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Abstract

M&A markets have been rising strongly in the last decades. However, 70 to 90 percent of
acquisitions fail. Prior research is focused on the determinants of acquisition performance. One of
the topics that is highly discussed in literature is the effect of acquisition experience of the
acquiring firm on acquisition performance. However, no general consensus on the relationship
between acquisition experience and performance exists. Therefore, this study aims to create a
deeper understanding on the topic. The dataset includes 274 acquisitions over the world between
2009 and 2019. The key findings of this study provide significant evidence for a negative effect
of acquisition experience on performance. An effect that is even strengthened for target-industry
experience and experience measured on more recent time intervals. One of the reasons for the
negative effect can be related to the wrong application of experience to new situations. A second
analysis of this study investigates whether advisor reputation has an effect on the relationship
between acquisition experience and performance. However, no significant results on this
relationship were found.

Keywords: Acquisition experience, Cumulative Abnormal Returns, M&A advisors, Advisor Reputation,
Event Study
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1. Introduction

In 2021, the mergers and acquisitions (M&A) market reached its all-time high with 5.2 trillion
US dollars’ worth of deals. However, according to most studies, between 70 to 90 percent of
acquisitions fail (Kenny, 2020). So, why do companies still take the risk of making an acquisition?
A large body of literature examines the factors that drive M&A performance. In literature, many
acquiring-firm characteristics, deal-characteristics, target-firm characteristics and their influence
on acquisition performance are examined. But despite the increasing humber of papers dedicated
to M&A, there is still a large number of M&A deals with negative value creation (Kenny, 2020).

One of the topics that is highly discussed in literature is the effect of acquisition experience of
the acquiring firm on acquisition performance. When reviewing the existing literature on the
influence of acquisition experience on acquisition performance, there are opposing findings
whether acquisition experience positively or negatively influences acquisition performance. Many
papers find positive effects that are in line with the learning-by-doing perspective (Kolb, 1984;
Basuil & Datta, 2015; Kim & Davis, 2019; Wu & Reuer, 2021). Experience accumulation can
increase synergies and experienced acquirers are better able to capture a higher fraction of synergy
gains, which is mainly the result of improvement in bidding and bargaining strategies due to
experience (Cai et al., 2022). However, other papers suggest that the learning-by doing perspective
is too simplistic, since experience can be transferred to situations where previous experiences do
not apply (Barkema & Schijven, 2008). Therefore, also negative effects (Haleblian & Finkelstein,
2002), non-significant effects (Zollo & Zingh, 2004) and U-shaped effects (Haleblian &
Finkelstein, 1999) are found for the relationship between acquisition experience and acquisition
performance. The U-shaped relationship is the result of inappropriate generalizations of prior
experience when firms have low acquisition experience. But, as acquirers gain more experience,
the company develops the expertise to determine underlying dissimilarities between companies.
Thereby, experienced firms are better able to generalize appropriately to new acquisitions, creating
a U-shaped relationship. Overall, the divergent results in the literature regarding the relationship
between acquisition experience and acquisition performance create the need for a deeper
understanding of this topic.

Almost 60% of acquiring firms use M&A advisors to increase acquisition performance.

However, research is inconclusive about the consequences of M&A advisors for the overall
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performance of the deal. The paper of Plaksen (2010) finds a negative relationship between M&A
advisors and acquisition performance. One of the reasons brought forward for a negative
relationship is the possible misalignment of incentives between the M&A advisor and the bidding
firm. Furthermore, Morrison & Wilhelm (2007) provide evidence for bankers selling inappropriate
and expensive advisory services to customers that trusted them. The employees of the banks were
mainly focused on increasing profits of the bank instead of improving the performance of the
acquisition. The paper of Plaksen (2010) even finds that M&A advisors might be exploiting
unexperienced acquirors. Furthermore, inexperienced advisors are found to have more difficulties
in selecting the right advisor (Westbrock et al., 2019; Francis et al. 2012).

As opposed, several papers find evidence for a positive effect of acquisition M&A advisors on
acquisition performance. Bao and Edmands (2011) conclude that banks contribute to M&A deals
by better identifying acquisitions, negotiating terms of the deal and turning down bad deals,
thereby, increasing acquisition performance. Moreover, a stronger positive effect is found when
top-tier investment banks are involved in the deal. The paper of Golubev et al. (2012) confirms this
finding by stating that top-tier M&A advisors deliver higher returns for acquiring firms, since top-
tier M&A advisors are better able to identify more synergistic combinations in deals. De Jong et
al. (2008) even states that advisor experience serves as a substitute for the lack of experience of an
acquiror. These results suggest that the experience of an acquiror might have a different effect on
acquisition performance for different levels of M&A advisor reputation. As this subject has not
been researched broadly, this paper investigates whether M&A advisor reputation has a significant
effect on the relationship between acquisition experience and performance.

Motivated by the contradicting empirical evidence, this study aims to contribute to literature
in 3 ways: Since there is no general consensus on the influence of acquisition experience on
acquisition performance, this paper will contribute to literature by providing a deeper
understanding of the relationship. Furthermore, this paper will contribute by providing further
analysis on the influence of high ranked M&A advisors on acquisition performance. Lastly, this
paper contributes to literature by investigating whether the reputation of M&A advisors has a
moderating effect on the relationship between acquisition experience and acquisition performance,
which was not done before. Resulting from the literature, the research question of this paper is
formulated as follows:
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To what extent does acquisition experience affect acquisition performance and is this effect

moderated by the reputation of M&A advisors?

In this paper, the Cumulative Abnormal Returns (CARs) are used as a proxy for Acquisition
Performance. The CARs are constructed for a sample of 298 acquisitions of publicly listed firms
including a financial advisor between the years 2009 and 2019. Moreover, acquisition experience
is measured as the number of acquisitions performed by the acquiror in the period 5 years prior to
the acquisition. Furthermore, by incorporating the annual top 500 league table rank of financial
advisors, in this paper, an assessment can be made whether the reputation of an advisor has a
moderating effect on the relationship between acquisition experience and acquisition performance.
The main findings of this paper suggest a negative effect of acquisition experience on acquisition
performance. Furthermore, target-industry experience is affecting deal performance even more
negative than general experience. One of the potential reasons for this phenomenon is that as
acquirors gain experience in a specific industry, the acquirors become overconfident in how well
they know the industry, resulting in an even higher degree of wrong experience application. Thus,
the better the acquiror thinks it knows what the institutional environment of the target looks like,
the higher the chances of wrong experience application. The results of this paper should create a
deeper understanding of the interrelatedness of acquisition experience and acquisition
performance. Besides, the results should make managers well-known of the fact that every
acquisition should be approached differently even with a certain level of accumulated experience.
Another key finding in this paper is that M&A advisor reputation does not significantly affect the
relationship between acquisition experience and acquisition performance.

This paper will be build up as follows: After this introduction (1), the paper will continue with
describing the most important existing literature on acquisition experience, M&A advisors and
acquisition performance in the literature review (2). Hereafter, the research methodology and data
collection procedure (3) will be explained. Then, the results (4) of this research will be discussed.

Lastly, the conclusion (5) of this paper is provided.
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2. Literature review

2.1 Experience and M&A performance

In exploring the factors that drive M&A performance, previous literature has investigated
experience as an important determinant (Haleblian & Finkelstein, 1999; Barkema & Schijven,
2008; Collins et al. 2009). Experiential learning theory emphasizes that learning is the process
whereby knowledge is created through the transformation of experience (Kolb, 1984; Argote &
Spektor, 2011). Therefore, regarding the experiential learning theory, the experience in acquisitions
of an acquiring company would lead to an increase in knowledge regarding acquisitions of
companies. Important challenges for acquisitions that are found in literature are the inability to
create synergies, paying too much, selecting the wrong target and ineffective integration processes
(Hitt et al. 2012). Therefore, there is a need to create knowledge within acquiring firms to overcome
these challenges. Early research on acquisition experience and organizational learning have
adopted the theory that the organizational performance improves as the focal task is repeatedly
engaged over time (Argote & Spektor, 2011). As opposed, the paper of Barkema & Schijven (2008)
explains that we have to be critical about this perspective since the perspective assumes that
experience effects are always positive. Barkema & Schijven (2008) declares that experience could
have a negative effect on performance when experience is transferred to situations where previous
experiences do not apply. Therefore, the traditional learning curve perspective (learning-by-doing)
is found to be too simplistic. The traditional learning curve perspective assumes experience to
automatically imply learning, which should not be the case according to Barkema & Schijven
(2008). Therefore, a positive relationship between acquisition experience and acquisition
performance should not automatically be assumed. Haleblian & Finkelstein (1999) found evidence
that the relationship between organizational acquisition experience and the performance of
acquisitions can be complex. Haleblian & Finkelstein (1999) expect that experience effects may
range from positive to negative. The results of the paper confirm the hypothesized effect, since a
U-shaped relationship was discovered. The U-shaped relationship is explained as follows: Initially,
inexperienced firms inappropriately generalize their experiences to following acquisitions,
therefore subsequent acquisitions may underperform compared to the first acquisition of the
acquirer. But, as acquirers gain more experience, the company develops the expertise to determine

underlying dissimilarities between companies, thereby, they are better able to generalize
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appropriately to new acquisitions. So, experienced acquirers have the knowledge when to apply
prior acquisition experience to new acquisitions, and when not to. The paper concludes that the
negative effect of acquisition experience on performance is corrected over time with subsequent
acquisition experience, creating a U-shaped relationship. Haleblian & Finkelstein (1999) use the
total number of acquisitions as a measure for acquisition experience. As a supplementary analysis,
the relationship between number of acquisitions performed over the 5 years preceding to the current
acquisition and the acquisition performance was investigated. Since, more recent acquisitions are
particularly relevant to acquisition performance (Haleblian & Finkelstein, 1999). A follow-up
study by Haleblian & Finkelstein (2002) find worse acquisition performance for the second
acquisition of the acquiring firm compared to their first acquisition. The negative relationship is
explained in the paper by the inappropriate adaptation of prior experiences of the first acquisition
to the second acquisition.

Opposed to the previously mentioned negative effects or U-shaped effects, there are many papers
addressing a positive relationship between acquisition experience and acquisition performance.
The results of the paper of Kim & Davis (2019) show that accumulated acquisition experience
increases the chance of gaining timely access to critical information, increasing operational
efficiencies of the acquiring firm. The results of the paper are in line with the findings of the paper
of Basuil & Datta (2015), who state that the value of an acquiring firm increases as a result of
acquisition experience. Moreover, the paper of Wu & Reuer (2020) find that accumulated
acquisition experience has a positive effect on target selection for acquiring firms (Wu & Reuer,
2020). The paper of Cai et al. (2022) describes that acquiring firms can benefit from experience in
two different ways: First, the ‘synergy creation’ mechanism is explained in which experienced
firms are closing deals that create higher synergies. These increasing synergies are created in target
selection, target industry knowledge and integration practices. Second, the ‘synergy capture’
mechanism is described as experienced acquirers are better capable of capturing a higher fraction
of synergy gains, which are mainly the result of improvement in bidding and bargaining strategies
due to experience.

