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Abstract

This study seeks to extend the research on the influence of the technology acceptance model
extended with trust and risk aversion on the user intention via sharing economy platforms,
specifically Uber. Although it is already known that perceived usefulness and perceived ease of use
have an influence on user intention, it remains unknown what effect different trust factors
moderated by risk aversion have. The current research broadens the understanding of how
disposition to trust, institution-based trust, and interpersonal trust as well as their interaction with
risk aversion influence the user intention for sharing economy platforms. This study carried out an
online survey to examine the consumers intention to use Uber based on seven variables. The data
indicates that perceived ease of use and disposition to trust itself as well as its interaction with risk
aversion have an influence on the user intention for Uber. However, data also indicates that
perceived usefulness, institution-based trust and interpersonal trust do not have an influence on user
intention. Additionally, institution-based trust and interpersonal trust have no interaction effect with
risk aversion. Thus, these findings indicate that consumers are only influenced by their disposition to
trust and perceived ease of use. Marketers should therefore design their sharing economy platforms
while taking into consideration that using it would be free of effort as well as creating familiarity in

order to increase the consumer’s user intention.



1. Introduction

1.1 Background

A concept that really emerged in the recent years is the sharing economy. This rapid growth is
related to the popularity of mobile intelligent devices and the improvement of information and
technology advancement, and users’ changing attitudes towards products (Botsman & Rogers, 2010;
Hamari, 2016). It is a new consumption model that has challenged the traditional business concept in
ways that it alters the modes of business and changed how and what people consume (Botsman &
Rogers, 2011). Within this new model, the sharing economy, we also find online platforms. Through
sharing economy platforms individuals or organizations share, distribute, and reuse products or
services, which all takes place online as the internet enables people to efficiently share information
with unprecedented ease (Grybaité & Stankeviciené, 2016; Hamari et al., 2016; Parson, 2014; Zhu et
al., 2017). As found in a survey conducted in the US by PricewaterhouseCoopers (2015), consumers
agreed that the sharing economy makes life more convenient and efficient, builds a stronger
community, is better for the environment, and it provides more fun for consumers than when
engaging with more traditional companies. The sharing economy allows for multiple industries to
participate such as house sharing, car sharing, and bicycle sharing. The option for consumers to share
or rent a car from each other is moreover one of the most well-known services through these
platforms. Consumers now opt for these platforms rather than from traditional businesses such as a
taxi company (Satama, 2014). Ridesharing has become an increasingly popular model of travel and
refers to transportation in which individual travelers ride the same car to go to a certain destination
(e.g. work, school, travel) and share the transportation expenses (Agatz et al., 2012; Furuhata et al.,
2013; Wosskow, 2014). In addition to this, ridesharing platforms are attractive to consumers because
they offer great flexibility, lower prices, better accessibility, interactive communication, ease of use,
and transparency (Dredge & Gyiméthy, 2015; Wallsten, 2015). In the transportation sector, Uber is a
sharing economy pioneer. Uber utilizes a mobile application provided by a transportation network
company to order a car ride online (Zhu et al., 2017). It provides ridesharing for people by connecting
independent drivers and customers (Hall, Kendrick & Nosko, 2015). Uber is now used over any other
mode of transportation as consumer preferences have changed with the growing technology. With
the simplicity of just a click for consumers on their smartphone, the platform leaves traditional taxi
services in the past (Wan et al., 2016). The main differences between Uber and taxi services are the
short wait times and that there is no restriction from picking up passengers in one particular
jurisdiction (Cramer & Krueger, 2016; Rayle et al., 2016). In addition to this, Uber uses a digital

platform to connect passengers and drivers where they share a service, unlike taxis. The sharing is



made possible due to smartphone characteristics including location awareness functions and internet
access which enable drivers and consumers to receive real-time information on each other’s
locations. As such, the use of smartphones makes it very easy for users to access the Uber mobile
application (Min et al., 2019).

In order to investigate the intention to use Uber, this research adopts the technology acceptance
model (TAM) (Davis, 1989) as the theoretical underpinning. The TAM recognizes the key factors that
affect the acceptance of an innovative technology which is in line with the innovative characteristics
of ridesharing and more specifically, Uber (Venkatesh & Davis, 2000). In this model there are two
factors that play a key role in determining the individuals’ information technology acceptance and
decision making, namely “perceived usefulness” (PU) and “perceived ease of use” (PEOU). Several
studies have made use of TAM to evaluate consumers’ intention to use sharing services and have
validated the usefulness and feasibility (Chen & Lu, 2016; Fleischer & Wahlin, 2016; Wang et al.,
2020). Therefore, the TAM provides the foundation for the research model in the current study.
However, the TAM only includes two factors while it is indicated that PU and PEOU only partly
explain the effects on user intention (Liu & Yang, 2018). As such, the TAM in this study is expanded
with additional factors in order to get a more complete explanation of the effects on user intention.
In e-commerce, trust is considered as an important factor because it has the characteristics of
helping interchange and reducing vulnerabilities (Harris & Goode, 2004). Moreover, it is considered
as an important factor in understanding consumer acceptance and better explains consumer
behavior in technology adoption (Belanche et al., 2012; Wang & Jeong, 2018). Hence, three different
types of trust will be integrated in the model as a third independent variable with a direct relation to
the intention to use Uber, making the TAM extended. The three types of trust are: disposition to
trust, institution-based trust and interpersonal trust. As trust is a rather vague term these
descriptions can lead to confusion. Thus, these three constructs are typologies of trust which need to
be distinguished from each other, as they are not exactly the same (McKnight & Chervany, 2001). For
example, what better leads to consumer adoption of a sharing economy platform, user institution-
based trust or user disposition to trust? Both are types of trust, but one may be much more crucial in
this situation than the other. Trust is one of the most basic factors for relationships between
consumers and organizations (Gefen et al., 2003) and it is crucial wherever risk exists (Mayer et al.,
1995; Mishra et al., 1998). Risk-averse individuals tend to overweight potential losses and negative
outcomes compared to potential gains. This heightened risk perception can shape how they assess
the trustworthiness of others and affect their willingness to trust (Kahneman & Tversky, 2013). As
such, risk aversion is added as a moderator for the types of trust. Sharing economy platforms,

including Uber, often require consumer to take on some level of risk which increases their value for



trust. Thus, the relationship between the types of trust and the intention to use a platform is

influenced by risk aversion.

1.2 Problem statement

The goal of this study is to examine which factors affect consumers to adopt Uber as their ridesharing
platform. Previous research has shown that TAM factors positively influence the intention to use
Uber (Min et al., 2019). However, it remains unclear how the extended TAM including types of trust
as a factor and moderated by risk aversion affects the intention to use Uber. Hence, the research

question and additional sub questions this study will aim to answer are:

To what extent does the extended technology acceptance model affect the consumers’

intention to use Uber?

- To what extent does perceived usefulness affect the consumers’ intention to use Uber?

- To what extent does perceived ease of use affect the consumers’ intention to use Uber?

- To what extent does perceived ease of use affect perceived usefulness?

- To what extent does disposition to trust affect the consumers’ intention to use Uber?

- To what extent does institution-based trust affect the consumers’ intention to use Uber?

- To what extent does interpersonal trust affect the consumers’ intention to use Uber?

- To what extent does risk aversion moderate the relationship between the types of trust and

the consumers’ intention to use Uber?

1.3 Relevance

The academic relevance of this study is the extension of the technology acceptance model, where
trust is added as a third factor and additionally is split up into three different types. Moreover, risk
aversion is added as a moderating effect on the types of trust. Several studies have made use of the
TAM or an extended TAM in the sharing economy research (Jung et al., 2021; Liu & Yang, 2018; Min
et al., 2019; Wang et al., 2020). However, the existing research has not yet examined the effect of
TAM expanded with different types of trust and the moderating effect of risk aversion on the user
intention for Uber. The types of trust have been taken from other fields and are applied for the first
time in this field, namely: psychology and sociology in the sharing economy. Building upon the
existing research and theories of these fields can lead to a more nuanced understanding of trust

dynamics in the sharing economy and facilitate comparisons and connections with findings from



other domains which can generate new insights. Risk aversion adds to this expansion even more.
Botsman and Rogers (2010) found that individuals with a high disposition to trust are more likely to
use sharing economy platforms, however they do not review the institution-based and interpersonal
trust. In general, the split up of trust in disposition to trust, institution-based trust and interpersonal
trust on user intention has not yet been researched. A consumer’s evaluation of risks associated with
engaging in the sharing economy can interact with the different types of trust. Concerns related to
the legal and regulatory risks of the platform can be reduced when users have confidence in its
governance and dispute regulations (Gansky, 2010), which refers to institution-based trust. Or
concerns about transactional risks can be mitigated via interpersonal trust by fostering confidence in
the reliability and integrity of individual users (Hamari et al., 2016). The different types of trust may
opt for different results. One type could be deemed more or less important for one’s intention to use
than another type. Furthermore, measuring trust through these different types adds to the
understanding of how technology is accepted. Each type of trust can affect behavior and decision-
making in different ways and can have important implications for why one intends to use something.
In addition to this, by looking at these types separately, researchers as well as practitioners can gain
a more nuanced understanding of the factors that shape one’s participation and outcomes in the
sharing economy. Examining risk aversion as a moderator allows to explore how a consumers’
aversion to risk interacts with different types of trust. This helps in uncovering whether this weakens
the relationship between trust (types) and the intention to use and thus provide a deeper
understanding of how risk impacts user intention. For academics, understanding how the extended
TAM affects user intention on a sharing platform will help set the agenda for research efforts since
the expansion of different types of trust as well as them being moderated by risk aversion adds to
existing knowledge.

Furthermore, this study has managerial relevance. First and foremost, it is beneficial for Uber
itself since it will show how they can potentially improve their platform regarding these factors (e.g.,
improve their conditions, being more predictable). Moreover, it is relevant for companies that also
want to start a ridesharing application or other ridesharing platforms that are already available in the
market as this research will show which factors need to be included in the design of the application
as well as their importance. In addition to this, the findings could be generalizable for other sharing
platforms that share similar characteristics with Uber since they deal with the same factors and want
consumers to use their application. Gaining a greater understanding of the trust factors and the
effect of risk aversion can, for example, help to inform the design of more effective trust-building
interventions, such as reputation systems, user feedback mechanisms, and regulatory policies, that
can enhance trust and social welfare on sharing economy platforms (Botsman & Rogers, 2010;

Mohlmann, 2015). It is beneficial for brands to have a well-designed application taking all factors into



account. Marketers must understand the extent to which certain characteristics and trust impact
user intention in order to incorporate this, since trust has a positive effect on the user’s behavioral
intention and so impacts the company’s profitability (Liu & Yang, 2018). Understanding that risk
averse individuals may require more assurances before trusting can help practitioners in developing
strategies that address the perceived risks and so enhance trust when designing an application.
Lastly, the findings can be beneficial to policymakers and business operators desiring to promote the
sustainable transportation of ridesharing. Although the findings of this study will not give guidance
on how the factors can be improved, they develop an understanding on the importance of these

factors which managers can keep in mind and then potentially use to improve current situations.

