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1. [bookmark: _Toc188889880]Introduction
Trust in political institutions has been declining for a few decades (Song & Lee, 2016, p. 430). The same goes for trust in the EU (Brosius, van Elsas & de Vreese, 2019, p. 57). This is problematic because political trust is what Dodsworth & Cheeseman (2020) call ‘the glue that keeps democracies together’. The decline of political trust can cause the rise of populist parties, disobedience to the rules that governments created during the COVID-19 crisis and even lead to violence (Dodsworth & Cheeseman, 2020, p. 5-6). Political trust or distrust is caused or lost by many factors, examples are: corruption, the inclusiveness of political institutions and other input, output and throughput related factors. People base their evaluation of the government on the information they attain through the media (Brosius, van Elsas & De Vreese, 2019, p. 68). Media are “the lens through which citizens gather political information on the performance of political institutions” (Ceron, 2015, p. 488). While news media and journalist are usually seen as ‘watchdogs’ to keep an eye on the government, they report more centrist and pro-system views as opposed to social media (Ceron, 2015, p. 488-489). Since the communication style of traditional media is top-down and one-way, journalists and editors of big media corporations show people news topics they think are important in a style they think is appropriate. Journalists also shape news according to the importance and trustworthiness of their sources leading to a more pro-government framing of the news (Ceron, 2015, p. 489). Several other scholars have also concluded that most news outlets take moderate viewpoint and do not attack the political status quo (Gentzkow & Shapiro, 2011; Puglisi & Snyder, 2011; Tworzecki & Semetko, 2012). 
However, the increasing popularity of social media has changed the media landscape. People no longer exclusively obtain their information from traditional media (whether online or physical). Instead, there are a lot of people who get information from social media as well (European Commission, 2023, p. 270). In contrast to traditional media social media is more open to different opinions, alternate views and makes use of user generated content (Ceron & Memoli, 2016, p. 230).
Research question
There has been some research into the question whether people who get their information on politics online have different levels of trust in political institutions than those who get their information from newspapers or TV. However, most of this research does not differentiate between online news from traditional news sources (such as newspaper sites) and news from social media. An exception is Ceron (2015) who finds that people who get information from traditional news sites (web 1.0) are more likely to express trust in political institutions than those who get their information from social network sites (web 2.0). This result is strengthened by Kiratli (2023) who also finds that more social media use is correlated with less trust in the EU. Both of these research articles use Eurobarometer survey data for their findings. However, Ceron (2015) uses data from 2012 and Kiratli (2023) uses data from 2019. However, there have been a lot of changes social media since these data were gathered. This applies especially to the article of Ceron, but also to the paper of Kiratli because social media changes quickly. Indeed, in the past couple of years ‘fake news’ has become extremely widespread on social media, which has also dominated important elections over the last years. At the same time the traditional media has become more active on social media as well. This gives rise to a suspicion that that the effect that was found by Ceron and Kiratli, which is that people who use more social media have less trust in EU political institutions, could have changed since they did their research. The aim of this thesis is therefore to explore the relationship between individuals expressing trust in EU political institutions and the consumption of media, differentiating between more traditional and social media. The research question is: “Does media consumption, differentiating between traditional and social media sources, make EU citizens more or less likely to express trust in EU political institutions?”
Theory
To formulate an answer to this question the contemporary theory about political trust and the influence of media on political trust are outlined. Political trust can be evaluated in two different ways. One is to look at the output or the performance of the institution to make an evaluation of trust in that institution. The other way to look at it is whether the institution has procedures in place in order for it to be accountable and not misuse its power. The research articles of Hobolt (2012), Van der Meer & Hakverdian (2016) and Arnold, Sapir & Zapryanova (2012) conclude that procedural factors are of more importance than performance factors in gaining or losing political trust. The most important procedural factor is the level of perceived corruption of an institution. Evaluation of trust is different for the EU than for national political institutions. The reason for that is because the EU is a multilevel institution that is further away from the daily lives of people. That is why people generally have less knowledge about the EU than about their own national political institutions. On an individual level people use their trust in their national political institution as a proxy for their trust in EU institutions (Brosius, van Elsas & de Vreese, 2019, p. 59). A person who has more trust in the national government tends to have more trust in the EU (Muñoz, Torcal & Bonet, 2011). On the country level this effect seems to reverse. People who live in countries with a more corrupt national government have more trust in EU institutions, while people in less corrupt countries have less trust in EU institutions (Arnold, Sapir & Zapryanova, 2012). Hobolt (2012) speculates the reason for this negative effect is that national institutions can create expectations for EU institutions. These can be either exceeded in the case of corrupt national institutions or disappointed in the case of non-corrupt and efficient national institutions. 
