic exchange

(Hillebrand et al., 2015)Dyadic exchange is a more individualistic way where relational

thinking is necessaryHillebrand et al., 2015)Complex exchange is aystenatic way of

thinking where the entire stakeholder structisréakeninto accountHillebrand et al., 2015;

Rowley, 1997)

In stakeholdetheory, alively discussion is going on about stakeholder tri@ise study
reportedinfluence tactic effectiveness of frontline employees across stakeholder groups and
found pressure as thiquitousdriver of performancéPlouffe, Bolander, Cote, & Hochstein,

2016) Also, Influences directed at both internal business teamhexi@rnal businessapgners

havemore effect than influensalirected at the customer group which confirms the use of a
multiple-actor perspectivePlouffe et al. (2016)def i ned pressure as: “
intimidation” (Plouffe et al., 2016, p. 11@®hich is a compliancbased approach

Taken togethr, these studies support the assumpghatinfluence oimultiplereference
groupsin combination with Social influengdays amajorrole incomplex exchange networks
next to thaechnologyaspect®f the adoption of emergent technologies. To incorporate a-multi

actor perspectivén this researchthe moderating variable Social Influence Group Tige
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created There is relatively little known about a muétctor perspective in adoption or, more
specifically, technology acceptance. That is why no fitting definition was found for the
moderating variable Social Influence Group Typbis studydefinad Social Influence Group
Type asthe perceivedpressure of actors ireference groupsn this way, the extent in which
members of reference groups influenwsers is measuredhis might result in a strongear

weakereffect of Social Influence.

Hypothesis 18. Social influence group type modemsitéhe effect of social
influence on intention to use.

Hypothesis 16. Social influence group type modersitéhe effect of social
influence orusebehavior.

HypothesislOc. Social influence group type modematéhe effect of social

influence on perceived usefulness.

Number of Social Groups

The creation of the moderator variable Social Influence Group Type only partially fulfilled the
multi-actor perspective in technologycceptance. Not only stakeholder theory should be
adopted in adoption literature, but also social network effects. In, ®Ahamson and
Rosenkopf (1997parguedthat social network effects shoulde integratednto theories of
diffusion. Social network effects should be integrated into theories of diffusion in the form of
bandwagon effect® bandwagon effect is a process whanereases in the number of adopters
of an innovation generate new information abibwt innovation creating stronger bandwagon
pressures to adopt it. Stronger bandwagon pressaresn, prompt increasdéle number of
adopters of (Ablaleamsom & Rogeakopf,d997, p. 29The increase in the
number of adopteris the result of fear of lost legitimacy and stakeholder support by potential
adopters when they experience that it is abnormal to not use the inndqVatioert & Zucker,
1983)

In view of all that has been mentioned so far, one may suppodsatichtagoreffecs
should not only be integrated into diffusion theory but alsoantaption or, more specifically,
technology acceptance theoBandwaon effects might be connected with Social Influence as
a bandwagon effect refers to internalization and identification of the Social Influence construct
(Venkatesh & Davis, 2000The connection of bandwagon effects with Social Influasseme

that this effect mighinoderate the effect of Social Influen@emulti-actor perspective is only
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reached in thisesearclwhenthe amount of influence of different reference groispstuded.

has an impact on technology acceptarit¢eerefore, the moderating variable Number of Social
Influence Groups is created to incorporate a bandwagon view. Relatively little is known about
bandwagon effects in adoption or, more specifically, technologgpaance. That is why no
fitting definition was found for the moderating variable Number of Social Influence Groups.
This studydefined Number of Social Influence Groups as the amount of pressure experienced
from different reference groupk thisway, the bandwagon effezbf multiple groups can be

measured.
Hypotresis 14. Numberof social influence groupsioderats the effect of social
influence on intention to use.
Hypothesis 14. Numberof social influence groupsioderate the effect of soial
influence orusebehavior.
Hypothesis 14 Numberof social influence groups moderatee effect of social

influence on perceived usefulness.
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3 Method

The aim of this study it0 proveempiricaly if social influence effesttechnology acceptance
of users and nonsers and if multactor effects are presefithis specificobjectiveis reached
in this chapteby elaboratinghe research method, data collection, openatization, and data

analysis.

There is an academic needjuantitatively integrate multiple groupstechnology acceptance
studieqsee als@ection 1.4 In thisstudy, thisacademiaeed is combined with the integration
of social influencein technology acceptance because to ttatechas been little agreemie
about thisphenomenaln responsgthis research wasonducted as eelevantfield study and
usedthe survey method to gather the results.

This research used a survey method for various reasons. Firstly, acageseiment
declaredthat data collected by survelead toquantitative, factual and descriptive data that
allows for a comparison of variablé¥aus, 2002) Second,compared to a c& study or
experiment, the survey method can help to understand and ppéginbmenaat large
(Swanborn, 2013)The benefit othe survey methois that itleads to greater generalizations.
Third, despite enough quantitative evidence for the relations in T8bdhepers & Wetzels,
2007) a quantitativeembeddingof a multiple group perspectivis lacking. Fourth, many
studies with TAM,TRA, and TPB as aonceptuabase modedrequantitavelyreproducegdand
newtheory isbuild on thosanodels(Armitage & Conner, 2001; Hausenblas, Carron, & Mack,
1997; Khebine et al., 2016; Schepers & Wetzels, 2007)

The evidence presented in this section justified the use of the survey method as this
study wanted to quantitatively understand and predict the effect of social influence and multiple
groups on technology acceptanthis studytesedif TAM, with aspect®f the two behavioral
models and an embeddingof a multiple-actor perspectivenvorks in a hospital environment
where carggivers are the adopterén this research, multiple groups aembeddedby a
moderating effect.
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The technology in question was tRacetalksystemat RadboudumcFacetalk has specific

set of usersOut d the more than 10.000 employees working for Radboudumiy 429
cargyivers of 32 departments have used FaceTdik. participants in this study were recruited
from all the 32 departments which have used Facetalk. This result&t® inaregiversvho
wereselectedas populationn this study The selected population may be divided itiicee
subgroups of respondentd) caregiverswho are using-acetalk;2) caregivershave tried
Facetalk bustoppedjr 3) caregiversvho were supposed to use Facetalk but never used the
systemln order to test if participants kept using Facetalk by social influences of multiple actors,
this study did not compare between the several usagsof the participants. Instead, all the
subgroups are taken together.

Datawerecollected by a surveyia Qualtrics. To reach the whole populatiotine link
to this survey werdistributedwith an existingmailing listin Facetalk Thedistributionprocess
was repeated three times in three weeksder to collect as much data as possibihe survey
is shownin Appendix 1

Survey questionswere mostly adoptedrom existing iterascales of previous studies.
Once thesurveyquestionsvereadopted, the questions wexdaptedo the Faetalk conéxt in
RadboudumcWhen the survey questions were adapted to the Facetalk context, the questions
were put in a questionnairéhe questionnaire was then translated to Dagkthe population
has Dutch as mother tongae. To ensure thsurveyquestions measured the things thesre
initially designedor, theadaptedutch questionsvere doubleback translatetb English.To
control for bias, doubkpack translation was done by another per$ais persorhas the Dutch
nationality lived in the United States for temonthsandstudies communications. This double
back translation is madasible in Appendix 2.

Eleven persons tested the questionnab@® assess forgrammar, spelling, and
comprehensibilitywith the caregiversAlso, they provided adee how to reduce missing
answersSpecifically, four persons weraregivers oRadboudumc. fireepersons wer&dom
thelM Facetalk project groufrom whomthe surveywassent Two persons weréom Human
Resources to check for word choices and claftyally, two individuals, who wereunbiased

havetesedthe surveyfor general comprehension

1 Qudltrics is a survey program which is available foembers of the Radboud University.
https://fmru.az1.qualtrics.com/ControlPanel/
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To begin the questionnaire testing process,daregivers adapted several questions
enableall caregiverdo understand the questiorecond, lte persons from Human Resources
checked for gtmmar and spelling errorslsb, theygave advice how to reduce missing answers
via the settings of the survey softwaraird, theunbiasegersonshecked foadditional errors
but could not find any. Lastlyne personof the IM Facetalk pject did a final grammar and
spelling error check. After this testing procgs® persons of the IM Facetalk projpermitted
to send the survey.

3.2.1 Sample

After closing, 99individuals completed the surveynfortunately a large number of
respondents neededtie deletediue to an error in thexistingmailing list for caregiversThe
surveywas sento 508 persons insteadf 429 personsThe error in the mailing list caused an
inclusion of supporting staff in the populatidrhis errormainlyresuted in a valid sample size
of 70respondents. A more detailed explanationteamoundin Section3.4.

Participantsxisied outof 33 nonrusers and 37 users of Facetdlken caregiveraused
Facetalk in the past but stopped using the system (14%jidition 23 caregives did never
use Facetalk but were supposed to use the system (3B%$% data cdve foundin Appendix
7.

3.2.2 Representativeness

This study is representatifer the Facetalk populatian Radboudumand generalizations can
be made to this populatiqsee Appendix 14)lespitea norresponse of 8Percent 23 of the

32 departmentare representeith this study with a small overrepresentation of the outgoing
clinics Internal Medicine, Haematology, and Paediatiidso, a dight underrepresentation of
Clinical Pharmacy and Psychiatry was preséhie percentage doctors and nurses are relatively
the same asn the Facetalkpopulation.Age could not be tested due to thlesence of the

population figure®f the Facetalk population

Careful generalizations mighe madeo the totakcaregivempopulation of Radboudumc
based on function and age figur€smpared tahe Radboudumc caregiver population, doctors
have an overrepresentation of 15 percent and nurses an underrepresentation of 1&§é, For
the numbes are relatively the same as the Radboudumc caregiver populetiogpt for an

underrepresentation of caregivers from 20 till 40 yeaene@lizations to the whole Dutch
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healthcare sector cannbé madeas this study isiot representativéor this area(See also
Appendix 14)

Datawerederivedfrom the Facetalk systa for the data of the Facetalk populatiBior
the Radboudumc caregiver populatioratad were derivedfrom the human resources
departmentFurthermore, data of Central Agency for Statigtigsre usedfor the data of the

Dutch healthcare sector population.

3.2.3 Research Ethics

The objective of this research wasintegrate the effects of multiple groups in technology
acceptance studies and to combine this with the integration of social influences. All data found
in this study needs foe treatedn an academic pledged and proper widyis includes that this
researchwas conductedwith the principles of research ethics of the American Psychology
Association APA).

The respondents of this study were informed about the use of their data for academi
research and anonymity beégparticipation. The data wetreatedconfidentiall to secure the
privacy of the respondents. This stwdgsachievedvith the exclusion of personal feelings and

experiences.

All variables weref (quast)metricmeasurement levekxcept for one dependent varialise
Behavior was a dichotomous variable with one itEor.all other itemsa Likert scale from 1
to 7 was used To measure Number of Social Influence Groups, count data were used.
Specifically, datavere obtainedrom the item scores of Social Inflace Group Type (see also
Subsection 3.3.3).

In this study, a quasnetric measurement level is used to ensuretbgerperformance
of the analysis methods whiak further explainedn Section 3.4All variables with the

corresponding itemareshownin Table 1.

2 Organisation whiclpublishofficial statistical information about the Dutch society.
https://www.cbs.nl/efgb

Radboud University % Radboudumc

NS



No.|Variable |Item no.lltem |Unit |Categories Original item Sources
Independent variables
1.|Using Facetalk in my job would enable me to accomplish tasks 7-point |Scale: 1 strongly Using CHART-MASTER in my job would enable
mare quickly. Likert |disagree to 7 strongly |me to accomplish tasks more quickly.
scale agree Using CHART-MASTER would improve my job
2.|Using Facetalk would improve my job performance. & & P ¥l
performance.
. . . . o Using CHART-MASTER would increase my .
1 Perceived 3.|Using Facetalk in my job would decrease my productivity. ductivity. (Davis,
. roductivity.
Usefulness P - 1589)
. . i Using CHART-MASTER would enhance my
4.|Using Facetalk would enhance my effectiveness on the job. i )
effectiveness on the job.
Using CHART-MASTER would make it easier to
5.|Using Facetalk would make it difficult to do my job. & ]
do my job.
6.]1 would find the system useful in my job. I'would find CHART-MASTER useful in my job.
7-point |Scale: 1 strongl Learning to operate CHART-MASTER would be
7.|Learning to operate Facetalk would be easy for me. _p ) Y & P
Likert |disagree to 7 strongly |easy for me.
g I would find it difficult to get Facetalk to do what i wanted itto  |scale agree I would find it easy to get CHART-MASTER to do
‘|do. what i want it to do.
i My interaction with Facetalk would be unclear and My interaction with CHART-MASTER would be )
Perceived 9. ) (Davis,
2, inconceivable. clear and understandable.
Ease of Use - - 1589)
) ) . . | would find CHART-MASTER to be flexible to
10.]1 would find Facetalk flexible to interact with. . )
interact with.
It would be easy for me to become skillful at
11.|1t would be easy for me to become skillful at using Facetalk. . ¥
using CHART-MASTER.
12.|1 would find the system easy to use. I would find the system easy to use.
7-point |Scale: 1 strongl People who are important to me think that |
13.|People who are important to me thought | should use Facetalk. _p ) Y P . P
Likert |disagree to 7strongly |should use mobile Internet.
Positive 14.|People who influence my behavior thought that | should use scale agree People who influence my behavior think that | | {venkatesh
Social Facetalk. should use mobile Internet. etal., 2003;
ocia
o People whose opinions that | value prefer that | | Venkatesh
Influence 15.|People whose opinions that | value preferred that | use Facetalk. i
use mobile Internet. etal., 2012)
In general, the organization has supported the
16.|In general, the Radboudumc has supported the use of Facetalk. g & PP
N use of the system.
’ 13 People who are important to me thought | should not use 7-point |Scale: 1 strongly People who are important to me think that |
rev.
Facetalk. Likert |disagree to 7strongly |should use mobile Internet.
Negati 14rev.|People whao influence my behavior thought that | should not use |scale agree People who influence my behavior think that 1 | {venkatesh
egative
Sg ial Facetalk. should use mobile Internet. etal., 2003;
ocia
Infl 15 People whose opinions that | value preferred that | do not use People whose opinions that | value prefer that | | Venkatesh
nfluence rev.
Facetalk. use mobile Internet. etal., 2012)
16 In general, the Radboudumc has not supported the use of In general, the organization has supported the
rev.
Facetalk. use of the system.
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Moderator variables

21.|Other caregivers exerted influence upon me. 7-point |Scale: 1 strongly ) i
. - - . ) Rate the extent to which 12 social network
Social 22.|The Information Management department has exerted influence |Likert  |disagree to 7 strongly ) i
targets had exterted pressure on you in the (wild et al.,
4. | Influence on me. scale agree - .
- - previous 2 months to cut down or reduce their 2006)
Group Type 23.|Patients have exerted influence on me. i
- substande use behaviour.
24.|Other groups then above have exerted influence on me.
Number of Number
5 Social 55 Calculated by the data filled in by Social Influence Group Type. If |of
| nfluence "|a respondent scored 5 or higher, it is seen as a number of groups. |groups
Groups
Dependent variables
i i 7-point |Scale: 1 strongly lintend to continue using mobile Internet in the
25|l intend to use Facetalk in the future. A )
Likert |disagree to 7 strongly |future.
Intention i i scale agree I will always try to use mobile Internet in my (Venkatesh
6. 26.|1 will always try to use Facetalk in my work. o
to use daily life. etal., 2012)
| plan to continue to use mobile Internet
27.|1 plan to use Facetalk frequently.
frequently.
Use Dichoto |0. Yes
7. ) 28.|Do you use Facetalk?
Behavior mous 1. No
Control variables
D rt Open
epartmen
8. P 31.|Which department do you work for?
t Relevance
six 1. 19 years or younger
groups: |2. 20 to 29 years
) 3. 30 to 39 years
10. Age 34.|What is your age?
4. 40 to 49 years
5. 50 to 59 years
6. 60 years or older
six 1. Medical Specialist
groups: |2. Doctor in education
to specialist
11.|Job Position 35.|What is your function at Radboudumc? 3. Chief nurse
4. Murse specialist
5. Nurse
6. Otherwise:
Social 36.|People who are important for my role, have influenced me. 7-point |Scale: 1 strongly
12.| Influence 37.|People who influence my behavior, have influenced me. Likert |disagree ta 7 strongly
Sensitivity 38.|People whose opinions | value, have influenced me. scale agree

Tablel Operationalization table
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3.3.1 Dependent variables
This study has two dependent varialdssshownn Table 1 The first dependent variabis

Intention to UseMany researchers have utilized Intention to Use in technology acceptance

studies. In thistudylntention to Use islefinedasindicationof how hard caregivelae willing

to try andhow much of an féort they endeavorto exert in order touse Facetallin the near
future Existing itemscales ofVenkatesh et al. (2012yere adapted an@pplied to measure
future intentionsvhichresulted irthree items with a Likert saafrom 1 to 7. Despitéenkatesh

et al. (2012Jocusedon consumers, their items were used adlitadirsttechnology acceptance
study whichmeasured actual use and intentionsisein the future.Besides, the origin of
UTUAT wasfocused on user®/enkatesh et al., 2003)he usage of the items of Venkatesh et
al. (2012) is justified as is a descendant of TANDavis et al., 1989)

The secondlependenvariable isUse Behavioanddefinedasactuallyoperatingor not
operating-acetalk Traditionally,Use Behavior was predicted by Intention to Wsiechnology
acceptance studieas they did not measure actual use. This study follows a more recent
development oVenkatesh et al. (201®)ere actual use is measurétbwever, Venkatesh et
al. (2012)did not take nofusers intoaccount In order to take into accoumonusers this
researchcreated adichotomous itemwith ‘1 . y € s ho ae answer @ategoryor Use

Behavior

3.3.2 Independent variables

Many researchers have used Perceived Usefulness and Perceived Ease of Use as independent
variables in technology acceptance. This study followed the same approacicladddthe

two independenvariablesas shownn Tablel. Thefirst construct PerceivedJsefulnessis

heredefinedasthe extentcaregivers believe Facetalk will help them perform thairgetter

In this context Perceived Usefulness is indicated by a belief of a caregiver thay ifise
Facetalk an improvement of work performance and the improvemenhegfficiency of
completing tasks will happen. Existing itesnales oDavis (1989)were adapted and applied
to measure the pesived usefulness of caregivers whielulted in six items with a Likert scale
from 1 to 7.In recent years, studies us#te samevariable but often usedfewer items
(Venkatesh & Davis, 2000; Venkatesh et al., 2008)create enough dathis study used the
original items.

The second constructierceivedase of Usaand in this researatefinedasthedegree

acaregivermelieves that usingacetalkwould be free of effortin this contextPerceived Ease

of Useis indicated by a belief of a caregiver that it is simple to operate and to learn to operate
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Facetalk.Existing item-scales ofDavis (1989) were adapted and applied to measure the
Perceived Ease of Usd caregivers whichesulted in five itera with a Likert scale from 1 to
7. The itemscales Davis (1989) originally existed out of six items. The translation ofezne
was problematic and, therefoosuld not be translatedto Dutch(seetheredarea inAppendix
2). Again, this construct is measured with the orajiitems to create enough data.

In contrast to theriginal TAM (Davis et al., 1989)a third construct is added into the
equationas shown inrable 1 The thirdconstruct isSociallnfluenceand definedasthe extent

to whichcaregivers experience social pressure from members of other relevant groups to use
or not use Facetallin this context Social Influence is the social pressure from people whose
opinions are valued and are important for the job of a caregiver regarding Facetalk. Existing
item-scales oVenkatesh et al. (2008ndVenkatesh et al. (201%ere adapted and applied to
measure theocialinfluence of caregivers whiatesulted in four items with a Likert scale from

1 to 7. The items of Social Influence are retrievéfdom both Venkatesh et al. (2003nd
Venkatesh et al. (2012 the twestudiesusedmore itemghanused forsocialnorm in TAM2
(Venkatesh & Davis, 2000)A separationis made between positive and negatseial
influence. In the situational context of Facetalk negative influence plays a role as caregivers
resist to use the systeifhe research to date has tended to focus on the measurersecibbf
influence in a positive form. To measure the negativen fof socialinfluence thefour items

utilized for Positive Social Influenceverereversednto a negative form

3.3.3 Moderating variables
Very little is known about a mulactor perspective in technology acceptance. To establish a

multi-actor perspectivewo moderating variableare createcs shown in Tablel. First the

moderator variabl&ocial Influence Group Typis createdand definedas groups thatexert

social pressure araregivers who are supposed to use Facétaikiscontext Social Influence

Group Typeare groupsn a hospital environment whexertsocial pressuren the caregiver
regarding Facetalk hegroupsin thisstudyare caregivers, IM department, patients, and other
groups than mentionedExisting itemscales ofWild, Cunningham, and Ryan (200@)re
adapted and applied to measure itiederator effects adocial influence group typeshich

resulted irfour items with a Likert scal from 1 to 7 Each one of them measurirespectively

the effect of caregivers, IM department, patients, and other groups than mentioned on the
caregivers.Each item directly mesauresthe experienced influence of thparticular group.

Values from 1 to 3 are considered as no influence and values from 5 to 7 are considered as

actualinfluence The valuet is not taken into accouas it is thandeterminateategory
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The second moderator variableNemberof Social hfluenceGroupsandheredefined

as the perceived amount atlevantgroups which exert pressumn caregivers who are
supposed to use Facetdlk thiscontext Social Influence Group Typ&re groupsn a hospital
environment whoexerted social pressum@n the caregiver regarding Facetalk. Iltems are
calculated based on titemsof Social Influence Group Type. If a score for one influemoaigy

is five or highey thescoreon the scale isne. If scoes for two influence groups afe or
higher, thescoreon the scale isvo etcetera.

3.3.4 Control variables

In an attempt to contrdbr possibledemographic andrganizatiorspecific (.e., specific effects
at Radboudumagffects four control variableare added into the equatias showrn Table
1. First,Ageis addedasa demographicontrol variableAge is measure@san ordinal variable
indicatedin years

SecondDepartment relevanas added to controbrganiztion-specific effects in the

intention to use and the actual use of the sysBapartment relevanceasaddedbecause the
usefulness of Facetalk may depend on the department where caregivers are Wiking.
control variablds basedn the variable Job RelevanceTiAM2 (Venkatesh & Davis, 2000)
andcreatedy countingthe amount otaregivers in the specific departments who scored above
and below zero on the scadé Perceived Usefulness. Zero is tmedianas the factors are
calculated by the regression method. Department Relevance is high for a department when more
caregivers score abotiee medianDepartment Relevance is low for a department when more
caregivers score belothe medianAlso, Department Relevance is low for a department when

the amount o€aregivers who score above and betbesmedians equal.

Third, Job Positioris added asn organizationspecificcontrol variable. This variable
controlsthe amount of influence what migaffecta person. Job Position is the function of the
caregiverwhich is a doctor or nurse. Previous studies has found that usesith more
responsibility intheir job will logically experience les influence from significant others
(Kelman, 1958; Warshaw, 1980)

Finally, the control variable&Social Influence Sensitivitys addedfor organization

specific effectsPersons could differ in sensitivity for th@pact of influence. Social Influence
Sensitivity is the general impact of social pressure from people whose opinions are valued and
are important for the job of a caregiv&he direct effect of social influence may subside when
system experiences gaired (Hartwick & Barki, 1994) Also, social influence may be less
importantwith higher levels of experienc&arahanna, Straub, & Chervany, 199%his
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control variable is measured a Likert scale from 1 to 7. The itemsrecreatedy combining

theexisting scalatems of ®cial Influence with thatemsof Sccial Influence Group Type.

Data were analysed usimgultiple analysis techniqueeamely Confirmatory Factor Analysis
(CFA), multiple regression, and logistic regressibhne first method used to analyse the data
was CFA.Multiple items needdto be converted into several variableshswn in Table 1 of
Section 3.3Unlike exploratory factor analysis, CFA is the recommended method to create
variables based on existing liaégure(Brown, 2015)

After CFA, a multiple regression analysigas used to find relations between the
independent variables and Intention to USke use of multiple regression increases the
statistical value of this study as it is the most used technigegiassioranalysis for finding
causal relations between vailied(Hair, Anderson, Babin& Black, 2009)

The third method used to analyse the data, lgsstic regression analysi® find
probability relations between the independent variables and Use Behagatic regression
was used because the dependent varidlde Behavior wadinary measuredCompared to
discriminant analysis, logistic regression is preferred because it is siomitaitiple regression
(Hair et al., 2009)The paragraph above pointed out that multiple regression wasousbd
analysis of relationships with Intention to Use. Although logistic regressicsimilar to
multiple regression, there are fundamental differences between the two tecliHigues al.,
2009)and thus should be treated as such.

The final stage of this study comprigea post hoanalyss. The first post hoc analysis
was conductedor the nonhypothesized relationship between Use Behavior and Intention to
Use.This research argued thatthe sense ofime the variable Intention to Use cannot predict
Use Behavior. However,anverseelationship could be the case. The second masahalysis
was conductedor the moderation effect of Number of Socialfluence Groups on the effect
between Positive Social Influence aRerceived Usefulnesdigain, multiple regressin

analyses were used to study both gust analyses
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3.4.1 Missing data

This subsection elaboratethe missing data analysiprocess. In Appendix & detailed
description of the missing data analysis can be fokirdt, due to an error in the existing
mailing list, the survey was sent to 508 employees instead of thetese|é29 employees of
Radboudumc. Theuestionnairewas not exclusively sent to caregivers orBut alsoto
supporting staffé.g, HR or Finance). After closing the survey, 99 responga® recorded
Thus, this study has a noesponse of 80 percent @@mployees).

In particular, theerror in thedistributionwas problematic becauseveral cases needed
to be listwise deleteds a result of a nerandom patterrMainly due to the error in the mailing
list, a nonrandom pattern occurred. Furthermosapporting staff respondents are listwise
deleted as itlid not fitin the scope of this studyrhis led toaremaning sample size of 70
respondentsSimilar to this study, missing data is a pervading problem with the survey method
(Brick & Kalton, 1996) Of the 70responsem this study, some cases have missing data which
is completely at random but canria® ignoredas it exceeds the 10 percefihe small size of
the data set meathat it was not preferable to do another listwds¢etion. Thereforanissing
datawastreatedwith a modelbased approach in the form of Expectatdaximizatiors. Thus,

a valid sample size of 70 casssisedin this study.

3.4.2 Assumptions

Multiple analysis techniquesereusedin this study(see also the introductiaf Section 3.
All those techniques have theassumptions which hatb be met In this subsection
assumptions for respectily CFA, multiple egressionand logistic egressiorare discussed

Assumptions Confirmatory Factor Analysis

The relativdy small samplesize was adequate to conduct C&&e Appendix 4)The final

factors hadhigh loadings (> .6putoften existeaf only thredtems All the finalcommunalites
werehigh (> .6) except twa@ommunalitieq.558 and .275). The former extraction is close to

.6, and thdatterextractionwasincludedbecae of content validity reasoriBhe final Kaiser
Meyer-Olkin (KMO) is .695 andthus ensures a good sample adequacy. In the gaowess
Barl ett’' s test o dignifisgnth(e « .004). HOyisejeci@dso correlations d
between variables are significantly different from zero which ensures that the variables in the

correlation matrix correlate with each otlfEreld, 2013) Data werenormaly distributed after

3 EM method inSPSS.
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the transformation of a few items. Normality of the itewere checkedfor generalizability
reasongField, 2013) Item 36 and 38 of Social Influence Sensitivatyd Item 7 of Perceived
Ease of Usewere normalised usinga power transformation due to aegativdy skewed
distribution. Item 13 and 15 of Negative Social Influemgere normalsed using anatural

logarithm transformation due topasitivdy skewed distribution.

Assumptions Multiple Regression

The sample sizevasacceptabléo perform multiple regressiaas this study had ratio of 9:1
when all independent and moderator variableseincluded éee Appendid). Assumpgions
for Multiple Regression wernested at the individual variablevel and at thevariate levelOn
individual constructlevel, the first step in the process wtee normality o f the residt
distributionassumptionThe first assumptiowasmetafter one transformation. The comstt
Number of Social Influence Groups wasrmalisedwvith a square root transformation as it was
positively skewed and is a count constr&gcondthe assumption of theonstant variance of
the error termsvasmet Thus,thevarianceof all estimated values of the dependent variable
equalfor all the vdues of the independent variablgsair et al.,2009) Finally, thelinearity of
the phenomenorassumption was met. Sthhe degree of change in the dependent variable is
associated with the independent varigblair et al., 2009)

Following the assumption at the individual level, the same assumptionsestdand
metat the variate levelAlso, independence of the error termas met The lattermeans that
each predicted value is indepenténair et al., 2009)Taken together, all assumptions were

met for multiple regression analysis.

Assumptions Logistic Regression

The small size of the dataset meant that a careful interpretation of the logistic regression results
was needed as this research had a ratio ofT®i%.ratio might lead to a type Il error as the
recommended ratio is 10:1(Hair et al., 2009)Both assumptions of logistic regressisaremet

in this study (see Appendix 6)Linearity and independence of error terms are those two
assumptions. The former assumes that there is a linear relationship between continuous
independent variables and tlogit of the dependent variab{Eield, 2013) Thelatterchecksf

the observed variance is bigger than expe(fezld, 2013)
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For the creation of factors, CFA was used (see @&xion 3.4 In turn, the created factors
were used imultiple regression and logistic magsion analysisThe final items with thir
factor loadings came foundin Table 2 (see alscAppendix 13for iterations and reliability
score3. Rel i ability was cal culddAllesixiPeneeggsvednUgefules® n b ac
items wereused to create thast factor PerceivedJsefulness. Iltem PU 3 and PU 6 are cross
loaders butwere includedfor content validiy reasons. Perceived Usefulness fatigh
reliability score ¢t = .87) which cannot be improveldor Positive Social Influencepnall five
itemswere includedltem 160f Positive Social Influenceras deleteds it wasa crosdoader.
Positive Social Influence haxdhigh reliabilityscore ¢ = .88) which cannot be improved. Social
Influence Sensitivityinitially had all items includedHowever, the reliability score was
moderate ¢ = .67). Once item 37 of Social Influence Sensitivity was deleted,eliability
raisedto a high scored = .79).For Perceived Ease of Ugaotall itemswereincluded astem

8 wasa crosdoader.Also, PEU 12 wasa aoss loader buvasincluded for content validity
reasonslnitially, the reliability score of Perceived Ease of Use was low (31). After the
deletion ofitem 7, the reliabilityof Perceived Ease of Use was raidied high score(a = .73).
Intention b Use had all original items included. Intention to dis® hadhigh reliabilityscore
(a = .94). Finally, Negative Social Influence had adititemsincluded.ltem 13 of Negative
Social Influence was ao-called Heywood case with a factor loadingl> Also, item 15 of
Negative Social Influence was deleted as it wasosdoader. Despite the deletion of item 12
and 15 of Negative Social Influenceloav reliability scorewas found(a = .43). Asno other
items could be deleted create a higher niability score, this factowas not takeimto account

in further analyses.

Radboud University % Radboudumc

NS



o
(a) Perceived Usefulness 87
PU4 .86 B4
PU2 .76 85
PU1 .69 B4
PUS .63 -.31 85
PU 3 A8 -.39 87
PUB Ad -A41 86
(b) Positive Social Influence .88
P5I15 B8 82
P5113 78 81
P51 14 76 86
(c) Social Influence Sensitivity .67
51537 .93 .79
SIS 36* 90 .24
SIS 38* J1 34
(d) Perceived Ease of Use 31
PEU 11 95 .13
PEU 7* .79 73
PEU 12 54 -.38 .26
PEUS .30 .29
(e) Intention to Use .94
1U 25 -.96 .93
27 -.93 .89
U 26 -.82 .94
(fi MNegative Social Influence 43
MN5I 16 .69 -
M5 14 .33 -
Eigenvalue .64 3.29 2.25 1.56 1.22 1.13
% of Variance 31.6 15.6 10.7 7.4 5.8 5.4
Cumulative % 31.6 47.3 58.0 65.4 71.2 76.6

Motes: * item is transformed with a power transformation. Values are rounded in two decimals. Cronbach's
alpha (o) if item deleted is displayed for every item. Initial Cronbach's alpha (a) for every factor is is displayed
after everye factor name.