1.4 Structure

The study begins with a review of the literature on sharing economy platforms, and specifically the
characteristics of Uber as a sharing platform. Furthermore, the article will review user intention
based on the technology acceptance model. Then, it will review the literature on trust as an
extension of the technology acceptance model distinguishing three types of trust. In addition to this,
the concept of risk aversion and its moderating effect on the three types of trust is reviewed.
Thereafter, the study describes and justifies the empirical methods and explains the results. Finally,
implications for the study are presented along with a conclusion and a discussion as well as

recommendations and limitations.



2. Literature review

The aim of this section is to explain the key concepts of this study. First, the definition of the sharing
economy will be discussed, followed by an explanation of Uber and the definition of user intention.
Further, the TAM will be discussed and how the model is extended with trust as an additional factor
and its different types moderated by risk aversion. The section is concluded with the conceptual

model.

2.1 Sharing Economy

Sharing economy refers to the technology-enabled and temporary sharing or renting of personal
commodities involving a fee (Botsman, 2013). As claimed by Botsman and Rogers (2010), sharing
economy is an emerging internet-based business model because without the internet, the sharing
model cannot aggregate in huge scale and as such cannot be considered a type of economy. Further,
it can be defined as the sharing of underutilized assets, monetized or not, in ways that improve
community, sustainability and efficiency (Rinne, 2017) or as the use of digital platforms to allow
consumers to have access to, rather than ownership of, tangible and intangible assets (PWC, 2015).
Comparing the above definitions, they are all quite similar and incorporate the sharing or renting of
assets through the use of the internet or rather via digital platforms potentially involving a fee.
Therefore, the definition by Botsman (2013) will be used for the current study since it is clear and
includes all primary aspects. The sharing economy contributes largely to sustainable development
due to its innovative use of applications to productize services that improve resource-utilization
efficiency and can reduce resource waste. It is, therefore, believed that how the applications are
accepted by consumers is one of the most interesting aspects of the sharing economy (Liu & Yang,
2018). The consumer demand has driven the market from traditional production and selling to the
current holistic marketing concepts (Kotter & Keller, 2012). Furthermore, the sharing economy gives
consumers who lack sufficient funds to own specified resources the ability to pay a relatively small
price to satisfy their needs (Liu & Yang, 2018). In its origin, the practices of sharing economy were
believed to be not-for-profit initiatives (e.g., couch surfing) but have gradually grown into big

business models that earn from the sharing fee such as Uber (Cheng, 2016).

2.1.1 Uber

As mentioned before, Uber is one of those sharing economy platforms and has boosted the sharing

economy. Uber is an online peer-to-peer ridesharing service allowing people to lease or rent a ride.



Additionally, it is the largest ride-sharing service to date. Uber does not own any car and solely serves
as a broker that connects providers of cars with users of rides charging commission fees for each ride
(Lee et al., 2018). The success of Uber can be attributed to their user-friendly and convenient ride
booking app that uses real-time data to support an optimal customer experience, tracking and
feedback (Start.io, 2022). Stating the obvious, Uber allows one to hire a driver using a smartphone
from almost any location at any time. The software locates drivers circling nearby and generally
offers a selection of options, from cheap to more expensive. In advance, the price of the ride is set as
well as paid (Jalloh, 2021). Since the Uber app already knows where a passenger is, the driver does
not need to ask for an address. The same holds for the destination address, this is already filled in by
the passenger. Furthermore, payment details are already linked to the users account, so when the
ride has ended the passenger can just get out without exchanging cash. A receipt is sent out to the
user’s email, providing an option to rate the driver. Due to this rating system, unprofessional drivers
are weeded out and leaves the polite drivers in (Jalloh, 2021). The above factors create a positive

experience for Uber customers.

2.2 User intention

The intention to use is a concept of the TAM and can be defined as “the strength of one’s intention to
perform a specific behavior” (Ajzen & Fishbein, 1975, p. 12). In addition to this, it is the most
important determinant of an individual’s actual behavior and as such, one’s probability that he or she
will perform certain behavior, which in this case is the intent to use Uber (Zarmpou et al., 2012;

Zhang et al., 2012).

2.3 Extended Technology Acceptance Model

The technology acceptance model (TAM) by Davis (1989) is the most influential and widely used
theory to understand user acceptance of technology (Lee et al., 2011). TAM determines user attitude
(zarmpou et al., 2012; Zhang et al., 2012) as well as recognizes the role of perceived usefulness (PU)
and perceived ease of use (PEOU) in understanding user acceptance in information systems. The
TAM asserts that PU and PEOU determine technology acceptance and that they are the key
antecedents of behavioral intentions to use information technology (Lee et al., 2011). The model has
derived from the theory of reasoned action (TRA) (Ajzen & Fishbein, 1975) and the theory of planned
behavior (TPB) (Ajzen, 1985). As assumed by Ajzen and Fishbein (1975), individuals are usually quite
rational, and they make systematic use of information. Therefore, they developed a theory to

understand and predict behavior and attitudes where the TRA looks at the behavioral intentions as
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the main predictors of behavior rather than the attitudes. However, it became apparent that the TRA
had several limitations and was not adequate. The element of perceived behavioral control was
added which resulted into the TPB, which is an extension of the TRA. According to TPB, the intent to
perform certain behavior is the determiner of the individual’s performance of that behavior. Its
purpose is to understand and predict motivational influences on the behavior that is not under the
individual’s volitional control as well as to identify where and how to target strategies for changing
the behavior (Maranguni¢ & Granié, 2015). However, it again became apparent that there also were
some limitations to this theory. As such, Davis adapted both theories and proposed the TAM. In later
studies, TAM has been simplified by removing the attitude towards an innovative technology (Cheng
& Huang, 2013; Park et al., 2014; Venkatesh & Davis, 2000; Wu et al., 2011). Partly because the
measurement of the attitude construct is hard and partly because the mediation effect of attitude as
a mediator between perceived usefulness, perceived ease of use and user intention is weak (Chen,
2008; Lee & Lehto, 2013; Venkatesh et al., 2003; Yen et al., 2010). Furthermore, it is suggested that
the simplified TAM may be more predictive than the original TAM (Venkatesh, 2000). And
additionally, it was found that perceived usefulness and perceived ease of use have direct positive
influences on user intention (Mallat et al., 2009). Therefore, the simplified model will be used again,
however, with an extension of trust as this has found to be a significant factor in influencing
consumers behavior towards a specific technology (Gefen & Straub, 2003; Holsapple & Sasidharan,
2005; Tsu Wei et al., 2009). The addition of trust to the TAM is shown to be an important factor in
understanding consumer acceptance (Egea & Gonzalez, 2011) and measuring the different types of
trust can provide an even better explanation of consumer behavior in technology adoption. In the
context of sharing economy platforms, trust is especially important as this is an online environment
where the need for it is high due to socially distant relationships (Jarvenpaa et al., 2006). Measuring
trust then through the different types can show which type of trust is perhaps deemed more
important in the sharing economy. Investigating how the factors seperately influence a consumer’s
intention in using a platform can thus gain a better understanding of consumer behavior on
technology acceptance and so the intention to use. Furtermore, the moderating effect of risk
aversion on trust has been added to the model. Risk-averse consumers may require stronger
assurances before placing trust in a platform which affects the relationship between the types of
trust and the intention to use. Measuring the effect of this additional factor can provide even more

clarity on the user intention in the sharing economy.

2.3.1 Perceived Usefulness

11



Perceived usefulness is one of the two key exogeneous constructs of the TAM and is defined as “the
degree to which a person believes using a particular system would enhance his or her job
performance” (van der Heijden, 2003, p. 542). In addition to this, it is seen as the extent to which use
of the technology is thought to be helpful and useful (Legris et al., 2003; Venkatesh & Davis, 2000). In
the context of ridesharing, perceived usefulness refers to the extent to which consumers think that
using a ridesharing service, in this case Uber, is useful to obtain goals such as increasing trip
convenience, mitigating traffic congestion, lowering the expenditure on commuting, and reducing
energy consumption (Wang et al., 2020). Consumers are more willing to experience an innovative
technology if it is beneficial to an aim, and as such this has an influence on the decision whether to
use it or not (Park et al., 2014). Ramayah and Ignatius (2005) also believe that the power to attract
consumers lies in the technology’s ability and usefulness, which is in line with the definition of
perceived usefulness. As such, the more useful the technology, the higher one’s desire to use it.
Thus, when consumers belief that using Uber would increase one’s performance, they are likely to
make use of it (Davis, 1989). Furthermore, the intention to use depends on cognitive choice where
one decides on whether the tradeoff is beneficial, which relates back to increasing one’s
performance (Ramayah & Ignatius, 2005). Thus, when one perceives Uber as useful in the decision-
making process, this can directly impact their intention to use it. Additionally, previous studies have
indicated that perceived usefulness is positively associated with user intention (Cheng & Huang,
2013; Park et al., 2014; Tan et al., 2014). Therefore, perceived usefulness is expected to have a

positive influence on the user intention.

H1: perceived usefulness is positively related to the consumers’ intention to use Uber.

2.3.2 Perceived Ease of Use

Perceived ease of use is the other key exogeneous construct of the TAM and is defined as “the
degree to which a person believes that using a particular system would be free of effort” (van der
Heijden, 2003, p. 542). In addition to this, it is seen as the extent to which use of technology is
thought to be effortless and easy (Venkatesh & Davis, 2000). In the context of ridesharing, perceived
ease of use is referring to the extent to which consumers think that using a ridesharing service, in this
case Uber, is not too difficult (Wang et al., 2020). Consumers are more willing to experience an
innovative technology if it is easy to use (Park et al., 2014). When a product or service is easy to use,
it requires less cognitive effort to understand and is more convenient, which again makes it more
appealing to consumers (Tversky & Kahneman, 1981). Thus, when Uber is perceived as “user-

friendly” by consumers, it is free of effort and they see no downsides to it, they are likely to be willing
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to make use of it (Ramayah & Ignatius, 2005). More concrete, the easier Uber is perceived to be
used, the higher the level of intention to use it. In turn, when Uber would be poorly designed, it
would be perceived less easy to use which decreases the user’s intention to use the platform.

Therefore, as well as perceived usefulness, perceived ease of use is expected to have a positive

influence on the user intention.

H2: perceived ease of use is positively related to the consumers’ intention to use Uber.

