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Abstract
This thesis examines the factors influencing the odds of voting for Donald Trump in the 2016 U.S. Presidential Election through logistic regression analysis using SPSS. The study analyzes a comprehensive set of variables, including socio-structural factors (age, income level, gender, religion, race, educational background, marital status, and employment status), party identification, evaluation of economic performance, ideological congruence and policy positions, and evaluations of Trump’s personal characteristics. The analysis relies on data from the American National Election Survey (ANES). The results indicate several key findings. Surprisingly, black respondents were more likely to vote for Trump. The inclusion of party identification dramatically increased the model's explanatory power, highlighting partisan loyalty as a critical determinant of voting behavior. Additionally, ideological alignment and policy agreement with Trump further enhanced the predictive accuracy. Some evaluations of Trump's characteristics also significantly influenced voter support whereas others did not. The study underscores the multifaceted nature of electoral decisions, emphasizing the primacy of party identification and the significant roles of socio-structural political, and attitudinal factors. These findings contribute to the understanding of voter behavior and offer practical insights for political campaigns and electoral analysis.
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Introduction

The 2016 U.S. Presidential Election stands as a pivotal moment in American political history, characterized by unprecedented events, deeply polarized voter bases, and significant deviations from traditional campaign strategies. The election saw the rise of Donald Trump, a businessman and reality television star with no prior political experience, who secured the Republican nomination and ultimately won the presidency against Hillary Clinton, a former First Lady, U.S. Senator, and Secretary of State, representing the Democratic Party. This surprising outcome defied many pre-election predictions and polls, prompting widespread analysis and debate among political scientists, sociologists, and the public.
Donald Trump's campaign was marked by its unorthodox approach, including controversial rhetoric, a focus on anti-establishment sentiments, and appeals to populist and nationalist ideologies. His messages resonated with a segment of the electorate that felt disenfranchised by the political establishment and economic globalization. In contrast, Hillary Clinton's campaign emphasized experience, continuity, and progressive policies. The stark differences between the candidates' backgrounds, campaign strategies, and policy proposals created a unique context for studying voter behavior and the factors that influenced electoral decisions.
This election occurred against a backdrop of significant social, economic, and political unrest in the United States. Issues such as economic inequality, immigration, racial tensions, and globalization were at the forefront of political discourse. Additionally, the rise of social media and its impact on political communication and voter mobilization played a crucial role in shaping the election's dynamics. Understanding the factors that influenced voters' decisions in this context is essential for comprehending the broader trends and shifts in American politics. The stark contrast between the two candidates, coupled with the polarized political climate, created a unique context for studying voter behavior.
Understanding the factors that influenced voting for Trump in 2016 is crucial for several reasons. First, it provides insights into the dynamics of American electoral politics, particularly in an era of increasing political polarization and open antagonism, particularly during a period of significant political upheaval. The unexpected outcome of the election and the rise of a candidate with no prior political experience challenge conventional theories of electoral behavior and call for a re-evaluation of the factors that drive voter decisions.

Second, this study sheds light on broader trends and shifts in voter behavior, including the role of new right-wing populism, nationalism, and anti-establishment sentiments. Trump's campaign tapped into these sentiments, appealing to voters who felt marginalized by economic and political elites. Understanding the factors that contributed to Trump's support can provide valuable insights into the resurgence of populist movements in the United States and other democracies.
Third, this analysis can inform future electoral strategies and policymaking by identifying the key determinants of voter support for unconventional candidates. The significance of this study extends beyond the 2016 election, offering valuable lessons for understanding voter behavior in subsequent elections and different political contexts. By examining the interplay of demographic, socioeconomic, political, and attitudinal factors, this research aims to contribute to the broader field of political science and enhance the understanding of the complexities of electoral decisions.
Moreover, the study highlights the importance of party identification as a critical determinant of voting behavior. The substantial impact of party affiliation on voter decisions underscores the primacy of partisan loyalty in shaping electoral outcomes. This finding has significant implications for understanding the stability and dynamics of party systems, voter alignment, and political polarization in the United States.
In summary, this study provides a comprehensive examination of the factors influencing the likelihood of voting for Donald Trump in the 2016 U.S. Presidential Election. By integrating demographic, socioeconomic, political, and attitudinal variables, the research offers a holistic understanding of voter behavior in this unique electoral context. The findings contribute to the theoretical and practical understanding of electoral dynamics, offering valuable insights for future research, political campaigns, and policymaking.

The primary objective of this thesis is to examine the factors that influenced the likelihood of voting for Donald Trump in the 2016 U.S. Presidential Election. To achieve this objective, the study addresses the following research questions:
1. How important were socio-structural factors, party identification, policy and ideological congruence, and Trump’s characteristics in determining voting for Trump?
2. What, if any, statistical evidence can be found for common assumptions about Trump voters and academic theories regarding Trump voting motivations?
By addressing these questions, the study aims to provide better understanding of the Trump voter base and determinants of voting for Trump, as well as to identify the relative importance of various factors in shaping voter behavior.
The study employs logistic regression analysis using SPSS to examine the factors influencing the likelihood of voting for Trump. Logistic regression is a statistical method that models the probability of a binary outcome (in this case, voting for Trump or not) based on one or more predictor variables. The analysis was conducted using the American National Election Survey (ANES) 2016 data set. The analysis includes a range of socio-structural, political, and attitudinal variables. The variables are categorized and included in the model in a stepwise manner to assess their incremental contributions to explaining voting behavior. The key variables included in the analysis are:
1. Socio-structural variables: age, income level, gender, religion, race, educational background, marital status, and employment status.
2. Party identification.
3. Evaluation of economic performance in the last year, ideological congruence and two key policy positions.
4. Evaluations of how well six different characteristics describe Trump: honest, really cares, speaks mind, strong leader, even-tempered, knowledgeable.
Further explanation of these variables can be found in the Data and Methods chapter. The stepwise inclusion of these variables allows for a systematic examination of their individual and combined effects on the odds of voting for Trump. The R-squared values and changes in model fit are used to assess the explanatory power of the models.

1.1 Overview 
This thesis is organized into several chapters, each addressing different aspects of this research process. In the following section, I will briefly outline each of the coming chapters.
2. Theoretical Framework: reviews some of the existing literature on Trump voting demographics, political and economic motivations of Trump voting, and psychological and sociological motivations of Trump voting, highlighting the key theories and empirical findings relevant to the study.
3. Data & Methods: details the research design, data collection, and analytical methods used in the study. It also discusses the variables included in the analysis, how they were coded, and the rationale for their selection. 
4. Results: presents the findings of the logistic regression analysis, including the associations between the predictor variables and the likelihood of voting for Trump. The results are discussed in the context of the research questions and theoretical framework.
5. Discussion: Interprets the findings in relation to the existing literature and theoretical perspectives. It also explores the implications of the results for understanding voter behavior and commonplace assumptions about Trump voters.
6. Conclusion: Summarizes the key findings, theoretical and practical contributions, limitations, and directions for future research.

The literature review in the subsequent chapter will delve into the extensive body of research on voting behavior, focusing on the key theories and empirical studies that have informed the analysis. It will review various theories of Trump voting behavior, as well as the role of candidate evaluations in electoral decisions. The review will also highlight the specific factors that have been found to influence voting behavior in previous research, providing a foundation for understanding the determinants of voting for Trump.




2. Theoretical Framework
2.1 Introduction
Former President Donald J. Trump managed to win the 2016 U.S. Presidential election by swaying key swing States while maintaining the support of red States. Trump managed to reinvigorate Republican vigor and win over key demographics that had been on the fence or lost interest in electoral politics. In both the 2016 and 2020 U.S. presidential elections, Donald J. Trump performed exceptionally well within rural, lower-educated, non-Hispanic, anti-elitist and anti-expert white voters who identified strongly as American (Albrecht, 2022; Giuliano & Wacziarg, 2020; Silver; 2016; Rahn & Oliver 2016). In this literature review, I will review empirical studies regarding motivators for Trump voting. These studies primarily focus on economic concerns, immigration, and bias as potential indicators of Trump voting. Afterwards, I will look at various sociological arguments that have been made to explain why Trump was able to resonate with these voters along these lines. I will use these sources to argue much of the existing research regarding Trump voting indicates various groups of Trump voters were motivated by a shared fear regarding economic development and immigration. Despite their differences, these groups identified Trump as their champion against the political establishment. 

2.2 Demographics & Socio-structural Variables
Voter data analysis by executive director at the Western Rural Development Center at Utah State University, Dr. Albrecht (2020) concludes Trump convincingly won the rural vote in 2016 and even more so in 2020. Moreover, he traces President Biden’s 2020 victory to increased turnout and a greater percentage vote for Biden in urban areas. Yet he highlights that Trump predominantly won counties with a greater non-Hispanic white population and lower levels of college education. Albrecht argues that the differences between rural and urban voting result from the fact that Trump predominantly won counties with a greater non-Hispanic white population and lower levels of college education. The urban/rural difference in voting tendencies seemingly stems from the fact these rural counties have lower levels of education and non-white populations. When controlling for various potential confounders, he finds only a minor effect of this rural/urban variable (Albrecht, 2022). 
One problem with this type of election analysis is that it tells us very little about voters’ actual beliefs and motivations because it engages voter data along geographical lines.  Voting is documented on a county-level and specific attention is paid to regional differences because the electoral college translates votes into election results differently based on geographical lines. Yet this difference in weighing is irrelevant for empirical analysis of voting motivations. This creates a problem in explaining voting: this way of reporting votes is predisposed to geographical analysis of explanations of voting behavior. One part of voting analysis emphasizes key voters’ motivations and another part relies on overall voting patterns. This often leads to the presumption that explanations of documented regional voting differences must match certain geographic boundaries rather than other differences that correlate to geographic areas. Differences in urban and rural voting often lead to presumptions about inherent regional cultural differences rather than intersectional socio-geographical explanations. Voting differences are presumed to be regional differences since votes are counted per region (Ferguson et al. 2020, p.102-103). 
For example, Albrecht’s (2022) analysis relies on voter data that is measured along a geographical distinction between rural and urban voters. Albrecht finds little indication of a rural/urban cleavage, but this relies on the presumption that voters operate on a technical geographical distinction between rural and urban rather than a political distinction. The Republican rural/urban cleavage does not consider factory workers in cities ‘urban’ because it functions more like a populist center/periphery cleavage. Republicans emphasize the distinction between ordinary people that have been forgotten because of rapid societal change and the crime, corruption, and moral decay of the ‘big city elite’. This cleavage is difficult to research empirically since it effectively a no-true-Scotsman fallacy; any urban area that voted Republican must’ve not been part of the corrupt inner city.  Regardless, Albrecht identifies Trump won counties which were predominantly white and lower educated with little evidence for a rural/urban distinction, but this does not preclude the possibility that precisely individuals in these areas might interpret this rural/urban cleavage as allegorical for their own center/periphery cleavage (Albrecht, 2022). 