The influence of media on political trust is an area on which a lot of research exists without giving clear conclusions (Newton, 2017). Some authors argue a ‘media malaise’ theory which claims that media are responsible for declining trust. Other authors defend a ‘virtuous cycle’ theory which claims that media use leads to more political engagement, which leads to more trust. Brosius, van Elsas & de Vreese (2019) stress the importance of the media contents. They show that more frequent and positive news generates more trust in EU institutions. A research article by Ceron and Memoli (2015) argues that the impact of media is different for people who have different ideologies. People who have a positive attitude towards the government gain more trust from consuming pro-government news. The opposite is also true, those who are negative about the government obtain less trust from consuming negative news about the government. Trust is not really gained or lost by consuming news opposite to your own beliefs. 
Methodology
In order to test the hypotheses that are formulated in the theoretical chapter a deductive quantitative approach was used. The data for the analysis was taken from the Eurobarometer 100. The Eurobarometer is a Europe wide survey that is conducted at least twice a year. It includes all of the EU countries and some surrounding countries. The first step was to create a variable that signified trust for the chosen EU political institutions. This was realized using a factor analysis. Because this is a categorical variable the regression analysis needed to be a logistical regression analysis. Since the observations of the Eurobarometer are all individuals nested in countries, the analysis needed to include a multilevel model as well. In order to fit both these criteria the statistical model that was chosen to execute the analysis was a generalized linear mixed model.  
Societal and scientific relevance
This thesis contributes to the body of research that studies the effects of media use on trust in political institutions. Specifically it contributes to knowledge about whether or not the use of social media has an influence on trust in political institutions of the European Union. While there is existing research on this topic, this thesis is relevant because the most recent existing research uses data from half a decade ago. Five years is a long time in a constantly changing social media environment. It was the author of one of these articles himself, Kiratli (2023), who stressed that social media research should be repeated frequently. Important events, such as the COVID-19 crisis and the American elections, have changed the social media landscape and made fake news and misinformation more widespread on social media.  
This thesis also contributes to knowledge about mechanics of trust in political institutions. It shows how information gained from different media sources influences the relationship of trust between citizens and institutions. A study by Arnold, Sapir and Zapryanova (2012) shows that institutional trust is a good predictor for the overall attitude towards the EU. The results of this thesis can therefore help to explain why people have a positive or negative attitude towards the European Union. This knowledge can ultimately be used by European institutions in order to increase the trust in them. For instance, it might show whether it makes sense to increase their social media presence in order to increase trust, or if this does not help at all. 
Structure of the thesis
The next chapter outlines the existing theories about political trust and multilevel political trust. Next the differences between social and traditional media are explained and hypotheses fitting the research question are formulated. The third chapter addresses which data is used to research the formulated question, the methods that were used, how the main variables were operationalized and gives a short explanation of the approach to the analysis. The fourth chapter shows the results of the statistical analysis and interprets these results. This chapter also shows which hypotheses are maintained and which are rejected. The findings are summarized in the conclusion and formulated into an answer to the research question. Lastly, the discussion reviews the limitations of this thesis and gives recommendations for further research. After the discussion a list of the literature used in this thesis is included. 


2. [bookmark: _Toc188889881]Theory
The aim of this theoretical section is to formulate hypotheses that can be tested against data from the latest Eurobarometer in order to answer the research question of this thesis. This section first addresses what trust in political institutions actually is and what the dynamics behind it are. The second part explains how traditional media affects trust in political institutions. The last part of this chapter gives different explanations  based on contemporary literature, about what kind of influence social media use has on trust in political institutions. 
