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Summary  

This study examines the determinants influencing the location choices of emerging economy 

(EE) firms in cross-border mergers and acquisitions (CBMAs), focusing on the role of a 

recipient least developed country´s (LDC) institutional strength and its different components. 

It explores the moderating effects of the firms' internationalization motive, particularly natural 

resource-seeking (NRS)-firms. The research utilizes a comprehensive dataset of 991 CBMAs 

from 24 emerging economies, analyzing the impact of six World Governance Indicators 

(WGIs): control of corruption, political stability, government effectiveness, regulatory quality, 

rule of law, and voice and accountability. The findings indicate that EE firms tend to invest in 

countries with weaker control of corruption, regulatory quality, and voice and accountability. 

Furthermore, EE firms are more inclined to engage in CBMAs in LDCs with strong government 

effectiveness and rule of law. In contrast, NRS-firms prefer LDCs with weaker rule of law. The 

study concludes with recommendations for policymakers in LDCs to enhance their institutional 

frameworks to attract foreign investments from emerging economies. This research contributes 

to a nuanced understanding of how different types of EE firms prioritize various aspects of 

institutional strength based on their strategic needs and offers insights for policymakers to foster 

sustainable economic growth. 
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1. Introduction 
Since the mid-2000s, the value share of Emerging Economy (EE) M&As has been on the rise. 

In 2012, already half of the outwards foreign direct investments were made by the emerging 

multinational enterprises (EMNE) that form BRICS (Peng & Parente, 2012). Research 

conducted by the OECD showed that post-corona pandemic, completed emerging economy 

cross-border M&A (hereafter CBMA) deals exceeded pre-pandemic levels by 25% in EEs 

(2022). M&As undertaken by these EE firms often occur in the Least Developed Countries 

(LDCs) characterized by high levels of poverty and minimal GDP growth. These deals are 

known to create disruption by funding corrupt regimes (Mairoce, Silberberger & Zweynert, 

2020). For example, in 2016, Brazilian construction giant Odebrecht confessed to bribing 

politicians and government officials in exchange for contracts in countries like Ecuador, 

Venezuela and Colombia (Gallas, 2019). Furthermore, China National Petroleum Corporation 

(CNPC) engaged in corrupt practices by bribing politicians for access to critical resources in 

Sudan and Nigeria (Global Witness, 2023). These practices were directly linked to horrific 

civil violence in South Sudan, which erupted in 2013.  

The examples from CNPC and Odebrecht are not exceptions. The situation has 

reached the point where EU officials now sue African countries to counter spending from 

emerging economies into LDCs, aiming to preserve their control over these countries and 

limit the influence of EE countries (Valero, 2023). These recent developments highlight the 

necessity to further analyze the rising involvement of EE firms in CBMAs within LDCs: why 

do EE-firms increasingly choose to invest in LDCs?  

Literature on these CBMAs by EE firms indicates that the strength of recipient country 

institutions is an important factor in EE firm’s location choices for CBMAs (He & Zhang, 

2018; Li & Wang, 2022). Institutions are commonly defined as the “humanly devised formal 

constraints that structure human interactions” (North, 1990, p.58). Institutional strength refers 

to the robustness and effectiveness of a country’s institutions, including its legal frameworks, 

governmental structures, enforcement mechanisms, and public service systems (Levitsky & 

Murillo, 2009). Typically, the institutional strength of a country is assessed using six 

dimensions: control of corruption, political stability and absence of violence/terrorism, 

government effectiveness, regulatory quality, rule of law, and voice and accountability. 

Collectively, these dimensions are known as the World Governance Indicators (WGI). 

Generally, firms seek to pursue CBMAs in recipient countries characterized by strong 

institutions due to the advantages of having lower transaction costs (Benassy-Quere et al., 
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2007). However, by analyzing the prevalence of EMNEs among the largest foreign firms in 

institutionally weak recipient LDCs, empirical evidence suggests that EE firms are more 

inclined to invest into LDCs with weak institutions over those with strong institutions (Niosi 

& Tschang, 2009). A popular explanation for this difference is that firms from emerging 

economies have specific advantages when dealing with weak institutions due to their 

experience in navigating difficult institutional settings. Emerging Economies are often linked 

to weak institutions, which can create inhospitable environments for firms (Kaufmann, Kraay 

& Mastruzzi, 2010). EE firms leverage their home country experience navigating weak 

institutional environments in LDCs like Sudan to gain competitive advantages (Cuervo-

Cazurra & Genc, 2008). However, a different theory states that EE firms rather invest into 

developed recipient countries with strong institutions due to the institutional jumping effect 

(Witt & Lewin, 2007). Weak institutions of recipient countries increase transaction costs and 

should thus also reduce FDI activity (Blonigen, 2005). To give an example, weak institutional 

strength significantly increases the chance of expropriation, making it less attractive to settle 

in institutionally weak nations (Sabir, Rafique & Abbas, 2019). By investing in institutionally 

strong recipient environments, EE firms avoid weak institutions in their home country. For 

instance, the South-Korean firm Samsung made significant investments in the US to benefit 

from its IP laws, thereby protecting the company from advanced mobile threats from 

competitors (Samsung, 2018). This example suggests that EE firms are mainly interested in 

investing in countries with strong institutional frameworks in terms of regulatory quality and 

rule of law. This could explain the varying outcomes of previous studies attempting to capture 

the effect of institutional strength on location choices for CBMAs by EE firms. 

Indeed, studies have indicated that the impact of individual recipient institutional 

components on location choices can vary widely. Buckley et al (2016) showed that rule of 

law, government effectiveness, regulatory quality, control of corruption, and voice and 

accountability significantly influenced the location choices of developed MNEs. However, 

they did not find significant effects for political stability, indicating that this WGI may not 

influence location decisions of developed MNEs. Further empirical evidence indicates that 

M&A activity from the US tends to be lower in LDCs with higher levels of corruption (Sujit, 

Kumar & Oberoi, 2020). Conversely, M&A activity increases with higher perceptions of 

voice and accountability within an LDC. These findings tell us that the effect of different 

factors of institutional strength, namely the WGI, varies.  
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There have only been a handful of studies that have analyzed the effect sizes and 

direction of individual WGI of a recipient LDC on the location choices of EE firms. De Beule 

and duanmu (2012) investigate the location choices of CBMAs conducted by Indian and 

Chinese firms from the mining industry. They find that control of corruption negatively 

influences the location choice of Indian firms, but not for Chinese. However, in both cases, 

political stability proved to be a negative factor, suggesting that Chinese and Indian firms are 

less likely to choose an LDC for CBMAs if the country exhibits strong political stability. 

Furthermore, by analyzing quarterly greenfield investment flows into countries in the Middle 

East and North Africa (MENA) during the period from 2003 to 2012, Burger, Ianchovichina, 

and Rijkers (2016) demonstrated that weak institutional environments in the MENA region 

during this timeframe are associated with reduced investment flows. However, after analyzing 

the individual effects of the measured WGI, it became evident that this impact varied across 

indicators. Moreover, weak political stability was linked to increased levels of investment for 

recipient LDCs. 

Both the studies conducted by de Beule & Duanmu, and Burger, Ianchovichina & 

Rijkers have their limitations. Burger, Ianchovichina, and Rijkers focus exclusively on 

analyzing greenfield investments within the context of LDCs in MENA during the period 

from 2003 to 2012. Consequently, their conclusions are applicable solely to that specific 

region and timeframe. As opposed to Burger, Ianchovichina & Rijker, de Beule & Duanmu 

focus specifically on investment flows from India and China, two notable emerging 

economies. This choice was justified at the time, as M&As from both countries accounted for 

the lion share of EE investments (Nicholson & Salaber, 2013). However, since then, other 

emerging markets have experienced significant growth (Yuwei & Di, 2022), making it 

relevant to contextualize past findings in a modern day framework. Moreover, de Beule & 

Duanmu focus specifically on companies in the mining industry, thereby further limiting the 

scope of their study. 

Even though research has been conducted on the topic of a recipient LDC’s 

institutional strength and the location choice of EE firms’ CBMAs, the effect of the different 

individual indicators that determine institutional strength has not yet been comprehensively 

measured within the context of new emerging economies. Based on this, the following 

research question was formulated: 
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Main question: How do different institutional aspects (WGI) of a recipient LDC 

influence the location choice for CBMAs by EE firms? 

 

 Despite their inherent differences, both the study by de Beule and Duanmu and the 

study by Burger, Ianchovichina, and Rijkers identified a moderating factor that appeared to 

influence the relationship between various recipient country WGI and location choice for 

LDCs: the internationalization motive of the investing firm. Indeed, literature within the 

framework of RDT corroborates these findings. EE firms with a market seeking motive are 

more inclined to invest into LDCs, because they can leverage available resources without 

facing competition from developed country firms. EE firms are not as well-endowed as firms 

from developed economies regarding access to resources (Luo & Tung, 2007). Therefore, EE 

firms with a market-seeking motive tend to internationalize to LDCs to access less 

competitive markets. Consequently, they are not deterred by the weak institutional strength of 

these LDCs (Ahsan & Sinha, 2022). While numerous, CBMAs from EE firms seeking access 

to new markets are generally perceived as being beneficial for inhabitants, since they allow 

for increased competition and access to a wider variety of products (Li & Wang, 2022). 

Therefore, it is highly unlikely that EE firms with a market seeking internationalization 

motive are the cause of the destabilizations in LDCs. 

Besides a market seeking motive, it appears that EE firms with a motive to find natural 

resources are more inclined to invest in recipient LDCs if they have weak institutional 

strength (de Beule & Duanmu, 2012). This inclination arises from the inherent political 

scrutiny these firms face when engaging in CBMAs. Countries with weak institutional 

frameworks tend to offer less governmental and social interference, making it more attractive 

for these firms to invest in such LDCs (de Beule & Duanmu, 2012). However, the impact of 

individual WGI and an EE firm’s internationalization motive to seek natural resources on its 

choice of location for CBMAs in LDCs remains significantly underexplored in contemporary 

literature.  