2.3.3 Perceived Usefulness and Perceived Ease of Use

Previous research has verified the positive influence of perceived ease of use on perceived usefulness
(Im et al., 2008; Polancic et al., 2010; Walczuch et al., 2007; Wang et al., 2008). This relationship is
based on the assumption that when a product or service is easy to use, users will be more likely to
perceive it as useful (Davis, 1989). Perceived ease of use can lead to more efficient and effective use
of a product or service. When a product or service is easy to use, users are more likely to use it
correctly and to achieve their goals more quickly with less effort. This can then increase perceptions
of the product or service's usefulness. In the context of sharing economy platforms, both are also
presumed to be closely linked as the argument is such that a user who perceives the platform is
effortless should in turn develop a tendency to perceive it as useful. Partly due to the fact that one
would inherently try to mold their perception of the platform based on their experiences in engaging
with the platform and the ease in which the task was executed (Ramayah & Ignatius, 2005).
Therefore, this same relationship is hypothesized in this research, namely perceived ease of use has a

direct positive influence on the perceived usefulness (Davis, 1989).

H3: perceived ease of use is positively related to perceived usefulness.

2.3.4 Trust

Although PU and PEOU are positively related to the intention to use, it is indicated that they only
partially explain the user intention (Liu & Yang, 2018). Therefore, the TAM in this study is extended
with trust as a third factor. Trust plays a crucial role in the sharing economy, particularly in platforms
such as Uber. In this context it can be defined as “a users’ subjective perception that the sharing
economy platform will fulfill their transactional obligations as the users understand them” (Kim et al.,
2009, p. 239). In the online environment, where interactions are socially distant and less controllable,

trust becomes even more important. (Jarvenpaa et al., 2006). Consumers need to have a sufficient
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trust basis to engage successfully with the sharing platform. Factors such as transparency of
demographic data, GPS location, one-time shared rides, interactions with strangers, and the usability
of mobile applications all contribute to the implications of trust (Chen et al., 2009; Jiang et al., 2009).
When consumers trust the sharing platform and perceive a low likelihood of it breaching
transactional duties, they are more likely to use the platform. Trust is especially crucial in the sharing
economy because it involves mutual trust considerations among peers, trust in the platform itself,
and trust in the specific product or resource being shared (Hawlitschek et al., 2016). Building and
sustaining trust in the sharing economy is complex, but when trust is increased, it can have positive
effects on consumer decisions to use or intend to use the platform (Arteaga-Sanchez et al., 2020;

Hawlitschek et al., 2018).

2.3.5 Types of trust

As trust is quit a broad concept, a construction of trust typologies has been created where a
distinction is made between the different types. These constructs lead to a model of three different
trust types, namely: disposition to trust, institution-based trust, and interpersonal trust (McKnight &
Chervany, 2001). The constructs are all discriminant from each other. An explanation of the three

different types will now follow.

2.3.5.1 Disposition to trust

Trust can be affected by changes in one’s social environment which describes the foundations of
disposition to trust (Glanville & Paxton, 2007). Disposition to trust comes primarily from trait
psychology and refers to the trust in general others. Thus, one trusts others generally. Disposition to
trust is cross-personal as well as cross-situational because it reflects the extent to which the trustor
has a general tendency to depend on others across a broad spectrum of situations and persons
(McKnight & Chervany, 2001). This tendency is not driven by experience with or knowledge of a
specific trusted party (McKnight et al., 1998). More concrete, it means that one has a general
propensity to be willing to depend on others which reflects from one’s faith in humanity and
tendency to trust others based on their lifelong experience and socialization (Gefen, 2000; Mayer et
al., 1995). As such, disposition to trust is most effective in the initiation phases of a relationship when
there is still mostly unfamiliarity between the parties (Rotter, 1971). For Uber, this would mean that
consumers depend on the platform without necessarily having a direct experience or specific
knowledge with and about the platform. It could be that a high disposition to trust others, perhaps
through experiences with other sharing platforms, influences consumers to trust Uber and so the

intention to use it (McKnight & Chervany, 2001). More specifically, consumers with a high disposition
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to trust are more likely to have the intention to use said platforms, as they are more open to trusting
the system, providers or other users. Thus, when one is willing to depend on Uber, the intention to

use the platform will increase.

H4: disposition to trust is positively related to the consumers’ intention to use Uber.

2.3.5.2 Institution-based trust

Institution-based trust derives from sociology and refers to the trust in the situation or structures. It
is trust that is based on recommendations and guarantees from third parties (Shapiro, 1987, Zucker,
1986). This type of trust exists when trust is tied to third-party structures independent of dyadic
actions (Pavlou & Gefen, 2004). More specifically, action is determined by the environment or
situation and not by factors within the person. Institution-based trust is situation-specific but cross-
personal meaning that one trusts the specific situation but does so irrespective of the specific people
in that situation (McKnight & Chervany, 2001). Institution-based trust is especially suited for the
online environment where consumers predominantly transact with new and unknown users under
the aegis of third parties who provide an institutional context (Pavlou & Gefen, 2004). It is suggested
that institution-based trust is the most important mode of trust creation in these environments
where users may come from different social and cultural backgrounds and there is no previous
interaction (Zucker, 1986). For Uber, this would mean that consumers believe that favorable
conditions are in place which are conductive to situational success in an aspect of one’s live (Lewis &
Weigert, 1985; Shapiro, 1987). Favorable conditions here refer to the legal, regulatory, business, and
technical environment perceived to support success (McKnight & Chervany, 2001). As such, when
consumers have trust in the legal and regulatory framework that governs the platform, they perceive
it as legitimate and secure which influences their intention to use (Bélanger & Carter, 2008). Thus,
beliefs that Uber has legal or regulatory protections for consumers. Hence, when one believes all of

this is in place, the intention to use Uber will increase.

H5: institution-based trust is positively related to the consumers’ intention to use Uber.

2.3.5.3 Interpersonal trust

Interpersonal trust derives from social psychology as well as economics and refers to the trust in
specific others. Thus, the specific other individual one trusts (McKnight & Chervany, 2001). Six (2007)
has defined it as a psychological state comprising the intention to accept vulnerability to the actions

of another party which is based upon the expectation that the other will perform a particular action
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that is important to you. Interpersonal trust has a person-specific direct object but is cross-situational
in that one trusts the person across various contexts (Lewicki et al., 1998). This type of trust consists
of trusting beliefs and trusting intentions. People are willing to depend on those they feel have
beneficial characteristics. In this case, it would mean that consumers believe that Uber has one or
more characteristics beneficial to oneself. The consumer wants Uber to be able and willing to act in
the consumer’s interest, be honest in transaction, and be capable as well as predictable at delivering
as promised. Furthermore, consumers are willing to depend on Uber even though one cannot control
that party. It is reasonable to assume that strong beliefs that Uber is competent, honest, benevolent,
and predictable leads to a willingness to depend on the platform and as such intend to use it
(McKnight & Chervany, 2001). Thus, when one believes Uber acts rightfully, the intention to use will

increase.

H6: interpersonal trust is positively related to the consumers’ intention to use Uber.

2.3.6 Risk aversion

In order to increase the predictive power of the model it is useful to add the knowledge of a personal
characteristic (Cheng & Huang, 2013). Hence, the present research incorporates risk aversion into the
TAM as a moderator for trust to develop a more comprehensive framework to explore consumers’
intention to use Uber. Risk refers to the financial, product, performance, social, psychological,
physical, or time risks (e.g., inaccuracies in billing, privacy breaches, safety concerns) in the pursuit of
a desired outcome of using products or services (Featherman & Pavlou, 2003). Risk-averse individuals
have a strong preference for certainty and so tend to avoid uncertain situations (Paek & Hove, 2017).
Additionally, they have a low tolerance for uncertainty and ambiguity, and may experience
discomfort or anxiety in situations where outcomes are unpredictable or associated with higher
levels of uncertainty (Paek & Hove, 2017). Moreover, one is more sensitive to potential losses than to
potential gains. This loss aversion is a cognitive bias (Kahneman & Tversky, 1979). Therefore, a risk-
averse individual would prefer to minimize exposure to potential risks whenever possible. Sharing
economy platforms often require users to take on some level of risk, such as sharing personal
information with strangers, or trusting that shared goods or services will be returned in good
condition. In the context of ridesharing services, and thus Uber, consumers have many concerns as
they are worried about e.g., the security risk, privacy risk, and surcharge justification risk when
deciding to make use of the service (Kim et al., 2017; Schor, 2016). These risks refer to the potential

danger or harm that users might face during their ride, concerns related to the protection of users'
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personal information and data during their interaction with the ridesharing service, and concerns
about the transparency and fairness of pricing during peak hours or high-demand periods. As such,
the need for trust is especially acute in these situations where risks could appear, related to the
vulnerability or uncertainty about an outcome (Doney et al., 1998; Mayer et al., 1995). Therefore, it
is assumed that consumers who are more risk-averse may place a higher value on trust and may
require more assurances that their risks are being mitigated before making use of the platform,

which in this case is Uber.

2.3.6.1 Disposition to trust and risk aversion

As aforementioned, it is expected that disposition to trust has a positive influence on the intention to
use. When consumers recognize familiarity in Uber, they are more likely to have the intention to use
it. However, this relationship could potentially be weakened by risk aversion. More specifically, an
increase in risk aversion leads to a weakened effect for the relationship between disposition to trust
and user intention. This consideration aligns with established theories emphasizing the critical role of
trust in situations characterized by unfamiliarity or uncertainty, which is particularly pertinent in
sharing economy platforms (Gambetta, 2000; Giffin, 1967; Zand, 1972). Moreover, previous research
illustrates how a lack of familiarity with a technology can amplify the perception of potential risks
(Boholm, 1998; Richardson et al., 1987). Additionally, perceived risk is a factor in effecting social
behavior and characteristics of risk appear important in shaping human cognitions (Richardson et al.,
1987). As such, when one is very risk averse, the relationship between disposition to trust and
intention to use Uber is weakened. More precisely, risk aversion has a negative effect on the
relationship between disposition to trust and intention to use; the higher the risk aversion, the
weaker the relationship between disposition to trust and user intention. The relationship changes
depending on the height of risk averseness. In short, risk aversion serves as a moderator variable.
Thus, the heightened focus on unfamiliarity risks driven by risk aversion weakens the link between

the disposition to trust and the intention to use the service.

H7: the relationship between disposition to trust and the intention to use Uber is weakened

by risk aversion.

2.3.6.2 Institution-based trust and risk aversion

Moreover, it is expected that institution-based trust has a positive influence on the intention to use.