[bookmark: _Toc188889882]2.1 The dynamics of political trust
Definition and dynamics
To start understanding how trust in political institutions actually works, first a definition of trust must be established. According to Levi & Stoker (2000, p. 476) trust is a judgement that is made in a relational setting. An individual can trust or distrust another individual or entity. Trust is also a scaled judgement, one can trust or distrust to a bigger or smaller degree. Lühiste (2006, p. 478) adds to this definition by saying that risk always plays a part in the case of institutional trust. When the outcome is certain, trust is not needed. However when there is uncertainty, that is when an individual needs to trust that an institution has good intentions and not misuses the power it has. Based on these characteristics this thesis uses the definition: trust in political institutions means that an individual is sure, to a bigger or smaller degree, that political institutions will not misuse their power to harm this individual. 
	Establishing a definition of trust in political institutions is the next step to inquire how this trust is gained or lost. Trust in political institutions is mostly based on an evaluation of those institutions (Van der Meer & Hakverdian, 2016). In the literature about political trust two models of evaluation are discussed. The first is evaluation based on the performance of political institutions. This model claims that trust is based on the output that political institutions produce (Hobolt, 2012, p. 94-95). Indicators of the output are peace, stability and economic performance. The legitimacy of the EU in its early days was long based on this model, since there was little input legitimacy. The second model of evaluation claims that trust is based on procedural indicators. This means that people will trust political institutions when there are fair and honest procedures in place that ensure the democratic process (Hobolt, 2012, p. 93). Most literature concludes that the indicators of the procedural model are more important in people’s evaluation of trust than performance indicators (Hobolt, 2012; Van der Meer & Hakverdian, 2016; Arnold, Sapir & Zapryanova, 2012). The most important indicator for trust in political institutions found in the literature is the level of corruption (Van der Meer & Hakverdian, 2016). This is in line with the definition of trust that was established earlier. The practice of corruption is the exact opposite of not misusing the power of the government. Furthermore, it also matters who evaluates the political institutions. Some individual level indicators that are found in the literature are satisfaction with your own life, ideological stance (Arnold, Sapir & Zapryanova, 2012, p. 29) and interpersonal trust (Mingo & Faggiano, 2020, p. 834). Others like Van der Meer & Hakverdian report no relation between trust and ideological stance (2016, p. 98). 
Multilevel dynamics
In the section above I outlined the literature about why people choose to have trust in political institutions. The institutions this thesis focuses on are the European Commission, the European Parliament (EP) and the European Council. These institutions were chosen because they are the most important ‘political’ institutions in the EU. The EP members are directly chosen by European citizens so they are the most democratically accountable. The members of the European Council are the heads of state of each member state. They are not directly chosen by the people, however, they are the political leaders of their country. Furthermore, they also decide the general direction of the EU and are important in that right. While the Commission is not political in the sense that they are democratically chosen representatives of the people, multiple scholars have concluded that the Commission does engage in the political games of the EU (Nugent & Rhinard, 2019; Rauh, 2018, p. 346). Since the EU is part of a multilevel governance structure some other effects on political trust apply as well. As explained in the section above trust in political institutions is mostly gained or lost in relation to procedural indicators. However, people generally have more knowledge about their own government than they have about a multilevel structure like the EU (Harteveld et al., 2013). The question then arises, if they do not have much knowledge, how do people evaluate the EU? The answer to this question has two sides.
	Because they have little knowledge about the EU individuals use proxies to evaluate their level of trust in EU institutions (Brosius, van Elsas & de Vreese, 2019, p. 59). People mostly use their trust in national political institutions as a proxy. However, Brosius, van Elsas & de Vreese (2019, p. 68) also speculate that media cues can serve as a proxy. Overall this means that individuals who have more trust in their national institutions, are also likely to have more trust in EU institutions and vice versa (Muñoz, Torcal & Bonet, 2011). This effect is weaker for people who have more knowledge about the EU (Hobolt, 2012). 