Contradictory to previous studies examining the impact of individual WGI on the 

location choices of EE firms (Buckley et al., 2016), both studies by de Beule & Duanmu and 

Burger, Ianchovichina & Rijkers found that weak political stability in recipient countries can 

be particularly attractive to natural resource-seeking (hereafter NRS) EE firms. These firms 

have developed specific skills that facilitate rent extraction in such environments (Carney et 

al., 2016). Furthermore, de Beule and Duanmu (2012) suggest that recipient LDCs with weak 
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control of corruption are more attractive to NRS-EE firms because these environments 

resemble their own institutional backgrounds. This supports existing theories, such as those 

proposed by Cuervo-Cazurra and Genc (2008), which state that EE firms tend to invest in 

countries with institutional frameworks similar to their own. 

  Previous studies analyzing the interaction effects of individual WGI of a recipient 

LDC and a NRS internationalization motive on the location choices of EE firms have been 

limited in scope because they primarily included firms within the mining industries as a proxy 

for an NRS internationalization motive. Therefore, the conclusions were confined to firms 

within the mining industry, rather than encompassing all NRS-firms. Hence the following 

research question: 

 

Sub-question 1 (SQ1): How does the motive of EE firms to engage in CBMAs effect the 

relationship between different institutional aspects (WGI) of a recipient LDC and the 

location choices for CBMAs by EE firms? 

 

Although it seems like this question has already been answered within the context of 

CBMAs from India and China (de Beule & Duanmu, 2012) and recipient LDCs in sub-Saharan 

Africa (Burger, Ianchovichina, & Rijkers, 2016), we cannot coherently explain CBMAs from 

new emerging economies into LDCs and the moderation effect of the NRS internationalization 

motive. Studies have showed that NRS-CBMAs in LDCs can have potentially negative impacts 

due to the abuse of corruption in societal structures and the displacement of local communities 

(Lee et al., 2020). 

This study aims to analyze the interaction effect of a recipient country’s institutional 

strength, as measured by various WGI, and the internationalization motive of EE firms on 

their CBMA location choices. The analysis focuses on CBMA locations of firms from the 

'older' BRICS countries and newer emerging economies. This approach extends beyond prior 

research which predominantly focuses on M&A activities from specific EEs by including 

samples from new emerging economies. This is a valuable addition because near term growth 

prospects of these ‘new’ emerging markets is set to improve due to stronger credit ratings 

(Wheeler & Papagianni, 2024). The limited understanding of how individual WGIs in 

recipient countries influence CBMAs from new emerging economy firms into LDCs, 

combined with the anticipated increase in such activities and the potential negative impacts of 

NRS-M&As highlights the critical need for this study.  
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To answer the previously stated research questions, data from The World Bank was 

collected regarding the specific factors of institutional strength, namely control of corruption, 

government effectiveness, political stability and absence of violence/terrorism, regulatory 

quality, rule of law, and voice and accountability. By highlighting the specific factors that 

influence M&A location decisions of EE firms, policymakers and government officials can 

strategically direct their efforts to improving these conditions in their recipient countries. Lastly, 

this study contributes to the ongoing discourse on the location decisions of EE firms and the 

institutional strength of recipient countries. It demonstrates that the impact is nuanced for 

specific aspects of institutional strength as measured by the WGI. 

The following conceptual model was drawn up to make a visual representation of the 

concepts used in this study (see Figure 1):  

 

2. Theory 
2.1 Hypothesis 1: Institutional strength and location choice 

Prior to setting apart the intricate relationship between the strength of a recipient LDC’s 

institutions and CBMAs from emerging economies, it is essential to establish an accurate 

definition of institutions and the WGI. Institutions are commonly defined as “the humanly 

devised formal constraints that structure human interactions” (North, 1990, p58). Examples of 

formal constraints are laws and constitutions. The polity is responsible for establishing formal 

rules, while informal norms are considered to be part of culture. The World Bank identifies 

six indicators of institutional strength: voice and accountability, political stability and absence 

of violence/terrorism, government effectiveness, regulatory quality, rule of law and control of 
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corruption (Kaufmann, Kraay & Mastruzzi, 2010) (see Table 1):

 
Literature on institutions and EE firm’s location choice for CBMAs varies. On one 

hand, studies suggest that EE firms tend to invest in recipient countries with strong 

institutions due to transaction cost advantages which lead to institutional jumping (Witt & 

Lewin, 2007). However, other research suggests that institutional strength in a recipient LDC 

deters EE firms from engaging in CBMAs (Cuervo-Cazurra & Genc, 2008). EE firms’ ability 

to adapt in challenging institutional environments can prove beneficial in comparable 

scenarios found in developing countries with similar institutional environments. Firms from 

developed economies do not have the same experience, making them less competitive in 

markets characterized by weak institutions (IMF, 2022).  

Despite their differing conclusions, both the studies by Witt & Lewin and Cuervo-

Cazurra & Genc identified a significant correlation between the strength of recipient 
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institutions and the location choices of CBMAs by EE firms. These findings are corroborated 

by other studies (Sabir, Rafique & Abbas, 2019; Kittilaksanawong, 2017), indicating that 

recipient institutional strength is a crucial determinant for EE firms when engaging in 

CBMAs. Research consistently shows that institutions, including government effectiveness, 

regulatory quality, political stability and absence of violence/terrorism, control of corruption, 

voice and accountability, and rule of law significantly influence the investment decisions of 

EE firms. Institutions ensure that contracts are enforceable and that the legal system upholds 

the rule of law. This provides potential investors with confidence that their agreements will be 

honored and disputes will be resolved fairly, which is crucial for maintaining investor 

confidence (North, 1990). Furthermore, political stability determines the risk of sudden 

political upheaval or policy changes, which may prove beneficial or detrimental for 

facilitating an EE firm’s operations (Meier, 2006). Lastly, the control of corruption 

determines the playing field for all investors. Countries with lower levels of corruption are 

more attractive to specific investors because they can operate in a fair and competitive 

environment (Bénassy-Quéré et al., 2007). However, some investors may prefer a business 

environment with higher levels of corruption, as will be discussed in subsequent sections. 

Institutions often correlate with better infrastructure and more efficient markets. Good 

infrastructure reduces operational costs, while efficient market systems ensure that investors 

can freely access markets and resources. This enhances overall investment returns and reduces 

operational uncertainties (Khadaroo & Seetanah, 2010). 

 Overall, the evidence that a recipient LDC’s institutional strength significantly 

determines an EE firm’s location choice for CBMAs is overwhelming. Therefore, H1 is the 

following:  

Hypothesis 1 (H1): The individual WGI of a recipient LDC all significantly influence the 

probability of a LDC being chosen for a CBMA by an EE firm.  

 

2.2 Hypothesis 1a: Control of corruption and location choice 

A recurring theme in the literature is that control of corruption appears to be a significant 

factor in determining the location choice of EE-CMBA’s (UNCTAD, 2007; de Beule & 

Duanmu, 2012). In LDCswith low control of corruption, it is often easier to overcome any 

regulatory hurdles raised by local governments (Goel, 2008). While there may be regional 

laws, a high degree of corruption can indicate a lack of enforcement in practice. In this case, 

EE firms can utilize their experience in navigating corrupt environments to locate powerful 

stakeholders within the value chain who are willing to collaborate with the firm. The 
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discovery, approach and maintaining of relationships with these local stakeholders are critical 

aspects, especially relevant to firms boasting advanced capabilities in network penetration and 

relational contracting (Carney et al., 2016). EE firms honed these skills out of necessity to 

achieve success in their home countries. 

Second, companies can benefit from rent seeking behavior in countries with low 

control of corruption by negotiating favorable terms for investments through tax breaks or 

subsidies (Graf Lambsdorff, 2002). Rent seeking behavior occurs when individuals or groups 

see an opportunity to gain wealth through manipulation of policies or exploitation of 

resources. This type of behavior may lead to increased opportunities of bribing government 

officials (Ndikumana & Sarr, 2019). Rent seeking behavior of local stakeholders may also 

lead to obtaining licenses in a speedy manner or overlooking the violation of regulations by 

officials, resulting in less time to market for foreign firms (Iriyama et al., 2016). Research has 

indicated that engaging in corrupt practices in LDCs is not only a means of maximizing 

benefits from these environments, but also simply a strategy to be able to compete with local 

rivals (Iriyama et al., 2016). To give an example, Indian banks chose to engage in the illegal 

recovery of loans through corrupt practices to improve their asset quality compared to strong 

high status competitors (Krishnan & Kozhikode, 2015).  

 Based on the arguments above, this study argues that low control of corruption may be 

particularly compelling to firms from EEs. This institutional factor facilitates the use of their 

qualities optimally, potentially leading to enhanced benefits for investing firms through rent 

seeking behavior by local stakeholders. In LDCs, corruption has often become deeply 

institutionalized (Zahoor et al., 2023), necessitating the need for foreign firms to possess 

capabilities in network penetration and relational contracting to be able to compete with local 

rivals. These qualities are prevalent in EE-firms, thereby making low control of corruption a 

significant antecedent for EE firms’ CBMAs. Therefore, H1a is the following: 

Hypothesis 1a (H1a): The control of corruption in a LDC has a negative effect on the 

probability of a LDC being chosen for a CBMA by an EE firm. 
 

2.3 Hypothesis 1b: political stability and location choice 

Prior research has indicated that a recipient LDC’s political stability forms a significant 

institutional factor in predicting the location choices of EE firms (Burger, Ianchovichina, and 

Rijkers, 2016). Governments and local stakeholders in politically unstable LDCs are open to 

negotiate with foreign firms in order to stabilize the country’s economy and possibly create 

new job opportunities for inhabitants (Bebbington et al., 2018). The political instability in a 
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LDC can create extra bargaining power for firms that are willing to engage in CBMAs 

opposite weak states in politically unstable environments (Schneider, 2011). This way, EE 

firms can negotiate benefits such as tax incentives, regulatory exemptions, and additional 

resource licenses. 

 Unstable political environments offer opportunities for firms that are willing to engage 

in CBMAs in these environments. Firms with enhanced Corporate Political Activity (CPA) 

capabilities can create and appropriate value through the  transformation of the political and 

regulatory environment (Dorobantu, Kaul & Zalner, 2016). Through transforming the 

institutional environment, an EE firm may reduce transaction costs, thus enabling value 

creation. A firm can use their CPA capabilities like lobbying to influence policymakers, 

thereby creating operating conditions more favorable to their business model.  