When one believes favorable conditions are in place for Uber, they are more likely to have the
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intention to use it. However, this relationship can be weakened by risk aversion. As mentioned
before, consumers would like to believe that favorable conditions are in place (legal and regulatory
protections). It is found that the weaker one perceives privacy-protection regulations, the more
strongly the individual perceives the risks of information being used and shared inappropriately (Lwin
et al., 2007). Additionally, individuals with higher concerns about risks prefer stricter regulatory
controls (Okazaki et al., 2009). As such, the relationship between institution-based trust and
intention to use is weakened by worries about risks that these are not in place. Risk averse
individuals pay more attention to potential risks which may outweigh their initial trust as a result of
their cognitive inclination to avoid negative outcomes and protect themselves from potential losses.
This bias can lead to an overemphasis on risks which weakens the relationship between trust and
intention (Baumeister et al., 2001). Thus, when one has institution-based trust and so the intention
to use Uber but sees risk in the (absence of) legal and regulatory protections for consumers, this
effect is weakened. The heightened focus on risks in the favorable conditions weakens the link

between the institution-based trust and the intention to use.

H8: the relationship between institution-based trust and the intention to use Uber is

weakened by risk aversion.

2.3.6.3 Interpersonal trust and risk aversion

Lastly, it is expected that interpersonal trust has a positive influence on the intention to use. When
one believes Uber acts rightfully, they are more likely to have the intention to use it. However, again
this relationship can be weakened by risk aversion. Trust becomes more important for consumers in
situations of uncertainty (Kim et al., 2009). As aforementioned, consumers would like to believe that
Uber acts rightfully as they are not able to control this party and whether they act in the consumers’
interest. As such, when one is uncertain about these rightful actions and so cannot control it, the
relationship between interpersonal trust and intention to use is weakened. Risk averse individuals
may seek more assurances and guarantees that a sharing platform is competent, honest, benevolent,
and predictable as they are not able to control this other party. Thus, when one has interpersonal
trust and so the intention to use Uber but sees risk in not being in control, the effect is weakened.
The heightened focus on rightful actions driven by risk aversion weakens the link between the

interpersonal trust and the intention to use.

H9: the relationship between interpersonal trust and the intention to use Uber is weakened

by risk aversion.

18



The conceptual model below represents a relationship between trust and its different types,

2.4 Conceptual framework

perceived usefulness, and perceived ease of use on the intention to use Uber. Risks aversion holds as

a moderator for trust and there is a mediating effect between perceived usefulness and perceived

ease of use.

Figure 1. Conceptual framework
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3. Method

The methodology section of this research introduces the used method to generate data. It provides
information on how the data was collected, the design of the questionnaire, which population was

chosen, and elaborates on the reasons behind the chosen approaches.

3.1 Research strategy

The objective of this study is to investigate the influence of types of trust, risk aversion, perceived
usefulness, and perceived ease of use on the user intention for Uber. The study intends to identify
the relationship between the TAM with the extension of types of trust and risk aversion on user
intention. In order to gain representative information, a quantitative survey has been designed.
Survey research is defined as "the collection of information from a sample of individuals through their
responses to questions" (Check & Schutt, 2012, p. 160). A survey instrument is often used to describe
and explore human behavior and therefore frequently used in social and psychological research
(Singleton & Straits, 2009). Survey research in the form of a questionnaire has the purpose to obtain
information describing characteristics of a large sample of individuals of interests relatively quickly
(Ponto, 2015). Gathering the necessary data will help to test or attempt to prove the hypotheses. The
purpose of the survey research strategy is to collect a meaningful data summary with the ability to
gather large amounts of information and having the availability of validated models. The data
collection method has been done in the form of a questionnaire that took place online. Respondents
were shown a list of 35 questions which aimed to gain more insight on what effect the independent
variables have on the dependent variable.

The questionnaire was developed in Qualtrics since it holds for target-accessibility, and it is more
time efficient. In addition to this, it is provided by Radboud University. Before collecting data from
the target participants, a pilot test was conducted to evaluate the clarity of the questionnaire in the
layout, order, and wording. Finally, the link to the survey was posted on Instagram, WhatsApp,
Facebook, Snapchat and Surveyswap to collect the data. The formal survey was conducted from May

3, 2023, till May 9, 2023.

3.2 Sampling

The population chosen for this survey research are adolescents and adults in The Netherlands,
ranging from the ages of 18 to the ages of 65. The reason for this choice is that this is Uber’s target

market, which is very large. Although the platform seems to be more popular among the younger age
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segment of 16 to 24 years old (Start.io, 2022). Still, the larger age range is chosen as this will opt for
more respondents and again, is including everyone who Uber tries to target. However, 16- and 17-
year old’s are not included due to ethical reasoning. Furthermore, the chosen population needs to
have heard of Uber before, knowing that it is a ridesharing service, but not necessarily have used it.
The sampling procedure is mainly convenience but also partly snowball-sampling. Thus, firstly the
sample is taken from a group of people easy to contact via several social media platforms which will
reach most of the respondents. Additionally, it is partly snowball-sampling as respondents are asked
to recruit future subjects by sending the link to their acquaintances. All respondents are approached
through several social media platforms. They acquired the link for the survey through either
WhatsApp, Instagram, Facebook, Snapchat or Surveyswap. These several platforms allow for the
snowball-sampling, as respondents can send the link to their peers.

As a rule of thumb, in multivariate research, the sample size should be at least ten times larger
than the number of variables being considered (Hill, 1998). Therefore, at least seventy respondents
are needed for this survey. However, as a larger sample increases the statistical power of the
evaluation, the aim is at a hundred valid respondents. The survey is translated to Dutch since the

research is conducted in The Netherlands and will acquire mostly Dutch respondents.

3.3 Operationalization

A survey instrument was developed based on an extensive literature review. A total of 35 questions
modified to suit the context of the Uber platform were asked, including demographic characteristics,
perceived usefulness, perceived ease of use, types of trust, risk-aversion, and user intention for Uber.
The questionnaire was divided into two sections: a set of measurement items designed to capture
the constructs of the research model and demographic information. Five items were used to
measure PU, which were adapted from Wang, Wang, Wang, Wei and Wang (2018). Three items
measuring PEOU were also adapted from Wang et al. (2018). Furthermore, four items adapted from
Wu, Hu and Wu (2010) and were used to measure disposition to trust. To measure institution-based
trust, four items were adapted from Pavlou and Gefen (2004). Then, three items were adapted from
Manolova, Gyoshev and Manev (2007) to measure interpersonal trust. Six items were used to
measure risk-aversion, which were adapted from Mandrik and Bao (2005). Finally, three items
measuring user intention were adapted from Wang, et al. (2018). The measurement items were
developed through a concrete review of the existing literature on TAM, types of trust, risk aversion
and intention to use. Some of the wordings of the items were slightly modified for Uber. The scales in
this study are adapted from existing literature, thus the validity as well as reliability of the

measurement have been tested before. In addition to this, they were chosen as they have been used
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in similar contexts. The responses to the scale items were measured on a 7-point Likert scale

anchored between (1) ‘Strongly Disagree’ and (7) ‘Strongly Agree’.

Table 1. Scale items

Variable

Original item

Translated item

Perceived usefulness

Using Uber would enable me to
get to my destination more

quickly.

Door Uber te gebruiken, kan ik
sneller op mijn bestemming

kunnen komen.

Using Uber would improve my

commute performance.

Het gebruik van Uber zou mijn

woon-werkverkeer verbeteren.

Using Uber would make my tasks

easier.

Het gebruik van Uber zou mijn

taken gemakkelijker maken.

Using Uber can mitigate traffic

congestion.

Het gebruik van Uber kan
verkeersopstoppingen

verminderen.

Using Uber can reduce
greenhouse gas emissions and

energy consumption.

Het gebruik van Uber kan de
uitstoot van broeikasgassen en

het energieverbruik verminderen.

Perceived ease of use

If | wanted to use Uber, it would

be easy to me.

Als ik Uber zou willen gebruiken,

zou het gemakkelijk voor mij zijn.

If | wanted to use Uber, it would

be simple to me.

Als ik Uber zou willen gebruiken,

zou het voor mij eenvoudig zijn.

If | wanted to use Uber, | would

have no problems.

Als ik Uber zou willen gebruiken,

zou ik geen problemen hebben.

Disposition to trust

| tend to count upon other

people.

Ik heb de neiging om op andere

mensen te rekenen.

| generally have faith in humanity.

Ik heb over het algemeen

vertrouwen in de mensheid.

| generally trust other people
unless they give me reasons not

to.

Over het algemeen vertrouw ik
andere mensen, tenzij ze me
redenen geven om dat niet te

doen.

| generally trust other people.

Over het algemeen vertrouw ik

andere mensen.

Institution-based trust

Uber can be trusted at all times.

Uber is te allen tijde te

vertrouwen.
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Uber can be counted on to do

what is right.

Op Uber kan worden gerekend

om te doen wat juist is.

Uber has high integrity.

Uber heeft een hoge integriteit.

Uber is a competent and
knowledgeable ride-hailing

service.

Uber is een bekwame en

deskundige ride-hailing-service.

Interpersonal trust

| have faith in Uber to look out for
my own interests even when it is

costly to do so.

Ik heb vertrouwen in Uber om
voor mijn eigen belangen te
zorgen, zelfs als dat kostbaar is

voor hen.

Uber is trustworthy.

Uber is betrouwbaar.

| know how Uber is going to act.
It can always be counted on to act

as | expect.

Ik weet hoe Uber gaat handelen.
Op Uber kan altijd worden
gerekend om te handelen zoals ik

verwacht.

User intention

| plan to use Uber.

Ik ben van plan Uber te gebruiken.

| intend to use Uber.

Ik neem me voor om Uber te

gebruiken.

| predict that | will use Uber as

long as | have access to it.

Ik voorspel dat ik Uber zal
gebruiken zolang ik er toegang

toe heb.

3.4 Procedure

The questionnaire was conducted in an online setting. All respondents acquired the link through
either WhatsApp, Instagram, Snapchat, Facebook or Surveyswap. After reading the introductory part,
respondents were informed and asked whether they gave consent as well as how old they are in
order to filter out the people that do not fit into the chosen population. Additionally, before starting,
respondents were asked if they are familiar with Uber in a sense that they heard of it and know it is a
ridesharing service. This could be answered with either ‘Yes’ or ‘No’. If they answered ‘No’ their data
was not applicable to this research and respondents were redirected to the end of the questionnaire.
Furthermore, respondents were asked what, according to them, Uber does. After answering this
guestion, they were given a short description of Uber. Then, the questionnaire started regarding the
influence of the factors on user intention for Uber. Starting with four questions about disposition to

trust, three questions about institution-based trust, and three questions about interpersonal trust.
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Followed by three questions about perceived ease of use. Then, seven questions asked about
perceived usefulness. Next, six questions about risk aversion. Lastly, three question about the user
intention for Uber. For the second part of the questionnaire, socio-demographic questions were
asked. These questions aimed at getting to know the basic information of the respondents, such as
their gender, age and education. Furthermore, respondents were asked whether they make use of
ridesharing services and which ones they use. After completing all the questions, participants were

thanked and dismissed from the questionnaire.

