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Abstract

Online reviews are a determining factor for intentions to use a particular service, with
credibility of reviews playing a major role. According to previous literature, this perceived
review credibility is partly determined by both review valence and the number of reviews
published on a website. However, little research has been done on the extent to which review
valence affects the intention to use Airbnb through perceived review credibility and to what
extent review quantity moderates this relationship. To fill this gap, online experimental
research was conducted using a 2 (positive vs. negative review valence) x 2 (low vs. high
review quantity) between-subject design, with 216 usable respondents from the Netherlands.
Results indicated that there is an insignificant effect of perceived review credibility on the
intention to use, and perceived review credibility does not mediate the relationship between
review valence and the intention to use Airbnb. This study also found that there is no
significant difference in credibility perception of reviews between negative reviews and
positive reviews, and the moderating effect of review quantity on the relation between review
valence and perceived review credibility is also insignificant. It can be concluded that review
valence does not affect the intention to use Airbnb through perceived review credibility, and
review quantity does not moderate the effect of review valence on perceived review
credibility. Nevertheless, the attitude towards Airbnb does affect the intention to use Airbnb
and perceived review credibility. Therefore, it is recommended to consider and further
investigate if perceived review credibility, the number of reviews, and review valence

influence the attitude towards Airbnb instead of the intention to use Airbnb.

Keywords:
Review valence; review quantity; perceived review credibility; intention to use Airbnb;
attitude towards Airbnb
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Chapter 1: Introduction
In this chapter, the problem background becomes clear, and the aim and approach of
the research are given in combination with the formulated research questions. Thereafter, the
relevance of the research is explained. Finally, the study boundaries and an overview of the

rest of the research are given in this first chapter.

1.1: Problem background

Sharing economy platforms have become very popular in recent years and have
changed the way we behave (Quattrone et al., 2016). These platforms have become so popular
because of the sharing aspect where you can share excess resources and trade with low
transaction costs (Andersson et al., 2013). A sharing economy platform is defined as: ‘a
digital platform that facilitates access to underutilized goods by renting or lending them to
others’ (Derave et al., 2022, p. 1). Sharing economy platforms are, according to Eckhardt et
al. (2019), characterized by (1) temporary access without a change in ownership, (2) transfer
of economic value from one to another entity, (3) platform mediation, where the platform
mediates between provider and user and facilitates the exchange between them, (4) expanded
consumer role, so that the consumer can be both provider and user, (5) crowdsourced supply,
whereby individual providers jointly provide an aggregate supply for users. One of the best-
known platforms that meets these five criteria is Airbnb. Airbnb is a platform where “hosts
offer unique stays and experiences that make it possible for guests to connect with
communities in a more authentic way’ (Airbnb, 2022). This sharing platform gives people
with unique accommaodations the opportunity to get in touch with consumers to rent their
unique stay(s), where the consumer can be both provider and user and where all
accommodations together form a large supply (Airbnb, 2022). Airbnb can therefore be seen as

a sharing economy platform.

Moreover, when choosing a platform for travelling, there are different sources that
influence consumers’ decision of the platform (Bridges & Vasquez, 2018; Forman et al.,
2008). These sources are for instance, past experience with the platform, personal
characteristics (Poon & Huang, 2017) and reviews of that platform (Chen & Chang, 2018;
Zou et al., 2011). This research will focus specifically on reviews of Airbnb that influence the
intention to use Airbnb. This is because reviews are important for a sharing economy platform
and are a loaded source of information for the decision-making process of consumers (Nilashi

etal., 2019). So, this important characteristic in the decision-making process of travelers is



important for the Airbnb context. This specific focus on reviews of Airbnb is theoretically
different than analyzing reviews of accommodations on Airbnb because it can gain insights
into how users perceive Airbnb as a brand, beyond just the accommodations it offers (Gensler
et al., 2015). This research is different from other studies on Airbnb reviews because earlier
research concerns reviews which are posted on Airbnb (Bridges & Véasquez, 2018; Cheng &

Jin, 2019; Lawani et al., 2019), instead of reviews of Airbnb posted on other websites.

Since the content provided on online review sites often does not follow any editorial
procedure for factual verification, they are frequently criticized for their perceived credibility
(Johnson & Kaye, 2002). This is often called into question, as some may be biased in terms of
positive and negative reviews (Cheung et al., 2012), or paid (fake) reviews (Jain et al., 2021).
Important factors for this perceived credibility of reviews are the characteristics of these
reviews (Pooja & Upadhyaya, 2022), with the result that perceived credibility influences the
intention to use the platform (Chakraborty & Bhat, 2018). These factors are design factors of
reviews such as rating stars, review valence, review quality, quantity of reviews, the
consistency between them, and so on (Hong & Pittman, 2020). There will be a focus on
review valence and quantity of reviews in combination with perceived review credibility and
the intention to use Airbnb in this study. This focus is chosen because there are some different
and contradicting findings in the literature about some of the relationships between review
valence, quantity of reviews, perceived review credibility and the intention to use Airbnb. On
the one hand, literature suggests that negative reviews are more credible than positive reviews
(Chiou et al., 2018; Lo & Yao, 2019), but on the other hand, positive reviews were perceived
as more credible compared to negative reviews (Lim & Van Der Heide, 2015). These
contradictions in previous studies and relationships are investigated in this study because this
contradiction is not clearly explained in the literature.

Literature shows that review quantity and review valence are related to perceived
review credibility according to Lo and Yao (2019). In addition, Lee and Koo (2012) suggest
that when review quantity increases, consumers get more knowledge about the reviewed
service, which may affect the relationship between review valence and credibility.
Contradictions in the literature can be explained by the fact that these studies did not consider
the number of reviews that were posted, which could have changed the perceived credibility.

This ambiguity will become clear in this study.



Overall, this research shed light on the relationship between review valence, review
quantity, perceived review credibility, and the intention to use Airbnb which has not been

investigated before.

1.2: Research goal and research question

The research goal is to understand how different types of review valence (positive vs.
negative) and review quantity (low vs. high) impact the perceived credibility of reviews and
the intention of consumers to use Airbnb.

The formulated research question and sub-questions are:

"To what extent does review valence affect the intention to use Airbnb through
perceived review credibility, and to what extent does review quantity moderate the effect of
review valence on perceived review credibility?’

o ‘To what extent does review valence affect perceived review credibility?’

o ‘To what extent is perceived review credibility related to the intention to use
Airbnb?’

o ‘To what extent does perceived review credibility mediate the relationship
between review valence and the intention to use Airbnb?’

o To what extent does review quantity moderates the effect of review valence on

perceived review credibility?’

1.3: Academic relevance

The research contributes to existing literature about the effects of reviews on consumer
behavior in several ways. In the literature, the relationships between review valence and
intention, and the relationship between quantity of reviews and this intention, are clear (Lo &
Yao, 2019; Sutanto & Aprianingsih, 2016; Zou et al., 2011), in terms of a variety of
platforms. What is not yet clear, and therefore new, is the effect of review quantity on the
relationship of review valence and perceived review credibility and ultimately on the intention
to use a specific travel industry platform: Airbnb (researched in the Netherlands). The
mediating effect of review credibility and the interaction between review valence and review
quantity are not yet clear in the literature and are investigated in this study. It is important to
look at the mediating effect because the credibility perception of reviews is determined first,
which can influence the intention to use Airbnb (Shukla & Mishra, 2022). As earlier



mentioned, there is no consensus in the literature about the relationship between review
valence and perceived review credibility (Chiou et al., 2018; Hong & Pittman, 2020; Lo &
Yao, 2019). This study seeks to resolve this dissensus, with the expectation that the number of
reviews will provide new insights into this relationship to develop a more nuanced and
comprehensive understanding of online reviews and their impact on consumer behavior. By
identifying conditions under which positive and negative reviews are perceived as credible,

researchers can develop more effective theories and models for online reviews.

1.4: Managerial relevance

This study aims to offer valuable insights into how online reviews play a role in
consumer decision-making and the factors that affect consumers’ intention to use Airbnb.
This is valuable for Airbnb itself, but the results can also be generalized to other sharing
platforms. It gives insights how review quantity and review valence impact the intention to
use Airbnb via perceived credibility of reviews, whereby a company might consider
highlighting positive or negative reviews in their marketing efforts to promote the usage of
that platform. Besides this, the inclusion of the perceived credibility of reviews could also
provide useful information for companies about how the perceived credibility of a review
affects consumer decision-making. Managers can achieve this by collaborating with review
websites to enhance the perceived credibility of reviews. This can be accomplished by
showcasing specific reviews or emphasizing the quantity of reviews, thereby attracting new
customers. Finally, managers can act upon review valence and quantity to encourage
consumers to publish a (positive) review on other websites and could backfire in case of
negative reviews.

Thus, the core contribution of this study for managers lies in providing insights into
the influence of online reviews on consumer decision-making and practical strategies for
leveraging review valence, quantity, and perceived credibility. These insights enable
managers to enhance marketing efforts, partner with review websites, and actively manage

reviews to attract potential customers, build credibility, and shape consumer perceptions.

1.5: Research approach
This research will be a deductive research which has a quantitative research method
where hypotheses are formulated. These hypotheses are made using existing literature and

tested by means of an online experiment with four different conditions: (1) positive valence -



low quantity, (2) negative valence - low guantity, (3) positive valence — high quantity, (4)
negative valence — high quantity, with each condition randomly assigned to a certain
respondent. After seeing the review, each respondent needs to answer questions about the
perceived credibility of the review and the intention to use Airbnb. This experiment is
distributed through LinkedIn, Facebook, and Instagram, allowing many respondents to be
approached. The aim is to have as many respondents as possible, because a large number of
respondents increases representativeness of the sample which leads to the generalizability of
the research (Gobo, 2004), so that more adequate statements can be made about the
population. These respondents are selected based on Airbnb users which consist for 95% of
men and women between 18 and 65 years old (Airbnb Statistics, 2022).

The experiment results will be analyzed via SPSS 27 using descriptive statistics and
regression analyses with a moderation and mediation effect. Based on the results of the
analysis, the hypotheses will be supported or not, and ultimately answers will be formulated

to the research question and corresponding sub-questions.

1.6: Study boundaries

This research will only focus on reviews, and disregard other sources of intention to
use a particular service like personal demographic characteristics (gender, age, and
education), familiarity with Airbnb or consumers’ attitude towards both reviews and Airbnb,
although they are included in the study as control variables. Besides this, there will be
emphasis on reviews of Airbnb on other websites and not reviews of accommaodations on this
sharing platform. Further, it also has a focus on a limited number of characteristics of reviews.
The narrow focus is on the design factor ‘review valence’ in terms of positive and negative,
and on the ‘quantity of reviews’ in terms of low and high quantity. Other characteristics and
design factors of reviews such as review consistency and characteristics of the reviewer are

not considered in this study.

1.7: Overview of the rest of the chapters

In chapter 2, existing literature will be discussed which is important for this research.
All variables will be discussed, and hypotheses will be formulated with the conceptual model.
In chapter 3, the research method is given in detail with an explanation of the analysis
performed. Chapter 4 will discuss and explain the results prior to the conclusion and

discussion that will follow in chapter 5. Besides the conclusion and discussion, the limitations



of this study are also discussed along with suggestions for further research and

recommendations in the final chapter.
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Chapter 2: Theoretical framework
In this chapter, the different variables (independent, dependent, mediator and moderator)
and relationships between them become clear using existing academic literature. This

literature review leads to a conceptual model with hypotheses.

2.1: Intention to use Airbnb

One of the most popular platforms in the sharing economy is Airbnb (Guttentag,
2015), which is a sharing platform in the travel industry, has more than 1 billion guests, and
over 4 million hosts in more than 220 countries (Airbnb, 2022). Airbnb offers unique
accommodations and has a system for verifying hosts and guests which also makes Airbnb
distinctive. This can be seen as a benefit while using the online sharing platform.

Airbnb's distinctive features, including its unique accommodations and verification
system, can play a crucial role in shaping attitudes of potential users towards the platform. As
a result, these attitudes can significantly impact their subsequent behavior when it comes to
using online sharing platforms such as Airbnb. Prior to using an online sharing platform such
as Airbnb, there is an intention to use that certain platform. This intention is influenced by
consumers’ attitude and leads to behavior of consumers (Fishbein & Ajzen, 1970), and it is in
previous studies seen as the goal of an action, as well as all the foreseeable certain or probable
results of the action (Chisholm, 1970). In the study of Lin and Lu (2000), the intention to use
is also referred as willingness to use. In this study, the intention to use Airbnb is about the

likeliness, recommendation, and preference to use this online sharing platform.

2.2: Review valence

The consideration to use Airbnb can also be influenced by reviews of Airbnb (Chen &
Chang, 2018), which provide information for the prospective customer that may convince
them to use the service (Engler et al., 2015). These reviews are a form of electronic word-of-
mouth (e-WOM) that can create trust and reduce risk and uncertainty for the guest (Bridges &
Véasquez, 2018). With these reviews, consumers make a judgement on that particular
product/service/company (Gensler et al., 2015).

Besides the fact that many people read reviews before using a platform, these reviews
can be communicated in a positive or negative way (Forman et al., 2008), also referred to as
review valence (Purnawirawan et al., 2015). There is a distinction between positive and

negative valence, where positive valence emphasizes the benefits received, and negative
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valence highlights the benefits lost (Maheswaran & Meyers-Levy, 1990). The study of
Kusumasondjaja et al. (2012) assumes that valence is the positive or negative direction of
information, where the research of Hamby et al. (2015) specifies review valence as an
experience description, favorable or unfavorable. In this research on Airbnb, review valence

can be seen as a perception about the positivity/negativity of the review of Airbnb.

2.3: Perceived review credibility

Not all reviews can be trusted according to Johnson and Kaye (2016) which has to do
with perceived credibility of the review (Chen & Chang, 2018). Perceived review credibility
can be defined as: ‘the assessment of the validity of reviews’ (Chakraborty & Bhat, 2018, p.
61) and is about believability, factuality and accuracy (Cheung et al., 2009) According to
Wang et al. (2022, p. 1), perceived credibility is defined as: ‘the credibility or trust that
consumers have in the reviews they are reading . In this study on Airbnb, when determining
perceived review credibility, review believability, factuality and accuracy of the review are

examined.

2.3.1: Perceived review credibility and review valence

The perceived credibility can be influenced by review valence in a positive or negative
way (Wu et al., 2015). On the one hand, negative reviews are more credible than positive
reviews (Lo & Yao, 2019) because negative reviews increase the perception of objectivity and
the risk level of information offered by the consumer (Hong & Park, 2012). On the other
hand, studies show that positive reviews are perceived to be more credible than negative
reviews (Lim & Van Der Heide, 2015), because positive reviews that are both complimentary
and constructive could give readers (consumers) the impression that they are honest, unbiased
and objective (Yan & Hua, 2021). In other words, there is no consistent relationship between
perceived credibility and rating valence in the literature (Hong & Pittman, 2020), with the
result that these interrelationships are not yet completely clear.

In addition, both positive reviews and negative reviews influence consumers’
perceived credibility of reviews (Kusumasondjaja et al., 2012), but with a different strength.
Studies in the literature indicate that negative reviews are perceived as more credible than
positive reviews (Hong & Pittman, 2020; Lo & Yao, 2019). For example, this is the case
because consumers would not expect organizations generating negative reviews of their own

service (Thomas et al., 2019).
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Moreover, consumers give more attention to negative messages and these negative
messages have a greater impact on consumer behavior than positive messages, which is called
negativity bias (Herr et al., 1991). That can be explained by the fact that a loss feels heavier
than a corresponding gain (Kahneman & Tversky, 1979), and in that way a stronger effect of
negative messages in comparison with positive messages (Ganzach & Karsahi, 1995). From
this, there can be concluded that consumers do not want to take any risks, and that consumers
will therefore react more strongly and change in behavior when seeing a negative framed
review. This negativity bias indicates a greater perceived credibility of reviews (Mackiewicz
et al., 2016), because consumers give more weight to negative information than positive
information and therefore tend to give negative online reviews more credibility than positive

reviews (Lee & Koo, 2012). Thus, the following is proposed:

H1: Negative reviews are perceived more credible than positive reviews.

2.3.2: Perceived review credibility and the intention to use Airbnb

A number of things precede the moment a consumer decides whether or not to use a
certain service (Davis et al., 1989). Reviews are important sources for deciding to use the
service (Hong & Pittman, 2020) with consumers thinking deeply about the service and
actively evaluating it in terms of relevance (Ruiz-mafe et al., 2018). Although, not every
review is seen as credible, for example due to the fact that some companies pay ‘experts’ to
create favorable positive evaluations (Li et al., 2013), which can ultimately lead to not
considering to use that certain service (Perez et al., 2022). If a review is seen as not credible,
there is a greater chance that the intention to use the reviewed service will decrease, due to
mistrust that is caused among consumers (Wang et al., 2022), which may lead consumers to
look for possible alternatives (Mudambi & Schuff, 2010). On the other hand, it can be
concluded that if a review is perceived as credible, it builds trust, leads to consumer
satisfaction, leading to electronic word-of-mouth adoption (Shukla & Mishra, 2022), and
ultimately to an increase in intent to use the rated service (Luarn & Lin, 2005; Perez et al.,
2022). All in all, if reviews of Airbnb are perceived as credible, the intention of consumers to

use Airbnb is increased. The following is hypothesized:

H2: Perceived review credibility is positively related to the intention to use Airbnb

13



2.3.3: Mediating effect of perceived review credibility

The previously stated direct interrelationships between credibility and review valence
and the intention to use the Airbnb platform are clear. As mentioned earlier, review valence
influences the perceived credibility of reviews, and perceived credibility is positively related
to the intention to use Airbnb. When reviews are presented in a biased way (positively or
negatively), various judgements and decisions may result from the same information given
(Hartmann et al., 2008), which entails that information in reviews can be presented in both a
positively and negatively way and can lead to different behaviors and intentions of
consumers.

This review valence influences the intention to use a service by determining the
credibility of reviews first (Shukla & Mishra, 2022). When people read reviews, they go
through a mental process of evaluating review credibility (Hu et al., 2008), where these
people are more likely to be convinced by reviews they perceive as credible which can
ultimately lead to the intention to use a service (Zhang et al., 2014). For example, if a review
is positive and perceived as credible, individuals may be more likely to intend to use Airbnb.
Conversely, if a review is negative and perceived as credible, individuals may be less likely to
intend to use Airbnb.