 Firms from emerging economies leverage their home country networks and political 

connections to enhance their international ventures, indicating a well-developed ability to 

engage in lobbying and political activities to secure their interests abroad (Yiu, Lau, and 

Bruton, 2007). In environments where control of corruption may be weak or inconsistent, EE 

firms rely heavily on these informal networks and political lobbying to achieve their 

objectives. These firms increase their lobbying efforts as their amount of international 

ventures grows, further demonstrating the importance of CPA capabilities in these contexts 

(Fatas & Mihov, 2013). 

Firms from emerging economies possess enhanced CPA capabilities because of their 

experience in engaging with government officials in their home country. They can not only 

utilize these capabilities to alter the recipient LDC’s institutional environment, but also to 

negotiate supplementary benefits. Therefore, H1b is the following:  

Hypothesis 1b (H1b): The political stability and absence of violence/terrorism in a LDC 

has a negative effect on the probability of a LDC being chosen for a CBMA by an EE 

firm. 

 

2.4 Hypothesis 2a: Control of corruption and location choice of NRS-firms 

It is anticipated that firms from EEs are more inclined to invest in LDCs with weak 

control of corruption. These firms are able to leverage their expertise, developed in their home 

countries, to extract additional economic rents in such environments. Carney et al. (2016) 

identify three important institutional skills necessary for the senior management level of firms 

to succeed in countries with weak institutions. The first, network penetration, focuses on the 

knowledge of coping with cross-border political processes (Frynas, Mellahi & Pigman, 2006). 
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Network penetration skills include the ability to penetrate and achieve salience in a new 

institutional setting. The second skill is described as the ability to maintain relationships 

within the firm’s newly achieved network, also known as relational contracting (Carney et al., 

2016). This includes the ‘structuring of credible commitments towards exchange partners in a 

sequence of transactions such that the ending date is unknown and uncertain’ (Williamson, 

1985, p.169). These skills are applicable in the context of developing economies, or LDCs.  

Research indicates that the qualities observed in firms that excel in corrupt 

environments are more commonly found in firms driven by the motive to internationalize for 

a supply of natural resources (Jimenez, Luis-Rico & Benito-Osario, 2014).  The argument that 

firms from EEs can leverage their experience in navigating corrupt environments is even more 

compelling for NRS firms. These firms possess enhanced skills in relational contracting and 

network penetration due to increased government scrutiny in their home countries, which has 

necessitated the development of such competencies (Jimenez, Luis-Rico & Benito-Osario, 

2014). Natural resources are often seen as national assets, typically giving a government 

control of their extraction (Schopf & Voss, 2019). Industries that rely heavily on these natural 

resources are therefore bound to comply with government policies and regulations. Moreover, 

extraction of natural resources can have long-lasting damaging effects on the environment 

(Bell, 2017). This heightens attention of government officials. A government’s control over 

natural resources and its power to allocate resources leads managers to maintain close contact 

with government officials (Yi et al., 2021; Aggarwal & Agmon, 1990), thereby developing 

new skills that are particularly valuable in LDC’s. The ability to create and maintain good 

government contacts indicates high levels of relational contracting and network penetration 

within NRS-firms. 

Based on the aforementioned arguments, Hypothesis 2a is stated as follows: 

Hypothesis 2a (H2a): the negative effect of a LDC’s control of corruption on the 

probability of the LDC being chosen for a CBMA by an EE firm is stronger if the 

investing firm’s motive is NRS. 
 

2.5 Hypothesis 2b: political stability and absence of violence/terrorism and NRS-firms 

As established in section 2.3, politically unstable LDCs present various challenges for 

investing firms. However, these environments may also offer opportunities for firms that have 

developed specific CPA capabilities, such as lobbying. NRS-firms typically excel in CPA 

activities (Jimenez, Luis-Rico & Benito, 2014). NRS-industries are highly regulated. Firms in 

these sectors often engage in lobbying to influence regulations and gain favorable terms for 
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exploration, extraction, and environmental compliance (Hillman & Hitt, 1999). NRS-firms 

develop political strategies to shape regulatory outcomes in their favor. This involves both 

proactive measures to influence policy creation and reactive strategies to comply with existing 

regulations. Due to the high stakes involved, natural resource firms commit substantial 

resources to their political activities, ensuring that they have the necessary influence to protect 

and advance their interests (Hillman & Hitt, 1999). 

 Furthermore, operation of NRS-firms have substantial local impact, creating a need for 

strong relationships with local governments and communities. Effective CPA helps in 

managing these relationships and securing social licenses to operate (Henisz, 2000). 

Additionally, by employing CPA, NRS-firms can significantly enhance critical infrastructure, 

which greatly influences their operational efficiency and effectiveness. This includes building 

roads, ports, and utilities essential for their activities. The presence of mining activities, as 

explored in recent studies, has shown a direct correlation with improved infrastructure access, 

thus benefiting broader economic activities (Foster et al., 2023). 

Lastly, international NRS-M&As from EE firms are more likely to receive resistance 

in politically stable countries compared to politically unstable countries (de Beule & Duanmu, 

2012). Foreign governments in politically stable countries have the capability to resist entry of 

foreign firms to protect their own markets. Examples are acquisition bids from Chinese NRS-

firms like CNOOC’s bid for UNOCAL, MinMetals bid for Noranda and Chinalco’s attempted 

merger with Rio Tinto that have all been denied due to government interference. These firms 

have been forced to move their view to African countries in order to retrieve their needed 

resources (de Beule & van den Bulcke, 2009).  

Through their enhanced CPA capabilities, NRS-firms can derive greater benefits from 

politically unstable environments by modifying institutional and infrastructural frameworks to 

align with their business models. Therefore, H2b is the following: 

Hypothesis 2b (H2b): the negative effect of a LDC’s political stability and absence 

of violence/terrorism on the probability of the LDC being chosen for a CBMA by an EE 

firm is stronger if the investing firm’s motive is NRS. 

3. Methodology  
3.1. Research design 

This study uses the epistemological perspective of critical theory, since it aims to challenge 

power structures through researching aspects of society and culture. The hypotheses presented 

in chapter 2 were tested using available quantitative data regarding the unit of analyses. This 
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choice was made to comprehensively review CBMAs within the limited time span of two 

months. Since the aim of this study is to review CBMAs from 24 emerging economies, it was 

deemed unrealistic within a qualitative setting. Furthermore, this study aims to map patterns in 

CBMA behavior of EE firms. Qualitative research predominantly focuses on gathering data for 

in-depth analysis of individual human behaviors. Therefore, qualitative research was 

considered unsuitable for this study. SPSS was used to conduct the analyses. The program offers 

a comprehensive suite of data management tools to conduct the necessary analytical steps with 

regards to the conceptual model.  

The unit of analysis is the entity that is analyzed within a study. Within this study, the 

unit of analysis is CBMAs from firms who originated in emerging economies. The International 

Monetary Fund (IMF) defines emerging economies by a uniform narrative based on sustained 

market access, progress in reaching middle-income levels, and greater global economic 

relevance (IMF, 2021). Morgan Stanley Capital International (MSCI) has created an Emerging 

Market Index (EMI) that captures these economies. MSCI identifies 24 countries as emerging 

markets (MSCI, 2024). These countries include Brazil, China, Chile, Colombia, Czech 

Republic, Egypt, Greece, Hungary, India, Indonesia, South-Korea, Kuwait, Malaysia, Mexico, 

Peru, Philippines, Poland, Qatar, Saudi Arabia, South Africa, Taiwan, Thailand, Turkey and 

the United Arab Emirates. To correctly analyze investment patterns, CBMAs from these 24 

countries were studied to make conclusions regarding the hypotheses.  

Data for the unit of analysis will be retrieved from the Orbis M&A databank. The Orbis 

M&A databank comprises a total population of 94,322 M&As conducted during the period 

from 1998 to 2022. Of the 94,322 M&A deals, all transactions not conducted by an emerging 

economy firm were excluded, resulting in 7.192 deals. Subsequently, deals that did not occur 

in either a developed country or LDC, as defined in Section 3.2, were removed, leaving a total 

of 4.043 M&A deals for analysis. Finally, firms lacking valid scores for the control variables — 

internationalization experience, ownership structure, distance, and deal size — were excluded, 

resulting in a total of 991 samples for the binary logistic regression analysis. Using Yamane’s 

formula for sample size and an expected degree of error of 5%, this study can state significant 

conclusions regarding different hypothesis at a sample size of approximately 399 units. 

Therefore, a sample size of 991 is deemed to be large enough. 
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3.2. Dependent variable: Emerging economy firm’s location choice for CBMAs 

To comprehensively analyze CBMA patterns of EE firms, data on the location of the investment 

was included in the data set. Only by integrating the location of the M&A could the study 

establish a direct link between the recipient country where the M&A occurred and the quality 

of the recipient country’s six WGI at the time of the CBMA.  

 To determine when EE firms are more likely to invest into a LDC over a developed 

nation, the variable that measures the target location of an M&A (“Targetcountrycode”) will be 

recoded into a different variable, namely “DevelopedOrLDC”. If an M&A occurred in a 

“developed” country, the M&A receives a score of “0”. If the M&A occurred in a “LDC”, the 

M&A will receive a score of “1”. This makes it a binary dependent variable, since the variable 

consists of two mutually exclusive categories (Hair et al., 2018).  

The list of countries classified as either “developed” or “LDC” is included in Appendix 

5. This list is derived from the Human Development Index (HDI) compiled by the UN. The 

HDI ‘is a summary measure of average achievement in key dimensions of human development’ 

(United Nations, 2024, p.1). Countries are scored based on three dimensions: the longevity and 

health of their inhabitants, the knowledge levels of their inhabitants, and the standard of living 

of their inhabitants. The HDI has been used as a tool to define developed and developing 

countries by different studies (van Hiel et al., 2018). Within these studies, countries that scored 

within the top quartile of HDI-scores were defined as “Developed” as these countries typically 

exhibit high levels of income, education, and life expectancy. Countries in the lowest quartile 

were classified as “Least developed” or “Developing” as these nations often face challenges 

such as lower income levels, poorer health outcomes, and limited educational opportunities 

(van Hiel, 2018).  This study adopts the same definition, utilizing the average HDI scores of 

countries from 1998 to 2022 to classify them into the lowest and highest quartiles. This 

timeframe aligns with the period during which the analyzed CBMAs were recorded. 