3.5 Data analysis

The statistics program SPSS Statistics 28, ADANCO and Excel were used to analyze the data. The
statistical method used for this research was a structural equation modeling analysis (SEM).
Structural equation modeling is a statistical technique that allows a set of relations between one or
more independent variables and one or more dependent variables, which are either discrete or
continuous, to be examined (Ullman & Bentler, 2012). It includes an estimate of measurement error
and does not assume variables are accurately measured. The SEM model consists of two
components, the measurement model, and the structural model. For the measurement model, a
confirmatory factor analysis (CFA) is conducted which estimates to determine whether the indented
constructs are indeed measured by the underlying latent variables. The structural model then is
tested to investigate the strength and the direction of the relationship between the theoretical

constructs.

3.6 Ethics

The research is conducted following the general research restrictions of Radboud University.
Participation in this survey was optional and no financial incentive was offered. Before the beginning
of the questionnaire, respondents were informed about the purpose of the research, the topics
covered in the study, and the expected duration. Respondents have the possibility to leave the
guestionnaire at all times and their data will be processed anonymously. The generated data from
this survey will be stored in secured data bases provided by Radboud University and in accordance
with the General Data Protection Regulation. The data will solely be used in this Master Thesis as well
as during its defense presentation. After informing the respondents about everything (e.g., voluntary
participation, withdrawing, data storage), they were able to utterly agree to informed consent.

Lastly, contact details are provided in case the respondents would have some questions or comments

concerning the research or would like to receive the results of the research.

24



The role of the researcher throughout this research is as follows. The goal of the researcher is
to stay objective in order to be able to have good quantitative research (Research Ethics in
Quantitative Research, 2021). The objectivity of the data is shown in the statistical output of the
gathered data presented in the Appendix of the research. Furthermore, objectivity is shown in the
process leading up to the conclusion. The research can be replicated and tested, as transparency has

been provided throughout the whole writing process.
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4. Results

In this chapter the findings from the collected data are presented.

4.1 Data cleaning

The sample originally consisted of 160 subjects, however, after cleaning the data it resulted in a
sample of 115 subjects. Due to incomplete responses, 45 subjects had to be removed. All these
respondents stopped the questionnaire before filling in all the questions related to the core
variables. The data did not contain missing values for respondents that completed the entire
guestionnaire. As the population for this research needed to be between the ages of 18 and 65,
participants were asked to fill in their age. To ensure that participants were familiar with Uber, they
were asked to answer this question with either ‘Yes’ or ‘No’. Then, after data cleaning regarding
these checks, the sample has only 101 subjects left, meaning that 14 more respondents had to be
removed. Those were either younger than 18, older than 65 or they were not familiar with Uber. The
data did not contain any straightliners and the few outliers in the dataset represented natural

variations in the population which are thus seen as true outliers (Appendix 2).

4.2 Sample description

The demographic profile of the sample is as follows. The subjects consisted of 46.5 percent males
and of 52.5 percent females. The largest group of respondents were between the ages of 21 and 25
with a total of 70.3 percent. The minimum age of the dataset was 21 and the maximum age of the
dataset was 65. As such, the age range of the data was 44. The mean age was 31.3 and the standard
deviation was 13.792. For highest level of education, hbo-bachelor/master, wo-bachelor/master and
doctor were the largest group consisting of 87.1 percent of all respondents. Furthermore, 22.8
percent of the group of respondents has never made use of ridesharing services before and 73.3
percent has made use of Uber (Appendix 2). In addition to this, the sample was not always
representative. The chi-square tests for age and education were both significant (p<0.01), meaning
that the sample was not representative. As such, the data does not accurately represent the entirety
of the population and can therefore lead to incorrect results. However, for gender the value was
insignificant (p=.188) which means there was no deviation between the proportions in the sample

and the population (Appendix 2).
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4.3 Evaluation of the measurement model

The reliability and validity of the measurement model were verified before the verification of the
structural model. For PLS only one assumption needed to be checked, namely that all constructs are
correlated with each other (Hair et al., 2010). This can be checked in the inter-construct correlation
table via ADANCO and has been met (Appendix 3). The measurement model has been evaluated on
several elements, namely the indicator reliability, construct reliability, convergent validity and

divergent validity.

4.3.1 Initial measurement model

A confirmatory factor analysis (CFA) was conducted for the measurement model, in order to assess
how measured variables logically and systematically represent the constructs involved in the
hypothesized model. The measurement model examines the relationship between the latent
variables and their measures. First, indicator reliability was analyzed. According to Hair et al. (1998),
the standardized factor loadings of all items should be higher than the suggested benchmark of 0.70.
However, indicator loadings between 0.40 and 0.70 should only be considered for removal when
exclusion of the items results in an increase in internal consistency or convergent validity above the
suggested benchmark (Hair et al., 2021). The initial measurement model shows that the items PUx15
(0.4735), Riskx20 (0.5834), Riskx24 (-0.4324), and Riskx25 (0.6747) have an indicator loading below
the benchmark of 0.70. Firstly, Riskx24 is deleted from the measurement model, since its loading is
below 0.40. Additionally, the other three items are removed as well since this leads to an increase in

the AVE and Cronbach’s alpha for both PU and Risk (Appendix 3).

4.3.2 Final measurement model

The results of the final measurement model are shown in Table 2.

Table 2. Final measurement model

Factors | CR AVE HTMT Inst Int PEOU PU Risk Ul
Disp

Disp 0.6871

Inst 0.6312 0.2448

Int 0.6420 | 0.2132 0.8633

PEOU 0.7441 0.4211 0.6591 0.7072

PU 0.5689 0.0175 0.4402 0.4511 | 0.4057
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Risk 0.7464 0.0274 0.1273 0.1272 0.1629 0.2367

V] 0.8661 0.0106 0.5759 0.6331 0.6489 0.3679 0.1448

In order to test the construct reliability correctly, a Cronbach’s alpha was conducted to measure
whether the indicators consistently measure the same latent constructs. Cronbach’s alpha needs to
exceed a threshold of 0.7 (Henseler et al., 2016). The values ranged from .717 to .923, which are
considered as acceptable, good and excellent values (Taber, 2018). Therefore, reliability is met.

Based on Fornell and Larcker (1981), convergent and discriminant validity were adopted to
assess the validity of the constructs. The convergent validity was tested by the average variance
extracted (AVE) (Chiu & Wang, 2008). In this study, the values of AVE ranged from 0.569 to 0.866 and
achieved the requirement of the recommended level of 0.50 (Hair et al., 2006).

Lastly, discriminant validity is measured using the HTMT and the Fornell-Larcker criterion.
HTMT estimates the correlation between two constructs if they were perfectly measured and should
be below 0.9 (Hair et al., 2018). No values exceed this limit. Furthermore, the discriminant validity
was evaluated by comparing the square root of AVE values and the correlations between constructs
(Chiu & Wang, 2008). The diagonal elements in the correlation matrix are replaced by the square
root of AVE values, and these values are all larger than the correlations among constructs (Appendix
3). Consequently, the convergent validity and discriminant validity of this study are verified (Fornell &

Larcker, 1981). To conclude, the measurement model as shown in Figure 2 is considered sufficient.

4.4 Evaluation of the structural model

In this study, a structural equation modeling analysis was conducted. Once the measurement model
was correctly specified, a structural model was estimated to provide an empirical measure of the
hypothesized relationships among the research variables and constructs. When setting up the
structural model it appeared that the disposition to trust construct was a Heywood case, which is any
correlation coefficient, regression coefficient, factor loading, or similar parameter estimate having a
value that is impossible or very rare (Dillon et al., 1987). This can be caused by a sample that is too
small to adequately estimate the parameter (Farooq, 2022). Hence, in order to retain the latent
variable, two items needed to be excluded to elicit an effect. Alternatively, the option was to
transform the construct into a composite variable, retaining all items. Considering the minimal
disparity in effects, opting for the composite variable seemed the most suitable choice, enabling the

preservation of all items.
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44.1 R?value

Figure 2 shows the path diagram with the resulting standardized structural parameter estimates
included on the paths. In order to predict the key target constructs, it is important to assess the
structural model by evaluating the coefficient of determination (R?) (Hair et al., 2021). As indicated
by Table 3, only one of the R? values for the endogenous variables has surpassed the .26 value as
suggested (Cohen, 1988). User intention has a R? value of .547 and perceived usefulness has a R?
value of .124, which is below the threshold. This indicates insufficient reliable predictive power of the

model.

Table 3. R-Square

Construct Coefficient of determination (R?)
PU 0.1244
User intent 0.5473

4.4.2 Cohen’sf?

The effect size of f2 has also been evaluated for the structural model. Values of about 0.02, 0.15, or
.35 would indicate that the exogeneous variable either has a small, medium, or large effect on the
endogenous latent variable, respectively (Hair et al., 2021). In this study, perceived ease of use had a
large effect on user intention (f2 = .316) and perceived ease of use had a medium effect on perceived
usefulness (f2 = .142). Disposition to trust had a small to medium effect on user intention (f2 = .084).
Lastly, disposition to trust interacting with risk aversion also had a medium effect on user intention

(f2=.121). All the other effects were small.

4.4.3 Bootstrapping

The estimation of the structural model indicates that only two hypotheses were supported and thus,
not all hypotheses are consistent with the expected direction. To be specific, it is found that
perceived usefulness does not influence user intention and therefore does not support Hypothesis 1.
Perceived ease of use has a significant effect on user intention (6=0.511, t=5.66, p<0.001), which
supports Hypothesis 2. Furthermore, perceived ease of use was found to be significant in influencing
perceived usefulness (6=0.353, t=4.213, p<0.001), supporting Hypothesis 3. The indirect effect of
perceived ease of use on user intention, however, was not found to be significant. Moreover, the
results showed that disposition to trust significantly influenced user intention (6=-0.215, t=-

2.237, p<0.05), however with a negative path coefficient, thus not supporting Hypothesis 4. Next, it is
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found that Hypothesis 5 is not supported as institution-based trust does not influence user intention.
Then, the analysis reveals that interpersonal trust is marginally significant on user intention

(6=0.256, t=2.708, p<0.01), meaning that there could possibly be some kind of effect. However,
Hypothesis 6 is not supported. Further, the results show that there is an interaction effect for
disposition to trust and risk aversion, which significantly influence user intention

(6=0.207, t=1.927, p=0.0543). However, it does not weaken the relationship and so, is not in line with
expectations. Therefore, Hypothesis 7 is not supported either. In addition to this, contrarily to what
was hypothesized, risk aversion does not interact with institution-based trust and interpersonal trust.

As such, Hypotheses 8 and 9 are not supported.