Therefore, the mental process of evaluating review credibility is a crucial factor in the
relationship between review valence and intention to use Airbnb. If individuals do not
perceive a review as credible, they may be less likely to rely on it in their decision-making
process, and the relationship between review valence and intention to use Airbnb may be

weakened or eliminated. Therefore, it is expected that:

H3: Perceived review credibility mediates the relationship between review valence

and intention to use Airbnb

2.4: Review quantity

When looking at reviews, the characteristics of the review are highlighted. One of
these characteristics is review quantity (Hong & Pittman, 2020). This review quantity is about
the number of reviews (Chen & Chang, 2018), where people make quick judgements about a
certain service provided in the review. Review quantity is also known as review volume and
is used interchangeably in the literature (Chen & Chang, 2018; Fernandes et al., 2022; Zhang
et al., 2014). When determining the quantity of reviews of a service, different cut-offs are

given in the literature in terms of a high and low quantity. According to Park and Kim (2008),
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a high gquantity is defined as eight reviews, and a low quantity as four reviews. But according
to Hong and Pittman (2020) a high number of reviews indicate more than 300 reviews, and a
low quantity of reviews indicates less than five reviews. The study of Wu et al. (2015)
suggests 40 reviews for a low quantity and 200 for a high quantity of reviews. Only the
research of Wu et al. (2015) give a clear substantiation for these cut-offs, in which the
researchers experimented with the proposition that behavior cannot be formed with a number
of 10 reviews, which is possible with 40 reviews, and that 200 reviews fall outside the
standard processing capacity. The other studies provide no reason or substantiation for their
cut-offs, and no consistent cut-offs for quantity or reviews can be found in the literature. Due
to large differences in the literature between low and high quantity reviews, these cut-offs are
not used in this study. A pretest in the context of this study (sharing platforms in the
Netherlands in 2023) is done to investigate what is considered as low quantity and what is

considered as a high quantity.

2.4.1: The moderating effect of review quantity

As previously hypothesized, both positive and negative reviews have a significant
effect on perceived credibility. Especially, negative reviews have a greater effect on the
perceived credibility of the review than positive reviews (Hong & Pittman, 2020; Kahneman
& Tversky, 1979; Kusumasondjaja et al., 2012). This confirms earlier statements that negative
reviews are perceived more credible than positive reviews, but also refutes previous studies
that indicate that positive reviews are seen as more credible.

Moreover, the number of reviews determines the amount of information, which
strengthens the impression and orientation of a positive or negative review (Tsao et al., 2015)
and ultimately the perceived credibility (Kusumasondjaja et al., 2012). This shows that a high
review quantity gives an improved perception of review positivity or negativity and thus
influences perceived review credibility with a different strength.

As the number of reviews increases, a greater balance between positive and negative
reviews can be expected (Martin-Fuentes et al., 2020), which is related to less difference in
perceived credibility between positive and negative reviews (Fan et al., 2013). In case of a
low number of reviews, there is more difference in perceived credibility between a negative
and positive review. This can be related to the negativity bias mentioned by Herr (1991),
where people perceive a loss as a bigger impact than a perceived gain, in combination with a
low possibility to compare the review with other reviews because of low representativeness
(Wang et al., 2022).
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So, this difference in perceived credibility of reviews is greater when there is a low
quantity of reviews. The relationship between review valence (positive vs. negative) and
perceived review credibility, would differ for the number of reviews (low vs. high). Based on

this, the following hypotheses are made:

H4: The difference in perceived credibility between positive and negative reviews is

bigger when the review quantity is low compared to high

To visualize these expectations, a bar chart is created (figure 1) with perceived review

credibility on the vertical axis on a 1-7 scale.

Negative reviews Positive reviews
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Figure 1: Expectations regarded to the moderating effect

2.5: Conceptual model

This conceptual model below (figure 2) represents a causal relationship between
review valence, perceived review credibility, review quantity and the intention to use Airbnb.
The independent variables are review valence and review guantity (moderator) and are factors
that are manipulated. The dependent variables are perceived review credibility (mediator) and

the intention to use Airbnb.

16



Review quantity
(low vs. high)

Review valence

Ha4

H3

(positive vs. negative)

Figure 2: Conceptual model
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Chapter 3: Methodology
In this chapter, an explanation and motivation of the research design is given. The
method of data collection will be explained with associated measuring instruments. Finally,

this chapter contains a data analysis with quality criteria of the research and research ethics.

3.1: Research design and strategy

An online experimental quantitative research is carried out in a deductive manner,
with the conclusion being logically obtained from testing the established hypotheses based on
existing literature (Ketokivi & Mantere, 2010). This research method is the most appropriate
strategy to answer the research question because it allows to establish cause-and-effect
relationships between variables and requires manipulation of independent variables to observe
the impact on a dependent variable (Patzer, 1996). Online studies have several benefits
compared to field and lab experiments, including flexibility in manipulations, large sample
sizes, and cost-effectiveness, but they can have problems with lack of focus and self-selection
(Reips, 2000).

For the manipulation of the variables review valence and review quantity, this study
employed an online experiment with a 2 x 2 factorial design (table 1) with four experimental
conditions (reviews): (1) positive review and low quantity, (2) negative review and low
quantity, (3) positive review and high quantity and (4) negative review and high quantity.
Since every respondent is exposed to only one experimental condition, a between-subjects

design is preferred over a within-subjects design (Loftus & Masson, 2013).

Low quantity High quantity
Positive review Experimental condition 1 Experimental condition 3
Negative review Experimental condition 2 Experimental condition 4

Table 1: Experimental design (2 x 2) with four different stimuli

3.2: Sampling

This study uses non-probability sampling, where not every member of the population
had an equal chance of being chosen (Duhamel et al., 1998). Specifically, the study uses
convenience sampling because the sample is selected based on the availability and

accessibility of participants, which therefore may limit generalizability (Etikan et al., 2016).
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People in the researcher's network who have a perspective or an interest in the subject are sent
the link via social media (Facebook, LinkedIn, and Instagram). Through disseminating
requests inside the network, snowball sampling is employed to increase the response pool.
The responders might not, however, be representative of the overall population due to the
restricted network coverage. This study focuses on Dutch men and women (18-65) who have
made or intend to make online booking accommaodations.

Given that this research is an online experiment, a minimum number of respondents is
required. According to Brysbaert (2019), the required number of participants in experimental
research per condition is 50. Since four conditions are used in this study, there is a required
number of 200 respondents in this online experimental research. In total, there are 390
experiments collected, of which 216 are valid. However, this exceeds the requirement of 200,
the distribution of valid respondents per condition is not equal. Experimental condition 1 has
47 valid respondents, and experimental condition 2 has 48 valid respondents. Experimental
conditions 3 and 4 have more than 50 respondents. So, the requirement of 50 respondents per

condition is not fully met.

3.3: Operationalization of variables

The relevant variables for this research are derived from the conceptual model. In this
part, it becomes clear how both dependent variable and the mediator are measured.
Furthermore, the manipulation of the independent and moderating variables is explained
based on previous research. At the end, demographic and control variables are explained with

their relevance.

3.3.1: Intention to use Airbnb

The intention to use Airbnb is a metric (interval) dependent variable and is measured
with three questions (items) based on the article of Chen and Chang (2018). These three items
(table 2) are used because this article best corresponds to the topic of the study on Airbnb and
usage intentions, where the variable is well measured. There are no statements made by these
authors about the incompleteness or limitations of these items with a high reliability
(Cronbach’s Alpha .892) and validity of this measurement. The intention to use is measured

on a 7-point Likert scale, from ‘strongly disagree’to ‘strongly agree’.
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3.3.2: Perceived review credibility

Perceived review credibility is also a metric (interval) variable that is measured

through three items on a 7-point Likert scale from ‘strongly disagree’, to ‘strongly agree’.

Respondents evaluate perceived credibility via believability, factuality, and accuracy of the

review. These items are adopted from, created and tested by Cheung et al. (2009), and

previously used with good experiences by Lo and Yao (2019) and Xu (2014). This measure is

most appropriate because it is a comparable context in terms of reviews and credibility, with

an acceptable validity and reliability of above .70 (Cheung et al., 2009).

Construct Item Experiment question Translated question
Intention to use Airbnb INT_1 I will likely use Airbnb to Ik zal Airbnb
find future holiday waarschijnlijk gebruiken
accommodations om toekomstige
vakantieaccommodaties
te vinden
INT_2 I would recommend Airbnb Ik zou Airbnb
to my friends aanbevelen aan mijn
vrienden
INT_3 If | require accommodations, Als ik een accommodatie
I would prefer to use Airbnb  nodig heb, gebruik ik het
liefst Airbnb
Perceived review PRC 1 I think this review is Ik denk dat deze review
credibility believable geloofwaardig is
PRC 2 I think this review is factual Ik denk dat deze review
feitelijk is
PRC_3 | think this review is Ik denk dat deze review

accurate

nauwkeurig is

Table 2: List of constructs with corresponding items and questions
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3.3.3: Review valence and review quantity

Review valence is an independent variable with two levels (positive reviews and
negative reviews), which is manipulated by making reviews very positive or very negative.
This is determined by performing a pretest which is clarified later.

On the one hand, positive reviews include reviews with pleasant and favorable
experiences (Kusumasondjaja et al., 2012; Xu, 2014). On the other hand, negative reviews
include reviews with unpleasant and unfavorable experiences (Kusumasondjaja et al., 2012;
Xu, 2014). These reviews are made by the researcher of this study because a specific review
about Airbnb with only review valence and review quantity could not be found in the
literature. The review examples used in the studies of Lo and Yao (2019), and Hong and
Pittman (2020) are used to look at clear examples of positive and negative reviews, to apply
this style of writing to the reviews created for this study. See appendices (A and B) for the
online experiment and pretest with the manipulation of these variables and an illustration of

the constructed reviews used in this study.

Review quantity is an independent variable, with two levels (low quantity and high
quantity) and is also manipulated in terms of varying the number of reviews. Determining the

number of reviews for low quantity and high quantity is done by means of a pretest.

Every respondent is exposed to one of the four conditions in the experiment, by
showing one online review of Airbnb. To avoid bias, a fictitious name for the reviewer has
been made up (same for every review) and the language in which the review is written is the
same everywhere (Kusumasondjaja et al., 2012). A fixed number of thumbs up and down is
added to the experimental conditions, to indicate that it is the most helpful review. Within the
experimental conditions, the ‘most helpful review' is chosen since it reflects the subjective
assessment of the review by others (Li et al., 2013). The proportion of readers who found the
review useful or unhelpful was shown. So, everything is kept constant except for review
valence and review quantity.

To perform the analysis, these variables are transformed into dummy variables with
label ‘0’ or “1°. Positive reviews are labeled ‘0’, and negative reviews labeled 1°. In addition,

low quantity reviews are labeled ‘0’, and high quantity reviews ‘1°.
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3.3.3.1: Pretest and manipulation check. Before the final online experiment, a
pretest within subjects is done with respondents who will not participate in the final
experiment to determine whether reviews are being interpreted in the way that was intended.
This is a within-subject design because different conditions are analyzed and compared within
the same group. Based on earlier literature which had a valid pretest, 20 independent people
are asked to participate in this pretest (Park et al., 2007). Each respondent gets to see all six
Airbnb reviews. In earlier studies with more manipulative variables, a pretest with eight
reviews is chosen (Floh et al., 2013; Hong & Pittman, 2020). This study is more limited in
terms of manipulative variables, and that is why a number of six reviews is chosen in the
pretest.

In the pretest, participants rated reviews as dominantly positive or negative and
indicated review quantity as low or high. In addition, the participants are asked whether the
number of reviews was low or high with an open-ended question. The averages of the open-
ended questions about the number of reviews are compared with the answers to the question
about the number of reviews on a scale of 1 to 7 (Appendix A). These items are adjusted for
the main analysis based on the results of the pretest. The choice for calculating the means of
high and low quantity is based on the research by Forman et al. (2008). To perform the
calculation, the average formula is used, which entails dividing the sum of the values by the
count of individual values (Martinez & Bartholomew, 2017). This resulted in eight reviews
for low quantity, with 70% of respondents indicating that it was low quantity. In addition,
given that 90% of respondents consider 200 reviews to be high, and 45% perceive 40 reviews
as a high quantity, it is reasonable to expect that 150 reviews will also be regarded as high.
Reviews perceived as mainly positive, or negative are determined by the statistical test of
repeated measures ANOVA.

The experimental manipulation is followed by a manipulation check to evaluate the
desired outcome. It uses pretest scales and verifies the validity of the study. To check whether
the manipulation was successful, the participants are asked how they interpret the review for

both review valence and review quantity.

3.3.4: Control and demographic variables

Additionally, demographic variables about gender, age, and education are also
measured among respondents. Besides that, a method is used for controlling the effects of
(possible) confounding variable which enhances internal validity (Slack & Draugalis, 2001).

This includes consumers’ familiarity with Airbnb and consumers’ attitude towards both
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reviews and Airbnb. Although familiarity with Airbnb is measured by one item on the article

of Gefen (2000), it gives a good representation because the validity and reliability are

acceptable. This construct is applicable because familiarity with Airbnb is about subjective

knowledge and perception of people (Kerstetter & Cho, 2004). Controlling for familiarity

with Airbnb is important due to the influence on Airbnb usage and review interpretation
(Chakraborty & Bhat, 2018).

The attitude towards reviews is measured using six measures which is a good

representation of the variable (Park et al., 2007). The reason to include this variable is because

this can affect review credibility and ultimately the usage intention (Chakraborty & Bhat,

2018). Both familiarity with Airbnb and attitude towards reviews are measured on a 7-point

Likert scale from ‘strongly disagree’ to ‘strongly agree’.

The attitude towards Airbnb is measured based on the scale of Wang and Jeong (2018)

with three items, because their research best matches this study in terms of Airbnb intentions,

usages and thus attitudes. This is included in this study because the likelihood of using a

travel platform can be influenced by consumers' attitudes towards that platform (Law & Bai,

2008) and the way individuals look at reviews and their perceived credibility of those

reviews. In this article, a 5-point Likert scale from ‘strongly disagree’ to ‘strongly agree’ is

used, but in this study, a 7-point Likert scale is used, to get more consistent measurement

scales throughout the whole study.

Construct Item Experiment question Translated question

Familiarity with Airbnb  FAM_1 I am familiar with the Ik ben bekend met het
platform Airbnb platform Airbnb

Attitude towards reviews ATR 1 When | use an online Als ik een online
booking platform, I always  boekingsplatform
read reviews of this gebruik, lees ik altijd
platform reviews van dit

platform
ATR_2 When | want to use an Wanneer ik gebruik wil

online booking platform,
the reviews of this platform
presented on another
website are helpful for my

decision

maken van een online
boekingsplatform,
helpen de reviews van
dit platform op een
andere website bij mijn

beslissing
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ATR 3

When | want to use an
online booking platform,
the reviews of this platform
make me confident to

ultimately use it

Wanneer ik een online
boekingsplatform wil
gebruiken, geven de
reviews van dit
platform mij
vertrouwen om het
uiteindelijk te

gebruiken

ATR 4

If 1 do not read the reviews
of online booking
platforms, | worry about

my decision

Als ik de reviews van
online
boekingsplatforms niet
lees, maak ik me
zorgen over mijn

beslissing

ATR 5

When | want to use an
online booking platform,
reading the reviews
presented on other websites

impose a burden on me

Wanneer ik gebruik wil
maken van een online
boekingsplatform, is
het lezen van de
reviews op andere
websites een belasting

voor mij

ATR_6

When | want to use an
online booking platform,
reading the reviews of this

platform irritates me

Wanneer ik gebruik wil
maken van een online
boekingsplatform
irriteert het lezen van
de reviews van dit

platform mij

Attitude towards Airbnb  ATA 1

Airbnb is a better option
for booking an
accommodation, compared
to other online booking

platforms

Airbnb is een betere
optie voor het boeken
van een accommodatie
in vergelijking met
andere online

boekingsplatforms
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ATA 2 I like using Airbnb Ik gebruik Airbnb

graag
ATA_3 Using the Airbnb platform  Het gebruik van het
is a good idea Airbnb platform is een
goed idee

Table 3: List of control variables with corresponding items and questions

3.4: Research procedure

The introduction text of the post on Facebook, LinkedIn, and Instagram includes the topic
of the study, target group requirements, duration, a thank you note, and the URL for the
online experiment. When clicking on the URL, each participant reads the introduction
material, which gives them the opportunity to change the questionnaire's language, before
beginning. The text specifies the study terms (including anonymity, duration, gratitude,
contact information for enquiries, and informed consent) and requests approval before
introducing the researcher and outlining study's objectives. To ensure correct target audience,
a question asks participants to confirm that they did not take the pretest, and another asks
them if they have ever booked or plan to book accommodation on a sharing platform. Then,
the familiarity with Airbnb is evaluated. Participants read one of four preset reviews -where
review quantity is highlighted- before responding on a 7-point Likert scale to questions on the
credibility of the review and their intention to use Airbnb. Participants' interpretations of
review valence and review quantity are tested using manipulation check questions. After that,
an open-ended question is asked about the number of reviews to test the respondent's
attention. Participants discuss their attitude towards reviews and Airbnb after the attention
check. Finally, questions on demographics (gender, age, and level of education) are asked. By
following this order, the end is easy for the respondent, and it ensures that respondents do not
get tired (Jackson, 2009). Questions regarding the key variables are asked first, while easy
demographic questions are asked last to maintain data integrity. This makes sure that data on
the key variables is continuously recorded even if respondents withdraw. To minimize
possible bias, attitude questions are also administered after questions concerning the main
variables. When respondents press the submit and save button, their responses are saved.

Participants are formally thanked for participating.

25



3.5: Data analysis

The collected data is analyzed using SPSS 27. The data analysis is started with
cleaning the data, and with the missing value analysis in which missing values are eliminated
(Calabrese, 2018). After that, a randomization check is done for checking the random
assignment of respondents and a manipulation check is done by checking if the manipulation
has the intended effect. If this is not the case, an explanation is sought for why this effect was
found as well as for possible alternative explanations. It then checks respondents' attention to
see how many reviews have been posted. In addition, factor analysis is done to check
convergent and discriminant validity. Furthermore, construct validity is determined by the
Cronbach’s Alpha. In addition, descriptive statistics are examined, and assumptions for
regression are tested. Then, the hypotheses are tested by using the PROCESS macro function
with model 7.

All in all, the data is analyzed step by step and the results are written down in
combination with rejection or acceptance of the hypotheses and thus the answering of the

main question with sub-questions.

3.6: Research ethics

In terms of data usage, this study meets ethical research standards. According to Bell
and Bryman (2007), doing ethical research follows a number of principles that will be met in
this study. To ensure accurate and objective analysis and secure data storage, responsibility is
assumed given the limited researcher involvement and online questionnaire style. The
researcher will not made up or produce any of the results and these will be handled with care
so that privacy and confidentiality are protected.