Overall, the results in literature on the relationship between prior acquisition experience and
acquisition performance are divergent (Langosh & Tumlinson, 2022). Several studies find a
positive effect of experience on acquisition performance (Basuil & Datta, 2015; Kim & Dauvis,
2019; Wu & Reuer, 2020) confirming the ‘learning-by-doing’ theory (Kolb, 1984). However, other




Bas Pijl Jun. 25, 24 Master Thesis, Economics

papers research the same phenomenon but get nonsignificant results (Zollo & Singh, 2004), or U-
shaped relationships over time (Haleblian & Finkelstein, 1999). In recent literature, the emphasis
is based on the heterogeneity between acquisitions by looking at industry level resulting smaller
negative effects in the paper of Haleblian & Finkelstein (2002). Overall, the literature shows that
the relationship between acquisition experience and acquisition performance needs further
investigation. It seems that there are more factors affecting the relationship. Therefore, a deeper
understanding of the relationship between acquisition experience and acquisition performance is
needed. Although the literature is divided on the relationship between acquisition experience and
acquisition performance, this paper expects a positive relationship to exist, following the
expectation that prior acquisitions create knowledge for acquiring firms. Accordingly, the

‘learning-by-doing” hypothesis is structured as follows:

H1a: Acquisition experience has a positive effect on acquisition performance

The papers of Vermeulen & Barkema (2001) and Collins et al. (2009) highlight the importance
of learning in an international environment, since an international environment is found to be more
complex in making acquisitions compared to a domestic environment. One of the main sources of
complexity of international acquisitions is that countries differ in their institutional environments
and that these environments ultimately determine what a company can learn from their acquisition
(Hitt et al. 2005). For every acquired international firm, the acquiring firm has to adapt to the
institutional environment of the specific country of the acquired firm. This additional complexity
of the acquisition increases costs related to the acquisition determining the success of the
acquisition. Experience with prior international acquisitions could develop knowledge for the
acquiring firm on the institutional environment (e.g. exchange rates, governments or the legal
system) of the host-country (Collins et al. 2009). Although international acquisitions insist big
challenges for acquiring firms, acquisition experience in the country of the acquiring firm could
help deal with the challenges regarding international acquisitions (Collins et al. 2009). The paper
of Basuil & Datta (2015) examines the relationship between cross-border acquisition experience
for acquisitions that are made in the same industry and geographic region as the acquirer. The
results of the paper show a positive relationship. This paper expects acquiring firms to profit more
from accumulated international acquisition experience due to the relatively larger complexity of

cross-border acquisitions compared to domestic acquisitions. Complex acquisitions are expected
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to provide more room for knowledge creation and learning on specific topics (e.g. exchange rates,
governments or the legal system). Therefore, this paper expects the experience that an acquiror has
in the country of the target, in this paper described as host-country experience, to have a stronger
positive effect on acquisition performance compared to general experience. Resulting in the

following hypothesis:

H1b: The effect of acquisition experience on acquisition performance is stronger for host-

country experience

Furthermore, the results of the paper of Basuil & Datta (2015) show evidence that routines based
on prior acquisitions in related industries have a stronger effect on acquisition performance than
experience that is accumulated in unrelated industries. The results of Basuil & Datta (2015) show
that the effect of target-industry specific experience, measured as the number of deals in the
industry of the target prior to the deal, is stronger positive than that of unrelated industry

experience. Resulting in the following hypothesis:

Hi1c: The effect of acquisition experience on acquisition performance is stronger for target-

industry experience
2.2 The role of M&A advisors in M&A performance

Previous research has looked into a large number of determinants which could enhance
acquisition performance. One of the investigated determinants is the influence of M&A advisors
on M&A performance. Almost 60% of M&As are performed with the use of one or more M&A
advisors (McCarthy & Noseleit. 2021). M&A advisors are hired because M&A’s can be complex
deals which include high levels of risk, uncertainty and information asymmetry. Advisors are better
capable of target selection, they are better negotiators and they reduce information asymmetry
between the acquirer and the target (McCarthy & Noseleit. 2021). Despite the potential mentioned
benefits from M&A advisors, literature is inconclusive about the ultimate result of M&A advisors
on the performance of the acquisition. McCarthy & Noseleit (2021) find a positive effect for
acquirers with one M&A advisor, while a negative effect is found for acquirers who use multiple
M&A advisors. Bao and Edmans (2011) find that M&A advisors increase performance for

acquisitions. The paper used a methodology in which they removed the component that could be
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explained by acquirer characteristics. Thereby, solely measuring the effect of M&A advisors on
the performance of the acquisition. Bao and Edmands (2011) conclude that banks contribute to
M&A deals by identifying acquisitions, negotiating terms of the deal and turn down bad deals, and
thereby, increase overall performance of the acquisition. In addition, the paper concludes that bank
quality, measured by market share, is positively related to acquisition performance. The paper of
Golubev et al. (2012) confirms this finding by stating that top-tier M&A advisors deliver higher
returns for acquiring firms, since top-tier M&A advisors are better able to identify more synergistic
combinations in deals.

However, other papers find the opposite effect. In the paper of Plaksen (2010) is stated that M&A
advisors might have misaligned incentives with the bidding firm, since the fees for M&A advisory
increase with the size of the deal or the number of acquisitions executed. As a result, the reputation
of a M&A advisor is often based on its market share, the number of completed transactions or size
of the transactions. At the same time, the fees of the M&A advisors are not related to the
performance of the acquisition. Therefore, M&A advisors might recommend their clients to engage
in a deal even if this deal is likely to fail. This misalignment in incentives between acquiring firms
and M&A advisors is likely to have a negative impact on the deal outcome. The paper of Plaksen
(2010) concludes that M&A advisors might have stronger leverage to impact the decisions in the
M&A process to their advantage when dealing with unexperienced acquirers. Furthermore, the
paper of Westbrock et al. (2019) finds that inexperienced acquirers fail to recognize the importance
of cross-border expertise in cross-border settings of M&A advisors, thereby not selecting the right
advisor until a certain level of experience in acquisitions. Moreover, the paper of Francis et al.
(2012) concludes the same, since more experienced acquiring firms are more likely to switch their
M&A advisor after bad acquisition performance in past deals. An explanation for the variety in
results of papers could be that acquirers hire top advisors in times of uncertainty (Yawson et al.
2005). Thus, although the M&A advisors contribute well to the deal, the specific circumstances at
that time could jeopardize the performance of the deal.

In this paper, the influence of advisor reputation on the relationship between acquisition
experience and performance is investigated. Inexperienced acquirors lack the expertise that
advisors could bring to the table, therefore inexperienced acquirors are expected to profit more
from the expertise of high ranked advisors compared to low ranked advisors, since high ranked

advisors are expected to be better able to create higher returns for the acquiring firms after the
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acquisition (Bao & Edmans, 2011; Golubev et al. 2012). De Jong et al. (2008) even states that
advisor experience serves as a substitute for the lack of experience of an acquiror, since the greater
the information asymmetry, the greater the reliance of the acquiror on an advisor (Servaes &
Zenner, 1996).

Resulting from this literature, the expectation is that inexperienced acquirors profit more from
advisors with a good reputation and are therefore less reliant on their own experience. Therefore,
top-tier M&A advisors are expected to have a positive effect on the performance of the deal and
simultaneously a weakening effect on the relationship between acquisition experience and deal
performance. As a result, the interrelatedness of acquirer experience, top-tier M&A advisors and

acquisition performance is investigated with the following hypothesis:

H2: The involvement of high ranked M&A advisors has a weakening effect on the relationship

between acquisition experience and acquisition performance.
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3. Data & Methods

In this section, the methodology of the paper will be explained. First, the used data sample and
the data sample collection methods are explained in section 3.1. Then, the dependent variable
(acquisition performance) is explained in section 3.2. Subsequently, in sections 3.3 and 3.4, the
independent variables and control variables are outlined. Finally, in the last section (3.5), the

analyzed models are introduced.
3.1 Data sample

In order to answer the research question, this paper will follow a quantitative methodology. The
main part of the data for this research will be retrieved from the Datastream database, including
data on accumulated acquisition experience, acquisition performance and M&A advisor league
tables. Datastream provides the widest range of variables that are of importance to this research.
Additionally, the Orbis database is used to retrieve country data of the subsidiaries of public firms,
which will be further explained in the control variables section (3.4). The sample that is used in
this research includes all acquisitions across the world by publicly traded firms within the period
of 2009 to 2019 where financial information about the acquiror, target and financial advisor was
available. This specific period was chosen with the rationale to exclude the sixth merger wave,
which extended from 2003 to 2008. The sixth merger wave was a period where companies had
access to cheap credit, which lead to excessive lending by acquirors for acquisitions. Ultimately,
the excessive lending is found to be one of the causes of overpayment by acquirors during this
period (DePamphilis, 2009). The extended period of time is used to assure the availability of
enough data for this research. The time period is cutoff at December 31, 2019 to prevent the dataset
to be influenced by the Covid-crisis, which extended from the end of 2019 to 2023. During the
Covid-crisis, companies acted more conservative, resulting in decreased M&A activity and
relatively higher abnormal returns (Tian & Wang, 2024). Besides, the observations where the
acquiror is active in financial industries are excluded from the sample by removing the observations
where the SIC industry name of the acquiror is equal to ‘Financials’. Acquirors from the financial
industry are found to have different regulatory barriers compared to other firms (Levy et al., 2024)
and are removed from the sample to prevent biases in the results. Furthermore, it occurs that the
acquiror is assisted by multiple advisors in an acquisition. In these cases, only data on the main

13
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advisor is used to investigate the proposed hypotheses. On the one hand, you could state that not-
including smaller advisors could affect the results of this research. On the other hand, the dataset
used in this paper solely includes deals including a financial advisor with a league table rank. By
taking into account all advisors, the availability of datapoint would have been affected, resulting in
many more deals that would have been filtered out of the dataset, since many of the advisors do
not have a league table rank. Moreover, all transactions in which the acquiror owns more than 50%
(which reflects a transfer of control) of the target firm after completing the deal are included.

The previously mentioned search criteria and the removal of missing values in the dataset, results
in an ultimate sample which includes 298 observations, of which data is available on all dependent,

independent and control variables.
3.2 Dependent variable

M&A literature generally measures acquisition performance by using market-based performance
proxies or accounting-based performance proxies (Langosh & Tumlinson, 2022). In general, stock-
price movements around the acquisition date are used as a market-based performance measure.
Meanwhile, synergy realizations are used as accounting-based performance measures. Mostly used
are the Return on Equity (ROE) and the Return on Assets (ROA) as a proxy for synergy
realizations. The study of Elton & Gruber (1987) shows that the market responds quickly to new
information. Event studies assume informational efficiency in the market, therefore an event study
approach will be used in this paper by estimating the effect of an event that is unanticipated by an
economic model. Cumulative Abnormal Returns are the most common method used to estimate
the unanticipated market effect. Following the methods used by the paper of Haleblian &
Finkelstein (1999), in this paper, the abnormal return (AR) is calculated as the difference between
the stock return of the acquiring firm and the expected return given the market performance. The

daily abnormal returns are calculated with the following equation (1):

ARit = Rit — (ai + Bi Rmt) (1)

In the equation, Ritis equal to the daily stock return of the acquiring firm (i), ai is a constant, Rmt

is the market return (m) at day t and i is the covariance of the stock return of the acquiring firm

(i) with the market return. The Beta coefficient (f:) can be estimated with the following equation:

14
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COV(RyRn

(2)
The alpha (a:i) and Beta (B:) are assumed to be stable and are calculated during the estimation
period beginning 250 days before the announcement date of the event and ending 5 days before the
announcement date of the event. The estimation period ends 5 days prior to the announcement,
since the average return should not be affected by the event itself. Estimation windows that are
close to the event window are widely used in literature (Francis et al. 2014) (Meyer & Gremler,
2014). The closest possible estimation window is used to take into account the most recent stock
return fluctuations in the estimation of the average market returns. The addressed danger of using
an estimation window close to the event window is that windows could overlap. In the case of this
study, the overlap of the windows is less likely to affect the results of the data since the average
gap between the announcement date and the event date is 123 days. Therefore, there is low
probability of the average market returns to be affected by the event. After calculating the alpha
(ai) and Beta (B:), the abnormal returns can be estimated. Choosing the correct event window is
crucial for estimating the relationship between independent and dependent variables. In previous
research, different event windows are used. Certain studies use an event window of 1 day before
and after the event date (Bao & Edmans, 2011), other studies use a period of 3 days around the
event date (Haleblian & Finkelstein, 2002), however, there are other studies that use a period of 5
days around the event date (Haleblian & Finkelstein, 1999). Small event windows could miss early
market reaction, while large event windows could include a reaction that is unrelated to the event
(Haleblian & Finkelstein, 2002). Therefore, in this paper, an event window reaching from three
days before the acquisition to three days after the acquisition is used (Haleblian & Finkelstein,
2002). Finally, the Cumulative Abnormal Returns (CAR) are calculated over the described event
window (t-3, t+3). The daily stock returns are expected to differ per day, therefore the CAR is
better able to reflect the effect on the stock price caused by the event compared to the daily
abnormal return. The CAR is calculated by taking the sum of the daily abnormal returns in the

event window, where t1 = t-3 and t2 = t+3, resulting in the following formula:

CARit = ARit1+..+ARiz = Y2, ARit (3)
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3.3 Independent variables

3.3.1 Acquisition experience

Langosh & Tumlinson (2022) give an overview of previous literature on the influence of
acquisition experience on acquisition performance. The paper outlines all the different methods
that are used in literature to estimate acquisition experience. The biggest part of the reviewed papers
measures acquisition experience as the number of acquisitions prior to the new acquisition. But,
the papers differ in how they assess the recency of the acquisition experience, resulting in different
periods prior to the acquisition that are used to estimate acquisition experience. Certain papers use
a period of 5 years before the acquisition (Haleblian & Finkelstein, 1999; Basuil & Datta, 2015).
Some papers take a longer estimation period into account, such as 10 years (Langosh & Tumlinson,
2022), while other papers see all prior acquisitions to be material for the new acquisition and
include the total experience in their regression (Haleblian & Finkelstein, 1999). Recent experience
is found to have a stronger effect on acquisition performance than overall experience (Haleblian &
Finkelstein, 1999). These findings are consistent with the transfer theory, which states that degree
of transfer of experience increases as the similarity of acquisitions increases. Following this theory,
shorter estimation windows will increase the size effects of acquisition experience on acquisition
performance (Langosh & Tumlinson, 2022).