4.4.4 Path coefficients

The direction of the effects has been evaluated and the path coefficient must be at least 0.100
(Huber et al., 2008). For disposition to trust there is a negative coefficient which means that an
increase in this variable leads to a decrease in user intention (6=-0.215). For interpersonal trust it
means that an increase in this variable leads to an increase in user intention (8=0.207). For perceived
ease of use this means that an increase in this variable leads to an increase in user intention
(6=0.511). In addition to this, it means that an increase in perceived ease of use leads to an increase
in perceived usefulness. Then, for the interaction effect for disposition to trust and risk aversion it
means that an increase in risk aversion leads to a stronger relationship between disposition to trust

and user intention (6=0.256).

Table 4. Direction, size and significance of the effects

Effect Beta Cohen’s f2 p-value (direct)
Disposition > User intent -0.2153 0.0842 0.0255
Institution > User intent 0.1228 0.0140 0.2602
Interpersonal > User 0.2074 0.0382 0.0543
intent

PEOU > PU 0.3527 0.1421 0.0000
PEOU > User intent 0.5106 0.3161 0.0000
PU > User intent 0.0777 0.0108 0.3391
Risk > User intent 0.0117 0.0003 0.9077
Disp_Risk > User intent 0.2562 0.1205 0.0069
Inst_Risk > User intent 0.0131 0.0003 0.9095
Int_Risk > User intent 0.0725 0.0109 0.5254
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Figure 2. Graphical representation of the model.
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5. Discussion

The aim of this chapter is to discuss as well as conclude the results in order to answer the research

guestions. Furthermore, some implications are given.

This study aimed to answer the following research question: To what extent does the extended
technology acceptance model affect the consumers’ intention to use Uber?

The results of the analysis revealed that perceived ease of use has an influence on user
intention. The findings show that the easier Uber is perceived to be used, the higher the intention to
use is. These findings are consistent with what has already been found in literature, which is that
perceived ease of use is positively associated with user intention (Park et al., 2014). Moreover, the
results revealed that perceived ease of use has an influence on perceived usefulness. However, it was
found to be a full mediation. Thus, without perceived usefulness as a mediator there is no
relationship between perceived ease of use and user intention. These findings show that when Uber
is easy to use, the perceived usefulness is higher. This is consistent with what has already been found
in literature (Davis, 1989). Next, it has been revealed that disposition to trust has an influence on
user intention. However, this effect is negative. The findings show that the higher the disposition to
trust, so the trust in general others, the lower the intention to use Uber. These findings are
inconsistent with what has been found in literature, which is that disposition to trust is positively
associated with trust in unfamiliar situations (McKnight & Chervany, 2001). Trust is then positively
associated with user intention (Arteaga-Sanchez et al., 2020; Hawlitschek et al., 2018). In order to
understand the underlying mechanisms and contextual factors of this unexpected relationship it
would be necessary to further investigate. However, a potential explanation could be that despite
the C2C character, Uber has a commercial focus and consumers can expect a business-like treatment
(Mittendorf, 2017). So, even though one’s disposition to trust is high, this is not what they want from
a C2C environment. Lastly, the results revealed an interaction effect for disposition to trust and risk
aversion. While these findings are in line with the existing literature (Gambetta, 2000; Giffin, 1967;
Zand, 1972), they do not fully support the initially hypothesized relationship. The hypothesis posited
that the interaction effect would diminish the main effect of disposition to trust on user intention.
However, since there is no evidence of a positive main effect, it can only be concluded that risk
aversion actually enhances the main effect, making it less negative, but not that it reduces the main
effect as previously proposed. Contrary to the expectations, the following effects are all found to be
insignificant. The results of the survey revealed that perceived usefulness does not have an influence
on user intention. This is inconsistent with previous findings (Cheng & Huang, 2013; Park et al., 2014;

Tan et al., 2014). A possible explanation for this could be that user intention may be influenced by
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situational factors that extend beyond perceived usefulness alone. Consumers’ decision to use Uber
can be shaped by external circumstances such as geographic location, alternative transportation
options or time constraints (Kim et al., 2017). These factors may overshadow the influence of
perceived usefulness in shaping user intentions. Furthermore, the results revealed that institution-
based trust by itself as well as interacting with risk aversion has no influence on the user intention at
all. Then, the results also revealed that interpersonal trust by itself as well as interacting with risk
aversion has no influence on the user intention at all. However, the sole effect for interpersonal trust
on user intention was marginally significant as the p-value was only a little greater than 0.05. This
implies that there potentially still could be an effect. Nevertheless, sort of significant does not count
as significant and such results may be less likely to represent “true” effects. According to the data,
risk aversion does thus not weaken the relationship between these two types of trust and user
intention for Uber. These findings were inconsistent with what was expected. It was expected that
institution-based trust as well as interpersonal trust would positively affect user intention for Uber,
but as the results suggest this is not the case. The reason why institution-based trust and
interpersonal trust are not an influential factor of the consumers’ user intention for Uber could have
various reasons, namely: 1. Ridesharing is only a temporary short-term service, which means that
even on the off chance of a bad experience the perceived disservice is only of short duration. 2. It
might be hard to judge for potential customers whether Uber is really honest in transactions or
willing to act in the consumer’s interest (Mittendorf, 2017). More specifically, the temporary nature
of the ride can have an impact on the consumers’ evaluation of trust, as the consequences of a
potential negative experience are limited in duration. Furthermore, it can be difficult to evaluate the
honesty of Uber and whether they act in the consumer’s interest. It may be challenging to gauge
Uber’s honesty and intentions based on sporadic interactions or limited information as trust is often
built on consistent behavior and experiences over time (Chen et al., 2010; Shockley-Zalabak & Ellis,
2006). This uncertainty could weaken the influence of interpersonal trust on user intention.
Moreover, it was expected to find an interaction for institution-based trust as well as interpersonal
trust with risk aversion. A reason for this lack of interaction could be that Uber already implements
various mechanisms to mitigate risk and enhance user safety like GPS tracking and user ratings (Chen
et al., 2009; Jiang et al., 2009). Users might already feel reassured by the safety mechanisms in place,
which could lessen the additional impact of risk aversion on their intention to use the service. In
essence, the existence of these safety measures acts as a buffer against the potential negative effects
of risk aversion on institution-based trust and user intention. As such, there is no interaction
between these types of trust and risk aversion. This could then diminish the influence of institution-

based trust on user intention. These measures, however, are more institutionally driven rather than

33



based on interpersonal trust. As such, these do not interact and further reduce the influence of
interpersonal trust on user intention.

To conclude, disposition to trust and perceived ease of use have an influence on the user
intention for Uber. Furthermore, perceived ease of use has a positive influence on perceived
usefulness. While perceived usefulness does not have a direct influence on the user intention, it does
have an influence in the form of a mediation. Risk aversion then moderates the relationship between
disposition to trust and user intention. However, institution-based trust and interpersonal trust do
not have an influence on user intention for Uber. Additionally, risk aversion does not moderate the
relationship between institution-based trust as well as interpersonal trust and user intention.
Therefore, several of the proposed hypotheses are not supported and these factors do not influence

user intention, as an answer to the research question.

5.1 Implications

As now concluded, the present research has shown us that institution-based trust and interpersonal
trust as well as when they are interacting with risk aversion are not important regarding an increase
in user intention. Although the findings are partially inconsistent with its predictions, the study has
potential implications. The findings imply that even though these two types of trust would be high,
consumers still do not have the intention to make use of the sharing platform. It seems that
respondents’ user intention is not directly influenced by favorable conditions that are in place and

rightfully acting.

5.1.1 Theoretical implications

It is concluded, as it is undoubtedly expected after an intense study of the TAM models, that user
intention is affected by perceived ease of use. Additionally, it is affected by disposition to trust. The
verification of this disposition to trust hypothesis is a significant contribution to the TAM literature. It
is a concept borrowed from the psychology field; so, its implementation in a survey regarding the
sharing economy suggests a new perspective. It is a verification indicating that sharing economy
platforms need also a psychological prediction approach in order to get successfully adopted.
Disposition to trust refers to the general trust in others. Understanding that this trust is not solely
determined by the immediate context of the technology but is influenced by an individual's
dispositional tendency to trust others can guide further research in areas related to trust and user
intention, providing a deeper understanding of the mechanisms underlying technology usage. Based
on the results of this study, disposition to trust is deemed the most important trust factor for the

intention to use as it is the only significant one. Moreover, it is found to interact with risk aversion,
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which influences the relationship of disposition to trust and user intention. Therefore, it is an

important addition to the TAM in this context.

5.1.2 Managerial implications

The conclusions of this study can help practitioners evaluate their development decisions based on
the emphasis they place on the different factors which influence the intention to use Uber or other
sharing economy platforms. Companies and organizations involved in the sharing economy platform
development could use these as a consultancy tool while designing a new platform. Firstly, the
disposition to trust should be given priority. However, as this is about the general trust in others
without having prior experience with a platform, this is not really something developers can change
in their own platform. But since it is also based on previous experiences, they can increase familiarity
by designing a high-quality platform, recognizable platform interfaces, and transparent processes.
Additionally, the moderating effect of risk aversion on disposition to trust is important to note.
Recognizing the influence of risk aversion can help developers in designing communication and
assurance strategies for their platform that address individuals' risk concerns and so build trust
effectively. This can be achieved by e.g., emphasizing the reliability of the service or highlighting risk
mitigation measures. Furthermore, developers of a sharing economy platform should consider the
important role of perceived ease of use as well as its impact on perceived usefulness. It seems that
consumers need to believe that using the platform would be free of effort and so being not too
difficult. Besides the benefits of ridesharing itself (e.g., reducing travel costs), those platforms can
also provide other benefits to consumers in order to increase their perception of the perceived ease

of use (e.g., location-based search, 24/7 availability, and seamless booking and payment processes).
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6. Limitations and suggestions for future research

As with most research, it is probable for this study to have some limitations. First, the study is solely
focused on Uber whereas future research could focus on other or multiple platforms. The effects
found may vary by sharing economy platform as it could be that they do not share the same
characteristics or factors. If a platform is built and designed completely different, it is probable that
the effects do not hold in this case. They can vary in terms of their structure, features, and
functionalities. Moreover, the nature of the service or product being shared can influence the
dynamics of trust and risk. For instance, a platform that deals with sharing physical assets might
involve different types of risks compared to a platform that offers digital services. Lastly, different
regions and jurisdictions might have varying regulations and legal frameworks governing sharing
economy platforms. These regulations can influence the level of trust users have in the platform's
compliance with laws and regulations. Further, the respondents of this research were relatively
young and well-educated. Even though the survey has been equally spread among the ages of the
population, this could not have been prevented. More than half of the respondents were aged
between 21 and 25. Thus, this sample does not represent the wider population. Younger generations
may have different characteristics or experiences with mobile technologies than the older
generations. They might be more familiar with new technologies. However, findings have shown that
the effect of age in using a new innovation is inconsistent (Kim, 2016). Future research could be
conducted to further understand different generations’ perceptions affect their intention to use in
order to comprehensively understand the user intention for Uber and other platforms. Moreover,
the answers of only 101 out of the 160 people returning the questionnaire could be used, which
lowers the rate of valid responses. Therefore, the aim had already been set to opt for more
respondents than the initial rule of thumb suggests. However, 100 respondents are still quite limited.
Furthermore, out of the 28 items in the sample, four had to be removed. This says something about
the validity as well as the reliability of the existing measurement scales. In the future, an even more
thorough review of existing scales and consideration of relevant literature can aid in the
development of robust measurement items. Moreover, measurement scales should continually be
evaluated and refined based on research findings. Learning from previous research and incorporating
feedback from participants can lead to ongoing improvements in the validity and reliability of
measurement scales. Additionally, one of the latent variables had to be turned into a composite
variable in order to get results. It is most likely that is a Heywood case, which can be caused by a
sample that is e.g., too small to adequately estimate the parameters (Farooq, 2022). Lastly, this study
solely focuses on the intention to use Uber rather than actual use behavior. In actuality, there exists

a gap between the intention and actual behavior (Wang et al., 2020). The actual use behavior of the
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survey respondents must be further examined in future research in order to enrich the conclusions.