In addition, the researcher ensures that participant autonomy, informed consent,
transparency, and anonymity of responses are maintained. The researcher’s transparency is
upheld during all phases of the research with communicating the goals and the allowance for
participants to leave the experiment at any moment (Sin, 2005). In addition, participants are
provided with the informed consent form, which ensures their understanding and agreement
with the rules and conditions of the questionnaire (Sin, 2005). By gathering non-identifiable
demographic data, anonymity will be guaranteed. The Master's Thesis will employ the
research data, which will also be safely preserved at a secured server (F-secure) of Radboud
University. To uphold ethical standards, participants had to be older than eighteen.

Finally, the researcher is open to feedback and criticism, whereby respondents can

send an email if necessary.
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Chapter 4: Results
This chapter gives the main findings concerning the research question, in combination
with outstanding findings of the research. Each hypothesis with a (potential) direct, indirect,
and/or moderation and mediation effect is examined and tested at the end of the chapter. The

corresponding SPSS output can be found in Appendix C through I.

4.1: Data cleaning

A total of 390 participants initially joined the online experiment. However, not all of
them met the criteria for usability. One participant's consent was not accepted, resulting in
their removal from the study. Out of the remaining participants, 38 individuals took part in
both online experiment and pretest, which is noteworthy considering that only 20 participants
participated in the pretest alone. These 38 respondents are removed. Moreover, 156
participants had missing values in their responses, leading to their exclusion from the
analysis. Additionally, two participants were deemed ineligible due to their age, and one
participant provided an unserious answer to the question about gender, as a result of which
these respondents were completely removed from the analysis. Another requirement for
participation was the intention to use a sharing platform for booking accommaodations, but not
all participants met this criterion. Consequently, 33 participants who indicated no intention to
use a sharing platform were eliminated from the study. Finally, no outliers were found in the
data, and straight lining behavior does not occur. As a result, the total number of usable

respondents using list-wise deletion was 216.

4.2: Sample description

Out of 216 usable respondents, 36.1% identified as men, while 63.9% identified as
women. In terms of educational attainment, 71.3% of the sample had completed HBO or WO
education, 24.5% had completed secondary education or HAVO/VWO, MBO-2, MBO-3, or
MBO-4, and 4.2% had completed primary education, VMBO, the first three years of
HAVO/VWO, or MBO-1. Additionally, 97.7% of the respondents completed the
questionnaire in Dutch, while the remaining 2.3% completed it in English. Then, 45.4% of the

respondents are aged between 18-40 years old, and 54.5% are aged between 40-65.

To see if the sample is representative for the population, a Chi-Square Goodness-of-Fit

test is done with the remaining 216 respondents. The data obtained is compared with data
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from Centraal Bureau voor de Statistiek (CBS). Information about the exact age category,
level of education and distribution of gender cannot be found at CBS (Hoogst Behaald
Onderwijsniveau, 2022; Leeftijdsverdeling, 2022; Mannen En Vrouwen, 2022). There is,

however, data on these categories approximately (20-65 instead of 18-65).

Results questionnaire* CBS statistics**
Age 18-65 18-40 20-40
45.4% 44.1%
40-65 40-65
54.5% 55.9%
Gender Man 36.1% 50.3%
Woman 63.9% 49.7%
Educational Primary 4.2% 25.5%
level education
Secondary 24.5% 37.2%
education
HBO or WO 71.3% 36.6%

Table 4: Chi-square goodness-of-fit
*Based on N=216 and age of 18-65
** Based on data of CBS in 2022 and age of 20-65

The results of the Chi-Square Goodness-of-Fit with the variable age indicate that the
sample is representative for the population X2 (1, N=216) = .169%, p = .681. However, there is
a significant difference in the observed and expected distribution of both gender X2 (1,
N=216) = 17.798, p < .001, and education X? (2, N=216) = 117.965%, p < .001. From this test,
we can conclude that the sample is not representative of the population with variables gender
and education. Therefore, interpreting results should be done carefully.

The extended version of the frequency tables and Chi-Square Goodness-of-Fit can be

found in Appendix C.

4.3: Randomization check

A randomization check was conducted to determine whether randomization led to
uniformity between different traits in experimental conditions (Urbach, 1985), taking into
account gender, age, and highest completed educational level. Because many respondents

were removed from the analysis, the distribution of respondents across experimental
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conditions is no longer equal (see table 5). Although more respondents were removed for low

quantity conditions, this cannot be explained and is therefore a coincidence.

Positive Negative Total
valence valence
Review quantity Low quantity 47 48 95
High quantity 62 59 121
Total 109 107 216

Table 5: Crosstabulation Review quantity and Review valence

Chi-Square tests are done for gender and educational level, to check if participants
were randomly assigned to the experimental conditions. Since all cells have an expected count
greater than or equal to five, the threshold is met, allowing for the interpretation of Pearson's
Chi-Square to be applied for the variable gender. The randomization for gender with, X2 (3,
N=216) = 3.99 p > .05 (p = .263) is successful. Fisher's Exact Test is employed to test the
randomization of educational level, given that over 20% (33.3%) of the cells have an
expected count lower than five. The educational level variable can be regarded as equivalent
across all conditions because p > .05 (p = .651).

The randomization of variable age is interpreted through an ANOVA test because age
is a continuous variable (West et al., 1996). The results of this test indicate the age of
respondents of experimental condition 1 with M = 42.23 (SD = 13.405), experimental
condition 2, M = 40.46 (SD = 14.537), experimental condition 3 M = 40.74 (SD = 14.469)
and experimental condition 4 M = 40.29 (SD = 12.844). Within these groups, the age does not
significantly differ from each other F(3.212) =.203; p = .894. So, age can be considered as

equal.
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Total Experiment Experimental  Experimental  Experimental

al condition  condition 2 condition 3 condition 4
1
Size N 216 47 48 62 59
Gender Man 36.1% 34% 39.6% 28.8% 44.1%
Woman 63.9% 65% 60.4% 71.2% 55.9%
Age (mean)  18-65 40.88 42.23 40.46 40.74 40.29
Educational  Primary 4.2% 4.3% 8.3% 3.4% 1.7%
level education
Secondary 24.5% 29.8% 20.8% 23.7% 25.4%
education
HBO or 71.3% 66% 70.8% 72.9% 72.9%
WO

Table 6: Randomization of demographics per condition

The control variables are also tested for randomization. The attitude towards Airbnb
significantly differ within the experimental conditions F(3.212)= 2.770; p=.043, so this
variable could impact the analysis. Respondents of experimental condition 1 indicate M=4.49
(SD=1.120), experimental condition 2, M=4.47 (SD=1.176), experimental condition 3,
M=4.94 (SD=1.057), and experimental condition 4, M=4.88 (SD=1.088).

The other control variables attitude towards reviews with F(3.212)= 1.382; p=.249
and familiarity with Airbnb F(3.212)=1.959; p=.121 do not significantly differ within the

conditions.

The complete extensive randomization check tables can be found in Appendix D.

4.4: Manipulation check

To assess respondents’ perception of review valence and review quantity, the
questionnaire included questions that asked whether presented online reviews were perceived
as positive or negative, and the perception of the number of reviews with low quantity and
high quantity. Both were checked by asking respondents to rate positivity or negativity of
reviews and quantity of reviews on a 7-point scale. A higher score indicated an extremely
positive review, and extremely high quantity of reviews.

The mean perceived valence of positive reviews was M = 6.21 (SD = 1.368), and for
negative reviews M = 1.55 (SD = 1.002). Even though, the differences are relatively big

between positive and negative review valence, a statistical test is used to verify these results.
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The independent samples t-test indicated that there is a significant difference between groups,
t(214) = 28.512, p < .001 which means that the manipulation of this variable is successful.

The mean score of review quantity for low number of reviews was M = 2.63 (SD =
1.422), and for a high quantity M = 4.31 (SD = 1.544). These differences are also relatively
big. The independent samples t-test assumed a significant difference between groups t(214) =
-8.228, p < .001. As a result, the manipulation check was also successful for review quantity.

In 91.2% of the respondents, the manipulation of review valence corresponds to the
measurement. However, for review quantity it is only 58.3%. When analyzing respondents
with both manipulation checks successful, this will be 53.7% of the sample. Later in the
study, the analysis will also be performed with only these 53.7% of the respondents (4.8.2), in
order to identify any differences in results.

The full results of the manipulation check can be found in Appendix E.

4.5: Attention check

The attention check is done to check whether these respondents have properly viewed
the number of reviews. The results of this attention check show that 88 of 121 (72.7%)
respondents saw that 150 reviews had been published on the website. In addition, 72 of 95
(75.8%) respondents saw that 8 reviews had been published (see Appendix F). This indicates
that a large proportion of respondents paid attention when seeing review quantity. However,
removing these respondents does not change the significances found. Given these results, no

additional respondents will be removed for this analysis.

4.6: Validity Analysis

Both convergent and discriminant validity are tested using Exploratory factor analysis
(EFA) because the scales and items from the literature have been adapted to this study.
Convergent validity is testing correlation within the construct, and discriminant validity is
testing whether there is coherence between items measuring a completely different construct
(Savickas et al., 2002). Results indicated that with factor analysis of all variables together,
KMO > .5 (KMO=.741) and Bartletts test <.05 (<.001) which make factor analysis
appropriate (Field, 2000). Then, oblique rotation is used because correlations are >.30. and

communalities after extraction are all above the threshold of Field (2000) of .20.
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4.6.1: Discriminant validity

To determine discriminant validity, correlations are analyzed. To determine
interrelationships between items of the different scales, a threshold of .3 was also used, where
<.3 indicates a good discriminant validity, and >.3 a less good discriminant validity, because
items are then too closely related. All correlations between items of different scales are <.3.
except for items of variable attitude towards Airbnb (ATA_1, ATA_2 and ATA_3) and
INT_1, INT_2 and INT_3 of variable intention to use Airbnb. This means the discriminant
validity is suffered. Although there are some high correlations, the analysis is performed with
these scales because they have been used several times in the literature. This does not alter the
fact that it can influence the results. This is considered. Remarkable is the load of variable
familiarity with Airbnb on two factors. However, previous studies also used this scale and

removing these items also removes the variable because it contains only one item.

4.6.2: Convergent validity

Furthermore, ATR_5 and ATR_6 are not loading on the same factor as ATR_1 to
ATR_4 and when looking at correlations of these items within the scale of attitude towards
reviews, there can be concluded that this scale is not entirely convergent valid. To satisfy
convergent validity, these two items (ATR_5 and ATR_6) are removed from the analysis. The
other variables are all convergent valid. The exact results of the factor analysis are reported in

Appendix G.

4.6.3: Internal consistency

In addition, internal consistency of the variables perceived review credibility, intention
to use Airbnb, attitude towards reviews, and attitude towards Airbnb is tested with calculating
the reliability using Cronbach’s Alpha. A scale is deemed to have internal consistency if
Cronbach's Alpha exceeds .60 (Cheung et al., 2009), with .80 as reasonable goal (Gliem &
Gliem, 2003). The scales are internal consistent because Cronbach’s Alpha are all above .60

(see table 7 or for extensive results Appendix G).

Cronbach’s
Variable Alpha
Perceived review credibility 879
Intention to use Airbnb .834
Attitude towards reviews .790
Attitude towards Airbnb .832

Table 7: Reliability Analysis
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4.7: Assumptions multiple regression analysis

Several assumptions must be satisfied to do a multiple regression analysis, with
relationship (1) intention to use Airbnb as dependent variable, with perceived review
credibility and review valence as independent variables. In addition, relationship (2) with
review valence and review quantity as independent variables, and perceived review credibility
as dependent variable. These include the assumption of homoscedasticity, having a linear
relationship between independent and dependent variable(s), normality of residuals,
independence of the error distribution and multicollinearity (Jeong & Jung, 2016).

First, the assumption of homoscedasticity is shown with a scatterplot with regression
standardized residual and regression standardized predicted value (Appendix H). The
observations of relationship 1 are U-shaped, which indicate no clear homoscedasticity.
Therefore, PROCESS macro model 7 corrects for heteroscedasticity by using HC3 Davidson-
MacKinnon inference. In addition, observations are evenly distributed in relationship 2, which
therefore involves homoscedasticity.

Second, to check linearity between the dependent variable intention to use Airbnb and
perceived review credibility, the dummy variable has been removed to prove that there is a
linear relationship between these variables. The normal P-P plot indicates a linear relationship
(Appendix H). The dummy variables only have two data points, thus there is no need to test
for linearity in relationship 2.

Third, the normality of residuals must be tested before using multiple regression
analysis. The Shapiro-Wilk test is used to determine normality. This test indicates a
significant p-value on condition 2 and 4 (p< .05), with intention to use Airbnb as dependent
variable. This test is also done with dependent variable perceived review credibility. These
results indicate a significant p-value on condition 1, 3 and 4. These significances mean that
the distribution is not normal. Nevertheless, if each experimental condition consists of more
than ten observations, it is probable that the analysis will yield precise outcomes, even if the
normality assumption is not met (Schmidt & Finan, 2018).

Fourth, the independence of error distributions is calculated with the Durbin-Watson
test. This should be around 2 to meet this assumption (Nerlove & Wallis, 1966). This Durbin-
Watson value is 1.90 in relationship 1, and 1.98 in relationship 2, which assumes that this
assumption is met.

Lastly, the multicollinearity assumption is tested. A VIF value of 1 indicated no

correlation (Daoud, 2017) and a up to 10 indicates no multicollinearity (Kim, 2019). Looking
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at the VIF values of 1.00 in both relationships, it is indicated that this last assumption is also
met because there is no correlation in the predictors.

In summary, most assumptions are satisfied, and one assumption that is not met is
accounted for the analysis. As a result, a multiple regression analysis can be conducted. The

extensive results of these tests can be found in Appendix H.

4.8: Hypothesis testing

For testing hypotheses, PROCESS macro function is used, with model 7 including all
variables (independent, dependent and control variables). Due to potential presence of
heteroscedasticity and the sample size being less than 250, the model is adjusted using HC3
correction (Long & Ervin, 2000). All hypotheses will be tested using the output of PROCESS
model 7. Review valence has a ‘0’ coding with positive reviews and ‘1’ coding with negative
reviews and review quantity has a ‘0’ coding with low quantity and ‘1’ coding with high

quantity. Appendix I consists of the extensive output of these results.

Review quantity
(low vs. high)

a,.-061
a=-431 p=816
p= 256

b=-.022

Review valence . . - p=.779
(positive vs. negative) Perceived review credibility

» Intention to use Airbnb

Y

a;=.100
p=T713

¢'=.009
LLCI= -.069
ULCI= 114

Figure 3: Statistical model

4.8.1: PROCESS outcome

First, the moderated mediation model is made through PROCESS macro model 7,
with outcome variable perceived review credibility (R>=.070; F(6,209) = 2.676; p = .016).
This model indicates an insignificant effect between review valence and perceived review
credibility (a1=.100; t=.368; p = .713). These results indicate that there is no significant
difference in perceived credibility of reviews between positive and negative reviews, leading
to a rejection of hypothesis 1.

Moreover, review quantity has no significant effect on perceived credibility of reviews
(a2=-.061; t=-.233; p=.816).
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Furthermore, the moderating effect of review quantity whereby the difference in
perceived credibility between positive and negative reviews is bigger when review quantity is
low compared to high, is analyzed using this model. Results indicate that the interaction effect
(review valence * review quantity) on perceived review credibility is insignificant (as = -.431,
t=-1.139; p = .256). This is opposing hypothesis 4, and therefore rejecting this hypothesis.

. Review

quantity

[ Low quantity
W High quantity

Perceived review credibility

Positive valence Negative valence

Review valence

Figure 4: Final results regarded to the moderating effect

In addition, attitude towards reviews (a=.100; t=1.155; p = .250) and familiarity with
Airbnb (a=.088; t= 1.084; p = .280) have an insignificant main effect on perceived review
credibility. However, there is a significant effect of attitude towards Airbnb on perceived
review credibility (a=.218; t=2.071; p = .040). This means that if people have a more positive

attitude towards Airbnb, reviews are perceived as more credible.

Second, the main effects of the model are analyzed with intention to use Airbnb as
dependent variable (R?=.237; F(5,210) = 11.331; p = .000). Results indicate an insignificant
effect of perceived review credibility on the intention to use Airbnb (b=-.022; t=-.281; p =
.779). Hypothesis 2 assumes that perceived credibility of reviews is positively related to the
intention to use Airbnb. However, based on statistical evidence, hypothesis 2 cannot be
accepted and must be rejected.

It is noteworthy that there exists a significant relation of attitude towards Airbnb and
the intention to use Airbnb (a=.523; t= 6.110; p = 000). Additionally, findings indicate a
negative marginal significant effect of review valence on intention to use Airbnb (a=-.312; t=

-1.825; p = .069), indicating that positive reviews lead to more intention to use Airbnb than
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negative reviews. Nevertheless, the direct effects of familiarity with Airbnb (a=.069; t=1.478;

p = .140) and attitude towards reviews (a= .081; t= 1.015; p = .311) are insignificant.

Third, the mediation effect is analyzed and is insignificant because the confidence
levels do include zero in both a situation with low quantity (LLCI= -.0532; ULCI=.0409) and
high quantity of reviews (LLCI=-.054; ULCI= .086). This insignificance in moderated
mediation indicates that there is also no mediation effect. All in all, results mentioned above
suggest that perceived review credibility does not mediate the relationship between review

valence and intention to use Airbnb. These results lead to a rejection of hypothesis 3.

4.8.2: Additional analysis

The analysis with PROCESS model 7 was also performed on the respondents for
whom the manipulation check was fully successful (both review valence and review quantity).
Results indicate a significant and interpretable model with outcome variable perceived review
credibility (R2 =.162; F(6,109) = 3.974; p =.001). Remarkable is that review quantity is
positive related to perceived review credibility (a=.771; t= 2.115; p = .037). This means that
reviews with high quantity are perceived as more credible than reviews with low quantity.
The interaction effect of review valence * review quantity is negative significant (a3 = -1.164;
t=-2.254; p = .026) which indicate on the one hand, that when review quantity is low, there is
no difference in review credibility for positive versus negative valence. On the other hand,
when review quantity is high, reviews with positive valence are perceived as more credible
than reviews with negative valence. The other relations do not differ from previous analysis.

The model with outcome variable intention to use Airbnb is also analyzed R2 = .269;
F(5,110) = 9.181; p =.000), but the only difference within this model (compared to the main
analysis) is the positive relation with the control variable familiarity with Airbnb (a=.160;
t=2.034; p=.044).

Although significant effects were found in this additional analysis, this is not a valid

reason to accept the hypotheses because only a limited part of the sample is included.

4.9: Supplementary results
An extra analysis is also done because of the significant results of attitude towards
Airbnb on both intention to use Airbnb and perceived review credibility. Therefore model 4 is

used to test if attitude towards Airbnb influences intention to use Airbnb through perceived
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review credibility. This model is significant (R?=.037; F(1,214) = 5.724; p = .018).
Nevertheless, the mediating effect is not significant (LLCI=-.038; ULCI=.040).