2.3 Ideology, Policy Preference & Economics
Republicans generally posit that their support for Trump is based on their support for republican policy and direct experience with the negative effects of left-wing policy, as well as an opposition to progressive/urban culture and cultural changes. On the other hand, liberal media emphasize the importance of bias and bigotry in motivating voters. Yet both these claims are spurious. Research into voting motivations, such as voter data analyses, often finds mixed results. 
Firstly, economic concerns have been one of the primary political battlegrounds for decades. In Donald Trump's Voters and the Decline of American Manufacturing, (2016) MIT’s William Bonvillian analyzes changes of various economic sectors and data, such as manufacturing employment, investment, and output (p.31). Bonvillian argues Trump supporters were predominantly lower-educated white men who had fallen victim to domestic economic stagnation as a result of technological advancement increasing upper-middle class wealth and education which was not matched by working and lower-middle class people, as well as globalization and outsourcing, particularly in the manufacturing industry. Moreover, he argues this decline in manufacturing employment was supposed to result in a spike in service industry employment which failed to come to fruition. Bonvillian posits Trump’s success came from a failure by establishment candidates to acknowledge these developments or provide new employment opportunities for people in these decaying industrial areas. He likens Trump to FDR, Kennedy, Reagan, as well as various disparate political movements, arguing these political movements all drew support from neglected individuals in the manufacturing industry that felt economic and political elites had simply left them behind (p.38). Bonvillian argues Trump’s claims that he would be able to restore the U.S.A as a manufacturing powerhouse are highly questionable, but that Trump vigorously purporting to be able to do so still won him voters who felt establishment candidates provided them no real hope. In short, Trump boldly claimed he would be able to restore American manufacturing, and voters believed him, regardless of how plausible this claim may seem to others (Bonvillian, 2018).  
	Bonvillian presents an interesting perspective on the importance of economic concerns for voters. He presents Trump voters as economically desperate rather than morally right or wrong, describing them almost as a force of nature to be taken into account. In Bonvillian’s view, various political movements have been able to succeed by galvanizing desperate voters and Trump was simply the latest example. Trump promised implausible improvements in the manufacturing industry, but this promise was precisely what a large section of voters wanted. Regardless of whether their desires were realistic, these voters were motivated by economic demands that no other candidate offered them (Bonvillian, 2018).
Hooghe & Dassonneville (2018) provide support for this conclusion. They reject the notion that Trump voting was a form of typical “protest voting”, characterized by a rejection of the electoral system. Using data from the 2016 Cooperative Congressional Election Survey, they find 2016 Trump voters did not present low levels of political trust or satisfaction with democracy. They use this to argue Trump voting was not protest voting but rather motivated by racial resentment and anti-immigrant sentiments. Yet if we juxtapose their argument with Bonvillian’s (2018), this instead lends credence to the notion that Trump was able to tap into voters who experienced low trust in establishment candidates and wanted a candidate like Trump to revitalize their economic opportunities. 
Ojeda and Telles (2021) examined how attitudes toward immigration and trade among white voters intersected with their voting behavior. Their analysis identifies two main subgroups of white voters: those who benefit from globalization, often residing in urban areas and employed in sectors such as technology or finance, and those who perceive globalization as a threat to their economic security, typically in rural or deindustrialized regions. The authors argue that while immigration and trade policies are often framed as separate issues, they are deeply intertwined in shaping white voter attitudes. The influx of immigrants, particularly from Latin America and Asia, has led to concerns about job competition and cultural change among certain segments of the white population. Similarly, free trade agreements have been blamed for the decline of manufacturing jobs and economic stagnation in many white working-class communities. 
Their analysis finds no significant correlation between Trump support and trade exposure or immigration levels, however. Instead, they find a correlation between Trump support and anti-immigrant and anti-trade sentiments. Moreover, they find support for Trump declined more in countries with greater levels of trade and immigration. This does not preclude the possibility that voters are motivated by broader ideological beliefs, however. Ojeda & Telles (2021) argue that Trump’s anti-immigrant rhetoric resonated with white people due to sentiments of economic and racially motivated cultural and political marginalization. Yet people in areas with low immigration rates naturally feature more traditional American culture and less cultural diversity. Voting based on anti-immigrant sentiments could therefore result from a desire to preserve traditional American culture, rather than raw statistical immigration rates. Regardless, their findings support the notion that Trump voting does not seem to stem from concrete material claims or policy preference, but rather abstract fears of, and desire for, broader societal developments (Ojeda & Telles, 2021).
Major et al. (2016) supports this notion but run into similar problems. Building on research around white fear of changes in racial demographic make-up and enforcement of cultural changes through ambiguous mechanisms such as “political correctness”, they posit that self-identified white voters were more susceptible to fears of racial demographic changes (p.931-933). They surveyed 600 participants ending up with a “final sample of 376 white American partisan participants (51.1% female)” (p.933). Participants were asked to memorize either a control article or an article on racial demographic shifts and then asked several questions regarding their perception of the importance of ethnicity to their identity, “group status threat” (p.933-934), political beliefs and candidate preference. They find that (white) participants who consider whiteness an important part of their identity were more likely to support Trump, support for anti-immigration policy, and opposition to ‘political correctness’  when primed using the racial demographic shift compared to their control article counterparts (p.936-937).
	This study suggests that many white Americans may have felt threatened by the demographic changes and the potential erosion of their social, economic, and political dominance. Major et al. highlight the role of racial anxiety and a desire to maintain traditional power structures as driving factors behind this support for Trump among white voters. Key here is the role of ethnicity in the individuals’ identity. Major et al suggest that the perception of ethnic diversity as a threat triggers psychological mechanisms aimed at maintaining social hierarchy and preserving group dominance for participants who consider whiteness important to their identity. This threat perception manifests in various forms, including concerns about economic competition, cultural dilution, and political marginalization. Simply being told about demographic changes was enough to increase support for Trump significantly (p.937-938).
Several key issues arise here. While Major convincingly argues for the significance of perceived threats to social dominance in shaping political behavior, her study could benefit from greater attention to alternative explanations. Economic insecurity, political ideology, and dissatisfaction with the status quo are also potent determinants of voting behavior and may interact with perceptions of diversity in complex ways. 
Yet this would likely run into the same issues. Similar to Ojeda & Telles (2021), Major et al. (2016) are somewhat lackluster in its implications, however. They find that reminding people who care about their whiteness of racial demographic shift increases their support for the Republican candidate, Donald Trump, and anti-diversity positions. Yet they conclude that this effect was not present for people who cared little about their whiteness (p.327). They provide a causal mechanism (p.937) which indicates Trump has managed to successfully crystallize white fright, but it does little to engage the validity of this behavior. The notion that voters are acting out of pure fear rather than reason is not substantiated 
Like Bonvillian (2018), Tien & Lewis-Beck (2023) examine economic developments that might motivate Trump voting, noting the pre-pandemic strength of the U.S. economy, characterized by low unemployment and robust growth. However, the emergence of COVID-19 and Trump's handling of the pandemic, characterized by mixed messaging, contentious policy decisions, and a perceived lack of federal coordination, attracted criticism from various camps. Their article argues that Trump was able to avoid significant blame due to partisan voter and media bias rather than dogma or sociological mechanisms. 
Just like Ojeda & Telles (2021) found Trump voting correlates to fears about immigration and ‘cultural’ changes, Major et al. (2016) find reminding people who care about whiteness that whiteness is decreasing increases support for Trump. These studies provide two different ways of determining that Trump has captured the issue salience of white fright, but this does not indicate whether or not those beliefs are unreasonable or why Trump has managed to dominate these topics. 

2.4 Candidate-focused Psychological & Sociological Explanations
On Modeling the Social-Psychological Foundations of Support for Donald Trump by Enders & Uscinski (2021) explores the social-psychological factors underlying support for Donald Trump. The study examines how individual-level psychological traits, such as authoritarianism and social dominance orientation, along with group-level factors like group identity and perceived threat, contribute to support for Trump. Through national survey data analysis, the authors argue that these factors play significant roles in shaping support for Trump, highlighting the importance of understanding both individual and group dynamics in explaining political preferences.
Similarly, Social Structure, Culture, and the Allure of Donald Trump in 2016 by Knoester & Knoester (2023) explores the relation between social structure, cultural dynamics, and the magnetism surrounding Donald Trump's candidacy in the 2016 presidential election. The authors delve into the multifaceted factors that contributed to Trump's appeal, examining how his persona resonated with certain segments of the population. Through public opinion data analysis grounded in sociological theories, the authors highlight the significance of Trump's messaging and its alignment with particular cultural narratives and societal divisions. Their analysis finds cultural topics were vital in generating support for Trump, even adjusting for trust in Trump. They highlight how Trump's candidacy tapped into the frustrations and anxieties of certain segments of the population, particularly among white working-class individuals who felt marginalized and disaffected by economic and cultural changes. They argue Trump's rhetoric tapped into broader social anxieties and grievances, leveraging existing cultural frameworks to mobilize support. Moreover, the authors scrutinize the role of media and technology in amplifying Trump's message, shaping public perception, and ultimately influencing electoral outcomes.
In Who Voted for Trump? Populism and Social Capital, Paola Giuliano and Romain Wacziarg (2020) explore the electoral success of Donald Trump in the 2016 United States presidential election. The authors focus on the role of populism and ‘social capital’ in shaping voting behavior. Social capital refers to the networks, norms, and trust that facilitate cooperation. The authors argue that Trump’s populist rhetoric connected with certain segments of the electorate due to the decline of social capital in certain parts of the country. 
They utilize data from the Cooperative Congressional Election Study (CCES) and other sources to analyze the demographic and attitudinal characteristics of Trump supporters. Their analysis reveals that Trump's base primarily consisted of white, working-class voters who felt economically marginalized and culturally alienated. They conclude that support for Trump, measured in both vote share and micro-level variables such as candidate favorability, negatively correlates to “the density of civic, religious and sports associations, as well as to a commonly used measure of generalized trust” (p.8). They conclude that this fits a greater tendency of exclusive populist movements being prevalent in areas that have undergone a reduction in social cohesion (Giuliano & Wacziarg, 2020).  
The previously mentioned studies provide little evidence that policy or its effects correlates to Trump voting, but they do find clear correlation with several traditional conservative demographics and attitudes. Similarly, Ratliff et al. (2019) analyzed levels of sexism, both hostile and benevolent. Adjusting for ideology, gender, and minority attitudes, they found Trump supporters displayed greater sexism compared to Clinton supporters. They argue this indicates gender bias against female leadership and that disproportionate criticism of Clinton caused biased voting in favor of Trump, even among some progressive voters. Trump’s populist rhetoric and unabashedly problematic language resonated with lower-educated voters (Albrecht, 2020) which might explain why these subconscious biases influence voting preferences more for Trump supporters.
Arhin et al. (2023) similarly tried to determine the characteristics of Republican voters who supported Donald Trump. Employing a mixed-methods approach, the researchers analyzed survey data and conducted interviews to understand the socio-political factors influencing Trump's appeal within the Republican Party. Their findings suggest that Trump voters exhibit characteristics commonly associated with populist radical right voters, such as a distrust of elites, anti-immigrant sentiment, and a preference for authoritarian leadership.