This variable identifies which specific WGI of the recipient country influence this 

decision. By incorporating the computed variable, this study can identify the specific 

institutional conditions that make an EE firm more likely to engage in a CBMA within an LDC 

rather than a developed country. Since the dependent variable is of a binary nature, binary 

logistic regression will identify which recipient LDC’s WGI significantly influence the 

dependent variable. 
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3.3. Independent variable: institutional strength 

Institutional strength was measured using the WGI as presented by The World Bank 

(Kaufmann, Kraay & Mastruzzi, 2010) (see Figure 2). These include a country’s strength 

regarding control of corruption, rule of law, voice and accountability, political stability and 

absence of violence/terrorism, government effectiveness, and regulatory quality. The WGI 

were designed to aid researchers and analysts in determining specific structures in governance 

and institutions. The six indicators all equally influence a country´s overall institutional 

strength. Data on the six WGI will be retrieved from the World Bank – databank, as this 

databank is especially relevant for making comparisons between countries and regions. To 

form a comprehensive image of institutional strength per indicator, The World Bank uses an 

extensive list of measured variables per indicator. All sources and variables per indicator can 

be found in Appendix 1. Each country can receive a score of 0 (institutionally weak) through 

5 (institutionally strong) for each indicator. This makes it a ratio measurement scale because 

the rate is consistently 0-5 and the data includes a true 0-point. For a more detailed 

explanation per WGI, see Appendix 2. 

 
3.4. Moderator variable: internationalization motive 

Within the Orbis M&A database, it is possible for users to filter CBMAs conducted by EE-

firms based on internationalization motive (van Dijk, 2024). The Orbis M&A dataset uses 

different Bureau van Dijk sectors to categorize data with regards to M&A objectives and 
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operations. Given previous research highlighting the relationship between institutional strength 

and internationalization motives, suggesting that firms driven by a motive to secure natural 

resources may show a preference for investing in nations with weaker institutions, this study 

will specifically examine EE firms exhibiting this motive, in contrast to firms driven by other 

internationalization motives. Within the Orbis M&A dataset, CBMAs occurring in the oil & 

gas, coal mining, minerals, quarrying, sand, forestry, petroleum, gas, copper, and clay sectors 

are classified as “extractive” M&As. This classification signifies that the primary objective of 

these transactions was to secure access to any of the aforementioned natural resources. CBMAs 

conducted outside of these industries are classified as “non-natural resource-seeking”. 

Consequently, this study uses a dummy variable to measure internationalization motive; if a 

CBMA was conducted within the boundaries of the extractive industries oil & gas, coal mining, 

minerals, quarrying, sand, forestry, petroleum, gas, copper, and clay, it is designated as having 

a “natural resource-seeking” motive. In this case, a unit within the dataset received a score of 

“1”. Conversely, if the CBMA did not occur within these sectors, the M&A was labeled as 

“non-natural resource-seeking”. Subsequently, CBMAs within this category were coded as “0”.  

 

3.5. Control variables 

Control variables enhance the rigor of a study by minimizing the impact of confounding 

variables unrelated to this study. This enables researchers to more accurately determine the 

relationship between the primary variables of interest, thereby reducing the likelihood of 

research bias and enhancing the study's internal validity (Taylor, 2013).  

In terms of economic internationalization experience, firms from both China and India 

are likely to be significantly ahead compared to firms from other emerging economies (de Beule 

& Duanmu, 2012). Since firms with extensive internationalization experience are more inclined 

to invest into institutionally weak countries (Pogrebnyakov, 2016), it is important to control for 

this variable. Data regarding internationalization experience was retrieved from the Orbis M&A 

dataset. Within the dataset, this control variable was labeled “CrossBorderExperience”. 

Internationalization experience was quantified by the precise number of prior CBMAs 

conducted by a specific firm. Consequently, this variable is measured on a ratio scale 

 The second control variable is ownership structure. NRS-firms from emerging 

economies are often government-owned (Tu et al., 2021). Governments leverage these firms to 

procure natural resources as a means to gain global geopolitical influence. If a NRS-firm is 

under government ownership, they are unlikely to possess the expertise required to navigate 
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difficult institutional environments, as these skills have become redundant in their home 

country. Therefore, ownership structure is considered as a control variable within this study. 

Data regarding ownership structure was retrieved from the Orbis dataset. Since this study is 

mainly interested in the control of ownership structure if the company in question is government 

owned, firms that are not government owned will receive a score “0”, while firms that are 

government owned will receive a score of “1”. This categorization creates a binary control 

variable. Within the dataset, this control variable is labeled “GovOwned”. 

 The third control variable is geographical distance. EE firms engaging in CBMAs may 

choose to invest in nations that are geographically close to them because a greater distance 

means higher transportation costs (Buckley et al., 2007). Hence, this study controls for 

geographical distance. Data regarding geographical distance will be retrieved from the GeoDist 

database. This control variable was labeled as “dist”. The variable is quantified by the precise 

distance in meters between the EE where the investing firm originated and the recipient country, 

thereby categorizing it as a ratio variable. 

 Lastly, this study aims to account for the impact of deal size on CBMAs from EE firms. 

It seems more likely that large deals happen in economically and institutionally strong 

environments. However, an alternative perspective posits that firms pursuing large-scale 

investments are unable to execute these investments in countries with strong institutional 

frameworks due to heightened competition concerns of regulatory institutions (Soroushian & 

Neschke, 2022). Consequently, they target countries with weaker institutional environments for 

their investments. Due to the possible influence of deal size on location choice, this becomes 

the last control variable. Data regarding the deal size of individual CBMAs was retrieved from 

the Orbis M&A dataset. Within the dataset, this control variable was labeled as 

“DealvaluethUSD”. Deal size is quantified in dollars, categorizing it as a ratio variable. 

 
3.5. Research ethics 

The researcher did not conduct himself in a manner that can be perceived as irresponsible or 

disrespectful to those involved in the data collection and analysis process. The researcher 

maintained complete transparency regarding the research objectives to those involved in the 

data collection and analysis process.  

 

3.6. Schedule 

An overview of the research schedule regarding data collection and analysis can be found in 

Appendix 3. 
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4. Analysis 
4.1 Descriptive statistics: EE firms 

The descriptive statistics for all the included variables are presented in Table 2. These include 

the six WGI control of corruption (CCEST), government effectiveness (GEEST), political 

stability and absence of violence/terrorism (PVEST), regulatory quality (RQEST), rule of law 

(RLEST), and voice and accountability (VAEST), the average institutional strength measured 

on a ratio scale (InstStrength), CBMA location choice in a developed or developing country 

(DevelopedOrLDC) and the dummy variable for natural resources (NaturalResource_Dummy). 

The variable "InstStrength" was calculated by summing all the individual WGI scores for each 

recipient country and then dividing this total by 6, which represents the total number of WGIs. 

The descriptive statistics include measurements of the central tendencies (mean, median, mode) 

and the variability (standard deviation, variance, skewness, kurtosis). Table 2 shows that there 

are no missing value for the variables included in the analysis. 

 
On average, EE firms engaged in CBMAs in countries with a general institutional 

strength of 2,637457, which is close to the middle score of 2.5. Therefore, it is concluded that 

EE firms did not favor investments in either institutionally strong or weak countries.  

Descriptive statistics for the dependent variable, “DevelopedOrLDC”, indicate that EE 

firms were more likely to engage in CBMAs in developed countries rather than LDCs. Table 3 
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offers further details on the descriptive statistics of the dependent variable. According to the 

table, out of 4043 CBMAs, 3491 occurred in developed economies, compared to 552 in 

developing nations. This indicates that 86,3% occurred in a developed country, compared to 

13,7% in a developing country.

 
Regarding the individual World Governance Indicators scores, it is noteworthy that EE firms  

engaged in CBMAs in countries with higher scores on regulatory quality (2,806438) and rule 

of law (2,7075), while these firms engaged in CBMAs in countries with relatively low political 

stability and absence of violence/terrorism (2,2733). 

 

 4.2. Binary logistic regression analysis  

A binary logistic regression was conducted to analyze the effect of individual WGI on an EE 

firm’s location choice. Model 1 contains the main effects of the control variables. Model 2 

contains the control variables and the six WGI. Lastly, Model 3 includes the main effects of 

the control variables and the WGI, and the interaction terms of the individual WGI and the 

NRS-dummy. For an overview of all results across the three models, see the gravity model in 

Figure 3. 

 

Data assumptions 

The data assumptions for binary logistic regression encompass requirements related to sample 

size, the dependent variable, independence of observations, multicollinearity, and the linearity 

of independent variables with the log odds. For an overview of the results regarding the 

assumptions, see Appendix 4. 

 All assumptions were met except for multicollinearity and linearity of the independent 

variables with the log odds. Consequently, an Exploratory Factor Analysis (EFA) was 

conducted to create unique factors. The EFA showed that all WGI load on one factor, namely 

“Institutional strength”. This factor was used in consequent analyses to provide support for 

H1. Furthermore, interaction variables for political stability and absence of violence/terrorism, 

regulatory quality, government effectiveness, voice and accountability, and rule of law and 

with their logit terms were incorporated into the model. Including the interaction terms 

improves the model fit and predictive power by accounting for third variable variance. It 
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allows the model to capture variations that a linear model might miss, leading to improved 

predictions and more reliable coefficient estimates. Therefore, incorporating these logarithmic 

interactions allows the included variables to still provide relevant information necessary for 

accepting or rejecting the stated hypotheses. 

Model 1: control variables 

Model 1 contains the main effects of the control variables. The relevant tables pertaining to 

Model 1 can be found in Appendix 6. The first table to be analyzed is the “Omnibus tests of 

model coefficients” (Table 11). This table tests whether the addition of variables to the model 

significantly improves the fit of the model compared to the intercept-only model, also known 

as the null model. The null model only includes the intercept without any of the independent 

variables. As is visible in Table 11 in Appendix 6, The addition of the control variables does 

improve the model fit compared to the intercept in the null model (X² (4, N = 991) = 213,872, 

ρ <.001). Therefore, it is concluded that the set of independent variables in model 1 as a group 

significantly predict the dependent variable. 