Moreover, model 4 with a mediating effect is analyzed using PROCESS with
independent variable perceived review credibility and attitude towards Airbnb as mediator.
The model with outcome variable attitude towards Airbnb is significant (R?>=.037; F(1,214)
=5.566; p =.019), and thus interpretable. What is outstanding is that perceived review
credibility is related to attitude towards Airbnb (a=.154; t= 2.360; p = .019), because this
relation was the same the other way around which means there is a correlation. The model
with outcome variable intention to use Airbnb is also significant (R?=.214; F(2,213) =
20.357; p = .000). The main effect of attitude towards Airbnb on intention to use Airbnb is
positive significant (a= .555; t=6.353; p = .000), but the effect of perceived review credibility
on intention to use Airbnb is insignificant (b=-.004; t= -.049; p = .961). Analyzing the
confidence intervals (LLCI=.017; ULCI=.157) means that there is a significant mediating
effect. This mediation suggests full mediation because the direct effect of perceived review
credibility on intention to use Airbnb is insignificant So, the effect of perceived review

credibility on intention to use Airbnb is fully mediated by attitude towards Airbnb.

The demographics are also analyzed where there were a few notable findings. An
ANOVA shows that there is a significant difference in perceived review credibility between
men and women F(1,214) = 5.925; p = .016. On average, men have a lower perceived review
credibility M = 3.77 (SD = 1.250) than women M = 4.25 (SD = 1.445). Furthermore, there is
also a significant difference in perceived review credibility between different educational
levels F(2,213) = 3.858; p = .023. Educational level 3 has the lowest credibility perception of
reviews (M=3.92; SD=1.437) and differs significantly from educational level 2 (p = .016)
with a mean difference of M = .608. Additionally, there is also a significant difference in
perceived review credibility between ages (F(43,172) = 1.398; p =.069). To visualize this

relationship, a graph (figure 5) is made using a regression analysis. This graph shows that
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respondents around 30 have the highest credibility perception of reviews.

Simple Line Mean of perceived review credibility by age

Mean perceived review credibility

10 20 30 40

Age

Figure 5: Relationship between perceived review credibility and age

4.10: Summary results

50

60 70

Hypothesis Accepted/Rejected
H1: Negative reviews are perceived more credible than positive Rejected
reviews

H2: Perceived review credibility is positively related to the Rejected
intention to use Airbnb

H3: Perceived review credibility mediates the relationship Rejected
between review valence and intention to use Airbnb

H4: The difference in perceived credibility between positive and Rejected

negative reviews is bigger when the review quantity is low
compared to high

Table 8: Summary of the hypothesis
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Chapter 5: Conclusion and discussion
This last chapter will evaluate the research design and approach. In addition to this, a
conclusion was drawn using both a literature review and a data analysis of the survey. With
this conclusion, an answer to the research question is formulated. Finally, the limitations of

the research are explained, and recommendations are made for possible further research.

5.1: Conclusion

The main question in this study was “to what extent does review valence affect the
intention to use Airbnb through perceived review credibility, and to what extent does review
quantity moderate the effect of review valence on perceived review credibility? . Both main
effects and the mediation and moderation effects were tested using a questionnaire during an
online experiment where each respondent was exposed to one of the four experimental
conditions. In the analysis, all effects were tested in once and discussed separately. Results
show that review valence is not related to perceived review credibility. However, review
valence affects the intention to use Airbnb, which indicates that positive reviews lead to more
intention to use Airbnb than negative reviews. In addition, there is also no relation between
perceived review credibility and the intention to use Airbnb. The prediction of the moderating
effect of review quantity on the relationship between review valence and perceived review
credibility is also disproved. In short, these results indicate that all formulated hypotheses are
refuted. All in all, review valence does not affect the intention to use Airbnb through
perceived review credibility, and review quantity does not moderate the effect of review

valence on perceived review credibility.

Although all hypotheses have been rejected, some remarkable findings have been made. If
the sample consists only of respondents who have passed a manipulation check, reviews with
a positive valence are perceived as more credible than reviews with a negative valence if the
number of reviews is high. Also, high-quantity reviews are perceived as more credible than
low-quantity reviews. Furthermore, the attitude towards Airbnb was found to influence both
perceived review credibility and intention to use Airbnb. After further exploration it turned
out that there is full mediation of attitude towards Airbnb on the relation between perceived

review credibility and intention to use Airbnb.
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5.2: Discussion

The rejection of all hypotheses contradicts findings in previous academic literature.
Respondents gave an average answer for perceived review credibility despite of the
experimental conditions, which could have led to the insignificant effects found because this
variable was included in all the hypotheses. The average answering can be explained by a lack
of understanding or wrong interpretation caused by a difficult question or a complicated scale
(Harzing, 2006), which lead to a mismeasurement of the variable. The central tendency bias
can also cause this problem. Respondents are avoiding extremes of the scale, and favor the
answers that are closer to the middle (Douven, 2018). This problem could be solved in the
future by pretesting and with using a 4-point or 6-point scale without allowing respondents to
answer in the middle (Chang, 1994; Nadler et al., 2015), or using other items.

Additionally, the attitude towards Airbnb differs within the experimental conditions
which is remarkable. Even though significant differences have been found, these are not that
large, and they all still score around the average. However, there is no explanation for this
phenomenon in the obtained data and in the literature.

Furthermore, results suggest that positive reviews lead to more intention to use Airbnb
and that review credibility has nothing to do with this. This may be related to social norms
and social proof. This affects behavior because observing what others have done reveals what
is socially expected in a situation (Burtch et al., 2018) and therefore, positive reviews can lead
to more intention to use Airbnb. In addition, individuals who share negative reviews have had
personally unsatisfactory experiences while using Airbnb (Kusumasondjaja et al., 2012).
However, those who are concerned with reading negative reviews are not more inclined to use
the platform themselves.

Finally, some significant effects occur within the limited sample of respondents with a
successful manipulation check, which can be explained by the fact that these respondents
correctly interpreted and understood the experimental manipulation (Gruijters, 2022).
Findings indicate that a high number of reviews is perceived as more credible than a low
number of reviews. Results indicate also that positive reviews are perceived as more credible
than negative reviews, when the number of reviews is high. These phenomenon’s can be
clarified by the fact that the quantity of information (reviews) is a determining factor for
credibility (Kusumasondjaja et al., 2012). In addition, this can be explained by the positivity
bias which occurs with reviewing hedonic products (experience goods) (Craciun & Moore,
2019). The positivity bias is about the tendency to accept positive rather than negative

information (McNeel & Messick, 1970) whereby positive reviews are more persuasive as
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negative reviews (Zhang et al., 2010). This persuasion is highly and positive correlated with
credibility (Burgoon et al., 1990).

5.3: Academic recommendations

Despite refuting the formulated hypotheses, this study offers valuable insights and
noteworthy findings that contribute to the existing body of knowledge.

By identifying the influence of attitude towards Airbnb on both perceived review
credibility and intention to use Airbnb, this research sheds light on the intricate relationship
between these variables. Additionally, the finding that the relationship between perceived
review credibility and intention to use Airbnb is fully mediated by the attitude towards Airbnb
emphasizes the significance of considering people's attitudes when analyzing the influence of
review credibility on user intentions.

The outcomes from this study can be used to direct future research to improve
theoretical frameworks and create interventions that successfully improve consumers'
attitudes and intentions towards Airbnb and similar platforms. In addition, it is recommended
to consider and further examine whether perceived review credibility, review quantity, and

review valence influence attitudes toward Airbnb rather than intention to use Airbnb.

5.4: Managerial recommendations

Since all hypotheses have been rejected, sharing platforms can consider some
recommendations. Sharing platforms can adapt their marketing strategy by considering that
credibility of reviews may influence the intention to use a sharing platform through the
attitude of consumers towards a sharing platform.

The knowledge that review valence affect the intention to use Airbnb can be used by
firms to encourage sharing platform users to write a positive review about that certain sharing
platform. However, it is necessary to encourage users only posting positive reviews, and not
writing a review in general. This could lead to posting negative reviews, which has a negative
impact on usage intention. Also, the number of reviews has no influence on the intention to

use Airbnb which makes encouraging writing a review in general not necessary.

5.5: Limitations and suggestions for further research
Some limitations in this study should be mentioned. The first limitation lies in the fact

that it was a non-probability sampling study because only people in the network of LinkedIn,
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Facebook and Instagram have seen the post and thus can participate in the study. The results
lack representativeness in relation to gender and level of education, but they are representative
regarding age. So, this raises doubts as to whether the results are generalizable. Next research
could broaden the sample, resulting in more representative data.

Second, Airbnb has (potential) customers worldwide, while this study only focused on
(potential) customers in the Netherlands, so culture-related factors could influence the results.
It may therefore be valuable for future research to involve different countries and cultures in
the research.

In addition, there are limitations regarding the experimental design. Although an
experimental technique is a powerful research strategy, it requires a minimum sample size of
50 respondents per experimental condition. This requirement is not fully met in this study
because two conditions have a sample size of less than 50. A learning lesson for the future is
to analyze the results in between during the data collection period and to see whether this
requirement is met. If it is met, the results can be fully analyzed, but if it is not met, the online
questionnaire can remain active.

Moreover, the discriminant validity of this study is compromised by the correlations
between the items of attitude toward Airbnb and the intention to use Airbnb. Although scales
have been used in the literature with good experience, this could lead to a bias in the results.
However, when analyzing the results, these variables gave completely different effects with
other variables. It is therefore not expected that this biased the results. In the future, this can
be solved by doing a pre-test and changing some measurement items.

Although 25.9% of the respondents in this study did not pass the attention check, this
did not influence the results. However, this does not alter the fact that it can influence the
results in the future. Follow-up research could ensure a more prominent presence of the
number of reviews, in order to achieve the lowest possible percentage of respondents that do
not pass the attention check.

Lastly, further research could look at a different scale and questions to analyze
perceived review credibility. In this study, this led to average answering on this variable,
which meant that it was not possible to properly reflect the credibility perception and
ultimately significant effects. In the future, a pretest and the usage of a 4-point or 6-point
scale could solve this problem because the scale is pre analyzed and there is no option to

answer in the middle. Another option is using other scale items.
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Appendices

Appendix A: Pretest
This appendix contains the complete English and Dutch version of the pretest

questionnaire used in this study, and the output of results of the pretest.

English version

Indien vragenlijst Nederlands, klik rechtsboven op ‘Nederlands'.
PRETEST - MASTER THESIS 2023 - AIRBNB REVIEWS

Welcome to this pretest for the online experiment on Airbnb reviews. This research is being
conducted by Cherique Hutten during a Master Thesis (Marketing) at Radboud University.
This pretest involves filling out an online questionnaire. The questions are about review
valence and review quantity. The goal is to gain insights into how consumers interpreter
review valence and review quantity.

Filling out this pretest will take about 5 minutes and your answers will be processed
anonymously and stored according to the research data management guidelines of Radboud
University and conform General Data Protection Regulation. The data cannot be tracked back
to you personally.

The researcher will use the data for this Master Thesis, and the defense. The anonymous data
may become available so that other researchers can refer to it and use relevant data. For
integrity purposes, the research data will be accessible to the academic community for a
period of at least 10 years. Besides that, your participation in this research is voluntary. There
is a possibility to quit the questionnaire at any time during the pretest without giving a
reason.

53



The pretest is intended for you if...
- You are between 18-65 years old

Thank you in advance for taking the pretest! Your participation helps to improve knowledge

about the interpretation of reviews. If you would like more information about this research
study, now or in the future, please contact Cherique Hutten (cherique.hutten@ru.nl).

You have taken note of, and you understand this information
- You voluntarily agree to participate
- You are at least 18 years of age
Question 1: If you do not wish to participate in this pretest, please decline participation by

clicking on the button 'l do not want to participate’. If you agree with the terms and want to
participate in this pretest, please click on 'Agree, start the pretest'.

Agree, start the pretest

I do not want to participate
If ‘I do not want to participate’ is selected, skip to stop remarks
Stop remarks
You cannot participate in this research

At the bottom, click one more time on the arrow to exit.

If you have any comments you would like to share with me, please enter them below or email
to cherique.hutten@ru.nl.

My comments:
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In a moment you will see six different reviews of Airbnb.

Read them carefully and then answer the corresponding questions about how you interpret
these reviews.

Carla van Hout

Airbnb user

Airbnb is a very good booking website for booking
accommodations. They facilitate fast
communication, searching accommodations is
easy, and there are good terms and conditions on
it so you won't get scammed easily. Because you
can view the host's profile and chat directly with

them, it is very confidential. | will always use this

platform when | want to book a night away or a
vacation, fast, cheap and good servicel!ll | definitely
recommend this platform.

Question 2: How do you interpret this review?

Neither
Extremely Moderately Slightly  positive  Slightly Moderately Extremely
negative negative negative nor positive positive positive
negative
I think this
review is...
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Carla van Hout

Airbnb user

| prefer to book an accommodation with Airbnb.
Whether for a holiday or a business trip. This

platform is very suitable for both purposes.

Because the platform has the option to
communicate directly with the owner, it makes it
even more comfortable. This platform has
accommodations for people with both a large and
small wallet. Moreover, people with both large and
small families can find suitable accommodation for
their holiday. In short, highly recommended.

Question 3: How do you interpret this review?

Neither
Extremely Moderately Slightly  positive  Slightly Moderately Extremely
negative negative negative nor positive positive positive
negative
I think this
review is...
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Carla van Hout

Airbnb user

STRONGLY RECOMMENDED! This platform is very
good for finding the best accommodations for a

nice price. Because the website and app work so

well, booking is very easy and self-explanatory. If
you have any questions, you can always call
customer service, who will respond within three
minutes and will handle your question very
friendly. They help you from start to finish. If you
have any questions, you can also email them and
you will receive a response within 24 hours. This is

very pleasant!

Question 4: How do you interpret this review?

Neither
Extremely Moderately Slightly  positive  Slightly Moderately Extremely
negative negative  negative nor positive positive positive
negative
I think this
review is...
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Carla van Hout

Airbnb user

What a bad platform is Airbnb. I've tried three
times to verify my identity, but Airbnb keeps
saying it fails and it's not valid. Booking was
canceled immediately so | can't go on holiday with
my family tomorrow. So now have to make a new
booking and have no refund. Called customer

service for three hours today and they can't help

me either. Bad service and therefore not
recommended at all. So do NOT trust this platform

because you will be completely scammed!!!

Question 5: How do you interpret this review?

Neither
Extremely Moderately Slightly  positive  Slightly Moderately Extremely
negative negative  negative nor positive positive positive
negative
I think this
review is...
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Carla van Hout

Airbnb user

DO NOT USE THIS PLATFORM! The service is
terrible. | booked a holiday last week that | paid a
lot of money for. Suddenly Airbnb has canceled the
accommodation for unclear reasons that they do
not want to tell. | spent over an hour on the phone

trying to reach customer service, and in the end

they don't give a reason for the cancellation and |
don't get my money back. So now | have no
vacation and no money back. Very unreliable

platform!

Question 6: How do you interpret this review?

Neither
Extremely Moderately Slightly  positive  Slightly Moderately Extremely
negative negative  negative nor positive positive positive
negative
I think this
review is...
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Carla van Hout

Airbnb user

This platform is absolutely not recommended. |
had a question about the cancellation insurance
and called customer service. The number they
indicate is a non-existent and invalid number so
you can't get anyone on the phone. | then sent a

chat message to customer service, but after a

week still no response. Luckily | haven't paid or
booked anything yet. You can't trust Airbnb when
booking an accommodation, so don't use it
because you won't get in touch with this platform!

Question 7: How do you interpret this review?

Neither
Extremely Moderately Slightly  positive  Slightly Moderately Extremely
negative negative  negative nor positive positive positive
negative
I think this
review is...

Imagine you want to check reviews of Airbnb before using this platform, and you see that
there are a number of reviews published on a website.

Question 8: How many reviews do you perceive as low quantity?

Imagine you want to check reviews of Airbnb before using this platform, and you see that
there are a number of reviews published on a website.

Question 9: How many reviews do you perceive as high quantity?
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Question 10: What is your opinion on the numbers of reviews published on a website below?

Extremely  Moderately  Slightly IT) s\l,t:grr Slightly ~ Moderately  Extremely
low low low hiah high high high
quantity quantity quantity quar?tity quantity quantity quantity

If there are 4
reviews
published on a
website, | think
thatisa...

If there are 8
reviews
published on a
website, | think
thatisa...

If there are 40
reviews
published on a
website, | think
thatis a...

If there are 200
reviews
published on a
website, | think
thatisa...

If there are 300
reviews
published on a
website, | think
thatis a...

Finally, a few demographic questions about you in general. These questions will only be used
to look at groups (you will remain absolutely anonymous).

Question 11: What is your gender?
Man
Woman
Non-binary
Transgender

Other, namely
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Question 12: What is your age?

Question 13: What is your highest completed educational level?
Primary education, VMBO, first three years of HAVO/VWO or MBO-1
Senior secondary education of HAVO/VWO, MBO-2, MBO-3, or MBO-4

HBO or WO

You have arrived at the end of the pretest. Thank you very much for participating!
NOTE: Please click 1 more time on the arrow at the bottom to submit your completed
guestionnaire.
- If you have any comments you would like to share with us, please enter them below
- If you want to be informed about the final results of this research, send an email to:
cherique.hutten@ru.nl.

My comments:
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Dutch version

If you want the questionnaire in English, click on 'English" at the top right.
PRETEST - MASTER THESIS 2023 - AIRBNB REVIEWS

Welkom bij deze pretest voor het online experiment over Airbnb reviews. Dit onderzoek
wordt uitgevoerd door Cherique Hutten tijdens een Master Thesis (Marketing) aan de
Radboud Universiteit. Deze pretest bestaat uit het invullen van een online vragenlijst. De
vragen gaan over de interpretatie van positieve en negatieve reviews en het aantal reviews.
Het doel is om inzicht te krijgen in hoe consumenten review positiviteit, negativiteit en
review hoeveelheid interpreteren.

Het invullen van deze pretest duurt ongeveer 5 minuten en uw antwoorden worden anoniem
verwerkt en opgeslagen volgens de richtlijnen voor research data management van de
Radboud Universiteit en conform de Algemene Verordening Gegevensbescherming. De
gegevens zijn niet tot u persoonlijk te herleiden. De onderzoeker zal de gegevens gebruiken
voor deze Master Thesis en de verdediging. De anonieme data kunnen beschikbaar komen
zodat andere onderzoekers ernaar kunnen verwijzen en relevante data kunnen gebruiken.
Omwille van integriteitsdoeleinden zullen de onderzoeksgegevens voor een periode van
minimaal 10 jaar toegankelijk zijn voor de academische gemeenschap. Daarnaast is uw
deelname aan dit onderzoek vrijwillig. Er is een mogelijkheid om de vragenlijst af te sluiten
op elk moment tijdens de pretest zonder opgaaf van reden.
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De pretest is voor u bedoeld als...
- U tussen de 18-65 jaar oud bent

Bij voorbaat dank voor het participeren in de pretest! Uw deelname helpt om de kennis over
de interpretatie van reviews te verbeteren. Wilt u nu of in de toekomst meer informatie over
dit onderzoek, neem dan contact op met Cherique Hutten (cherique.hutten@ru.nl).