2.4.2 Trump’s Charisma and Sociological analysis of Trump support 
In this article Trump’s Charisma, Ivan Light (2023) analyzes the importance of Trump’s image, rather than material or cultural changes, in explaining the support of some of the core demographics of his voter base (p.530). Light also criticizes preceding research that analyzed his success as resulting from pure charisma (p.530). Instead, he argues the notion of “charismatic authority” (p.529) is crucial in explaining the immense favorability displayed by certain key demographics. Charismatic authority refers to the ability of a leader to use rhetoric, confidence, and acumen to successfully claim a disproportional level of power, discretion, or agency (p.529), such as the ability to “repeatedly and casually [violate] established legal, moral, and traditional norms but [retain] his followers despite howls of shocked indignation from opponents” (p.530). Light identifies Trump as a political leader who is granted such authority by certain groups of republican voters, specifically due to prophetic thinking in the republican party. Specifically, he delineates between some of Trump’s key voter bases that envision him as their political champion, despite their politics being vastly different. 
Trump's success with these groups stems from his ability to present himself as a populist champion while simultaneously embodying wealth and success. Trump voters trust Trump (Huang et al. 2016), but Light posits Trump's charisma is not rooted in traditional charm or likability, but in his ability to project strength and confidence, which resonates with many voters. Trump is able to cater to different cultural groups because he appeals to different, intersubjective standards (Light, p.530). Key in this is the role of nostalgic appeals. In Reclaiming the Past to Transcend the Present: Nostalgic Appeals in U.S. Presidential Elections, Bonikowski & Stuhler (2022) analyzes the strategic deployment of nostalgia in American presidential campaign speeches. Central to Bonikowski & Stuhler's argument is the contention that nostalgic appeals are not mere expressions of sentimentality but are instrumental tools employed by political actors to advance their agendas. Bonikowski & Stuhler demonstrates how presidential candidates strategically deploy nostalgia to construct narratives of national identity, economic prosperity, and social cohesion. They note a key difference between mainstream and far right candidates is the ability to use nostalgia to legitimize nationalism and authoritarianism. They conclude nostalgia to rally support for outsiders using populist ardor and a sense of reduced national pride (Bonikowski & Stuhler, 2022).
	Light documents several overlapping areas between these groups, especially when it comes to sociological and psychological tendencies rather than policy or culture such as religion. In the context of Trump, this combines with an anti-establishment tendency documented by Krause-Jensen and Martin (2018) which indicates that people who have lost interest in establishment politicians’ promises can identify anti-establishment candidates as representative of underlying populist ardor (Light, p.531). They argue “intense crises” are able to generate “intense fear” (Light, p.531) which leads to public ardor for a champion of the people. Light argues this interpretation focuses more on the effects of stress on psychology than on the measurable proportionality of the effects of crises on voters (Light, p.531). 
Light notes that “approximately 70% of evangelicals voted for Trump, so evangelical votes for Trump accounted for 18% of the total presidential vote in 2016” (p.536). Light identifies evangelical support for Trump as resulting from adherence to ‘prosperity gospel’. Members of prosperity gospel churches believe capitalism and Christianity are intertwined in a way that entitles (the right kind of) Christians to prosperity. Prosperity gospel posits that good, industrious Christians will be rewarded. Evangelical prosperity-gospel voters therefore believe Trump’s wealth, fame, and luxury indicate that he must be deserving, regardless of any of his (perceived) flaws (Light, p.533-534). 
This belief did not originate with Trump, but instead results from a greater effort by republicans and certain religious groups to predispose voters along sociopolitical lines (see: Trangerund, 2022). Light argues that “for charismatic leaders to obtain charismatic authority, a cultural history needs to be tapped in a manner that explains and authenticates the claimant’s identity and proclaimed mission” (Light, p.532). This fits within Bonikowski & Stuhler (2022)’s findings. They argue far right political actors use nostalgic rhetoric to appeal to a combination of existing different worldviews, rather than truly presenting their own vision. Trump’s bold yet vague appeals resonate with existent frustrations in these evangelical groups. Deckman et al. (2017) documented this development, particularly emphasizing the role of the Tea Party movement and its advocacy for free market principles, and tracing this advocacy back to Reaganomics. They find significant overlap in economic attitudes and policy preferences between evangelicals and tea party voters, characterized by a strong endorsement of free market capitalism and skepticism towards government intervention in the economy. Deckman et al. emphasize the role of religious leaders and institutions in shaping these economic attitudes, noting that sermons and church teachings often emphasize themes of individual responsibility, stewardship, and skepticism of governmental authority, which align closely with free market ideologies. This alignment, the authors argue, reinforces economic conservative beliefs within the evangelical community, fostering a cultural and ideological synergy with the Tea Party movement (Deckman et al., 2017; Light, p.534-536).
According to Light, leaders utilize religion to cement their legitimacy as peoples’ champions. 
“For the ratification of a leader’s charisma, his mission must derive from and appeal to prior cultural knowledge that people already trust. To claim authority in the name of God, a prophet needs a population who already knew that God sends prophets. To claim charismatic authority in the name of the nation, a fascist needs voters who already endorse nationalism and all the mythology that attends it. In general, therefore, to obtain charismatic authority in times of crisis, a skillful orator must tap into pre-existing ideas widely shared among the constituencies addressed. Prophecy is the ideal spring from which to draw that authority, especially prophecy that predicts saviors” (Light, p.532).
Trump appealed to this voter base by projecting confidence and drive, advocating for right wing Christianity, and a direct connection between tribal republican politics and zealous Christianity (Light, p.534-536). Trump became the personification of deeply-ingrained beliefs that a new messiah would lead the charge in fulfilling God’s will for America, in part due to the support of the same conservative political and religious leaders who had pushed these beliefs. 
One example of ostensible bias can be found in the outright indifference of many evangelical Trump supporters towards his disreputable past and open disrespect towards large groups of the American public, including the military and republican political figures which had made up the republican core for decades before Trump ran for office. Moreover, they seemingly interpreted his blatant sexism and sexual misconduct scandals along partisan lines, with little regard for his dismissal of accusations and willful disregard for criticism. These actions were interpreted as part of what made him a traditional conservative strongman (Light, p.534-536). 
Clinton on the other hand failed to lean into her counter narrative, instead focusing on presenting a cool, collected image, seemingly to reinforce the notion that she was a professional. Instead, these groups had to temper their politics to Clinton’s ‘pantsuit’ feminism (Denker, 2019) which focused on challenging sexist notions of women’s’ inability to ‘man’ the presidency.  This failed to resonate with the Democratic voter base, since it only reinforced the notion that Trump was fighting against bureaucratic stagnation. Clinton’s appeals to key demographics were generic and lackluster compared to Trump. This tempered approach failed to galvanize viable groups such as politicized young women and feminists whereas Trump mobilized various distinct right-wing groups (Bonikowski & Stuhler, 2022). Clinton’s base spent much of the backfoot having to awkwardly counter Trump’s brazen and populist appeals to disconnected voters. This creates some uncertainty regarding the results of Ratliff et al (2019). It may be difficult to assert whether disproportional criticism of Clinton resulted from gender bias, rather than anti-establishment sentiments, but it seems likely that voters were more susceptible to these sentiments due to gender bias. 
During the 2016 U.S. presidential election campaign, Trump was able to resonate with different groups of frustrated and disillusioned voters because of his hyperbolic, abrasive language. whereas Clinton was limited in her ability to combat this conduct due to her image as bureaucrat member of the incumbent party combined with gender bias regarding strong language and impolite language (Aswad, 2019).Trump’s success in mobilizing some of his key voter bases around him stemmed in part from his image as an outsider, combined with his appeals to conservative ideals of prosperity gospel and meritocracy, anti-government sentiments, partisanship, and a rejection of the belief in a separation of religion and politics in favor of Christian nationalism ((Bonikowski & Stuhler, 2022; Berry, 2020; Light, p.534-535). Light emphasizes the importance of Trump’s fervent support of Israel and his historic rise and upset victory in the 2016 presidential election as fundamental in entrenching the evangelical belief that Trump was God’s chosen candidate to save America and the ‘real Americans’ (Light, p.535-536). 
Light notes that the majority of Trump voters in the 2016 U.S. presidential election were secular however (p.536). Yet these voters displayed a similar willingness to grant Trump exceptional power and leniency based on a soteriological belief that Trump was in a unique position to save American politics and economics from imminent left-wing demise. “On the secular side, a combination of social Darwinism, Austrian School economics, and entertainment media had led Americans to understand rich entrepreneurs as exceptional individuals whose strength and intelligence, when autocratically exercised, would reinvigorate the nation as well as the economy” (Light, p.533). 
Moreover, Light postulates that this stems from capitalist ideology including an underlying tenet that the desire to innovate and facilitate business will actuate exceptional individuals to remove or circumvent bureaucratic failings and economic stagnation through a sort of capitalist iconoclasm. Within this ideology, it is natural for these exceptional individuals to show blatant disregard for social norms, laws, civility politics, and even policy because supporters assume these are representative of broader bureaucratic gridlock which hamstrings capitalist innovation (Light, p.536-537). 
This capitalist vision of Trump differentiates secular Trump voters from evangelicals since it does not exalt Trump based on religious grounds or other notions that Trump is explicitly divinely ordained. Yet Light (p.535-537) points out that both these groups operate on a similar political framework which both presumes and engenders the exaltation of Trump. MAGA evangelicals and secular MAGA Conservatives seemingly view Trump’s role within American politics as some form of Anarcho-Monarchism. 
Notably, Trump supporters seem to base their support on underlying frustration with ‘the left’ instead of support for republican policy.  Trump supporters might not be motivated by a clear idea of how their material issues and politics relate, but rather tribal politics centered around disillusionment with bureaucratic elites’ disregard for ordinary people. 
The Tribal Games: Tribalist Foundations of Trump Supporters (McKenna et al., 2023) delves into the psychological and social dynamics underpinning support for President Trump. The article argues that Trump's appeal is rooted in tribalism, a deeply ingrained human tendency to form groups based on shared identities and values. Specifically, the authors define tribalism as support of a system designed to maintain power rather than in accordance with ideological beliefs. Convergence along policy positions is centered around the perceived loss of political power (McKenna, et al, 2023, n.p.). This tribal tendency suggests that Trump's rhetoric and policies resonate strongly with individuals who prioritize loyalty to their own group over other considerations. Tribal supporters rely on a perceived shared identity from which they draw pride. For Trump supporters, this narrative is reinforced by both sides of the political media. In turn, psychological biases like confirmation bias and motivated reasoning affect their willingness to accept opposing evidence. This might explain why democrats exceeded expectations in the 2022 midterms, but anti-Trump republicans performed surprisingly poorly (Saldin, 2023). 
Despite his controversial statements and actions, Trump's charismatic authority enabled him to maintain a strong base of support throughout his presidency. Even when confronted with scandals or controversies, Trump's loyal supporters remained steadfast in their allegiance to him, often dismissing negative news coverage as biased or fake. Republican media, politicians, and cultural leaders predisposed these Trump supporters and how they (should) view different political actors (Light, 2023). Druckman et al. (2013) argue polarized context, such as U.S. politics, fundamentally change how citizens make decisions: party endorsement is given much more significance, and substantive information is given less weight, and voters display much greater self-confidence in less-grounded opinions. 
This corresponds with findings by Jenkins & Gomez (2024) regarding the effect of journalistic correction on republican perception of voter fraud allegations. Their analysis of pre-2020 election data indicates that such corrections were able to reduce perceived severity of voter fraud, but only when these corrections contained concrete corrective information and “explicit journalistic intervention (i.e. hard corrections)” (p.431). They do note that corrective information does not significantly reduce perceptions when it is presented in an attempted bipartisan approach rather than an explicitly corrective manner. Moreover, the marginal effect of bipartisan corrective information documented in the pre-election data is not replicated in the post-election data. They argue that such attempts at bipartisanship regarding factually incorrect claims only dilutes the general field of attempted corrections of false election fraud allegations.
This might explain why many Trump supporters were not convinced by attempts by members of left-wing media to avoid alienation by taking a respectful approach to challenging voter fraud claims regarding the 2020 U.S. presidential election (Jenkins & Gomez, 2024). Trump supporters were seemingly only susceptible to direct factual confrontation rather than what they perceived to be attempts at manipulating them by the same nebulous, conspiratorial forces that they believed Trump was trying to fight (Light, p.535-536; Berry, 2020).
In conclusion, Light (2023) identifies several key components of Trump's charisma. Firstly, his ability to present himself as a political outsider who is not beholden to the traditional political establishment. Trump's status as a successful businessman added to this image. He positioned himself as someone who could bring his business acumen to the political arena and "drain the swamp." 
Secondly, Trump's communication style resonated with many Americans who felt overlooked by the mainstream political establishment. He spoke in simple, straightforward language, often using blunt rhetoric to convey his message. This unapologetic directness contrasted sharply with the carefully crafted speeches of traditional politicians, and it endeared him to many voters who saw him as authentic and unfiltered (p.531). Furthermore, Trump's use of social media, particularly Twitter, played a crucial role in his charismatic appeal. He bypassed traditional media channels and directly communicated with his supporters, often in a brash and provocative manner. This unfiltered access to the president-elect was unprecedented, and it fostered a sense of connection and loyalty among his base. 
Concurring with earlier-mentioned voter data analyses, Light emphasizes Trump's ability to tap into existing social and economic anxieties among certain segments of the population. Issues such as immigration, trade, and globalization were central to Trump's campaign platform, and his promises to address these concerns resonated with many voters who felt left behind by the forces of globalization and economic change.
Simirarly, Donald Trump in Power: Discourse, Performativity, Identification by Giorgos Venizelos (2023) explores the sociological dynamics of Trump's political rise and governance through the lens of discourse analysis, performativity theory, and the concept of identification. Trump’s populism relies on emphasized, bombastic, clear, and provocative language combined with other social markers and mannerism which reinforces tribal dynamics. Although tribalism has always been present in some voters, recent years have seen a substantial increase in partisan sentiment, especially among Republicans (Venizelos, 2023; Bonikowski & Stuhler, 2022). 