The second table to be analyzed is the “Model Summary” table (see Table 12, 

Appendix 6). The statistics in this table serve as a tool to understand how much variation in 

the dependent variable can be explained by the model. The table provides metrics similar to 

the R² in multiple regression, specifically including the Cox & Snell R-square and Nagelkerke 

R² values. Both metrics are used to calculate the proportion of variance explained by the 

model. Since Cox & Snell’s test cannot achieve a value of 1, Nagelkerke’s test is usually used 

to simplify interpretation. Therefore, this statistic is used to determine the explained variance. 

The first model explains 34,4% (.344) of the variance in the dependent variable. There 

is no threshold to determine whether the independent variables predict a large or small part of 

the variance. However, an R² of .344 can be considered as predicting a moderate amount of 

variation 

 The “Variables in the equation” table displays the contribution of each independent 

variable to the model along with its statistical significance. The Wald column is utilized to 

assess the statistical significance for each of the independent variables. The ꞵ-coefficient 

represents the change in the log-odds of the dependent variable for a one-unit increase in the 

predictor, assuming other variables are held constant. A positive coefficient indicates an 

increase in the probability of the outcome as the predictor increases, while a negative 

coefficient suggests a decrease. The “Variables in the equation” table for model one can be 

found below in Table 13 in Appendix 6.  
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3 of the 6 control variables significantly impact the location choice of EE firms for 

CBMAs with a confidence level of 95%. These are deal value (β = -.000, ρ <.05), distance (β 

= .000, ρ < .001), and ownership structure (β = .871, ρ <.05) (see Appendix 6).  

The analysis reveals that the influence of government structure is positive and 

significant, indicating that government-owned EE firms are more likely to engage in CBMAs 

in LDCs opposite developed nations. Further examination shows that the effect of geographic 

distance on location choice is negative, suggesting that EE firms are less inclined to engage in 

CBMAs in LDCs when the geographic distance between the countries is substantial.  
 

Model 2: including the factor institutional strength and the individual WGI 

The WGI are incorporated into the model to conclusively accept or reject hypotheses H1, 

H1a, and H1b. Since the WGI were found to be highly correlated, each indicator was added 

separately to prevent their mutual influence from affecting the outcomes. However, first, the 

factor “Institutional strength” was added to the model to see how much variance the 

underlying factor explains. 

The “Omnibus tests of model coefficients” table of Model 2 included in Table 5 shows 

that the factor “Institutional strength” included in Model 2 opposite Model 1 (X² (1, N = 991) 

= 8,209, ρ <.05) significantly improves the model.

 
 Next, the Model Summary table is examined (see Table 6) to assess the additional 

variance explained by incorporating the factor “Institutional strength”. Model 2 accounts for 

35,5% of the total variance (R² = .355). This indicates that the factor “Institutional strength” 

contributes an additional 1.1% to the explained variance, given that the initial model 

accounted for 34.4% of the variance. While there are no specific thresholds to classify the 

total explained variance as small or large, an explained variance of 1.1% suggests a small 

impact on the location choices of EE firms’ CBMAs. 

 The "Variables in the Equation" table is utilized to identify which included variables 

significantly influence the dependent variable and to understand the nature of their effects. To 
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provide definitive support for H1, the individual WGI replace the construct “Institutional 

strength” in the model (see Table 7). However, due to the correlations among the WGI, these 

variables were added separately to prevent them from influencing each other (see Figure 7). 

 

Hypothesis 1 (H1): 

• The individual WGI of a recipient LDC all significantly influence the probability of a 

LDC being chosen for a CBMA by an EE firm. 

Result: partly supported. Table 7 shows that government effectiveness (β = .609, ρ < .001), 

rule of law (β = .352, ρ < .1), political stability and absence of violence/terrorism (β = .315, ρ 

< .001), and regulatory quality (β = .177, ρ < .05) positively and significantly influence the 

probability of an LDC being selected for EE-CBMAs over a developed country. The WGI voice 

and accountability (β = -.206, ρ < .05) negatively and significantly influence the probability of 

an LDC being selected for EE-CBMAs. However, the WGI control of corruption (β = .120, ρ 

< .163) does not appear to significantly influence. Since the hypotheses states that all WGI 

significantly influence the location choice of EE firms’ CBMAs, this hypothesis is only partly 

supported. 

Hypothesis 1a (H1a): 

• The control of corruption in a LDC has a negative effect on the probability of a LDC 

being chosen for a CBMA by an EE firm. 

Result: not supported.  Table 7 shows that the effect of control of corruption (β = .120, ρ = 

.163)  on the probability of an LDC being selected for EE-CBMA is insignificant. Therefore, 

this hypothesis is not supported. 

Hypothesis 1b (H1b): 
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• The political stability and absence of violence/terrorism in a LDC has a negative effect 

on the probability of a LDC being chosen for a CBMA by an EE firm. 

Result: not supported. A LDC’s strength regarding political stability and the absence of 

violence/terrorism (β = .315, ρ < .001) positively impacts the likelihood of an LDC being 

chosen for EE CBMAs over a developed country, thus providing evidence to reject H1b. 

 

Model 3: including interaction effects 

Model three includes the interaction effects between the different WGI and the moderator 

variable NRS-motive. This model was used to definitively accept or reject H2a and H2b. 

Therefore, only the interaction effects of the internationalization motive with control of 

corruption, and political stability and absence of violence/terrorism were added to the model 

to definitively accept or reject the aforementioned hypotheses. As in Model 2, these effects 

were added separately to prevent multicollinearity. The “Variables in the Equation” table is 

analyzed to state conclusions regarding H2a and H2b. The results are incorporated in Table 

10. The table is followed by the hypotheses and their relevant results.  
Variable B S.E. Wald df Sig. Exp(B) 

Int_CC_NRS .186 .270 .473 1 .492 1,204 

Int_PV_NRS .419 .322 1.690 1 .194 1.520 
Table 8, Variables in the equation: Model 3, own information 

Hypothesis 2a (H2a): 

• The negative effect of a LDC’s control of corruption on the probability of the LDC 

being chosen for a CBMA by an EE firm is stronger if the investing firm’s motive is 

NRS. 

Result: not supported. The interaction effect of control of corruption and the NRS-CBMA 

motive is insignificant (β = .186, ρ = .492), thereby rejecting H1a. 

Hypothesis 2b (H2b): 

• The negative effect of a LDC’s political stability and absence of violence/terrorism on 

the probability of the LDC being chosen for a CBMA by an EE firm is stronger if the 

investing firm’s motive for CBMA is NRS.  

Result: not supported. The analysis provides evidence to reject this hypothesis, since the effect 

of the added interaction term was insignificant (β = .419, ρ = .194).  
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5. Discussion 
5.1. Answering the research questions 

The primary focus of this research was to explore the influence of various institutional aspects 

on the location choice for cross-border mergers and acquisitions (CBMAs) by emerging 

economy (EE) firms. The study specifically sought to determine whether the effect of different 

WGI differed for natural resource seeking firms.  

The research questions were formulated based on the observed trend of increasing M&A 

activities by EE firms in LDCs and the existing literature that suggests institutional strength 

significantly influences the location choices of firms. The study aimed to fill the gap in 

understanding the interaction between institutional strength regarding different WGI and the 

internationalization motives of EE firms, particularly those seeking natural resources. 

To present the core findings in a structured and focused manner, this section provides 

answers to the proposed research questions. It provides a succinct summary of the key findings 

related to each research question. Below are the research questions and their corresponding 

answers: 

Main Question: 

• How do different institutional aspects (WGI) of a recipient country influence the 

location choice for CBMAs by EE firms? 

The influence of a recipient LDC's institutional strength on the location choice of an EE 

firm between an LDC and a developed country is primarily determined by five components of 

institutional strength.: political stability and absence of violence-terrorism, government 

effectiveness, regulatory quality, rule of law, and voice and accountability. Regulatory quality, 

political stability and absence of violence/terrorism, government effectiveness, and rule of law 

positively influence the location choice of EE firms for engaging in CBMAs in LDCs over 

developed countries. Conversely, voice and accountability negatively influences the location 

choice of EE firms. Contrary to the stated hypotheses H1 and H1a, a recipient LDC’s control 

of corruption does not influence the location choice of EE firms. The strength regarding the 

five relevant components of institutional strength explained a small part of the variance in 

location choice, suggesting that there are more factors that influence the location choices of EE 

firms.  
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Sub-question 1 (SQ1): 

• How does the motive of EE firms to engage in CBMAs effect the relationship between 

different institutional aspects (WGI) of a recipient LDC and the location choices for 

CBMAs by EE firms.? 

The effects of a recipient LDC’s political stability and absence of violence/terrorism 

becomes insignificant after adding the moderator. The effect of control of corruption on the 

location choice of EE firms for an LDC opposite a developed country remains insignificant. 

These findings have to be viewed in light of the relatively low amount of NRS-firms in the 

dataset (40). This might explain why Model 3 did not improve the model fit and why the 

interaction effects of control of corruption and political stability and absence of 

violence/terrorism WGI were not significant when the moderator was included.  

5.2. Discussion of Findings 

The research findings provide several insights into the behavior of EE firms regarding their 

CBMA activities. A recipient LDC’s control of corruption did not appear to influence the 

probability of investment from EE firms. This indicates that the control of corruption in a 

recipient LDC does not significantly influence an EE firms’ decision to invest in that country. 

This is likely due to their previous experiences operating in corrupt environments. EE firms 

know how to operate these environments and are therefore not deterred by them. However, in 

LDCs where there is strong control of corruption, the predictability offered is comparable. As 

a result, this institutional factor becomes less significant in influencing their location decisions. 

Next, voice and accountability was found to negatively influence the likelihood of a LDC being 

selected for investment over a developed country. The effect is similar to prior research, which 

states that investments can be lower in countries where citizens are more involved in their 

government, express themselves, and are able to hold their government accountable (Oh & 

Oetzel, 2011). This is due to the concerns public protest may spread about a firm’s operations 

in a specific country. If the inhabitants of a country are more likely to express concerns about 

a firm's operations, it may hinder the company's activities to the extent that it can no longer 

operate profitably in that country.  