Vraag 1: Maak hieronder uw keuze.
- U heeft kennisgenomen van en u begrijpt deze informatie
- U gaat vrijwillig akkoord met deelname
- U bent minimaal 18 jaar
Indien u niet wenst deel te nemen aan deze pretest, gelieve deelname af te wijzen door op de

knop "Ik wil niet deelnemen’ te klikken. Als u akkoord gaat met de voorwaarden, klik op
'‘Akkoord, start de pretest'.

Akkoord, start de pretest

Ik wil niet deelnemen
Indien ‘Ik wil niet deelnemen’ is geselecteerd, ga naar stop remarks.
Stop remarks
U kunt niet deelnemen aan dit onderzoek

Klik onderaan nog een keer op de pijl om af te sluiten.

Als u opmerkingen heeft die u met mij wilt delen, kunt u deze hieronder invullen of een e-
mail sturen naar cherique.hutten@ru.nl.

Mijn opmerkingen:
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Zometeen ziet u zes verschillende reviews van Airbnb.
Lees ze aandachtig door en beantwoord daarna de bijbehorende vragen.

Carla van Hout

Airbnb gebruiker

Airbnb is een zeer goede boekingswebsite voor het
boeken van accommodaties. Ze zorgen voor een
snelle communicatie, het zoeken naar
accommodaties is makkelijk en ze bieden goede
voorwaarden aan zodat je niet snel opgelicht
wordt. Omdat je het profiel van de gastheer kunt
bekijken en rechtstreeks met hem kunt chatten, is

het zeer vertrouwelijk. Ik zal dit platform altijd

gebruiken als ik een nachtje weg of een vakantie
wil boeken, snel, goedkoop en goede service!!l Ik
raad dit platform zeker aan.

Vraag 2: Hoe interpreteert u deze review?

Extreem
negatief
Ik vind
deze
review...

Niet
Matig  Enigszins positief, Enigszins  Matig
negatief  negatief niet positief  positief
negatief

Extreem
positief
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Carla van Hout

Airbnb gebruiker

Het liefst boek ik een accommodatie via Airbnb. Of
het nu voor een vakantie of een zakenreis is. Dit

platform is voor beide doeleinden zeer geschikt.

Doordat het platform de mogelijkheid heeft om
direct met de eigenaar te communiceren, wordt het
nog comfortabeler. Dit platform heeft
accommodaties voor mensen met zowel een grote
als een kleine portemonnee. Bovendien kunnen
mensen met zowel grote als kleine gezinnen een
geschikte accommodatie vinden voor hun
vakantie. Kortom een aanrader.

Vraag 3: Hoe interpreteert u deze review?

Niet
Extreem Matig  Enigszins positief, Enigszins  Matig
negatief  negatief  negatief niet positief  positief
negatief
Ik vind
deze
review...

Extreem
positief
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Carla van Hout

Airbnb gebruiker

STERK AANBEVOLEN! Dit platform is erg goed
voor het vinden van de beste accommodaties voor
een leuke prijs. Doordat de website en app zo goed
werken, is boeken heel makkelijk en wijst zich het
vanzelf. Bij vragen kun je altijd bellen met de
klantenservice, deze reageert binnen drie minuten
en zal je vraag zeer vriendelijk behandelen. Ze

helpen je van begin tot eind. Bij vragen kun je ook

mailen waarbij je binnen 24 uur reactie hebt. Dit is
heel erg prettig!

Vraag 4: Hoe interpreteert u deze review?

Niet
Extreem Matig  Enigszins positief, Enigszins  Matig  Extreem
negatief  negatief  negatief niet positief  positief  positief
negatief
Ik vind
deze
review...
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Carla van Hout

Airbnb gebruiker

Wat een slecht platform is Airbnb. Ik heb drie keer
geprobeerd mijn identiteit te verifiéren, maar
Airbnb zegt dat het steeds mislukt en dat het niet
geldig is. Boeking werd per direct geannuleerd
waardoor ik morgen niet op vakantie kan met mijn

gezin. Dus moet nu een nieuwe boeking maken en

heb geen geld terug. Vandaag drie uur gebeld met
de klantenservice en ook zij kunnen mij niet helpen.
Slechte service en dus absoluut geen aanrader.
Vertrouw dit platform dus NIET want je wordt
volledig opgelicht!!!

Vraag 5: Hoe interpreteert u deze review?

Niet
Extreem Matig  Enigszins positief, Enigszins  Matig
negatief  negatief  negatief niet positief  positief
negatief
Ik vind
deze
review...

Extreem
positief
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Carla van Hout

Airbnb gebruiker

GEBRUIK DIT PLATFORM NIET! De service is
verschrikkelijk. Ik heb vorige week een vakantie

geboekt waar ik veel geld voor heb betaald. Plots

heeft Airbnb de accomodatie geannuleerd om
onduidelijke redenen die ze niet willen vertellen. Ik
heb meer dan een uur aan de telefoon gehangen
om de klantenservice te bereiken, en uiteindelijk
geven ze geen reden voor de annulering en krijg ik
mijn geld niet terug. Nu heb ik dus geen vakantie

en geen geld terug. Heel onbetrouwbaar platform!

Vraag 6: Hoe interpreteert u deze review?

Niet
Extreem Matig  Enigszins positief, Enigszins  Matig Extreem
negatief  negatief  negatief niet positief  positief  positief
negatief
Ik vind
deze
review...
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Carla van Hout

Airbnb gebruiker

Dit platform is absoluut niet aan te raden. Ik had
een vraag over de annuleringsverzekering en belde
de klantenservice. Het nummer dat ze aangeven is
een niet bestaand en ongeldig nummer waardoor

je niemand aan de telefoon krijgt. Ik heb toen een

chatbericht gestuurd naar de klantenservice, maar
na een week nog steeds geen reactie ontvangen.
Gelukkig heb ik nog niets betaald of geboekt.
Airbnb kun je niet vertrouwen bij het boeken van
een accommodatie, dus gebruik het niet want je
krijgt geen contact met dit platform!

Vraag 7: Hoe interpreteert u deze review?

Niet
Extreem Matig  Enigszins positief, Enigszins  Matig Extreem
negatief  negatief  negatief niet positief  positief  positief
negatief
Ik vind
deze
review...

Stelt u uzelf voor dat u reviews van Airbnb wilt bekijken voordat u dit platform gebruikt, en u
ziet dat er een aantal reviews gepubliceerd zijn op een website.

Vraag 8: Hoeveel reviews beschouwt u als een kleine hoeveelheid?

Stelt u uzelf voor dat u reviews van Airbnb wilt bekijken voordat u dit platform gebruikt, en u
ziet dat er een aantal reviews gepubliceerd zijn op een website.

Vraag 9: Hoeveel reviews beschouwt u als een grote hoeveelheid?

70



Vraag 10: Wat is uw mening over onderstaande aantallen gepubliceerde reviews op een
website?

Niet een
kleine, niet

een grote
hoeveelheid

Extreem Matig Enigszins
kleine kleine kleine
hoeveelheid hoeveelheid  hoeveelheid

Enigszins Matig grote Extreem

grote - grote
hoeveelheid hoeveelheid hoeveelheid

Alser4
reviews op
een website

staan vind ik
dat een...

Alser8
reviews op
een website

staan vind ik
dat een...

Als er 40
reviews op
een website

staan vind ik
dat een...

Als er 200

reviews op

een website
staan vind ik

dat een...

Als er 300

reviews op

een website
staan vind ik

dat een...

Tot slot nog een paar demografische vragen over u in het algemeen. Deze vragen worden
alleen gebruikt om naar groepen te kijken (u blijft absoluut anoniem).

Vraag 11: Wat is uw geslacht?
Man
Vrouw
Non-binair
Transgender

Anders, namelijk

Vraag 12: Wat is uw leeftijd?
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Vraag 13: Wat is uw hoogst afgeronde opleidingsniveau?
Basisonderwijs, vmbo, eerste drie jaar havo/vwo of mbo-1
HAVO/VWO, MBO-2, MBO-3 of MBO-4

HBO of WO

U bent aan het einde van de pretest aangekomen. Heel erg bedankt voor het meedoen!
LET OP: Klik nog 1 keer op de pijl onderaan om uw ingevulde vragenlijst in te dienen.
- Als u opmerkingen heeft die u met ons wilt delen, kunt u deze hieronder invullen
- Wilt u op de hoogte worden gebracht van de eindresultaten van dit onderzoek, stuur
dan een e-mail naar: cherique.hutten@ru.nl.

Mijn opmerkingen:
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Results pretest

Estimates
95% Confidence
Interval
Std. Error Lower Upper
Valence Mean Bound Bound
1 6.750 143 6.451 7.049
2 6.250 143 5.951 6.549
3 6.850 .082 6.679 7.021
4 1.150 .082 979 1.321
5 1.050 .050 .945 1.155
6 1.650 .109 1.421 1.879
Pairwise Comparisons
95% Confidence
Interval ®
Mean
0] ) difference  Std. Error Lower Upper
Valence Valence (1-J) Sig. ° Bound Bound
1 2 500 199 315 -.166 1.166
3 -.100 143 1.000 -.581 .381
4 5.600* 152 <.001 5.090 6.110
5 5.700* 179 <.001 5.099 6.301
6 5.100* 191 <.001 4.461 5.739
2 1 -.500 199 315 -1.166 .166
3 -.600* .169 031 -1.165 -.035
4 5.100* 143 <.001 4.619 5.581
5 5.200* 156 <.001 4.678 5.722
6 4.600* 197 <.001 3.938 5.262
3 1 .100 143 1.000 -.381 581
2 .600* .169 .031 .035 1.165
4 5.700* .128 <.001 5.272 6.128
5 5.800* 117 <.001 5.408 6.192
6 5.200* .138 <.001 4.738 5.662
4 1 -5.600* 152 <.001 -6.110 -5.090
2 -.5.100* 143 <.001 -5.581 -4.619
3 -5.700* .128 <.001 -6.128 -5.272
5 .100 .100 1.000 -.235 435
6 -.500 154 .063 -1.016 .016
5 1 -5.700 179 <.001 -6.301 -5.099
2 -5.200* 156 <.001 -5.722 -4.678
3 -5.800* 117 <.001 -6.192 -5.408
4 -.100 .100 1.000 -.435 235
6 -.600* 112 <.001 -.977 -.223
6 1 -5.100* 191 <.001 -5.739 -4.461
2 -4.600* 197 <.001 -5.262 -3.938
3 -5.200* .138 <.001 -5.662 -4.738
4 500 154 .063 -.016 1.016
5 .600* 112 <.001 223 977

Based on estimated marginal means

*. The mean difference is significant at the .05 level.

b. Adjustment for multiple comparisons: Bonferroni
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Appendix B: Questionnaire
This appendix contains the complete English and Dutch version of the questionnaire

(online experiment) used in this study.

English version

Indien vragenlijst Nederlands, klik rechtsboven op ‘Nederlands'.
Master Thesis - Airbnb Reviews 2023

Welcome to this online experiment on Airbnb reviews and the interpretation of these reviews.
This research is being conducted by Cherique Hutten during a Master Thesis (Marketing) at
Radboud University. The online experiment involves filling out an online questionnaire. The
questions are specifically about a review of Airbnb and the intention to use Airbnb. The goal
is to gain insights into how reviews are evaluated and ultimately influence consumer
behavior.

Filling out this questionnaire will take about 5 minutes and your answers will be processed
anonymously and stored according to the research data management guidelines of Radboud
University and conform General Data Protection Regulation. The data cannot be tracked back
to you personally.

The researcher will use the data for this Master Thesis, and the defense. The anonymous data
may become available so that other researchers can refer to it and use relevant data. For
integrity purposes, the research data will be accessible to the academic community for a
period of at least 10 years.

Besides that, your participation in this research is voluntary. There is a possibility to quit the
questionnaire at any time during the online experiment without giving a reason.

The questionnaire is intended for you if...
- You are between 18-65 years old
- You are a person who has ever booked or intended to book an online accommodation
on a sharing platform (Airbnb/Homeaway)
- You have not filled in the pretest.

Thank you in advance for taking the questionnaire! Your participation helps to improve
knowledge about the interpretation of reviews, and the intention to use a platform as Airbnb.

If you would like more information about this research study, now or in the future, please
contact Cherique Hutten (cherique.hutten@ru.nl).
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Question 1: Please select your choice below.
- You have taken note of and you understand this information
- You voluntarily agree to participate
- You are at least 18 years of age

If you do not wish to participate in this online experiment, please decline participation by
clicking on the button 'l do not want to participate'. If you agree with the terms and want to
participate in this research, please click on 'Agree, start the questionnaire'.

Agree, start the questionnaire

I do not want to participate
When ‘I do not want to participate’ is selected, skip to stop remarks.

Question 2: Have you filled in the pretest?
Yes

No

When ‘Yes’ is selected, skip to stop remarks.

Stop remarks
You cannot participate in this research

At the bottom, click one more time on the arrow to exit.

If you have any comments you would like to share with me, please enter them below or email

to cherique.hutten@ru.nl.

My comments:
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Question 3: Do you ever book or intend to book an accommodation online on a sharing

platform?
Yes
No
Question 4:
Neither
Syrongly Disagree So_mewhat agree  Somewhat Agree Strongly
disagree disagree nor agree agree
disagree
Iam
familiar
with the
platform
Airbnb

Soon you will see a randomly chosen review of the Airbnb platform that has been placed on a
website where several reviews about Airbnb can be seen. This review is about the platform
itself and the service they provide. You will be asked to answer questions about your
interpretation of the review and intention to use Airbnb after seeing this review. Read this
review carefully!!!

Note: This review has been rated by consumers as the "most helpful” review posted. This
review therefore gives the best representation of the number of reviews that have been posted
on the website.

*Each respondent is exposed to one of the four experimental conditions (reviews)*
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. 8
User reviews >

Carla van Hout

@ Most helpful review

STRONGLY RECOMMENDED! This platform is very
good for finding the best accommodations for a
nice price. Because the website and app work so
well, boaking is very easy and self-explanatory. If
you have any questions, you can always call
customer service, who will respond within three
minutes and will handle your question very
friendly. They help you from start to finish. If you
have any questions, you can also email them and
you will receive a response within 24 hours. This is
very pleasant!

b7 "

Note: As you can see, there are 8 reviews published on this website!

User reviews 8 >

Carla van Hout

Ao

7~ Most helpful review

~
-

DO NOT USE THIS PLATFORM! The service is
terrible. | booked a holiday last week that | paid a
lot of money for. Suddenly Airbnb has canceled the
accommodation for unclear reasons that they do
not want to tell. | spent over an hour on the phone
trying to reach customer service, and in the end
they don't give a reason for the cancellation and |

don't get my money back. As a result, | don't get
my money back now, but also no more
accommodation. Very unreliable platform!

b 7 "P s

Note: As you can see, there are 8 reviews published on this website!



User reviews ( 150 J >

Carla van Hout

Most helpful review

STRONGLY RECOMMENDED! This platform is very
good for finding the best accommodations for a
nice price. Because the website and app work so
well, booking is very easy and self-explanatory. If
you have any questions, you can always call
customer service, who will respond within three
minutes and will handle your question very
friendly. They help you from start to finish. If you
have any questions, you can also email them and
you will receive a response within 24 hours. This is
very pleasant!

s 7 "W

Note: As you can see, there are 150 reviews published on this website!

User reviews (120 >

Carla van Hout

Most helpful review

DO NOT USE THIS PLATFORM! The service is
terrible. | booked a holiday last week that | paid
lot of money for. Suddenly Airbnb has canceled the
accommodation for unclear reasons that they do
not want to tell. | spent over an hour on the phone
trying to reach customer service, and in the end
they don't give a reason for the cancellation and |
don't get my money back. As a result, | don't get
my money back now, but also no more

accommodation. Very unreliable platform!

s 7 "W

Note: As you can see, there are 150 reviews published on this website!



The next questions are about the above review of Airbnb. You will be given three statements

per question, where you must indicate to what extent you agree or disagree.

Question 5: After reading this review, what is your _credibility of the review of Airbnb?

Neither

Strongly . Somewhat Somewhat Strongly
disagree Disagree disagree zgree nor agree Agree agree
isagree
I think
this
review is
believable
I think
this
review is
factual
I think
this
review is
accurate
Question 6: After reading this review, what is your_intention to use Airbnb?
Neither
Strongly . Somewhat agree = Somewhat Strongly
disagree Disagree disagree nor agree Agree agree
disagree
I will likely use
Airbnb to find

future holiday
accommodations

I would
recommend
Airbnb to my
friends

If I require
accommodations,
I would prefer to

use Airbnb
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Question 7: How do you interpret the review you just saw?

Neither
Extremely Moderately  Slightly ~ positive  Slightly Moderately ~Extremely
negative negative negative nor positive positive positive
negative
| think
this

review
is...

Question 8: How do you interpret the number of reviews published on the website you
just saw?

Extremely Moderately  Slightly IT) s\'/tgg: Slightly  Moderately Extremely

low low low high high high high
guantity guantity guantity quantity guantity guantity guantity
| think
the
number
of
reviews
published
on this
website
is...

Question 9: How many reviews were published on the website (as shown with the
review)?
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Question 10: This question is about your attitude towards a review in general and is
completely unrelated to the review you just saw. So, this is your personal attitude towards
reviews in general.

Neither
S’Frongly Disagree So_mewhat agree Somewhat Agree Strongly
disagree disagree nor agree agree
disagree

When | use an
online booking
platform, I always
read reviews of
this platform

When | want to
use an online
booking platform,
the reviews of this
platform
presented on
another website
are helpful for my
decision

When | want to
use an online
booking platform,
the reviews of this
platform make me
confident to
ultimately use it

If I do not read the
reviews of online
booking
platforms, | worry
about my decision

When | want to
use an online
booking platform,
reading the
reviews presented
on other websites
impose a burden
on me

When | want to
use an online
booking platform,
reading the
reviews of this
platform irritates
me
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Question 11: This question is about your attitude towards Airbnb and the service they offer
and is completely separate from the review you just saw. So, this is your personal attitude
towards Airbnb.

Neither
Strongly . Somewhat  agree  Somewhat Strongly
disagree Disagree disagree nor agree Agree agree
disagree

Airbnb is a better
option for booking
an
accommodation,
compared to other
online booking
platforms

I like using Airbnb

Using the Airbnb
platform is a good
idea

Finally, a few demographic questions about you in general. These questions will only be used
to look at groups (you will remain absolutely anonymous).