Table2 Confirmatory factor analysis results

Radboud University % Radboudumc

MiNe:




34

4 Results

The analysesf this chaptearebasedon the results of CFA i®ection 3In Section4.1 the
descriptive statisticand correlations are presented. In Section 4.2 the results of the conducted
multiple regression analyses are presented. In Section 4.3 the results of the conducted logistic
regression are presented. Finally, Section4.4 the results ofthe post hocanalysis are

presented.

In this paragrapldescriptive statisticand correlations with the dependent variables Intention
to Use,UseBehavior and Perceived Usefulnease discussed able3 shows an overview of
descriptive statisticand correlationgsee alsoAppendix8). Closer inspection of the table
shows that the four control variables correlatgth several variables. Department Relevance
andJob Positiorhada significantcorrelation with Inéntion to Use (respectively .350, and
.280 andPerceied Usefulness (respectively .518, art93). Social Influence Sensitivitgnd
Age hada significant correlation with Perceived Ease of Use (respecti28¢, and-.298.
Age alo had a significant correlation with Positive Social Influen¢e264) and Social
Influence Sensvity had significant correlations with Number @ocial Influence Group
(.35) and Socialinfluence Group Caregivers (.396-inally, Department Relevanceatha
significant corelation with Use Behavior (.340

As expectedintention to Use correledsignificantly with Perceived Usefulne§487)
and Perceived Ease of Usé47). What is interesting about Table 3 is that Intention to Use also
correlated significantly witPostive Social Influencég.334). The more surprising correlations
areNumber of Social Influenc&roups and Social Influence Groups Pdgevith Intention to
Use (respectively .247 and .2R9The most surprising aspect of the data is digmificant
correlation of Use Behavior wittmtention to Us€.411). Therefore, lhe latter correlatiomas

studiedin apost hoanalysis in Section 4.4.

Looking at the percenge of Use Behavior all the respondents wesdmost perfect
divided between users and agers.Use Behaviorcorrelatedsignificantly with Perceived
Usefulness B852), and Perceived Ease of Us299). Interestingly,Positive Social Influence
did notcorrelate significantly withuse BehaviorFurthermorea positive significant correlation

wasfoundbetween Number of Social Influence Groups and Use Behavior (.351).
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The highly significant correlation between Perceived Ease of Use and Perceived
Usefulness 819 was expected athis correlationwas already studiedn previous studies
(Schepers & Wetzels, 200 As shown inTable 3, there was no evidence tRasitive Social
Influence correlatedsignificanty with Perceived Usefulnes§his is a rather unexpected
outcomewhich did not supporthe discussion of adding Satinfluence in the TAM model.
Furthermoreall moderation variablesorrelatel significantly with Positive Social Influence
(Number & Social Influence Groups = .38%ocial hfluence Group Caregivers = .3%ocial
Influence Graip Information Management = .2980ociallnfluence Group Patients = .34dnd

Sodal Influence Group Others = .3p
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variable In  |Mean [sd. |1 |2 3 la |s l6 E B B 10 (11 [12 |13 |a
1 Intention to Use 70 4,662 1,569 1
2 Perceived Usefulness 70 4,247 1,104  ,558%* 1
3 Perceives Ease of Use 70 4,944 916 LA74%E A3TEE ]
4  Positive Social Influence 70 3,689 1,368  ,364%F 112 -,010 1
5  Number of Social Influence
Groups 70 271 309 ,259% 091 J098 ,344%F 1
6 Social Influence Group
Caregivers 70 3,273 1,499 008 -,046 -,.143 ,3B4%*  5g4F* ]
7  Social Influence Group
Information Management 70 2,813 1,444 079 ,098 -, 111 L270%  ,266% 491%F 1
8 Social Influence Group
Patients 70 2,690 1,329 ,298* 166  ,0019  ,318** ,405%* ,434%* | 513** 1
9  Social Influence Group
Others 70 2,675 1,331 073 142 [066 ,321%*  301F ,372%F  p3TEF 708FF 1
10 Social Influence Sensitivity 70 4,802 1,338 -,118  -,131  -,239% 127 376%F ,334%* 130 ,044 080 1
|Variable |11 |Perce]1t |s.d. |
11 Department Relevance 69 45,7 502 AL7**F p03** 125 115 L044 -,034 022 -,011 -, 115 -, 083 1
12 Age 70 74,3 440 -,193  -,099 - 407% -,277* -034 ,094 019 003 .202 037 075 1
13 Job Position 69 48,6 204 -,240%  -,306*% -,031 J081 -,029 ,047 -,090 -,122 -,062 -, 130 -,203 - 075 1
14 Use Behavior 70 52,9 503 AA2¥F 0 A20%*  322%F 181 379 118 ,056 ,061 ,060 -, 038 ,256% -, 228 -,013 1

Motes: Row 2, 3 and 4 are tested for significance with a one-tailed test. All other correlations are tested with a two-tailed test. **. Correlation is significant at the 0.01 level. *. Correlation is significant at the
0.05 level. Variables are rounded at three decimals. Percentage of Department Relevance is valid for high department relevance and low department relevance is the reference group. Percentage of Age
is valid for 40 years and older and 39 years and younger is the reference group. Percentage of Job Position is valid for doctors and nurses are the reference group. Percentage of Lse Behavior is valid for
users and non-users are the reference group. Percentages are shown because variables are dummified andfor dichotomous.

Table3 Spearmarcorrelation coefficients and descriptive statistics
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The multiple regression results of this research are discussed in this section. First, the results of
themultiple regression analysis with Intention to Use as dependent variable are dis&fissed.

that the results of the uaitiple regressioranalysiswith Perceived Usefulness dependent
variableare discussed

Multiple regression with Intention to Use as dependent variable

Multiple regression was used to analyfse hypothesized relations wiliitention to UseTable

4 shows an overview of the ressi{see also Appendix 9Prior to analysing all the resulthe
effects of the control variablegeretestedas shown iTable4 Model 1 Department Relevance
and Job Positioseemedo play a role in the intention to use of the respondents. In contrast,
the control variablebad no effectwhenall variablesare addednto the equatiomsshownin
Model Q The results discussed below are presented in ModeTalné 4 (adjusted R .47).

As expected, Perceived Usefulness laagositive significant direct effect on Intention
to Use B = .33, p <.05).Thisgavefull support for the rated H1 hypothesis which statttht
Perceived Usefulness has a positive direct effect on Intetatiose. H2hypothesizd that the
extent ofPerceive Ease of Use has a positive diretfect on Intention to Use. As can be seen
from the data in Table 4, Perceived Ease of Useaalsgnificant positive effect on Intention to
Use 3 = .23, p <.05) whiclsupportedH2.

The more striking result to emerge from the data is that Positive Social Influenae had
positive significant effect on Intention to Ugg £ .34 p < 01). Thispartially supportedH6
which hypothesized that Social Influence has a positive direct effect on Intention to Use.
Unfortunately, Negative Social Influenaegas notestedn this study due to reliability problems
in Confirmatory Factor Analysias discussed iSection 3.5H9a hypothesized anoderation
effect of Positive Social Influence on Perceived Usefulndssevidence was found for a
moderatioreffect 3 =-.07, p = 55).

Several moderating effects wetestedin this researchio incorporate a mukactor
perspective. Thenfluence of caregivers, IM departmengtignts and all other groups were
tested on the relation between Social Infieeeand Intention to Us@here was no evidence
that one of those groups had a moderating effect on Positive Social Influence (carBgivers
14, p = .43, IM departmerft:=-.03, p = .88, patient§ = .20, p = .23, and otheg:=-.07, p =
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.71). Also, mne of those groups hadlirecteffect on Intention to Use (caregivefss -.10, p
= .46, IM departmenf3 =-.01, p = .94, patient@ = .16, p = .26, and other groufls= -.21, p
= .14).In this extent H18, which hypothesizka moderation effect of social influence group

types on Social Influenceasnot supported.

H11a hypothesizech moderatioreffect of the Number of Social Inflance Groupsn
the effectof Social InfluenceNo evidence was found thatipportecdH1la 3 =-.23, p = .33)
Also, there was no direct effeébund between Number of Social Influence Groups and

Intention to usef= .23, p =.12)
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Dependent Variable: Intention to Use

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9
Variable B(SE) | p | BSE) | B | B(SE) | B | B(SE) | B | B(SE) | B | B(SE) | B | B(SE) | B | B(SE) | B | B(SE) | B
Constant 28 (26) 28 (.25) 16 (.25) 12 (.23) 15 (.24) 15 (.24) 16 (25) 22(25) 28 (26)
Control Variables

Department Relevance 65(.21)*= .34 .28(24) .14 .32(.24) .16 .17(.21) .09 .19(.22) .10 .16(.22) .08 .14(.24) .07 .03(.25) .02 .02(.26) .01

Job Position -.60(.21)** -31 -.34(.22) -18 -32(.22) -17 -38(19)f -.16 -.40(.20)* -.21 -.39(20)t -20 -.39(.20)f -20 -.37(.20)f -19 -.33(20) -.17

Age -38(.24) -17 -29(.23) -13 -17(.23) -.08 .03(.23) .02 .00{23) .00 .00(25) .00 .01{.25) .00 -.04{.25) -.02 -13(.26) -.06

Social Influence Sensitivity -20(.10)t -20 -17(.10)f -.18 -12(.10) -.13 -.18(.09)Ff -19 -25(11)* -26 -.23(11)* -24 -24(11)%* -24 -23(11)* -24 -20(11)F -.20

Independent Variables
PU  |Perceived Usefulness A7(13)** 38 .26(.14)* .26 .26(.13)* .27 .24(14)* .25 .24(14)* .25 .25(15)* .26 .30(.15)* .30 .32(.15)* .33
PEU |Perceives Ease of Use 23 (.43)* 22 30(.a2)** .29 .25(.13)* .24 35(.13)* .24 24(43)* 23 23(.13)* .22 .23(.13)* .23
PSI Positive Social Influence 34(.10)** 35 30(.11)** 31 .34(.11)** 35 .34(.12)** 35  34(.12)** 35 .33(.12)** .34
Moderator Variables
Interaction PU x PSI -11{.09) -13 -.07(.09) -.09 -.08{.09) -09 -08(10) -09 -08(10) -.10 -.06(.10) -.07
Number of Social Influence
) A6(.12) .6 .21(.13) .22 .21(.13) .22 .22(.14) .22 .22{.14) .22

NSIG |Groups

Interaction PSI x NSIG -04(10) -04 -09({15 -10 -.08(.18 -09 -24{.21) -26 -.21(.21} -.23

Social Influence Group

. -10(12) -0 -.08(13) -08 -.08(13) -.09 -10(13) -.10

SIGC |Caregivers

Interaction PSI x SIGC 06(.15) .06 .05{16) .05 .13(18) .14  .13[16) .14

Social Influence Group -04(11) -04 -09(.12) -09 -.01(.12} -.01
S1GIM |[Information Management

Interaction PSI x SIGIM .00 (.12) .00 -.07{.13) -.07 -.02(.18) -.03

Social Influence Group .07 (.11) .07 15(.13) 16
SIGP |Patients

Interaction PSI x SIGP .19 (.12) .23 .16 (.13) .20

Social Influence Group 20(13) -21
SIGPO|Others

Interaction PSI x SIGPO -.08(.22) -.07

Model Statistics

R Square 27 .36 39 54 .55 56 56 59 61

Adjusted R Square 23 31 33 48 AT A6 44 45 A7

R Square Change .09 03 15 .0z 01 .00 .03 .02

F

F(5.90) =590

F(5.88)=8.16"*

F(5.45) =311

F(8.58) =053

F(7.03)=.93**

F(5.81) = 42

F(4.82)= .07

F(4.49) = 1.51+

F(4.23) = 1507

Motes: n = 68. Values are rounded at two decimals. Variahle NSIG is square root transformed. B (SE) is the unstandardized coefficient with the standard error in the brackets. § is the standardized coefficient. PU, PEU, P5l, and interaction
PU x PSI are tested for significance with a one-tailed test. All other variables and interactions are tested for significance with a two-tailed test. T significant at the .10 level. * significant at the .05 level. ** significant at the .01 level. ***
significant at the 001 level. Dummy variable Department relevance is High department relevance. Dummy variable Age is 40 years and older. Dummy variable lob Position is doctors.

Table4 Multiple regression results with Intention to Use as dependent variable
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Multiple regression with Perceived Wefulness as dependent variable

Another multiple regressionwas conductedo analyse the hypothesizeelations with
Perceived Usefulnes3he resultscanbe foundin Table5 (see also Appendix 10Rrior to
analysing all the resultshe effects of the control variablesre testechs shown infable5
Model 1 The control variable Job Positiglayed a role in the perceived usefulness of the
respondents. Moreover, this control variaktidl playeda role when all variablesereadded
into the equation whiclks shownin Model 8.Further analysis witla chisquare testevealed
againa significantrelaionshipX?(1) = 5.21, p < .05 (se@so Appendix 15)Thus, compared

to nurses, doctors perceive the system as not u3éfelcesults discussed below are presented
in Model 8 of Table 5 (adjustec?R .35).

As expected, Perceived Ease of Use hambsitve significant direct effect on Perceived
Usefulnessfi = .40, p <.001)Thisgavefull support for the riated H3 hypothesis which stated
that Perceived Ease of Ubas a positive direct effect on Perceived UsefulnEsslaborate
on the direct effects, H8 hypothedize positive direct effect of Positive Social lldnce on

Perceived Usefulneshlo evidence wasoundfor a direct effec{3 = .22, p = .05).

Again, several moderating effects were tested to incorparaelltiactor perspective.
The influence of caregivers, IM department, patients and all other groups were tested on the
relation between Social Influence am@rceived Usefness. None of those groups had a
moderating effect on Positive Social Influencarégiversf3 =-.11, p = .55, IM departmen:
=-.16, p = .34, patientf = .12, p = .49, and other grouffis= .28, p = .13). Also, no evidence
was found that one of the groups hatiracteffect on Perceived Usefulness (caregivprs:-
15, p = .30JM departmentf3 = .09, p = .52, patient§ = .09, p = .54, and other grous=
.00, p =.98). In this extent H10c, which hyipesizeda moderation effect of social influence

group types on Social Influence, wast supported.

H11c hypothesied a moderation effect of Number of Social Influence Groups on the
effect of Social InfluenceThere was no evidence thidumber of Social Influence Groups
moderated the effect éfositive Social Influencen Perceived UsefulnegB = -.29, p = .25)
Also, no direct effectvasfoundbetween Number of Social Influence Groups and Intention to

use 3=.09, p =.53). Thus, H11c wast supported
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Dependent Variable: Perceived Usefulness
Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8
Variable B(SE) | B | B(SE) | B | B(SE) | B | B(SE) | B | B(SE) | B | B(SE) | B | B(SE) | B | BSE) | B
Constant 51(.25) 17(.23) A11(.24) 24 (.23) 18(.24) 17 (24) -17(24) 14 (24)
Control Variables

Job Position -.60(.22)** -31 -39(.20)f -.26 -.42(.20)* -22 -44(19)* -23 -42(.19)* -22 -39(.20)* -21 -.39(.20)f -.23 -43(.20)* -.23

Age -29(.25) -.25 .03(24) .01  .12(25) .06 .14(.23) .06 .24(.25) .11 .23(.26) .11 .23(.26) .11 .26(.27) .12

Social Influence Sensitivity -.10{.11) -.10 .03(10) .03 .01{.110) .01 -.07(11) -.07 -04(11) -04 -04{12) -.04 -03({12) -.03 -.05(12) -.06

Independent Variables
PEU |Perceives Ease of Use SL(12)**= 50 .53 (.12)%** .52 .41(.12)*** .40 .39 ([12)*** .38 .39(.12)** .38 .39(.13)** .38 .A0(.13)*** A0
psi  |Positive Social Influence Jd4({.10)t .05 .17{.11)f .18 .18(.11)* .20 .17(.11)t .18 .16(.12)T .17 .21(.13)T .22
Moderator Variables
Number of Social Influence
. 07(12) .07 .12{.13) .13 .12({14) .12 .10(.14} .10 .09(.14) .09

NSIG |Groups

Interaction PSI x NSIG 34 (10)*** -37 -.27(15)F -30 -29(17) -31 -.24(.23) -.26 -26(.23) -.29

Social Influence Group

. -12(.13) -13  -.a18(.14) -18 -.18(.14) -.19 -.15(.14) -.15

SIGC |Caregivers

Interaction PSI x SIGC -10(.16) -11 -.09(16) -.09 -11(17) -12 -10(17) -11

Social Influence Group .14 (.11) .14 13 (.12) -.02 .08(.13) .09
SIGIM |Information Management

Interaction PSI x SIGIM -.01({.12) -.02 -.02{.13) -.02 -.15(.15) -.186

Social Influence Group .04(.12) .05 .09(.14) .09
SIGP |Patients

Interaction PSI x SIGP -.04{.13) -.05 -.10(.14) .12

Social Influence Group 00(.14) 00
SIGP0|Others

Interaction PSI x SIGPO .32(.21) 28

Model Statistics

R Square A2 32 33 44 45 A7 A7 50

Adjusted R Square o7 27 28 a8 a7 37 34 35

R Square Change .20 02 A1 01 .01 00 02

F F{2.81)=2.817 F(¥.39)=18.82"* F(6.33) =172 F(6.93) =596 F(5.47) = 65" F(4.59) = 77~ F(3.77) =83 F(3.47) =125

Motes: n = 69. Values are rounded at two decimals. Variable N5IG is square root transformed. B (SE) is the unstandardized coefficient with the standard error in the brackets. B is the standardized coefficient. PEU
and PS5l are tested for significance with a one-tailed test. All other variables and interactions are tested for significance with a two-tailed test. T significant at the .10 level. * significant at the .05 level. ** significant
at the 01 level. *** significant at the 001 level. Dummy variable Age is 40 years and older. Dummy variable Job Position is doctors.

Table5 Multiple regression results with Perceived Usefulness as dependent variable
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Logisticregressiomwas used to analyse the hypothesized relatisitis Use BehaviorTable7
shows an overview of the resu(iee also Appendix 11Prior toanalysing all the results, the
effects of the control variablegere testeés shown inrable7 Model 1 The control variable
Department Relevance seemed to play a role imgbbehavior of the respondents. However,
the effect of the variable Department Relevance disappeared when all relevant veséables
added as is shown in Model I.he results discussed below aerivedfrom Table 7Model 9

which has the best model statist

Unexpected, no significant direct effect was found for Perceived Usefutmekise
Behavior(B = 1.21, SE = .76, Wald = 2.7& = .06). This gave no support for threlated H4
hypothesiswhich stated thathe bettercaregivers perceivihe usefulnessof the system, the
more probable they use thgstemH5 hypothesizd the betteicaregivers perceivihe ease of
use of the system the more probahlkey useghe systemAs can be seen from the data in Table
7, no evidence was found fai5 (B = .32, SE = .57, Wald = .3p,= .29.

To elaborate odirect influences on Use Behavjidt7 hypothesizedhatthe more social
influencecaragiversexperiencethe more probablthey usehe system. As shown Model 9
nosignificant direct effect was fourfdr Positive Social Influencen Use BehaviofB =-1.51,

SE =2.23, Wald = .4 = .25. This gave no support f&f7. In contrastan interesting outcome
was foundfor the moderation effect ofocial Influence orthe effect betweerPerceived
Usefulnesand Use BehavigqB =-1.94, SE = .94, Wald = 4.28< .05). This supported H9b
Further statistical testsith PROCESS (B = -.81, p < .05 revealed conditional moderation
effectsas shown in Table.@heconditionalmoderatioreffects showdthatthelesscaregivers
experiencgositive sociainfluence the higher the probability that Perceived Usefulness lead

to actual system us&he conditional moderator effects are made visible in Figure 2.

Positive Social Influence

Distance from mean (Mean = 0.000) Influence Effect
-2.02 Disagree 2.75%*
-.96 Slightly Disagree 1.90%*

.10 Meither Disagree nor agree 1.03**
Motes: ** Effect is significant at the .01 level (2-tailed).

Table6 Moderation effect of Positive Social Influence

4 An information system developed for SPSS by A.F. Hayes for mediation, moderation, and conditional process
analysis.
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Moderator effect PSI x PU on UB

15
1
0,5 /
0 Z
-0,9479 0 0,9479
05 /
-1
-15
2
— Perceived Usefulness Low Average High

Figure 2 Visualization of moderator effect Positive Social Influence x Perceived Usefulness

Several moderating effects wetested to incorporate a muHttor perspective. The

influence of caregivers, IMepartment, gtients and all other groups were tested on the relation
between Social Influence and Use Behavior. No moderation effects were found (car&givers:
=-21, SE = .47, Wald = .19,= .66, IM department8 = .70, SE = .76, Wald = .84,= .36,
patients:B = -.58, SE = .79, Wald = .54,= .46, and other groupB:= .79, SE = .92, Wald =
.73,p = .39). Also, m evidence wasound for allthe direct effects a$ocial influence groups
on Use Behavior (caregiveB:= .22, SE = .39, Wald = .3p,= .58 IM departmentB = .57,
SE = .58, Wald = .97 = .33 patients:B = -.20, SE = .57, Wald = .13 = .73 and other
groups:B =-.96, SE = .55, Wald = 3.1p,=.08). In this extent HOb, which hypothesizethat
social influence group type moderdte effect of social influence on use behayvigasnot
supported.

H11b hypothesizd that Number of Social Influence Groups moderate the effect of
Social Influence on UsedBavior. There was no evidence that supported HBELb {1.21, SE
= 1.48 Wald = .67,p = .41). Also no direct effect was fountdetween Number of Social
Influence Groups and Use Behav{Br=1.74, SE = 1.01, Wald = 2.98= .08).
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Dependent variable: Use Behavior
Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9
Variable B(SE) |Exp(B)| B(SE) [Exp(B)| B(SE) [Exp(B)] B(SE) |Exp(B)| B(SE) |[Exp(B) B(SE) |Exp(B)] B(SE) |Exp(B)| B(SE) |Exp(B)| B(SE) |Exp(B)
Control variables
Department Relevance 1.36(.53)* 3.91 .65(.62) 1.92 .71{.63) 2.04 .17(.71} 118 .46(.76) 1.59 .50(.77) 1.65  .95(.90} 259  1.23(.97) 3.41 1.39(1.07) 32.99
Job Position -12(.53) .89 .55(.64) 174 .60(.64) 1.82 .51(.69) 1.66 .32(.73) 1.38 .31(.73) 1.37  .31(.17) 136 .44(.79)  1.55 .52(.84) 1.69
Age -99(.63) .37 -95(.67) .39 -76(.69) .47 -97(.77) .39 -1.36(.85) .26 -1.41(.93) .24 -1.91(L0s)t .15 -1.58(1L06) .21 -2.51(L29)fT .08
social Influence Sensitivity -.04(.27) .96 -.01{.28) .99 .08(.29) 1.08 -.08(.32) .93 -35(.37) .71 -A40(40) .67  -.54(.44) 58  -.64(.45) .53)  -.60(.46) .55
Independent variables
PU |Perceived Usefulness 89 (41)* 244 74(44)* 209 1.21(.55)* 3.34 1.08(.57)* 2.93 1.09(.57)* 2.99 1.03(.66)T 2.80 1.05(.72)Ff 2.87 1L21(.76)T  3.37
PEU |Perceives Ease of Use A1(.39) 151 .61(44)t L84 31(47) 137 .35(.48) 142  .21(.50) 124 .34(54) 140 .32(.57) 1.38
Psi  |Positive Social Influence JA2(40) 113 -10(.54) .80 .02(114) 1.02 -1.60(1.56) .20 -.59(1.95) .55 -1.51{2.23) .22
Moderator variables
Interaction PU x PSI -1.12(.48)** .33 -1.00(.51)* .37 -L04(.54)* .35 -L37(71)* .25 -145(.69)* .24 -1.94(.94)* .14
Number of Social Influence
1.33(.70)t 3.78 1.20(.79) 3.29 143(.84)f 417 140(.89) 4.06 1.74(L01)T 5.68
NSIG |Groups
Interaction PSI x NSIG -48(.59) .62 -36(.77) .70 -1L36(106) .26 -.76(1.35) .48  -1.21{L48) .30
Social Influence Group
] A2(.35) 113 .14(.38) 115  .26(.39)  1.28 .22(.39) 1.24
SIGC |Caregivers
Interaction PSI x SIGC -.07(.40) .93 -01(.43) 100 -.22(46) .80 -.21{.47) .81
Social Influence Group
SIGIM |Information Management -.03 (.34) .97 .25(.39) 1.28 .57 (.58) 1.77
Interaction PSI x SIGIM 71(.50) 2.04  .67(.49) 196 .70 {.76) 2.01
. . -.67(.38)t .51 -.20{.57) .82
SIGP |Social Influence Group Patients
Interaction PSI x SIGP -17(.52) .85 -.58(.79) .56
S1GPO|Social Influence Group Others -.96 (.55)T .38
Interaction PSI x SIGPO .79(.92) 2.20
Constant 37(.66) 144 .41(.68) 150 .20(.71) 1.23 .61(.79) 185 .34(.83) 140 .03(L21) 103  .09(.50) 110  .09(.50) 110  1.42(1L76) 4.13
Model statistics
Chi-square 10.26* 15.58** 16.75%* 25.62** 30.34%** 30.47%* 33.51%* 37.80%* 41.86%**
R Square (-2 Log likelihood) A1 17 18 .27 .32 .33 .36 .40 .45
R Square (Cox & Snell) 14 .21 .22 31 .36 .36 .39 .43 A6
R Square (Magelkerke) .19 .27 .29 A2 A8 A8 .52 .57 .61

Motes: n = 68. Values are rounded at two decimals. B (SE) is the unstandardized coefficient with the standard error in the brackets. Exp(B) is the odds ratio. PU, PEU, P51, and interaction PU x PSI are tested for significance with a one-tailed test. All
other variahles and interactions are tested for significance with a two-tailed test. T significant at the .10 level. * significant at the .05 level. ** significant at the .01 level. *** significant at the .001 level. Dummy variable Department relevance is High
department relevance. Dummy variable Age is 40 years and older. Dummy variable Job Position is doctors.

Table7 Logistic regression results with Use Behavior as dependent variable
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In this section the results of the post hoc analydis Intention to Use as dependent variable
are discussedhfter that the results of thposthoc analysisvith Perceived Usefulness tse

dependentariable are discussed

Post hoc analysiof the relationship between Use Behavior and Intention to Use

This study foundn interesting correlation between Use Behavior and Intention t(sbkssso
Section 4.1)In previous studies Intention to Use served peedictorfor Use Behavior. This
study argues that Use Behaviasactual(non) use of the systeppredictstheintention to use

the system in the near futusn interesting correlatiobetween Use Behavior and Intention to
Use(.41]) in Section 4.1 gave enough support for a post hoc analysis with multiple regression

as analysis method. Table 8 shows an overview of the results.

Prior to analysing all the results, the effects of the control varialdestesteds shown
in Model 1 of Table8. The control variables Department Relevance and Job Position seemed
to play a role in the intention to use of the respondents. Moreoverpiitel| variables still
played a role when Use Behavias addedinto the equation whiclis shownin Model 2.
Further analysis with a clsiquare test revealed again a significaegitionship between
Department Relevance and Intention to Ug€1X= 9.48 p < 01 (see also Appendix 15).
However, no significantelationshipwas found with a chsquare test between Job Position and
Intention to Use X(1) = 3.25, p = .07 (see also Appendix 15). Thus, compared to caregivers of
the departments where the systemot of high relevance, caregiverthe departments with
high system relevance do intend to use the system in the near Retaiged information can
be foundn Table8 (see also Appendix2). All results discussbeloware derivedrom Model

2. The results discussed below are presented in Model 2 of Table 8.

Use Behaviohada positive significant direct effect dntention to Us€g3 = 57, p <
.05). Although not hypothesized, to come full circlethe sequence of timearegiversvho
actuallyuse the system are more intended to use the systtma near futur¢hancaregivers

who not use the system.
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Dependent Variable: Intention to Use

Model 1 Model 2
Variable B(SE) | B | BGSE) | B
Constant 28 (26) -04(28)
Control Variables
Department Relevance .65 (.21)%*F 34 48(.21)* .25
Job Position -.60 (.21)** -.31 -.59(.20)** -.30
Age -38(.24) -17 -26(.12) -.12
Social Influence Sensitivity - 20(.10)tf -.20 -.19(.10)f -.20
Independent Variables
1] Use Behavior S57(.22)* .29
Model Statistics
R Square 27 35
Adjusted R Square 23 29
R Square Change 07
F F(5.90) =590 F(6.52)=6.83

Motes: n = 68. Values are rounded at two decimals. B (SE) is the unstandardized
coefficient with the standard error in the brackets. B is the standardized coefficient.
T significant at the .10 level (2-tailed). * significant at the .05 level (2-tailed). **
significant at the .01 level (2-tailed). ¥** significant at the 001 level [2-tailed).
Dummy variable Department relevance iz High department relevance. Dummy
variable Age is 40 years and older. Dummy variable lob Position is doctors. Dummy
variable Use Behavior is actual users of the system.

Table8 Posthoc analysis results with Intention to Use as dependent variable

Post hoc analysi®of Number of Sociallnfluence Groups

Although no multiple group moderatiaffects were foundsome multiple group moderation
effects occurred durinthe analyses. Therefgrenough evidence was found to condaigtost
hoc analysisin Table 5Model 4 a significant effect wasund for the moderation effect of
Number of Social Influence Groups dhe effect betweerPositive Social Influencend

PerceivedJsefulness. This effect wagain significant in Table 5 Model 5 at the .10 level.

This moderation effeatas further analyadwith PROCESS to findrainteractioneffect
with correspondingonditional effectsA significant interaction effect waund for Number
of Social Influence Groups on Positive Social Influence (B8, p <.001)Conditional effects
were present whichare shownn Table9 (see also Appendix 12)hose conditional effects
indicatethat wherthe more groups exert sockssurethe less effect Social Influence has on
Perceived Usefulness. However, thi®deration effect waenly significant when the ber
studied effects in Radboudumc wesgcluded.The conditional moderator effts are made

visible in Figure 3
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Square root Number of Social Influence Groups
Distance from mean (Mean = .46) Mumber of Groups Effect
-A46 0 A3EE
S8 1 -.37*
1.01 2 -0
1.27 3 - 9O

Maotes: *** Effect is significant at the 001 level (2-tailed). ** Effect is significant at
the .01 level (2-tailed). * Effect is significant at the .05 level.

Table9 Moderation effect Number of Social Influence Groups

Moderator effect NSIG x PSI on PU

0,8
0,6
0,4
0,2 2

-0,9439 0 0,9439
-0,2

-0,4
-0,6
-0,8

—Positive Social Influence 0 groups 1,5 groups 3 groups

Figure 3 Visualization of moderator effect NumbeSotial Influence Groups x Positive Social Influence

Also, in Table 7Model 4 a significanteffect at the .10 levelwas found for the
moderation effect oSocial Influence Group Othemn the effect betweerPositive Social
Influence and Use BehaviorFurther analysisvith PROCESS(see appendix 12fpund no
significant interaction effecfor Number of Social Influence Groups oRostive Social
Influence (B =.05, p = .85.
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5 Conclusion and Discussion

To shortly answer the research questibig studyhas been unable to demonstrifiat social
influence of multipleactorshas an effeabn theusebehavior ofcaregiversiluring the adoption
of an emergent technologyhis outcome wasortraryto that of adoption literatur@louffe et
al., 2001) and diffusion literaturéAbrahamson & Rosenkopf, 1997; Tolbert & Zucker, 1983)
which found multiactor effectsMeanwhile this studysupporéedthe ideaabout tle effects of
social influence irtechnology acceptee. An overview of theesultsfoundand hypothsis of

this researcis displayedn Table 10.