2.5 Summary
It is not entirely clear how cogent sociological explanations are for political discourse. Although they seemingly reflect the mechanisms underlying certain voters' thinking, these theories have faced scrutiny. Tien & Lewis-Beck (2023) argue that the narrative presented by politicians and the media is not representative in electoral outcomes. Trump’s die-hard base may have tribal subgroups with little interest in neutral analysis of policy, but this part of the electorate is entrenched along party lines anyways. They argue sociological theories may explain the perspective of their respective subgroups. but moderate voters are still susceptible to other political motivators and mechanisms.  
These findings might be somewhat paradoxical. One side of the academic field argues policy preference motivated voters whereas the other prioritizes sociological explanations. Yet these two are not mutually contradictory. One possible explanation is that Trump was able to circumvent traditional cleavages. Sides, Teller & Vavreck (2018) argue Trump resonated with preexisting frustrations regarding economic and immigration policy. They find strong correlation between Trump voting in 2016 and panel data on immigration and economic attitudes in 2011. They argue Trump was able to rally the republican party behind himself because he existed outside of preexisting factionalism which limited party coordination amongst party elites. Since the party did not unify behind a candidate, voters instead looked to the media which continuously covered Trump whereas temperate candidates were less sensational and thus received less coverage (p.135). Most importantly, Trump changed the options available to the voter base. Republican voters simply lacked a candidate that was not openly campaigning against provisions such as Medicaid. Trump was able to win over these voters by “hunting where the ducks are” (Sides, Teller & Vavreck, 2018, p.135). 
	It may be possible that this explains the contradiction between policy-related, economic concerns and right-wing sociological phenomena in Trump voting research. Trump may have been able to connect with the traditional Republican base due to their beliefs about immigration and trade, but distinguished himself by not following unpopular Republican norms that his supporters disliked. During the 2016 campaign, many voters felt like traditional candidates forced them to choose between Republicans focusing on bolstering ‘the economy’ and Democrats protecting benefits such as Medicaid. (Sides, Teller & Vavreck, 2018).  In this sense, Trump simply ignored existing cleavages thereby giving many voters the idea that he was not forcing them to choose the lesser of two evils. Perhaps research on Trump voting motivating factors has been so diverse and contentious because “hunting where the ducks are” generated a base existing of various, divergent groups. This might explain why existing research indicates a clear connection between economic and cultural fear rather than concrete policy or the pre-Trump Republican party politics. Much of the research regarding Trump voting looks at Trump voters as a singular group rather than multiple subgroups.  Further research is needed to determine whether existing research incorrectly draws conclusions based on aggregate rather than contextual data.


3. Data & Methods
3.1 Data 
To determine which factors predict voting for Trump, I will analyze 2016 American National Election Survey (ANES) data. The ANES covers a wide range of topics and has been administered every presidential election since 1948, between 1958 and 2002 the surveys were also conducted around the midterms. Many questions are altered to fit the current election cycle. Most of these alterations are trivial, such as updating the candidates’ names. Others are specific to their respective election cycles, such as questions regarding the Affordable Care Act. For this reason, I will use the “2016 Time Series Study”. 2016 ANES data come from both face-to-face (n=1,180) and online (n=3,090) surveys of U.S. eligible voters. 
Respondents were categorized based on self-reported quantitative information. Respondents who refused to answer any of the questions involved in the analyses were removed from these analyses. Each of the values also has a clear numerical value for classification and broad statistical analysis, but it’s important to keep in mind that this broader analysis is not reflective of all members and subgroups, especially when it comes to demographics, such as race and gender. In the following sections, I will specify how respondents’ answers were measured and translated into variables for statistical analysis using SPSS.
Surveys are conducted of the same group of respondents both pre-election and post-election. Pre-election data cannot investigate voting behavior directly simply because the voting has not occurred yet. Respondents can only indicate their expectations and evaluations at that moment in time. Yet this grants the advantage that most respondents are not as vulnerable to bias since they have not yet committed to a candidate. Post-election data, on the other hand, gives clear information on which candidates respondents voted for, but they are expected to retroactively evaluate their motivations. For this reason, it is not well-suited to determine voting motivations. That is why post data was used for the dependent variable, voting, and pre data was used for the independent variables. Some participants also did not participate in the post-election survey whereas others refused to answer key questions. The combined data set allows for combined analysis of respondents’ pre-election evaluations, actual vote choice, and post-election evaluations. Since this paper focuses on voting motivations, pre-election questions are used, with the exception of their eventual vote choice, which was taken from the post-election survey. 