Question 12: What is your gender?
Man
Woman
Non-binary
Transgender

Other, namely

Question 13: What is your age?
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Question 14: What is your highest completed educational level?
Primary education, VMBO, first three years of HAVO/VWO or MBO-1
Senior secondary education or HAVO/VWO, MBO-2, MBO-3, or MBO-4

HBO or WO

You have arrived at the end of the questionnaire. Thank you very much for
participating! NOTE: Please click 1 more time on the arrow at the bottom to submit your
completed questionnaire.
- If you have any comments you would like to share with us, please enter them below
- If you want to be informed about the final results of this research, send an email to:
cherique.hutten@ru.nl.

My comments:
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Dutch version

If you want the questionnaire in English, click on 'English" at the top right.
Master Thesis - Airbnb Reviews 2023

Welkom bij dit online experiment over Airbnb reviews en de interpretatie van deze reviews.
Dit onderzoek wordt uitgevoerd door Cherique Hutten tijdens een Master Thesis (Marketing)
aan de Radboud Universiteit. Het online experiment bestaat uit het invullen van een online
vragenlijst. De vragen gaan specifiek over een review van Airbnb en de intentie om Airbnb te
gaan gebruiken. Het doel is om inzicht te krijgen in hoe reviews worden beoordeeld en
uiteindelijk het consumentengedrag beinvioeden.

Het invullen van deze vragenlijst duurt ongeveer 5 minuten en uw antwoorden worden
anoniem verwerkt en opgeslagen volgens de richtlijnen voor research data management van
de Radboud Universiteit en conform de Algemene Verordening Gegevensbescherming. De
gegevens zijn niet tot u persoonlijk te herleiden.

De onderzoeker zal de gegevens gebruiken voor deze masterproef en de verdediging. De
anonieme data kunnen beschikbaar komen zodat andere onderzoekers ernaar kunnen
verwijzen en relevante data kunnen gebruiken. Omwille van integriteitsdoeleinden zullen de
onderzoeksgegevens voor een periode van minimaal 10 jaar toegankelijk zijn voor de
academische gemeenschap.

Daarnaast is uw deelname aan dit onderzoek vrijwillig. Er is een mogelijkheid om de
vragenlijst op elk moment tijdens het online experiment te beéindigen zonder opgaaf van
reden.

De vragenlijst is bedoeld voor u als...
- U tussen de 18-65 jaar oud bent
- U een persoon bent die ooit een online accommodatie heeft geboekt of van plan bent
te boeken op een sharing platform (Airbnb/Homeaway)
- U de pretest niet heeft ingevuld.

Bij voorbaat dank voor het invullen van de vragenlijst! Uw deelname helpt om de kennis over
de interpretatie van reviews en de intentie om een platform als Airbnb te gebruiken te
vergroten.

Wilt u nu of in de toekomst meer informatie over dit onderzoek, neem dan contact op met
Cherique Hutten (cherique.hutten@ru.nl).
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Vraag 1: Maak hieronder uw keuze.
- U heeft kennisgenomen van en u begrijpt deze informatie
- U gaat vrijwillig akkoord met deelname
- U bent minimaal 18 jaar
Indien u niet wenst deel te nemen aan dit online experiment, gelieve deelname af te wijzen

door op de knop "Ik wil niet deelnemen' te klikken. Als u akkoord gaat met de voorwaarden en
wilt deelnemen aan dit onderzoek, klikt u op 'Akkoord, start de vragenlijst'.

Akkoord, start de vragenlijst

Ik wil niet deelnemen
Indien ‘Tk wil niet deelnemen’ is geselecteerd, ga naar stop remarks.

Vraag 2: Heeft u de pretest ingevuld?
Ja

Nee
Indien ‘Ja’ is geselecteerd, ga naar stop remarks.
Stop remarks
U kunt niet deelnemen aan dit onderzoek

Klik onderaan nog een keer op de pijl om af te sluiten.

Als u opmerkingen heeft die u met mij wilt delen, kunt u deze hieronder invullen of een e-
mail sturen naar cherique.hutten@ru.nl.

Mijn opmerkingen:
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Vraag 3: Boekt u wel eens online een accommodatie via een sharing platform, of bent u

van plan dit te gaan doen?

Ja

Nee

Vraag 4:
Niet
Sterk Enigszins eens, Enigszins Mee Sterk
mee Oneens . mee
oneens niet mee eens eens
oneens eens
oneens
Ik ben
bekend
met het
platform
Airbnb

Binnenkort ziet u een willekeurig gekozen review van het platform Airbnb die geplaatst is op
een website waar meerdere reviews over Airbnb te zien zijn. Deze review gaat over het
platform zelf en de service die ze bieden. U wordt gevraagd om vragen te beantwoorden over
uw interpretatie van de review en de intentie om Airbnb te gebruiken na het zien van deze
review. Lees deze review goed door!!!

Opmerking: Deze review is door consumenten beoordeeld als de 'meest nuttige' review die
geplaatst is. Deze review geeft dus de beste representatie weer van het aantal reviews die
geplaatst zijn op de website.

*Elke respondent wordt blootgesteld aan een van de vier experimentele condities
(reviews)*
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Klanten reviews >

Carla van Hout

- Meest nuttige review

STERK AANBEVOLEN! Dit platform is erg goed
voor het vinden van de beste accommodaties voor
een leuke prijs. Doordat de website en app zo goed
werken, is boeken heel makkelijk en wijst zich het
vanzelf. Bij vragen kun je altijd bellen met de
klantenservice, deze reageert binnen drie minuten
en zal je vraag zeer vriendelijk behandelen. Ze
helpen je van begin tot eind. Bij vragen kun je ook
mailen waarbij je binnen 24 uur reactie hebt. Dit is
heel erg prettig!

e 7 "® s
Opmerking: Zoals u kunt zien zijn er 8 reviews gepubliceerd op deze website!

Klanten reviews' 8 >

Carla van Hout

Meest nuttige review
GEBRUIK DIT PLATFORM NIET! De service is
verschrikkelijk. Ik heb vorige week een vakantie
geboekt waar ik veel geld voor heb betaald. Plots
heeft Airbnb de accomodatie geannuleerd om
onduidelijke redenen die ze niet willen vertellen. Ik
heb meer dan een uur aan de telefoon gehangen om
de klantenservice te bereiken, en uiteindelijk geven
ze geen reden voor de annulering en krijg ik mijn
geld niet terug. Nu heb ik dus geen vakantie en geen

geld terug. Heel onbetrouwbaar platform!

b 7 "W

Opmerking: Zoals u kunt zien zijn er 8 reviews gepubliceerd op deze website!
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Klanten reviews 1°0 J >

Carla van Hout

“§- Meest nuttige review

STERK AANBEVOLEN! Dit platform is erg goed
voor het vinden van de beste accommodaties voor
een leuke prijs. Doordat de website en app zo goed
werken, is boeken heel makkelijk en wijst zich het
vanzelf. Bij vragen kun je altijd bellen met de
klantenservice, deze reageert binnen drie minuten
en zal je vraag zeer vriendelijk behandelen. Ze
helpen je van begin tot eind. Bij vragen kun je ook
mailen waarbij je binnen 24 uur reactie hebt. Dit is
heel erg prettig!

b7 "

Opmerking: Zoals u kunt zien zijn er 150 reviews gepubliceerd op deze website!

Klanten reviews ( 150 ) >

Carla van Hout

@ Meest nuttige review
GEBRUIK DIT PLATFORM NIET! De service is
verschrikkelijk. Ik heb vorige week een vakantie
geboekt waar ik veel geld voor heb betaald. Plots
heeft Airbnb de accomodatie geannuleerd om
onduidelijke redenen die ze niet willen vertellen. lk
heb meer dan een uur aan de telefoon gehangen om
de klantenservice te bereiken, en uiteindelijk geven

ze geen reden voor de annulering en krijg ik mijn
geld niet terug. Nu heb ik dus geen vakantie en geen
geld terug. Heel onbetrouwbaar platform!

s 7 "$s

Opmerking: Zoals u kunt zien zijn er 150 reviews gepubliceerd op deze website!
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De volgende vragen gaan over de bovenstaande review van Airbnb. Per vraag krijgt u drie
stellingen, waarbij u moet aangeven in hoeverre u het hiermee eens of oneens bent.

Vraag 5: Na het lezen van deze review, hoe geloofwaardig vindt u deze review van
Airbnb?

Sterk N Niet N Sterk
Enigszins . Enigszins Mee
mee Oneens eens, niet mee
oneens mee eens eens
oneens oneens eens
Ik denk dat
deze review

geloofwaardig
is

Ik denk dat
deze review
feitelijk is
Ik denk dat

deze review
nauwkeurig is

Vraag 6: Na het lezen van deze review, wat is uw intentie om Airbnb te gebruiken?

Niet
Sterk . L Sterk
Enigszins  eens, Enigszins Mee
mee Oneens . mee
oneens niet mee eens  eens
oneens eens
oneens

Ik zal Airbnb
waarschijnlijk
gebruiken om
toekomstige
vakantieaccommodaties
te vinden

Ik zou Airbnb
aanbevelen aan mijn
vrienden

Als ik een
accommodatie nodig
heb, gebruik ik het
liefst Airbnb
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Vraag 7: Hoe interpreteert u de review die u net zag?

Niet
Extreem  Matig  Enigszins positief, Enigszins  Matig  Extreem
negatief  negatief  negatief niet positief  positief  positief
negatief
Ik vind
deze
review...

Vraag 8: Hoe interpreteert u het aantal reviews dat is gepubliceerd op de website dat u
net zag?

Niet een

Extreem Matig Enigszins . - Enigszins . Extreem
. . - kleine, niet Matig grote
kleine kleine kleine een arote grote hoeveelheid grote
hoeveelheid hoeveelheid hoeveelheid grote  hoeveelheid hoeveelheid
hoeveelheid
Ik vind het
aantal

reviews dat
gepubliceerd

is op deze
website, een

Vraag 9: Hoeveel reviews waren er gepubliceerd op de website (zoals te zien was bij de
review)?
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Vraag 10: Deze vraag gaat over uw houding ten opzichte van een review in het algemeen, en
staat volledig los van de review die u net heeft gezien. Dit is dus uw persoonlijke houding
ten opzichte van reviews in het algemeen.

Sterk - Niet - Sterk
Enigszins . Enigszins
mee Oneens eens, niet Eens mee
oneens eens
oneens oneens eens

Als ik een online
boekingsplatform
gebruik, lees ik
altijd reviews van
dit platform

Wanneer ik gebruik
wil maken van een
online
boekingsplatform,
helpen de reviews
van dit platform op
een andere website
bij mijn beslissing
Wanneer ik een
online
boekingsplatform
wil gebruiken,
geven de reviews
van dit platform mij
vertrouwen om het
uiteindelijk te
gebruiken

Als ik de reviews
van online
boekingsplatforms
niet lees, maak ik
me zorgen over mijn
beslissing

Wanneer ik gebruik
wil maken van een
online
boekingsplatform, is
het lezen van de
reviews op andere
websites een
belasting voor mij

Wanneer ik gebruik
wil maken van een
online
boekingsplatform
irriteert het lezen
van de reviews van
dit platform mij
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Vraag 11: Deze vraag gaat over uw houding ten opzichte van Airbnb en de dienst die ze
aanbieden en staat volledig los van de review die u net heeft gezien. Dit is dus uw

persoonlijke houding ten opzichte van Airbnb.

Sterk ..
mee Oneens Enigsin
oneens
oneens

Airbnb is een
betere optie voor
het boeken van
een
accommodatie in
vergelijking met
andere online
boekingsplatforms

Ik gebruik Airbnb
graag

Het gebruik van
het Airbnb
platform is een
goed idee

Niet

eens Enigszins Sterk
L Eens mee
niet eens
eens
oneens

Tot slot nog een paar demografische vragen over u in het algemeen. Deze vragen worden
alleen gebruikt om naar groepen te kijken (u blijft absoluut anoniem).

Vraag 12: Wat is uw geslacht?
Man
Vrouw
Non-binair
Transgender

Anders, namelijk

Vraag 13: Wat is uw leeftijd?
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Vraag 14: Wat is uw hoogst afgeronde opleidingsniveau?
Basisonderwijs, vmbo, eerste drie jaar havo/vwo of mbo-1
HAVO/VWO, MBO-2, MBO-3 of MBO-4

HBO of WO

U bent aan het einde van de vragenlijst aangekomen. Heel erg bedankt voor het
meedoen! LET OP: Klik nog 1 keer op de pijl onderaan om uw ingevulde vragenlijst in te

dienen.
- Als u opmerkingen heeft die u met ons wilt delen, kunt u deze hieronder invullen

- Wilt u op de hoogte worden gebracht van de eindresultaten van dit onderzoek, stuur
dan een e-mail naar: cherique.hutten@ru.nl.

Mijn opmerkingen:
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Appendix C: Sample description

Consent frequency
Frequency Percent Valid percent  Cumulative
Percent
Valid Agree, start 389 99.7 99.7 99.7
the
questionnaire
| do not want 1 3 3 100.0
to participate
Total 390 100.0 100.0
Pretest participation frequency
Frequency Percent Valid percent  Cumulative
Percent
Valid Yes 38 9.7 9.9 9.9
No 344 88.2 90.1 100.0
Total 382 97.9 100.0
Missing System 8 2.1
Total 390 100.0
Book or intention to book frequency
Frequency Percent Valid percent  Cumulative
Percent
Valid Yes 310 79.5 90.4 90.4
No 33 8.5 9.6 100.0
Total 343 87.9 100.0
Missing System 47 12.1
Total 390 100.0
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Age frequency

Frequency Percent Valid percent Cumulative
Percent
Valid 156 40.0 400. 40.0
%gt;60 1 3 3 40.3
18 1 3 3 40.5
19 3 8 8 41.3
20 4 1.0 1.0 42.3
21 8 2.1 2.1 44.4
22 12 3.1 31 47.4
23 14 3.6 3.6 51.0
24 8 2.1 2.1 53.1
25 6 15 15 54.6
26 2 5 5 55.1
27 3 8 8 55.9
28 4 1.0 1.0 56.9
29 2 5 5 57.4
30 6 15 15 59.0
31 1 3 3 59.3
32 3 8 8 60.0
33 2 5 5 60.5
34 1 3 3 60.8
35 3 8 8 61.5
36 4 1.0 1.0 62.5
37 6 15 15 66.7
38 4 1.0 1.0 65.1
39 6 15 15 66.7
40 5 13 1.3 67.9
41 2 5 5 68.5
42 3 .8 8 69.2
43 6 15 15 70.8
44 1 3 3 71.0
45 3 8 8 71.8
47 5 1.3 13 73.1
48 8 21 2.1 75.1
49 4 1.0 1.0 76.2
50 10 2.6 2.6 78.7
51 8 2.1 2.1 80.8
52 6 15 15 82.3
53 8 2.1 2.1 84.4
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54 8 2.1 2.1 86.4
55 9 2.3 2.3 88.7
56 9 2.3 2.3 91.0
57 5 1.3 1.3 92.3
58 5 1.3 1.3 93.6
59 8 2.1 2.1 95.6
60 7 1.8 1.8 97.4
61 2 5 5 97.9
62 5 1.3 1.3 99.2
63 1 3 3 99.5
67 1 3 3 99.7
71 1 3 3 100.0

Total 390 100.0 100.0

Language frequency

Frequency Percent  Valid percent Cumulative
Percent
Valid English 5 2.3 2.3 2.3
Nederlands 211 97.7 97.7 100.0

Total 216 100.0 100.0

Gender frequency

Frequency Percent  Valid percent Cumulative
Percent
Valid Man 78 36.1 36.1 36.1
Woman 138 63.9 63.9 100.0

Total 216 100.0 100.0
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Educational level frequency

Frequency Percent Valid percent Cumulative

Percent

Valid Primary 9 4.2 4.2 4.2
education,
VMBO, first
three years of
HAVO/VWO
or MBO-1

Senior 53 24.5 24.5 28.7
secondary

education or

HAVO/VWO,

MBO-2,

MBO-3, OR

MBO-4

HBO or WO 154 71.3 71.3 100.0

Total 216 100.0 100.0

Chi-Square Goodness-of-Fit test: Age

Age
Chi-Square  .1692
df 1

Asymp. Sig.  .681

a.0 cells (0.0%) have expected frequencies less than 5.
The minimum expected cell frequency is 95.0.

Observed N Expected N Residual
18-40 98 95.0 3.0
40-65 118 121.0 -3.0
Total 216
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Chi-Square Goodness-of-Fit test: Gender

Gender
Chi-Square 17.7982
df 1

Asymp. Sig. <.001

a.0 cells (0.0%) have expected frequencies less than 5.
The minimum expected cell frequency is 107.0.

Observed N Expected N Residual
Man 78 109.0 -31.0
Woman 138 107.0 31.0
Total 216

Chi-Square Goodness-of-Fit test: Education

Education
Chi-Square 117.965%
df 2

Asymp. Sig. <.001

a.0 cells (0.0%) have expected frequencies less than 5.
The minimum expected cell frequency is 55.5.

Observed N Expected N Residual

Primary 9 56 -47
education,

VMBO, first

three years of

HAVO/VWO

or MBO-1

Senior 53 81 -28
secondary

education,

HAVO/VWO,

MBO-2,

MBO-3, or

MBO-4

HBO or WO 154 80 74

Total 216




Appendix D: Randomization check

Randomization gender

Crosstab
Experimental ~ Experimental ~ Experimental  Experimental Total
condition 1 condition 2 condition 3 condition 4
Gender Man 16 19 17 26 78
34% 39.6% 27.4% 441% 36.1%
Woman 31 29 45 33 138
66% 60.4% 72.6% 55.9% 63.9%
Total 47 48 62 59 216
100% 100% 100% 100%  100%
Chi-Square Tests
Value df  Asymptotic
Significance Exact Sig. Exact Sig. Point
(2-sided)  (2-sided)  (1-sided) probability
Pearson Chi- 3.9872 3 .263 .265
Square
Likelihood Ratio  4.030 3 .258 264
Fisher Exact Test 262
Linear-by-Linear ~ .405° 1 524 565 284 .042
Association

N of Valid Cases 216
a. 0 cells (0.0% have expected count less than 5. The minimum expected count is 16.97.
b. The standardized statistic is -.637.
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Randomization education

Crosstab
Experimental Experimental Experimental Experimental Total
condition 1 condition 2 condition 3 condition 4
Educational Primary 2 4 2 1 9
level education, 4.3% 8.3% 3.2% 1.7% 4.2%
VMBO, first
three years of
HAVO/VWO
or MBO-1
Senior 14 10 14 15 53
secondary 29.8% 20.8% 22.6% 25.4%  24.5%
education or
HAVO/VWO,
MBO-2,
MBO-3, OR
MBO-4
HBO or WO 31 34 46 43 154
66% 70.8% 74.2% 729%  71.3%
Total 47 48 62 59 216
100% 100% 100% 100%  100%
Chi-Square Tests
Asymptotic
Significance Exact Sig. Exact Sig. Point
Value df (2-sided)  (2-sided)  (1-sided) Probability
Pearson Chi- 4.1932 6 .651 .666
Square
Likelihood Ratio  3.989 6 .678 711
Fisher Exact Test 3.911 .700
Linear-by-Linear ~ 1.175° 1 278 290 153 .025
Association

N of Valid Cases 216

a. 4 cells (33.3%) have expected count less than 5. The minimum expected count is 1.96.
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Randomization age

Oneway ANOVA
95% Confidence
Interval for Mean
N Mean Std. Std. Error Lower Upper
Deviation Bound Bound
1 Low 47 42.23 13.405 1.955 38.30 46.17
quantity —
Positive
valence
2 Low 48 40.46 14.537 2.098 36.24 44.68
quantity —
Negative
valence
3 High 62 40.74 14.469 1.838 37.07 44.42
quantity —
Positive
valence
4 High 59 40.29 12.844 1.672 36.94 43.64
quantity —
Negative
valence
Total 216 40.88 13.751 .936 39.04 42.72
ANOVA
Sum of Squares  df Mean Square F Sig.