This researchevolutionary incorporated users and a@ers (who did use the system
in the past omwere supposed to use the system) in its analysis. D@ analyed with
confirmatory facto analysis, multiple regression and logistic regressite. rérieved results
gave surprisingnswer®nwhat effect social influence of multipéetorshas on the technology
acceptance ofaregiversduringthe adoption of an emergent technologynotherimportant
finding wasa positive effect of Use Behavior on Intention to Wesend in a post hoc analysis

which gives input for further research.

Perceived Perceived Ease |Positive Social Negative Social
Variable Use Behavior |Usefulness of Use Influence Influence
Direct effects:
Intention to Use Yes HI1: Yes H?: Yes H6: Yes H6: No
Use Behavior H4: No H5: No H7: No H7: No
Perceived Usefulness H3: Yes HE: No HSE: No
Moderation effects:
Positive Social Influence H%: No H%: Yes
Negative Social Influence
Social Influence Group Hl0c: No Hl0a: No H10b:No H10a:No HI10b: No
Type
Number of Social Influence N ~ _ - - -
T Yes Hllc: No Hlla: No Hllb:No Hlla:No HI1lb: No

Notes. Yes: there is a significant effect. No: there is no significant effect.

Table10 Oveniew of results and hypothesizes

In accordance witlkearliertechnology acceptanstudies(Davis et al., 1989; Schepers
& Wetzels, 2007; Venkatesh & Davis, 200@)is study concludethat perceived usefulness
positively influences the intention to use a system. In this exiésu perceivedase of use
positively influencedthe intention to use a system. Furthermore, perceived ease of use

positively influencedperceived usefulnes8Vhat wassurprising arghe differences between

Radboud University % Radboudumc

&
NS



49

the effects onintention to use the system and tisebehavior of thecaregiversCompared to
intention to e, the relationship betweerse behavior andperceivedusefulnesswas not
significantin this study Also, no relationship was found between the relationship of use
behaviorand perceived ease of us@other unanticipated finding waisatno direct effectvas
presenfor social influence onsebehavior. Howeer, an interaction effegtasfoundfor social
influence on the effect gferceived usefulness theusebehavior of the caregiver$heless
caregivers experience positive social influentes higher the probability that Perceived
Usefulness lead to aal system usélhis outcome wagontrary to that of Davis et al. (1989)

who found no support for social influences in technology acceptance.

The current studyound a positive direct effectof positive social influencen the
intention to use a system. However, the findingthia researcldid not supportan effect of
negative social influence on intention to uske variablenegative social influendead a low
reliability score after thgperformedConfirmatory Factor Aalysis. Despite the differences
betweerintention to us@andusebehavior the findings in the present studynfirmsthe earlier
suggestion that social influences are a condition for technology acceptaeo®loyees in an

organization.

One interestindinding wasa moderatioreffect for the number of social influence
groups exerting pressure on the relationship between Positive Social Influence and Perceived
Usefulnessn a post hoc analysig his effect assumetiat the morgroupsthatexertpressure
the less effect positive social influence has on the perceived usefulness of usersuasersion
Thus, prove wafound for a multiple group moderation effect on Positive Socidlidnice in
technology acceptance. A note of caution for interpretatiomiéshere sincéhis moderation
effect was not present ime models othis study(see Table 4, 5, and.7n conclusion, as
several effectsverefound for Positive social influence in technology acceptariois study
confirmedthe arguments dofenkatesh et al. (2003Yenkatesh et al. (2012and other studies
(Schepers & Wetzels, 2007 add social influence into technology acceptance studies.

Accordingto these data, social influence seentondition in a hospital environment.

The objective of this study was integrate a muHactor perspectivén technology
acceptance as earlier happened in adoption treaahydiffusion theory. As mentioned in the
theoretical framework, a multiplactorview is combinedwith bandwagon effestto create a
multiple-actor perspective. The firpart of thismulti-actor perspectivenfultiple-actor view in
the form of the variabl8ocial Influence Group Typ&asnot foundin relationto the intention
to use the systemA possible explanation for this might be thagrceived and formalized
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competence monopoliese presenn a hospital environmeriKrogstad, Hofoss, & Hjortdahl,

2004) i.e,i ndi vidualistic work structure. This r
competencies, and gb-operationc o n ¢ €Kpogssatl et al., 2004, p. 494)hesame reason

applies to the not found bandwagon effedn relation to the intention to use the system
(Number of Social Influence Groupshlso, this study tried to integrate a mudtctor
perspective in relation witthe actual use of the systeand the perceived usefulness of the

system Both components ohts multrtactor perspective wemgot found inrelationshipwith
theactualuse of thesystemand the perceived usefulness of the sysiEme results for actual

use of the system need to btenmpreted with caution because the ratio of the sample was below

the recommended threshold. Furthermore, a possible explanation could again be the

individualistic work structure in hospital environments.

Taken togethethe present research has been wnabtiemonstrate that social influence
of multiple actorshas an effecon theusebehavior of caregivers during the adoption of an
emergent technologyhis outcomeis contrary toearlier findingsin adoption(Plouffe et al.,
2001) and diffusion literaturd Abrahamson & Rosenkopf, 1997; Tolbert & Zucker, 1983)
Although a multiactor effectwvasfoundin a post hoc analysidMore multi-actoreffects were
expected butather disappointingot found which gives input for further researgltcording
to the current studysocial influences play a role in technology acceptafositive social
influences have a direct positive effecttbe intention to use the systewhile the absence of
positive social influencesould decrease the positive effect pérceived usefulnessnahe
probability thatcaregiwers usethe systemTherefore social influences indeed play a role in
technology acceptance and even seems to be a condition in a healthcare context.

AlthoughRadboudumc allowethis studyto investigatehe implementation of Facetatk the
different departments, Facetalk was not aganizatiorwide technology implementation.
Another limitationwas asample size of n = 70 which was not very encouraging for the analyses
of this study. Due tahe small sample size, missing data was treated with Expectation
Maximization instead of listwise deletion. Also, due to tkimall sample size, careful

interpretation of th logistic regression resultsriseded as a type Il error mididve occurred

This researcltan be generalized to thEacetalkpopulation However,the Facetalk

population differs from the Radbouduncaregiver populationand the whole healthcare
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populationin the NetherlandsThis makes the findings of this study less generalisabiiee
latter two populationsFurthermore, this studwyas conductedat Radboudumc, a university
medical center in the Netherlands, which means tes¢archers should be careful with

generalizingesults of thistsidy to other firmperating outside a hospital environment.

In contradiction wih earlier studiesn technology acceptang®enkatesh & Davis,
2000;Venkaesh et al., 2003; Venkatesh et al., 201} is the first study to make a distinction
between positive and negative social influentilst this study partiallysubstantiate social
influences in technology acceptance, it did not confiegativesocial influencen technology
acceptance. Negative social influence was not assessedod low reliability scorein
confirmatory factor analysig.hiswas a major dralbackfor assessg the whole effect of social
influence. Further studies regarding the role of negative social influendechnology

aaceptance would be worthwhile.

Only a few studies found proof for a nemgnificant effect of perceived usefulness and
perceived ease of use asebehavior in technology acceptan@chepers & Wetzels, 20Q7)
This study found noignificant directeffects for both variables.hls phenomenomnight
suggestshat Venkatesh et al. (2003yere in the right direction with thedaptionof variable
Perceived Ese ofUse to Effort Expectancynlretospect, it might have been better to use
UTAUT (Venkatesh et al., 2002)s a basic modeRn issue with the nosignificant effects
wasa slightly low ratio in logistic regression (9: Type Il errors might have occurred which
could explain thenon-significanteffects for perceivedsefulness angerceived ease ofsa.
Further research miglaxplorethis phenomenorand determinef perceived sefulness and
perceived ease ofeareoutdate conceps, if thefound nonsignificant effectsverecausedy
the slightly low ratio in logistic regressipor if this phenomenon onlycours in a hospital

environment.

In consonancewith Venkatesh et al. (2012}his study selected actual users as
respondents Moreover, this study selected actual users andusens as respondents
Therefore a conceptual modek developed which incorporatadtention to use and use
behavior as two dependent variabl€ke effects on intention tose diffeed from the effects
on use khavior.Further research miglaisses the interestingquestion if intention to seis a
goodpredictorof use kehavior in technology acceptan@m issue that was not addressed in
this study was whether the different effects occurred becauke different analysis methods
used toassesghe dependent variableNotwithstanding this limitationa post hoc analysis
found aneffectwhere use behavior was an antecedenttehtion to $e. This effect might
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serve as a base for future studies agiinds more logical ithe sequencef time. Therefore,
when actual use istudied usebehavior should predict the intention to use the systethe

near future

The main goal of the current study was to identifylti-actor effects in technology
acceptace A multi-actor effectwas found in a post hoc analysnsthis study.More effects
were hypothesizedbut not found A few effects weresignificant when p= .10 or were
significant withfewer variables in the equationhe relative individualistic workulture in a
hospital environment might beraasorfor the nonsignificant moderator effec{&rogstad et
al., 2004) Due to the individualististructure multi-actor influences and bandwagon effects
might have less effect. Overall, geresuls suggesturther research into the effects of multi
actor influenceon technology acceptancé&his is supprted by successfully integrated
bandwagon effects in the related diffusion literafdderahamson &Rosenkopf, 1997; Tolbert
& Zucker, 1983)and multiactor perspective irhe relatedadoption literaturgPlouffe et al.,
2001) Therefore, thisstudy suggest further research in multactor perspdwtves and

bandwagon effects whikaking into account individualistic work structures and cultures.

In responseo the study ofde Veer et al. (2011}this research found academic pradfy
introductions of new information technologim a healthcare environment aatednegativdy.

Still othe proof is necessaty create a whole understanding of this phenomeHRuwafindings

in this investigation found that perceived usefulness is not the most important determinant
positively relagd to the intention to use the system what contradictsaths et al. {989)

and later studie§Schepers & Wetzels, 2007here, positive sociahfluence waghe most
important determinant positively related ke tintention to use the syste@nly aninteraction

effect wasfound between positive social influence and the effect of perceived usefulness on
use behavior whiclis contrary toDavis et al. (1989)Moreover,perceived gefulnessand
perceivedease of sewere not significantly related to use behavior in this study. Overall, these
findings feeds the discussion of the adoption of social influences iroleglyracceptancdhis

study arguesfor addng social influences in technology acceptance in accordance with
Venkatesh et al. (2008ndseveral TAM studie§¢Schepers & Wetzels, 2007)

The aim of the present researctasvto implement a muiictor perspective in

technology acceptance asmultipleactorview is no longer unknownn adoption literature
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(Plouffe et al., 2001; Singh et al., 2004)so, bandwagon effects are not unknown in diffusion
theory(Abrahamson & Rosenkopf, 1997; Tolbert & Zeck1983) A multiple-actor effecivas
foundin a post hoc analysiJhis resultmight be fruitful start the discussiothat a multiple

actor perspective shoulie adoptedh technology acceptance studies.

Maybe thekey strength othis studywasthe first stepn the creation of aew conceptual
model with two dependent variables. In line witbnkatesh et al. (2012Zhis research studied
actual users. Hower, in this study users and naeers wee selected as respondersnew
conceptual model had to be developethcorporate the selected respondehliscomparison
with earlier modelsg.g, TAM andUTUAT), this new model has an extra possibility. The new

modelcancompare the results for actual use and the intention tthesystem in the future.

This research provideahderstanding about a more successful implementation of information

technologies fomanagers who are responsible fohtealogy implementations in a healthcare

environmentManagers often think that the easiness to use a systgitidal to the success of

a technology implementatigBranscomb & Thomas, 1988t the resuft of this studystatel

that manageramight focus more on the positive socil influences to use the system.
Without a form of positive sociahfluence the implementation of the information

system might bdess successful. To integrate a form of positeeeial influence in the

implementation process, managers migisure a reward grunishmentwhena caregiveris

using or not using the systeManagersnightcreate an environment wheneportantreferents

of the selectedaregiverghink he or she should use the gyst Furthermore, managers might

achieve referent power with processes as social exchange, coalition formation, and resource

allocation.Management responsible for technology implementatigght wantto be careful

how to exerpositive social influences. They migbhly exert positive social influenceghen

caregiversntend to use the system. Whie caregiversare using theystem they might not

exert positive social influences as tbaregiversmight perceive the system &sss useful.

According to thisstudy a multractor strategy in a hospital environment seems to be a wrong

choice.No significanteffectwas found whainight bedue totheindividualistic work structures

in healthcareenvironmentsSpecifically,for manaers this meathat every departmemight

needits own implementation strategy where they focus on tbein implementation.
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Perceived usefulness still essentialvhen managers want to intendregiverdo use
the systemManagershouldensure an increased status in the social systearefiversvho
use the systemManagement responsible for technology acceptasttauld not blindly
implement an information system but should carefdiécide if an information system is
applicableto the job of the usersurthermore, the syste should perform its task well and

managers should ensure tangibilifytloe results with the system.

Although the easiness to use a system is less impdin@mipositive social influences
it still hasalargeeffect on technology acceptance. Managers should ensucatbgiversvho
are selectechs potential users of the system hawect positiveexperiences with similar
situations.In addition selectedtaregivershouldfavorablecome out of an environment with

good performances of othearegiverswith the system or a similar system.

Specifically for Radboudumc managers responsible for information technology
implementationsuch as Facetalk, migh&refully select which departmeéreallyneeds to use
the technology.In the case of Facetalk 12 of the 22 studied departments did not perceive
Facetalk as useful which is 55rpent. Managersnight want torewardcaregiversvho use
Facetalk with anncrease in statuef their social system but only when they start to use
Facetalk. A reward when caregivers already use Faaatglitreduce the perceived usefulness
of the system Managemenshould create tangible successful results of Facetalk. On every
departmentcaregversshould be selected whnavepositive direcor indirectexperiences with
similar situationsAs mentionedthis study found thahe presence of positive social influence
has amajor role in technology acceptan@nd especially in the intention to use the system
However during the adoption of Facetalk3 percent of the respondents did not perceive
positive social influece. In response, managers migigate an environment where Facetalk is
supported by the s@t systemManager®f Radboudumeshouldknowthat doctorscompared
to nurses, do ot perceive Facetalk as useful. To conclude, if technology implementation
managers at Radboudumc take into account the mentioned implications, the implementation of

Facettk andotheremerging technologida the futuremight improve.
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Appendices

This study has 15 appendicégppendix 1presents the survepppendix 2is concerned with
the doubleback translation Appendix 3 explainsthe missing data analysig\ppendix 4
presentsheassumptions for CFAAppendix 5is concerned witlthe assumptions for multiple
regressionAppendix 6points outhe assumptions for logistic regressigppendix 7presents
the SPSS data of the respondemgpendix 8is concerned witlithe SPSS data for the
descriptive statisticand correlationsAppendix 9points outthe results for multiple regression
with Intention to Use as dependent vhlé Appendix 10presentghe results for multiple
regression with Perceived Usefulness as dependent learadpendix 11lis concerned with
the results for logistic regressiofppendix 12points outthe resultof the post hocanalyss.
Appendix B presentsthe results of the CFAAppendix 14 is concerned withthe

representatieness of the sampl@ppendix 15points outthe chisquare tests
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Appendix 1 -  Survey

All questions in thesurveyare indicated with a number. With this number you can trace back which variable is questioned with the corresponding
items 6ee Tablel in Section 3.3 and Appendix Z.g. in Block 1 Question (Q) 10 is displayed. This corresponds with the control geakigél
which is indicated as variable 10.

Introduction

Bedankt voor uw deelname aanaitderzoekin dit onderzoek wordt gevraagd naar uw gebruikservaringen met Facetalk en de mogelijke sociale
invloeden. De resultaten van dit onderzeekden gebruikt om verbetersuggesties te ontwikkelen voor de implementatie van Facetalk en
soortgelijke technologieéin het Radboudumc. Dit onderzoek maakt deel uit van een bedrijfskundige masterscriptie van de Radboud

Universiteit. Het onderzoek zal ongeveer 6 minuten van uw tijd in beslag nemen. De resultaten van dit onderzoek worden anoniem verwerkt.
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Block 1

Q10 Wat is uw leeftijdscategorie?
19 jaar of jonger (6)

20 tot en met 29 jaar (1)
30 tot en met 39 jaar (2)
40 tot en met 49 jaar (3)
50 tot en met 59 jaar (4)
60 jaar of ouder (5)

[T o T o T o TR« SR o W

Q11 Wat is uw functie bij het Radboudumc?
Medisch Speciadit (5)

Arts in opleiding tot specialist (7)
Hoofdverpleegkundige (2)
Verpleegkundig specialist (6)
Verpleegkundige (3)

[T o T o TR o Y o SR o W

Mijn functie staat er niet tussen, ik ben: (4)

Q8 Op welke afdeling bentwerkzaam?
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Block 2

Q12 De volgende drie vragen gaan over de rol van andere mensen waardoor u in het algemeen sociale druk ervaart.

Helemaal - Noch
Enigszins e Helemaal
mee Oneens eens of| Enigszins| Eens
oneens mee eens

oneens |  (2) - oneens eens (5)| (6) @)
@ (4)

Mensen die belangrijk zijn voor mijn functie, hebben
invioed op mij uitgeoefend1) ¢ ¢ ¢ ¢ 4 & &

Mensen die mijn gedrag beinvioeden, hebben invioed
mij uitgeoefend(2) ¢ ¢ ¢ ¢ 4 ¢ ¢

Mensen waarvan ik de meningen waardeer, hebbe
invloed op mij uitgeoefend3) ¢ © & ¢ ¢ ¢ ¢

Radboud University §%§3 Radboudumc
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Block 3

Q7a- 28. Gebruikt u Facetalk?
¢ Ja(l)

¢ Nee (2)

Display This Question:
If Gebruikt u Facetalk? Nee Is Selected

Q7a- 29. Heeftu in het verleden Facetalk gebruikt, maar bent u gestopt met het gebruiken van Facetalk?
¢ Ja(l)

¢ Nee (2)

Display This Question:
If Gebruikt u Facetalk? Ja Is Selected
Or Heeft u in het verleden Facetalk gebruikt, maar bent u gestopt met het gebruikecetmlk? Ja Is Selected
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Q9- 32. Wanneer heeft u Facetalk voor het eerst gebruikt?

¢, 2014 of eerder (5)
¢ 2015 (1)
¢ 2016 (2)

¢ 2017 (3)

Display This Question:

If Heeftu in het verleden Facetalk gebruikt, maar bent u gestopt met het gebruiken van Facetalk? Ja Is Selected

Q9- 33. Wanneer bent u gestopt met het gebruiken van Facetalk?
¢, 2014 of eerder (1)
¢ 2015 (2)
¢ 2016 (3)

¢ 2017 (4)

Display This Question:
If Gebruiktu Facetalk? Ja Is Selected
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Q7b De volgende vraag gaat over hoe regelmatig u Facetalk gebruikt. U bent het helemaal met deze stelling eens alger kaeetaikneer

per week gebruikt.

Helemaal Enigszins Helemaal
Oneens Eens
mee oneens 2) oneens 2 mee eens

Ik gebruik vaak Facetalk. (1)

Display This Question:
If De volgende vraag gaat over hoe regelmatig u Facetalk gebruikt. U bent het helemaal met dezdedtghaal mee oneens Is Selected
Or De volgende vraag gaat over hoe regelmatig u Facetalk gebruikt. U bent het helemaal met defensehs Is Selected

Or Gebruikt u Facetalk? Nee Is Selected

QakKunt u een toelichting geven waarom u Facetalk bijna niet gebruikt, niet meer gebruikt of nog nooit hebt gebruikt?
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Block 4

Q6 De onderstaande drie vragen gaan over uw intentie om Facetalk te gebruiken.

e Noch
Helemaal Enigszins e Helemaal
Oneens eens of | Enigszins| Eens
mee oneens mee een
2 oneens | eens (5)| (6)
oneens (1) (7)
4)
Ik ben van plan om Facetalk in de nabije toekomst te gebrui
(1) ¢ ¢ ¢ ¢ ¢ ¢ ¢
Ik zal altijd proberen om Facetalk in mijn werkzaamheden
gebruiken(2) ¢ ¢ ¢ ¢ ¢ ¢ ¢
Ik ben van plan om Facetalk vaak te gebruikah. 2 7 2 % l l 2
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Block 5

Q1 De onderstaande zes vragen gaan over het nut van Facetalk.

Helemaal - Noch
Enigszins e Helemaal
mee Oneens eens of| Enigszins| Eens
oneens mee een

oneens (2) @) oneens, eens(5)| (6) @)
(1) (4)

Mijn taken zouden sneller voltooid zijn als ik Facetalk tijden
mijn werk gebruik(1) ¢ ¢ ¢ ¢ ¢ ¢ 2
Het gebruik van Facetalk zou mijn werkprestatie verbet¢2gn. ‘ ‘ 3 : . ‘ 3

Mijn productiviteit zou dalen door het gebruik van Facetalk
tijdens mijn werkzaamhede(B) ¢ ¢ ¢ ¢ ¢ ¢ ¢

Het gebruik van Facetalk zou de effectiviteit van mijn

werkzaamheden verbeterga) ¢ ¢ ¢ ¢ ¢ ¢ ¢

Mijn werkzaamheden zouden moeilijker worden door het geb
van Facetalk(5) ¢ ¢ ¢ ¢ ¢ ¢ ¢
Ik zou Facetalk bruikbaar vinden tijdens mijn werkzaamhe@n 2 y 5 ‘ ‘ . ‘
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Block 6

Q2 De onderstaande vijf vragen gaan over het gebruik van Facetalk.

Helemaal Enigszins) Nocheens Helemaal
Oneens Enigszins| Eens

mee oneens | of oneens mee eens
eens (5)  (6)

2
oneens (1) ©) (4) (7)

Het zou makkelijk zijn om te leren hoe ik Facetalk moe
bedienen(1) ¢ ¢ ¢ ¢ ¢ ¢ ¢

Ik zou het moeilijk vinden om Facetalk te laten doen wa
wil dat het doet(2) ¢ ¢ ¢ ¢ ¢ ¢ ¢

Mijn interactie met het systeem Facetalk zou onduidelijk

onbegrijpelijk zijn.(3) ¢ ¢ ¢ ¢ ¢ ¢ &

Het zou voor mij makkelijlzijn om vaardig te worden in he
gebruik van Facetalk5) ¢ ¢ ¢ ¢ ¢ ¢ &
Ik zou Facetalk makkelijk in gebruik vinde(®) 2 ’ ‘ ‘ ‘ ‘ 3
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Block 7

Q3 De volgende vier vragen gaan over de rol van andere mensen met betrekking tot Facetalk.

Helemaal - Noch
Enigszins - Helemaal
mee Oneens eens of| Enigszins| Eens
oneens mee eens
oneens (2) oneens, eens (5)| (6)
©) (7)
1) 4)
Mensen die belangrijk zijn voor mijn functie, vinden dat
Facetalk zou moeten gebruikéh) ¢ ¢ ¢ ¢ ¢ ¢ ¢
Mensen die mijn gedrag beinvloeden, vinden dat ik Face
moet gebruiken(2) ¢ ¢ ¢ ¢ ¢ ¢ ¢
Mensen waarvan ik de meningen waardeer, hebben ¢
voorkeur dat ik Facetalk gebrui(d) ¢ ¢ ¢ ¢ ¢ ¢ ¢
In het algemeen heeft het Radboudumc het gebruik v:
Facetalk ondersteun(t) ¢ ¢ ¢ ¢ ¢ ¢ ¢
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Block 8

Q3 reversed De volgende vier vragen gaan over de rol van andere mensen met betrekking tot Facetalk.

Helemaal - Noch
Enigszins - Helemaal
mee Oneens eens of| Enigszins Eens
oneens mee eens
oneens (2) oneens| eens (5) | (6)
©) (7)
1) 4)
Mensen die belangrijk zijn voor mijn functie, vinden dat ik
geen Facetalk zou moeten gebruik@). ¢ ¢ ¢ ¢ ¢ ¢ ¢
Mensen die mijn gedrag beinvloeden, vinden dat ik gee
Facetalk moet gebruike(®) ¢ ¢ ¢ ¢ ¢ ¢ ¢
Mensen waarvan ik de meningen waardeer, hebben de
voorkeur dat ik geen Facetalk gebru(&) ¢ ¢ ¢ ¢ ¢ ¢ ¢
In het algemeen heeft het Radboudumc het gebruik vai
Facetalk niet ondersteund) ¢ ¢ ¢ ¢ ¢ ¢ ¢
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Block 9

Q4 De volgende vier vragen gaan over de rollen van bepaalde groepen met betrekking tot Facetalk.

Helemaal - Noch
Enigszins - Helemaal
mee Oneens eens of| Enigszins| Eens
oneens mee eeng

oneens ) oneens| eens (5)| (6)

©) (7)

Andere zorgverleners hebben invioed op mij uitgeoefét)d. : 3 : : : ‘ ‘

De afdeling Informatie Management heeft invioed op mij

uitgeoefend(2) ¢ ¢ ¢ ¢ ¢ ¢ ¢

Patiénten hebben invioed op mij uitgeoefe3). . l . ‘ ‘ ‘ ‘
Andere groepen dan hierboven genoemd hebben invioed o

2 2 é é ¢ ¢ ¢

uitgeoefend(4)

Display This Question:
If De volgende vier vragen gaan over de rollen van bepaalde groepen met betrekking tot Facetalk.&nbsp; Andere groepevedan hierbo

genoemd hebben invloed op mij uitgeoefendelemaal mee oneens Is Not Selected
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Q4.1 Welke groepen naast andere zorgvertemr afdeling Informatie Management en patiénten hebben nog meer invioed op u uitgeoefend?

‘erre

Radboud University % Radboudumc



Appendix 2 -

Double-back translation

74

No.|Variable Item no. | Adapted items translated to Dutch Item no. | Double-back translated items
1|Mijn taken zouden sneller voltooid zijn als ik Facetalk tijdens mijn werk gebruik. 1| My tasks are completed more quickly, now that | am using Facetalk during my job.
2 |Het gebruik van Facetalk zou mijn werkprestatie verbeteren. 2 |The use of Facetalk has improved my work performance.
.| perceived Usefulness 3.|Mijn productiviteit zou dalen door het gebruik van Facetalk tijdens mijn werkzaamheden. 3.| My productivity has decreased due to the use of Facetalk during my work.
4.]Het gebruik van Facetalk zou de effectiviteit van mijn werkzaamheden verbeteren. 4.]The use of Facetalk has improved the efficiency of my tasks.
5Mijn werkzaamheden zouden moeilijker worden door het gebruik van Facetalk. 5. My tasks have become more difficult due to the use of Facetalk.
6]k zou Facetalk bruikbaar vinden tijdens mijn werkzaamheden. 6.|! feel Facetalk is useful during my work
7.|Het zou makkelijk zijn om te leren hoe ik Facetalk moet bedienen. 7.|Learning how to operate Facetalk was a simple thing to do.
B |Ik zou het meeilijk vinden om Facetalk te laten doen wat ik wil dat het deed. B[l found it difficult to make Facetalk do what | wanted it to do.
R S.|Mijn interactie met het systeem Facetalk zou onduidelijk en onbegrijpelijk zijn. S.|My interaction with the Facetalk system was unclear and incomprehensible.
2. | Perceived Ease of Use - . -
_Het zou eenvoudig zijn om Facetalk te bedienen. _ Itis simple to operate Facetalk.
11 |Het zou voor mij makkelijk zijn om vaardig te worden in het gebruik van Facetalk. 11| It was easy for me to become competent in using Facetalk
12 |Ik zou Facetalk makkelijk in gebruik vinden. 12 || feel Facetalk is easy to use.
13.|Mensen die belangrijk zijn voor mijn functie, vinden dat ik Facetalk zou moeten gebruiken. 13.|People who are important te my job, find that | should use Facetalk.
3 Positive Social 14 |[Mensen die mijn gedrag beinviceden, vinden dat ik geen Facetalk moet gebruiken. 14 |People who influence my behavior, find that | should not use Facetalk.
: Influence 15 |Mensen waarvan ik de meningen waardeer, hebben liever dat ik Facetalk gebruik. 15.|People whose opinions | value, prefer that | use Facetalk.
16.]In het algemeen heeft het Radboudumc het gebruik van Facetalk ondersteund. 16.|In general, Radboudume has supported the use of Facetalk.
13.|Mensen die belangrijk zijn voor mijn functie, vinden dat ik geen Facetalk zou moeten gebruikdg 13.|People who are important te my job, find that | should not use Facetalk.
3 Megative Social 14 Imensen die mijn gedrag beinviceden, vinden dat ik geen Facetalk moet gebruiken. 14 |People who influence my behavior, find that | do not have to use Facetalk.
: Influence 15 |Mensen waarvan ik de meningen waardeer, hebben liever dat geen ik Facetalk gebruik. 15.|People whose opinions | value, prefer that | do not use Facetalk.
16.JIn het algemeen heeft het Radboudumc het gebruik van Facetalk niet ondersteund. 16.|Generally, Radboudumc did not support Facetalk's use.
21.|Andere zorgverleners hebben inviced op mij uitgeoefend. 21.| Different caregivers have influenced me.
4 Social Influence Group 22 |De afdeling Informatie Management heeft invioed op mij uitgecefend. 22 |The Information and Management department has influenced me.
. Type 23 |Patiénten hebben invioed op mij uitgecefend. 23 |Patients have influenced me.
24 |Andere groepen dan hierboven genoemd hebben invioed op mij uitgecefend. 24 | Other groups than the ones mentioned above, have influenced me.
5. MNumber of Social 95, 75,
Influence Groups
25|k ben van plan om Facetalk in de nabije toekomst te gebruiken. 251 plan to use Facetalk in the near future.
B. Intention to use 26.| 1k zal altijd proberen om Facetalk in mijn werkzaamheden te gebruiken. 26.| 1 will always try to incorporate Facetalk in my work.
27|k ben van plan om Facetalk vaak te gebruiken. 27.]1 am planning to use Facetalk frequently.
bl ]Ik gebruik vaak Facetalk. b1l frequently use Facetalk.
7. Uze Behavior 28 | Gebruikt u Facetalk? 28| Do you use Facetalk?
29 |Heeft uin hetverleden Facetalk gebruikt, maar bent u gestopt met het gebruiken van Facetalk 29.|Did you use Facetalk in the past, but stopped using it now?
Control Variables
8. | Department Relevance 31.|0p welke afdeling bent u werkzaam? 31.|Which department do you work for?
9, | Amount of Using Years 32.|Wanneer heeft u Facetalk voor het eerst gebruikt? 32 |When did you use Facetalk for the first time?
33.|Wanneer bent u gestopt met het gebruiken van Facetalk? 33.|When did you stop using Facetalk?
10. Age 34 |Wat is uw leeftijdscategorie? 34 |What is your age?
11. lob Position 35.)Wat is uw functie? 35.|What is your position in this company?
36.|Mensen die belangrijk zijn voor mijn functie, hebben invieed op mij uitgeoefend. 36.|People who are important for my role, have influenced me.
12 |ensitivity secial Influend 37.|mensen die mijn gedrag beinviceden, hebben invioed op mij uitgeoefend. 37.|People who influence my behavior, have influenced me.
38.|Mensen waarvan ik de meningen waardeer, hebben inviced op mij uitgeoefend. 38.|People whose opinions | value, have influenced me.
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Appendix 3 -  Missing data analysis

A missing data analysis wasnducted in four steps basedldair et al. (2009) The Data of
the survey had a sample size of n = 135 at the start of the data analysis. However, the first 36
cases (selectazh thebasis ofdate) were directly deleted as they were used to test the survey.