3.2 Methods 
3.2.1 Logistic Regression
To test whether different explanations of voting behavior are reflected in this dataset, I will use multivariate logistic regression. Logistic regression is a statistical method where the dependent variable is categorical with only two possible outcomes, in this case voting for Trump and not voting for Trump. Logistic regression can be used either to make predictions of the dependent variable based on the independent variables or to test the effect of various independent variables on the dependent variable. The logistic regression model is based on the logistic function (also known as the sigmoid function), which translates any real-valued number into a value between 0 and 1. Logistic regression is used for both continuous and categorical independent variables, and when the relationship between the independent variables and the probability of the event is not linear. The descriptives and frequency tables for the variables used in this logistic regression model can be found at the end of this chapter.

3.2.2. The Funnel of Causality
 I will use several cumulative models in accordance with the ‘funnel of causality’. This term refers to a conceptual model used in electoral studies to explain how different factors influence voting behavior. The ‘funnel’ shape represents how these factors narrow down through layers of influence, leading to the specific voting choice at the end. Each layer of the funnel filters and shapes the factors that influence voting behavior, with the long-term factors providing a broad foundation, and the short-term factors providing the final push towards a decision.
	The start of the funnel is characterized by long-term factors. These include socio-demographic characteristics such as age, gender, race, education, and income, which provide a stable foundation over time. Additionally, party identification, or a long-term psychological attachment to a political party, is a crucial factor that remains relatively stable over time. Further towards the middle, policy preferences and ideological alignment shape voting behavior. These preferences guide voters’ evaluation of candidates and parties, as voters tend to support those whose policies align with their views. These are ingrained, but not unchangeable. Issue orientations, or attitudes toward specific political issues, can shift based on personal experiences, societal changes, and exposure to new information. This also includes perceptions of governmental performance, with voters’ perception of the state of the economy being considered one of the primary identifiers of governmental performance. 
	Finally, the most immediate influences on voting behavior are the short-term factors, specific to a particular election cycle. These include candidate evaluations, which involve perceptions of the candidates' personalities, competencies, and trustworthiness. Issue salience plays an important part here, functioning as the overlap between the middle and end of the funnel. This salience can shift based on current events and societal trends. For example, during economic crises, economic policies might become the most critical factor for voters. Media coverage, political advertisements, debates, and commentary can significantly impact how individuals perceive and prioritize issues. Topics such as the Mexican-American border were heavily crystallized during the 2016 election campaign and therefore deserve extra attention as possible motivators of Trump voting.
	To test whether the funnel of causality is reflected in the ANES dataset, I will therefore use several cumulative models to see whether it is a useful predictor of Trump voting. I will do so by checking whether consecutive models increase the odds of correctly predicting voting behavior. The first model will only include structural factors. The second model will include party identification as a possible explanatory factor. The third model will include governmental performance evaluations, ideological congruence with Trump, and two key policy positions. The final model will include respondents’ evaluation of Trump’s characteristics to see if those further increase the predictive ability of the model.

3.3.3. Dependent Variable
Using logistic regression models, I will analyze the relation between several potential factors and Trump voting to determine which types of variables might have predictive value. Trump voting (29.2%) was coded as 1 and non-Trump voting (70.8%) was coded as 0. To be clear, this means non-Trump voting includes all respondents who did not vote for Trump, whether they voted for a different candidate or not at all. Firstly, I will analyze differences between certain demographic and social groups to determine whether conventional ideas of the stereotypical white, working-class Trump voter are reflected in the ANES data. The next model will include party identity and then policy positions to determine whether these increase the predictive quality of the model.
Lastly, I will include variables in the model relating to respondents’ perceptions of the state of the economy, Trump’s ideology compared to theirs, and Trump’s personal character to determine whether these increase the predictive ability of the model. Should this be the case for the latter two, then a statistically significant number of Trump voters must have connected either with Trump’s perceived ideological proximity or something about Trump’s personal character respectively. 

3.3.4. Socio-structural Factors:
In the section, I will document the ‘structural’ factors used in this analysis. These include the continuous variables age and income and the categorical variables employment status, highest level of educational attainment, marital status, religious group, gender, and race. The categorical variables were incorporated in the analysis using separate dummy variables.
Respondents’ ages were measured directly, the only exception being that all respondents aged ninety or older were given a value of “90” by the ANES. The ANES measures yearly household income levels are categorized on a 28-point scale. Towards the higher end of the scale, intervals become larger due to the relatively small percentage of Americans that fall in these income brackets. The first two groups are “under $5.000” and $5.000-$9.999. The following eight groups increase in intervals of $2.500 up until $29.999. Groups eleven through twenty increase in intervals of $5.000 up to $79.999. The next three groups each cover $10.000 up to $109.999. The final groups are: $110.000 to $124.999, $125.000 to $149.999, $150.000 to $174.999, $175.000 to $249.999, and “$250.000 or more”. 
Employment status was measured separately by the ANES in eight main categories. Some categories were combined due to their small size and their similarity for the purposes of this thesis. They are: (1) working now (61.4%), (2) unemployed (17.7%), (3) retired (20.5%). Respondents who fell in multiple categories were classified as “working now” if they worked over twenty hours per week. 
	Self-identified race was categorized in four main categories: (1) white (71.1%); (2) black (9.3%); (3) Hispanic (10.5%); (4) other (8.2%). Highest level of educational attainment was measured in eighteen different categories by the ANES. These included all years of grade, middle, and high school; different forms of higher and professional education; and other options such as “some college but no degree”. These were reclassified into three main categories: (1) high school (or high school equivalent) (46.7%); (2) associate or bachelor’s degree (36.4%); and (3) Master, Professional, or Doctorate degree (15.9%). 
	Respondents were asked a series of questions to determine their religious grouping. 89 unique outcomes were distinguished by the ANES and reclassified into eight main categories: (1) mainline Protestant (14.6%), (2) evangelical Protestant (17.9%), (3) black Protestant (0.7%), (4) Roman Catholic (21.9%), (5) undifferentiated Christian (15.8%), (6) Jewish (2%), (7) other (5.3%), and (8) not religious (20.5%). Due to the small number of respondents who identified as black Protestant and Jewish these have been added to other categories. Black Protestants and undifferentiated Christians were combined into a single category “other Christian” (16.5%) and Jews were added to the “other” category (7.3%). 
Marital status includes six categories: married: spouse present, married: spouse absent, widowed, divorced, separated, never married. I will simplify these to only three: (1) married: spouse present (48.8%), (2) married: spouse absent (26.3%), and (3) never married (24.3%). ‘Spouse absent’ now simply refers to all cases where the respondent’s spouse is no longer present, including all the remaining subcategories. Respondents were also asked whether they identified as male, female, or other, with the possibility of refusing to answer. 52 participants refused to answer or answered “other”. Due to their low number and their lack of classification, these respondents were omitted from the analysis. Female (52.2%) was coded as 0 and male (46.5%) as 1.  

	3.3.5. Party Identity
I will incorporate party identity as a possible explanation of voting. The ANES includes a question regarding party membership, but this is not a suitable replacement for party identification. Party membership was self-reported as either Democrat, Republican, none or independent, or other with most respondents indicating they were not formal members of either party. Instead, a variable was used in which respondents placed themselves on a 7-point scale: (1) strong Democrat, (2) not very strong Democrat, (3) independent Democrat, (4) Independent, (5) Independent Republican, (6) not very strong Republican, and (7) strong Republican. Respondents who did not answer were not included in the analysis. 

3.3.6. Performance, Ideological Congruence & Policy positions: 
Governmental performance was measured as the perceived state of the economy compared to the previous year. This was measured as: (1) much better, (2) somewhat better, (3) about the same, (4) somewhat worse, or (5) much worse. To determine their ideological positions, respondents were asked to place themselves and Trump on a seven-point scale as liberal or conservative. This data is especially useful since it reduces the possibility of prescriptivism; respondents are asked to identify broader ideological alignment, rather than prescribed specific policy questions which might be interpreted differently by different subgroups. These questions are still very useful, but a self-identified placement can provide a broader perspective of political ideology.
The variables corresponding to the respondents' answers describing their own ideological placement and Trump’s ideological placement were not used by themselves, but combined into a difference score that captures the proximity between the respondents' self-placement and their placement of President Trump to determine their ideological congruence. This variable could help determine whether Trump voting was motivated by a perceived ideological alignment with Trump specifically. To facilitate this, values of ‘99’ (haven’t thought much about this) had to be recoded to ‘4’ (moderate / middle of the road). This is admittedly suboptimal, but due to the numerical scale on which this data is measured, the only alternative would be to strike these respondents from the analysis altogether. As seen in table 3b, higher and especially lower values of this “ideological congruence” variable are uncommon, but this is not unexpected. To get a high or low value, respondents must either identify themselves as extremely liberal and Trump as extremely conservative or vice versa. It is therefore much more likely that participants fall somewhere in the middle. 
In the current state this variable is not suitable for the current regression analysis, because both lower and higher variables indicate less ideological congruence with Trump. This problem can be solved by either recoding the negative values as their positive counterparts or vice versa. Since “non-Trump” voting is coded as zero and “Trump” voting is coded as one, positive values were recoded into their negative counterparts. A greater value for ideological congruence should now predict greater odds of Trump-voting.
In addition to ideological congruence, I also include two variables measuring respondents’ specific policy positions on policy issues that were particularly prominent in this campaign. Firstly, the ANES question regarding arguably Trump’s biggest rallying cry: “Build the Wall”. Support for building a wall on the Mexican-American border was measured as: (1) favor a great deal, (2) favor a moderate amount, (3) favor a little, (4) neither favor nor oppose, (5) oppose a little, (6) oppose a moderate amount, (7) oppose a great deal. This scale was inverted using reverse coding so a higher value would correspond to greater expected odds of Trump voting. This was done by creating a new variable using the formula “8 - X = Y” with X being the original value and Y being the new, inverted value.
Similarly, the military has been one of the cornerstones of American political discourse. Traditionally, the Republican party had been the party of military strength and involvement. Yet the 2016 Trump election campaign saw a heavy Republican shift towards appeals to isolationism. This left the Republican base somewhat disoriented, seemingly supporting military power but rejecting military action. This distinction might have differentiated Trump from other Republican candidates since it gave the impression that he was a realistic strategist. That is why support for isolationism was included as a possible explanation for Trump voting. The ANES measured respondents’ beliefs about how willing the U.S. should be to use military force to solve international problems. Answers were measured as: (1) extremely willing, (2) very willing, (3) moderately willing, (4) a little willing, or (5) not at all willing. 