Between groups 116.556 3 38.852 203 .894
Within groups 40536.315 212 191.209
Total 40652.870 215

The standardized statistic is 1.084.
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Randomization attitude towards Airbnb

Oneway ANOVA
95% Confidence
Interval for Mean
N Mean Std. Std. Error Lower Upper
Deviation Bound Bound
1Low 47 4.49 1.120 0.163 4.16 4.82
quantity —
Positive
valence
2 Low 48 4.47 1.176 170 4.12 4.81
quantity —
Negative
valence
3 High 62 4.94 1.057 134 4.67 5.21
quantity —
Positive
valence
4 High 59 4.88 1.088 142 4.60 5.16
quantity —
Negative
valence
Total 216 40.72 1.120 .076 4.57 4.87
ANOVA
Sum of Squares  df Mean Square F Sig.

Between groups 10.175 3 3.392 2.770 .043
Within groups 259.528 212 1.224
Total 269.703 215
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Randomization attitude towards reviews

ANOVA
Sum of Squares  df Mean Square F Sig.
Between groups 3.591 3 1.197 1.382 .249
Within groups 183.581 212 .866
Total 187.172 215

Randomization familiarity with Airbnb

ANOVA
Sum of Squares  df Mean Square F Sig.
Between groups 14.051 3 4.684 1959 .121
Within groups 506.933 212 2.391
Total 520.995 215
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Appendix E: Manipulation check

Review valence

Group statistics

Std. Std. Error

N Mean Deviation Mean
Perceived valence Positive valence 109 6.21 1.368 131
Negative valence 107 1.55 1.002 .097

Independent Samples Test

Levene’s T-test for Equality of Means 95% Confidence
Test for interval of the
Equality of Difference
Variances
Sig. (2-
tailed) Mean Std.
F Sig. t df Differ Error  Lower Upper
ence Differen
ce
Perceived Equal 7.93 .005 28512 214 <.001 4.660 163 4.337 4.982
valence  varian 6
ces
assum
ed
Equal 28.592 198. <.001 4.660 163 4338 4.981
varian 050
ces
not
assum
ed
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Manipulation corresponding to measurement (review valence)

Valid Cumulative

Frequency Percent percent percent

Valid 0- 19 8.8 8.8 8.8
Manipulation
does not
correspond to
measurement

1- 197 91.2 91.2 100.0
Manipulation
corresponds to
measurement

Total 216 100.0 100.0

In this analysis, respondents who answer > 4 (on the 7-point scale from extremely negative to

extremely positive) and have seen a review with positive valence are within the label ‘1°, < 4

are within the label ‘0’. Respondents who answer < 4 (on the 7-point scale from extremely

negative to extremely positive) and have seen a review with negative valence are within the

label 1°, > 4 are within the label ‘0°.

Review quantity

Group statistics

Std.  Std. Error

N Mean Deviation Mean

Perceived review Low quantity 95 2.63 1.422 146
quantity

High quantity 121 4.31 1.544 140
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Independent Samples Test

Levene’s T-test for Equality of Means 95%
Test for Confidence
Equality of interval of
Variances the
Difference
Sig.
(2- Mean  Std. Error
F Sig. t df tailed) Difference Difference Lower Upper
Perceived Equal .084 .722 - 214 <.001 -1.682 204 -2.086 -
review variance 8.228 1.2
quantity S 79
assumed
Equal - 208.567 <.001 -1.682 202 -2.082 -
variance 8.310 1.2
s not 83
assumed
Review quantity check with 8 reviews
Valid Cumulative
Frequency Percent percent percent
Valid Extremely low 1 5.0 5.0 5.0
quantity
Moderately low 6 30.0 30.0 35.0
quantity
Slightly low 7 35.0 35.0 70.0
quantity
Neither low nor 4 20.0 20.0 90.0
high quantity
Slightly high 2 10.0 10.0 100.0
quantity
Total 20 100.0 100.0
Review quantity check with 200 reviews
Valid Cumulative
Frequency Percent percent percent
Valid Neither low nor 2 10.0 10.0 10.0

high quantity

106



Slightly high 4 20.0 20.0 30.0
quantity
Moderately high 8 40.0 40.0 70.0
quantity
Extremely high 6 30.0 30.0 100.0
quantity
Total 20 100.0 100.0
Review quantity check with 40 reviews
Valid Cumulative
Frequency Percent percent percent
Moderately low 1 5.0 5.0 5.0
quantity
Valid Slightly low 2 10.0 10.0 15.0
quantity
Neither low nor 8 40.0 40.0 55.0
high quantity
Slightly high 5 25.0 25.0 80.0
quantity
Moderately high 3 15.0 15.0 95.0
quantity
Extremely high 1 5.0 5.0 100.0
quantity
Total 20 100.0 100.0
Manipulation corresponding to measurement (review gquantity)
Valid Cumulative
Frequency Percent percent percent
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Valid 0- 90 41.7% 41.7% 41.7%
Manipulation
does not
correspond to
measurement
1- 126 58.3% 58.3% 100.0

Manipulation

corresponds to
measurement
Total 216 100.0 100.0

In this analysis, respondents who answer < 4 (on the 7-point scale from extremely low
quantity to extremely high quantity) and have seen a review with low quantity are within the
label ‘1°, > 4 are within the label ‘0’. Respondents who answer > 4 (on the 7-point scale from
extremely low quantity to extremely high quantity) and have seen a review with high quantity

are within the label ‘1°, <4 are within the label ‘0’.

Manipulation corresponding to measurement (both review valence and review quantity)

Valid Cumulative

Frequency Percent percent percent

Valid 0- 100 46.3% 46.3% 46.3%
Manipulation
does not
correspond to
measurement

1- 116 53.7% 53.7% 100.0
Manipulation
corresponds to
measurement

Total 216 100.0 100.0
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Appendix F: Attention check

Frequencies

Value Frequency

Attention check review quantity 8 72
150 88
Other 56
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Appendix G: Validity

Factor analysis: All variables

KMO and Bartlett’s Test

Kaiser-Meyer-Olkin Measure of Sampling

Adequacy 741
Bartlett’s Test of Sphericity Approx. Chi-Square 1448.916
df 120
Sig. <.001

Communalities

Initial  Extraction

FAM_1 1.000
PRC_1 1.000
PRC_2 1.000
PRC_3 1.000
INT_1 1.000
INT_2 1.000
INT_3 1.000
ATR_1 1.000
ATR_ 2 1.000
ATR_ 3 1.000
ATR_4 1.000
ATR 5 1.000
ATR_6 1.000
ATA_1 1.000
ATA_2 1.000
ATA_3 1.000

Extraction Method: Principal Component
Analysis.

316
184
.836
795
.804
843
.699
.668
717
643
.658
637
128
127
794
71
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Pattern Matrix?

Component
1 2 3 4 5
PRC_1 .000 .019 -.878 .015 .042
PRC_2 -.003 .018 -.917 -.053 -.100
PRC_3 -.015 -.016 -.893 011 024
FAM_1 .263 -.071 -.122 413 109
INT_1 -.067 -.031 .023 .042 919
INT_2 -.049 .013 .005 -.013 936
INT_3 .326 .098 -.005 -.143 .642
ATR_1 .008 .7180 075 A71 012
ATR 2 -.059 .829 .081 107 017
ATR_3 .025 731 -.202 119 -.007
ATR_4 .062 783 -.024 -.303 .009
ATR_5 .045 .059 150 781 -.106
ATR_6 -.164 122 -.078 .815 .040
ATA 1 .884 .039 -.016 -.105 -.124
ATA 2 .849 014 .054 .037 110
ATA 3 821 -.022 -.037 108 .090

Extraction Method: Principal Component Analysis.

Rotation Method: Oblimin with Kaiser Normalization.

a. Rotation converged in 6 iterations.

Factor Analysis: Perceived review credibility

KMO and Bartlett’s Test

Kaiser-Meyer-Olkin Measure of Sampling

Adequacy 742
Bartlett’s Test of Sphericity Approx. Chi-Square 340.824
df 3
Sig. <.001
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Communalities

Initial  Extraction
PRC 1 1.000 795
PRC_2 1.000 .828
PRC 3 1.000 796

Extraction Method: Principal Component Analysis.

KMO> .5 and Bartlett’s test is significant (<.001). The communalities are all >.2. Together

they represent 1 component, and there is no reason to rotate or delete items.

Total variance explained

Extraction Sums of Squared

Initial Eigenvalues Loadings
% of  Cumulative  Total % of  Cumulative
Component Total Variance % Variance %
1 2419 80.634 80.634 2419 80.634 80.634
2 319 10.640 91.274
3 .262 8.726 100.000
Extraction method: Principal Component Analysis
Factor Analysis: Intention to use Airbnb
KMO and Bartlett’s Test
Kaiser-Meyer-Olkin Measure of Sampling
Adequacy .697
Bartlett’s Test of Sphericity Approx. Chi-Square 264.076
df 3
Sig. <.001

Communalities

Initial  Extraction
INT_1 1.000 7163
INT 2 1.000 816
INT_3 1.000 676

Extraction Method: Principal Component Analysis.

112



Total variance explained

Extraction Sums of Squared

Initial Eigenvalues Loadings
% of  Cumulative  Total % of  Cumulative
Component Total Variance % Variance %
1 2.255 75.183 75.183 2.255 75.183 75.183
2 473 15.762 90.945
3 272 9.055 100.000
Extraction method: Principal Component Analysis
KMO> .5 and Bartlett’s test is significant (<.001). The communalities are all >.2. Together
they represent 1 component, and there is no reason to rotate or delete items.
Factor Analysis: Attitude towards reviews
KMO and Bartlett’s Test
Kaiser-Meyer-Olkin Measure of Sampling
Adequacy 752
Bartlett’s Test of Sphericity Approx. Chi-Square 364.697
df 15
Sig. <.001

Communalities

Initial  Extraction

ATR_1 1.000 659
ATR 2 1.000 698
ATR_3 1.000 618
ATR 4 1.000 699
ATR 5 1.000 701
ATR_6 1.000 726

Extraction Method: Principal Component Analysis.
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Correlation matrix

Correlation ATR1 ATR2 ATR3 ATR4 ATR5 ATRG6

ATR_1 1.000 581 531 415 199 277
ATR 2 581 1.000 528 495 166 279
ATR 3 531 528 1.000 427 150 212
ATR_4 415 495 427 1.000 -.044 -.037
ATR 5 199 166 150 -.044 1.000 473
ATR 6 277 279 212 -.037 4.73 1.000

Total variance explained

Extraction Sums of Squared

Initial Eigenvalues Loadings

% of Cumulative  Total % of Cumulative
Component Total Variance % Variance %
1 2.666 44.432 44.432 2.666 44.432 44,432
2 1.405 23.425 67.857 1.405 23.425 67.857
3 563 9.383 77.240
4 515 8.587 85.827
5 460 7.674 93.502
6 390 6.498  100.000

Extraction method: Principal Component Analysis

KMO> .5 and Bartlett’s test is significant (<.001). The communalities are all >.2. Together

they represent 2 components. The correlations are not all >.3.
ATR_5 and ATR_6 represent another component as ATR_1 to ATR_4. This result confirmed
earlier factor analysis with all variables. Therefore, ATR_5 and ATR_6 are removed from the

analysis.

After deleting these items, all requirements are met.
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Factor Analysis: Attitude towards Airbnb

KMO and Bartlett’s Test

Kaiser-Meyer-Olkin Measure of Sampling

Adequacy .708
Bartlett’s Test of Sphericity Approx. Chi-Square 270.736
df 3
Sig. <.001

Communalities

Initial  Extraction

ATA_1 1.000 685
ATA 2 1.000 803
ATA_3 1.000 787

Extraction Method: Principal Component Analysis.

Total variance explained

Extraction Sums of Squared

Initial Eigenvalues Loadings
% of  Cumulative  Total % of  Cumulative
Component Total Variance % Variance %
1 2.275 75.835 75.835 2.275 75.835 75.835
2 452 15.056 90.891
3 273 9.109 100.000

Extraction method: Principal Component Analysis

KMO> .5 and Bartlett’s test is significant (<.001). The communalities are all >.2. Together

they represent 1 component, and there is no reason to rotate or delete items.
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Correlation Matrix

PRC 1 PRC 2 PRC 3 INT 1 INT 2 INT 3 ATR_1 ATR 2 ATR 3 ATR 4 ATA 1 ATA 2 ATA 3
Correlation PRC 1 1.000 723 681 070 .090 173 069 -.021 229 092 167 149 204
PRC 2 .723 1.000 724 -.051 =013 070 -.003 -.007 222 .096 192 041 129
PRC 3 681 724 1.000 067 067 107 -026 .027 .198 079 147 133 193
INT 1 .070 -.051 067 1.000 718 544 086 010 073 .002 179 318 345
INT 2 .090 -013 067 718 1.000 616 045 .080 084 066 187 37 319
INT 3 173 .070 .107 544 616 1.000 .103 .069 078 169 433 517 485
ATR 1 .069 -.003 -.026 086 .045 103 1.000 581 531 415 073 023 073
ATR 2 -.021 -.007 .027 .010 .080 069 581 1.000 528 495 014 030 -.015
ATR 3 .229 .222 198 073 084 078 531 518 1.000 .427 080 130 11
ATR 4 .092 .096 079 .002 .066 169 415 495 427 1.000 060 .105 072
ATA 1 167 192 147 179 187 433 073 014 080 060 1.000 602 581
ATA 2 149 041 133 318 A7 517 023 .030 130 105 602 1.000 126
ATA 3 204 129 193 345 319 485 073 -015 A1 072 581 726 1.000
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Reliability: Perceived review credibility

Cronbach’s

Alpha N of items

879 3

Reliability: Intention to use Airbnb

Cronbach’s

Alpha N of items

834 3

Reliability: Attitude towards reviews

Cronbach’s

Alpha N of items

.790 4

Reliability: Attitude towards Airbnb

Cronbach’s

Alpha N of items

.832 3
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Appendix H: Assumptions multiple regression

Assumption of linearity

Normal P-P Plot of Regression Standardized Residual
[!lieopendent Variable: INTENTION TO USE AIRBNB

0.8

0.6

0.4

Expected Cum Prob

0.2

0.0

0.0 0.2 0.4

Observed Cum Prob

0.6 0.8

Assumption of homoscedasticity

Scatterplot
Dependent Variable: INTENTION TO USE AIRBNB

L
L]
L)
L]
L]

Regression Standardized Residual
o090

1.0

-3 -z -1 ] 1

Regression Standardized Predicted Value
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Scatterplot
Dependent Variable: PERCEIVED REVIEW CREDIBILITY

3
g o
£, o * :
N ° - e
Z. : : :
2 ° o )
g : @ :
.E -1 2 @
. s :
-2 -1 0 1 2
Regression Standardized Predicted Value
Assumption of normality residuals
Tests of Normality
Kolmogorov-Smirnov? Shapiro-Wilk
Conditions Statistic df Sig.  Statistic df Sig.
Intention  Positive review — 104 47 .200* 974 47 .368
to use low quantity
Airbnb
Negative review- 106 48 .200* 947 48 .031
low quantity
Positive review — .093 62 .200* .968 62 .106
high quantity
Negative review — 119 59 .037 957 59 .037
high quantity

*. This is a lower bound of the true significance.
a. Lilliefors Significance Correction
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Tests of Normality

Kolmogorov-Smirnov? Shapiro-Wilk
Conditions Statistic df Statistic df Sig.
Perceived Positive review — 108 47 .200* 957 47 .078
review low quantity
credibility
Negative review- 108 48 .200* .966 48 169
low quantity
Positive review — 139 62 943 62 .006
high quantity
Negative review — .095 59 .200* .965 59 .085
high quantity
*. This is a lower bound of the true significance.
a. Lilliefors Significance Correction
Assumption independence of error distributions
Model summary
Model® R RSquare Adjusted R Std. Error of the  Durbin-
Square Estimate ~ Watson
1 1442 021 011 1.333 1.886
a.Predictors: Perceived review credibilitiy and Review valence
b.Dependent variable: (constant): Intention to use Airbnb
Model summary
Model® R R Square Adjusted R Std. Error of the  Durbin-
Square Estimate = Watson
1 .066? .004 -.005 1.397 1.977

a.Predictors: Review quantity and Review valence
b.Dependent variable: (constant): Perceived review credibility
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Assumption of multicollinearity

Coefficients?