First, the type of missing da hadto be detenined. The missing data which wpart
of the research design cha ignored and the missing dathich wasnot part of the research
design cannot bignored Both variantavereapplicable for this study. There are remedies for

missing data occurring in random patterns to reduce their effects.

Second, the effect of the missing data orréiselltshasto be determined. The data exists
of a sample size n = 9Variables with apmximately 15% missing data could be selected for
deletion, but variables with 2B0% missing data can usually be remediddir et al., 2009)
Missing individual cases with less than 10% missing data can be ignored if missing at random
(Hair et al., 2009)Missing data is present in all variables ranging from 9.1% to 29.3%.
Moreover, multiple individal cases have more than 10% missing data.

Looking intothe data a nenandom pattern wagoticed. Several individual cases did
not respond to the questions in the questionn@hies norrandom pattern is probably due to
an error in the mailing list ofd€etalk.Several respondents wemeted asa caregiverin the
Facetalk system but are working as staff personnel. A&sw@t the survey was sent to 508
employees instead of the selected 429 caregivers for this study. Supporting staff members sent
an emdito notify they answered tlgiestionnairdlank.In addition, four individual cases who
worked on supporting staff departments filled in the survey. They stated at Q&untagof
Appendix 1 andvariable 8 inTable 1in Section 3.3hat they workedfor the departments
Finance or Human Resources. Furthermore, | receifeds emails with complaints about the
relevance of the survey. | answered those complaints with a detailed explanation about this
research and the goal of the questions in the questice. Caregivers who were not convinced
might nothavefinishedthe survey in time and thus, could be a part of the redsomon
random patternsAs remedy all responses with a nalandom patternveredeleted. Alspthe
four individual cases wergeleted because they work on supporting staff departmafies.
deletion a sample size n = 70 wasmaining.After applying theremedy missing datan all
variables waganging from 0% to 7.1% which was major improvement. Unfortunately,

seeral individuad cases still hadhore than 10% missing data.
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Third, the randomness of the missing daato be determined because missing data is
high on an individual case levéllo diagnose the randomness of the mggsind at a t he L
MCAR test wagperformed. According to thiestthe data wasnissing completely at random
(X2 (186, n=70) = 162,699, P = 0.8%0

Fourth, a remedyeecdto be chosen for the missing data. Accordingdtor et al.
(2009)listwise deletion wasost applicable. However, after the remedy mgbcondtep the
sample size waseduced from 99 to 70 whideads to a nonfavorablefurther reduction in
casesThus, a modebased approach wased in the form of Expectatidviaximization. This
met hod is the “best represwaltmds omi tbldirett ehaes to rl
al., 2009, p. 55n comparison with other imputation techniques. The used technique is suitable
as the factor loadings are hi@gHair et al., 2009Wwhich wasthe case in thistudy(see also
Appendix4). Despite the use of imputation techniques, icaufor conclusions about fit was
needed because some original individual cases have more than 10% miss{iaunatal.,
2009)

Radboud University % Radboudumc

NS



77

Before listwise deletion After listwise deletion
Missing data Missing data
Mumber of MNumber of
Variable Item valid cases | Number of cases | Percent |valid cases | Number of cases| Percent
Dy d 1
1 Use Behavior Ofa__28 iz i 17,2% T 1] 0,0%
2 Intentiont to 0QE_1 76 23 23,2% o u] 0,0%
Use 6.2 76 3 23,3% 70 0 0,0%
QE_3 TE 23 23,2% Kt 1] 0,0%
Independent
3 Perceived o1 74 25 25,3% 70 i} 0,0%
Usefulness oz T4 25 25,3% 70 u] 0,0%
oLs T4 25 25,3% 0 ul 0,0%
oid T3 26 26,3% 53 1 1.4%
oLs T4 25 25,3% 0 ul 0,0%
oLe T4 25 25,3% 0 ul 0,0%
4 PEU 0z_1 Tl 28 28,3% &7 3 4,3%
Qe z Te 27 27,3% =t 2 2,9%
Qz_3
70 B e 66 4 5 7%
Q=25
T B g0y &7 3 3%
Qz_6
T B g0 &7 3 3%
Q31
5 Social Influence 7z 27 27,3% 68 2 2,9%
o3z
Tz 7 gy 55 z 2.9%
wicii}
Tz 7 g7am 55 z 2.9%
034 73 2B 263% 63 1 1,4%
Q3 _reversed 1
72 7 &7 3 3%
Q3_reversed_2
72 LR &7 3 235
O3 reversed_3
Tz 7 g7y &7 3 3%
O3 reversed_d¢
72 7 g7y &7 3 3%
Moderating
& Social Influence Q41 70 23 29,3% 65 5 7.1%
Group Types 0d_2 70 23 29,3% 65 S 7.1%
Gd_3 Ta 23 29,3% [} 5 7.1%
0d_d 70 23 29,3% ES 5 7,1%
Control
7 Age =1 a0 3 9,1% 70 0 0,0%
g Job position QM new3s a8 o o111% 69 1 1,4%
8 Department OI5_new 31 33 juul 10,1% g3 1 1,4%
10 Social Influence o121 T 22 22,2% =] 2 2,9%
Sensitivity otz 76 23 23,2% 67 3 43%
otZ_3 T ZZ 22,2% 555 2 2,9%

Data missing data SPSS

Abbreviations used in the statistics below are Sl: Social Influence, PU: Perceived Usefulness,
and PEU: Perceived Ease of Use. Question numbers (Q) cordsspibim the variableis Table

1 in Section 3.&nd Appendix 1 as do the item numb€)4. 21 is Social Influence Group Type
Caregivers. Q4 22 is Social Influence Group Type IM department. Q4_23 is Social Influence

Group Type Patients. Q4 _24 is Social Influence Group Type Gitwarps.
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Statistics

tZTFD

¥l

Walid Missing
210 Age 96 35
@11 Function 113 22
28 Deparment 135 0
212_36 51 Sensitivity 36 a3 52
Q12_37 51 Sensitivity 37 a2 a3
Q12_38 51 Sensitivity 38 a3 52
Q7a___ 28. Use Behavior 24 46
Q7a__ 29 Use Behaviorin Past 43 92
Q8__ 32 LastlUse 76 L]
29__ 33 Stoptime 14 121
Q7h_30 Regular Use 62 73
Q6_25 Intention to Use 25 100 35
Q6_26 Intention to Use 26 949 36
QE_27 Intention to Use 27 949 36
Q1_1PL 95 40
Q1_2PU2 95 40
Q1_3PU3 95 40
Q1_4PL4 94 11
Q1_&5PUA 95 40
Q1_BPUG 95 40
Q2_7TPEUT a0 45
Q2_8PEUS 31 14
Q2_SPEUS a9 46
Q2_11 PEUNM 80 45
Q2_12PEU12 a0 45
23_13 5113 Positive a0 45
23_14 5114 Positive a0 45
23_15 5115 Positive 80 45
(3_16 5116 Positive a0 45
23_13neg 5113 Megative 76 60
23_14neg 5114 Megative 75 G0
@3_15neqg 5115 Megative 75 a0
Q3_16neg 5116 Megative 74 1
Q4 _21 51 Group Type 21 88 47
24 22 S Group Type 22 a8 a7
24 _23 51 Group Type 23 28 a7
24 _24 51 Group Type 24 88 47

£ET FOD

S v
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Univariate Statistics
Missing Mo. of Extremes®
Mean Std. Deviation Count Percent Low High

Q12_36 68 4 58 1,385 2 24 2 0
Q12_37 67 407 1,460 3 43 15 1
Q12_38 68 5 1,511 2 24 2 0
Q7a__ 28 70 1,47 503 0 0 ] 0
Q6_25 70 4 95 1,610 0 0 2 0
Q6_26 70 4,48 1,700 0 0 3 0
Q6_27 70 454 1,657 0 0 4 0
211 70 3,80 1,441 0 0 ] 0
Q1_2 70 3,46 1,259 0 0 0 1
Q1 _3rev 70 4 5286 1,48148 0 0 1 0
Q1_4 65 413 1,571 1 14 0 0
Q1_Arev 70 46714 1,43175 0 0 1 0
Q1_6 70 4,90 1,287 0 0 1 0
Q2_7 67 507 1,329 3 43 1 0
Q2_Brev 68 4 60 1,283 2 24 0 0
Q2_Hrev & 484 1,122 4 57 ] 0
Q2_11 67 5 1,200 3 43 1 0
Q212 67 4,80 1,169 3 43 2 0
Q313 68 3,96 1,643 2 24 0 0
Q3_14 68 347 1,501 2 24 ] 1
Q315 68 3,63 1,485 2 24 0 3
Q3_16 G4 4 68 1,440 1 14 1 0
23_13neg 67 2,45 1,077 3 43 ] 2
23_14neq 67 2,64 1,132 3 43 ] 0
23_18neg 67 2,449 1173 3 43 ] 0
23_16neg 67 2,93 1,480 3 43 ] 1
Q5_25calc 65 1,6231 1,67230 5 7.1 0 0
Q4_21 65 3,28 1,556 5 7.1 ] 0
Q4_22 65 2,82 1,489 5 7.1 0 0
24_23 65 2,68 1,380 5 7.1 ] 0
Q4_24 65 2,68 1,382 5 7.1 0 0
Q10_34 70 0 0

211 _new3s G4 1 1.4

Q8_new3l 64 1 1.4

a. Mumber of cases outside the range (21 - 1.5*QR, 23 + 1 5*QR).
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Univariate Statistics
Missing Mo. of Extremes?®
Mean Std. Deviation Count Percent Low High
Q12_36 7o 455 1,365 ] 0 2 0
Q12_37 70 408 1,434 1] 0 15 1
Q12_38 7o 502 1,489 ] 0 2 0
Q7a__ 28 70 1,47 503 1] 0 0 0
Q6_25 7o 495 1,610 ] 0 2 0
Q6_26 70 448 1,700 1] 0 3 0
Q6_27 7o 454 1,657 ] 0 4 0
211 70 3,80 1,441 1] 0 0 0
Q1_2 7o 3,46 1,259 ] 0 0 1
Q1 _3rev 70 453 1,481 1] 0 1 0
Q1_4 7o 413 1,560 ] 0 0 0
Q1_Arev 70 4 67 1,432 1] 0 1 0
Q1_6 7o 4,80 1,287 ] 0 1 0
Q2_7 70 507 1,300 1] 0 1 0
Q2_Brev 70 46143 1,26597 ] 0 0 0
Q2_Hrev 7o 49286 1,08441 1] 0 0 0
Q2_11 7o 5,01 1174 ] 0 1 0
Q212 70 488 1,144 1] 0 2 0
Q313 7o 3,96 1,619 ] 0 0 0
Q3_14 70 347 1,480 1] 0 0 1
Q315 7o 3,64 1,464 ] 0 0 3
Q3_16 70 468 1,429 1] 0 1 0
23_13neg 7o 2,45 1,053 ] 0 0 2
23_14neq To 2,55 1,107 1] 0 0 0
23_18neg 7o 2,449 1,147 ] 0 0 2
23_16neg To 2,92 1,448 1] 0 0 1
Q4_21 7o 3,27 1,489 ] 0 0 0
Q4_22 70 2,81 1,444 1] 0 0 0
Q4_23 7o 2,69 1,329 ] 0 0 0
Q4_24 70 2,68 1,331 1] 0 0 0
Q5_25calc 70 1,4143 1,66495 ] 0 0 0

a. Mumber of cases outside the range (@1 - 1.5%QR, @3 + 1.5%QR).
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Appendix 4 -  Assumptions Confirmatory Factor
Analysis

Abbreviations used in the statisticsthis appendixare Sl: Social Influence, PU: Perceived
Usefulness, and PEU: Perceived Ease of Use. Question numbers (Q) corresponds with the

variables in Table 2 and Appendix 1 as do the item numbers.

Sample size

This study hac sampt size of 70 cases whichhglow the comforting number of 300 cases
recommended b abachnick & Fidell, 2012Meanwhile Arrindell and Van der Ende (1985)
arguedthat the cas#o-variables ratio only make a small difference for the results. Actually,
the analysis is reliable if a factor has four or more loadings abd@u#&dagnoli & Velicer,
1988) Moreover, if all communalities are above .6 sample sizes below 100 are adequate for
factor analysisgMacCallum, Widaman, Zhang, & Hong, 1999}he firal variables of the
factors hadigh loadings (> .6) but often existedit of only three variables. This is shown
Page83. Also, all the final communalities weldgh (> .6) except two communalities (.558 and
.275) which is shown oRage82. The former extraction is close 18, and the latter extraction
wasincluded because of content validity reasons. Thusetagvdy small smple size seemed

to be adequate in this study.

KMO and Barl ettds test of Sphericity

The KaiserMeyerOlkin (KMO) measure need to be above .5 to ensure if the patterns of
correlations are compaffield, 2013) The beginning KMO wa$82 and thus high enough to

have an acceptable sample adequacy. This is showabie1l. Thefinal KMO was.695 and

thus ensures a good sample adequacy. This is shovable12. Inthe samgrocessBar | et t ’ s
test of Sphericity should be conducted to check if the variables in the correlation matrix
correlate with each othéField, 2013) In thisstudyBar | et t ' s t e ssignificaht Sp her
(p < .001). HO can beejected thus correlations between variables are significantly different

from zero.

Normality
A normal distribution of the data necessaryvhen this studyvant to generalize beyond the
sample collectedField, 2013) This wasthe case in this study as | wadto generalize to at

least the whole Facetalk population. To create a normal distribution of the data item 36 and 38
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of Social Influence Sensitivitgnd Item 7 of Perceived Ease of Wgeretransformed with a
power transformation due toreegativdy skewed distribution. In addition, item 13 and df5
Negative Social Influence wasnsformed with a natural logarithm transformation due to a

positivdy skewed distribution.

KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 682
Barlett's Test of Approx. Chi-Square 1371528
Sphericity df 300
Sig. ona
TablellFirst KMO and Barlett's test
KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 695
Bartlett's Test of Approx. Chi-Square 1001 588
Sphericity df 210
Sig. 000

Tablel2Fi nal KMO and Barlettods test

Communalities

Initial Extraction
Sonsiviy 36 25 |07
Sonsiiy 3
@12_37 5l Sensitivity 37 7580 850
gg_zﬁ Intention to Use 882 881
gﬁﬁ_zﬁ Intention to Use 867 813
g?‘_?? Intention to Use 881 906
Q1_1PU1 7580 6a7
Q1_2PU2 825 Gaa
Q1 _3revPL 3 683 ATE
Q1_4PU4 718 i
Q1_GrevPLI & G681 G549
Q1_BPUE 710 651
PowTQ2_T7 G670 607
Q2_9rev PELI 9 15 275
Q2_11 PEL 11 748 ,8an
Q2_12PEU12 672 G549
23_13 5113 Positive 811 676
23_14 5114 Positive 803 7349
@3_15 5115 Positive J72 7849
Q3_14neg 5114 MNegative 363 275
Q3_16neg 5116 Negative 633 580

Extraction Method: Principal Axis Factoring.
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Pattern Matrix®
Factor
1 2 3 El 5 B

Q1_4PU 4 Ba7 126 10
Q1_2PU 2 761 215 =111
Q1_1 PUA 685 10 =176 1563
Q1 _&rev P& 632 -,305 -1749
@1 _3revPU 3 483 -,393 - 260
Q1_6PUE 444 228 - 407 1583
Q3_15 5115 Positive 8T8 - 126 - 117
Q3_13 5113 Positive 77E -100 103
Q3_14 5114 Positive 762 2049 - 176
Q12_37 51 Sensitivity 37 829
PowTQ12_36 5l
Sensitivity 36 114 300
PowTQ12_38 5l
Sensitivity 38 -128 710 -108
Q2_11PEU 11 848
PowTQz2_7 7849 114
Q2_12PEU1Z 151 A4 - 376
Q2_Y9rev PEU G -187 297 -,252
Q6_25 Intenti

_28 Intention to Use 983
25
QE_27 Intenti

_27 Intention to Use _g34
27
Q6_26 Intention to U
S Eren e 107 819 | -185
23_16neq S| 16 Megative -2 -125 JGa0
Q3_14neq 5| 14 Megative 66 15 187 328
Extraction Method: Principal Axis Factoring.
Fotation Method: Oblimin with Kaiser Mormalization.

a. Rotation converged in 7 iterations.

Normality data SPSS:
Q12_36- Social Influencesensitivity 36 After transformation
Sl Sensitivity 36 Sl Sensitivity 36
m ol [ | m ]
Radboud University % Radboudumc
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Normal Q-Q Plot of S| Sensitivity 36 Normal Q-Q Plot of S| Sensitivity 36
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Q6_25- Intention to Use 25
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Q1 2-PerceivedJsefulness 2

Frequency

PU2

Mean =346
Std.Dev.= 1,253
N=70

Q1_3-—Perceived Usefulness 3

Frequency

PU3

5

Mean =453
Std.Dev. = 1,481
N=70

Q1 _4—Perceived Usefulness 4

Frequency

PU4

Mean - 413
StdDev. =1 56
=70

Q1 _5-Perceived Usefulness 5

Frequency

PU5S

Mean = 4 67
StdDev. = 1,432
N=70

Radboud University §

ferre™

>
i<

Expected Normal

Expected Normal

Expected Normal

Expected Normal

Normal Q-Q Plot of PU 2

T
4

Observed Value

Normal Q-Q Plot of PU 3

o

T
4

Observed Value

Normal Q-Q Plot of PU 4

a4

T
4

Observed Value

Normal Q-Q Plot of PU 5

T
4

Observed Value

Radboudumc

86



Q1 6-Perceived Usefulness 6

PUG Normal @-Q Plot of PU 6
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Q2 _9Perceived Ease of USe

PEUS Normal Q-Q Plot of PEU 9
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Q3_13- Social Influencel3 Positive

SI13 Posftive Normal Q-Q Plot of SI 13 Positive
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Q3_13neg- Social Influencel3 Negative
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Normal Q-Q Plot of Sl 15 Negative
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Statistics
M Std. Error of Std. Error of
Walid Missing | Skewness Skewness Kurtosis Kurtosis
Q12_36 5l Sensitivity 36 70 0 -,832 287 360 GE6
Q12_37 5l Sensitivity 37 70 0 - 466 287 - 438 GE6
Q12_38 5l Sensitivity 38 70 0 -1,087 287 644 GE6
QFa__ 28 Use Behavior 70 0 17 287 -2,046 GE6
Q6_25 Intention to Use 25 70 ] - 7G5 287 -179 566
Q6_26 Intention to Use 26 70 0 - 457 287 -, 785 566
QE_27 Intention to Use 27 70 ] - 412 287 - 470 566
Q1_1PUA 70 0 -, 057 287 -,908 GE6
Q1_2PU2 70 0 144 287 - 438 R
Q1_3revPU 3 70 0 -39 287 - 816 GE6
Q1_4PUA4 70 0 -3 287 -1,082 66
Q1_&revPUAS 70 0 -,433 287 -,544 GE6
Q1_6PUG 70 0 -,858 287 317 GE6
Q2_T7PEUT 70 0 -, 872 287 762 GE6
Q2_8rev PEL 8 70 0 331 287 -, 364 GE6
Q2_Grev PEL 9 70 0 418 287 -1,075 GE6
Q2_11PEU 1 70 0 - 677 287 683 GE6
Q2_12PEU12 70 0 -,854 287 2178 GE6
Q3_13 5113 Positive 70 0 -,0G5 287 -, 857 GE6
@3_14 5114 Positive 70 0 120 287 - G663 566
Q3_15 5115 Positive 70 0 438 287 - M3 GE6
Q3_16 5116 Positive 70 0 - 676 287 - 450 566
Q3_13neg 5113 Megative 70 0 1,066 287 807 GE6
@3_14neg 5114 Megative 70 0 793 287 047 GEE
Q3_158neg 5115 Megative 70 0 1,003 287 B GE6
Q3_16neg 5116 Megative 70 0 G669 287 - 150 66
Statistics

PowTQ12_36 |PowTQ12_38 SI| PowTQ2_7 | LNQ3_13SI13 | LNQ3_15SI15
S| Sensitivity 36 | Sensitivity 38 Negative Negative

Valid 70 70 70 70 70

N Missing 0 0 0 0 0

Skewness -,219 -,320 -,140 -,038 -,088

Std. Error of Skewness ,287 ,287 ,287 ,287 ,287

Kurtosis -,539 -,476 -,579 ,064 -,276

Std. Error of Kurtosis ,566 ,566 ,566 ,566 ,566
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Appendix 5T Assumptions multiple regression

Assumpions for Multiple Regression wettested at the individual variablevel and at the
variate levelln addition, sample size should hamminimumratio of 5:1 and preferably a ratio
of 15:1(Hair et al., 2009)This study haé ratio of 23:1 for only independent variablésall

moderators wermcluded the ratio is 9:1Thus,the sample size in this study wasficient.

Abbreviations used in the statistias this appendixare Sl: Social Influence, PU:
Perceived Usefulness, and PEU: Perceived Ease of Use. Question numbers (Q) corresponds

with the variables in Table 2 and Appendix 1 as do the item numbers.

Normal ity of the residual sdé distribution

This assumption refers to tinermaly distributed shape of thmetric independerdandmetric
control variablegHair et al., 2009)In this study, normality wastested in twoways. First,
observing the distribution in the histograms aral glots of the varialels graphicallySecond

observing if Skewness and Kurtosisrewithin a range of |3|.

Almost allhistogram and4p plotsshowednormal distributions for all nigc variables
but the pp plotof Number ofSocial Influencesroupsshowed somequestionableesults. This
is shownon Pageé5. The test®f Skewness and Kurtosfsee Tabld.3) confirmedthe normal
distributions of the metric variablesd showd indeed skewedesults forNumber of Social
Influence GroupsThis wasremedied by a square raoansformation which ishownin Table
14. All SPSS data is shown ora§e97 and $B.

Variables Variable name in data SPSS Statistics
Skewness Kurtosis
Independent variables
Perceived Usefulness FAC1 1PU -712 -.876
Perceived Ease of Use FAC5 1PEU -932 -932
Positive Social Influence FAC? 1 SI Positive - 006 - 843
Moderator variables
Number of Social Influence Groups |Q5_25calc Number of SI Groups 3.889 053
Social Influence Group Caregivers  |Q4 21 SIGT Caregivers 1.079 -2.006
Social Influence Group T™M Q4 22 SIGT Information Management 2.543 - 922
Social Influence Group Patients Q4 23 SIGT Patients 2.373 -.613
Social Influence Group Others Q4 24 SIGT Other 2214 -.506
Control variables
Social Influence Sensitivity |[FAC3_1 SI Sensitivity -1.158 -.696

Tablel3 Skewness and Kurtosis

Radboud University % Radboudumc
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Variables Variable name in data SPSS Statistics

Skewness Kurtosis
Number of Social Influence Groups |SGRTNSIG Number of 51 Groups 2299 -2.396

Table14 Skewness and Kurtosis after Log transformation

Perceived Usefulness

PU Normal Q-Q Plot of PU
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Positive Social Influence

Sl Positive .
Normal Q-Q Plot of Sl Positive
159 ™ Mean = 9 71E-17 o
Std. Dev. = 94392 3
N=70
-
104 — -
2 'K £
o | =z
[’ @
a
]
5+ 7
2
3
T T T T T T T T T T T T
-3,00000 -2,00000 -1,00000 00000 1,00000 2,00000 3,00000 3 2 -1 0 1 2 3
Sl Positive Observed Value
Number of SocialInfluence Groups After transformation
Histogram Histogram
50 Mean = 57 5071 Mean = 46
Stel, Dev. = 809 Std. Dev.= 603
H=70 N=T0
40 40
T a0 g a0
= =
@ @
3 3
H H
I I
204 20
10 107
| +—
T T T T T T o T T T T
Kl 0 1 2 3 4 0o 0 1,00 150 2,00
Number of Sl Groups SQRTNSIG
Normal Q-Q Plot of Number of S| Groups Normal Q-Q Plot of SQRTNSIG
+
.
+
g 2 ° E b
=] =3
4 2
H H
] o °
@ @
o 1 o
> > 0
w w
o
° 7
e
T T T T T T T T T T
0 1 2 3 05 00 05 10 15 20
Observed Value Observed Value
. . s %
Radboud University $¥7¢ Radboudumc
% $

&

N
MiNe €

95



Social Influence Group Type Caregivers

Frequency

SIGT Caregivers

Mean = 3,27
Std. Dev.'= 1,499
N=70
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Social InfluenceGroup Type Information Management

Frequency

SIGT Information Management

9
8
1

Mean = 2,81
Std.Dev.= 1,444
N=70

SIGT Information Management

Social InfluenceGroup Type Patients
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SIGT Patients
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Social InfluenceGroup Type Other

SIGT Other

Mean = 2,68
St Dev.= 1,331
N=70

Normal Q-Q Plot of SIGT Other
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Social Influence Sensitivity (Control variable)
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Skewness and Kurtosis statistics

i
Observed Value

Normal Q-Q Plot of S| Sensitivity

Observed Value
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Statistics
FAC4_1
FACZ2_1 5l FAC3_1 5l Intention To

FAC1_1PU Fuositive Sensitivity Use FACS_1 PEL

M Yalid 70 70 70 70 70
Missing ] 1] 1] ] ]

Skewness -,204 =002 -,332 - 566 - 267
Std. Error of Skewness 287 287 287 287 287
Kurtosis - 496 - 477 -394 -2 883
Std. Error of Kurtosis K1l Ralili Ralili Ralils] Rali1s
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Constant variance of the error terms

This assumption tests if the dependent variables have equal variance levels across all

Statistics
Q5_24acalc Q4_22 5I1GT
Mumber of 51 Q4_21 51GT Information Q4_2381GT Q4_24 51GT
Groups Caregivers Management Patients Other
I Walid 70 70 70 70 7o
Missing ] 1] ] ] ]
Skewness 1,115 308 7249 680 635
Std. Error of Skewness 287 287 287 287 287
Kurtosis 030 -1,136 - 522 -, 347 -, 287
Std. Error of Kurtosis 566 566 566 566 566
Statistics
SQRTMSIG
M Walid 70
Missing 0
Skewness 658
Std. Error of Skewness 287
Kurtosis -1,357
Std. Error of Kurtosis Ralils

independent variable@air et al., 2009)If the variance is equahomoscedasticity can be

assumedBy studying the plots of all independent variables between the residuals and the

predicted Y values this assumpticen be checkedPlots are shown onage99, 100, and 101

Looking ino those plots this assumption wast.

Linearity of the phenomenon measured

This assumption tests if there is a linear relationship between the residuals and the independent
variables(Hair et al., 2009) If the variance stays comstt when the independent values

increase linearity can be assume@lso, this assumption can be studied by the plots of all

independent variables between the residuals and the predicted Y. Plots are sifage9®)

100, and 101Looking into thog plotsthis assumption waset.
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Perceived Usefulness

Intention To Use

Perceived Ease of Use

Intention To Use

Positive Social Influence

Intention To Use

99

Partial Regression Plot

Dependent Variable: Intention To Use
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Number of Social Influence Groups

Partial Regression Plot

Dependent Variable: Intention To Use
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ents

Partial Regression Plot
Dependent Variable: Intention To Use
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Normal ity of the residual 6s distribution on

All the previousassumptions also had be checked othe variate level. Normality waegain
testedn two ways byobserving thelistributionin the histograms andpplots of the variables
graphically andbbserving if Skewness and Kurtogigrewithin a range of [3Normality was
met as shown in thep plot and Skewrss and Kurtosis (respectivel3.584, and 2.854vhich

is shown below.

Variate
Histogram Normal P-P Plot of Regression Standardized Residual
Dependent Variable: Intention To Use , Dependent Variable: Intention To Use
20 [ gltedan[:;j EﬂnE,-aLTs dﬁpo
N =88
0,57 de
o
157 _g C{m
; /TN £
§ s
E] (5}
o 10 E
w 3 04 =
g ot
quID
5 0,24
&) T ’—! T T T T oo T T T T
-4 3 2 A 1 2 00 02 04 08 08 10
Regression Standardized Residual Observed Cum Prob
Statistics
FRE_14 Standardized REesidual
M Valid 68
Missing 2
Skewness - 781
Std. Error of Skewness 291
kurtosis 1,638
Std. Error of Kurtosis AT4

Constant variance of the error terms and Linearity of the phenomenon

Both assumptions weragain testd on the variate level. This wa®ne by plotting the
standardized regressioasidual against the regression standardized predicted value. As shown

below both assumptions wemeet
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Intention to Use

Scatterplot

Dependent Variable: Intention To Use

Regression Standardized Residual
s
Ly

T T T T
3 2 El 0 1 2 3

Regression Standardized Predicted Value

Independence of the error terms

This assumption tests if there are multiple correlations between independent vérables

al., 2009) The consistency between emendent variabldsas to be low to measure the unique
effect on the dependent variable. This can be tested by looking at the standard inflation level
(VIF). The VIF values have to be higher than 1 but lower thgidi@ et al., 2009)Also,
Tolerance values werehecked. The Tolerance levels shouldhogherthan .10. A shown

below this assumption waset.

Coefficients®

Collinearity Statistics

Model Tolerance VIF
1 newHighDepr High Department Relevance 607 1,648
JohPDocD Doctor 784 1,276
Age0ldD Age 40 and older 704 1,421
FAC3_1 Sl Sensitivity 653 1,443
FACT_1PL 440 2274
FACSE_1 PEU GdE 1,833
FACZ2_1 Sl Positive JG06 1,645
Q5_25calc Mumber of 3l Groups 404 2,024
Q4_21 SIGT Caregivers 404 2,026
Q4_22 SIGT Information Management 560 1,785
Q4_23 SIGT Patients 53z 1,878
24_24 SIGT Other ATa 2,093

a. Dependent Variable: FAC4_1 Intention To Use
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Variate of Perceived Usefulness:

Normal ity of the residual 6s distribution on

Normality wasagain tested for Perceived Usefulnesthaslependenvariable.Normdity was
met as shown in thep plot and Skewess and Kurtosis (respectivel®17, and-.735 which

is shown below.

Histogram Normal P-P Plot of Regression Standardized Residual
Dependent Variable: PU , Dependent Variable: PU
Mean = -4 BEE-17 ‘
124 m Std. Dev. = 0,883
N=69
o 0g dpfﬁ
TN 2 f‘fﬁ
E 8- X E 0,6 o
3 3
g i
* | § o]
o]
4_
| 5
2 * 6;5#)
&
3 3 1 ] 2 H D‘un,n njz n!n njs nra 10
Regression Standardized Residual Observed Cum Prob
Statistics
FRE_14 Standardized Residual
M Valid 69
Missing 1
Skewness -142
Std. Error of Skewness 280
kurtosis - 6749
Std. Errar of Kurtosis &70

Constant variance of the error terms and Linearity of the phenomenon

Both assumptions weragain tested for Perceived Usefuln€lsis wasdone by plotting the
standardized regressioasidual against the regression standardized predicted value. As shown

below both assumptions wemeet.
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Perceived Usefulness

Scatterplot
Dependent Variable: PU

Regression Standardized Residual
9
o
o
o
o

Regression Standardized Predicted Value

Independence of the error terms

This assumption waagain tested for Perceived Usefulness.shown below this assumption

wasmet.
Coefficients™

Collinearity Statistics

Model Tolerance VIF
1 JobPDocD Doctor 884 113
AgeQldD Age 40 and older J21 1,387
FAC3_1 Sl Sensitivity 697 1,435
FACE_1 PEL 734 1,362
FACZ_1 Sl Positive 6480 1,538
Q5_25cale Mumhber of 51 Groups 508 1,966
Q4_21 SIGT Caregivers 488 2,009
Q4_22 SIGT Information Management AT6 1,737
Q4_23 SIGT Patients 534 1,873
Q4_24 SIGT Other 4495 2,019

a. Dependent¥ariahle: FACT_1 PU
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Appendix 6 - Assumptions logistic regression

Logistic Regression has two assumptions whieledto be checked namely, linearity and
independence of error terr(fSield, 2013) Abbreviations used in the statistics in this appendix
are Sl: Social Influence, PU: Perceived Usefulness, and PEU: Perceiveaf Base Question

numbers (Q) corresponds with the variables in Table 2 and Appendix 1 as do the item numbers.