Government effectiveness, rule of law, regulatory quality, and political stability and 

absence of violence/terrorism positively influenced the location choice of EE firms. For 

government effectiveness, this indicates that the higher the quality of public services, the more 

professional and independent the civil service, the better the policy formulation and 
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implementation, and the stronger the government’s commitment to policies, the more likely it 

is that an EE firm will engage in CBMAs in a LDC over a developed country. This is because 

effective governance of the aforementioned factors reduces transaction costs and creates a more 

predictable business environment (Sabir, Rafique & Abbas, 2019). Furthermore, high quality 

public services support business operations by providing necessary infrastructure, a skilled 

workforce, and a healthy population. These factors are attractive to firms from EEs looking to 

expand their operations in regions that can support their business activities effectively (Sabir, 

Rafique & Abbas, 2019).  

The positive effect of rule of law indicates that EE firms are more inclined to invest into 

LDCs over developed countries when individuals, institutions and entities, both public and 

private, are accountable to national laws. Similar to government effectiveness, improved rule 

of law can significantly boost a LDC’s appeal by providing a more stable and predictable 

environment for business operations. Strong rule of law diminishes the risks associated with 

contractual disputes, property rights violations, and arbitrary government actions.  

Furthermore, regulatory quality of a recipient LDC positively influences the location 

choice for an LDC over a developed country. This implies that EE firms prefer LDC’s with 

stringent regulatory frameworks where they may find it easier to navigate the business 

landscapes. The finding indicates that EE firms find stringent regulatory frameworks as 

facilitators for their operations. High regulatory quality often translates to better enforcement 

of contracts and protection of property rights, which mitigates the risk of expropriation and 

arbitrary government actions. Furthermore, strong regulatory frameworks can enhance 

operational efficiency. Robust regulatory frameworks usually mean more efficient and 

transparent bureaucratic processes, leading to faster and smoother approvals for business 

operations, thereby reducing time and cost burdens on firms.  

 The finding that political stability in a recipient LDC positively influences the location 

decisions of an EE firm is surprising and contradicts hypothesis H1b. One explanation for this 

result is the reduced risk and uncertainty of investing in politically stable environments. 

Political stability and absence of violence/terrorism reduces  the risk of sudden disruptions to 

business operations, such as damage to infrastructure, loss of assets, or threats to personnel 

safety. Furthermore, a stable political environment ensures predictability in the legal and 

regulatory framework, making is easier for firms to plan long-term investments. These 

advantages outweigh the potential benefits firms receive if they decide to transform the political 

landscape to suit their business model.  
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After incorporating the interaction terms between the control of corruption, political 

stability and absence of violence/terrorism and the NRS internationalization motive, the impact 

of political stability and absence of violence/terrorism becomes statistically insignificant. This 

suggests that NRS-EE firms do not prioritize the institutional strength of this factor in recipient 

LDCs.  

The indifference to political stability and absence of violence/terrorism and control of 

corruption of NRS-EE firms is interesting. One explanation is the presence of untapped 

resources. Investing in LDCs might be part of a long-term strategy to establish a presence in 

regions with untapped resources. Despite the risks or potential gains associated with a recipient 

LDC’s strength of institutions, the potential for high returns in the future can outweigh these 

risks. Firms might be willing to invest in institutionally weak or strong LDCs for the prospect 

of securing valuable resource deposits that can be exploited over a long period of time (Sabir, 

Rafique & Abbas, 2019).  

Lastly, findings suggest that NRS-EE firms are primarily attracted to LDCs with weak 

rule of law, as the interaction effect yielded more negative outcomes for NRS-EE firms 

compared to EE firms in general. Weak legal frameworks can facilitate quicker project approval 

and lower compliance costs, making such environments attractive for firms looking to 

maximize resource extraction efficiency and profitability (Cohen, 2007). Weak legal 

frameworks usually indicates fewer environmental laws and more lenient enforcement of these 

existing laws. This judicial flexibility allows firms to rapidly scale their operations and 

maximize resource extraction. Furthermore, in LDCs with weak rule of law, the process for 

obtaining approvals for resource extraction projects can be faster due to less bureaucracy. 

Negotiations for land acquisition and resource rights can be more straightforward, often 

involving fewer stakeholders and less public scrutiny compared to LDCs with strong legal 

frameworks (Al-kasasbeh, Alzghoul & Algraibeh, 2022).     

 

5.3. Implications 

Theoretical implications 

This study contributes to the literature on international business and institutional theory by 

providing empirical evidence on the differential impact of institutional strength on location 

choices for EE firms versus NRS-EE firms. The findings challenge the contemporary view that 

strong institutions universally attract more foreign investment. By demonstrating that the 
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effects of institutional strength varies across different components, the study highlights the 

nuanced effects of the WGI on location preferences for LDCs compared to developed countries.  

The findings denies claims by various academics claiming that EE firms rather invest into either 

institutionally weak or strong nations (Witt & Lewin, 2007; Cuervo-Cazurra & Genc, 2008). 

Academics who assert that EE firms typically invest in institutionally strong environments 

generally support Witt and Lewin’s institutional jumping theory. Conversely, those who argue 

that EE firms tend to invest in weak institutional environments often endorse Cuervo-Cazurra 

and Genc’s theory, which posits that these firms transform institutional disadvantages into 

advantages in similar markets. 

 The findings of this study support the coexistence of both theories. Witt & Lewin 

emphasize the existence of the institutional jumping effect within the public domain, or the so 

called ‘hard regulatory infrastructure’ of a country. This study supports that finding through the 

significant and positive effects of government effectiveness and rule of law. These findings 

indicate that sound lawmaking and the effective governance of these policies can increase M&A 

activity in LDCs. 

 Support for the theory of Cuervo-Cazurra & Genc is found in control of corruption, 

voice and accountability, and regulatory quality. Similar to their theory, this research found that 

control of corruption has a significant negative effect on the location choice of EE firms for 

developing countries. In their article, they emphasize that one of the advantages of emerging 

economy firms is their ability to develop distribution networks and facilities that are better 

suited to the conditions of their home countries. Often, value is extracted from these networks 

by engaging in corrupt practices. The findings of both Cuervo-Cazurra and Genc’s study, as 

well as this research, indicate that firms from EEs prefer operating in corrupt environments 

where local populations and regulatory institutions are unable to obstruct their operations. 

These firms possess the necessary expertise to derive value from such conditions. 

Lastly, by focusing on a diverse range of emerging economies, this research fills a gap 

in the literature and provides a more comprehensive understanding of the investment behaviors 

of firms from a wider array of EEs.  

 

Policy implications 

The finding that regulatory quality negatively influences the probability of an EE-CBMA taking 

place in a LDC opposite a developed country means that policymakers in LDCs need to strike 

a balance between maintaining sufficient regulatory standards to ensure stability and not 
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imposing overly stringent regulations that could deter potential investors. Second, policymakers 

need to balance the implications of maintaining corrupt practices with the benefits of creating 

attractive investment environments and upholding transparent governance standards. The long-

term effects of weak control of corruption could lead to economic and social challenges through 

inefficient resource allocation, reduced public revenues, and increased inequality. A similar 

trade-off has to be made regarding a LDC’s voice and accountability. While measurements 

reducing voice and accountability might attract EE firms, it could undermine democratic 

processes and citizen participation, leading to governance issues. Relying on such a strategy 

can lead to reduced public trust and potential social unrest (Cuervo-Cazurra, 2006). 

 Opposite the aforementioned WGI, policymakers can focus on improving government 

effectiveness to attract EE CBMAs. Improving government effectiveness enables sustainable 

economic growth, market openness, social welfare, sound financial systems, environmental 

protection (Mujtaba et al., 2018), foreign trade and business development (Kaufmann & Kraay, 

2002). It includes enhancing the efficiency and transparency of public institutions, ensuring the 

functioning of bureaucracy, and reducing administrative burdens on businesses, which leads to 

a more predictable and stable business environment (Kaufmann et al., 2010).  

Lastly, the finding that strong rule of law in recipient LDC attracts EE CBMAs in 

general, but deters CBMAs made by NRS-EE firms is specifically interesting to policymakers. 

As stated in chapter 1, NRS-CBMAs can have potentially negative social and environmental 

consequences for LDCs. Policymakers can thus focus on strengthening legal frameworks and 

their standards of legal enforcement, thereby attracting high-quality investments 

Social implications 

If policymakers opt to aggressively attract CBMAs from emerging economies, this could have 

significant social implications. Weakening control of corruption can exacerbate inequality and 

establish corrupt practices. When corruption is rampant, resources are often diverted away from 

public services and infrastructure, leading to limited allocation of essential services like 

education, healthcare, and sanitation. This disproportionately affects the poor and marginalized 

communities, thereby widening the inequality gap (Gupta et al., 2002). Furthermore, lowering 

standards in voice and accountability can diminish public trust in government institutions When 

citizens perceive that their voices are not heard and their rights are not protected, trust in public 

institutions decreases. The erosion of trust can lead to increased social unrest and instability 

(Kaufmann et al., 2010). Lastly, lowering regulatory quality can lead to a deteriorating business 

environment. It can hinder sustainable economic growth and development by increasing the 
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levels of informal economic activity and raising entry barriers for smaller firms (Djankov et al., 

2002). 

 Beneficial social implications are related to improving a LDC’s rule of law and 

government effectiveness. A strong rule of law helps resolve disputes fairly and efficiently, 

thereby reducing the likelihood of social conflicts and unrest. By strengthening the rule of law 

in a LDC, policymakers can not only discourage CBMAs from NRS-firms that may negatively 

impact local communities, but also attract CBMAs from companies that generate broader 

societal benefits. Lastly, improving government effectiveness in LDCs can ensure that public 

services such as healthcare, education, and infrastructure are delivered more efficiently and 

equitably, particularly for the poor and marginalized populations in LDCs (Fukuyana, 2013). 