In this paper, the same year interval (5 years) to measure acquisition experience is used as the
papers of Haleblian & Finkelstein (1999) and Basuil & Datta (2015). The acquisition experience
of acquiring firms is calculated out of an unfiltered dataset of 87595 individual acquisitions,
starting 5 years prior to the initial investigated period (2004). Therefore, acquisition experience is
measured with data between 2004 and 2019 and is added to the regressions to estimate its effect
on acquisition performance. Furthermore, the described U-shaped relationship between acquisition
experience and acquisition performance by Haleblian & Finkelstein (1999) is tested by adding the
squared number of acquisitions in the 5 years prior to the acquisition. As supplementary analysis,
the regression is also performed with acquisition experience estimated at a 3 year interval and with
acquisition experience estimated at a 10 year interval to check whether the transfer theory holds.
As stated in hypothesis 1a, acquisition experience is expected to have a positive effect on
acquisition performance, since acquirors can learn from prior acquisitions (Kolb, 1983).

Furthermore, host-country acquisition experience (HEXP) and target-industry experience (IEXP)
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are tested whether they have a stronger positive effect on acquisition performance compared to
general acquisition experience (EXP5). More specific experience accumulation tends to have a
more positive effect on cumulative abnormal returns, since gaining experience in the country or
industry of the target could be more valuable to the acquiror than normal experience (Collins,
2009).

3.3.2 M&A advisor reputation

The paper will incorporate the reputation of M&A advisors (ADVREP) as the second independent
variable. The yearly rank of M&A advisors on league tables is used as a proxy for the reputation
of an M&A advisor, since league tables are a more complete proxy for the market sentiment than
for example market share, which is used in the paper of Boa & Edmans (2011), since a larger set
of criteria is used in the ranking of the advisors. League tables are based on a list of criteria,
including number of executed deals, size of the deals and market share. The top 500 M&A advisors
are listed in the yearly league table. To simplify the understanding of the coefficients of
ADVREP!! in the regressions, the rank of the advisor is inversed. Therefore, the rank of the best
advisor (rank: 1) is now inversed to the value 499. As a result, a positive relationship is expected
between ADVREP and acquisition experience, since higher ranked M&A advisors are expected to
add more value to the deal (Bao & Edmans, 2011). In the second analysis, an interaction term is
added to the model to investigate the possible effect of M&A advisor reputation on the relationship
between acquisition experience and acquisition performance.

In accordance with hypothesis 2, the interaction term of M&A advisor reputation is expected to
be negative, since good advisor reputation is expected to have a more positive effect on acquisition
performance for inexperienced acquirors than low reputation advisors. Figure 1 represents a
graphical representation of the proposed dynamic between acquisition experience, acquisition
performance and M&A advisor reputation.

! To simplify the results of the descriptive analysis (4.1 and 4.2), the variable ADVRANK, which is the league table rank of the financial advisor
will be used. Afterwards, for the regressions, the inversed rank will be used resulting in variable ADVREP.

17



Bas Pijl Jun. 25, 24 Master Thesis, Economics

FIGURE 1. GRAPHICAL REPRESENTATION OF HYPOTHESIS 2
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Figure 1 represents a graphical representation of the proposed effect of acquisition experience on performance for different levels

of advisor reputation.

3.4 Control variables

This study controls for several factors that have a potential influence on the cumulative
abnormal returns of the acquiror. These factors are considered as control variables and are divided
into three categories: (1) Acquiror and Target specific controls, (2) Deal-specific controls and (3)
Advisor controls. In the following subsections, the control variables will be further examined and

their possible influence in relation to acquisition performance is discussed:

34.1 Firm specific controls

The acquiring firm-specific factors Acquiring firm size (ASIZE), Profitability (APRO), Growth
(AGRT) and Free Cash Flow (AFCF) are added to the model, following the methods of Basuil &
Datta (2015). In this paper, the total assets of the acquiror are used as a proxy for acquiror firm size
(Basuil & Datta, 2015). Previous literature is ambiguous about the effect of Acquiring firm size on
acquisition performance. On the one hand, bigger firms are expected to have more resources

18



Bas Pijl Jun. 25, 24 Master Thesis, Economics

available and therefore have an increasing opportunity for successful implementation of
acquisitions (Basuil & Datta, 2015). On the other hand, following the managerial hubris theory,
evidence shows that managerial hubris is more prevalent in larger firms, resulting in larger
acquisition premiums and more engagement in acquisitions with negative synergy gains (Moeller
etal., 2005). Furthermore, this study controls for the profitability and growth of the acquiring firm.
Profitability is expected to have a positive effect on the performance of the acquisition, since
profitable companies tend to be companies with high levels of managerial skills and abilities. These
skills and abilities are turned into greater capability of handling an acquisition (Galavotti, 2019).
The same reasoning can be used for the growth of the acquiring firm, since high growth levels can
be related to high levels of managerial skills and abilities. Therefore, the acquiring firm growth is
expected to increase acquisition performance. The profitability of the acquiring firm is measured
as the average Return on Equity (ROE) in the three years prior to the acquisition (Basuil & Datta,
2015). Furthermore, acquiring firm growth is measured as the average growth of Net Sales in the
three years prior to the acquisition. In addition, Free Cash Flow of the acquiring firm is expected
to have a negative effect on acquisition performance, since managers tend to undertake suboptimal
decisions with excessive free cash flow. Following the study of Basuil & Datta (2015), the Free
Cash Flow of the acquiring firm is normalized by total assets, since excessive free cash flow has

specific implications for firms of different sizes.

3.4.2 Deal-specific controls

In this study, there is controlled for deal-specific factors such as Acquirer-To-Target Relatedness
(INREL), Relative Size (RSIZE), Geographical Distance (DIST) and Deal value (DVAL). The
relatedness between the acquiring firm and target firm can be measured by comparing the industry-
specific SIC codes of both firms. More related firms are expected to create more synergies and
enhance acquisition performance (Haleblian & Finkelstein, 1999). A dummy variable is created as
a measure for Acquirer-To-Target Relatedness equaling ‘1’ when the SIC codes of acquirer and
target are the same and equaling ‘0’ when the industries of the acquiror and target are not related.
Furthermore, relative size is expected to have a positive effect on acquisition performance. Moeller
et al. (2005) find that the effect of acquiring firm size on acquisition performance is negatively

influenced by the size of the target firm. Therefore, there is controlled for the relative size by
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dividing the total assets of the acquiring firm with the total assets of the target firm. Besides,
Geographic Distance is used as a control variable, since a larger distance between the cities of the
acquiring firm and the target firm could lead to ‘hampering information flows’ and thereby have a
negative effect on acquisition performance. In addition, the deal value of the acquisition is included
in the model, since deal complexity tends to increase with higher deal values (Loyeung, 2019).
Therefore, a negative relationship between deal value and acquisition performance is expected.
Furthermore, two dummies will be added to the model: A Domestic/ Cross border (DMCRB)
dummy and a Subsidiary in host country (SUBS) dummy. The Domestic/ Cross-border dummy
equals ‘1’ when the country of the acquirer and the country of the target are the same (domestic
acquisition). At the same time, the dummy equals ‘0’ when it is a cross-border acquisition. In
general, domestic acquisitions are found to be less complex and thereby resulting in higher
acquisition performance. Besides, the Subsidiary in host country is included to reflect the presence/
experience of the acquiring firm in the country of the target firm. The dummy equals ‘1” when the
acquiring firm has a subsidiary in the country of the target. At the same time, the dummy equals
‘0’ when the firm does not have a subsidiary in the host country. The presence of the acquiring
firm in the country of the target is expected to provide the acquiring firm with more knowledge
about the country of the target firm, resulting in improvement of acquisition performance.

3.4.3 Advisor controls

The control variables Advisor Fees (ADVFEE) and Advisor pressure (ADVPRE) are
incorporated in the models to account for advisor characteristics. Advisor fees are an important
determinant of the gains of an acquisition to the acquiror and are expected to have a positive
relationship with post-merger acquiror returns (Hunter & Jagtiani, 2003). Furthermore, advisors
experience pressure whenever the yearly deal values of the advisor is lower compared to the year
before, because if the M&A business of the advisor is declining, the managers could exhibit
receiving lower bonuses. Therefore, an advisor pressure dummy is incorporated which equals ‘1’
when the advisor has a lower deal value in the year of the acquisition compared to the deal value

of the year previous to the acquisition, following the methodology of Plaksen (2010).
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3.5 Models

The relationship between acquisition experience and acquisition performance is tested with an
Ordinary Least Squares (OLS) regression. The data should adhere to important assumptions of
performing an OLS regression. Therefore, before running the regressions, several tests are
executed. First, the outliers in the data are treated by ‘winsorizing’ all variables in STATA. By
winsorizing, the first and last percentile of observations of the variable are removed from the
dataset. Then, the data is checked whether influential outliers are still playing a role in the data by
plotting the observations. Subsequently, the disproportional influencing outliers are detected and
removed with the Cook’s Distance test and the DfFit test. These tests calculate whether there is a
significant difference in results with or without the addition of specific influential observations. An

observation is identified as influential when the Cook’s Distance test shows a value higher than
4
e(N)’

After performing the test, 23 observations are identified as influential and are removed from
the dataset. Afterwards, by performing the DfFit test there is confirmed that no influential outliers
remain in the dataset.