Linearity

This assumption assumes that there is a linear relationship between continuous independent
variables and the logit of the dependent varigbleld, 2013) This assumption can be tested

by creating an interaction term between the independent variable and log transformation of this
independent variable. If the interaction term is significant (p < .5) this assumption is violated.
As shown below thiassumption wasiolated for Positive Smal Influence. Thus, caution was

needed for not rejecting the null hypothesisSocial Influence Group type Caregivers

Variables not in the Equation

Score df Sig.
Step 0 Variahles  FAC1_1 05 1 843
FACS_1 142 1 07
FACZ_1 1,013 1 314
@5_25calc 2,824 1 093
Q4_21 4 263 1 034
Q422 76 1 674
Q4_23 76 1 674
Q4_24 3,000 1 083
FAC3_1 083 1 760
FAC1_1 by LnPL 4498 1 480
FACE_1 by LnPEL 2118 1 148
FACZ_1 hyLnSl 1,798 1 180
LnMSIG by @5_25calc 1,393 1 238
LnSIGC by @4_21 4,337 1 037
LnSIGIM by Q4_22 227 1 634
LnSIGP by @4_23 281 1 ,5a6
LnSIGO by @4_24 3,266 1 071
FAC3_1 hyLnSIS 012 1 913

Motes: FACT_1: Perceived Usefulness (PL). FACS5_1: Perceived Ease of Use
(PEL. FACZ_1: Positive Social Influence (S1). @5_25calc: Mumber of Sacial
Influence Groups (MSIG). @4_21: Social Influence Group type Caregivers
(SIGC). @4_22: Social Influence Group type Information Management (SIGIM).
Q4_23: Social Influence Group type Patients (SI1GP). @4_24: Social Influence
Group type Others (S1GO). FAC3_1: Social Influence Sensitivity (S13). LM +
abbreviation: log transformation of independent variables
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Independence of error terms

Independence of errdgermschecks if the observed variance is bigger than exp€Eiett,

2013) This assumption wamet in this study. This assumption can be checkedsmgwIF

and tolerace. For Logistic Regressiononean obtain “tolerance and
regression analysis usi ngField,263,p.d39%)e out come a

Coefficients®

Collinearity Statistics

Model Tolerance WIF
1 newHighDepr High Department Relevance 607 1,648
JobPDocD Doctor 7a4 1,276
AgeOldD Age 40 and older 704 1,421
FAC3_1 Sl Sensitivity 6493 1,443
FAC1_1PU 440 2,274
FACH_1 PEL 546 1,833
FAC2_1 5l Positive G606 1,645
Q&_24acalc Mumber of 31 Groups 494 2,024
Q421 SIGT Caregivers 404 2,026
Q4_22 5IGT Information Management 560 1,785
@4_23 SIGT Patients 532 1,878
@4_24 SIGT Other 478 2,093

a. Dependent¥ariable: @7a____ 28 Use Behavior
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Appendix 7 - SPSS data of respondents

Respondentsxistof 33 nonusers and 37 users of Facetdlkn caregiversused Facetalk in
the past but stopped using the system (14%). In additiocar2gives did never use Facetalk
but were supposed to use the system (33%).

Statistics
Qva__ 249
Usedthe
system in the
Q7a___ 28 Q8__ 32First | @9____33 Last past but
Ilse Behavior Time Used Time Used stopped
M Yalid 7o a7 10 33
Missing 1] 23 G0 ar
Mean A3 2,53 2,600 1,70
O7a___ 28 Use Behawvior
Cumulative
Frequency | Percent | Walid Percent Percent
Valid  0MNo 33 471 47 1 47 1
1¥es ar 5249 52,8 100,0
Total 70 100,0 100,0
GFa___ 29 Used the system in the past but stopped
Cumulative
Fregquency Percent | “Walid Percent Fercent
Walid 1%es 10 143 30,3 30,3
2 Mo 23 32,8 69,7 100,0
Total 33 471 100,0
Missing  System a7 52,4
Total 70 100,0
Q9__ 32 First Time Used
Cumulative
Frequency | Percent | Walid Percent FPercent
Valid 12015 g 12,49 181 181
2206 20 28,6 42 6 61,7
32mv 10 14,3 21,3 83,0
52014 orearlier 8 11,4 17,0 100,0
Total a7 67,1 1000
Missing  System 23 32,49
Total 70 100,0
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a9___ 33 Last Time Used

Cumulative
Frequency | Percent | Walid Percent Percent

Valid 202015 5 71 50,0 50,0
302016 4 a7 40,0 40,0
402017 1 1.4 10,0 100,0
Total 10 14,3 100,0

Missing  System G0 8a7

Total 70 100,0
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Appendix 8 - Descriptive statistics and correlations

Abbreviations used in theatistican thisappendixare Sl: Social Influence, PU: Perceived Usefulness, and PEU: Perceived Ease of Use. Question

numbers (Q) corresponds with the variables in Table 2 and Appendix 1 as do the item numbers.

Descriptive Statistics newHighDepr High Department Relevance
Mean Std. Deviation Cumulative
SumAVIU Intention to Use | 46619 1,56912 70 Frequency | Percent | Valid Percent Percent
o Walid 00 ar 5249 53,6 53,6
SumAVPL Perceived 42473 110370 70
Usefulness 1,00 32 457 46,4 100,0
SUMANVFEL Perceived 4,9443 ,91 673 70 Total A QB,E 1 DD,D
Ease of Use L
I Missing  System 1 1.4
um ositive Socia
Influence 36886 1,36810 70 Total 70 100,0
Q5 25cale Mumber of Sl AgeOldD Age 40 and older
GI.D—upS':a £ HumBere 57 809 70
Cumulative
Q4_21 SIGT Caregivers 3,27 1,459 7o Frequency | Percent [ Walid Percent Percent
24_22 SIGT Information Yalid 00 Mo
Management 2,81 1,444 70 18 287 287 257
1,00 Yes 52 743 74,3 100,0
Q4_24 SIGT Other 2,68 1,331 70 JobPDocD Doctor
SumAVSIS Social
Influence Sensitivity 48018 133823 70 Cumulative
newHighDepr High Frequency | Percent [ “alid Percent Percent
Department Relevance 4638 50234 69 Valid 0 Mo a5 50,0 50,7 50,7
AgedldD Age 40 and 1Yes 34 43 6 45 3 100,0
e aEERAn 7429 44021 70 ' ' '
Total ] 93,6 100,0
JobPDocD Doctor A48 A04 (] Missing  System 1 1,4
Q7a__ 28 Jse Behavior 53 503 70 Total 70 1000
Q7a___ 28 Use Behavior
Cumulative
Frequency | Percent | %Walid Percent Percent
Yalid  0Mo 33 47 1 471 471
1%es a7 5249 524 100,0
Total 70 1000 100,0
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Correlations
SumAvPSI HDeReD
SumAvIL SUMAVPL SumAVPEL Positive Q5 25cale Q4_225I6T High
Intention to Perceivad Perceivad Social Numberof S| Q4_21SIGT | Information | Q4_23SIGT | Q4_24 SI6T FAC3_1 8l Depatment | AgeOldD Age | JokPDocD 07a__28
Use Usefulness Ease of Use Influence Groups Caregivers Management Patients Other Sensitivity Relevance 40 and older Doctor Use Behavior
Spearman's tho  SumAVIU Intention fo Use  Correlation Coeflicient 1,000 558 are I 259 008 079 208 073 118 4T 183 -240° 4427
Sig. (2-tailed) . 000 001 002 03 949 518 012 547 330 000 10 047 000
M 70 70 70 70 70 70 70 70 70 70 56 70 59 70
SUmAVPU Perceived Correlation Coefficient 558" 1,000 437" 112 091 - 046 098 166 142 RET 6037 -093 -306" 4207
Uselulness Sig. (2-tailed) 000 000 357 453 703 419 170 242 279 000 A8 011 000
3 70 70 70 70 70 70 70 70 70 70 66 70 69 70
SumAVPEU Perceived Correlation Coefficient 3747 437" 1,000 010 098 143 111 019 066 -23g9 128 407" -031 323"
Ease ofUse Sig. (2-tailed) 001 000 . 935 419 237 359 878 587 046 318 000 797 007
M 70 70 70 70 70 70 70 70 70 70 56 70 59 70
SUmAVPS| Positive Social  Gorrelation Goefficient 364 112 -010 1,000 kS ki 270 B 3217 427 115 27T 081 REX
Influznce Sig. (2-tailed) 002 357 036 . 004 001 024 007 007 ,294 ,358 020 510 134
M 70 70 70 70 70 70 70 70 70 70 66 70 69 70
05_25calc Numberof S Cormrelation Coefficient 255" 081 088 kT 1,000 5947 266 405" 3017 376" 044 034 -028 378"
Croups 5ig. (2-tailed) 031 453 19 004 . 000 026 001 011 001 726 783 812 001
H 70 70 70 70 70 70 70 70 70 70 66 70 58 70
04_21 SIGT Caregivers Correlation Goefficient 008 - 046 143 g 594 1,000 4517 4347 EES - 034 094 047 118
Sig. (2-tailed) 549 703 237 001 000 000 000 002 001 785 439 703 332
M 70 70 70 70 70 70 70 70 70 70 56 70 59 70
Q4_225IGT Information  Correlation Cosfficient 079 098 S 270" 266 4917 1,000 5137 637 130 022 013 -,090 096
Management Sig. (2-tailed) 518 419 359 024 026 000 000 000 284 862 878 480 A
3 70 70 70 70 70 70 70 70 70 70 66 70 69 70
04_23 5IGT Patients Correlation Coefficient 298" 166 o019 ES 405" 4347 a3 1,000 708" 044 011 003 -122 061
Sig. (2-tailed) 012 170 878 007 001 000 000 000 718 832 984 317 613
M 70 70 70 70 70 70 70 70 70 70 56 70 59 70
Q4_24 SIGT Other Correlation Goefiicient 073 142 066 A 3017 ara” 637 708" 1,000 080 115 -202 - 062 060
Sig. (2-tailed) 547 242 587 007 011 002 000 000 513 358 004 12 £23
M 70 70 70 70 70 70 70 70 70 70 66 70 69 70
FAC3_1 Sl Sensitivity Correlation Coefficient -118 -S43t 239 127 76 3847 130 044 080 1,000 -083 037 -130 -038
Sig. (2-tailed) 330 279 046 294 001 001 284 718 513 510 760 289 758
H 70 70 70 70 70 70 70 70 70 70 66 70 58 70
HD&ReD High Correlation Coefficient M7 603" 125 115 044 -034 022 -011 118 -083 1,000 -075 -203 256
DepartmentRelevance iy 5 tiled) 000 000 318 358 726 785 862 932 358 510 551 105 038
M [ [ [ 66 66 66 66 66 66 66 56 56 55 56
Age0ldD Age 40 and Caorelation Coefficient 193 - 088 407 277 - 034 094 018 003 -202 037 -075 1,000 -075 - 228
older Sig. (2-tailed) 110 415 000 020 783 439 B78 ELT] 084 760 551 542 057
i 70 70 70 70 70 70 70 70 70 70 66 70 69 70
JobPDacD Dostar Caorelation Coeficient 240 -,306° -031 081 -029 047 -,090 -122 -062 -130 -203 -075 1,000 -013
Sig. (2-tailed) 047 011 797 510 812 703 460 37 612 289 108 542 812
M i i i i 69 69 69 69 69 69 55 59 59 ]
Q7a__ 26 Use Behavior  Gorrelation Goefficient 447 420 327 181 are 118 096 061 060 -038 256 -228 -013 1,000
Sig. (2-tailed) 000 000 007 134 001 332 43 B3 623 758 038 057 812 .
N 70 70 70 70 70 70 70 70 70 70 66 70 69 70
** Correlation is significant atthe 0.01 level (2-tailed)
* Comelation is significant atthe 0.05 level (2-talled).
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Correlations
SumAvPSI HDeReD
SumAvIL SUMAVPL SumAVPEL Positive Q5 25cale Q4_225I6T High
Intention to Perceivad Perceivad Social Numberof S| Q4_21SIGT | Information | Q4_23SIGT | Q4_24 SI6T FAC3_1 8l Depatment | AgeOldD Age | JokPDocD 07a__28
Use Usefulness Ease of Use Influence Groups Caregivers Management Patients Other Sensitivity Relevance 40 and older Doctor Use Behavior
Spearman's tho  SumAVIU Intention fo Use  Correlation Coeflicient 1,000 558 are I 259 008 079 288 073 118 4T 183 -240° 4427
Sig. (1-tailed) . 000 001 001 015 475 259 006 273 165 000 055 024 000
M 70 70 70 70 70 70 70 70 70 70 56 70 59 70
SumAVPU Perceived Correlation Cosfficient 556 1,000 FEr 112 081 - 046 088 166 142 131 603" -,098 -308" 420"
Uselulness Sig. (1-tailed) 000 000 179 227 351 209 085 121 139 000 208 008 000
3 70 70 70 70 70 70 70 70 70 70 66 70 69 70
SumAVPEU Perceived Correlation Coefficient 3747 437" 1,000 010 098 143 2111 018 066 -23g9 128 407" -031 323"
Ease ofUse Sig. (1-tailed) 001 000 . 467 209 118 179 439 294 023 159 000 309 003
M 70 70 70 70 70 70 70 70 70 70 56 70 59 70
SUmAVPS| Positive Social  Gorrelation Goefficient 364 112 -010 1,000 kS ki 270 B 3217 427 115 27T 081 REX
Influznce Sig. (1-tailed) 001 179 487 . 002 001 012 004 ,003 147 79 010 255 067
M 70 70 70 70 70 70 70 70 70 70 66 70 69 70
05_25calc Numberof S Cormrelation Coefficient 255" 081 088 kT 1,000 5947 266 405" 3017 376" 044 034 -028 378"
Croups sig. (1-tailed) 015 227 209 002 . 000 013 000 006 001 363 301 406 001
H 70 70 70 70 70 70 70 70 70 70 66 70 58 70
04_21 SIGT Caregivers Correlation Goefficient 008 - 046 143 g 594 1,000 4517 4347 EES - 034 094 047 118
Sig. (1-tailed) AT 351 e 001 000 000 000 001 001 393 219 351 66
M 70 70 70 70 70 70 70 70 70 70 56 70 59 70
04_22 SIGT Information  Correlation Coefficient 079 098 S 270" 266 4917 1,000 5137 637 130 022 013 -,090 096
Management Sig. (1-tailed) 250 209 1789 012 013 000 000 000 142 A3 439 230 15
3 70 70 70 70 70 70 70 70 70 70 66 70 69 70
04_23 5IGT Patients Correlation Coefficient 208" 166 o019 ES 405" 4347 a3 1,000 708" 044 011 003 -122 061
Sig. (1-tailed) 006 085 439 004 000 000 000 000 359 466 492 158 307
M 70 70 70 70 70 70 70 70 70 70 56 70 59 70
Q4_24 SIGT Other Correlation Goefiicient 073 142 066 A a0 ara” 637 708" 1,000 080 115 207 - 062 060
Sig. (1-tailed) 273 121 294 003 006 001 000 000 256 79 047 306 311
M 70 70 70 70 70 70 70 70 70 70 66 70 69 70
FAC3_1 Sl Sensitivity Correlation Coefficient -118 -S43t 239 127 76 3847 130 044 080 1,000 -083 037 -130 -038
Sig. (1-tailed) 165 139 023 147 001 001 142 359 256 255 1380 44 379
H 70 70 70 70 70 70 70 70 70 70 66 70 58 70
HD=ReD High Correlation Goefficient a7 603 125 115 044 -.034 022 -0 -115 -,083 1,000 -075 -,203 256
DepartmentRelevance gy 1 tajleq) 000 000 159 179 363 393 43 466 179 255 275 053 018
M [ [ [ 66 66 66 66 66 66 66 56 56 55 56
AgeQldD Age 40 and Correlation Coefficient -193 -,009 407" 277 -.034 094 019 003 207 037 075 1,000 078 228
older Sig. (1-tailed) 055 208 000 010 381 219 439 482 047 1380 78 27 029
i 70 70 70 70 70 70 70 70 70 70 66 70 69 70
JobPDacD Dostar Caorelation Coeficient 240 -306 -031 081 -029 047 -,090 -122 -062 -130 -203 -075 1,000 -013
Sig. (1-tailed) 024 005 399 265 406 351 230 158 306 144 053 27 456
M i i i i 69 69 69 69 69 69 55 59 59 ]
Q7a__ 28 Use Behavior  Gormelation Goefficient 447 420 327 181 are 118 096 061 060 -038 256 -228° 013 1,000
Sig. (1-tailed) 000 000 003 067 001 166 215 307 31 379 019 029 456 .
N 70 70 70 70 70 70 70 70 70 70 66 70 69 70
** Correlation is significant atthe 0.01 level (1-tailed)
* Comelation is significant atthe 0.05 level (1-talled).
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Appendix 9 -  Results multiple regression (IU)

Abbreviations used in the statistigs this appendixare Sl: Social Influence, PU: Perceived
Usefulness, and PEU: Perceived Ease of Use. Question numbers (Q) corresponds with the
variables in &ble 2 and Appendix 1 as do the item numbers.

Descriptive Statistics
Mean Std. Deviation M

FAC4_1 Intention To Use 0185453 BTT13714 Ga
newHighDepr High
Departmeant Relavance 4706 50285 68
JobFDocD Doctor A4 A03 62
AgeQldD Age 40 and
alder 7353 A4446 Ga
FAC3_1 Sl Sensitivity 0018836 1,012874961 62
ZFACT1_1 Zscore: PU -,0198233 89970422 Ga
FACE_1 PEL -,0012406 H39455445 62
FFACZ_1 Zscore: Sl
Positive -,0137228 1,01144005 6a
Intsl 0532 1,13786 6a
ZSQRTNSIG Zscore:;
Mumber of Social 0224906 1,00592376 63
Influence Groups
INtSQRTHSIG 37T 1,04135 Ga
F4_21 Fscore: SIGT
Caregivers 0130283 1,00940514 Ga
Intcar 4121 1,01730 Ga
F4 22 Fscore; SIGT
Information Management 0085926 101243356 68
Intla 3077 1,06814 Ga
Z04 23 Zscore: SIGT
Patiznts 0075045 1,01279468 Ga
Intpat 3502 1,19814 Ga
Z04 24 Zscore: SIGT
Other L0774 1,01288038 Ga
INtOSIGT 3138 84181 62
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Change Statistics
Adjusted R Std. Error of R Square
Madel R R Square Square the Estimate Change F Change df1 df2 Sig. F Change
1 5228 272 226 JBE056096 272 5,896 4 63 oo
2 597" 387 305 81454137 085 8,156 1 62 00a
3 6230 388 328 80101873 031 KRRN 1 61 083
4 7334 538 ATE 70806280 148 5,534 2 a8 .aon
5 7438 582 A74 70893882 015 827 2 a7 402
B 745t 558 463 71633282 a7 Al 2 55 663
7 7488 560 444 72873504 001 072 2 53 931
B 765" 585 454 TF21T8T1T 025 1,513 2 51 230
g 7800 608 465 71484448 024 1,498 2 45 234

o

. Predictors: (Constanf), FAC3_1 31 Sensitivity, newHighDepr High Department Relevance, JohPDocD Doctor, AgeOldD Age 40 and
older

. Predictors: (Constant), FAC3_1 5l Sensitivity, newHighDepr High Department Relevance, JobPDocD Doctor, AgeOldD Age 40 and
older, ZFAC1_1 Zscore: PU

. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Depantment Relevance, JobPDocD Doctor, AgeQldD Age 40 and
older, ZFAC1_1 Zscore: PU, FACA_1 PEU

. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Department Relevance, JobPDocD Doctor, Age0ldD Age 40 and
older, ZFAC1_1 Zscore: PU, FACE_1 PEL, IntSl, ZFACZ_1 Zscore: 5| Positive

. Predictors: (Constant), FAC3_1 5l Sensitivity, newHighDepr High Department Relevance, JobPDocD Doctor, AgeOldD Age 40 and
older, ZFAC1_1 Zscore: PU, FACE_1 PEL, IntSl, ZFACZ_1 Zscore: 51 Positive, IMSQRTHSIG, ZSQRTHSIG Zscore: Mumber of
Social Influence Groups

f. Predictors: (Constanf), FAC3_1 Sl Sensitivity, newHighDepr High Department Relevance, JohPDocD Doctor, AgeQldD Age 40 and
older, ZFAC1_1 Zscore: PU, FACE_1 PEU, IntSl, ZFAC2_1 Zscore; S| Positive, INNSQRTHNSIG, ZSQRTNSIG Zscore: Mumber of
Social Influence Groups, Z04_21 Zscore: SIGT Careqivers, Intcar

0. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Depantment Relevance, JohPDocD Doctor, AgedldD Age 40 and
older, ZFAC1_1 Zscore: PU, FACE_1 PEL, IntSl, ZFACZ_1 Zscore: 51 Positive, IMSQRTHSIG, ZSQRTHSIG Zscore: Mumber of
Social Influence Groups, ZQ4_21 Zscore: SIGT Caregivers, Intcar, ZO4_22 Zscore; SIGT Information Management, Intl

. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Department Relevance, JobPDocD Doctor, Age0ldD Age 40 and
older, ZFAC1_1 Zscore: PU, FACE_1 PEU, IntSl, ZFAC2_1 Zscore; S| Positive, INTSQRTHNSIG, ZSQRTNSIG Zscore: Mumber of
Social Influence Groups, ZQ4_21 Zscore: SIGT Caregivers, Intcar, ZO4_22 Zscore: SIGT Information Management, Intl, Z04_23
Zscore: SIGT Patients, Intpat

. Predictors: (Constant), FAC3_1 5l Sensitivity, newHighDepr High Department Relevance, JobPDocD Doctor, AgeQldD Age 40 and
older, ZFAC1_1 Zscore: PU, FACE_1 PEU, IntSl, ZFAC2_1 Zscore; S| Positive, INNSQRTMSIG, Z5QRTNSIG Zscore, Mumber of
Social Influence Groups, Z04_21 Zscore: SIGT Caregivers, Intcar, Z04_22 Zscore: SIGT Information Management, IntlM, Z04_23
Zscore: SIGT Patients, Intpat, Z04_24 Zscore: SIGT Other, IMOSIGT

.Dependentariable: FAC4_1 Intention To Use

o
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ANOVA®
Sum of
Madel Squares df Mean Sguare F Sig.

Regression 17,424 4 4,356 5,896 ,[J[J[Jb
Residual 46 547 63 738
Total 63,8971 67
Regression 22,836 A 4 56T 6,884 jooo®
Residual 41,136 62 G663
Total 63,8971 67
Regression 24,832 3} 4139 6,450 ,DDUd
Residual 39138 61 G642
Total 63,971 67
Regression 34,352 8 4,299 8,575 Jooo®
Residual 29,580 549 501
Total 63,971 67
Regression 35,324 10 3,532 7,028 ,U[JE]f
Residual 28,648 a7 503
Total 63,971 67
Regression 35,749 12 2,874 5,806 ;ooo?
Residual 28,222 55 B3
Total 63,971 67
Regression 35,825 14 2,550 48149 ,DDUh
Residual 28,146 53 )|
Total 63,971 67
Regression 37,402 16 2,338 4,487 ,ODE]i
Residual 26,570 a1 A
Total 63,971 67
Regression 38,932 18 2163 4,233 ,[JIZJE]j
Residual 25038 48 AN
Total 63,971 67

W

.DependentWariable: FAC4_1 Intention To Use

. Predictors: (Constant), FAC3_1 SI Sensitivity, newHighDepr High Department
Relevance, JobPDocD Doctor, AgeQldD Age 40 and older

. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Department
Relevance, JohPDocD Doctor, AgeQldD Age 40 and older, ZFAC1_1 Zscore: PU

. Predictors: (Constant), FAC3_1 Sl Sensitivity, newHighDepr High Department
Relavance, JohPDocD Doctor, Age01dD Age 40 and older, ZFACT1_1 Zscore: PLU,
FACS_1 PEU

Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Department
Relevance, JobhPDocD Doctor, AgeQldD Age 40 and older, ZFAC1_1 Zscore; PLU,
FACSE_1 PEU, IntSI1, ZFAC2_1 Zscore: Sl Positive

f. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Department
Relevance, JobPDocD Doctor, AgeCldD Age 40 and older, ZFAC1 _1 Zscore: PU,
FACS_1 PEU, IntSl, ZFAC2_1 Zscore: S| Positive, INNSARTMNEIG, ZSQRTHSIG
Zscore: Mumber of Social Influence Groups

a. Predictars: (Constant), FAC3_1 S| Sensitivity, newHighDepr High Department
Relavance, JohPDocD Doctor, Age01dD Age 40 and older, ZFACT1_1 Zscore: PLU,
FACS_1 PEU, IntSl, ZFACZ_1 Zscore: Sl Positive, IMSQRTMSIG, ZSQRTHNSIG
Zscore: Number of Social Influence Groups, Z04_21 Zscore: SIGT Careqivers,
Intcar

. Predictors: (Constant), FAC3_1 Sl Sensitivity, newHighDepr High Department
Relavance, JohPDocD Doctor, Age01dD Age 40 and older, ZFACT1_1 Zscore: PLU,
FACS_1 PEU, IntSl, ZFACZ_1 Zscore: Sl Positive, IMSQRTMSIG, ZSQRTNSIG
Zscore: Number of Social Influence Groups, Z04_21 Zscore; SIGT Careqivers,
Intcar, ZO4_22 Zscore: SIGT Information Management, IntiM

. Predictors: (Constant), FAC3_1 S1 Sensitivity, newHighDepr High Department
Relevance, JobPDocD Doctor, AgeCldD Age 40 and older, ZFAC1 _1 Zscore: PU,
FACS_1 PEU, IntSl, ZFAC2_1 Zscore: S| Positive, INNSARTMNEIG, ZSQRTHSIG
Zscore: Mumber of Social Influence Groups, Z04_21 Zscore; SIGT Careqgivers,
Intcar, Z04_22 Zscore: SIGT Information Management, IntiM, Z04_23 Zscore: SIGT
Patients, Intpat

. Predictors: (Constant), FAC3_1 Sl Sensitivity, newHighDepr High Departmeant
Relevance, JobhPDocD Doctor, AgeQldD Age 40 and older, ZFAC1 _1 Zscore: PLU,
FACE_1 PEU, IntSI, ZFAC2_1 Zscore: S| Positive, INtSORTNSIG, ZSGRTHNSIG
Zscore: Number of Social Influence Groups, ZQ4_21 Zscore: SIGT Caregivers,
Intcar, ZQ4_22 Zscore: SIGT Information Management, IntiM, Z04_23 Zscore: SIGT
Patients, Intpat, Z&4_24 Zscore: SIGT Other, IntOSIGT

o
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Model Unstandardized Coefficients Standardized t Sig.
Coefficients
B Std. Error Beta

(Constant) ,281 ,260 1,078 ,285
newHighDepr High ,654 ,210 ,336 3,111 ,003
Department Relevance

! JobPDocD Doctor -,601 ,210 -,309 -2,854 ,006
AgeOldD Age 40 and older =377 ,238 =171 -1,579 , 119
FAC3 1 Sl Sensitivity -,196 ,104 -,203 -1,875 ,065
(Constant) 277 247 1,124 ,265
newHighDepr High ,276 ,239 142 1,157 ,252
Department Relevance

2 JobPDocD Doctor -,344 ,219 - 177 -1,573 121
AgeOldD Age 40 and older -,290 ,228 -,132 -1,272 ,208
FAC3_1 Sl Sensitivity -,169 ,099 -,175 -1,702 ,094
ZFACL1 1 Zscore: PU ,367 ,129 ,376 2,856 ,006
(Constant) ,158 ,252 ,626 ,534
newHighDepr High 317 ,236 ,163 1,344 ,184
Department Relevance
JobPDocD Doctor -,320 ,215 -,165 -1,486 ,142

3 AgeOldD Age 40 and older -,172 ,234 -,078 -, 734 466
FAC3_1 Sl Sensitivity -,123 ,101 -,128 -1,218 ,228
ZFAC1_1 Zscore: PU ,258 ,141 ,264 1,831 ,072
FAC5 1 PEU ,232 ,132 ,223 1,764 ,083
(Constant) ,116 ,234 ,494 ,623
newHighDepr High , 169 214 ,087 , 788 434
Department Relevance
JobPDocD Doctor -,378 ,191 -,195 -1,977 ,053
AgeOldD Age 40 and older ,033 ,226 ,015 ,145 ,885

4 FAC3_1 Sl Sensitivity -,181 ,091 -,188 -1,993 ,051
ZFAC1_1 Zscore: PU ,262 ,129 ,268 2,033 ,047
FAC5_1 PEU ,301 ,120 ,289 2,508 ,015
ZFAC2_1 Zscore: SI ,340 ,102 ,352 3,348 ,001
Positive
IntSI -,107 ,088 -,125 -1,216 ,229
(Constant) ,150 ,239 ,627 ,533
newHighDepr High ,185 ,215 ,095 ,860 ,394
Department Relevance

> JobPDocD Doctor -,402 , 195 -,207 -2,065 ,044
AgeOldD Age 40 and older ,004 ,227 ,002 ,018 ,986
FAC3_1 Sl Sensitivity -,246 , 105 -,255 -2,353 ,022
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ZFAC1_1 Zscore: PU ,241 ,140 247 1,726 ,090
FAC5_1 PEU ,251 ,126 ,241 1,995 ,051
ZFAC2_1 Zscore: SI ,302 ,107 ,313 2,821 ,007
Positive

IntSI -,074 ,091 -,087 -,816 ,418
ZSQRTNSIG Zscore: ,159 ,118 , 164 1,354 ,181
Number of Social Influence

Groups

INtSQRTNSIG -,040 ,104 -,043 -,387 ,700
(Constant) ,150 ,244 ,617 ,540
newHighDepr High ,163 ,220 ,084 741 ,462
Department Relevance

JobPDocD Doctor -,390 ,197 -,201 -1,975 ,053
AgeOldD Age 40 and older ,004 ,246 ,002 ,018 ,986
FAC3_1 Sl Sensitivity -,234 ,108 -,243 -2,175 ,034
ZFAC1_1 Zscore: PU ,240 ,141 ,245 1,699 ,095
FAC5_1 PEU ,245 ,127 ,236 1,926 ,059
ZFAC2_1 Zscore: SI ,335 ,114 347 2,932 ,005
Positive

IntSI -,075 ,094 -,087 -, 799 ,428
ZSQRTNSIG Zscore: ,209 ,132 ,215 1,579 ,120
Number of Social Influence

Groups

INtSQRTNSIG -,091 ,151 -,097 -,600 ,551
ZQ4_21 Zscore: SIGT -,096 ,123 -,100 -, 785 ,436
Caregivers

Intcar ,056 ,151 ,058 371 , 712
(Constant) ,159 ,251 ,634 ,529
newHighDepr High ,142 ,239 ,073 ,595 ,554
Department Relevance

JobPDocD Doctor -,391 ,202 -,202 -1,941 ,058
AgeOldD Age 40 and older ,005 ,251 ,002 ,020 ,984
FAC3_1 Sl Sensitivity -,235 111 -,243 -2,116 ,039
ZFAC1_1 Zscore: PU ,254 ,150 ,260 1,698 ,095
FAC5_1 PEU 242 , 130 ,232 1,855 ,069
ZFAC2_1 Zscore: Sl ,340 117 ,352 2,900 ,005
Positive

IntSlI -,077 ,096 -,090 -, 798 428
ZSQRTNSIG Zscore: ,210 , 134 ,216 1,559 ,125
Number of Social Influence

Groups

INtSQRTNSIG -,082 ,176 -,087 -,466 ,643

Radboud University §

%V Radboudumc




118

ZQ4_21 Zscore: SIGT -,081 ,132 -,084 -,616 541
Caregivers

Intcar ,051 , 155 ,053 ,328 745
ZQ4_22 Zscore: SIGT -,041 , 111 -,043 -,373 , 710
Information Management

IntIM ,004 ,121 ,004 ,031 ,976
(Constant) ,219 ,252 ,870 ,389
newHighDepr High ,032 ,248 ,017 ,130 ,897
Department Relevance

JobPDocD Doctor -,373 ,200 -,192 -1,866 ,068
AgeOldD Age 40 and older -,038 ,251 -,017 -,150 ,881
FAC3_1 Sl Sensitivity -,227 111 -,236 -2,043 ,046
ZFAC1_1 Zscore: PU ,296 ,152 ,303 1,944 ,057
FAC5_1 PEU ,232 ,129 ,223 1,800 ,078
ZFAC2_1 Zscore: Sl ,342 119 .354 2,885 ,006
Positive

IntSI -,083 ,098 -,096 -,845 ,402
ZSQRTNSIG Zscore: ,215 ,137 ,221 1,562 ,125
Number of Social Influence

Groups

INtSQRTNSIG -,243 ,214 -,259 -1,136 ,261
ZQ4_21 Zscore: SIGT -,084 ,131 -,087 -,644 522
Caregivers

Intcar ,130 ,164 ,135 ,790 ,433
Z2Q4_22 Zscore: SIGT -,090 , 115 -,094 -, 790 433
Information Management

IntiM -,066 ,127 -,072 -,522 ,604
ZQ4_23 Zscore: SIGT ,070 ,113 ,072 ,614 542
Patients

Intpat ,185 ,124 ,227 1,494 ,141
(Constant) ,283 ,257 1,100 277
newHighDepr High ,020 ,257 ,010 ,079 ,938
Department Relevance

JobPDocD Doctor -,330 ,201 -,170 -1,647 ,106
AgeOldD Age 40 and older -,133 ,256 -,061 -,521 ,605
FAC3_1 Sl Sensitivity -,197 112 -,204 -1,761 ,085
ZFAC1_1 Zscore: PU ,318 ,152 325 2,097 ,041
FAC5_1 PEU 234 ,129 ,225 1,812 ,076
ZFAC2_1 Zscore: SI 332 ,122 344 2,727 ,009
Positive

IntSI -,062 ,104 -,073 -,598 ,552

Radboud University §

%V Radboudumc




119

ZSQRTNSIG Zscore: 218 ,136 224 1,599 116
Number of Social Influence
Groups
INtSQRTNSIG -,211 ,213 -,225 -,987 329
ZQ4_21 Zscore: SIGT -,097 , 130 -,100 -, 745 ,460
Caregivers
Intcar ,129 ,163 ,135 , 795 431
ZQ4_22 Zscore: SIGT -,009 ,123 -,009 -,073 ,942
Information Management
IntiM -,023 ,155 -,026 -,150 ,881
ZQ4_23 Zscore: SIGT 150 132 155 1,132 263
Patients
Intpat ,159 , 130 , 196 1,226 ,226
ZQ4_24 Zscore: SIGT -,201 ,133 -,208 -1,513 ,137
Other
INtOSIGT -,081 ,217 -,070 -,373 711
a. Dependent Variable: FAC4_1 Intention To Use
Radboud University Radboudumc
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Appendix 10 - Results multiple regression (PU)

Abbreviations used in the statistigs this appendixare Sl: Social Influence, PU: Perceived
Usefulness, and PEU: Perceived Ease of Use. Question numbers (Q) corresponds with the
variables in Table 2 and Appendix ldtsthe item numbers.