If we look at the aggregate country level the picture is completely different. Muñoz, Torcal & Bonet (2011) show that while there is a positive relation between trust in national and EU institutions on the individual level, the relationship is negative on the country level. This effect is explained by the findings of Hobolt (2012). She shows that the between-country differences in satisfaction with democracy, which are linked to procedural indicators of trust, are explained by the quality of national institutions. A similar result is found by Arnold, Sapir & Zapryanova (2012) who show that people living in countries with less corrupt national institutions do trust those national institutions, but have lower trust in EU institutions. In contrast, people living in a country with more corrupt national institutions have less trust in their national institutions and more trust in EU institutions. The reason for this is that knowledge of national institutions creates expectations for the EU institutions. People who are used to more corrupt institutions are pleasantly surprised by the less corrupt EU institutions, while those who are used to more effective national institutions may be disappointed in slower, less effective EU institutions (Hobolt, 2012). 
[bookmark: _Toc188889883]2.2 The influence of media on trust in political institutions
As briefly mentioned in the section above, media cues also have influence on trust in institutions by functioning as a proxy on which people base their trust. This section outlines how media use influences trust and what the differences are between traditional and social media. Using this information two main hypotheses are formed. 
Traditional media
There has been a lot of research on the topic of media influence on political trust. Different research articles have found a lot of different results (Newton, 2017, p. 362-364). While some research support a ‘media malaise’ theory that paints a picture in which the traditional media, especially television, are responsible for the decline in political trust. These results are disputed by scholars like Norris (2001) and Strömbeck & Shehata (2010) who find evidence for the ‘virtuous cycle’ theory. This theory claims that exposure to news media leads to more political participation and is healthy for democracies. Other articles find no statistically significant relationship between media use and low political trust at all. However, not all media forms and purposes seem to give the same effect. Television programs with an entertainment purpose are more often associated with lower political trust while television news is associated with higher trust and the consumption of trustworthy newspapers is associated with even higher political trust. These relationships can, however, not be called causal relationships for sure. The possibility that for instance, social class, education and age are factors that determine both political trust and the type of media you consume cannot be ruled out.
	Another angle to look at the impact of traditional media is the way they frame their news about politics and the frequency with which they report news about political institutions. Brosius, van Elsas & de Vreese (2019, p. 68) discovered that when news on the EU is more prevalent and more positive, trust in the EU is also higher. This effect is the strongest for those who already trust their national government. When the information is negative the relation between trust in the national government and trust in the EU weakens. The fact that not every media outlet is the same in their reporting of the news is confirmed by Ceron and Memoli (2015). They also add that every person has different ideologies which makes them receive the position towards the government which the media outlet displays differently. The relationship between trust in government and the consumption of pro-government news is stronger for people who already agree with the government (Ceron & Memoli, 2015, p. 351). Vice versa trust in government is very low for those who already disagree with the government and consume anti-government news. Interestingly enough, receiving news opposite to your beliefs has little influence on your trust in the government.
Differences between traditional media and social media
Before explaining the difference between traditional and social media it is first important to note that not all online media is social media. Since the rise of the internet and social media scholars have divided the online news world in two categories. Web 1.0 are the online news website of big media outlets that also participate in distribution of offline news or websites of political institutions (Ceron, 2015, p. 490). Web 2.0 are social media, such as blogs or networking sites like X, Instagram and Reddit. 
	News that comes from traditional media and web 1.0 is more top-down and characterized by one-way communication (Ceron, 2015, p. 490). This news is influenced and edited by both political elites and the editors of mass media corporation who show the news they think people need to consume (Ceron & Memoli, 2016, p. 230). Even though journalists are usually independent, they still shape the news according to the importance and credibility of the sources they have. According to Ceron (2015, p. 488-490) this results in news which favors the overall reputation of the government and has a pro-system bias. Web 2.0 however, is characterized by limitless opportunities to consume all kind of unedited news, opinions or statements. While some research shows that a significant part of the news on social media originated from web 1.0 sites (Bright, 2016, p. 344-345), other scholars show that news on web 2.0 can be completely different information than shown by traditional or web 1.0 media (Baccini, Sudulich & Wall, 2016, p. 415). Web 2.0 media show more different kinds of opinions and content,  which invites for more discussion and bottom-up communication. Furthermore, social media platforms do not show everyone the same information, instead content is shown according to what the algorithm thinks you may like and what is popular at that moment in time (Shehata and Strömbäck, 2021, p. 129). This might contribute to the finding that following political and current events news through web 2.0 media does not have a positive effect on political learning, while following the same news through traditional and web 1.0 media does (Shehata & Strömbäck, 2021). 