Subsequently, the dataset is tested for normality. The Shapiro-Wilk test shows a p-value smaller
than 0,05 for all variables except for advisor pressure (ADVPRE), domestic/cross-border (DMCRB)
and industryrelatedness (INREL), indicating that most of the variables are non-normally
distributed. Although most of the variables have been found non-normal, this does not necessarily
indicate that the variables need to be transformed. Therefore, for further examination, scatterplots
of the individual variables are created to visualize the intended relationship between the dependent
variable and the independent variables. The scatterplots do not show obvious non-linear
relationships between the independent variables and the dependent variable. Therefore, the
variables will not be log-transformed, which is done in many other papers. Furthermore, the
residuals are tested for heteroscedasticity. The Breusch-Pagan test is performed and is insignificant
(p > 0.05). Thereby, indicating that the residuals are not correlated and are not heteroscedastic.
Although the Breusch-Pagan test has proved the absence of significant heteroscedasticity in the
data, robust standard errors will be used to prevent any type of heteroscedasticity to affect the
results in this paper. The dataset in this study consists of Acquisitions of firms within the period
2009-2019. All acquisitions are treated as an individual observation. Some acquiring firms are

included in more than 1 observation in the dataset. Therefore, the dataset in this study consists of
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an unbalanced panel data, since different number of observations exist per acquiring firm. Intra-
firm correlations between different acquisitions from the same firm can result in biased standard
errors and significance levels (Williams, 2000). To prevent this potential problem of affecting the
results of this study, the methods of Basuil & Datta (2015) are used by executing the OLS
regression with clustered robust standard errors. Clustering the standard errors per firm addresses
the potential problem of the inclusion of firms with more than 1 acquisition in the dataset.
Furthermore, clustered robust standard errors are better able to deal with heteroscedasticity in the
residuals of the data compared to robust standard errors, since robust standard errors do not account
for within cluster (firm) standard errors (Petersen, 2008).

After detecting the outliers, removing influential outliers, and testing for normality and
heteroscedasticity, 274 observations remain in the dataset. Now, a joint hypothesis test (testparm
in STATA) is executed to test whether country, industry and/or year fixed effects should be added
to the model. The testparm command in STATA is used to test more than one coefficient at a time.
In this case, the test shows whether the different dummy’s as a total are equal to zero. The test for
country fixed effects and year fixed effects show a p-value of 0.0000, indicating that the null
hypothesis should be rejected and the coefficients of the individual countries and years are not
simultaneously equal to zero. Since the p-value for both country specific dummies and year specific
dummies are significant, country fixed effects and year fixed effects are added to the model.
Simultaneously, the joint significance test for industry specific effects did not result in a significant

result (p-value = 0.3594), therefore no industry fixed effects are added to the model.

35.1 Experience effect

So far, the variables and methods have been determined and explained. Now, in the first analysis,
4 different OLS regressions with clustered robust standard errors will be executed in order to
answer hypothesis 1. The first regression will be used to examine the relationship between
acquisition experience (EXP5) and acquisition performance (CAR) with performance as the
dependent variable, experience as the main independent variable and the control variables to

answer hypothesis 1a . The equation of the first regression is as follows:
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CARit

= Po+ P1EXPS5 + B2ASIZE + B3AGRT + [4APRO + fsNormpgcg + fs DVAL + 7 RSIZE

+ P8DIST + B9oADVREP + f10ADVFEE + 11 ADVFEE + B12INREL + $13DMCRB + (14SUBS
+ L1sSUBS + Countrypg + Yeargg + &

Where CARi: represents the performance of the acquisition measured with the Cumulative
Abnormal Returns (CARs). Besides, S1EXP represents the experience of the acquiring firm
calculated by the number of acquisitions by the acquiror in the 5 years prior to the event. So and ¢
are respectively the constant and the error of the regression. Further explanation on the definition
and measurement of the variables are shown in Table 3 in the appendix.

In the second regression, the potential existence of a non-linear relationship is tested, since the
paper of Haleblian & Finkelstein (1999) found evidence for the existence of a U-shaped
relationship. Therefore, the square of the experience variables will be added in the second
regression. Subsequently, acquisition experience of acquiring firms in the country of the target
(HEXP) is added to the model. Furthermore, also the experience of the acquiring firm in the specific
industry of the target (IEXP) firm is examined in the fourth regression. Host country experience
and target industry experience are investigated to examine whether specific types of experience
result in a different outcome than general experience. As a supplementary analysis, the effect of
different time intervals of the measurement of experience is performed. As explained in section
3.3, experience is measured over the period 5 years prior to the event. In this paper, experience will
also be measured over the time intervals of 3 and 10 years prior to the acquisition. By executing
this supplementary analysis, the aim is to take a deeper look into the possible existence of the
transfer theory, which expects that more recent experience weighs heavier on the performance of

the acquisition.

3.5.2 Advisor reputation effect

In analysis 2, the influence of M&A advisor reputation on the relationship between acquisition
experience and acquisition performance is investigated. An interaction term is created by
multiplying the experience values with the advisor reputation values. The first regression will

include both M&A advisor reputation and acquisition experience combined with an interaction
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term of the two variables to test whether M&A advisor reputation has a weakening effect on
experienced acquirers compared to unexperienced acquirers. The model parameters are further

explained in Table 3 (Appendix A). The equation of the first regression is as follows:

CAR:t

= Lo+ B1iEXPREP + B2EXP5 + (B3ASIZE + BsAGRT + BsAPRO + feNormpgcg + f7 DVAL
+ BsRSIZE + BoDIST + B1oADVREP + 11 ADVFEE + B12ADVFEE + B13INREL

+ B14aDMCRB + [15SUBS + B16SUBS + Countrypg + Yeargg + ¢

Besides the analysis with the moderating variable (EXPREP), another method is used to estimate
the potential effect of advisor reputation on the relationship between acquisition experience and
acquisition performance. As follows, two subsamples of the dataset are produced, one with top-tier
M&A advisors (high reputation), calculated by taking the 25% highest ranked advisors in the
sample, and one subsample with low-tier M&A advisors (low reputation), calculated by taking the
25% lowest ranked advisors in the sample. Subsequently, two different regressions for both
subsamples are created. Ultimately, the results of the effect of experience on both subsamples will

be compared.

4 Results

The results section is built up as follows: First, section 4.1 contains the descriptive statistics of
all variables. Subsequently, section 4.2 will present the results of the correlation matrix. Then,

section 4.3 clarifies the results of the regressions and provides the robustness checks.
4.1 Descriptive statistics

The analysis of the data starts with performing T-tests on the cumulative abnormal returns
(CARs). The results of the T-tests are provided in Table 5 (Appendix C) and show that the CARs
on a 3-day event window deviate significantly from zero (p < 0.1). Therefore, the results indicate
that the acquiror stock returns are on average significantly affected by the event. Moreover, the
CARs are tested for different event windows to check whether there exists significant differences

for varying event windows. The results in Table 5 show that the CARs with an event window of 1
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day around the event date (CARS1) deviate significantly from zero since the p-value is respectively
0.004. As opposed to these results, the CARs with an event window of 5 days around the event
date do not deviate significantly from zero since the p-value of the T-test is equal to 0.495. This
result indicates that the events (acquisitions) on average did not significantly affect the overall
return of the sample in the 5 days around the event date. The results of Table 5 in Appendix C
indicate a more significant impact of the acquisitions on the stock returns with shorter event
windows.

Besides, the descriptive results in Table 6 (Appendix D) show that the mean of the CARS is the
largest for shorter event windows. In general, the mean for all CARs variables are positive, thereby
indicating a positive effect of the acquisitions on the stock return for all 3 event windows. The
mean of the CARs with an event window of 1 day (0.566) indicates an average increase of the
returns of the acquiring companies in the sample of 0.566%. The CARs with smaller event
windows show effects of respectively 0.527% for the 3-day event window and 0.231% for the 5-
day event window.

By further analysis of the variables, Table 6 shows that on average, the acquiring firms in the
sample have an experience of 2.46 acquisition in the 10 years prior to the new acquisition.
Logically, the average experience is lower for shorter experience intervals. The results indicate an
average experience of 1.25 acquisitions before the new acquisition on the 5 year interval. On
average, 16.5% (= 0.207/1.251) of the experience on the 5 year interval was in the host country of
the target. Furthermore, 63.6% (= 0.796/1.251) of the experience was in the same industry as the
industry of the target. The acquirors in sample are characterized by an average size of the company
of around 31 billion dollars. Furthermore, the average growth of the acquiror in the 4 years prior
to the acquisition is equal to 16.2%. Besides, the acquirors are profitable with an average Return
On Equity of 10.8% in the 4 years prior to the deal. Meanwhile, the companies have a slightly
positive normalized Free cash flow (Norm_AFCF) (0.01). The deal values are ranging between 2
million and 36 billion dollars, on average the deal value of an acquisition is 2 billion dollars. In
these transactions, the acquiror is on average 270 times larger than the target, which is estimated
with the variable RSIZE. Furthermore, the distance between the cities of the acquiror and target is
on average 2552 kilometers. Around 2/3 of the acquisitions in the sample is characterized as cross-
border. Meanwhile, in 90% of the acquisitions, the acquiror does have a subsidiary in the host

country of the target. Simultaneously, 44% of the acquisitions is done in which the acquiror and
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the target are active in the same industry. The reputation or ranking of an involved financial advisor
varies between 1 and 473. The average rank of the advisors is the 54" rank in the league tables.
Furthermore, 35.6% of the involved financial advisors experienced pressure, since the accumulated
deal values of these M&A advisors were higher in the year prior to the acquisition. As a reward for
their tasks, the acquiror pays on average amount of around 14.9 million dollars on financial advisor
fees. Furthermore, Table 7 (Appendix E) represents a frequency matrix of the countries of the
acquirors in the dataset. The results show that a large part of the acquirors in the sample is located
in the United States (44%). Furthermore, the active industry of the targets is outlined in Table 8
(Appendix F). The targets are active in 11 different industries, of which the Healthcare industry
represents the biggest part of target industries with 19.3%. As described in section 3 of this paper,
the targets were not found to have a significant impact on the results of the model, therefore, no
industry fixed-effects will be added to the regressions.

4.2 Correlation matrix

Table 9 in Appendix G represents the correlation matrix of the variables. Most coefficients of
the variables in the matrix are between -0.3 and +0.3, which indicates low levels of correlation
between the variables. Only the coefficient of the correlation between the dummy Domestic/Cross-
border and Distance shows a relatively high number (-0.609). The relatively high correlation can
logically be explained by the fact that when the distance between the cities of the acquiror and
target increases, there is higher likelihood of the acquisition to be characterized as a cross-border
acquisition. In general, correlation coefficients exceeding -0.5 to +0.5 is considered to be high
correlation (Khan Academy, 2024). High values of correlation could indicate the presence of
multicollinearity between the independent variables, which could lead to wider confidence
intervals resulting in less reliable regression coefficients (Team CFI, 2024). Despite the fact that
the variables are not strongly correlated, the variables are tested for multicollinearity to make sure
the results are not affected by the correlation between the variables. The Variance Inflation Factors
(VIF) of the independent variables are calculated to estimate whether multicollinearity is affecting
the results. As expected, the results in Table 10 in the appendix show little evidence for
multicollinearity. The VIF values for DMCRB and DIST are slightly higher compared to the other
variables, but nowhere near the VIF value of 5. In general, VIF values above 5 are considered to

be extreme and would indicate the existence of multicollinearity (Menard, 2002).
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As a supplementary analysis, the correlations between the CARs with different event windows
and the acquisition experience with different time intervals are provided in Table 11 (Appendix I).
The findings show negative correlation for all types of experience with the CARs with different
event windows. Moreover, the results indicate a rising negative effect for lower experience time
intervals. The negative effect of experience is higher when experience is measured on a three year
interval (-0.174) compared to a 10 year interval (-0.143). This rising correlation for larger
experience measurement intervals only holds when the CARs are calculated with the 3-day event
windows and the 5-day event window. Moreover, for the 3-day event window, the results show
slightly lower correlations for host country experience (-0.066 < -0.139) and industry-specific

experience (-0.131 < -0.139) compared to overall experience (EXP5).