Descriptive Statistics
Mean Std. Deviation M

FAC1_1PLU 00054453 H547T604 64
JohPDoceD Doctor 49 a04 69
AgeOldD Age 40 and
alder 7391 44233 G4
FAC3_1 Sl Sensitivity -, 0041865 1,00671413 64
FACE_1 PEL 0086823 3615783 64
FFACZ_1 Zscore: Sl
Positive -, 0077906 1,005183494 64
ZSQRTHSIG Zscore:
Mumber of Social 0110823 1,00298665 64
Influgnce Groups
INtSQRTHSIG 3672 1,036480 64
Z04_21 Zscore: SIGT
Caregivers 0123050 1,00197362 G4
Intcar 4060 1.01110 69
F4_22 Fscore: SIGT
Information Management 0081625 1,00497433 69
Intl 3032 1,06095 69
F4_23 Fscore; SIGT
Patients 0075303 1,00532488 B4
Intpat G451 118007 69
F4_24 Fscore: SIGT
Other 0073521 1,00541857 64
IntOSIGT 3091 836449 Ga
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Model Summary’
Change Statistics
Adjusted R Std. Error of R Square
Madel R R Square Square the Estimate Change F Change df1 df2 Sig. F Change
1 J33g® 115 074 91877145 115 2,811 3 65 046
2 562" 318 273 /81392939 201 18,6824 1 G4 000
3 ETER 334 281 80936574 018 1,724 1 63 194
4 666° 443 378 7E228228 108 5,062 2 61 004
5 6758 4585 a72 TEBETTE2 012 647 2 59 527
B Bas’ 468 367 7EO61181 014 773 2 57 AGT
7 6BEY A7 346 77198812 002 083 2 55 812
B 704" 495 352 76845482 024 1,254 2 53 294

a. Predictors: (Constant), FAC3_1 S| Sensitivity, AgeQIdD Age 40 and older, JobPDocD Doctor
h. Predictors: (Constant), FAC3_1 S| Sensitivity, AgeQldD Age 40 and older, JobPDocD Doctor, FACE_1 PEU

c. Predictors: (Constant), FAC3_1 S1 Sensitivity, AgeQldD Age 40 and older, JobPDocD Doctor, FACS_1 PEU, ZFAC2_1 Zscore; Sl
Fositive

d. Predictors: (Constant), FAC3_1 51 Sensitivity, AgeQldD Age 40 and older, JobPDocD Doctor, FACS_1 PEU, ZFAC2_1 Zscore: Sl
Positive, IMSQRTHSIG, ZSQRTHNSIG Zscore: Mumber of Social Influence Groups

2. Predictors: (Constant), FAC3_1 51 Sensitivity, AgeQldD Age 40 and older, JobPDocD Doctor, FACE_1 PEL, ZFAC2_1 Zscore: Sl
Positive, INSARTMSIG, Z5QRTNSIG Zscore, Mumber of Social Influence Groups, ZQ4_21 Zscore: SIGT Caregivers, Intcar

f. Predictors: (Constanf), FAC3_1 S| Sensitivity, AgeO1dD Age 40 and older, JobhPDocD Doctor, FACS_1 PEU, ZFACZ_1 Zscore: S|
Positive, INSORTHNSIG, ZSQRTNSIG Zscore: Mumber of Social Influence Groups, ZQ4_21 Zscore: SIGT Caregivers, Intcar, Z04_22
Zscore: SIGT Information Management, Intl

g. Predictors: (Constant), FAC3_1 51 Sensitivity, AgeQldD Age 40 and older, JobPDocD Doctor, FACS_1 PEU, ZFAC2_1 Zscore: Sl

Positive, IMSQRTHSIG, ZSQRTHSIG Zscore: Mumber of Social Influence Groups, Z84_21 Zscore: SIGT Caregivers, Intcar,
Z04_22 Zscore: SIGT Information Management, IntiM, Z04_23 Zscore: SIGT Patients, Intpat

h. Predictors: (Constant), FAC3_1 S| Sensitivity, AgeOldD Age 40 and older, JobFDocD Doctor, FACS_1 PEU, ZFAC2_1 Zscore:; Si
Positive, INSQRTHNSIG, Z5QRTHNSIG Zscore: Mumber of Social Influence Groups, ZQ4_21 Zscore: SIGT Caregivers, Intcar,
Z04_22 Zscore: SIGT Information Management, IntiM, Z04_23 Zscore; SIGT Patients, Intpat, Z04_24 Zscore: SIGT Other,
IntOSIGT

i. DependentVariable: FAC1_1 PU
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ANOVA®
Sum of
Madel Squares df Mean Square F Sig.

Regression 7118 3 2373 28M1 ,Ddﬁh
Residual 54 8BGO G5 844
Tatal £1,988 68
Regression 19,590 4 4,897 7,393 ooo®
Residual 42 3848 G4 662
Tatal £1,988 68
Regression 20,718 5 4144 6,326 ,IIJIZJIZ]d
Residual 41,270 63 JGEE
Tatal 61,988 G
Regression 27 467 7 3,924 6,933 .0on®
Residual 34,522 G1 566
Total £1,988 68
Regression 28,207 ] 3,134 5474 ,UDDf
Residual 33,73 58 A73
Total £1,988 68
Regression 29 084 11 2,645 4 535 .0opd
Residual 32,8490 a7 BTT
Total 61,988 Ga
Regression 29210 13 2,247 3,770 ,DDD“
Residual 32,7749 55 506
Total 61,988 Ga
Regression 30,691 15 2,046 3,465 ,UDDi
Residual 3,298 53 591
Total 61,988 Ga

a. DependentVariable: FACT_1 PL

b. Predictors: (Constant), FAC3_1 Sl Sensitivity, AgeQldD Age 40 and older,
JobPDocD Doctor

c. Predictors: (Constant), FAC3_1 51 Sensitivity, AgeOldD Age 40 and older,
JohPDocD Doctor, FACS_1 PEU

d. Predictors: (Constant), FAC3_1 5l Sensitivity, AgeQldD Age 40 and older,
JobPDocD Doctor, FACE_1 PEU, ZFAC2_1 Zscore; Sl Positive

2. Predictors: (Constanf), FAC3_1 Sl Sensitivity, AgeOldD Age 40 and older,
JobhPDocD Doctor, FACE_1 PEU, ZFAC2_1 Zscore: Sl Positive, ItSQRTHSIG,
FEQARTHMSIG Zscore: Mumber of Social Influence Groups

f. Predictors: (Constant), FAC3_1 51 Sensitivity, AgeQIdD Age 40 and older, JohPDocD
Dactor, FACS_1 PEL, ZFAC2_1 Zscore: Sl Positive, INSQRTMSIG, ZSQRTHSIG
Zzcore: Mumber of Social Influence Groups, Z04_21 Zscore: SIGT Caregivers,
Intcar

0. Predictors: (Constant), FAC3_1 Sl Sensitivity, AgeQldD Age 40 and older,
JobPDocD Doctor, FACS_1 PEU, ZFAC2_1 Zscaore: Sl Positive, INtSQRTHNSIG,
ZSQRTHSIG Zscore: Mumber of Social Influence Groups, Z04_21 Zscore: SIGT
Caregivers, Intcar, Z&4_22 Zscore: SIGT Information Management, Intl

h. Predictors: (Constant), FAC3_1 Sl Sensitivity, AgeQldD Age 40 and older,
JobPDocD Doctor, FACA_1 PEU, ZFAC2_1 Zscore: 5l Positive, INTSQRTHNSIG,
ZSQRTHSIG Zscore: Mumber of Social Influence Groups, Z04_21 Zscore: SIGT
Caregivers, Intcar, Z84_22 Zscore: SIGT Information Management, IntiM, Z254_23
Fscore: SIGT Patients, Intpat

i. Predictars: (Constant), FAC3_1 51 Sensitivity, AgeQldD Age 40 and older, JobPDaocD
Doctor, FACS_1 PEU, ZFAC2_1 Zscore: Sl Positive, INSQRTMSIG, ZSQRTHSIG
Zzcore: Mumber of Social Influence Groups, Z04_21 Zscore: SIGT Caregivers,
Intcar, Z04_22 Fscore: SIGT Information Management, IntiM, ZQ4_23 Zscore: SIGT
Patients, Intpat, ZO4_24 Zscore: SIGT Other, IMOSIGT
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Model Unstandardized Coefficients Standardized t Sig.
Coefficients
B Std. Error Beta
(Constant) ,511 ,249 2,049 ,045
JobPDocD Doctor -,595 ,223 -,314 -2,667 ,010
! AgeOldD Age 40 and older -,293 ,253 -,136 -1,161 ,250
FAC3_1 Sl Sensitivity -,095 ,111 -,100 -,852 ,397
(Constant) ,170 ,234 , 7126 471
JobPDocD Doctor -,393 ,203 -,207 -1,936 ,057
2 AgeOldD Age 40 and older ,027 ,236 ,013 117 ,908
FAC3_1 Sl Sensitivity ,028 ,103 ,030 274 ,785
FAC5 1 PEU ,508 ,117 ,498 4,339 ,000
(Constant) 111 ,237 ,466 ,643
JobPDocD Doctor -,415 ,203 -,219 -2,046 ,045
AgeOldD Age 40 and older ,123 ,246 ,057 ,502 ,617
3 FAC3_1 Sl Sensitivity ,012 ,103 ,013 ,121 ,904
FAC5_1 PEU ,528 , 117 517 4,497 ,000
ZFAC2_1 Zscore: SI ,137 , 104 ,144 1,313 ,194
Positive
(Constant) ,240 ,227 1,058 ,294
JobPDocD Doctor -,443 ,189 -,233 -2,346 ,022
AgeOldD Age 40 and older , 136 ,231 ,063 ,589 ,558
FAC3_1 Sl Sensitivity -,067 , 110 -,071 -,606 547
FAC5_1 PEU ,406 ,122 ,398 3,341 ,001
4 ZFAC2_1 Zscore: SI 171 , 105 ,180 1,629 ,108
Positive
ZSQRTNSIG Zscore: ,068 , 119 ,071 572 ,570
Number of Social Influence
Groups
INtSQRTNSIG -,339 ,101 -,368 -3,366 ,001
(Constant) ,175 ,236 , 744 ,460
JobPDocD Doctor -,424 ,191 -,223 -2,221 ,030
AgeOldD Age 40 and older ,236 ,253 ,109 ,931 ,356
FAC3_1 Sl Sensitivity -,041 ,113 -,044 -,366 , 716
FAC5_1 PEU 391 ,123 ,384 3,181 ,002
5 ZFAC2_1 Zscore: Sl ,188 , 112 ,198 1,679 ,098
Positive
ZSQRTNSIG Zscore: ,123 , 134 ,129 ,918 ,362
Number of Social Influence
Groups
INtSQRTNSIG -,272 ,153 -,295 -1,770 ,082
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ZQ4_21 Zscore: SIGT -,124 ,127 -,130 -977 ,332
Caregivers

Intcar -,104 ,157 -,110 -,661 511
(Constant) ,168 ,237 711 ,480
JobPDocD Doctor -,392 ,195 -,207 -2,007 ,050
AgeOldD Age 40 and older 227 ,255 , 105 ,893 ,376
FAC3_1 Sl Sensitivity -,037 , 115 -,039 -,321 749
FAC5_1 PEU ,389 ,124 ,382 3,135 ,003
ZFAC2_1 Zscore: SI ,170 , 114 ,179 1,493 141
Positive

ZSQRTNSIG Zscore: ,116 ,135 ,122 ,864 ,391
Number of Social Influence

Groups

INtSQRTNSIG -,290 174 -,314 -1,663 ,102
ZQ4_21 Zscore: SIGT -, 175 ,135 -,184 -1,301 ,199
Caregivers

Intcar -,085 ,158 -,090 -,539 ,592
ZQ4_22 Zscore: SIGT ,136 ,112 ,143 1,211 ,231
Information Management

IntIM -,013 ,120 -,015 -111 ,912
(Constant) ,166 241 ,689 ,493
JobPDocD Doctor -,386 ,199 -,203 -1,936 ,058
AgeOldD Age 40 and older ,232 ,260 ,108 ,892 ,376
FAC3_1 Sl Sensitivity -,029 ,119 -,031 -, 247 ,806
FAC5_1 PEU ,388 ,126 ,380 3,069 ,003
ZFAC2_1 Zscore: SI ,157 ,120 , 165 1,301 ,199
Positive

ZSQRTNSIG Zscore: ,099 ,143 ,104 ,693 ,491
Number of Social Influence

Groups

INtSQRTNSIG -,241 ,227 -,261 -1,062 ,293
ZQ4_21 Zscore: SIGT -, 178 ,137 -,186 -1,296 ,200
Caregivers

Intcar -,108 174 -,115 -,623 ,536
ZQ4_22 Zscore: SIGT ,129 ,119 ,136 1,088 ,281
Information Management

IntiM -,015 ,127 -,017 -,122 ,903
ZQ4_23 Zscore: SIGT ,043 ,119 ,045 ,363 , 718
Patients

Intpat -,036 ,126 -,045 -,286 776
(Constant) ,140 ,244 ,573 ,569
JobPDocD Doctor -,428 ,200 -,226 -2,140 ,037
AgeOldD Age 40 and older ,255 ,267 ,118 ,955 ,344
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FAC3_1 Sl Sensitivity
FAC5_1 PEU

ZFAC2_1 Zscore: SI
Positive

ZSQRTNSIG Zscore:
Number of Social Influence
Groups

INtSQRTNSIG

ZQ4 21 Zscore: SIGT
Caregivers

Intcar

ZQ4 22 Zscore: SIGT
Information Management
IntiM

ZQ4_23 Zscore: SIGT
Patients

Intpat

ZQ4 24 Zscore: SIGT
Other

IntOSIGT

-,054
403
207

,089

-,263

-,145

-,104
,083

-,148
087

-,095
,004

,316

,120
127
124

,142

,226

,138

173
,129

,152
,141

,137
,140

,208

-,057
,395
,218

,094

-,286

-,152

-,110
,087

-,164
,092

-,119
,004

277

-,454
3,182
1,665

,629

-1,164

-1,048

-,598
,643

-,973
,620

-,697
,027

1,521

125

,651
,002
,102

,532

,249

,300

,552
,523

,335
,538

,489
,979

,134

a. Dependent Variable: FAC1_1 PU
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Appendix 11 - Results logistic regression

Abbreviations used in the statistigs this appendixare Sl: Social Influence, PU: Perceived
Usefulness, and PEWerceived Ease of Use. Question numbers (Q) corresponds with the
variables in Table 2 and Appendix 1 as do the item numhAeedevantoverviewfor this appendix

is presented in Table 15

Abbreviations |Uariahle

newHighDepr Department Relevance (High)
JobPDocD Job Position (Doctor)

AgeOldD Age (40 years and older)

FAC3 1 Social Influence Sensitivity

FACL 1 Perceived Usefulness

FACS 1 Perceived Ease of Use

FACZ 1 Positive Social Influence

Q5 25calc Mumber of Social Influence Groups
Q4 21 Social Influence Group Caregivers
Q4 22 Social Influence Group Information Department
Q4 23 Social Influence Group Patients

Q4 24 Social Influence Group Others

Table15 Overview abbreviations used ini$ appendix

Case Processing Summary

Unweighted Cases? M Percent
Selected Cases  Includedin Analysis 63 a7 1
Missing Cases 2 24
Total 70 100,0
Lnselected Cases 0 0
Total 70 100,0

a. Ifweight is in effect, see classification table for the total
number of cases.

Dependent Variable Encoding

Original Value | Internal Value
0 Mo 0

1%es 1
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Block O:
Iteration History™©°
-2 Log Coeflicients
lteration likelihood Constant
Step0 1 53,738 76
2 93,738 ATT

a. Constantis included in the model.
lr. Initial -2 Log Likelihood: 93,738

. Estimation terminated at iteration
numhber 2 hecause parameter
estimates changed by less than ,001.

Classification Table®®

Fredicted
Q7a___28 Use Behavior Percentage
Observed 0 Mo 1%es Correct
Step0  Q7Va___ 28 Use Behavior 0 Mo 1] Kh| 0
1Yes 1] a7 100,0
Cverall Percentage 544
a. Constantis included inthe model.
b, The cutvalue is 500
Variables in the Equation
B SE. Wald df Sig. Exp(B)
Step0 Constant ATT 243 528 1 467 1,154

way,

&

L ﬁ
Uerres
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Variables not in the Equation

Score df Sig.

Step 0 Variahles  newHighDepr 7,431 1 006
JobhPDocD Jooon 1 ba3

AgeOldD KR EEY 1 AO77

FAC3_1 o7a 1 780

FACT_1 10,082 1 001

FACE_1 6,372 1 012

FACZ_1 2 BAE6 1 109

FACT1_1 hyFAC2_1 3,480 1 062

Q4a_25acalc 7,732 1 o0&

FACZ_1 by Q5_25calc 382 1 536

Q4_21 Bar 1 344

FACZ_1 by Q4_21 1,156 1 282

Q4_22 1,308 1 253

FACZ 1 hyQ4_22 2,369 1 124

Q4_23 312 1 ATT
FACZ_1hyQ4_23 340 1 359

Q4_24 223 1 G637
FACZ_1hyQ4_24 1,808 1 78

COverall Statistics 31,285 18 027
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Model 1:
Omnibus Tests of Model Coefficients
Chi-sguare df Sig.
Step1  Step 10,266 036
Block 10,266 036
Model 10,266 036
Model Summary
-2 Log Cox & SnellR Magelkerke R
Step likelihood Square Square
1 83,4729 140 87

a. Estimation terminated at iteration number 4
hecause parameter estimates changed by less

than 001.

Hosmer and Lemeshow Test

Step Chi-square df Sig.
1 6,601 a 580
Contingency Table for Hosmer and Lemeshow Test
QYa___ 28 Use Behavior=1
QYa___28Use Behavior=0Mo Yes
Qhserved Expected Qhserved Expected Total
Step1 1 4 4,754 3 2,206 7
2 ] 4675 2 2,325 7
3 4 4,584 3 2,408 7
4 ] 4512 2 2,488 7
5 3 3,013 4 3,987 7
6 ] 2,851 2 4,449 7
7 2 2,382 ] 4,608 7
8 2 2,268 ] 4732 7
g ] 1,440 7 5,560 7
10 1 760 4 4,240 5
Classification Table®
Fredicted
QTa___ 28 Use Behavior Percentage
Ohserved 0 Mo 1%¥es Correct
Step1  QFa___28 Use Behavior 0 Mo 18 13 581
1Yes 10 27 73,0
Cverall Percentage 66,2

a. The cutvalue is 500
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\fariables in the Equation

95% C.|.for EXP(B)
B S.E. Wald df Sig. Exp(B) Lower Upper
Step 1 newHighDepr 1,363 532 6,561 1 010 3,807 1,377 11,086
JohPDocD -118 532 050 1 823 888 313 2516
AgeOldD 994 632 2,478 1 15 370 107 1,276
FAC3_1 - 038 267 020 1 Bay 963 E70 1,626
Constant 367 64 306 1 580 1,444

a. Wariable(s) entered on step 1: newHighDepr, JobhPDocD, AgeQldD, FAC3_1.

Model 2:
Omnibus Tests of Model Coefficients
Chi-square df Sig.
Step1  Step 15,583 .oog
Block 15,583 .oog
Model 154583 .oog

Model Summary

-2 Log Cox &SnellR Magelkerke R
Step likelihood Square Square
1 78,155° 205 274

a. Estimation terminated at iteration number 4
hecause parameter estimates changed by less
than 001.

Hosmer and Lemeshow Test

Step Chi-square df Sig.
1 5,054 8 G52

Contingency Table for Hosmer and Lemeshow Test

Q7a___ 28 Use Behavior=1
QYa___ 28 Use Behavior=0Mo Yes
Qhserved Expected Qhserved Expected Total
Step1 1 5 8711 2 1,289 7
2 ] 4 956 2 2,044 7
3 ] 4,380 1 2,610 7
4 3 3,955 4 3,045 7
5 4 3,656 3 3,344 7
6 2 2,850 ] 4,150 7
7 4 2,258 3 4,742 7
8 1 1,759 ] 5,201 7
g 1 1,054 ] 5,946 7
10 i 371 ] 4629 5

Radboud University %V Radboudumc

MiNe €



Classification Table®

131

Fredicted
Q7a 28 Use Behavior Percentage
Observed 0 Mo 1Yes Correct
Step1 Q7a 28 Use Behavior 0 Mo 23 3 742
1Yes 11 26 703
COverall Percentage 721
a. The cutvalue is 500
Vfariables in the Equation
95% C.Lfor EXP(B)
B S.E. Wald df Sig. Exp(B) Lower Upper
Step 1 newHighDepr (640 622 1,082 1 296 1,916 666 6,490
JobPDocD B52 G638 747 1 387 1,737 AgT 6,069
AgeQldD - 452 G5 2,044 1 152 ki[5 108 1,421
FAC3_1 =010 280 001 1 870 Ba0 BT 1,714
FACT_1 890 408 4 760 1 029 2,435 1,095 5418
Constant 405 6a1 354 1 652 1,489

a. Variable(s) entered on step 1: newHighDepr, JobPDocD, AgeQldD, FAC3_1, FACT_1.

Model 3:

Omnibus Tests of Model Coefficients

Chi-sguare df Sig.

Step1  Step 16,747 010

Block 16,747 010

Model 16,747 010

Model Summary

-2 Log Cox &SnellR Magelkerke B

Step likelihood Square Square
1 76,991° 218 2492

a. Estimation terminated at iteration number 4
hecause parameter estimates changed by less

than ,001.
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Contingency Table for Hosmer and Lemeshow Test

Q7a___ 28 Use Behavior=1
QYa___ 28 Use Behavior=0Mo Yes
Qhserved Expected Qhserved Expected Total
Step1 1 5 5,893 2 1,107 7
2 ] 4928 1 2,072 7
3 ] 4452 1 2,508 7
4 3 3,935 4 3,068 7
5 3 3,463 4 3537 7
6 4 2,987 3 4,003 7
7 1 2,280 ] 4710 7
8 1 1,643 ] 64467 7
g 2 1,108 ] 5,891 7
10 ] 380 ] 4 660 5
Hosmer and Lemeshow Test
Step Chi-square df Sig.
1 6,824 g 56
Classification Table®
Fredicted
QTa___ 28 Use Behavior Percentage
Ohserved 0 Mo 1%¥es Correct
Step1  QFa___28 Use Behavior 0 Mo 21 10 677
1%es 11 26 70,3
Cverall Percentage 691
a. The cutvalue is 500
Vfariables in the Equation
95% C.|for EXP(B)
B SE. ‘Wald df Sig. Exp(B) Lower Upper
Step 1 newHighDepr 710 B3 1,267 1 260 2,035 591 7,009
JohPDocD 598 B 870 1 351 1,818 518 £,329
AgeOldD - 764 6849 1,228 1 268 A66 121 1,758
FAC3_1 078 203 066 1 7a7 1,078 607 1913
FACT 1 738 436 2,861 1 091 2,001 .BBA 4,916
FACS_1 4049 385 1,128 1 288 1,605 708 3,200
Constant 204 710 ,082 1 74 1,22

a.Variable(s) entered on step 1: newHighDepr, JobPDocD, AgeQldD, FAC3_1, FACT_1, FACS_1.
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Model 4:

Omnibus Tests of Model Coefficients

Chi-sguare df Sig.

Step1  Step 25622 001

Block 25622 001

Model 25622 001

Model Summary

-2 Log Cox & Snell R Magelkerke R

Step likelihood Sguare Sguare
1 63,1167 314 420

a. Estimation terminated at iteration number &
hecause parameter estimates changed by less
than ,001.

Hosmer and Lemeshow Test

Step Chi-square df Sig.
1 5,688 g 288
Contingency Table for Hosmer and Lemeshow Test
Q7a___ 28 Use Behavior=1
Q7a___ 28 Use Behavior=0 Mo fes
Obhserved Expected Obhserved Expected Total
Step1 1 ] 6,710 1 ,280 7
2 ] 5,686 1 1,414 7
3 ] 44623 1 2477 7
4 4 3,800 3 3,200 7
5 1 3,416 ] 3584 7
6 4 2,784 3 4218 7
7 3 1,886 4 5114 7
8 1 1,267 ] 5,733 7
g ] 835 7 6,165 7
10 i gz 5 4,808 5
Classification Table®
Fredicted
Q7a___28 Use Behavior Percentage
Observed 0 Mo 1%es Correct
Step1  QFa___28 Use Behavior 0 Mo 23 3 742
1%es 7 30 a1,1
Cverall Percentage vy

a. The cutvalue is 500
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Variables in the Equation

95% C.|for EXP(B)

B S.E. Wald df Sig. Exp(B) Lower Upper
Step1®  newHighDepr 168 709 086 1 812 1,184 285 4,752
JobPDocD 607 687 545 1 460 1,660 432 6,380

AgeQldD -472 T67 1,606 1 205 378 084 1,702

FAC3_1 -,077 324 056 1 812 926 491 1,746

FACT_1 1,207 547 4877 1 027 3,344 1,145 § 760

FACAH_1 612 443 1,907 1 167 1,844 774 4,397

FACZ2_1 120 401 0849 1 TB5 1127 514 2473

FAC1_1 hy FACZ_1 -1,124 ATT 5,560 1 018 325 128 827

Constant B13 742 5449 1 439 1,848
a. Variahle(s) entered on step 1: newHighDepr, JobPDocD, AgeQldD, FAC3_1 FAC1_1, FACS_1, FACZ_1,FACI_1™*
FACZ2_1.
Model 5:

Omnibus Tests of Model Coefficients

Chi-sguare df Sig.

Step 1 Step 30,342 10 001

Block 30,342 10 001

Maodel 30,342 10 001

Model Summary

-2Log Cox&SnellR | Magelkerke R

Step likelihood Square Square
1 £3,305° 360 481

a. Estimation terminated at iteration number &
hecause parameter estimates changed by less
than 001.

Hosmer and Lemeshow Test

Step Chi-square df Sig.
1 6,039 a 643
Radboud University %V Radboudumc



Contingency Table for Hosmer and Lemeshow Test
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Q7a___ 28 Use Behavior=1
QYa___ 28 Use Behavior=0Mo Yes
Qhserved Expected Qhserved Expected Total
Step1 1 7 6 696 ] 304 7
2 A 5,884 1 1,116 7
3 3 4,852 4 2,008 7
4 ] 4,054 2 2,946 7
5 4 3,22 3 3773 7
6 3 2,729 4 4,271 7
7 1 1,740 ] 5,260 7
8 2 1,070 ] 5,930 7
g ] 500 7 6,500 7
10 ] Jos ] 4,842 5
Classification Table®
Fredicted
Q7a___ 28 UUse Behavior Percentage
Ohserved 0 Mo 1Yes Correct
Step1  QFa___28 Use Behavior 0 Mo 1 10 677
1¥es 7 30 81,1
Cverall Percentage 75,0
a. The cutvalue is 500
Variables in the Equation
85% C | for EXP(R)
B S.E. Wald df Sig. Exp(B) Lower Upper
Step 17 newHighDepr 460 765 372 1 542 1,585 J361 6,060
JobPDocD 320 730 182 1 Nilal 1,377 328 5,760
Age0ldD -1,363 B4g 2877 1 RIE] 256 048 1,362
FAC3_1 -,347 373 BE2 1 ,353 707 ,340 1,469
FACT_1 1,075 5ET 3,504 1 058 2929 J064 8,804
FACSH_1 312 469 445 1 A0S 1,367 G546 3,424
FAC2_1 -102 536 036 1 844 803 316 2,581
FAC1_1 by FAC2_1 -1,003 509 2,882 1 044 367 135 ,005
Q5_25calc 1,330 702 3,685 1 058 3782 J986 14,962
FAC2_1 by Q5_25calc -,483 585 683 1 408 B17 186 1,840
Constant ,338 829 166 1 683 1,402
a.Wariahle(s) entered on step 1: newHighDepr, JohPDocD, AgeQIdD, FAC3_1, FAC1_1, FACS_1, FAC2_1, FACI_1*

FAC2_1,Q5_25cale, FAC2_1* Q5_25calc .
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Model 6:

Omnibus Tests of Model Coefficients

Chi-sguare df Sig.
Step1  Step 30,473 12 00z
Block 30,473 12 ooz
Model 30,473 12 ooz

Model Summary

-2 Log Cox & Snell R Magelkerke R
Step likelihood Sguare Sguare
1 §3,265° 361 483

a. Estimation terminated at iteration number &
hecause parameter estimates changed by less
than ,001.