When examining this, researchers could make use of secondary data to verify actual behavior or a
usage behavior scale instead of a user intention scale. In addition to this, it could also be important
to investigate what factors may prevent users from making use of the application. Future research
could explore barriers to adoption of Uber, other ridesharing applications or sharing economy
platforms in general in order to provide a more complete understanding of consumer adoption

behaviors.
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Appendices

Appendix 1 — Questionnaire

Beste deelnemer,

Bedankt voor je tijd en moeite om deel te nemen aan deze vragenlijst. Mijn naam is Vicky Herold en
ik studeer Marketing aan de Radboud Universiteit Nijmegen. Voor mijn masterscriptie doe ik
onderzoek naar factoren die invloed hebben op het gebruik willen maken van Uber. De vragenlijst
begint met vragen over de verschillende factoren en eindigt met wat persoonlijke informatie.

Het invullen van deze enquéte kost ongeveer 5 minuten van je tijd. Je deelname aan dit onderzoek is
geheel vrijwillig. Er is een mogelijkheid om de vragenlijst op elk moment te beéindigen zonder
hiervoor een reden te hoeven opgeven. Je antwoorden worden anoniem verwerkt en veilig
opgeslagen volgens de algemene regels voor gegevensbescherming van de Radboud Universiteit en
conform de Algemene Vordering Gegevensbescherming. De gegevens zijn niet tot jou persoonlijk te
herleiden en worden alleen gebruikt voor doeleinden die betrekking hebben op het masterscriptie
project en de verdediging. De geanonimiseerde data kunnen beschikbaar worden gesteld tot andere
onderzoekers, zodat deze ernaar kunnen verwijzen en relevante data kunnen gebruiken. Omwille van
integriteitsdoeleinden zullen de onderzoeksgegevens voor een periode van minimaal 10 jaar
toegankelijk zijn voor de academische gemeenschap.

Door de optie "Ja, ik ga akkoord met deelname aan het hierboven beschreven onderzoek" te
selecteren, geeft je aan dat:

- Je de informatie zowel hebt gelezen als ook begrepen en dus weet dat je je op elk moment kunt
terugtrekken

- Je vrijwillig instemt met deelname

- Je 18 jaar of ouder bent

Als je niet wenst deel te nemen aan dit onderzoek, kun je je deelname weigeren door hieronder
“Nee, ik ga niet akkoord met deelname aan het onderzoek” te selecteren.

Akkoord

Ja, ik ga akkoord met deelname aan het hierboven beschreven onderzoek. (1)

Nee, ik ga niet akkoord met deelname aan het onderzoek. (2)

Wat is je leeftijd?
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Skip To: End of Survey If Condition: Wat is je leeftijd? Is Greater Than 65. Skip To: End of Survey.

Skip To: End of Survey If Condition: Wat is je leeftijd? Is Less Than 18. Skip To: End of Survey.

Ben je bekend met de diensten die Uber aanbiedt?
Ja (1)

Nee (2)

Skip To: End of Survey If Ben je bekend met de diensten die Uber aanbiedt? = Nee

Wat doet Uber volgens jou?

Uber is een platform voor het delen van auto's, dit wordt ook wel een ridesharing service genoemd.
Via Uber word je door een taxi-achtig systeem naar je ingegeven bestemming gereden door andere
gebruikers in hun auto.
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De vragenlijst begint nu. De volgende stellingen gaan over de aanleg om te vertrouwen. Geef aan in
welke mate je het eens/niet eens bent met elk van de stellingen op een 7-puntschaal van helemaal
niet mee eens (1) tot helemaal mee eens (7).

Enigszins Noch
Helemaal Niet g eens Enigszins Helemaal
. mee Mee
niet mee mee noch mee eens mee eens
oneens eens (6)
eens (1) eens (2) oneens (5) (7)

(3) ()
Ik heb de

neiging om

op andere

mensen te
rekenen.

Ik heb over
het
algemeen
vertrouwen
in de
mensheid.

Over het
algemeen
vertrouw ik
andere
mensen,
tenzij ze
me
redenen
geven om
dat niet te
doen.

Over het
algemeen
vertrouw ik
andere
mensen.
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De volgende stellingen gaan over het vertrouwen in Uber. Geef aan in welke mate je het eens/niet
eens bent met elk van de stellingen op een 7-puntschaal van helemaal niet mee eens (1) tot helemaal

mee eens (7).

Lo Noch
. Enigszins L
Helemaal Niet mee eens Enigszins
niet mee mee oneens noch mee eens
eens (1) eens (2) oneens (5)

3
(3) ()
Uber is te
allen tijde
te
vertrouwen.

Op Uber
kan worden
gerekend
om te doen
wat juist is.

Uber heeft
een hoge
integriteit.

Uber is een
bekwame
en
deskundige
ridesharing
service.

Helemaal
mee eens

(7)

eens (6)
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De volgende stellingen gaan wederom over vertrouwen. Geef aan in welke mate je het eens/niet
eens bent met elk van de stellingen op een 7-puntschaal van helemaal niet mee eens (1) tot helemaal

mee eens (7).

. Noch
. Enigszins L
Helemaal Niet mee eens Enigszins
niet mee mee oneens noch mee eens
eens (1)  eens(2) oneens (5)

Ik heb
vertrouwen
in Uber om

voor mijn
eigen
belangen te
zorgen, zelfs
als dat
kostbaar is
voor hen.

Uber is
betrouwbaar.

Ik weet hoe
Uber gaat
handelen.

eens (6)

Helemaal
mee eens

(7)
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De volgende stellingen gaan over het gebruiksgemak van Uber. Geef aan in welke mate je het
eens/niet eens bent met elk van de stellingen op een 7-puntschaal van helemaal niet mee eens (1)
tot helemaal mee eens (7).

Enigszins Noch
Helemaal Niet g eens Enigszins Helemaal
. mee Mee
niet mee mee noch mee eens mee eens
oneens eens (6)
eens (1) eens (2) oneens (5) (7)

(3) ()
Als ik Uber
zou willen
gebruiken,

zou het
gemakkelijk
voor mij
zijn.

Als ik Uber
zou willen
gebruiken,

zou het
voor mij
eenvoudig
zijn.

Als ik Uber
zou willen
gebruiken,
zou ik geen

problemen
hebben.
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De volgende stellingen gaan over de bruikbaarheid van Uber. Geef aan in welke mate je het
eens/niet eens bent met elk van de stellingen op een 7-puntschaal van helemaal niet mee eens (1)

tot helemaal mee eens (7).

Niet
Helemaal
) mee
niet mee cens
eens (1)
(2)

Door Uber te
gebruiken, zou ik
sneller op mijn
bestemming kunnen
komen.

Het gebruik van Uber
Zou mijn woon-
werkverkeer
verbeteren.

Het gebruik van Uber
zou mijn taken
gemakkelijker maken.

Het gebruik van Uber
kan
verkeersopstoppingen
verminderen.

Het gebruik van Uber
kan de uitstoot van
broeikasgassen en het
energieverbruik
verminderen.

Noch
eens Enigszins Mee Helemaal
noch mee eens mee eens
oneens  eens(5) (6) (7)
(4)
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De volgende stellingen gaan over risico-aversie. Geef aan in welke mate je het eens/niet eens bent
met elk van de stellingen op een 7-puntschaal van helemaal niet mee eens (1) tot helemaal mee eens

(7).
Enigszins Noch
eens Enigszins Helemaal
mee eens

Helemaal Niet
. mee
niet mee mee oneens noch meeeens (6)
eens (1) eens(2) oneens (5) (7)
(3) ()

Ik voel me
niet op mijn
gemak bij
het nemen
van risico's.

Ik geef de
voorkeur
aan situaties
met
voorzienbare
resultaten.

Voordat ik
een
beslissing
neem, wil ik
graag
absoluut
zeker weten
hoe de
dingen
zullen
aflopen.

Ik vermijd
situaties met
onzekere
uitkomsten.

Ik voel me
op mijn
gemak bij
het
improviseren
in nieuwe
situaties.

Ik voel me
nerveus als
ik
beslissingen
moet nemen
in onzekere
situaties.
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De volgende stellingen gaan over je intentie om Uber te gebruiken. Geef aan in welke mate je het
eens/niet eens bent met elk van de stellingen op een 7-puntschaal van helemaal niet mee eens (1)

tot helemaal mee eens (7).

Enigszins
mee
oneens

Helemaal
niet mee
eens (1)

Niet mee
eens (2)

Ik ben van
plan Uber
te
gebruiken.

Ik neem
me voor
om Uber
te
gebruiken.

Ik
voorspel
dat ik
Uber zal
gebruiken
zolang ik
er
toegang
toe heb.

Als laatste, nu nog wat vragen over jezelf.

(3)

Noch
eens Enigszins Helemaal
Mee
noch meeeens (6) mee eens
oneens (5) (7)
(4)
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Wat is je geslacht?
Man (1)
Vrouw (2)
Non-binair (3)

Zeg ik liever niet (4)

Wat is je hoogst genoten opleiding?
Basisonderwijs, vmbo, mbo1, havo/vwo (onderbouw) (1)
Mbo2-4, havo/vwo (bovenbouw) (2)

Hbo-bachelor/master, wo-bachelor/master en doctor (3)

Maak je gebruik van ridesharing services?
Nooit (1)
Zelden (2)
Soms (3)
Vaak (4)

Altijd (5)
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Welke van de volgende ridesharing services gebruik je (meerdere antwoorden mogelijk)?

Uber (1)

Lyft (2)

Bolt (3)

Grab (4)

BlaBlaCar (5)

Bedankt dat je de tijd hebt genomen om deze vragenlijst in te vullen. Als je vragen of opmerkingen
hebt, kun je deze sturen naar vicky.herold@ru.nl. Je kan via dit e-mailadres ook contact met mij
opnemen als je geinteresseerd bent in de resultaten van het onderzoek.