 

5.4 Limitations 

This study, while comprehensive in its scope and analysis, has limitations that must be 

acknowledged to provide a clear understanding of its constraints and the context within which 

the findings should be interpreted. 

 

Scope and Generalizability 

The scope of this research is primarily focused on the analysis of CBMAs by emerging 

economy firms in relation to institutional strength and natural resource-seeking motives. This 

narrow focus limits the generalizability of the findings to other types of international business 

activities, such as FDI in general, and firms from advanced economies. Additionally, the study's 

conclusions are most applicable to the specific countries and industries examined, and caution 

should be exercised when extrapolating these results to different contexts or broader 

geographical regions. 

 

Methodological Constraints 

Although the sample size of 991 CBMAs is robust, the relatively small number of NRS-CBMAs 

within the dataset (40) could lead to potential biases and limit the statistical power of the 

analysis. The statistical power of the added interaction effects in Model 3 was likely affected, 

potentially leading to the insignificance of some results. This imbalance may affect the 

reliability and validity of the findings pertaining to NRS-firms.  

Furthermore, the study uses several complex indices and variables (e.g., WGIs), which, 

despite their reliability, may not capture the full nuance of institutional strength or the 
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multifaceted nature of firm motivations. The WGI aggregate complex, multifaceted aspects of 

institutions into six broad categories. This can oversimplify the nuanced and context-specific 

nature of institutional strength. 

 

6. Conclusions 

The key conclusions drawn from this research are as follows: 

 

6.1 Institutional components and internationalization motive matters  

Institutional strength plays a critical role in shaping the investment decisions of EE firms. While 

various aspects of institutional strength significantly influence the location choices of EE firms 

in general, they do not similarly affect the location decisions of NRS-EE firms. While these 

effects may have been influenced by the low amount of NRS-firms in the dataset, it is still 

concluded that the location choices of different EE firms are influenced by a complex interplay 

of institutional factors. While government effectiveness, voice and accountability, regulatory 

quality, and control of corruption impact an EE firm’s decision to locate to a LDC, they were 

not found to be significant determinants for natural NRS-EE firms. This complexity suggests 

that different types of firms prioritize aspects of institutional strength based on their specific 

needs and strategies. 

6.3. Future research directions 

Future research should explore the role of other factors, such as cultural and power dynamics, 

in shaping the investment decisions of EE firms. Additionally, longitudinal studies could 

provide deeper insights into how changes in institutional strength over time impact the 

investment patterns of these firms. Understanding the long-term effects of institutional reforms 

on attracting EE M&A’s could further inform policy decisions. Lastly, a study with a larger 

sample size is necessary to definitively determine whether internationalization motive 

influences the relationship between the strength of different WGI and the location choice of EE 

firms for CBMA. While this study indicates that the impact of various WGI might be 

insignificant for NRS-firms, the small sample size of NRS-EE CBMAs likely influences these 

findings.  

In conclusion, this study contributes to a nuanced understanding of the influence of institutions 

on EE firms’ strategic decisions. By highlighting the role of different WGI and the specific 

needs of different types of firms, the research provides a framework for analyzing the 
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investment behaviors of EE firms. These insights can help policymakers make informed 

decisions to foster more favorable conditions for CBMAs and sustainable economic 

development. Furthermore, this study provides valuable insights for academics into how the 

environment of the recipient LDC influences the movements and decisions of transnational 

corporations, particularly those motivated by the pursuit of natural resources. 
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Appendix 1: WGI Sources and variables 
 
Political stability and absence of violence/terrorism 
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Appendix 2: Individual WGI explained 
Control of corruption 

In total, The World Bank uses 54 different data sources to measure control of corruption (the 

World Bank: A, 2022). If a country is weak regarding control of corruption, it is more likely to 

use public power for private gain, making it more vulnerable for rent seeking behavior. If a 

country is strong regarding control of corruption, it likely separates public power from the 

ability to obtain private gains. Within the dataset, the variable control of corruption is names 

“CCEST”. 

 
Government effectiveness 

The World Bank uses 51 different data sources to comprehensively measure a government’s 

effectiveness (The World Bank: D, 2022). If a country is weak regarding government 

effectiveness, it is unable to formulate and implement policies, deliver public services, and 
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respond to the needs and demands of its citizens transparently and efficiently. If a country is 

strong regarding government effectiveness, its government carries out their functions 

effectively, instills public services, upholds the rule of law, and achieves desired outcomes 

regarding inhabitants’ needs and demands in areas such as public health, education, economic 

development, and infrastructure. Within the dataset, the variable is named “GEEST”. 

 

Political stability and absence of violence/terrorism 

The World Bank uses 34 different data sources to comprehensively measure a countries 

political stability and absence of  violence/terrorism (The World Bank: B, 2022). If a country 

is weak regarding political stability and absence of violence/terrorism, it’s government is at risk 

of being destabilized or overthrown by unconventional or violent means, including terrorism 

and/or politically-motivated violence. If a country is strong regarding control of corruption, it 

possesses strong government structures that are less susceptible to be overthrown by violent 

means. Within the dataset, the variable is named “PVEST”. 

 

Regulatory quality 

The World Bank uses 49 different data sources to measure regulatory quality. If a country is 

weak regarding regulatory quality, its government does not possess the capacity to formulate, 

implement, and enforce regulations that facilitate economic efficiency, social welfare, 

environmental sustainability and public safety while at the same time minimizing burdens on 

businesses and individuals. If a country is strong regarding regulatory quality, it has a 

government that is able to shape the business environment to create a friendly investment 

climate, thereby increasing overall economic performance. Within the dataset, the variable is 

named “RQEST”. 

 
Rule of law 

The World Bank uses 57 different data sources to measure rule of law. If a country weak 

regarding rule of law, the country does not instill equality before the law, supremacy of the law, 

and adherence to legal norms and procedures. If a country is strong regarding rule of law, the 

country possesses the principles and practices that govern the behavior of individuals and 

governments within society, ensuring that they can be held accountable for their actions, 

meaning that they are subject to legal constraints. Within the dataset, the variable is named 

“RLEST”. 
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Voice and accountability 

The World Bank adopts data from 56 different sources to compute different scores on voice 

and accountability for each country (The World Bank: C, 2022). If a country weak regarding 

voice and accountability, its inhabitants are unable to participate in the political process, 

freely express their opinions, hold their government accountable, and influence decision 

making. If a country is very strong regarding voice and accountability, it offers its inhabitants 

the freedom to express themselves, voice their opinions and participate in the democratic 

election of governments. Within the dataset, the variable is named “VAEST”. 

Appendix 3: schedule 
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Appendix 4: Assumptions binary logistic regression 
Sample size 

Logistic regression must consider the size of the sample being analyzed. Parameter estimates 

derived from very small samples contain significant sampling error, making it unlikely to 

identify any but the most substantial differences (Hair et al., 2018). One aspect that sets 

logistic regression apart from other techniques is its reliance on maximum likelihood 

estimation (MLE) for parameter estimation. MLE necessitates larger sample sizes, meaning 

that, all else being equal, logistic regression typically requires a larger sample size compared 

to multiple regression. Hosmer, Lemeshow and Sturdivant (2013) recommend a sample size 

greater than 400, although logistic regression is applied successfully in many situations which 

have smaller samples. Since our dependent variable includes a sample of 991 observations, 

this assumption is satisfied. 

 In addition to the overall sample size, a common issue encountered is the sample size 

per category of the dependent variable. The recommended sample size for each group is at 

least 10 observations per estimated parameter (Hair et al., 2018, p. 555). Within the sample, 

the group with the least observations is the ‘’Developing’’ category of the dependent variable 

(145). This indicates that the assumption of sample size per category is satisfied.  

 

Dependent variable 

The dependent variable needs to be measured at a nominal measurement level. In logistic 

regression, the two groups of interest are represented as binary variables with values of 0 and 

1. For the analysis, it does not matter which group is assigned the value 0 versus 1. 

Furthermore, the dependent variable must consist of mutually exclusive and exhaustive 

categories. As defined by the HDI, each nation, whether developed or developing, is included 

in the list. Consequently, the dependent variable, “DevelopedOrLDC”, is considered 

exhaustive. Therefore, this assumption is satisfied 

 

Independence of observations 

The data needs to include independent observations. To ensure that each observation within 

the dataset is selected independently from the population, random sampling was used to select 

the included samples. Therefore, this assumption is satisfied for both models.  

 

Multicollinearity 
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Multicollinearity occurs when two or more independent variables correlate with each other. 

This means that each one has an impact on the other’s outcome. This could lead to problems 

in determining which of the two variables contributes to the explanation of the dependent 

variable. To test for multicollinearity in the data, a Variance Inflation Factor (VIF) matrix will 

be generated using the independent variables control of corruption (CCEST), government 

effectiveness (GEEST), voice and accountability (VAEST), rule of law (RLEST), regulatory 

quality (RQEST), political stability and absence of violence/terrorism (PVEST) and the 

moderator variable NRS-motivation (NaturalResource_dummy) (see the Table below). The 

VIF can be calculated by fitting separate linear regression models for each predictor with all 

others as independent variables. If a VIF score is greater than 10, the variables are generally 

considered to be highly correlated. If the VIF score is 5 or higher, it indicates that there is 

high correlation between variables. This threshold is considered to be problematic. Together 

with the VIF score, a tolerance inverse is calculated, indicating the proportion of variance in a 

predictor that is not determined by other independent variables. Tolerance values lower than 

.1 suggests severe multicollinearity within the data. Furthermore, a tolerance score lower than 

.2 indicates potential multicollinearity problems. 

 As shown in the table below, no two variables exceed the threshold of a VIF greater 

than 10, nor do they fall below the tolerance threshold of .1. However, there are several 

combinations of variables, particularly the WGI, that exhibit a VIF score exceeding 5 and a 

tolerance score below 0.2.Therefore, the decision was made to conduct a Exploratory Factor 

Analysis (EFA) to reduce the number of independent variables into a smaller set of 

uncorrelated variables, known as factors. The EFA will combine the information contained in 

the original variables into these factors, which can then be used in further analyses without the 

multicollinearity issue. 