Hosmer and Lemeshow Test

Step Chi-square df Sig.
1 6,020 8 645

Contingency Table for Hosmer and Lemeshow Test

Q7a___ 28 Use Behavior=1
Q7a___ 28 Use Behavior=0 Mo fes
Obhserved Expected Obhserved Expected Total
Step1 1 7 6,728 0 272 7
2 i 5,906 1 1,094 7
3 3 4034 4 2,066 7
4 i 3,968 1 3,032 7
5 3 3,282 4 3718 7
6 3 2,770 4 4,230 7
7 2 1,764 ] 5,236 7
8 1 1,064 ] 5,946 7
g ] 4849 7 6,511 7
10 i 04 ] 4 8496 4]
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Classification Table®
Predicted
Q7a___ 28 lUse Behavior Percentage
Observed 0 Mo 1%es Correct

Step1  QFVa__ 28 Use Behavior 0 Mo 23 a V4.2

1Yes 7 a0 811

COverall Percentage Vig

a. The cutvalue is 500
Variables in the Equation
85% C.|for EXP(B)
B S.E. Wald df Sig. Exp(B) Lower Upper
Step1?®  newHighDepr A03 T4 423 1 16 1,664 363 7,634
JobFDocD 311 73z 181 1 671 1,365 325 5727
AgedldD -1,411 534 2283 1 A3 244 038 1,521
FAC3_1 -, 396 403 (966 1 326 673 ,305 1,483
FACT 1 1,004 574 3633 1 0587 2986 870 9,198
FACS_1 349 481 528 1 ABE 1418 553 3,637
FACZ_1 017 1,139 ooo 1 ag8 1,017 09 9,471
FACT_1 by FACZ_1 -1,042 541 3703 1 054 353 122 1,019
Q5_25cale 1,190 785 2296 1 130 3287 705 15,321
FAC2_1 by Q5_25calc -,358 774 214 1 643 699 153 3,187
Q4_21 114 352 114 1 736 1126 565 2,243
FAC2_1 by Q4_21 -,070 398 031 1 JB61 933 428 2,034
Constant 032 1214 001 1 9749 1,032
a. Variable(s) entered on step 1: newHighDepr, JobPDocD, AgeQldD, FAC3_1, FAC1_1, FACS_1 FAC2_ 1, FAC1_1™*

FAC2_1,Q5_25cale, FAC2_1 ™ Q5_25¢calc, Q4_21, FACZ_1*Q4_21.

Model 7:

Omnibus Tests of Model Coefficients

Chi-sguare df Sig.

Step1  Step 33,5605 14 ooz

Block 33,5604 14 ooz

Model 33,5605 14 ooz

Model Summary

-2 Log Cox & Snell R Magelkerke R

Step likelihood Sguare Sguare
1 §0,233° ,384 A20

a. Estimation terminated at iteration number &
hecause parameter estimates changed by less
than ,001.
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Hosmer and Lemeshow Test

Step Chi-square df Sig.
1 4,431 a 816
Contingency Table for Hosmer and Lemeshow Test
QYa___ 28 Use Behavior=1
QYa___28Use Behavior=0Mo Yes
Qhserved Expected Qhserved Expected Total
Step1 1 7 6,866 i 134 7
2 ] 6,006 2 b94 7
3 4 4,788 3 2,202 7
4 ] 4,205 2 2,794 7
5 ] 3,37 2 3,683 7
6 2 2,643 ] 4 357 7
7 2 1,780 ] 5,22 7
8 1 1,006 ] 5,994 7
g ] 345 7 6,655 7
10 ] 035 ] 4 965 5
Classification Table®
Fredicted
Q7a___28 Use Behavior Percentage
Observed 0 Mo 1Yes Correct
Step1  QFa___28 Use Behavior 0 Mo 22 g 71,0
1%es 7 30 a1,1
Overall Percentage VB 5
a. The cutvalue is 500
Variables in the Equation
85% C.l.for EXP(B)
B SE. Wald df Sig. Exp(B) Lower Upper
Step 17 newHighDepr 950 802 1,108 1 ,202 2587 441 15,164
JobPDocD ,305 748 166 1 Nit:k] 1,357 313 5B74
Age0ldD -1,908 1,061 3,297 1 064 148 018 1,164
FAC3_1 -543 437 1,540 1 216 a1 247 1,370
FACT_1 1,028 (664 2402 1 A2 2,797 TE2 10,268
FACSH_1 211 495 182 1 670 1,235 488 3,257
FAC2_1 -1,602 1,562 1,052 1 ,304 202 ,008 4,305
FAC1_1 by FAC2_1 -1,369 708 3742 1 053 264 i} 1,018
Q5_25calc 1,428 841 2,882 1 0@ 4172 802 21,702
FAC2_1 by Q5_25calc -1,360 1,087 1,656 1 198 267 032 2,037
Q4_21 141 378 139 1 704 1,161 545 2,415
FAC2_1 by Q4_21 -,008 432 000 1 980 895 427 2,320
Q4_22 -032 343 008 1 827 969 485 1,897
FAC2_1 by Q4_22 712 502 2,012 1 156 2,037 JTE2 5,447
Constant 094 1,485 004 1 849 1,099
a. Variable(s) entered on step 1: newHighDepr, JobPDocD, AgeQldD, FAC3_1, FAC1_1, FACS_1 FAC2Z_ 1, FAC1_1™*

FAC2_1,Q5_25cale, FAC2Z_1*Q5_25calc, Q4_21, FAC2_1*Q4_21,Q4_22 FAC2_1*Q4_22.
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Model 8:

Omnibus Tests of Model Coefficients

Chi-square df Sig.

Step1  Step 37,795 16 ooz

Block 37,7495 16 ooz

Model 37,795 16 ooz

Model Summary

-2 Log Cox & SnellR Magelkerke R

Step likelihood Square Square
1 550437 A28 ABT0

a. Estimation terminated at iteration number &
hecause parameter estimates changed by less

than 001.

Hosmer and Lemeshow Test

Step Chi-square df Sig.
1 3,432 g B04
Contingency Table for Hosmer and Lemeshow Test
Q7a___ 28 Use Behavior=1
Q7a___ 28 Use Behavior=0 Mo Yes
Qhserved Expected Qhserved Expected Total
Step1 1 7 6,861 ] 1349 7
2 7 6,209 0 791 7
3 4 5,343 3 1,667 7
4 4 4434 3 2,566 7
5 3 3,109 4 3,891 7
G 3 2,469 4 451 7
7 2 1,605 ] 5,395 7
8 1 G646 ] 6,354 7
g ] 269 7 6,731 7
10 ] 054 ] 4946 5
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Classification Table®
Fredicted
Q7a___ 28 lUse Behavior Percentage
Ohsenved 0 Mo 1%es Correct

Step1  QFa___28 Use Behavior 0 Mo 23 3 742

1Yes ] a1 838

Overall Fercentage Va4

a. The cutvalue is 500
Variables in the Equation
85% C.|for EXP(B)
B 5.E. Wald df Sig. Exp(B) Lower Upper
Step1®  newHighDepr 1,227 972 1,693 1 207 340 508 22,910
JohPDocD 439 788 310 1 ATT 1,651 k| 7,275
Age0ldD -1,582 1,063 2215 1 137 206 026 1,651
FAC3_1 - 637 446 2,039 1 153 529 221 1,268
FACT_1 1,063 720 2134 1 144 2,865 698 11,758
FACS_1 (336 542 386 1 535 1,400 484 4,046
FACZ_1 -,504 1,947 093 1 760 552 012 25103
FAC1_1 by FAC2_1 1,446 694 4,341 1 037 235 060 918
Q5_25cale 1,400 894 2,453 1 A7 4057 703 23,407
FAC2_1 by Q5_25calc -, 761 1,349 318 1 573 A7 033 6,581
Q4_21 262 389 455 1 500 1,300 607 2,787
FAC2_1 by Qd4_21 -2 462 229 1 632 802 324 1,923
04_22 247 389 401 1 G626 1,280 597 2,746
FACZ_1 hy Q4_22 G674 4494 1,860 1 73 1,961 745 5,163
Q4_23 - GBS 381 3,043 1 081 14 244 1,086
FAC2_1 by Q4_23 - 166 520 102 1 744 847 ,306 2,345
Constant 323 1,610 040 1 a4 1,382
a. Variable(s) entered on step 1: newHighDepr, JobPDocD, AgeQIdD, FAC3_1, FAC1_1, FACA_1 FAC2Z_ 1, FAC1_1™*

FAC2_1,Q5_25cale, FAC2Z_1 ™ Q5_25¢calc, @4_21, FACZ_1*Q4_21,Q4_22 FAC2_1*Q4_22 Q4_23 FACZ_1*0Q4_23

Model 9:

Omnibus Tests of Model Coefficients

Chi-square df Sig.

Step1  Step 41 858 18 001

Block 41 858 18 001

Model 41,858 18 001

Model Summary

-2 Log Cox &SnellR Magelkerke R

Step likelihood Square Square
1 51,8807 A60 614

a. Estimation terminated at iteration number 7
hecause parameter estimates changed by less

than 001.
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Hosmer and Lemeshow Test

Step Chi-square df Sig.
1 6,183 a G227
Contingency Table for Hosmer and Lemeshow Test
QYa___ 28 Use Behavior=1
QYa___28Use Behavior=0Mo Yes
Qhserved Expected Qhserved Expected Total
Step1 1 7 6,922 ] 078 7
2 7 6,385 ] G185 7
3 ] 5,659 2 1,341 7
4 3 4,363 4 2,637 7
5 ] 3,037 2 3,963 7
6 1 2,281 ] 47149 7
7 2 1,662 ] 5,338 7
8 1 B62 ] 6,438 7
g ] 17 7 6,883 7
10 ] 011 ] 49849 5
Classification Table®
Fredicted
Q7a___28 Use Behavior Percentage
Observed 0 Mo 1%es Correct
Step1  QFa___28 Use Behavior 0 Mo 22 g 71,0
1%es B 3 838
Cverall Percentage vy

a. The cutvalue is 500

Radboud University §
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Variables in the Equation

§5% C.Lfor EXP(B)
B SE. Wald df Sig. Exp(B) Lower Upper

Step1®  newHighDepr 1,385 1,068 1,680 1 145 3,993 492 247
JobPDocD 523 837 ,380 1 532 1,688 327 3,711
AgeOIldD -2,509 1,286 3,809 1 051 081 007 1,011
FAC3_1 -,598 A1 1,688 1 144 549 222 1,356
FACT_1 1,214 TET 2,575 1 109 3,368 764 14,846
FACS_1 321 665 322 1 A70 1,378 456 41649
FAC2_1 -1,508 2,230 457 1 449 221 003 17,518
FAC1_1 by FAC2_1 -1,842 944 4232 1 040 143 023 a1z
Q5_25¢cale 1,738 1,007 2,879 1 084 5684 750 40,903
FACZ_1 hy Q5_25calc -1,208 1,476 669 1 413 259 017 5,306
Q4_21 215 387 308 1 578 1,240 581 2,645
FAC2_ 1 by Q4_21 -,208 473 184 1 660 812 321 2,053
Q4_22 A70 A79 968 1 325 1,768 568 5,501
FACZ2_1 hyQ4_22 JGAE TE1 837 1 \360 2008 451 8,820
Q4_23 -,195 Ralals] 118 1 T3 823 272 2,495
FAC2_1 by Q4_23 -,681 791 539 1 463 560 114 2,635
Q4_24 - 962 545 3111 1 078 382 131 1,113
FAC2_1 hyQ4_24 7ar 4919 734 1 342 2197 363 13,306
Caonstant 1,417 1,758 650 1 420 4127

a. Variable(s) entered on step 1: newHighDepr, JobPDocD, AgeQIdD, FAC3_1, FACT1_1, FACA_1 FACZ_1,FAC1_1™

FAC2_1,0Q5_25cale, FAC2_1*Q5_25¢calc, Q4_21 FAC2Z_1*Q4_21,Q4_22 FAC2_1*Q4_22 Q4_23 FACZ_1*0Q4_23

,Q4_24 FACZ2_1*Q4_24.

ResultsPROCESS analysis of moderator effed®SI with PU:

Run MATRIX procedure:

Frrkkkkkkkkkck PROCESS Procedure for SPSS Release 2.10 *rxwkkkkikikidokkk

Written by Andrew F. Hayes, Ph.D.
Documentation available in Hayes (2013). www.guilford.com/p/hayes3

www.afhayes.com

kkkkkkkkkkkkkkhhhhhhhhhhhhhhrrkrxxkx

Model = 1
Y=Q7a___ 28
X =FAC1_1
M =FAC2_1

Sample size
70

*kkkkkkkkkkkkkhhhhhhhhiix

Outcome: Q7a___ 28

*%

*kkkkk

*kkkkk

*%
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Coding of binary DV for analysis:
Q7a___ 28 Analysis
,00 ,00
1,00 1,00

Logistic Regression Summary

-2LL Model LL McFadden CoxSnell
79,7900 17,0219 ,1758 ,2159

Model

coeff se Z

constant ,L1090 2771 ,3935

FAC2_ 1 , 1416 ,3268
FAC1 1 1,1083 ,3580 3,0961
int_ 1 -,8118 ,3582
Interactions:

int 1 FAC1 1 X FAC2.1

,2881 70,0000

Conditional effect of X on Y at values of the moderator(s):
FAC2_1 Effect se 4

-,9439 18746 ,6032 3,1

,0000 11,1083 ,3580 3,0961
9439 3420  ,3480 ,9826

Values for quantitative moderators are the mean and plus/minus

mean.

Values for dichotomous moderators are the two values of the moderator.

watikrtpkkr ks JOHNSON - NEYMAN TECHNIQUE

Moderator value(s) defining Johnson

Value % below % above

,6113 77,1429 22,8571

Conditional effect of X on Y at values of
FAC2 1 Effect se Z

Radboud University §

143

-,4341 6522
-,4989 7822

-1,5140 -,1097

3,0569
4067 1,8099
-,3401 1,0241

one SD from

- Neyman significance region(s):

the moderator (M)
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-2,0175 2,7462 9539 2,8789 ,0040 ,8766 4,6158
-1,8062 2,5746  ,8826 2,9170 ,0035 ,8447 4,3045
-1,5948 2,4030 ,8122 12,9588 ,0031 ,8112 3,9949
-1,3835 2,2315 ,7428 3,0043 ,0027 7757 3,6872
-1,1722 2,0599 6747 3,0532 ,0023 ,7376 3,3823
-,9609 11,8884 ,6084 3,1037 ,0019 ,6959 3,0808
-,7495 17168 5446 3,1523 ,0016 ,6494  2,7842
-,5382 11,5452  ,4843 3,1909 ,0014 5961 2,4944
-,3269 11,3737  ,4288 3,2034 ,0014 5332 2,2141
-,1156 1,2021 ,3804 3,1600 ,0016 ,4565 1,9477
,0958 11,0306  ,3421 3,0128 ,0026 ,3601 1,7010
, 3071 8590 ,3174 2,7061 ,0068 ,2369 11,4812
,5184 6874 ,3098 2,2190 ,0265 ,0802 11,2947

,6113 612 0 ,3123 19600 ,0500 ,0000 11,2240

, 7297 5159  ,3204 1,6101 ,1074 -,1121  1,1439

9410  ,3443  ,3476 9907 ,3218 -,3369 1,0255
1,1524 1728 3878  ,445 5 ,6560 -,5874 9329
1,3637 ,0012 ,4376 ,0028 ,9978 -,8564  ,8589
1,5750 -,1704  ,4940 -,3449 7302 -1,1385 ,7978
1,7863 -,3419 5550 -,6161 5378 -1,429 7 7458
1,9977 -,5135 6192 -,8292  ,4070 -1,7272 7002
2,2090 -,6850 ,6858 -,9988 3179 -2,0293  ,6592

*kkkkkkkkkkhkhhhhhhhhhhhhkhrkkkkkkkkhkkhhkhkhhhhhhhhhhhhhrhrrkkrxkrrkkkrhkhkihhhk

Data for visualizing conditional effect of X of Y:
FAC1 1 FAC2_1 In(odds) prob

-,9479 -,9439 -1,8015 1417
,0000 -,9439 -,0246  ,4938
,9479 -,9439 1,7522 8522

-,9479  ,0000 -,9415 ,2806

,0000  ,0000 ,1090 ,5272
,9479  ,0000 11,1596 ,7613
9479 9439 -,0814 4797
,0000 ,9439 2427 5604
9479 9439 5669 ,6380

kkkkkhkkkkhkkkkkkkkkk * ANALYS I S N OT ES AN D WAR N I N G S kkkkkkkkkkhkkkkhkkkkkkkkkkk

Level of confidence for all confidence intervals in output:
95,00

Radboud University %V Radboudumc



145

NOTE: The following variables were mean centered prior to analysis:
FAC1_1 FAC2_1

NOTE: All standard errors for continuous outcome models are based onthe HC3
estimator

------ END MATRIX -

Moderator effect PSI x PU on UB

15

05 /

-0,9479 0 0,9479

—Perceived Usefulness=——Low ——Average High

%,
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Appendix 12 - Post hoc analysis

Abbreviations used in the statistigs this appendixare Sl: Social Influence, PU: Perceived
Usefulness, and PEU: Perceived Ease of Use. Question numbers (Q) corresponds with the

variables in Table 2 and Appendix 1 as do the item numbers.

Post hoc between Use Behavior and Intention to Use

Descriptive Statistics
Mean Std. Deviation M
FAC4_1 Intention To Use 0185453 BTT13T1a 6a
newHighDepr High
Department Relevance 4706 50285 68
JobPDocD Doctor 44 A03 68
AgeOldD Age 40 and
older 7353 44448 6e
FAC3_1 Sl Sensitivity 0019836 1,01287961 6a
Q7a__ 28 Use Behavior 54 502 62
Model Summary®
Change Statistics

Adjusted R Stel. Error of R Square
Madel R R Square Square the Estimate Change F Change df1 df2 Sig. F Change
1 5228 272 226 BEO5G6096 272 5,896 4 63 000
2 ,58?" 345 282 82238471 vz 6,825 1 62 011

a. Predictors: (Constant), FAC3_1 S| Sensitivity, newHighDepr High Department Relevance, JobhPDocD Doctor, Age0ldD Age 40 and
older

h. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Depantment Relevance, JohPDocD Doctor, AgedldD Age 40 and
older, @7a___ 28 Use Behavior

c. Dependent Variahle: FAC4_1 Intention To Use

ANOVA®
Sum of
Madel Squares df Mean Square F Sig.
1 Regression 17,424 4 4,356 5 896 .o0oot
Residual 45,547 63 734
Total £3,971 67
2 Regression 22,040 5 4,408 6,518 ,000°
Fesidual 41,932 62 ETE
Total £3,971 67

a. DependentVariable: FAC4_1 Intention To Lise

. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Department
Relevance, JobPDocD Doctor, AgeQldD Age 40 and older

c. Predictors: (Constant), FAC3_1 51 Sensitivity, newHighDepr High Department
Relevance, JobhPDocD Doctor, AgeQldD Age 40 and older, @7a___ 28 UUse Behavior

%v Radboudumc
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Coefficients?®
Standardized
IUnstandardized Coefficients Coefficients

Madel B Std. Error Beta t Sig.

1 (Constant) 281 260 1,078 285
newHighDepr High Depatment Relevance B54 210 336 311 003
JobhPDocD Doctor - 601 210 -.308 -2,854 006
AgedldD Age 40 and older - 37T 238 =171 -1,5749 114
FAC3_1 51 Sensitivity - 196 Jo4 -,203 -1,875 065

2 (Constant) -, 037 27T -132 ,BAA
newHighDepr High Depatment Relevance 478 212 246 2,264 o028
JohPDocD Doctor - Bag 201 -.303 -2818 005
AgedldD Age 40 and older -, 258 233 -118 -1,114 2649
FAC3_1 51 Sensitivity -1a2 Jao -1498 -1,9149 ,060
@7a___ 28 lse Behavior 565 216 290 2,612 011

a. Dependent Variable: FAC4_1 Intention To Use

Post hoc test moderation effect Number of Socidhfluence Groups onthe effect ofPositive

Social Influence

Run MATRIX procedure:

rrmmccosse PROCESS Procedure for SPSS Release 2,10 #rcsssiik

Written by Andrew F. Hayes, Ph.D. www.afhayes.com
Documentation available in Hayes (2013). www.guilford.com/p/hayes3

kkkkkkkkkkkkkkkkkkkkkkkkkkkkkkkkkkkkhkkkkhkkkkhkkkhkkkkkkhkkkkkkkkkkkkkkkkkk

Model = 1
Y=FAC1 1
X=FAC2_1
M = SQRTNSIG

Sample size
70

*kkkkkkkkkkkhhhhhhhhhhhhhkkkkkkkkrkkkkhkkhhhhhhhhiix

Outcome: FAC1_1

Model Summary
R R -sq F dfl df2 p
,4610 , 2125 7,6061 3,0000 66,0000 ,0002
Model
coeff se t LLCI ULCI
constant  ,1557 , 1101 1,4146 ,1619 -,0641 ,3755
SQRTNSIG , 2484 ,1842 11,3486 ,1821 -,1194 ,6161
FAC2 1 ,0767 , 1199 ,639 8 ,5245 -,1627 , 3162
int_ 1 -,7679 , 1713 - 4,4833 ,0000 -1,1099 -,4259
Interactions:
int 1 FAC2.1 X SQRTNSIG

Radboud University ¢
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Kkkkkkkkkkhkkkhkkhkkkhkkkkkkkkkkhhkkkhkkhkhkkhhkkhkkkhkkkhkkkkkkhkkkkhkkkkkkkkk

Conditional effec t of X on Y at values of the moderator(s):

SQRTNSIG  Effect se t p LLCI ULCI
-,4613 4310 ,1384 3,1133 ,0027 ,1546 ,7073
,0000 ,0767  ,1199  ,6398  ,5245 -,1627 3162
,6032 -,3865 ,1642 -2,3532 ,0216 -,7144 -,0586

Values for quantitative moderators are the mean
mean.

Values for dichotomous

and plus /minus one SD from
moderators are the two values of the moderator.

NOTE: For at least one moderator in the conditional effects table above, one
SD

below the mean was replaced with the minimum because one SD below the
mean

is outside of the range of the data.

*%k kkkkkkkkkkkkkkkkhkkk JOHNSON - NEYMAN TECHNIQUE *% *% *% *% *% *%
Moderator value(s) defining Johnson
Value % below % above
-,2196 61,4286 38,5714
,4956 61,4286 38,

- Neyman significance region(s):

5714

Conditional e ffect of X on Y at values of the moderator (M)

SQRTNSIG  Effect se t p LLCI ULCI

-,4613  ,4310 ,1384 3,1133 ,0027 ,1546 ,7073

-,3747 ,3644 1316 2,7699 ,0073 ,1017 ,6271

-,2881 2979 ,1261 12,3626 ,0211 ,0462 5497

-,2196 2454 1229 11,9966 ,0500 ,0000 ,4907

-,2015 2314 1222 1,8938 ,0626 -,0126 4754

-,1149 1649 ,1200 11,3742 ,1740 -,0747  ,4046

-,0283 ,0984 1197 ,8226  ,4137 -,1405 3373
,05684 0319 ,1211 ,2636 ,7929 -,2099 2737
,1450 -,0346  ,1243 -,2781 7818 -,2828 2137
,2316 -,1011 1292 -,7824 4368 -,3590 ,1569
,3182 -,1676  ,1355 -1,2367 ,2206 -,4382  ,1030
,4048 -,2341 1431 -1,6359 ,1066 -,5198 0516
,4914 -,3006 ,1518 -1,9809 ,0518 -,6036 ,0024
,4956 -,3039 1522 -1,9966  ,0500 -,6078 ,0000
,5780 -,3671  ,1613 -2,2758 ,0261 -,6892 -,0450
,6646 -,4336 1716 -2,5266  ,0139 -,7763 -,0910
,7512 -,5001 ,1826 -2,7396  ,0079 -,8646 -,1356
,8378 -,5666  ,1940 -2,9206 ,0048 -,9540 -,1793
,9244 -,6331  ,2059 -3,0751  ,0031 -1,0442 -,2220

1,0110 -,6996 2181 -3,2073 ,0021 -1,1351 -,2641

1,0976 -,7661 2307 -3,3211  ,0015 -1,2267 -,3056

1,1842 -,8326 2435 -3,4196 ,0011 -1,3188 -,3465

1,2708 -,8991 2565 -3,6052 ,0008 -1,4113 -,3870

kkkkkkkkkkkhhhhhhhhhhhhhrkkrkkkkkkkkhhhhhhhhhhrhhrriixkx

Data for visualizing conditional effect of X of Y:

*kkkkkkkkkkkkkhkhk

FAC2_1 SQRTNSIG yhat
-,9439 -,4613 -,3657
,0000 -,4613 ,0411
,9439 -,4613 ,4479
-,9439 ,0000 ,0833
,0000 ,0000 ,1557
Radboud University 1%V Radboudumc
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,9439 ,0000 ,2281
-,9439 ,6032 ,6704
,0000 ,6032 ,3055
9439  ,6032 -,0593

*kkkkkkkhkhkhhhhhhhhkix ANALYS I S N OTES AN D WAR N I N G S *kkkkkkkkhhhhhhhhhhhkhiirx

Level of confidence for all confidence intervals in output:
95,00

NOTE: The following variables were mean centered prior to analysis:
FAC2_1 SQRTNSIG

NOTE: All standard errors for continuous outcome models are based onthe HC3
estimator

------ END MATRIX -----

Moderator effect NSIG x PSI on PU

0,8

0,6

0,4 /
0,2 >

02 -0,9439 0 0,9439
-0,4

-0,6
-0,8

—Positive Social Influence =0 groups 1,5 groups 3 groups

To interpret SQRT scores see frequency tables below:
Square rooNumber of Social Influence Groupalues: 000 = zero groups, 1.00 = one group,

1.41=twogroups, 1.73 three groups.

Radboud University 3%: Radboudumc
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Statistics
SORTMSIG
Mumber of
Social Q5 2acalc
Influence Mumber of Sl
Groups Groups
[+l Walid 70 70
Missing n 1]
Mean 4613 57

SORTNSIG Number of Social Influence Groups

Cumulative
Frequency Percent | Valid Percent Percent
Yalid .00 43 61,4 61,4 61,4
1,00 15 214 214 8249
1,41 11 187 157 98,6
1,73 1 1.4 14 1000
Total 70 100,0 100,0
0Q5_25calc Number of Sl Groups
Cumulative
Frequency Percent | “alid Percent Percent
Valid 0 Zero groups 43 61,4 61,4 61,4
1 One group 16 214 214 828
2 Two groups 11 15,7 15,7 98,6
3Three groups 1 1.4 1,4 1000
Total 70 100,0 100,0

Post hoc test moderation effect Sociahfluence Group Otherson the effect ofPositive

Social Influence

Run MATRIX procedure:
Fkkxrkkidekkxx PROCESS Procedure for SPSS Release 2,10 *xikkkktiiok

Written by Andrew F. Hayes, Ph.D. www.afhayes.com
Documentation available in Hayes (2013). www.guilford.com/p/hayes3

kkkkkkkkkkkkkkkkkkkkkkkkkkkkkkhkkkkhkkhhkkkhhkkkhkkkhkkkhkkkhkkkkkkkkkkkkkkhkkkk

Model = 1
Y=Q7a__ 28
X=FAC2_1
M=Q4 24

Sample size
70

way,
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Outcome: Q7a___ 28

nnnnnnnnnnnnnnnnnnnnnnnn

Coding of binary DV for analysis:
Q7a___ 28 Analysis
,00 ,00
1,00 1,00

Logistic Regression Summary

-2LL Model LL McFadden CoxSnell Nagelkrk
94,5779 2,2340 ,0231 ,0314 ,0419 70,0000
Model
coeff se Z p LLCI ULCI
constant  ,1347  ,2595 5189  ,6038
Q4_24 ,0248 ,1963  ,1263  ,8995
FAC2_1 ,3645 ,2868 11,2707 ,2038
int_1 -,0463  ,2479 -,1869 ,8518
Interactions:
int 1 FAC2.1 X Q4 24
Conditional effect of X on Y at values of the moderator(s):
Q4_24 Effect se 4 p LLCI ULCI
-1,3309 4261 ,3814 1,11 71,2639
,0000 ,3645 ,2868 1,2707 ,2038
1,3309 ,3028 ,4865 ,6224 5337

Values for quantitative moderators are the mean and plus/minus
mean.
Values for dichotomous moderators are the two values of the moderator.

*kkkkkkkkkkhkhkhhhhhhhhhhhhrkkkkkkkkhkkkhhkhhhhhhhhhhhhhhrhhrkkkkrrkkkrkkhkhhhhk

Data for visualizing conditional effect of X of Y:

FAC2_ 1 Q4 24 In( odds) prob
-,9439 -1,3309 -,3005 ,4254
,0000 -1,3309 ,1017 5254
,9439 -1,3309 ,5039 ,6234
-,9439  ,0000 -,2093  ,4479
,0000 ,0000 ,1347 ,5336
,9439 ,0000 ,4787 6174
-,9439  1,3309 -,1182  ,4705
,0000 11,3309 ,1677 ,5418
9439 1,3309 ,4535 ,6115

kkkkkkkkkhkkkkkkkkkkk /\Pd/\LjYE;"S Pdc)115£5 /\Pq[) \A//\szdlpq(;s; kkkkkkkkkkkkkkkkkkkkhkkkkk

Level of ¢
95,00

onfidence for all confidence intervals in output:

NOTE: The following variables were mean centered prior to analysis:
FAC2_1 Q4_24

NOTE: All standard errors for continuous outcome models are based on the HC3
estimator

Radboud University %V Radboudumc

-,3740
-,3600
-,1977
-,5321

-,3215
-,1977
-,6507

,6433
,4096
,9266
,4395

1,1737
,9266
1,2563

one SD from
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------ END MATRIX - -
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Appendix 13 - Results confirmatory factor
analysis

Abbreviations used in the statistios this appendixare Sl: Social Influence, PU: Perceived
Usefulness, and PEU: Perceived Ease of Use. Question numbers (Q) corresponds with the

variablesn Table 2 and Appendix 1 as do the item numbers.