4.3 Regressions

In this section of the paper, the results of the regressions will be outlined. The results aim to
create a deeper understanding on the potential effect of acquisition experience on acquisition
performance. In Table 1, the results of the 4 regressions of the first analysis are outlined. All
regressions in Table 1 are performed with the CARs with an 3-day event window. Furthermore, all
control variables, outlined in section 3 of this paper, are included in the four regressions. The first
regression incorporates acquiror acquisition experience in the 5 years prior to the new acquisition
(EXP5). In the second regression, a potential U-shaped relationship between acquisition experience
and acquisition performance is examined by incorporating the square of experience in the 5 years
prior to the acquisition (SquaredeXP), following the methods of Haleblian & Finkelstein (1999).
In order to examine the relationship discussed in hypothesis 1b, the third regression includes host
country experience (HEXP). Furthermore, the fourth regression examines whether industry-
experience (IEXP) differently affects acquisitions performance compared to standard experience
in the 5 years prior to the deal. In a separate analysis in section 4.3.3, the potential moderating
effect of advisor reputation is investigated by incorporating an interaction term as well as the
investigation of two different subsamples of advisors. In the upcoming paragraphs, the results and

robustness checks of the regressions will be discussed.
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4.3.1 Hypothesis 1: Results experience

The main results of regressions 1-4 will be discussed in this paragraph. Hypothesis 1a — 1c predict
a positive relationship due to the learning-by-doing theory. The results of regression 1 in Table 1
predict otherwise, since the coefficient of EXP5 is found significantly negative (B = -0.396).
Indicating that an increase in experience of 1 extra acquisition in the 5 years prior to the event,
decreases the CARs of the acquiror with 0.396. Thereby, hypothesis 1a can be rejected, since a
negative relationship is detected. In the second regression, the potential existence of a U-shaped
effect is investigated with the addition of the square of the variable EXP5, named SquaredEXP.
The methods of this regression are in line with the methods of Haleblian & Finkelstein (1999)
where both EXP5 and SquaredEXP are added to the regression. However, opposed to the results
of Haleblian & Finkelstein (1999) no significant evidence is found for the existence of a U-shaped
effect. Despite the fact that the coefficient of SquaredEXP is found to be positive (f =0.077), which
is in line with the results of Haleblian & Finkelstein (1999), no significant effect is found. Besides,
the effect of EXP5 became stronger (-0.396 < -0.793) and remained significant on the 1st level.
The results show that the negative coefficient for EXP5 in regression 1 cannot be explained by the
fact that the relationship is U-shaped.

Furthermore, regressions 3 and 4 aim to examine how specific types of experience affect
acquisition performance. HEXP and IEXP are expected to have more positive effect on the
acquisition performance than general experience (EXP5). Theory expects the coefficient to be
positive, since the experience in the country of the target could help acquirors in overcoming
complex situations in the target country, for example related to regulatory institutions. Moreover,
the same reasoning can be used for target industry experience, where experience could overcome
complex situation in the industry of the target. In regression 3, the coefficient of the variable HEXP
(B =-0.23) is found to be negative, which is still not in line with hypothesis 1a. However, the result
in regression 3 indicate a weaker slope of the coefficient compared to regression 1 (-0.23 > -0.396).
The result was not found to be significant and therefore hypothesis 1b cannot be accepted. In
regression 4, industry-related experience (IEXP) shows a stronger significant negative effect ( =
-0.514) than EXP5 in regression 1. This stronger negative effect is contrary to what is expected
from theory, since experience in more complex situations (industries) is expected to have a more
positive effect on the CARs. However, the contrary was found and therefore hypothesis 1c can be

rejected. The overall effect of acquisition experience on acquisition performance is negative,
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thereby the effect becomes more negative by focusing on target industry experience. Furthermore,
the coefficient for ADVREP was found to have the same negative effect (-0.003) across all 4
regressions, which shows that higher advisor reputation has a negative effect on acquisition
performance. These results are not in line with the expected relationship and moreover, the effects
were found non-significant.

Regarding the control variables, significant coefficients are found for ASIZE and DMCRB. The
significant coefficient for ASIZE (f = 0.004, p < 0.01) indicates a small increase of the CARs for
larger acquiror firms. Respectively, an increase of the total asset of the acquiror with 1 billion
dollars increases the CARs with 0.04. Furthermore, the coefficient and significance remains the
same over the 4 regressions. The significant coefficient of DMCRB (B =2.117, p < 0.05) indicates
a positive effect of domestic acquisitions compared to cross-border acquisitions. As a result,
domestic acquisitions are found to have a more positive result than cross-border acquisitions. The
coefficient of DMCRB indicates that domestic acquisitions increase CARs with 2.117 compared to
cross-border acquisitions. Besides, the coefficient remains relatively the same across the 4
regressions (2.026 — 2.143) on the same significance level. The results of AGRT, APRO,
NormAFCF, ADVPRE and INREL show the expected direction of the coefficients. However, the
coefficients of these variables have not been found significant. The remaining variables DVAL,
RSIZE, DIST, ADVFEE and SUBS show the opposite of the expected effect. Besides, the effects
for these variables have been found non-significant. The explanatory power of the 4 regressions is
measured with the R2 in the bottom of Table 1. The R2 for all models is relatively low (= 0.26).
However, the low level of explanatory power is common in research related to acquisition
experience and acquisition performance. Many papers show even lower levels of explanatory
power (Haleblian & Finkelstein, 1999).
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TABLE 1: OLS REGRESSIONS (1-4) ON THE CUMULATIVE ABNORMAL RETURNS (-3,+3)

M ® 8 @
Expected Experience U-shaped Host- Target-
effect effect Country Industry
experience experience
EXP5 + -.396%* -.793*
(-1.927) (-1.828)
SquaredEXP + 077
(1.102)
HEXP + -.23
(-612)
IEXP + -.514*
(-1.963)
ASIZE +/- .004#H* L0040k 004k .004#kx
(2.871) (2.873) (3.265) (2.881)
AGRT + .022 .02 -.027 .08
(.046) (.041) (-.056) (162)
APRO + .003 .003 0 .003
(.238) (:249) (.033) (:237)
Norm_AFCF - -13 -.187 .071 -175
(-.223) (-.315) (.113) (-.290)
DVAL + -014 -.014 -.031 -.014
(-.275) (-.259) (-.595) (-.259)
RSIZE + -.003 -.004 -.001 0
(-.106) (-.223) (-.03) (-.022)
DIST - .013 .012 .013 011
(1.099) (1.024) (1.041) (.961)
ADVREP + -.003 -.003 -.003 -.003
(-.781) (-.787) (-.799) (-.746)
ADVFEE + -.013 -.013 -.013 -.013
(-1.331) (-1.314) (-1.229) (-1.344)
ADVPRE - -.015 -.078 101 -.085
(-.018) (-.09) (.116) (-.098)
INREL + 461 458 .523 702
(.740) (.739) (.83) (1.104)
DMCRB + 2.117%* 2.026%* 2.238%* 2.143%¢
(2.213) (2.094) (2.314) (2.231)
SUBS + -.634 -.789 -731 -.671
(-.741) (-.918) (-.851) (-8
_cons -5.627* -5.106* -5.853%* -5.869%*
(-1.906) (-1.7406) (-2.016) (-2.058)
Obsetvations 273 273 273 273
R-squared 259 262 .245 261
Country FE YES YES YES YES
Year FE YES YES YES YES

Table 1 represents the results of the OLS regressions (1 — 4) of the ‘Experience’ analysis with CARS3. All control variables
are included in the regressions. The first model incorporates general experience (EXP5). In the second model, the square of
EXP5 is added to investigate a U-shaped effect. In model 3, host country experience is incorporated instead of general
experience. In model 4, target industry experience is incorporated.- t-values are in parentheses (*** p<.01, ** p<.05, * p<.1)

30



Bas Pijl Jun. 25, 24 Master Thesis, Economics

4.3.2 Robustness checks

In this paragraph, robustness checks are executed on the regressions in Table 1. Robustness
checks are done to examine how the models behave when the regression is modified, for instance,
by adding or removing variables (Lu & White, 2013). First, the first regression will be executed
with different time intervals for experience. Therefore, the same model is tested with experience
calculated with intervals over 3 and 10 years. One of the main goals of this robustness check is to
examine whether the transfer theory holds for this dataset. The results of the analysis are outlined
in Table 12 (Appendix J) and show a weaker negative effect when experience is measured on the
10 year interval (f = -0.249) compared to the 5 year interval (f = -0.396). Meanwhile, experience
on the 3 year interval denotes a stronger negative effect (B = -0.702). To conclude, the results show
evidence for the existence of the transfer theory, since the effect becomes stronger with shorter
measurement intervals, although that the direction of the coefficients (negative) has been deviating
from the expected direction (positive). The coefficients of the control variables across the 3 models
remain almost the same as well as the explanatory power of the models. The second robustness
check includes a dummy variable for acquisition experience. A dummy is widely used in literature
as a measure for acquisition experience (Langosh & Tumlinson, 2022). The dummy equals 1 when
the acquiring firm has acquired at least 1 company in the past 5 years. Logically, the dummy equals
0 when the company did not execute an acquisition in the 5 years prior to the deal. This robustness
check is executed to check whether the results differ for other measurement methodologies of
experience.

The results of the robustness check in regression 4 of Table 12 show an even stronger significant
negative effect for the dummy variable was found ( = -1.091). In the third robustness check, the
regressions are performed on the CARs with different event windows. The event windows
displayed in Table 13 (Appendix K) are -5/+5 day around the event date (CARSS), -3/+3 days
around the event date (CARS3) and -1/+1 days around the event date (CARS1). The most important
findings of the table show that acquisition experience has a negative coefficient for all event
windows. However, the coefficient is just significant for the 3-day event window. Moreover, none
of the control variables showed a significant coefficient. The fourth robustness check is performed
to check whether the results of the regressions would deviate when time fixed effects and country
fixed effects are excluded from the model. In Table 14 (Appendix L), the results of the table are in

line with the regression in Table 1, which includes time fixed effects and country fixed effects.
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Only the coefficient DMCRB has become insignificant. Furthermore, excluding the fixed effects in
the model has a decreasing effect on the explanatory power of the model. The addition of country
and year fixed effects increases the R2 from =~ 0.05 to = 0.26. This increase in explanatory power
justifies the decision to use fixed effects into the regressions. Overall, the robustness tests have
clarified that the effect of acquisition experience on acquisition performance is negative. Since, the
coefficients of the ‘experience variables’ all show negative slopes for different methodologies
(dummy method) or different measurement intervals. Furthermore, the paper of Haleblian &
Finkelstein (2002) uses a different methodology compared to Table 1, since the authors measure
the difference in performance between first and second acquisitions. In this study, the aim was to
use the same methods as a robustness check. However, due to the lack of companies in the sample
including the first and second acquisition (N < 10), the results would have been biased and the

decision was made not to include this robustness check into the paper.
4.3.3 Hypothesis 2: Results Advisors

The regressions in Table 2 aim to estimate the potential impact of M&A advisor reputation on
the relationship between acquisition experience and acquisition performance. Hypothesis 2 expects
a weakening effect for the moderating variable, since inexperienced acquirors are better able to
profit from advisors with a good reputation. Initially, the coefficient of EXPREP is found to be
weakening the negative effect of EXP5, since the coefficient is positive (0.002). However, the result
in Table 2 is weakening a negative effect. The findings suggest that the initial effect of experience
is negative (-1.385) but that the effect is weakened (more positive) by the involvement of advisors
with a good reputation. In contrary, hypothesis 2 expected the interaction term to weaken a positive
effect and therefore, hypothesis 2 cannot be accepted. Moreover, the results in regression 1 for
EXPREP and EXP5 were found non-significant. The variable ADVREP was found to have a non-
significant negative slope (-0.006, p > 0.1).

Furthermore, for regressions 2 and 3, subsamples are created for different levels of advisor
reputation. The first subsample in regression 2 represents the lowest 25% ranked (low reputation)
advisors. In the third regression, the subsample represents the highest 25% ranked (high reputation)
advisors. The major difference between the two samples can be observed in the value of the
constant. The constant of the low reputation sample is negative (-10.662), while the constant of the

high reputation sample is strongly positive (167.858), indicating that the mean value of the CARs
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(when other variables are 0) is much higher with the involvement of advisors with a good
reputation. This is in line with the prediction presented in Figure 1. However, the results were
found non-significant. The coefficient of EXP5 was found stronger negative for the high reputation
subsample compared to the low reputation subsample, which is contrary to the expected effect.
Moreover, the results were found non-significant. As follows, hypothesis 2 can again not be
accepted.