3.3.7. Candidate-specific Evaluation
Lastly, respondents' evaluations of Trump’s characteristics were measured on a 5-point scale. They were asked how much they believed certain character traits applied to Trump. The measured characteristics were: (1) strong leadership, (2) really cares, (3) knowledgeable, (4) honest, (5) speaks mind, (6) and even-tempered. Respondent answers were measured as: (1) extremely well, (2) very well, (3) moderately well, (4) slightly well, and (5) not well at all. These variables are not perfectly representative of a person’s entire character, but they are useful for determining whether Trump’s character motivated voters rather than a perceived ideological alignment or the other possible factors mentioned earlier. These variables were also inverted so higher values correspond to greater expected odds of Trump voting. This was done using the formula “6 - X = Y” with X being the original value and Y being the new, inverted value.

	3.3.8 Collinearity Diagnostics
To assess the collinearity among the independent variables in this logistic regression model, I conducted a linear regression analysis using SPSS. SPSS does not provide the option to add collinearity diagnostics directly in logistic regression output, but acquiring the collinearity diagnostics through the linear regression analysis does not affect the results. The dependent variable was the binary “Trump vote” variable. Collinearity diagnostics were obtained by checking the "Collinearity Diagnostics" option in the regression statistics.
Table 4. at the end of this chapter displays the results of the collinearity diagnostics. The results of the collinearity diagnostics indicated low levels of collinearity among the independent variables. Specifically, the Variance Inflation Factor (VIF) values for all independent variables were within acceptable parameters. Additionally, the Tolerance values were all well above 0.1. These findings suggest that multicollinearity is not a concern in these analyses. 



	Table 1: Descriptives

	
	N
	Mean
	S.D.
	Minimum
	Maximum

	
	Valid
	Missing
	
	
	
	

	Age
	4149
	121
	49,5823
	17,57779
	18,00
	90,00

	Income lvl.
	4068
	202
	15,39
	8,078
	1
	28

	Gender
	4218
	52
	,4711
	,49922
	,00
	1,00

	Religion
	4222
	48
	3,4612
	1,70128
	1,00
	6,00

	Race
	4237
	33
	1,5553
	,97880
	1,00
	4,00

	Education
	4231
	39
	1,6892
	,73196
	1,00
	3,00

	Employment
	4254
	16
	1,5896
	,80869
	1,00
	3,00

	Marital Status
	4243
	27
	1,7535
	,82170
	1,00
	3,00

	Party Id.
	4247
	23
	3,8590
	2,15248
	1,00
	7,00

	Econ. Perform.
	4252
	18
	3,09
	1,072
	1
	5

	Ideological Congruence
	4086
	184
	-1,9968
	1,53115
	-6,00
	,00

	Build Wall
	4248
	22
	3,5815
	2,37520
	1,00
	7,00

	Anti-Intervention
	4237
	33
	3,1603
	,88078
	1,00
	5,00

	Trump Knowledgable
	4243
	27
	2,3059
	1,29345
	1,00
	5,00

	Trump 
Even-Tempered
	4248
	22
	1,7992
	1,06838
	1,00
	5,00

	Trump Honest
	4244
	26
	2,2769
	1,34290
	1,00
	5,00

	Trump 
Really Cares
	4246
	24
	2,1324
	1,33906
	1,00
	5,00

	Trump 
Strong Leader
	4249
	21
	2,5538
	1,45555
	1,00
	5,00

	Trump
speaks Mind
	4250
	20
	4,2056
	1,15988
	1,00
	5,00





Table 2: Frequencies Categorical Variables
	
	 
	N 
	Total %
	Valid %

	Trump Vote
	 
	4270
	100
	100

	 
	Did not vote Trump
	3025
	70.8
	70.8

	 
	Voted Trump
	1245
	29.2
	29.2

	Gender
	 
	4218
	98.8
	100

	 
	Female
	2231
	52.2
	52.9

	 
	Male
	1987
	46.5
	47.1

	Religion
	 
	4222
	98.9
	100

	 
	Mainline Protestant
	625
	14.6
	14.8

	 
	Evangelical Protestant
	765
	17.9
	18.1

	 
	Roman Catholic
	937
	21.9
	22.2

	 
	Other Christian
	705
	16.5
	16.7

	 
	Other
	313
	7.3
	7.4

	 
	Non-religious
	877
	20.5
	20.8

	Race
	 
	4237
	99,2
	100

	 
	white
	3038
	71,1
	71,7

	 
	black
	397
	9,3
	9,4

	 
	Hispanic
	450
	10,5
	10,6

	 
	other
	352
	8,2
	8,3

	Education
	 
	4237
	99,2
	100

	 
	High School (or lower)
	1995
	46,7
	47,2

	 
	College degree
	1556
	36,4
	36,8

	 
	Adv. College Degree
	680
	15,9
	16,1

	Employment
	 
	4254
	99,6
	100,0

	 
	Working
	2622
	61,4
	61,6

	 
	Unemployed
	756
	17,7
	17,8

	 
	Retired
	876
	20,5
	20,6

	Marital Status
	 
	4243
	99,4
	100,0

	 
	Spouse present
	2084
	48,8
	49,1

	 
	Spouse absent
	1121
	26,3
	26,4

	 
	Never married
	1038
	24,3
	24,5





Table 3a: Frequencies Linear Variables	
	
	
	N 
	Total %
	Valid %

	Age
	Ages 18-90
	4149
	97.2
	100

	Income level
	Weighted income scale
	4068
	95.3
	100

	Party Id.
	 
	4247
	99,5
	100,0

	 
	Strong Democrat
	890
	20,8
	21,0

	 
	Not Strong Democrat
	559
	13,1
	13,2

	 
	Independent Democrat
	490
	11,5
	11,5

	 
	Independent
	579
	13,6
	13,6

	 
	Independent Republican
	500
	11,7
	11,8

	 
	Not Strong Republican
	508
	11,9
	12,0

	 
	Strong Republican
	721
	16,9
	17,0

	Econ. Perf.
	 