  

Central predictor Independent variables Tolerance VIF 

CCEST GEEST .168 5.968 

PVEST .230 4.357 

RQEST .126 7.911 

RLEST .126 7.910 

VAEST .313 3.200 
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NaturalResource_Dummy .996 1.004 

GEEST PVEST .226 4.430 

RQEST .130 7.716 

RLEST .141 7.096 

VAEST .452 2.212 

CCEST .129 7.742 

NaturalResource_dummy .998 1.002 

PVEEST RQEST .134 7.476 

RLEST .107 9.315 

VAEST .332 3.008 

CCEST .131 7.624 

GEEST .167 5.975 

NaturalResource_dummy .996 1.004 

RQEST RLEST .105 9.551 

VAEST .439 2.277 

CCEST .148 6.737 

GEEST .197 5.065 

PVEST .275 3.638 

NaturalResource_dummy .997 1.003 

RLEST VAEST .443 2.257 

CCEST .159 6.286 

GEEST .230 4.348 

PVEST .236 4.231 

RQEST .112 8.914 

NaturalResource_Dummy .996 1.004 

VAEST CCEST .131 7.617 

GEEST .246 4.066 
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PVEST .244 4.092 

RQEST .157 6.369 

RLEST .148 6.759 

NaturalResource_dummy .996 1.004 
 

Exploratory Factor Analysis 

To address the issue of multicollinearity in the dataset, an Exploratory Factor Analysis (EFA) 

was employed to reduce the data and identify the underlying components. The EFA was 

conducted using the WGI is included variables, since they appeared to show signs of 

multicollinearity among several included indicators. EFA was chosen over Confirmatory 

Factor Analysis (CFA) because there was no pre-existing theory indicating how the World 

Governance Indicators (WGI) would group together. Factor analysis reduces the number of 

variables by identifying the underlying factors that explain the patterns of correlations within 

a group of variables. 

Exploratory Factor Analysis (EFA) involves several key assumptions. As previously 

determined in section 4.1, there were no missing cases for the independent variables. 

Consequently, there was no need to conduct a missing cases analysis. Secondly, the Kaiser-

Meyer-Olkin (KMO) measure of sampling adequacy is used to determine the suitability of the 

data for factor analysis. This index indicates the proportion of variance in the variables that 

might be common variance. A KMO value between 0.5 and 1.0 signifies that the data is 

appropriate for factor analysis. Another critical assumption is Bartlett’s test of sphericity. This 

test examines the hypothesis that the variables are uncorrelated in the population. For factor 

analysis to be viable, the variables must be correlated, allowing them to be grouped together. 

Therefore, Bartlett’s test should yield a significant result, indicating that the null hypothesis 

(H0) of no correlation among the variables can be rejected. Lastly, a general guideline for 

sample size in Exploratory Factor Analysis (EFA) is that the sample should be four to five 

times the number of variables included in the analysis. Given that this study includes six 

independent variables, the required sample size is at least 30, this assumption is met since 991 

samples were used in the study. 

The communalities describe the amount of variance a variable shares with all other 

variables taken into the study. A relatively small value of the communality suggests that the 
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variable is a misfit for the factor solution and should be dropped from the analysis. Therefore, 

the threshold value for communality is .2.  

To conduct the initial analysis, the extraction method of principal axis factoring was 

utilized, as it is likely that each variable contains unique variance not explained by an 

underlying factor. Additionally, the direct oblimin rotation method was employed because the 

extracted factors were expected to be correlated, making the varimax rotation method 

unsuitable. The results of the first round of the Exploratory Factor Analysis (EFA) are 

presented below.  

The assumptions of KMO (.807) and Bartlett (ρ < .001) were passed. Furthermore, 

there were no communalities lower than  .2, indicating that all the included WGI can be 

retained in the EFA. The "Total Variance Explained" table indicated that one factor had an 

eigenvalue greater than 1, accounting for 79, 269% of the variance. The table “Factor Matrix” 

showed that all WGI loaded significantly on the single factor identified. 

 The fact that all six indicators load on one factor suggests that they share a common 

underlying trait. This trait is likely related to the robustness and efficiency of the institutions 

they measure. The name “Institutional strength” provides a comprehensive description of 

what the factor represents, making it clear that the factor is not just about one specific aspect 

of governance but a holistic measure of institutional effectiveness and governance 

performance. Therefore, the name “Institutional strength” was used as a label for this factor. 

The factor was included in further analyses under the name “Gen_Inst_Strength”. 

 
KMO and Bartlett’s Test 

KMO .807 

Bartlett <.001 

 
Communalities 

Variable Initial Extraction 

CCEST .871 .901 

GEEST .833 .723 

PVEST .775 .753 

RQEST .890 .920 

RLEST .898 .920 

VAEST .694 .347 

 

Total Variance Explained 

Factor Total % of Variance Cumulative % 

1 4,756 79,269 79,269 

2 .713 11,888 91,156 
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3 .231 3,844 95,001 

4 .127 2,118 97,119 

5 .117 1,956 99,075 

6 .055 .925 100,000 

 

 Factor 1 

CCEST .949 

GEEST .850 

PVEST .868 

RQEST .959 

RLEST .959 

VAEST .589 

 

Linearity of the independent variables and the log odds 

This assumption tests the linearity of the logit. The transformed logistic model presupposes a 

linear relationship between the logit and the independent variables, particularly those that are 

continuous. However, logistic regression may face nonlinear relationships that reduce the 

capacity of the coefficient to fully capture the impact of the variables. The simplest test for 

linearity of the logit is the Box-Tidwell procedure applied to each continuous independent 

variable. Therefore, new interaction terms of the independent variables and its log value are 

created. If these terms are significant, they should be retained in the model instead of the 

regular independent variables (Hair et al., 2018). Table 5 includes the contribution of all the 

variables including the logit interaction terms for the NNRS-firms (Model 1).  
Variables B S.E. Wald df Sig. Exp(B) 

CCEST -1,406 2,592 .294 1 .174 .245 

GEEST -5,934 3,396 1,697 1 .193 .003 

PVEST 3,133 1,014 14,812 1 <.001 22,946 

RQEST 10,231 4,358 4,010 1 .045 27746,680 

RLEST 9,001 3,344 6,564 1 .010 8114,419 

VAEST 4,725 1,011 25,974 1 <.001 112,737 

CCESTlog .192 1,319 1,247 1 .264 1,211 

GEESTlog 3,375 1,636 2,520 1 .039 29,230 

PVESTlog -1,707 .566 13,157 1 .003 .181 

RQESTlog -4,569 2,171 3,447 1 .01 .010 

RLESTlog -4,331 1,692 6,339 1 .012 .013 

VAESTlog -2,807 .583 25,828 1 <.001 .060 

Constant -28,592 4,871 34,449 1 <.001 .000 

Table 5, Variables in the equation including log interaction terms: Model 1, own information 

The significant interaction effect of the independent variables voice and accountability (β = -

2,807, ρ < .001), rule of law (β = -4,331, ρ < .05), regulatory quality (ꞵ = -4,569, ρ = .01), 

government effectiveness (ꞵ = 3,375, ρ = .039), and political stability and absence of 

violence/terrorism (β )= -1,707, ρ = .003) and their logit terms indicate a nonlinear component 
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for these independent variables. Therefore, these interaction variables take the place of their 

original variants in the model. The main effects (coefficients) of the WGI mentioned above 

will represent the effect when the log-transformed variable is zero. Including the interaction 

terms improves the model fit and predictive power by accounting for third variable variance. 

It allows the model to capture variations that a linear model might miss, leading to improved 

predictions and more reliable coefficient estimates. Therefore, incorporating these logarithmic 

interactions allows the included variables to still provide relevant information necessary for 

accepting or rejecting the stated hypotheses. 

 

Appendix 5: List of “developed” countries and “LDCs” 
“developed” countries “developing” countries 
United States (US), Netherlands (NL), 
Canada (CA), Australia (AU), Japan (JP), 
Germany (DE), United Kingdom (GB), 
France (FR), Sweden (SE), Kazakhstan 
(KZ), Switzerland (CH), Norway (NO), 
Denmark (DK), Sri Lanka (LK), Chile (CL), 
Finland (FI), Singapore (SG), New Zealand 
(NZ), Belgium (BE), Argentina (AR), 
Austria (AT), Italy (IT), Spain (ES), Iceland 
(IS), San Marino (SM), Cyprus (CY), 
Luxembourg (LU), Bahamas (BS), Ireland 
(IE), Russia (RU), Lithuania (LT), Latvia 
(LV), Peru (PE) 

Afghanistan (AF), Ukraine (UA), Jamaica 
(JM), Burundi (BI), Central African 
Republic (CF), Congo (CD), Eritrea (ER), 
Ethiopia (ET), Gambia (GM), Guinea (GN), 
Haiti (HT), Liberia (LR), Madagascar (MG), 
Malawi (MW), Mali (ML), Mozambique 
(MZ), Niger (NE), Sierra Leone (SL), 
Somalia (SO), South Sudan (SS), Sudan 
(SD), Togo (TG), Yemen (YE), Angola 
(AO), Benin (BJ), Burkina Faso (BF), 
Comoros (KM), Djibouti (DJ), Guinea 
Bissau (GW), Lesotho (LS), Myanmar 
(MM), Nepal (NP), Rwanda (RW), Senegal 
(SN), Tanzania (TZ), Zambia (ZM), 
Zimbabwe (ZW), Thailand (TH), Cambodia 
(KH) 

 

Appendix 6: Tables Model 1 
 Chi-square Df Sig. 

Step 213,872 4 <.001 

Block 213,872 4 <.001 

Model 213,872 4 <.001 

Table 11, Omnibus tests of model coefficients: Model 1, own information. 

 

Model -2 Log likelihood Cox & Snell R square Nagelkerke R square 

1 611,168 .194 .344 

Table 12, Model Summary: Model 1, Own information 

 

Variable B S.E. Wald df Sig. Exp(B) 
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DealvaluethUSD .000 .000 6,751 1 .009 1,000 

dist .000 .000 126,556 1 <.001 1,000 

GovOwned .871 .364 5,739 1 .017 2,389 

CrossBorderExperience -.060 .049 1,462 1 .227 .942 

Constant .417 .179 5,407 1 .020 1,517 

Table 13, Variables in the equation: model 1, own information. 
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