Confirmatory Factor Analysis

A Confirmatoryfactor analysis wasonductedThis analysiscan be conducteds&MO (.682
and Barl ett’ s t es Allthepommunalitkdvdre>.2avhich is@a goocesmn. e d .
Also, an oblique radtion wagustified as several correlations wer¢3|.Four double loaders were
visible in the pattern matrixPEU 8 wagleletal as it is the worst and it diabt load high on the
factor. One could say for ctent validity reasons to keep this item but atsthe literature this
item waseventually deletedVenkatesh et al., 2003The second pattern matrix showtmlee
double loaders. However for validity reasons those items canmeirtmeed To create six factors
afixed number of six factors wasstalled. After thisadaption SI 13 negative waemowed This
item loadednore than lthuswasaso-calledHeywood caseAfter thisadjustmentSI 15 Negative
wasremoved This variable can baeletedas the factor existeaf items of two different developed
scalesAs last, Sl 16 Positive wasleletedas it loaded on therong factor. SI 14 Negative wast

deleted as the factor after the adjustmentsiedof two variables.

Reliability analysis

Before forming the scales of tfectors the Inernal Consistency Reliability wassted. For Factor

1 (Perceived Usefulness) scotdgh (@ = .872) and no deletion of variables wikhveraised this
score Also, Factor 2 (Bsitive Social Influence) scordéagh (0 =.881) and no deletion of variables
will have increase this score. Factor @ocial Infuence Sensitivity), however, scoremderate
(a=.671) but not acceptable. With the deletionariable PEU 7 this score raistda high score
(a=.786). Theemovalof this variable formedo obstacle byantent validity as the factor was
controlvariable Thus a deletionof the variable hado major impact on the rest of the analysis.
Factor 4 Perceived Ease of Ugescores even lowo(= .311). With the deletion of variable PEU
7, this scoregised to an acceptable scome= .729). Thealeletionof this variable formedo obstacle

by content validity as it was also removed in an earlier stydpkatesh & Davis, 2000)-actor

Radboud University %V Radboudumc
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5 (Intention to Use) scorddgh (@ = .943) aul no deletion of varidbsraised this score. Factor 6
(Negative Social Influence) scorkmv (o= .434) and no deletion of variablesreaed this score.
Thus,unfortunately Negative Social Influence had be removedrom the equationFive factors
were created with the faot scores method. The model fit wgeod as less than 10% nron

redundant residuals with absolute values >afBeared.

Beginning of CFA in SPSS:

KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 682
Bartlett's Test of Approx. Chi-Square 1371,528
Sphericity df 100
Sig. 000

Communalities

Initial Extraction
Sonihy 36 70| e
Soniy 38 o0 | 50
Q12_37 5l Sensitivity 37 795 861
SSE_ES Intention to Use 891 838
géi_?ﬁ Intention to Use 884 858
g;ﬁ_?? Intention to Use 893 915
Q1_1PUA a02 725
a1_2pPU2 840 724
Q1_3revPU 3 690 550
Q1_4PU4 723 720
Q1_SrevPU S 697 657
Q1_BPUB 748 677
PowTQ2_7 7449 549
Q2_8revPEU B 7149 509
Q2_9revPEU 8 691 450
Q2_11 PEU 11 772 149
Q2_12PEU12 692 600
@3_13 8113 Positive 846 682
@3_14 5114 Positive a40 724
23_15 5115 Positive 833 749
Q3_16 5116 Positive GER 02
23_14neg 5114 Megative 872 804
Q3_16neg 5116 Megative 783 732
LM@3_13 5113 Megative 833 945
LM@3_15 5115 Meqgative 870 742

Extraction Method: Principal Axis Factoring.

%V Radboudumc
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Total Variance Explained

Rotation
Sums of
Sguared
Initial Eigenvalues Extraction Sums of Squared Loadings Loadings?

Factar Total % ofVariance | Cumulative % Total % ofVariance | Cumulative % Total

1 7642 30,568 30,568 7,375 29,500 29500 4803

2 3,574 14,294 44 B62 3,283 13174 42674 2,868

3 2,348 9,302 54,254 2,104 8417 51,091 2812

4 1,880 7921 62175 1,771 7,084 58,175 4028

5 1,658 6,630 69,805 1,320 5,280 63,455 3775

G 1,362 5,450 74,255 1,085 4,340 67,795 5049

7 1,160 4642 78,897 873 3,400 71,285 2517

8 870 3,878 82775

] 683 2,732 85507

10 591 2,364 87,87

11 459 1,835 89,706

12 405 1,622 91,328

13 324 1,296 92623

14 ,280 1,158 93,782

15 274 1,007 94879

16 270 1,078 954958

17 2149 878 96,836

18 178 T 97,547

19 140 561 98,108

20 128 512 98,620

21 13 450 99,071

22 085 380 99 451

23 060 241 99692

24 043 174 99 865

25 034 135 100,000

Extraction Method: Principal Axis Factoring.
a. When factors are correlated, sums of squared loadings cannot be added to obtain a total variance.

Scree Plot

5

Eigenvalue
i

2

T T T T T T T T 1T T T T T T 1T T T T T T T1
1 2 3 4 5 6 7 8 910 1 1213 1415 16 17 18 19 20 21 22 23 24 25

Factor Number
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Pattern Matrix®
Factor
1 2 3 4 5 i 7
Q1_4PU4 808 129
Q1_2PU2 757 167 =127 132 -155
Q1_1PU1 696 -,204 100 148 14
Q1_SrevPU S 648 -272 =207 07
Q1_3revPU 3 513 -, 360 -227
Q1_B6PUG A3 -128 243 360 24
Q3_15 5115 Positive 870 -119 -119
@3_13 5113 Positive 798 128
Q3_14 5114 Positive 685 206 101 -,231
Q12_37 Sl Sensitivity 37 24 103 -103
PowTQ12_36 Sl 81
Sensitivity 36 '
PowTGQ12_38 Sl
Sensitivity 38 - 153 687 M7
LMQ3_13 5113 Megative .84a0 11
Q3_14neqg SI 14 Megative Ba2
LMQ3_15 5115 Megative 7o2 - 141
Q2_11 PEU 11 806
PowTQ2_7 7490
Q2_12PEU12 204 -158 A1 -227
QE_27 Intention to Use 932
27
2056_25 Intention to Use 293
20‘;3_25 Intention to Use 880 169
Q3_16neq Sl 16 Megative -122 - 180 1849 -104 735
Q3_16 5116 Positive 130 221 -1568 -,651
Q2_Brev PEU B -,384 - 126 283 -, 386
Q2_Y9revPEU @ -185 -154 332 107 =377
Extraction Method: Principal Axis Factoring.
Rotation Method: Oblimin with Kaiser Mormalization.
a. Rotation converged in 14 iterations.
Factor Correlation Matrix
Factar 1 2 3 4 g G 7
1 1,000 018 - 067 -310 336 428 - 269
2 018 1,000 184 087 -nas 263 - 050
3 - 067 184 1,000 44 =227 - 166 - 016
4 -310 087 144 1,000 -241 -.304 221
4] 336 -nas =227 -241 1,000 246 -243
G 428 263 - 156 -304 346 1,000 -207
7 - 269 - 050 - 016 221 -243 -207 1,000
Extraction Method: Principal Axis Factoring.
Rotation Method: Oblimin with Kaiser Marmalization.
Radboud University %V Radboudumc
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Iteration data CFA SPSS:;

Pattern Matrix®

Factor

Q1_4PU4 808 159
Q1_2PU2 740 164 -122 30 - 174
Q1_1PU1 674 206 17 155 A23
Q1_BrevPU & 670 -,223 -,222 12
Q1 _3revPU 3 518 -,340 -,220
Q1_6PUEG 421 -1 223 367 86
@3_13 5113 Positive 908 - 108 160
Q3_15 5115 Positive 841 o4 -, 138
23_14 5114 Positive G678 -203 -,240
@12_37 Sl Sensitivity 37 -801 =131

PowTQ12_36 Sl
Sensitivity 36 113 -,900 -104

PowTQ12_38 Sl
Sensitivity 38 - 136 -703 110

LMNG3_13 5113 Negative 1,000 14
@3_14neg 5114 MNegative aa1
LM@3_15 5115 Negative LB00 -135
@2_11 PEU 11 860
PowTQ2_7 786
@2_12PEU12 186 -120 549 -,235
@2 _GrevPEU S 758 313 -150

;.‘TE_ZT Intentionto Use 19

gsa_zsmtent\ontu Use Q00

?,36‘26 Intention to Use 875 - 188

Q3_16neg 5116 Megative 10 =111 836
@3_16 5116 Positive -,683

Extraction Method: Principal Axis Factoring.
Rotation Method: Oblimin with Kaiser Normalization.

a. Rotation converged in 11 iterations

Pattern Matrix™

Factor

Q1_2PU2 804 221 -102 113
Q1_4PU4 770 139
Q1_1 PU1 700 -208 131 175 131
Q1_5revPU S 641 -316 173 108
Q1_3revPU 3 554 - 357 -4
03_15 SI15 Positive 856 -123
03_14 SI14 Positive 783
03_13 S113 Positive -101 699 210
03_16 5116 Positive 234 393 -280 192 -188
Q12_37 51 Sensitivity 37 925 102

PowTQ12_36 51
Sensitivity 36 !

PowTQ12_38 Sl
Sensitivity 38

LNQ3_13 8113 Megative 1,025
Q3_14neqg 51 14 Megative 887
LNQ3_15 5115 Megative 766 -2
Q3_16neg Sl 16 Megative -,203 - 365 -A71 370 =121 18
Q2_11 PEU 1 -148 988
PowTQ2_7 il
Q2_12PEU12 218 -172 G068
@2_9revPEU S - 160 -109 356

g?_?? Intention to Use 124 -106 836

-1582 705 - 110 125

?56_25 Intention to Use 147 7 808

QE_26 Intention to Use
26 '
Q1_GPUBG 369 213

Extraction Method: Principal Axis Factoring.
Rotation Method: Oblimin with Kaiser Normalization.

a. Rotation converged in 10 iterations.

206 203 648

446
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Pattern Matrix™
Factor
1 2 3 4 5 6
C1_4PUA4 809
Q1_2PU2 T84 195 -108
Q1_1PU1 721 197 172
Q1_SrevPU 5 610 -,382 101 140
o1_3revPU3 493 -432 -,233
Q3_15 5115 Positive 815 -110 -139 110
Q3_14 5114 Positive 132 770 M7
@3_13 5113 Positive T 212
Q12_37 Sl Sensitivity 37 931 104
Sonaty 36
Q2_11 PEU 11 =112 482
PowTQ2_7 768
02_12PEU12 195 574 -,250
Q2_9revPEU S -170 326 -173
Q3_16neg 5116 Megative - 266 -143 683
Q3_14neg 5114 MNegative 227 618 -,228
Q3_16 S116 Positive 152 304 143 -562 - 150
LN@3_15 5115 Megative 155 132 545 -383
STE_E? Intention to Use 118 11 851
§56_25 Intention to Use 106 113 832
géi_zﬁlntentmnm Lse 162 220 123 &7
Q1_GPUEG A1 228 445
Extraction Method: Principal Axis Factoring.
Rotation Method: Oblimin with Kaiser Mormalization.
a. Rotation converged in 14 iterations.
Pattern Matrix™
Factor
1 2 3 4 L] [
Q1_4PU4 B33 62 102
Q1_2pPU2 744 213 -124 =131
Q1_5revPU 5 675 -319 113
Q1_1PU1 BBT 133 181 148
Q1_3revPlU 3 kN -423 -135
QI_GPUE 444 233 70 -,403
Q3_15 5115 Positive 832 - 114 =171
Q3_13 5113 Positive 800 - 118
@3_14 5114 Positive 712 216 -222
Q12_37 Sl Sensitivity 37 922 -110
Senaiy 35 123 04
Q2_11 PEU 11 962
PowTQ2_7 783
Q2_12PEU12 74 -103 547 -,288
Q2_9revPEU 9 - 180 305 -178
Q3_16neg 5116 Negative BB7
Q3_16 5116 Positive 44 -7
Q3_14neqg 5114 Negative - 115 215 114 269 163
2?6_2? Intention to Use 948
256_25 Intention to Use - 946
266_26 Intention to Use 156 -826
Extraction Method: Principal Axis Factoring.
Rotation Method: Oblimin with Kaiser Mormalization.
a. Rotation converged in & iterations.
Radboud University 1
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Final CFA iteration data of SPSS

KMO and Bartlett's Test

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. BE5
Bartlett's Test of Approx. Chi-Sguare 1001,599
Sphericity df 210

Sig. ,0oo

Communalities
Initial Extraction
PowTQ12_36 51
Sensitivity 36 725 807
PowTQ12_38 51
Sensitivity 38 606 258
@12_37 Sl Sensitivity 37 790 850
Q6_25 Intention to Use 882 881
25
QE6_26 Intention to Use 867 813
26
QE_27 Intention to Use a1 906
27 '
Q1_1PU1 740 697
Q1_2PU2 825 698
Q1 _3revPU 3 683 ATE
Q1_4PU4 718 a7
Q1 _GrevPU A 681 659
Q1_GPUG 710 651
PowTQ2_7 G670 G607
Q2_8SrevPEU & 315 275
@2_11 PEU 11 749 ,880
Q2_12PEU1Z2 672 6549
@3_13 5113 Positive 811 676
@3_14 5114 Positive 803 7349
@3_15 5115 Positive qr2 7849
@3_14neg 5114 Megative 363 275
Q23_16neg 5116 Megative G633 580
Extraction Method: Principal Axis Factoring.
Radboud University %V Radboudumc
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Total Viariance Explained

Rotation
5ums of
Squared
Initial Eigenvalues Extraction Sums of Squared Loadings Loadings?®

Factor Total % ofWariance | Cumulative % Total % ofVariance | Cumulative % Total

1 6,639 31,614 31,614 6,356 30,269 30,269 4554

2 3,285 15,643 47,258 2,994 14,255 44,523 2,74

3 2,248 10,704 57,960 1,988 9,467 53,9490 2,742

4 1,563 7,442 65,403 1,281 6,101 60,092 3,464

5 1,221 5815 71,218 1,007 4,795 64,887 4745

i 1,132 5,391 76,609 706 3,362 68,249 2,186

7 809 3,853 80,461

8 714 3,404 83,865

9 AT7 2,745 86,610

10 62 2,629 89,239

1" A03 1,920 91,159

12 A3 1,675 92,733

13 291 1,386 94119

14 270 1,285 95,404

15 234 1,116 96,520

16 196 435 97,455

17 79 851 98,306

18 37 653 93,959

19 RiEE] A71 99,430

20 073 344 99,780

2 046 220 100,000

Extraction Method: Principal Axis Factoring.
a.When factors are correlated, sums of squared loadings cannot be added to obtain a total variance.

Scree Plot

Eigenvalue

T T T T T T T T T T T T T T T
T8 9 10 11 12 13 14 15 16 17 18 19 20 21

Factor Number
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Pattern Matrix®
Factor

1 2 3 4 5 f
Q1_4PU4 BaT 126 10
Q1_2PU2 761 215 =111
a1_1PUA B85 10 -176 163
Q1_BrevPU 5 632 -,308 -179
Q1_3revPU 3 483 -.383 -,260
Q1_6PUB 444 228 - 407 163
Q3_15 5115 Positive 878 - 126 - 117
23_13 5113 Positive I75 -,100 103
23_14 5114 Positive 762 209 -176
@12_37 Sl Sensitivity 37 429
PowTQ12_36 5l
Sensitivity 36 14 400
PowTQ12_38 5l
Sensitivity 38 -128 710 -108
@2_11 PEU 1 948
PowTQ2_7 788 114
Q2_12PEU12 151 A4 -376
@2 _GrevPEU G -187 297 -,252
556_25 Intention to Use 963
??_2? Intention to Use -934
Q6 _26 Intention to Use 107 819 155
26
@3_16neg 5116 Negative -2 -125 6490
@3_14neqg 5114 Negative 56 158 187 328
Extraction Method: Principal Axis Factoring.
Rotation Method: Ohlimin with Kaiser Mormalization.

a. Rotation converged in 7 iterations.

Factor Correlation Matrix
Factor 1 2 3 4 3 6
1 1,000 021 -104 S64 - 463 -, d64
2 021 1,000 187 -,039 - 255 051
3 -105 187 1,000 -,230 178 03z
4 354 -,0309 =230 1,000 - 362 -,2449
A - 463 -, 265 78 -362 1,000 273
i -, 365 051 032 -,244 273 1,000

Extraction Method: Principal Axis Factoring.
Fotation Method: Ohlimin with Kaiser Mormalization.
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Reliability analysis data SPSS

Case Processing Summary

M %
Cases  Walid 70 100,0
Excluded?® 0 0
Total 70 100,0

a. Listwise deletion based on all
variables in the procedure.

Reliability Statistics
Cronbach's
Alpha M of ltems
av2 i
tem-Total Statistics
Scale Carrected Cronbach's
Scale Mean if Variance if [tem-Total Alpha if ltem
ltem Deleted [tem Deleted Carrelation Deleted
21 1 PUA 21,68 30,080 740 ,83g
Q1_2PU2 22,03 3277 706 846
21 _3revPLI3 20,96 32,277 AaeT avn
Q1_4PUL4 21,36 28,958 742 83y
Q21 _ArevPLIA 20,81 31,084 BT 850
Q1_GPUG 20,68 32,832 635 856
Case Processing Summary
[+ %
Cases  Valid 70 1000
Excluded® 0 0
Total 70 100,0
a. Listwise deletion based on all
variables in the procedure.
Reliability Statistics
Cronbach's
Alpha M of tems
881 3
Item-Total Statistics
Scale Corrected Cronbach's
Scale Mean if Variance if ltern-Total Alpha if tem
lterm Deleted ltern Deleted Correlation Deleted
23_13 5113 Positive 7.1 7,286 794 a1
23_14 5114 Positive 7,59 8,367 736 BE60
Q3_15 5115 Positive 7,43 ERET 783 820

Radboud University %V Radboudumc
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Case Processing Summary

I %
Cases Valid 70 100,0
Excluded® 0 0
Total 7n 1000

a. Listwise deletion based on all
variables inthe procedure.

Reliability Statistics

Cronbach's

Alpha M of ltems

671

3

ltem-Total Statistics

Scale Corrected Cronbach's
Scale Mean if Variance if [termn-Total Alpha if ltem
Item Deleted Item Deleted Correlation Deleted
Q12_37 5l Sensitivity 37 a0,2261 476 857 781 7a6
PowTQ12_36 5l o - o
Sens tivity 36 31,4280 162,814 93 244
PowTQ12_38 5l a
Sensitivity 38 26,9810 149,751 GBB 339
Case Processing Summary
[+l %
Cases  Valid 70 100,0
Excluded?® 0 0
Total 70 100,0
a. Listwise deletion hased on all
variables in the procedure.
Reliability Statistics
Cronhach's
Alpha [ of tems
A1 4
item-Total Statistics
Scale Carrected Cronhach's
Scale Mean if Wariance if [termn-Total Alpha if ltem
[termn Deleted [termn Deleted Correlation Deleted
PowTQ2_7 14,8330 7,555 G286 728
Q2 _GrevPEL S 37,3027 180,854 A47 287
Q2 11 PEU 1 37,2192 167,621 ,FEY 183
Q2 12PEUZ 37,3390 176,083 483 2585
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Case Processing Summary

I %
Cases  Malid 70 100,0
Excluded® 0 0
Total 70 100,0

a. Listwise deletion based on all
variables in the procedure.

Reliability Statistics
Cronbach's
Alpha M of tems
843 3

kem-Total Statistics

Scale Corrected Cronbach's
Scale Mean if Variance if [tem-Total Alpha if ltem
ltern Deleted ltern Deleted Carrelation Deleted
@6_25 Intention to Use
25"" 9,03 10,492 870 B26
Q6_26 Intention to Use
95 950 10,022 8549 B35
QE_27 Intention to Use
a7 944 9873 G116 B89
Case Processing Summary
¥l %
Cases  Walid 70 100,0
Excluded?® 0 0
Total 70 100,0
a. Listwise deletion based on all
variables inthe procedure.
Reliability Statistics
Cronbach's
Alpha M oof tems
434 2
Item-Total Statistics
Scale Corrected Cronbach's
Scale Mean if Variance if Item-Total Alpha if ltem
[termn Deleted ltem Deleted Correlation Deleted
Q3_14neg 5114 Negative 2,92 2,096 287
@3_16neg Sl 16 Negative 2,55 1,22 287
Radboud University {§7¢ Radboudumc
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Determination of model fit SPSS data:

Reproduced Correlations

165

POWTQ12_36 | PowTQ12_38 06_25 Q6_26 06_27
S| Sensitivity Sl Sensitivity Intention to Intention to Intention to Q2_8rev PEU Q2_11 PEU Q2_12PEU Q3_138113 Q3_145114 Q3_158115
3 38 Use 25 Use 26 Use27 | @i 1Pu1 | a1_2Pua | o1 3revPU3 | 01_4PU4 | 01_SrevPUS | 01_GFUG 5 11 12 Fositive Positive Fositive
Reproduced Correlation  PowTQ12_36 SI a
Somsitily 38 91 650 180 154 203 213 034 18 059 049 160 ~230 153 080 099 251 023
PoWTQ12_38 I .
Semaiiity 38 650 501 -098 -091 117 -276 -122 - 149 086 -224 -202 -242 212 -243 147 228 052
06_25 Infention to U
25 Imention o Lse -190 -098 867° 813 888 441 401 22 369 219 585 220 356 318 289 240 313
(6_26 Intention to sz 154 -.091 813 785° 843 492 a7 237 445 253 594 210 341 326 340 302 375
06_27 Intention to Usz -203 117 888 843 915 501 469 260 435 267 627 230 362 336 302 256 337
Q1_1PU1 - 213 -276 441 492 501 690° 659 453 652 557 594 280 351 478 149 152 245
Q1_2PU2 -034 122 401 477 469 659 7347 402 713 482 534 148 179 286 246 275 334
Q1_3revPU3 018 -148 223 237 260 453 402 526° 446 AT 403 am 258 12 -234 -178 - 194
Q1_4PU4 059 -.086 369 445 435 652 713 446 715 535 537 169 227 362 208 255 282
Q1_GrevPUS - 049 -2 219 253 267 557 482 ST 535 648 467 272 319 501 - 194 -143 131
01_GPUG -160 -202 585 594 627 594 534 403 537 467 600° 290 412 500 165 157 225
02_arsyPEUS -230 -242 220 210 230 280 148 a2 169 72 290 2547 344 416 -030 - 055 005
02_11 PEUT1 -153 -212 355 an 362 351 179 258 227 319 412 344 5357 631 093 069 12
02_12PEU 12 -090 -,243 318 26 336 478 286 412 362 501 500 416 631 a01% 035 039 064
03_13 5113 Positive 099 147 289 340 302 149 246 - 234 208 - 194 165 -030 093 035 7172 583 724
03_14 5114 Positive 251 228 240 302 256 1852 275 178 255 -143 157 - 055 069 038 683 681° 678
03_15 5115 Positive 023 052 313 75 337 245 334 164 282 131 225 005 112 064 724 678 760°
Residual® PowTQ12_36 Sl
Somsitily 38 005 002 010 001 001 004 18 000 007 005 012 027 018 019 008 016
PoWTQ12_38 I
Semaiiity 38 005 -,009 030 012 -003 037 -036 015 021 018 008 016 008 011 -024 027
06_25 Infention to Use
- 002 -,008 -012 -009 024 - 048 013 019 011 063 -032 -009 -.001 -007 018 - 014
ggjﬁ ntention to Use -010 030 -012 018 -020 055 033 -033 014 -4 059 008 005 - 044 007 044
93-2? Intention to Usz - 001 -012 -,009 019 012 007 028 -026 024 -023 007 001 -012 035 o1 -019
Q1_1PU1 001 -,003 024 -020 - 012 048 - 016 017 - 049 011 -.041 074 -012 - 055 012 001
Q1_2PU2 -004 037 - 048 055 007 048 - 059 025 021 -022 002 005 020 -009 -041 -007
Q1_3revPU3 018 -036 - 013 033 028 - 016 -059 - 049 148 - 048 -.001 - 067 008 036 -,003 045
Q1_4PU4 000 015 019 -038 -026 017 025 - 049 - 042 080 007 013 -012 017 015 -039
01_5revPUS -007 -021 - 011 -014 024 - 049 021 148 -042 013 055 - 056 -.008 049 027 022
01_6PUG 005 -018 063 -041 -023 011 -022 - 048 090 013 -059 030 012 027 -047 017
02_arsyPEUS 012 008 -032 059 007 041 002 - 001 007 055 - 059 017 005 -004 -,006 023
02_11 PEUT1 027 018 -,009 -,008 001 074 005 - 067 013 - 056 030 017 007 -002 - 067 001
02_12PEU 12 018 008 - 001 005 012 012 020 009 012 - 008 01z - 005 007 015 048 031
03_13 5113 Positive 018 011 -007 - 044 035 055 -008 036 017 049 027 - 004 - 002 - 015 016 033
03_14 5114 Positive 008 -024 018 007 011 012 041 - 003 015 027 - 047 - 006 - 067 048 016 003
03_15 5115 Positive 016 027 014 044 019 001 007 045 039 022 017 023 001 031 033 003
Extraction Method: Principal Axis Factoring.
a. Reproduced communalities
b, Residuals ars computed between observed and reproduced correlations. There are 13 (8,0%) nonredundant residuals with absolute values greater than 0.05.
. . S 3
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Appendix 14 -  Representativeness

The sample needetd have the same digiution of characteristics as the populatit;m be
representativg§Babbie, 2012) Comparisons of the sample with the different populations are
presentedbelowin Tablel5, Tablel6, and Tablel7. Datawerederivedfrom theFacetalk system

for the data of the Facetalk population. Data from the human resources departnearsedfor

the data of the Radboudunoaregiverpopulation. Furthermore, data of Central Agency for

Statisticswereusedfor the data of the Dutch healthcare sector population.

Department Sample Facetalk Population
Frequency | Percent Frequency | Percent

Algemene Interne Geneeskunde 7 10% 16 485
Apotheek Klinische Farmacie 4 G G0 15%
Cardiologie 1 1% 6 1%
E:EcezleRnesearch Centre 1 19 17 4%
Dermatologie q 13% 39 10%
Eerstelijnsgeneeskunde 1 185 5 1%
Endoscopie (MDL) 4 fi% 19 5%
Heelkundea g 13% 51 13%
Hematologie 4 fi% 9 2%
Intensive Care 4 fi% Kh 8%
Kindergeneeskunde 4 F% 7 2%
.T: r? ; elﬂﬁtashcﬁfrzrgie 2 3% 13 3%
Meurachirurgie 4 fi% 28 7%
Meurologie 1 1% 18 4%
Orthopedie 1 1% 2 0%
Owerige 1 1% - -
Plastische Chirurgie 1 184 1 0%
Psychiatrie 3 484 34 2%
Radiologia 1 1% 7 2%
Revalidatie 2 ang 10 2%
Tandheelkunde 1 1% 2 0%
Werloskunde en Gynaecologie 1 154 12 3%
Yoortplantingsgeneeskunde 3 4% 16 404
Total: 69 100% 403 100%

Motes: no specific data about department Owverige is found.

Table16 Comparison with departments

%
OMine
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Population |Population Population Dutch

Sample |Facetalk Radboudumc |Healtcare sector
Doctor 49% 50% 35% 24%
Nurse 50% 50% B5% 76%

Motes: Data of Facetalk is dating from 2017. Data of Radboudumc is dating
from 2014. Data of Dutch healthcare sector is dating from 2014,

Tablel7 Comparison for Job Position

Population |Population |Population Dutch

Sample |Facetalk Radboudumc |healthcare sector

19 years or younger 0% - 0% -
20 to 29 years 9% - 20% 15%
30 to 39 years 17% - 36% 23%
40 to 49 years 7% - 44% 26%
50 to 59 years 30% - 29% 23%
60 years or older 7% - 8% 9%

Motes: Data of Radboudumc is dating from 2014. Data of Dutch healthcare sector is dating

from 2012.

Radboud University §
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Appendix 15

Chi-square tests

Job Position and Perceived Usefulness

168

Thevariable Perceived Usefulness wasnmified Theintermediatescore was not incporated

in thisprocess.

Case Processing Summary

Cases
Walid Missing Total
M FPercent I Percent M FPercent
JobFDocD Doctar* DPU
Durnmy Perceived 64 98,6% 1 1,4% ¥a 100,0%
Usefulness
JohPDocD Doctor * DPU Dummy Perceined Usefulness Crosstabulation
DPLU Dummy Perceived
Usefulness
0 High 1,0 Low Total
JobPDocD Doctar 0 Mo Count 23 12 35
Expected Count 18,3 16,7 380
1%es Count 13 21 34
Expected Count 17,7 16,3 340
Total Count 36 33 ]
Expected Count 36,0 330 69,0
Chi-Square Tests
Asymp. Sig. Exact Sig. (2- Exact Sig. (1-
Yalue df (2-sided) sided) sided)
Pearson Chi-Square §,215® 1 022
Continuity Correction® 4176 1 041
Likelihood Ratio 5,286 1 021
Fisher's Exact Test 031 020
M ofvalid Cases 64

a. 0 cells (0,0%) have expected count less than 5. The minimum expected count is 16,26.

b, Computed only for a 2x2 table

Symmetric Measures
Yalue Approx, Sig.
Mominal by Mominal — Phi 27A 022
Cramer's ¥ 275 022
M ofValid Cases 69
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Job Position and Intention to Use

The variable Intention to Useasdummified Theintermediatescore was not incorporated in
this process.

Case Processing Summary

Cases
Walid Missing Total
M Fercent I Percent M Fercent
JohPDocD Doctor™* DU
Dummy Intention to Use 68 98.5% 1 1.4% 70 100,0%
HDeReD High
Deparntment Relevance *
DIU Dummy Intention to 66 94.3% 4 5.7% 70 100,0%
Lse
Crosstab
DI Dummy Intention to Use
.00 High 1,00 Low Total
JobFDocD Doctor 0 Mo Count 22 13 35
Expected Count 18,3 16,7 350
1¥es Count 14 20 34
Expected Count 17,7 16,3 340
Total Count 36 33 69
Expected Count 36,0 330 69,0
Chi-Square Tests
Asymp. Sig. Exact Sig. (2- Exact Sig. (1-
Yalue df (2-sided) sided) sided)
Pearson Chi-Square 3,245% 1 071
Continuity Correction® 2,438 1 118
Likelihood Ratio 3,274 1 070
Fisher's Exact Test 083 059
Linear-by-Linear R
Association 3,202 1 074
M ofValid Cases 69

a. 0 cells (0,0%) have expected count less than 5. The minimum expected count is 16,26.
b, Computed only for a 2x2 table

Symmetric Measures
Yalue Approx, Sig.
Mominal by Mominal — Phi 217 07
Cramer's ¥ 217 071
M ofValid Cases 69
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Department Relevance and Intention to Use

170

The variable Intention to Use wdammified Theintermediatescore was not incorporated in

this process.

Crosstab
DIU Durmmy Intention to Use
.00 High 1,00 Low Tuotal
HDeReD High 0 Mo Count 14 23 ar
Department Relevance Expected Count 20,2 16,8 370
1%¥es Count 22 7 2
Expected Count 15,8 13,2 290
Total Count 36 30 G&
Expected Count 36,0 ano 66,0
Chi-Square Tests
Asymp. Sig. Exact Sig. (2- Exact Sig. (1-
Yalue df (2-sided) sided) sided)
Pearson Chi-Square g 4819 1 ooz
Continuity Correction® 8,009 1 ,004&
Likelihood Ratio 9813 1 ooz
Fisher's Exact Test 003 ooz
M ofvalid Cases il

a. 0 cells (0,0%) have expected count less than 5. The minimum expected countis 13,18.

b, Computed only for a 2x2 table

Symmetric Measures
Walue Approx. Sig.
Mominal by Mominal  Phi -, 3749 ooz
Cramer's W 379 ooz
M ofvalid Cases i
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