The effects of social media on trust in political institutions	
Because social media has a bottom-up style of communication and is not filtered by editors there is room for more opinions that would otherwise not make the media. This process invites more critical thinking (Ceron, 2015, p. 490) and can lead to a more critical standpoint towards the government than usually taken in traditional media. Furthermore Kiratli (2023, p. 752-753) points out that web 2.0 also contains fake news, which in almost always Eurosceptic. These differences with traditional and web 1.0 media can result in the effect that more social media use leads to less trust in government. Not much research has focused on this aspect of social media use, however, the articles that have conclude that more use of social media is associated with less trust in political institutions (Ceron, 2015; Kiratli, 2023). These results lead to the first hypothesis: 
H1: The use of social media leads to lower trust in EU political institutions.
	If these articles have already drawn this conclusion, why should the relationship between social media use and trust in political institutions be researched any further? As Kiratli (2023, p. 751) points out, the social media landscape has been changing quickly. Ceron (2015) uses data from a Eurobarometer survey from 2012 and a lot has changed in the decade that has passed since then. There have been changes even since Kiratli (2023), who uses data from 2019, did his research. For instance, the data that he used is from before the corona crisis. Misinformation has always existed in the media, however, since the rise of social media it has become more prevalent. Misinformation or fake news has become especially widespread on social media since the American presidential election in 2016 and the COVID-19 crisis a few years later. Furthermore, social media itself has grown a lot in user numbers since the research papers of Ceron (2015) and Kiratli (2023). 
	Because social media use has become more widespread it is not only a place for voices critical of the current government anymore. Klein & Robinson (2019, p. 59) show that information from social media is interpreted differently by different people. People who are ideologically close to the current government reported more political trust when their use of social media increased. Vice versa, those who are ideologically further away from the current political leaders have less political trust when their social media use increased. This result matches with the result that media mostly act as ‘echo-chambers’ (Ceron & Memoli, 2015, p. 351) which confirm held beliefs. This could mean that social media use can have a positive effect on trust in political institutions for those who already agree with those institutions, or that it has no effect on general trust in political institutions at all. 
	Furthermore, governments have also adapted to the social media environment and are more active on these platforms themselves. Visiting and using government social media pages increases trust in government according to Song & Lee (2016). They show that if citizens use government social media pages they view the government as more transparent. The perception of government transparency is related to a higher trust in government. This brings up the question whether just using social media or using social media specifically to look up information about government institutions has a different effect on trust in political institutions. According to the research of Song & Lee (2016) this could be plausible. This leads to the follow two hypotheses:
[bookmark: _Hlk187325530][bookmark: _Hlk188537822]H2a: Social media use does not have a negative effect on trust in EU political institutions
H2b: Using social media as a source of information on the EU has a positive effect on trust in EU political institutions.
[bookmark: _Toc188889884]2.3 Control variables
Apart from the dependent variable ‘trust in EU political institutions’ and the independent variables that follow from the hypotheses formulated in the paragraph above the statistical analysis needs to incorporate a number of control variables as well. Control variables are used to control for the possibility that the variance explained by an independent variable is actually caused by another variable that explains the variance that seems to be explained by the independent variable. Most of the control variables that I include in my statistical model were taken from the research articles of Ceron (2015) and Kiratli (2023) because they have conducted a similar study. 
	Ceron (2015) and Kiratli (2023) both include three similar types of variables in their analysis. They include variables that control for socioeconomic differences such as: age, education and living in a more rural or more urban area. Other variables that describe personal differences are variables that gauge general trust and the outlook on life. These variables are: interest in politics, attachment to the EU, trust in national government and opinion on the situation of the European economy. The last category are control variables related to other media sources. The variables I use in this analysis are the use of TV, written press, radio and news from internet websites. Lastly, I also include a variable that measures the level of corruption of each EU member state. The reason to include this variable is that corruption has an important effect on the evaluation of trust in political institutions as explained in the sections above.