Appendix 2 — Sample
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Age
Frequency table - Age

Cumulative
Frequency Percent  Valid Percent Percent

Valid 21 3 3.0 3.0 3.0

22 12 11.9 11.9 14.9

23 28 27.7 27.7 42.6

24 20 19.8 19.8 62.4

25 8 7.9 7.9 70.3

26 1 1.0 1.0 71.3

28 1 1.0 1.0 72.3

31 2 2.0 2.0 74.3

34 1 1.0 1.0 75.2

40 1 1.0 1.0 76.2

42 1 1.0 1.0 77.2

44 1 1.0 1.0 78.2

46 1 1.0 1.0 79.2

50 1 1.0 1.0 80.2

51 2 2.0 2.0 82.2

52 1 1.0 1.0 83.2

53 1 1.0 1.0 84.2

55 4 4.0 4.0 88.1

56 2 2.0 2.0 90.1

57 3 3.0 3.0 93.1

58 1 1.0 1.0 94.1

60 3 3.0 3.0 97.0

62 1 1.0 1.0 98.0

63 1 1.0 1.0 99.0

65 1 1.0 1.0 100.0

Total 101 100.0 100.0
Descriptives — Age

N Minimum Maximum Mean Std. Deviation

Leeftijd 101 21 65 31.30 13.792

Valid N (listwise) 101

Chi-Square Test - Age

Leeftijd
Chi-Square  42.407°
df 1

Asymp. Sig. <.001
a. 0 cells (0.0%) have
expected frequencies less

than 5. The minimum
expected cell frequency is
445,

Gender
Frequency table - Gender



Frequency Percent

Cumulative
Valid Percent Percent

Valid Man 47 46.5 46.5 46.5
Vrouw 53 52.5 52.5 99.0
Zeg ik liever niet 1 1.0 1.0 100.0
Total 101 100.0 100.0
Chi-Square Test - Gender
Geslacht
Chi-Square  3.339°
df 2
Asymp. Sig. .188
a. 1 cells (33,3%) have
expected frequencies less
than 5. The minimum
expected cell frequency is
4,8.
Education
Frequency table — Highest level of education
Cumulative
Frequency  Percent Valid Percent Percent
Valid Basisonderwijs, vmbo, mbol, 5 5.0 5.0 5.0
havo/vwo (onderbouw)
Mbo2-4, havo/vwo 8 7.9 7.9 12.9
(bovenbouw)
Hbo-bachelor/master, wo- 88 87.1 87.1 100.0
bachelor/master en doctor
Total 101 100.0 100.0

Chi-Square Test - Education

Educ
Chi-Square 78.234°
df 2
Asymp. Sig. <.001

a. 0 cells (0.0%) have expected
frequencies less than 5. The
minimum expected cell
frequency is 19.2.

Usage ridesharing services

Gebruik
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Frequency Percent

Cumulative
Valid Percent Percent

Valid Nooit 23 22.8 22.8 22.8
Zelden 39 38.6 38.6 61.4
Soms 30 29.7 29.7 91.1
Vaak 9 8.9 8.9 100.0
Total 101 100.0 100.0

Usage Uber

Welke van de volgende ridesharing services gebruik je (meerdere antwoorden

mogelijk)? Uber

Frequency Percent

Cumulative

Valid Percent Percent

Valid Uber 74 73.3
Missing System 27 26.7
Total 101 100.0

100.0 100.0

Boxplot

40
35
30
25
20
15

10
O

Disp Inst Inte

PEOU PU Userl

RiskavR
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Appendix 3 — Measurement model CFA

Inter-Construct Correlations

Construct
Disposition
Institution
Interpersonal
PEOU

PU

Risk

User intent
Disp_Risk
Inst_Risk

Int_Risk

Disposition
1.0000
0.1888
0.1668
0.3564
0.0119
-0.0230
-0.0132
-0.2640
-0.1795

-0.1501

Indicator reliability

Indicator
x1
x2
x3

x4

Disposition
0.7361
0.8707
0.8542

0.8479

Institution

1.0000
0.7417
0.5322
0.3404
0.0990
0.4958
-0.1547
-0.1687

-0.0137

Institution

Interpersonal PEOU
1.0000

0.5491 1.0000
0.3281 0.3176
0.0951 0.1360
0.5149 0.5743
-0.2192 -0.2872
-0.2449 -0.1318
0.0472 0.0041

Interpersonal

PU

1.0000
0.1857
0.2980
-0.0848
-0.0062

0.1105

PEOU

Risk

1.0000
0.1277
0.0936
0.0025

0.1320

User intent

1.0000
0.0966
-0.0910

0.0949

PU

Risk

Disp_Risk

1.0000
0.0763

-0.0951

Inst_Risk

1.0000

-0.0802

User intent

Int_Risk

1.0000



x5

X6

x7

x8

x9

x10
x11
x12
x13
x14
x15
x16
x17
x18
x19
x20
x21
x22
x23
x24

0.7039

0.8995

0.8449

0.7117

0.7094

0.8774

0.8080
0.9206
0.9269
0.7250

0.4735
0.7639
0.7653
0.7069

0.7217

0.5834
0.7925
0.8519
0.8114

-0.4324



x25
x26
x27

x28

Discriminant validity: Fornell-Larcker

Construct
Disposition
Institution
Interpersonal
PEOU

PU

Risk

User intent
Disp_Risk

Inst_Risk

Disposition

0.6871

0.0356

0.0278

0.1270

0.0001

0.0005

0.0002

0.0697

0.0322

Institution

0.6312

0.5501

0.2833

0.1159

0.0098

0.2459

0.0239

0.0285

Interpersonal

0.6420

0.3015

0.1077

0.0090

0.2651

0.0480

0.0600

PEOU

0.7441

0.1008

0.0185

0.3298

0.0825

0.0174

PU

0.5689

0.0345

0.0888

0.0072

0.0000

0.6747
0.9468
0.9219
0.9231
Risk User intent Disp_Risk Inst_Risk
0.7464
0.0163 0.8661
0.0088 0.0093 1.0000
0.0000 0.0083 0.0058 1.0000

Int_Risk



Int_Risk 0.0225 0.0002

Initial convergent validity

Construct
Disposition
Institution
Interpersonal
PEOU

PU

Risk

User intent

Final convergent validity

Construct
Disposition
Institution
Interpersonal

PEOU

0.0022 0.0000 0.0122

Average variance extracted (AVE)
0.6871
0.6312
0.6420
0.7441
0.4828
0.4991

0.8661

Average variance extracted (AVE)
0.6871
0.6312
0.6420

0.7441



Construct

PU

Risk

User intent

Initial construct reliability

Construct

Disposition

Institution

Interpersonal

PEOU

Average variance extracted (AVE)
0.5689
0.7464

0.8661

Dijkstra-Henseler's rho (pa)

0.8526

0.8177

0.7318

0.8463

Jéreskog's rho (p.)

0.8974

0.8713

0.8423

0.8960

Cronbach's alpha(a)

0.8466

0.8004

0.7171

0.8222



Construct

PU

Risk

User intent

Final construct reliability

Construct

Disposition

Institution

Interpersonal

PEOU

Dijkstra-Henseler's rho (pa)

0.7465

0.8233

0.9230

Dijkstra-Henseler's rho (pa)

0.8526

0.8177

0.7318

0.8463

Jéreskog's rho (p.)

0.8199

0.7818

0.9510

Joreskog's rho (p.)

0.8974

0.8713

0.8423

0.8960

Cronbach's alpha(a)

0.7233

0.9226

Cronbach's alpha(a)

0.8466

0.8004

0.7171

0.8222



Construct

PU

Risk

User intent

Appendix 4 — Structural model

Direct Effects Inference
Effect

Disposition -> User intent
Institution -> User intent
Interpersonal -> User intent
PEOU -> PU

PEOU -> User intent

PU -> User intent

Risk -> User intent

Disp_Risk -> User intent

Original coefficient

-0.2153
0.1228
0.2074
0.3527
0.5106
0.0777
0.0117

0.2562

Dijkstra-Henseler's rho (pa)

0.7488

0.8323

0.9230

Standard bootstrap results

Mean value
-0.1863
0.1260
0.1939
0.3656
0.4860
0.0893
0.0232

0.2714

Standard error t-value

0.0963

0.1090

0.1076

0.0837

0.0903

0.0812

0.1012

0.0946

-2.2367

1.1266

1.9267

4.2126

5.6580

0.9563

0.1160

2.7083

p-value (2-sided)

0.0255

0.2602

0.0543

0.0000

0.0000

0.3391

0.9077

0.0069

Joreskog's rho (p.)

0.8405

0.8981

0.9510

0.0128
0.1301
0.0272
0.0000
0.0000
0.1696
0.4538

0.0034

p-value (1-sided)

Cronbach's alpha(a)

0.7468

0.8293

0.9226

Percentile bootstrap quantiles

0.5%

-0.4123

-0.1789

-0.0759

0.1439

0.2578

-0.1357

-0.3039

0.0109

2.5%

-0.3601

-0.0987

-0.0023

0.1975

0.3013

-0.0786

-0.2346

0.0847

97.5%

0.0121

0.3351

0.4120

0.5225

0.6576

0.2510

0.1821

0.4659

99.5%

0.0799

0.4240

0.4846

0.5755

0.7083

0.2904

0.2333

0.5145



Inst_Risk -> User intent 0.0131 0.0307 0.1156 0.1137  0.9095 0.4548 -0.2677 -0.1868 0.2787 0.3754

Int_Risk -> User intent 0.0725 0.0499 0.1141 0.6353 0.5254 0.2627 -0.3792 -0.2804 0.2068 0.2805

Indirect Effects Inference

Effect Original coefficient Standard bootstrap results Percentile bootstrap quantiles
Mean value Standard error  t-value p-value (2-sided) p-value (1-sided) 0.5% 2.5% 97.5% 99.5%

PEOU -> User intent 0.0274 0.0311 0.0304 0.9018 0.3674 0.1837 -0.0632 -0.0309 0.0945 0.1129

Effect overview

Effect Beta Indirect effects Total effect Cohen's f2
Disposition -> User intent -0.2153 -0.2153 0.0842
Institution -> User intent 0.1228 0.1228 0.0140
Interpersonal -> User intent 0.2074 0.2074 0.0382
PEOU -> PU 0.3527 0.3527 0.1421
PEOU -> User intent 0.5106 0.0274 0.5380 0.3161
PU -> User intent 0.0777 0.0777 0.0108
Risk -> User intent 0.0117 0.0117 0.0003
Disp_Risk -> User intent 0.2562 0.2562 0.1205
Inst_Risk -> User intent 0.0131 0.0131 0.0003
Int_Risk -> User intent 0.0725 0.0725 0.0109
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