Unstandardized Standardized Collinearity
Coefficients Coefficients Statistics
Std.
Model B  Error Beta t Sig. Tolerance VIF
1 (Constant) 11.011  .299 36.822 <.001
Review -311  .182 -116 -1.713 .088 998 1.002
valence
Credibility 076  .065 079 1.170 .243 998 1.002
a.Dependent variable: Intention to use Airbnb
Coefficients?
Unstandardized Standardized Collinearity
Coefficients Coefficients Statistics
Std.
Model B  Error Beta t Sig. Tolerance VIF
1 (Constant)  4.217 173 24.430 <.001
Review -.131 190 -047  -686  .493 1.000 1.000
valence
Credibility  -.134 192 -048  -.699 ..485 1.000 1.000

a.Dependent variable: Perceived review credibility
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Appendix I: Hypothesis testing

Group statistics

Std. Std. Error

N Mean Deviation Mean
Perceived review Positive valence 109 4.14 1.403 134
credibility Negative valence 107 4.01 1.389 134
ANOVA

Sum of Squares  df Mean Square F Sig.
Between groups .888 1 .888 456 .500
Within groups 416.938 214 1.948
Total 417.825 215

Run MATRIX procedure:
KA A XA A XK A KK AxKFA* PROCESS Procedure for SPSS Version 3.5.3 **xkdxdkkkdkkidktxsk

Written by Andrew F. Hayes, Ph.D. www.afhayes.com
Documentation available in Hayes (2018). www.guilford.com/p/hayes3

KA A A A A A AR A A A A A AR A A A AR A AR A A AR A AR A A AR A AR A A AR A AR A AR A AR A AR A AR A AR A AR A A AR A,k

Model : 7
Y : INTENT
X : Valence
M : CREDIB
W : Quantity
Covariates:

ATTAIR ATREVN FAM 1

Sample
Size: 216

KA KR A AR A A R A A A A A A A A A A A A A A AR A A AR A A A A A A A AR A AR AR A AR A AR A A A A A A A Ak A Ak Ak Ak kA vk Ak vk k%%

OUTCOME VARIABLE:
CREDIB

Model Summary

R R-sq MSE F (HC3) df1 df2
p
.2640 .0697 1.8598 2.6762 6.0000 209.0000
.0160
Model
coeff se (HC3) t P LLCI ULCI
constant 2.1194 .6680 3.1727 .0017 .8025 3.4363
Valence .1002 L2720 .3683 L7130 -.4361 .6364
Quantity -.0606 .2600 -.2330 .8160 -.5731 .4520
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Int 1 -.4307
ATTAIR .2175
ATREVN .1001
FAM 1 .0880

Product terms key:
Int 1

Test (s)
R2-chng

X*W .0058

.3784
.1050
.0867
.0812

Valence x

-1.1385 .2562
2.0708 .0396
1.1545 .2496
1.0835 .2798

Quantity

dfl
1.0000

209.0

of highest order unconditional interaction(s):
F (HC3)
1.29061

df2

000 .2

-1.1766 .3151
.0104 L4246
-.0708 L2711
-.0721 .2481
p
562

KA R AR A AR A A A A AR A A A A AR A A A A A A A A A A AA IR AA I A A I A A I A AR AR I AR I AR A AR A AR A A A A A A Ak kK

OUTCOME VARIABLE:
INTENT

Model Summary

R R-sqg
p
.4866

.0000
Model

coeff
constant 8.1209
Valence -.3122
CREDIB -.02106
ATTAIR .5227
ATREVN .0812
FAM 1 .0688

Frxkkkkxkkkkxxkkk*x DTRECT

.2368

MSE

1.4053

se (HC3)
.6902
.1710
.0768
.0855
.0800
.0466

Direct effect of X on Y

Effect
-.3122

se (HC3)
.1710

t
-1.8251

Conditional indirect effects of X

INDIRECT EFFECT:
Valence ->

Quantity
.0000
1.0000

Index of moderated mediation

effects):
Index

Quantity .0093

CREDIB

Effect
-.0022
.0071

->

BootSE
.0215
.0320

BootSE
.0425

F (HC3)

11.3311

t
L7657
-1.8251
.2808
.1102
.0148
.4783

= = o |

.0694

on Y:

INTENT

BootLLCI
-.0532
-.0537

BootLLCI

-.0686

dfl

5.0000

%
.0000

.0694
L7792
.0000
.3114
.1408

AND INDIRECT EFFECTS OF X ON Y

LICI
-.6493

BootULCI
.0409
.0858

BootULCI
.1135

df2

210.0000
LLCI ULCI
6.7603 9.4816
-.6493 .0250
-.1731 .1299
.3541 .6913
-.0765 .2388
-.0230 .1606

KAkKRkAk AR A Ak kA Ak Ak kK%K

ULCI
.0250

(difference between conditional indirect

*xkxkx%kx%k* BOOTSTRAP RESULTS FOR REGRESSION MODEL PARAMETERS *** %% %% x % k% *

OUTCOME VARIABLE:
CREDIB

Coeff
constant 2.1194
Valence .1002
Quantity -.0606

BootMean
2.1222
.0960
-.0615

BootSE
.6608
.2660
.25406

BootLLCI
.8468
-.4298
-.5430

BootULCI
3.4057
.6175
.4359
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Int 1 -.4307 -.4267 .3702 -1.1355 .3032

ATTAIR .2175 .2203 .1013 .0270 L4237
ATREVN .1001 .1013 .0859 -.0616 L2727
FAM 1 .0880 .0847 .0785 -.0756 .2341

OUTCOME VARIABLE:

INTENT

Coeff BootMean BootSE BootLLCI BootULCI
constant 8.1209 8.1317 .6987 6.8046 9.5235
Valence -.3122 -.3156 .1675 -.6578 .0069
CREDIB -.02106 -.0210 .0754 -.1705 .1309
ATTAIR .5227 .5193 .0849 .3486 .6823
ATREVN .0812 .0814 .0803 -.0761 .2382
FAM 1 .0688 .06906 .0401 -.0189 .1649

kAKhkkkhkhkkhkkhkhkkhkkhhkkhkkhkhkkhkhkhkkhkkhkk* ANALYSIS NOTES AND ERRORS kAKhkkhkkhkhkkhkkhkkhkkhkhkkhkkhkhkkhArhkkhAkr ki hkkxk

Level of confidence for all confidence intervals in output:
95.0000

Number of bootstrap samples for percentile bootstrap confidence intervals:
5000

NOTE: A heteroscedasticity consistent standard error and covariance matrix
estimator was used.

Run MATRIX procedure:
Frxxkkxxxkkkxxkx PROCESS Procedure for SPSS Version 3.5.3 ***xxxdkkdkxxkkkxx

Written by Andrew F. Hayes, Ph.D. www.afhayes.com
Documentation available in Hayes (2018). www.guilford.com/p/hayes3

KK R AR R AR A AR A A A A A A A AR A AR AR A AR A AR A AR A AR A AR A AR A AR A AR A AR A AR A A A A A A A A Ak kA Ak Ak k%

Model : 4
Y : INTENT
X : ATTAIR
M : CREDIB

Sample

Size: 216

KRR AR R AR AR A A A A A A A A A A R A AR A AR A AR A AR AR A A AR AR A AR A AR A AR A AR A AR AR A AR A A kA A kA Ak Ak k%

OUTCOME VARIABLE:
CREDIB

Model Summary

R R-sqg MSE F (HC3) dfl df2
P
.1913 .0366 1.8810 5.7237 1.0000 214.0000
.0176
Model
coeff se (HC3) t P LLCI ULCI
constant 2.9533 .4764 6.1995 .0000 2.0143 3.8922
ATTAIR .2381 .0995 2.3924 .0176 .0419 L4342
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KA A KA A A AR A A A A A AR A A A A A AR A A A A A A A A A A KA A IR AA KA A I A A I A A I AR I AR I AR A AR A AR A AR A AR A AR A, * K

OUTCOME VARIABLE:
INTENT

Model Summary

R R-sqg MSE F (HC3) df1l df2
p
L4626 .2140 1.4269 20.3567 2.0000 213.0000
.0000
Model
coeff se (HC3) t P LLCI ULCI
constant 8.5646 .5030 17.0259 .0000 7.5730 9.5561
ATTAIR .5547 .0873 6.3530 .0000 .3826 .7268
CREDIB -.0037 .0749 -.0490 .9610 -.1514 .1440

B i b b b b b b b b b b b db b g b 4 DIRECT AND INDIRECT EFFECTS OF X ON Y B b b b b b b b b b b b b b g
Direct effect of X on Y
Effect se (HC3) t o) LLCI ULCI
.5547 .0873 6.3530 .0000 .3826 .7268
Indirect effect(s) of X on Y:
Effect BootSE BootLLCI BootULCI
CREDIB -.0009 .0191 -.0379 .0400
R b b b b b b b d b d b db b g b b b b b b g ANALYSIS NOTES AND ERRORS B b b b b I b I b b b b b b b b b b b b b 4

Level of confidence for all confidence intervals in output:
95.0000

Number of bootstrap samples for percentile bootstrap confidence intervals:
5000

NOTE: A heteroscedasticity consistent standard error and covariance matrix
estimator was used.

Run MATRIX procedure:
*rFIx KKKk kKKK xKk* k% PROCESS Procedure for SPSS Version 3.5.3 ***xkkkkxsdkxdxxx

Written by Andrew F. Hayes, Ph.D. www.afhayes.com
Documentation available in Hayes (2018). www.guilford.com/p/hayes3

KK A AR A A A A A A A A A A A A A A A A A A A A A A A A A A A A A A A A A AN A I A A I A A I A A I A A I A A I AR A AR A AR A AR A Ak kK

Model : 4
Y : INTENT
X : CREDIB

M : ATTAIR

Sample
Size: 216

KK R AR R AR A A A A A A A A A A AR A A A A AR A A A AR A AR A AR A AN A AR A A A A AR A I A A I A A A A A A A A A A A kA A Ak Ak k%

OUTCOME VARIABLE:
ATTAIR
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Model Summary

R R-sqg
P
.1913 .0366
.0192
Model
coeff
constant 4.0941
CREDIB .1537

MSE

1.2142

se (HC3)
.2776
.0651

F (HC3)

5.5656

t
14.7470
2.3591

1.0000

P
.0000

.0192

214.0000

LLCI
3.5469
.0253

ULCI
4.6413
.2821

KA R AR A AR A A A A A A A AR A AR A A A A A A A AR A A A A A AA I A A I A A I A A A A A I A A I AR AR A A I A AR A A A A Ak kK

OUTCOME VARIABLE:
INTENT

Model Summary

R R-sqg
P
.4626 L2140
.0000
Model
coeff
constant 8.5646
CREDIB -.0037
ATTAIR .5547

MSE

1.4269

se (HC3)
.5030
.0749
.0873

F (HC3)

20.3567

t
17.0259
-.0490
6.3530

2.0000

P
.0000

.9610
.0000

213.0000

LLCI
7.5730
-.1514

.3826

ULCI
9.5561
.1440
. 7268

kAKhkkkkhkkkhkhkkkhkhkkhkhkhkkKhk*k DIRECT AND INDIRECT EFFECTS OF X ON Y kAkhkkkhkhkkkhkhkkhkkhkhkkhkkhkkkk*k

Direct effect of X on
Effect se (HC3)
-.0037 .0749

Indirect effect(s) of
Effect

ATTAIR .0852

LLCI
-.1514

Y
t P
-.0490 .9610
X on Y:
BootSE BootLLCI BootULCI

.0351

.0173

.1566

ULCI
.1440

*xxxxxxxxxx BOOTSTRAP RESULTS FOR REGRESSION MODEL PARAMETERS %k k&%

OUTCOME VARIABLE:

ATTAIR

Coeff
constant 4.0941
CREDIB .1537

OUTCOME VARIABLE:

INTENT
Coeff
constant 8.5646
CREDIB -.0037
ATTAIR .5547

BootMean
4.0978
.1524

BootMean
8.5587
-.0005

.5537

BootSE
.2701
.0632

BootSE
.4896
.0716
.0862

BootLLCI
3.5596
.0307

BootLLCI
7.6382
-.1410

.3760

BootULCI
4.6285
.2786

BootULCI
9.5516
.1378
.7163

kAkhkkkhkhkkkhkhAkkkhkhkkhkhkhrkkhkrkkhkkkk*k ANALYSTIS NOTES AND ERRORS AKAkkkhkhkkkhkhkkkhkhkkhkhrkkhkkhkrkkhkhkkxkkx%k

Level of confidence for all confidence intervals in output:

95.0000
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Number of bootstrap samples for percentile bootstrap confidence intervals:
5000

NOTE: A heteroscedasticity consistent standard error and covariance matrix
estimator was used.

Additional analysis

Run MATRIX procedure:
KA A XA A XK A XK AxKFAx PROCESS Procedure for SPSS Version 3.5.3 **xkaxkkkdkkxdktxs

Written by Andrew F. Hayes, Ph.D. www.afhayes.com
Documentation available in Hayes (2018). www.guilford.com/p/hayes3

R R e I I I I I I I I e b S I S I e b b I b I e b b b e b b e b b I 2 b b b IR b b b Sb b b S db b b Sh Sb b b 2b b b dh b b b 2b S b db Sb b 4

Model : 7
Y : INTENT
X : Valence
M : CREDIB
W : Quantity
Covariates:

ATREVN ATTAIR FAM 1

Sample
Size: 116

R I R e S b e S S b S b I S b I S b I S b I S I S R S b S db e S R A S b S 2R S b I S b I S b I S S Sb e S 2b S db R S b S 2 S 4

OUTCOME VARIABLE:
CREDIB

Model Summary

R R-sq MSE F (HC3) df1 df2
P
.4025 .1620 1.6238 3.9740 6.0000 109.0000
.0012
Model
coeff se (HC3) t P LICI ULCI
constant 2.1794 .8300 2.6259 .0099 .5344 3.8244
Valence .2318 .3327 .6968 .4874 -.4275 .8912
Quantity .7706 .3644 2.1147 .0367 .0484 1.4929
Int 1 -1.1643 .5165 -2.2541 .0262 -2.1880 -.1406
ATREVN .0903 .1185 .7623 .4476 -.1445 .3251
ATTAIR .2740 .1293 2.1198 .0363 .0178 .5302
FAM 1 .0238 .0976 .2436 .8080 -.1697 L2172

Product terms key:
Int 1 : Valence x Quantity

Test (s) of highest order unconditional interaction(s):
R2-chng F (HC3) dfl df2 P
X*W .0430 5.0811 1.0000 109.0000 .0262
Focal predict: Valence (X)
Mod wvar: Quantity (W)
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Conditional effects of the focal predictor at values of the moderator (s):

Quantity Effect se (HC3) t P LLCI
ULCI
.0000 .2318 .3327 .6968 .4874 -.4275
.8912
1.0000 -.9325 .3733 -2.4978 .0140 -1.6724 -
.1926

KA AR AR A AR A AR A AR A AR A AR A AR A A AR A A A A AR A I A A A A A I A A I A A KA AN A A A AR A AR A AR A AR A A A A XA AKX K

OUTCOME VARIABLE:
INTENT

Model Summary

R R-sqg MSE F (HC3) dfl df2
P
.5188 .2691 1.7033 9.1812 5.0000 110.0000
.0000
Model
coeff se (HC3) t o) LLCI ULCI
constant 8.7338 1.0816 8.0748 .0000 6.5903 10.8773
Valence -.9384 .2889 -3.2478 .0015 -1.5109 -.3658
CREDIB -.1293 .1206 -1.0722 .2860 -.3683 .1097
ATREVN .0848 .1128 L7517 .4539 -.1388 .3084
ATTAIR .4400 .1233 3.5691 .0005 .1957 .6844
FAM 1 .1597 .0785 2.0343 .0443 .0041 .3152

Rkt I I e b b b b b b dh I b O DIRECT AND INDIRECT EFFECTS OF X ON Y khkkk kA Ak Ak kkkk%
Direct effect of X on Y

Effect se (HC3) t o) LLCI ULCI

-.9384 .2889 -3.2478 .0015 -1.5109 -.3658

Conditional indirect effects of X on Y:

INDIRECT EFFECT:

Valence -> CREDIB -> INTENT
Quantity Effect BootSE BootLLCI BootULCI
.0000 -.0300 .0571 -.1489 .0890
1.0000 .1206 L1223 -.0923 .3914

Index of moderated mediation (difference between conditional indirect
effects):

Index BootSE BootLLCI BootULCI
Quantity .1505 .1482 -.1194 L4742

R R e e S b I S b I dh b I S b i i 4 4 ANALYSIS NOTES AND ERRORS LR e A b e A b I S b S b I S b I i b

Level of confidence for all confidence intervals in output:
95.0000

Number of bootstrap samples for percentile bootstrap confidence intervals:
5000

NOTE: A heteroscedasticity consistent standard error and covariance matrix
estimator was used.
—————— END MATRIX —-----
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Supplementary results

Descriptives

95%
Confidence
interval for
Mean
N Mean Std. Std. Lower Upper
Deviation Error bound bound
1 Man 78 3.77 1.250 142 3.49 4.06
2 Woman 138  4.25 1.445 123 401 449
Total 216  4.08 1.394 095 389 4.26
ANOVA
Sum of Squares  df Mean Square F Sig.
Between groups 11.257 1 11.257 5.5925 .016
Within groups 406.568 214 1.900
Total 417.825 215
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Descriptives

95% Confidence

interval for Mean

N Mean Std. Std. Lower  Upper
Deviation  Error bound  bound
1 Primary 9 411 1.280  .427 3.13 5.10
education,
VMBO, first
three years of
HAVO/VWO
or MBO-1
2 Senior 53 453 1195 164 4.20 4.86
secondary
education or
HAVO/VWO,
MBO-2,
MBO-3, or
MBO-4
3 HBO or 154 3.92 1.437 116 3.69 4.15
WO
Total 216  4.08 1.394  .095 3.89 4.26
ANOVA
Sum of Squares  df Mean Square F Sig.

Between groups 14.605 2 7.303 3.858 .023
Within groups 403.220 213 1.893
Total 417.825 215
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Multiple Comparisons

95% Confidence
interval
Education Education Mean  Std. Error Sig. Lower Upper
difference Bound Bound
(1-J)
1 Primary 2 Senior -417 496 .678 -1.59 75
education, secondary
VMBO, first education or
three years of HAVO/VWO,
HAVO/VWO  MBO-2, MBO-
or MBO-1 3, or MBO-4
3 HBO or WO 191 472 914 -.92 1.30
2 Senior 1 Primary 417 496 .678 -75 1.59
secondary education,
education or VMBO, first
HAVO/VWO, three years of
MBO-2, MBO- HAVO/VWO
3, or MBO-4 or MBO-1
3 HBO or WO .608* 219 .016 .09 1.13
3HBO or WO 1 Primary -.191 472 914 -1.30 92
education,
VMBO, first
three years of
HAVO/VWO
or MBO-1
2 Senior -.608* 219 .016 -1.13 -.09
secondary

education or
HAVO/VWO,
MBO-2, MBO-
3, or MBO-4

*. The mean difference is significant at the 0.05 level.

The mean of educational level 1 indicates M= 4.11 (SD= 1.280), educational level 2 M= 4.53
(SD= 1.195), and educational level 3 M=3.92 (SD= 1.437). To indicate which group differs
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significantly from another, a post hoc test (Tukey) is done because of the homogeneity of
variances. This post hoc test shows that educational level 2 (senior secondary education of
HAVO/VWO, MBO-2, MBO-3, or MBO-4) significantly differs from educational level 3
(HBO or WO) (p = .016) with a mean difference of M = .608. Educational level 2 does not
significantly differ from educational level 1 (p = .678) with M = .417, and educational level 3
does not significantly differ from educational level 1 (p = .914) with M = .191.
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