Overall, the combined results of the three regressions do not provide evidence for a moderating
role of advisor reputation on the relationship between acquisition experience and performance.
Regarding the control variables, the results of regression 1 show similar coefficients to the
regressions in Table 1, since the main part of the coefficients are insignificant. Besides, there exists
much difference between the coefficients of the regressions of the subsamples and the coefficients
in regression 1. Furthermore, RSIZE was found to have a significant negative effect (-0.072),
indicating the larger the difference between the acquiror size and target size for the low advisor
reputation subsample, the lower the CARs of the acquiror. Moreover, the explanatory power for
regression 1 is similar to the regressions in analysis 1. However, the explanatory power rises
strongly for the subsamples (0.588 and 0.443). These higher levels of explanatory power are
common with samples with low observations (N = 68).
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TABLE 2: OLS REGRESSIONS (1-3) ON THE CUMULATIVE ABNORMAL RETURNS (-3,+3)

%) @ )
Expected effect Moderating Low reputation High
reputation
EXPREP - .002
(.760)
EXP5 + -1.385 -.559 -.707
-1 (-.622) (-1.515)
ADVREP + -.006 .006 -.283
(-1.116) (911) (-.549)
ASIZE +/- .004x** -.006 -.024
(2.825) (-.17) (-.59)
AGRT + .049 -.372 -.796
(.101) (-.073) (-.784)
APRO + .003 -.017 .054
(21) (-.23) (1.113)
Norm_AFCF - -.059 -6.949 -4.081
(-.095) (-1.029) (-1.338)
DVAL + -.016 3.117 -.059
(-.319) (1.221) (-.434)
RSIZE + -.005 0724k 139
(-.227) (-3.183) (.517)
DIST - .013 .068 -.048
(1.084) (1.388) (-1.321)
ADVFEE + -.013 -.462 0
(-1.249) (-1.367) (-.002)
ADVPRE - .013 -1.874 -.872
(.015) (-.811) -3
INREL + 494 443 314
(.794) (.267) (.199)
DMCRB + 2.063** 8.776* -4.046*
(2.165) (1.9006) (-1.699)
SUBS + -.655 -2.145 -.858
(-.763) (-.762) (-.400)
_cons -4.688 -10.662 167.858
(-1.54) (-1.481) (.647)
Observations 273 68 68
R-squared 264 .588 443
Country FE YES YES YES
Year FE YES YES YES

Table 2 represents the results on the OLS regressions (1-3) of the ‘Advisor reputation’ analysis. All regressions incorporate all control
variables. In model 1, the moderating variable is incorporated, which is the multiplication of EXP5 and ADVREP. Model 2 represents
the subsample of the lowest 25% ranked advisors. Model 3 represents the high-tier subsample including the 25% highest ranked
advisors -. t-values are in parentheses (*** p<.01, ** p<.05, * p<.1)
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4.3.4 Robustness checks

In this paragraph, robustness checks of the results in Table 2 are outlined. The robustness checks
used in this section are common to the robustness checks performed in section 4.3.2. First, the
results of Table 2 are estimated for different event windows. The results are displayed in the table
in Table 15 (Appendix M). The results of the full sample on a 1-day event window with moderating
variable EXPREP show similar results to regression 1 in analysis 2. Furthermore, EXP5 shows
similar results for the different subsamples, since the coefficient of the low reputation subsample
IS more positive than the coefficient of the high reputation subsample. Regarding the control
variables, the subsample with high reputation advisors shows significant coefficients for AGRT,
DVAL, DIST and ADVPRE. Thereby, the intercept of the high reputation subsample has become
extremely low (-158.643), which is highly inconsistent with the results in analysis 2. The results of
the regressions with a 5-day event window do not show any results worth mentioning besides the
fact that the intercept becomes extremely positive again for the high reputation subsample.
However, the results have been found insignificant. The results of the first robustness check do not
show any evidence to support the second hypothesis.

Then, in the second robustness check for Table 2, the models are executed without time fixed
effect and country fixed effect. The results in Table 16 (Appendix N) show that the explanatory
power of the regressions decreases strongly after removing the fixed effects, which is in line with
the robustness check of analysis 1. Furthermore, the main difference with Table 2 is that EXP5 for
the high reputation subsample becomes significant (-0.972, p < 0.05). Indicating that the effect of
experience is significantly negative with the involvement of high reputation advisors. Moreover,
the coefficient is stronger for the high reputation subsample compared to the other two regression,
which is opposite to the proposed relationship in hypothesis 2. However, due to the fact that the
coefficients of EXP5 has not been found significant in regressions 1 and 2, no conclusions can be
drawn from this second robustness check. Overall, the robustness checks for Table 2 do not

improve the model. The checks mainly result in contradictory and insignificant results.
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5 Discussion

M&A activity is reaching all-time highs in recent years. However, a large part of the acquisitions
does not result in a positive net present value. Topics related to acquisition performance are widely
investigated, but the results of these studies could not change the fact that between 70-90% of
acquisitions fail. Thereby, previous literature shows inconsistent results. As a result, there is no
general consensus on the relationship between acquisition experience and acquisition performance.
This study aimed to create a deeper understanding of the relationship between acquisition
experience and acquisition performance. Besides, this study also investigated whether the
inconsistent results in previous literature could be explained by a third factor affecting the
relationship. In this study, M&A advisor reputation as a third factor affecting the relationship
between experience and performance is investigated. After performing a literature review on
acquisition experience, acquisition performance and M&A advisor reputation, 4 hypotheses were
constructed. The outlined methodology of this study resulted in the findings in section 4. In the
following part of this section, the findings in the previous section are discussed and compared to

the findings in previous literature.
51 Results

The findings of the first analysis show that the relationship between general acquisition
experience and acquisition performance is significantly negative. This indicates that as the acquiror
gains more experience in performing acquisitions, the cumulative abnormal returns of the acquiror
over an 3-day event window decrease. Moreover, the potential non-linear relationship was
investigated by incorporating the square of experience in the second regression, but no significant
result was found. Therefore, a non-linear slope of the experience variables is ruled out. Thereafter,
the effect of more specific types of experience were investigated. No significant result was found
for host country experience, although the coefficient of the variable was negative. In contrary, the
coefficient of industry-related experience was found significant. The effect of industry-related
experience was even more negative than the effect of general experience, which indicates that as
the acquiror gains more experience in the industry of the target, the cumulative abnormal returns

of the acquiror would decrease stronger than if the experience was not industry specific.
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Furthermore, the results of the robustness check in Appendix J suggest that the effect of
acquisition experience on performance becomes even stronger negative for smaller intervals of the
measurement of acquisition experience. Moreover, an important finding of the first analysis is that
the average cumulative abnormal returns of domestic acquisitions is higher compared to cross-
border acquisitions, since the coefficient of DMCRB has been found significantly positive for all 4
regressions. This result indicates that an increase in complexity of the deal, which is the case in
cross-border deals, leads to worse acquisition performance. Furthermore, the results of analysis 1
show significant positive coefficients for acquiror size across the 4 regressions, which indicates
that the larger the size of the acquiror, the higher the chances of a successful acquisition. Another
important finding of the paper is that the reputation of an advisor does not necessarily lead to
improvement of acquisition performance. The coefficients of the advisor reputation variable
(ADVREP) are even slightly negative and non-significant.

The main results of the second analysis show that there is no indication for a moderating effect
of advisor reputation on the relationship between acquisition experience and acquisition
performance. The relationship has been investigated by incorporating an interaction term in the
first regression of the second analysis. However, the coefficient has not been found significant.
Moreover, in regression 2 and 3, the results of the different subsamples were investigated by
comparing the effects of acquisition experience for a low reputation subsample and a high
reputation subsample. The results of the analysis do not provide evidence of the existence of a
moderating effect, since the coefficients for experience for both subsamples were found
insignificant. The regression does suggest that the high reputation subsample is characterized with
a much higher intercept compared to the low reputation subsample, however the values of the
constant were found insignificant.

By combining the results of the 3 regressions in analysis 2, the conclusion is drawn that the
results do not show an indication for a moderating effect of advisor reputation on the relationship

between acquisition experience and acquisition performance.

5.2 Results compared to literature

In this section, the outcomes of this study will be compared to the findings of previous studies.

As stated in section 5.1, the relationship between acquisition experience and acquisition
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performance is found to be negative. Previous findings were found to be deviating strongly: several
studies found positive effects (Kolb, 1984; Basuil & Datta, 2015; Kim & Davis, 2019; Wu & Reuer,
2021) confirming the learning-by-doing hypothesis. However, other studies find a negative
relationship between experience and performance (Haleblian & Finkelstein, 2002) caused by the
wrong application of experiences to new situations (Barkema & Schijven, 2008). Our main results
are in line with the paper of Haleblian & Finkelstein (2002). Furthermore, this paper finds stronger
negative coefficients for target-industry experience, which is opposite to the theory of Basuil &
Datta (2015), who suggest a more positive relationship. Moreover, the results in this paper, show
evidence for the existence of the transfer theory, since the effects of acquisition experience on
performance become stronger when the measured time-interval before the acquisition become
shorter. Furthermore, this paper finds clear evidence for higher performance for domestic
acquisition, which is in line with theory, since an international environment is found to be more
complex in making acquisitions compared to a domestic environment (Vermeulen & Barkema,
2001; Collins et al., 2009). Furthermore, the findings in literature regarding the effect of acquiror
size on acquisition performance were varying. On the one hand, bigger firms are expected to have
more resources available and therefore have an increasing opportunity for successful
implementation of acquisitions (Basuil & Datta, 2015). On the other hand, following the
managerial hubris theory, evidence shows that managerial hubris is more prevalent in larger firms,
resulting in larger acquisition premiums and the entrance in more acquisitions with negative
synergy gains (Moeller, Schlingemann & Stulz, 2005). The results in 5 of the 7 regressions in this
study show strongly significant evidence for a positive effect of acquiror size on acquisition
performance. One of the reasons for the varying results in literature could be due to the difference
in measurement of the acquiror size variable. Since, some papers use the number of employees as
a proxy for the size, while this paper uses total assets as a proxy.

Literature has widely discussed the effect of involving advisors in M&A deals on acquisition
performance. Literature expects the league table rank of an advisor to have a positive effect on
acquisition performance (Bao & Edmans, 2011). The results in this paper do not show evidence to
confirm this theory, since the coefficients of advisor reputation have been found negative and non-
significant. Besides, the proposed weakening effect of the moderating variable in hypothesis 2
cannot be accepted, since none of the results in analysis 2 show evidence for the existence of this
effect.
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6 Conclusion

This study contributes to existing literature by creating a deeper understanding of the relationship
between acquisition experience and acquisition performance. In this study, different types of
experience are tested in how they affect deal performance. The first key finding of this paper is that
experience has a negative effect on deal outcome. One of the potential reasons for this negative
relationship is the wrong application of experiences to new situations. Furthermore, this negative
effect becomes even stronger when smaller experience measurement intervals are taken,
confirming the evidence for the transfer theory. In contrary to many other papers, this paper also
investigates specific types of experience, such as host-country experience and target-industry
experience. Another key finding of this paper is that target-industry experience is affecting deal
performance even more negative than general experience. One of the potential reasons for this
phenomenon is that as acquirors gain experience in a specific industry, the acquirors become
overconfident in how well they know the industry, resulting in an even higher degree of wrong
experience application. Thus, the better the acquiror thinks it knows what the institutional
environment of the target looks like, the higher the chances of wrong experience application. The
third key finding of the paper is that the reputation of an M&A advisor does not have a significant
influence on the relationship between acquisition experience and acquisition performance.