	4252
	99,6
	100,0

	 
	1. Much better
	249
	5,8
	5,9

	 
	2. Somewhat better
	951
	22,3
	22,4

	 
	3. About the same
	1806
	42,3
	42,5

	 
	4. Somewhat worse
	670
	15,7
	15,8

	 
	5. Much worse
	576
	13,5
	13,5

	Build Wall
	 
	4248
	99.5
	100

	 
	oppose greatly
	1511
	35,4
	35,6

	 
	oppose moderately
	347
	8,1
	8,2

	 
	oppose a little
	87
	2,0
	2,0

	 
	neither favor nor oppose
	934
	21,9
	22,0

	 
	favor a little
	82
	1,9
	1,9

	 
	favor moderately
	407
	9,5
	9,6

	 
	favor greatly
	880
	20,6
	20,7

	Intervention
	 
	4237
	99,2
	100,0

	 
	extremely willing
	188
	4,4
	4,4

	 
	very willing
	528
	12,4
	12,5

	 
	moderately willing
	2204
	51,6
	52,0

	 
	a little willing
	1051
	24,6
	24,8

	 
	not at all willing
	266
	6,2
	6,3





Table 3b: Frequencies Linear Variables: Ideological Congruence 
	
	
	N 
	Total %
	Valid %

	Ideological Differrence
	 
	4086
	95,7
	100,0

	More lib.
	-6,00
	65
	1,5
	1,6

	 
	-5,00
	230
	5,4
	5,6

	 
	-4,00
	268
	6,3
	6,6

	 
	-3,00
	490
	11,5
	12,0

	 
	-2,00
	496
	11,6
	12,1

	 
	-1,00
	491
	11,5
	12,0

	 
	,00
	746
	17,5
	18,3

	 
	1,00
	539
	12,6
	13,2

	 
	2,00
	360
	8,4
	8,8

	 
	3,00
	311
	7,3
	7,6

	 
	4,00
	53
	1,2
	1,3

	 
	5,00
	32
	0,7
	0,8

	More Con.
	6,00
	5
	0,1
	0,1

	Ideological Congruence
	
	4086
	95,7
	100,0

	
	-6,00
	70
	1,6
	1,7

	
	-5,00
	262
	6,1
	6,4

	
	-4,00
	321
	7,5
	7,9

	
	-3,00
	801
	18,8
	19,6

	
	-2,00
	856
	20,0
	20,9

	
	-1,00
	1030
	24,1
	25,2

	
	,00
	746
	17,5
	18,3




Table 3c: Frequencies Linear Variables: Trump Characteristics
	
	
	N 
	Total %
	Valid %

	Knowledgable
	 
	4243
	99,4
	100,0

	 
	1,00
	1678
	39,3
	39,5

	 
	slightly well
	739
	17,3
	17,4

	 
	moderately well
	946
	22,2
	22,3

	 
	very well
	610
	14,3
	14,4

	 
	extremely well
	270
	6,3
	6,4

	Even-tempered
	 
	4248
	99,5
	100,0

	 
	not well at all
	2395
	56,1
	56,4

	 
	slightly well
	740
	17,3
	17,4

	 
	moderately well
	796
	18,6
	18,7

	 
	very well
	205
	4,8
	4,8

	 
	extremely well
	112
	2,6
	2,6

	Honest
	 
	4244
	99,4
	100,0

	 
	not well at all
	1852
	43,4
	43,6

	 
	slightly well
	616
	14,4
	14,5

	 
	moderately well
	823
	19,3
	19,4

	 
	very well
	655
	15,3
	15,4

	 
	extremely well
	298
	7,0
	7,0

	Really Cares
	 
	4246
	99,4
	100,0

	 
	not well at all
	2143
	50,2
	50,5

	 
	slightly well
	521
	12,2
	12,3

	 
	moderately well
	755
	17,7
	17,8

	 
	very well
	531
	12,4
	12,5

	 
	extremely well
	296
	6,9
	7,0

	Strong Leader
	 
	4249
	99,5
	100,0

	 
	not well at all
	1587
	37,2
	37,3

	 
	slightly well
	571
	13,4
	13,4

	 
	moderately well
	781
	18,3
	18,4

	 
	very well
	771
	18,1
	18,1

	 
	extremely well
	539
	12,6
	12,7






Table 4: Collinearity Diagnostics
	
	Tolerance
	VIF

	Age
	0,579
	1,727

	Income lvl.
	0,709
	1,411

	Gender
	0,947
	1,056

	Religion
	0,922
	1,084

	Race
	0,910
	1,099

	Education
	0,817
	1,224

	Employment
	0,654
	1,529

	Marital Status
	0,743
	1,345

	Party Id.
	0,487
	2,053

	Econ. Perform
	0,728
	1,373

	Ideo. Congruence
	0,632
	1,583

	Build Wall
	0,505
	1,981

	Anti-Intervention
	0,938
	1,066

	Knowledgable
	0,305
	3,277

	Even-Tempered
	0,592
	1,688

	Honest
	0,337
	2,967

	Really Cares
	0,251
	3,989

	Strong Leader
	0,279
	3,580

	Speaks Mind
	0,827
	1,210









4. Results
4.1 Model Goodness of Fit and Correct Classification.
The results of the logistic regression analysis are presented in Table 5. It is important to keep in mind that 3025 respondents were categorized as “non-Trump vote” and only 1245 indicated that they voted for Trump. This means the total goodness of fit will be skewed towards non-Trump votes. To determine the usefulness of the models used in this analysis, it is therefore important to look at both the total percentage of correct predictions and the percentage of correct Trump vote predictions. 
All models were statistically significant at < 0.001%. Model 1 has a goodness of fit of Nagelkerke R2 = 0.240, meaning it explains 24% of the variability for the dependent variable. It correctly predicted 90.6% of non-Trump votes and 31.8% of Trump votes for a combined 73.4% of cases classified correctly. Ironically, this model has the highest percentage of non-Trump votes predicted correctly. This is not especially surprising, since the “non-Trump vote” value refers to all respondents who did not vote for Trump, regardless of who they did vote for or whether they voted at all. 
Model 2 has a goodness of fit of Nagelkerke R2 = 0.486, meaning it explains 48.6% of the variability for the dependent variable. It correctly predicted 88.7% of non-Trump votes and 64.1% of Trump votes for a combined 81.5% of cases classified correctly. The addition of party identification increased the correct Trump vote predictions by 32.3%. This shows the importance of party identification as motivation for voting. This will be further discussed in section 4.2
Model 3 has a goodness of fit of Nagelkerke R2 = 0.557, meaning it explains 55.4% of the variability for the dependent variable. It correctly predicted 89.1% of non-Trump votes and 70.5% of Trump votes for a combined 83.5% of cases classified correctly.
Model 4 has a goodness of fit of Nagelkerke R2 = 0.585, meaning it explains 58.7% of the variability for the dependent variable. It correctly predicted 89.8% of non-Trump votes and 72.4% of Trump votes for a combined 84.6% of cases classified correctly. 

4.2. Model 1: Socio-structural Explanations
It is important to keep in mind that the structural variables form the basis of the analysis, but they do not properly reflect the underlying subgroups and their respective dynamics. These categorizations describe the entire group, which means that they contain subgroups that are not accurately represented by the aggregate data. This is especially true for combined groups such as “other religion” or “other race”. Moreover, some level of selection bias is expected. This data is not perfectly reflective of the American voter base, but only of respondents who partook in the ANES. Despite the ANES efforts, this type of data is highly prone to survivorship data, meaning the data for these different groups is only reflective of people in those groups who were willing and able to participate in the ANES.
Age was significant in all four models, indicating older people are slightly more likely to have voted for Trump. The income level variable was not significant. This could be the result of underlying subgroups not being accurately reflected on a linear scale. Somewhat surprisingly, women were more likely to vote Trump in model 1. Gender was not significant except for model 1, so gender differences in voting may largely be explained as gender differences in other things such as party identification. 
As anticipated, religion was highly significant in all models, supporting the notion that voting behavior may be highly motivated by religious beliefs. The Republican party is often associated with stronger appeals to religion, which would suggest that non-religious voters might not identify with the Republican party as strongly. Respondents of other religions were more likely to vote for Trump than mainline Protestants. This could be because zealous religious respondents were less likely to identify as mainline Protestant, or simply due to ideological differences between these religious groups. Yet the non-religious categorization was not significant. This could support the notion discussed earlier that Trump has been able to galvanize a subgroup of non-religious voters in accordance with the theory posited by Light (see Literature chapter). In other words, it is possible that this group contains a subgroup which aligns with Light’s theory and a subgroup which does not, muddying the aggregate data. Such a conclusion cannot be definitively drawn based on this data, however. Further analysis would be needed to determine whether this is the case.
	In model 1, Hispanic voters and voters of other ethnicities were significantly less likely to vote Trump, compared to the reference category (white voters), but this variable’s significance decreases over the consecutive models, indicating other variables may better explain this difference in voting behavior. Somewhat surprisingly, black respondents were more likely to vote for Trump compared to white respondents (OR = 1.80, p < .01). This finding contrasts with commonplace expectations of Republican voting. There are several possible explanations for this, however. It could be attributed to Trump’s ability to rebrand the Republican party or eclipse the traditional party identity altogether. This would correspond to the theory that Trump simply “hunted where the ducks are” and that he was chosen by voters who felt Republicans protected the economy while Democrats protected health care (Sides, Teller & Vavreck, 2018). Alternatively, this may stem from survivorship bias in the data. Not all voters want to participate in political surveys, and this may be especially true for certain marginalized cultural subgroups. Lastly, it is possible that Clinton specifically failed to resonate with black respondents compared to white respondents. Trump’s campaign heavily rejected open anti-black racism; it therefore seems possible that black ANES respondents saw Trump as a renewal of the Republican party. In the context of the 2016 election, the image of Clinton as a (female) establishment politician, and Trump as a (male) outsider challenging the establishment, may have resonated more with black respondents. This cannot simply be presumed, however. This surprising outcome warrants further investigation into the underlying factors contributing to this association. 
	In model 1, higher educated, unemployed, and “spouse absent” respondents were significantly more likely to vote Trump as well, but these effects become not significant quickly in the later models. The “retired” and “never married” variables were not significant in any of the models.

	4.3 Model 2: Party Identity
Unsurprisingly, “party identity” was significant in all models that feature it. Respondents who identified as more Republican were more likely to vote for Trump as expected. As mentioned earlier, the inclusion of party identification in the logistic regression model significantly improved the model's explanatory power, as evidenced by the substantial increase in the Nagelkerke R-squared value. The significant increase in the Nagelkerke R-squared indicates that much of the previously unexplained variance in the voting outcome could be attributed to party identification. This underscores the centrality of partisan loyalty in electoral decisions. Individuals who strongly identify with a political party are more likely to vote for that party's candidate. 
While demographic and socioeconomic factors provide important context, party identification emerges as a dominant factor in predicting voting patterns. The effect of party identity decreases with each consecutive model, however. This suggests that party identification is more than a simple label, but that it corresponds to some form of genuine alignment with the party, although the reasons for that alignment likely differ per respondent.

	4.4 Model 3: Performance, Ideological Congruence, and Policy Positions
“Economic performance” is highly significant in model 3, but surprisingly becomes not significant with the addition of the characteristic variables. Positive economic evaluations increased the odds of voting Trump in model 3. This is difficult to explain directly but supports the notion that perceptions of recent economic performance correlate to broader political beliefs. Trump voters may have been motivated by a belief that the economy was properly recovering from the economic recession, but that Trump was the right candidate to elevate it to economic greatness. This would explain why the economic performance variable stops being significant in model 4, but this is just one possible explanation. 
“Anti-interventionism” was not significant, suggesting that voters did not identify Trump as either particularly pro- or anti-war. As expected, support for “Building the Wall” did significantly increase odds of voting for Trump, with this effect somewhat decreasing with the addition of Trump’s characteristics. This too is expected, as it supports the notion that “Building the Wall” was somewhat symbolic of Trump’s brand and brazen personality (during the 2016 election). 
Similarly, ideological congruence was unsurprisingly significantly correlated to Trump voting in both model 3 and 4, but the effect decreases with the addition of the characteristic variables. This suggests that respondents did take Trump’s character into account.
	
	4.5 Model 4: Candidate-specific Evaluations
Lastly, “even-tempered”, “speaks mind”, and “knowledgeable” were not significant, whereas “strong leader”, “really cares”, and “honest” were strong predictors of Trump voting. This supports the posited notion that Trump voters identified him as a passionate leader rather than an expert or strategist, but this would require far more extensive analysis. This effect should not be overstated, however. The Nagelkerke R-squared only increased by 0,008, meaning the addition of Trump’s characteristics only increased ability of the model to explain the variability of Trump voting by 0.8%. Socio-structural variables and party identification proved to be much more important explanations for voting behavior.



Table 5: Regression models
	
	 
	Model 1
	 Model 2
	 Model 3
	 Model 4

	Age
	Ages 18-90
	0,021***
	0,024***
	0,021***
	0,022***

	Income level
	Income scale
	0,007
	-0,002
	0,009
	0,011

	Gender
	Female-Male
	-0,205**
	-0,006
	0,088
	0,093

	Religion
	Mainline Protestant (reference)
	
	
	
	

	
	Evangelical Protestant
	1,113***
	0,755***
	0,803***
	0,836***

	
	Roman Catholic
	1,612***
	0,915***
	0,823***
	0,827***

	
	Other Christian
	0,964***
	0,647***
	0,549***
	0,595***

	
	Other
	1,385***
	0,764***
	0,665***
	0,665***

	
	Non-religious
	0,238
	0,126
	0,285
	0,384

	Race
	White                          (reference)
	
	
	
	

	
	Black 
	0,862***
	0,731***
	0,815***
	0,708***

	
	Hispanic
	-2,180***
	-0,85*
	-0,629
	-0,484

	
	Other
	-0,494*
	-0,261
	0,236
	0,235

	Education
	High School Eq. or lower (reference)
	***
	**
	**
	**

	
	Associate or Bachelor
	0,431***
	0,169
	-0,139
	-0,227

	
	Master, Professional, Doctorate
	0,614***
	0,322*
	0,219
	0,151

	Employment
	Working           (reference)
	
	
	
	

	
	Unemployed
	0,356**
	0,341*
	0,286
	0,305

	
	Retired
	0,178
	0,131
	0,02
	-0,017

	Marital Status
	Spouse present (reference)
	
	
	
	

	
	Spouse absent
	0,489***
	0,276*
	0,164
	0,129

	
	Never married
	0,256
	0,093
	-0,02
	-0,065

	Party Id.
	