3. [bookmark: _Toc188889885]Methodology
The purpose of this chapter is to explain the methodology used in this thesis. It first addresses the research strategy and the data collection. This is followed by an explanation of the theory behind the most important statistical techniques that were used for the analysis. The chapter proceeds to describe the operationalization of the variables included in the statistical model and justifies the choices made to maximize the validity and reliability of this model. The chapter concludes with an outline of the data preparation and the approach for the analysis. 
[bookmark: _Toc188889886]3.1 Research strategy
This thesis uses an deductive research approach to answer the research question mentioned in the introduction. An deductive approach is defined as starting at the general and moving to the specific (Soiferman, 2010). Research starts with a general theory that is tested on a specific situation. Therefore deductive reasoning is usually more used for theory testing, while inductive reasoning (trying to find a general rule from a specific situation) is more used for theory building (Hyde, 2000). The hypotheses put together in the theoretical framework will be tested using a quantitative, cross-sectional method. The reason for this choice is that the aforementioned hypotheses presume a relationship between certain variables. To be able to test whether this relationship exists or not and generalize the conclusion to the larger population a big data sample is required. This is especially important since the presumed relationship is about the entire population of the EU. With such a large sample needed a qualitative approach does not fall in the scope of time and resources available for this thesis.
[bookmark: _Toc188889887]3.2 Data collection
As mentioned in the paragraph above answering the research question requires data from a large group of people. Collecting data from the number of individuals needed to be able to generalize the results myself was not possible under the circumstances, which is why an existing dataset had to be used. The Eurobarometer is a long running, cross country survey which is repeated at least twice a year. 
	Each Eurobarometer draws a new sample of residents above the age of 14 in each country, with a sample size of 1000 completed interviews per country. Exceptions are smaller countries like Luxembourg and Malta which have a sample size of 500 (Gesis, n.d. -a).  The samples are drawn using a stratified, multi-stage, random sampling method (Gesis, n.d. -b). In the first stage the national population is stratified by the type of community they live in (metropolitan, urban or rural). The distribution is made in proportion to the population size and density. Then, primary sampling points are randomly selected from each of the ‘nomenclature of territorial unites for statistics’ (NUTS) regions in that country. NUTS regions are a classification of the EU which divides countries different types of regions (major socio-economic regions, basic regions and small regions) in order to collect data and frame EU policies more easily (Eurostat, n.d.). In the second stage of the sample addresses are randomly selected from the primary sampling units. On each address one person is selected using a standard random procedure.  In order to make sure that the sample that is taken is actually representative of the population as a whole, two types of weights are added to the data (Gesis, n.d. – c). Weighting is a procedure in which numbers are attached to the population divided by certain characteristics (Häder & Gabler, 1997, p. 32). The first way this is done in the Eurobarometer is by adding post-stratification weights. This type of weighting is used in order to limit non-response bias (Royal, 2019), which occurs when certain parts of the population are either underrepresented or overrepresented in the sample. The second weighting procedure in the Eurobarometer is population size weighting. This weight makes sure that each country is represented proportionally to their population size when grouped together with other countries in an analysis. 
	The survey that is used for the Eurobarometer is first designed in both English and French and translated in the relevant language by the partner institute that carries out the interviews (Gesis, n.d. -b). Before sending the filled in surveys back, the answers are checked for translation errors. The interviews are (mostly) face-to-face interviews at the home of the interviewee (Gesis, n.d. -d). The method of data collection for these interviews was computer assisted personal interviewing (CAPI), which means the respondent fills in their answers on a device that the interviewer brings. In a few countries some of the interviews were done using computer assisted web interviewing (CAWI). CAWI involves filling in an online questionnaire without the interviewer present. The CAPI method of data collection has as advantage that follow-up questions can be asked and answers can be clarified (Miswar, Suhardi, Kurniawan, 2018). The strength of CAWI is that respondents can do it by themselves and it is easier to do if people are busy at the moment the interviewer is present. This can alleviate the problem of non-response. However, Feng & Huang (2024) find that the use of mixed method (CAPI and CAWI) surveys does not have a negative impact on data quality. 