Furthermore, several limitations are to be considered when reviewing this research. Firstly, the
measurement of particular control variables could have affected the data. For instance, advisor
reputation is only measured by taking into account the league table rank of the advisor.
Realistically, advisor reputation is affected by many more variables which could have been taken
into account in the measurement of the reputation of the advisor. Another measurement limitation
is that the variable for the subsidiaries in the host country has been calculated by taking into account
the current subsidiaries an acquiror has and not the subsidiaries of the acquiror during the event.
Thus, the acquiror is appointed to have a subsidiary in the host country during the event whenever
the acquiror currently has an subsidiary in the host country. Moreover, an important limitation of
this research was the lack of time to finalize the study. Recent literature is focused on different
types of measurement of experience. Instead of focusing on the number of acquisitions in prior
years to the event, recent studies focus on ‘Experiential Learning’ and ‘Deliberate Learning’

(Schweizer et al., 2023). Since, these measures were found to better represent the experience in
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acquisitions. The process of obtaining information on these measures is time expensive since
qualitative research methods are needed to examine these specific types of experience. Therefore,
due to the lack of time this paper has not been able to dig deeper into the assessment of experience.

But, this opens up opportunities for further research to investigate, since the varying results in
literature could be caused because of a wrong assessment of what experience actually entails. A
second recommendation for future research is to not include only deals with an advisor with a
league table rank, but also deals including advisors without a league table rank or even deals
without an advisor. In this study, the findings on advisor rank have not been found significant, this
might have been caused by the fact that there is not much difference between higher ranked
advisors and lower ranked advisors. Meanwhile, differences could have been bigger between

ranked and unranked advisors, therefore this could lead to different outcomes.
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8 Appendices

Appendix A
TABLE 3: DESCRIPTION OF ALL VARIABLES
Code Description Source
Dependent Variables

CARS5 The Cumulative Abnormal Returns estimated with an event window of (-5, +5) around  Datastream
the event date.

CARS3 The Cumulative Abnormal Returns estimated with an event window of (-3, +3) around  Datastream
the event date.

CARS1 The Cumulative Abnormal Returns estimated with an event window of (-1, +1) around  Datastream
the event date.

Independent Variables

EXP10 Acquiror acquisition experience - The number of acquisitions of the acquiror within the  Datastream
10 years prior to the acquisition.

EXP5 Acquiror acquisition experience - The number of acquisitions of the acquiror within the  Datastream
5 years prior to the acquisition.

EXP3 Acquiror acquisition experience - The number of acquisitions of the acquiror within the  Datastream
3 years prior to the acquisition.

HEXP Host country acquiror acquisition experience - The number of acquisitions of the Datastream
acquiror within the 5 years prior to the acquisition in the host country of the target.

IEXP Industry acquiror acquisition experience - The number of acquisitions of the acquiror  Datastream
within the 5 years prior to the acquisition in the industry of the target.

ADVRANK Advisor Reputation — The league table rank of the involved advisor in the year of the  Datastream
acquisition.

ADVREP Advisor Reputation — The inversed league table rank of the involved advisor in the year ~ Datastream
of the acquisition.

EXPREP Interaction term of acquiror experience and the inversed league table rank of the advisor.  Datastream

Control Variables

ASIZE Acquiror Size — Total assets of the acquiror 1 year prior to the acquisition in billion  Datastream
dollars

AGRT Acquiror Growth — The net sales growth of the acquiror in the 3 years preceding the  Datastream
acquisition in percentages

APRO Acquiror Profitability — The average Return On Equiry (ROE) of the acquiror in the 3  Datastream
years preceding to the acquisition in percentages.

Norm_AFCF Free Cash Flow — The Free Cash Flow of the acquiror 1 year prior to the acquisition — Datastream
normalized by the size of the firm (ASIZE).

DVAL Deal Value — The value that is paid by the acquiror for the target firm in the transaction  Datastream
in billion dollars.
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RSIZE Relative Size — The size of the acquiror divided by the size of the target in percentages. Datastream
Size for both firms measured as the total assets of the firm 1 year prior to the acquisition
and multiplied by a 100.

DIST Geographical Distance — The distance between the city of the acquiror and the city of Datastream
the target in 100 Kilometers.

INREL Industry-Relatedness — A dummy variable equaling 1 when acquiror industry and target ~ Datastream
industry are the same. Simultaneously, the dummy equals 0 when the acquiror industry

is not equal to the target industry.

DMCRB Domestic / Cross-Border — A dummy equaling 1 when acquiror country and target Datastream
country are the same. Simultaneously, the dummy equals 0 when the acquiror is not
equal to the target country.

SUBS Subsidiary in Host Country — A dummy equaling 1 when the acquiror has a subsidiary  Orbis
in the host country. Simultaneously, the dummy equals 0 when the acquiror does not

have a subsidiary in the host country.

ADVFEE Advisor Fee — The total fee paid to Advisors to complete the acquisition in million  Datastream
dollars.
ADVPRE Advisor Pressure — A dummy equaling 1 when the total deal value of the advisor in the ~ Datastream

year of the acquisition is lower than in the previous year. Simultaneously, the dummy

equals 0 when the deal value of the advisor in the year of the acquisition is higher than

the deal value in the year prior to the acquisition.

Appendix A represents the description of all the variables that are used in all regressions in this study.

Appendix B

TABLE 4: JOINT SIGNIFICANCE TEST FOR INCLUSION OF FIXED EFFECTS

Country fixed effects:
F(31, 236)= 16.26
Prob >F = 0.0000
Industry fixed effects:
F(10, 236)= 1.10
Prob >F= 0.3594
Year fixed effects:
F( 8, 236)= 7091
Prob >F = 0.0000

Appendix B represents the joint significance tests performed to test whether specific fixed effects should be excluded in the model.
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Appendix C
TABLE 5: T-TEST OF CARS

T-test results : mean ==

Mean p value
CARS1 0.566 0.004
CARS3 0.527 0.050
CARS5 0.231 0.495

Appendix C represents the T-tests performed on the cumulative abnormal returns with different event windows. The results of the

table show whether the cumulative abnormal returns deviate significantly form zero.

Appendix D

TABLE 6: DESCRIPTIVE STATISTICS

Descriptive Statistics

Variable Obs Mean Std. Dev. Min Max
CARS5 275 231 5.601 -18.725 25.852
CARS3 275 .528 4.443 -13.635 14.515
CARS1 275 .566 3.187 -11.918 12.753
EXP10 275 2.462 2.906 0 14
EXP5 275 1.251 1.554 0 8
EXP3 275 775 1.101 0 6
HEXP 275 .207 728 0 7
IEXP 275 796 1.268 0 8
ASIZE 275 31.39 95.957 .021 863.994
AGRT 275 162 .397 =277 3.998
APRO 275 10.796 19.53 -121.16 63.078
Norm AFCF 275 .01 398 -3.935 1.237
DVAL 275 2.116 5.023 .002 36.689
RSIZE 275 2.7 13.491 0 137.366
DIST 273 25.52 31.573 0 134.348
ADVREP 275 54.113 97.737 1 473
ADVFEE 275 14.884 32.044 013 218
ADVPRE 275 .356 48 0 1
INREL 275 436 497 0 1
DMCRB 275 .669 471 0 1
SUBS 275 .898 .303 0 1

Appendix D represents the descriptive results of the variables that are used in this study, including the number of observations, the

mean, the standard deviation and the minimum/ maximum of the variables.
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Appendix E

TABLE 7: FREQUENCY TABLE ACQUIROR NATIONS

Tabulation of AcquirorNation

Acquiror Nation Freq. Percent Cum.
Argentina 1 0.36 0.36
Australia 14 5.09 5.45
Belgium 4 1.45 6.91
Brazil 3 1.09 8.00
Canada 22 8.00 16.00
China (Mainland) 2 0.73 16.73
France 11 4.00 20.73
Germany 8 291 23.64
India 2 0.73 24.36
Ireland 5 1.82 26.18
Israel 1 0.36 26.55
Ttaly 2 0.73 27.27
Japan 12 4.36 31.64
Mexico 1 0.36 32.00
Netherlands 6 2.18 34,18
Norway 2 0.73 3491
Peru 1 0.36 35.27
Philippines 1 0.36 35.64
Singapore 1 0.36 36.00
South Africa 1 0.36 36.36
South Korea 3 1.09 37.45
Spain 1 0.36 37.82
Sweden 11 4.00 41.82
Switzerland 4 1.45 43.27
Taiwan 3 1.09 44.36
United Arab Emirates 1 0.36 44,73
United Kingdom 31 11.27 56.00
United States 121 44,00 100.00
Total 275 100.00

Appendix E represents a frequency table of the nation of the acquiror, including the number of observations, the

percentage of total and the cumulative percentage.
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Appendix F

TABLE 8: FREQUENCY TABLE TARGET INDUSTRY

Tabulation of TargetMacroIndustry

Target Macro Industry Freq. Percent Cum.
Consumer Products and Services 20 7.27 7.27
Consumer Staples 10 3.04 10.91
Energy and Power 34 12.36 23.27
Healthcare 53 19.27 42.55
High Technology 39 14.18 56.73
Industrials 29 10.55 67.27
Materials 36 13.09 80.36
Media and Entertainment 15 5.45 85.82
Real Estate 13 4.73 90.55
Retail 8 2.91 93.45
Telecommunications 18 6.55 100.00
Total 275 100.00

Appendix F represents a frequency table of the industry of the target, including the number of observations, the percentage of total

and the cumulative percentage.
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Matrix of correlations

TABLE 9: CORRELATION MATRIX OF ALL VARIABLES

Variables ) ) ©) G ©) ©) 0] ©) ©) (10) an (12 13 a4 15)
(1) CARS3 1.000

(2) EXP5 0139 1.000

(3) ASIZE 0.096  -0.049  1.000

(4) AGRT 0011 0053  -0051  1.000

(5) APRO 0003 0069 0075 0056  1.000

(6) Norm_AFCF 0012  -0.122 0021 0377 0200  1.000

(7) DVAL 0036 0087 0015 0045 0059 0015  1.000

(8) RSIZE. 0006  -0077 0044 0022  -0001 0000 0023  1.000

(9) DIST 0010 0087 0026  -0080 0149 0080  -0056  -0.025  1.000

(10) ADVREP 0077 0015 0069  -0.002 0075 0039 -0.157 0033  -0075  1.000

(11) ADVFEE 0102 -0022 0033  -0013 0014 0006 0429 0026  -0.008  -0.182  1.000

(12) ADVPRE 0050  -0.086  -0.013 0071  -0.094 0051 0033 0082  -0.033  -0.075 0104  1.000

(13) INREL 0054 0075 0003 0034  -0068 -0.128 0020 -0.053  -0093 0009 0060  -0.045  1.000

(14) DMCRB 0040  -0070  -0055 0126  -0.185  -0.093 0026  -0003  -0.609 0106 0090 0087 0037  1.000

(15) SUBS 0024 0030 0054 0062  -0027  -0.040 0035 0023 0010 0046 0096 0066 0017 0078  1.000

Appendix G represents a correlation matrix of the variables.
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TABLE 10: VARIANCE INFLATION FACTOR TEST

Variance inflation factor

VIF 1/VIF
DMCRB 1.703 .587
DIST 1.638 .61
ADVFEE 1.317 .759
Norm AFCF 1.287 777
DVAL 1.277 783
AGRT 1.233 811
APRO 1.151 .869
ADVREP 1.088 919
EXP5 1.077 928
ADVPRE 1.058 .945
INREL 1.049 953
SUBS 1.033 968
ASIZE 1.031 97
RSIZE 1.027 973
Mean VIF 1.212