	
	0,672***
	0,463***
	0,368***

	Econ. Perform,
	 
	
	
	0,188***
	0,091

	Anti-Intervention
	
	
	
	-0,014
	0,048

	Build Wall
	
	
	
	0,311***
	0,192***

	Ideo. Congruence
	
	
	
	0,223***
	0,136**

	Knowledgeable
	
	
	
	
	0,065

	Even-tempered
	
	
	
	
	-0,029

	Speaks Mind
	
	
	
	
	0,046

	Honest
	
	
	
	
	0,181**

	Really Cares
	
	
	
	
	0,133*

	Strong Leader
	
	
	
	
	0,242***

	N
	
	3924
	3911
	3736
	3722

	R2
	
	0.240
	0.486
	0.557
	0.585


Standard errors p-value: 	* < 0.05	** < 0.01	*** < 0.001


5. Discussion
This thesis set out to examine the factors influencing the likelihood of voting for Donald Trump in the 2016 U.S. Presidential Election. Utilizing logistic regression analysis in SPSS, the study focused on a range of demographic, socioeconomic, political, and attitudinal variables, including age, income level, gender, religion, race, educational background, marital status, employment status, party identification, ideological congruence, two key policy positions, and evaluations of six of Trump's characteristics.
	To determine whether theories regarding Trump voting were reflected in the data, a binary classification of Trump vote or not was employed to facilitate logistic regression. This decision is important to keep in mind when discussing the findings. Although the focus of this analysis was on Trump voting motivations, it is possible that the findings are somewhat skewed by the combination of various groups into a singular “no Trump vote” group. A Clinton vote v. Trump vote variable could’ve been used instead, but this would have shifted the emphasis away from explaining what motivated Trump voting and towards an equal analysis of Trump and Clinton. In this research, I wanted to analyze what distinguished Trump voters from the rest of the voter base, but this naturally requires some presumption that the broader voter base is generalizable in some ways, at least in comparison to Trump voters. The results indicate that this is true for some variables, with others being somewhat precarious.
The results highlighted several key findings. Firstly, basic demographic and socioeconomic variables provided a foundational understanding of voting behavior, with the structural factors age, income level, gender, race, educational background, employment status, and marital status explaining a large part of the variability of the dependent variable. However, the findings here where not as clear cut as the literature would suggest. Contrarily, in model 1, female respondents were more likely to vote Trump, and black respondents were more likely to vote Trump in every model. Although some selection bias may affect the results, no evidence was found that ANES respondents who voted Trump were predominantly white men.
The inclusion of party identification in the model significantly improved its explanatory power, underscoring the importance of partisan loyalty in electoral behavior. Strong Republican identifiers were markedly more likely to vote for Trump, highlighting the pivotal role of party affiliation in shaping voter decisions.
Further enhancement of the model's fit was achieved by incorporating ideological congruence and policy positions. Respondents who identified as ideologically close to Trump and supported “Building the Wall” were significantly more likely to vote for him, indicating that ideological alignment and policy agreement were crucial determinants of voting behavior.
Finally, the inclusion of evaluations of Trump's characteristics further refined the model. Positive evaluations of some of Trump's characteristics were significant predictors of voting for him, suggesting that voters' perceptions of a candidate's personal attributes can significantly influence their electoral choices. Yet these effects should not be overstated, the inclusion of these characteristics only increased the R-squared by 0.008. 

5.2 Implications for Understanding Voter Behavior
The findings of this thesis have several important implications for understanding voter behavior in the context of the 2016 U.S. Presidential Election and beyond. Firstly, the study demonstrates the complexity of voter behavior, highlighting that electoral choices are influenced by a multifaceted combination of socio-structural, political, and attitudinal factors. This complexity necessitates comprehensive models that integrate a wide range of variables to accurately capture the determinants of voting behavior.
Secondly, the substantial impact of party identification on voting behavior underscores its primacy in electoral decisions. Partisan loyalty acts as a strong predictor of voting patterns, often outweighing other demographic and socioeconomic factors. This finding suggests that political campaigns and analysts should pay close attention to party affiliation when strategizing and predicting electoral outcomes.
Thirdly, the limited predictive power of evaluations of Trump's characteristics suggests that voters' perceptions of a candidate's personal attributes can significantly influence their voting decisions, but that these effects should not be overstated. This finding highlights the importance of candidate image and personal appeal in electoral campaigns, but characteristics seemingly only play a small role in respondents’ broader image of a presidential candidate.
Lastly, the surprising finding that black respondents were more likely to vote for Trump compared to white respondents warrants further investigation. This unexpected result challenges common assumptions about racial voting patterns and suggests that there may be underlying factors specific to the black community that influenced their support for Trump. Future research should explore these dynamics in greater detail to understand the nuances of racial influences on voting behavior.

	5.3 Theoretical Implications
These findings seem to support the claims of Tien & Lewis-Beck (2023). They argued that the commonplace conceptualization of Trump voters is not representative in electoral outcomes. The same seems to be true for this ANES data set. As mentioned in Chapter 2, Trump’s die-hard base may not be interested in critical analysis of Trump’s presidential campaign, but this part of the electorate is not reflective of his entire voter base. They argue sociological theories may explain the perspective of their respective subgroups. but moderate voters are still susceptible to other political motivators and mechanisms.  
Light’s theory regarding charismatic authority concerns the notion that evangelical and non-religious Trump voters similarly identified Trump as a hero or savior, but that claim is difficult to test using this analysis. Evangelicals were significantly more likely to vote Trump, and non-religious voters were not significantly likely to vote either way, indicating that Trump must have captured some part of the voter base. Moreover, characteristics only played a minor part in determining voting behavior, but it seems likely that respondents who did identify Trump as such a “charismatic authority” savior would agree with him on key policy positions, party identity, or ideological congruence as well. The underlying motivations for their support therefore cannot be concluded based on this data.
Alternatively, these findings also support the claims made by Giuliano and Wacziarg (2020), that Trump was able to connect with groups of Americans who felt they had little social capital. Trump’s image as an outsider and Clinton’s image of an insider might explain why Trump resonated with black respondents. This effect could be reinforced by the theory posited by Sides, Teller & Vavreck (2018). They argued Trump transcended traditional cleavages and resonated with preexisting frustrations regarding economic and immigration policy. The fact that black respondents were more likely to vote Trump than white respondents certainly supports that notion. This is further evidenced by the fact that Hispanic respondents and respondents of other races were initially significantly less likely to vote Trump, but this significance disappears in later models. Yet more positive evaluations of the state of the economy actually slightly increased the odds of voting for Trump in model 3, and no significant correlation was found in model 4. Support for “building the Wall” did significantly correspond to greater odds of Trump voting, as was to be expected. These findings support the notion that Trump successfully branded himself as an outsider challenging both sides of the political spectrum. Although this analysis is not sufficient to draw definitive conclusions, it certainly indicates that Trump’s campaign was able to circumvent many traditional cleavages by “hunting where the ducks are” (Sides, Teller & Vavreck, 2018, p.135). 

5.4 Limitations and Future Research
While this thesis provides valuable insights into the determinants of voting behavior, it also has several limitations that should be acknowledged:
The findings of this study are specific to the 2016 U.S. Presidential Election and the ANES data base. They may not be generalizable to other electoral contexts, especially considering Trump’s campaign as an outsider challenging both parties. Future research should replicate the study in different electoral settings and with different candidates to assess the generalizability of the findings. The study's cross-sectional design limits the ability to draw causal inferences from the findings. While the logistic regression models identify associations between variables and voting behavior, they do not establish causality. 
There may be other unmeasured variables that influence voting behavior, such as media consumption, social networks, and specific campaign events. This is especially true considering the large size of the U.S. voter base, the two-party system, and the “hunting where the ducks are” hypothesis.
The unexpected finding regarding certain groups’, especially black respondents, odds of voting for Trump highlights the need for further research on minority voting behavior. Studies should explore the specific factors that influence voting decisions within different racial and ethnic groups to understand the diversity of influences on electoral behavior. Exploring the intersectionality of different demographic and socioeconomic factors can yield valuable insights into the complex interactions that shape voter behavior. Future research should examine how overlapping identities, such as race, gender, class, and religion, influence voting decisions and how these intersections contribute to the overall electoral landscape.
Future research could also benefit from longitudinal studies that track Trump voter behavior over multiple election cycles. Such studies can provide insights into the stability and evolution of voting patterns and the factors that influence changes in voter preferences over time. By examining how voters' socio-structural political, and attitudinal characteristics interact across different elections, researchers can better understand the long-term trends and shifts in electoral behavior. Especially interesting here could be analysis of whether the tendencies discovered in this thesis persist in the 2020 and 2024 elections (assuming Trump will be the Republican candidate of course).
Moreover, the 2016 election marked a significant shift in the use of social media and digital platforms in political campaigns. Future research should explore the role of social media in shaping voter perceptions, mobilizing support, and disseminating information (and misinformation). Understanding the impact of digital campaigning strategies on voter behavior can provide valuable insights into the changing landscape of political communication and its effects on electoral outcomes.


6. Conclusion
The findings of this analysis underscore the complexity of voter behavior, highlighting the interplay of multiple influences on electoral choices. Party identification emerged as the critical determinant of voting for Trump. The unexpected racial dynamics warrant further investigation to understand the nuanced influences on voting behavior within different racial groups. The contributions of this thesis to the theoretical, methodological, and practical understanding of voting behavior provide valuable insights for future research and political practice. While the study has limitations, it opens up several avenues for future research to build on its findings and deepen the understanding of the factors shaping electoral decisions.
In conclusion, the study of voting behavior is complex and requires the integration of diverse variables and methodological approaches. Ideally, research would not have to rely on sources like the ANES which suffer from some degree of selection bias. Moreover, the size of the American voter base means each of the theories and variables could have warranted their own analysis. The goal of this thesis was to find out which of these theories and variables warranted such further analysis, however. This thesis is far from definitive in explaining what motivated Trump or non-Trump voting, but it contributes to the broader fields of voting behavior analysis and political science. In short, this thesis was somewhat successful in determining where the ducks are.
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