Appendix H represents the Variance Inflation Factor test for multicollinearity

Appendix |
TABLE 11: CORRELATION MATRIX OF THE CARS AND EXPERIENCE VARIABLES

Matrix of correlations

Variables (1) ) 3) ) B) ©) % ®)
(1) CARS1 1.000

(2) CARS3 0.641 1.000

(3) CARS5 0.379 0.744 1.000

(4) EXP10 -0.087 -0.143 -0.083 1.000

(5) EXP5 -0.057 -0.139 -0.090 0.805 1.000

(6) EXP3 -0.076 -0.174 -0.121 0.642 0.865 1.000

(7) HEXP -0.047 -0.066 -0.053 0.332 0.393 0.304 1.000

(8) IEXP -0.057 -0.131 -0.105 0.643 0.785 0.631 0.370 1.000

Appendix | represents the correlation matrix of the cumulative abnormal returns with different event windows and the different types of

experience
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Appendix J

TABLE 12: ROBUSTNESS CHECKS ANALYSIS 1 — DIFFERENT EXPERIENCE INTERVALS

) @ ©) @
Experience 10 Experience 5 Experience 3 Dummyexp
EXP10 -.249%*
(-2.483)
EXP5 -.396%
(-1.927)
EXP3 - 702%*
(-2.47)
dummyexp -1.091*
(-1.840)
ADVREP -.003 -.003 -.004 -.003
(-.633) (-.781) (-972) (-.754)
ASIZE 004 #+* 004 #+* 004#+* .004+F*
(3.45) (2.871) (2.708) (3.243)
AGRT -.03 022 .093 -.049
(-.064) (.040) (.192) (-.102)
APRO .002 .003 .002 .002
(-169) (:238) (-160) (101)
Norm_AFCF -171 -13 -.071 -.041
(-.293) (-.223) (-123) (-.068)
DVAL -.005 -.014 -.006 -.02
(-.089) (-.275) (-114) (-.372)
RSIZE -.003 -.003 -.003 -.003
(-.148) (-106) (-.141) (-.164)
DIST 014 013 013 013
(1.187) (1.099) (1.091) (1.081)
ADVFEE -.014 -.013 -.013 -.013
(-1.39) (-1.331) (-1.287) (-1.289)
ADVPRE 064 -.015 -.026 -.068
(.075) (-.018) (-.031) (-.077)
INREL 432 461 415 522
(.6906) (.740) (.673) (:842)
DMCRB 2.105%* 2.117%* 2.09%* 21171
(2.225) (2.213) (2.194) (2.185)
SUBS -.598 -.634 -.67 -.936
(-.696) (-.741) (-.782) (-1.082)
_cons -5.954%* -5.627* -4.821%* -4.725
(-2.067) (-1.906) (-1.691) (-1.622)
Observations 273 273 273 273
R-squared 264 259 267 .255
Country FE YES YES YES YES
Year FE YES YES YES YES

Appendix J represents the results of the robustness checks on the ‘Experience’ analysis with CARS3. All control variables
are included in the regressions. The first model incorporates experience calculated on a 10 year interval prior to the deal..
In the second model, the interval is 5 years prior to the deal. In the third model, the interval is 3 years prior to the deal. In
the fourth model, a dummy variable is incorporated equaling 1 for acquirors with more than 1 acquisition in the 5 years

prior to the deal .- t-values are in parentheses (*** p<.01, ** p<.05, * p<.1)
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Appendix K
TABLE 13: ROBUSTNESS CHECKS ANALYSIS 1 — DIFFERENT EVENT WINDOWS
M @ 0
CARS5 CARS3 CARS1
EXP5 -.353 -.396* -.101
(-1.482) (-1.927) (-.817)
ADVREP 0 -.003 -.003
(-.014) (-.781) (-.84)
ASIZE .005 0044+ -.001
(1.645) (2.871) (-.4306)
AGRT 292 .022 -.641
(41) (.0406) (-1.613)
APRO .023 .003 .007
(1.564) (.238) (.839)
Norm_AFCF -.248 -13 157
(-.35) (-.223) (.453)
DVAL .016 -.014 .03
(.295) (-.275) (.673)
RSIZE -.026 -.003 -.002
(-1.120) (-.106) (-.132)
DIST .018 .013 .001
(1.0406) (1.099) (.153)
ADVFEE -.01 -.013 -.004
(-1.015) (-1.331) (-.6206)
ADVPRE 1.339 -.015 -.408
(1.1406) (-.018) (-.732)
INREL =275 461 157
(-.323) (.7406) (.331)
DMCRB 1.305 2,117+ 815
(.921) (2.213) (1.172)
SUBS -.064 -.634 -.844
(-.055) (-.741) (-1.165)
_cons -6.4 -5.627* 1.759
(-1.198) (-1.96) (.699)
Observations 273 273 273
R-squared 157 .259 224
Country FE YES YES YES
Year FE YES YES YES

Appendixc K represents the robustness check of the ‘Experience’ analysis including the cumulative returns on different event windows.
Al control variables and acquisition experience on a 5 year interval prior to the deal are included in the 3 regressions. In model 1,
the dependent variable is the cummnlative abnormal returns with an event window of (-5, +5) days. In model 3, the event window of
the dependent variable is (-3, +3) days. In the third model, the event window of the dependent variable is (-1, +1) days. - t-values
are in parentheses (*** p<.01, ** p<.05, * p<.1)
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Appendix L
TABLE 14: ROBUSTNESS CHECKS ANALYSIS 1 — NO FIXED EFFECTS
0 @ ) @
Experience U-shaped Host-country Target-industry
experience experience
EXP5 -416%* - 732%
(-2.402) (-1.781)
SquaredEXP .062
(:965)
HEXP -412
(-1.184)
IEXP -.513%*
(-2.349)
ADVREP -.003 -.003 -.003 -.003
(--929) (--961) (--83) (--877)
ASIZE 0048 .004x#* .005%#* .004x+x
(2.758) (2.68) (3.127) (2.873)
AGRT -.187 -199 -126 -111
(-.354) (-.379) (-.233) (-.208)
APRO .002 .002 -.001 .002
(:213) (.222) (-.05) (.180)
Norm_AFCF -.365 -.408 -.084 -.396
(-779) (--87) (-169) (-.830)
DVAL .033 .034 014 034
(.76) (777) (:344) (.764)
RSIZE -.003 -.003 .001 0
(-.16) (-.196) (.073) (-.017)
DIST 012 012 012 011
(1.155) (1.134) (1.118) (1.017)
ADVFEE -.015 -.015 -.013 -.015
(-1.625) (-1.623) (-1.390) (-1.62)
ADVPRE -.447 -.499 -.375 -452
(-75) (-.825) (-.625) (-757)
INREL 424 431 482 .681
(.775) (.786) (.872) (1.221)
DMCRB 874 .838 1.002 .893
(1.133) (1.072) (1.303) (1.162)
SUBS -.202 -275 -278 -.186
(-.282) (-.381) (--393) (-.260)
_cons 1.71 2.009 1.089 1.38
(.99) (1.117) (.635) (.818)
Observations 273 273 273 273
R-squared .054 .057 .039 .054

Appendisc L represents the robustness check of analysis 1 in which the conntyy fixed effects and the year fixed effects are
exccluded from the models. The first model incorporates general experience (EXP5). In the second model, the square of
EXP5 is added to investigate a U-shaped effect. In model 3, host country exiperience is incorporated instead of general
experience. In model 4, target industry experience is incorporated.- t-values are in parentheses (¥** p<.01, ** p<.05, *

p<1)
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Appendix M
TABLE 15: ROBUSTNESS CHECKS ANALYSIS 2 — DIFFERENT EVENT WINDOWS
0 @ ) @ ) ©
Moderating Low High Moderating Low High
reputation reputation reputation reputation
EXP5 -.967 .033 -.298 -1.477 -471 -739
(-.895) (.057) (-.998) (-.858) (-.391) (-1.278)
EXPREP .002 .002
(.851) (.687)
ADVREP -.006 -.002 .366 -.003 .003 -.538
(-1.11) (-.28) (1.348) (-.293) (22 (-.873)
ASIZE -.001 .02 -.029 .004 -.01 -.033
(-.430) (.584) (-.982) (1.613) (-.203) (-.525)
AGRT -.617 -.052 -.959% 323 -4.586 311
(-1.532) (-.013) (-1.964) (:450) (-.555) (:223)
APRO .006 -.03 014 .022 .064 .081
(-803) (-.472) (.576) (1.525) (:515) (1.124)
Norm_AFCF 219 -3.697 A1 -.167 -1.667 -6.968
(:593) (-.76) (.184) (-.229) (-.178) (-1.456)
DVAL 028 513 - 115%* 014 0.62 .028
(.623) (.208) (-2.161) (.248) (1.295) (151)
RSIZE -.004 -.042* 152 -.028 - 103%%* 143
(-.198) (-1.958) (.965) (-1.142) (-3.2806) (.409)
DIST .001 064 -.04x* 017 .02 -.022
(115) (1.283) (-2.427) (1.025) (:321) (-.527)
ADVFEE -.004 -.196 0 -.01 -915 .001
(-.537) (-.549) (.011) (-.936) (-1.38) (.0506)
ADVPRE -.383 -2.206 2.184%* 1.371 A1 -.404
(-.68) (-1.04) (1.937) (1.164) (127) (-.131)
INREL 185 263 -723 -.237 -1.055 1.163
(:392) (.161) (-.804) (-.279) (-.471) (.539)
DMCRB 767 4.633 -1.455 1.244 3.021 -3.342
(1.114 (:944) (-1.1106) (.879) (:449) (-1.144)
SUBS -.863 -3.183 -.686 -.089 -2.351 -.524
(-1.193) (-1.053) (-.515) (-.076) (-.704) (-.195)
_cons 2.581 -2.338 -158.643 -5.333 -1.658 305.986
(911) (-.342) (-1.193) (-.899) (-.136) (:979)
Observations 273 68 68 273 68 68
R-squared 231 572 .538 .16 .345 378
Country FE YES YES YES YES YES YES
Year FE YES YES YES YES YES YES

Appendix M represents the robustness check on the ‘advisor reputation’ analysis in which different event windows on the cumnlative abnormal returns
are analyzed. The dependent variable in models 1-3 has an event window of (-1, +1) days. In models 4-6 the dependent variable has an event window of
(-5, +3) days. Al regressions incorporate all control variables. In model 1 and 4, the moderating variable is incorporated, which is the multiplication of
EXP5 and ADVREP. Model 2 and 5 represent the subsample of the lowest 25% ranked advisors. Model 3 and 6 represent the high-tier subsample
including the 25% bighest ranked advisors -. t-values are in parentheses (*** p<.01, ** p<.05, * p<.1)
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Appendix N
TABLE 16: ROBUSTNESS CHECKS ANALYSIS 2 — NO FIXED EFFECTS
) @ )
Moderating Low reputation High reputation
EXP5 =757 -.655 =972k
(-.678) (-1.528) (-2.4106)
EXPREP .001
(.325)
ADVREP -.004 .003 -.09
(-.817) (.667) (-.233)
ASIZE 004+ -.014 .005*
(2.76) (-1.179) (1.941)
AGRT -.194 994 -1.102
(-.3606) (.233) (-1.076)
APRO .002 -.037 .047
(191) (-.914) (1.441)
Norm_AFCF -.348 -6.117%* -.194
(-.737) (-2.050) (-.075)
DVAL .031 -.491 .068
(72 (-.588) (.765)
RSIZE -.003 -.033%kk -.059
(-.185) (-2.824) (-.523)
DIST .012 06 1HkE -.019
(1.159) (3.105) (-.824)
ADVFEE -.015 17 -.004
(-1.608) (.903) (-.390)
ADVPRE -451 -1.022 243
(-.753) (-.67) (191)
INREL 445 -.281 -724
(.802) (-.206) (-.635)
DMCRB .877 1.807 =75
(1.134) (1.19) (-.464)
SUBS -.199 434 103
(-.278) (.327) (.079)
_cons 2.129 -.633 45,752
(.909) (-.269) (:239)
Observations 273 68 68
R-squared .055 151 153

Appendisc N represents the robustness check on the ‘advisor reputation’ analysis in which the country fixed effects
and year fixed effects are excluded. All regressions incorporate all control variables. In model 1, the moderating
variable is incorporated, which is the multiplication of EXP5 and ADVREP. Model 2 represents the subsample
of the lowest 25% ranked advisors. Model 3 represents the bigh-tier subsample including the 25% highest ranked
adpisors -. t-values are in parentheses (*** p<.01, ** p<.05, * p<.1)
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