This thesis uses data from the standard Eurobarometer 100, which was the most recent one at the start of this project. The most important was that it contained all the questions about (social) media use that were needed to test the formulated hypotheses. The data collection for this edition of the Eurobarometer happened from 18-10-2023 to 17-11-2023 and included every EU country and ten neighboring countries. The resulting dataset included 35.575 people (Gesis, n.d. -c). 

[bookmark: _Toc188889888]3.3 Data analysis: theory and preparation 
In order to choose the appropriate technique to analyze the data provided by the Eurobarometer it is important to consider the kind of data that this survey delivers. The outcome variable that is central in this thesis is whether or not people have trust in the major EU political institutions (European Parliament, European Commission and the European Council). Question QA10 in the Eurobarometer survey is “Please tell me if you tend to trust or tend not to trust these European institutions?” (Gesis, n.d. – d). The answer categories are either ‘tend to trust’ or ‘tend not to trust’ for various EU institutions. To analyze the data on trust in EU political institutions it is necessary  to make one outcome variable that captures these feelings of trust. In order to make this variable I used a factor analysis to see whether there were similarities in trust or non-trust for the EP, Commission and European Council. The aim of a factor analysis is to measure if the variation and covariation of different indicators are explained by underlying latent concepts (Roos & Bauldry, 2022, p. 5). A factor analysis captures two types of variances for each indicator. The common variance, which is the part of the variance and covariance that correlates with the variance and covariance of the other indicators. There is also the unique variance, which shows the random error and the variance that only applies to that indicator (Roos & Bauldry, 2022, p. 10-11). The parameters of a factor analysis are the factor loadings. These show the impact of the underlying concept on the indicator. The reason for the factor analysis was that I expected the results of the questions about trust of the EU political institutions to be fairly close. Generally people have little knowledge about the way the EU is governed (Brosius, van Elsas & de Vreese, 2019, p. 58), which makes it probable that they gave similar scores to the different governing organizations. So in this factor analysis the latent variable was general trust in EU political institutions and the indicators were trust per institution. I will break down the results of the factor analysis in more detail in the results section, however, it showed that the indicators were all influenced by the underlying concept of trust in EU political institutions.
The outcome of the factor analysis meant that it was possible to make a single outcome variable. However, all the questions about trust for the individual institutions were coded with only two options (tend to trust or tend not to trust). This means that the combined variable could also only have these two values. An important thing to notice here is that having an outcome variable which is either 0 = tend not to trust or 1 = tend to trust means that it is not possible to run a linear regression. The main reason why is that in a linear regression the predicted Y value can theoretically have any number (Sommet & Morselli, 2017, p. 205; Osborne, 2015). This is problematic because if the predicted outcome is any value not between 0 and 1 it does not make sense. 
	With a binary outcome variable the appropriate analysis is a logistic regression analysis (Sommet & Morselli, 2017, p. 205-206).  A logistic regression function is in many ways similar to the linear regression function. The most important difference is that logistic regression uses a logit link to constrain the results between 0 and 1 in order to make sense (Osborne, 2015). Another important difference is that logistic regression calculates a different type of result than regular regression. Instead of calculating the estimated mean of the outcome variable it gives you the probability that the outcome variable is 1 relative to it being 0 (Sommet & Morselli, 2017, p. 206). This is what is called the odds ratio, which is essential for the interpretation of the results of logistic regression. The odds ratio are the odds of the predictor variable being zero divided by the odds of the predictor variable being 1 (Field, 2018, p. 884-885). In this thesis, the odds ratio represents someone having trust in EU political institutions conditional to them not having trust in those institutions. The odds ratio occurs in the SPSS output as ‘exp(B)’. 
There is another important aspect of the data that needs to be accounted for in the analysis. Since the Eurobarometer dataset has data from people from different countries this means that is it multilevel data. Multilevel data (also called ‘nested’ or ‘hierarchical’ data) is data which has multiple levels of analysis and one of these levels is nested in the other (Steenbergen and Jones, 2002, p. 219). In other words, some units of analysis are subunits of other units of analysis. There are many examples like: children nested in schools or individuals nested in organizations. However, in this dataset individuals are nested in countries.
	There are many reasons why it is important to analyze multilevel data in a way that accounts for the hierarchical data structure. The most important, however, is that multilevel data violate the assumption of independent errors which is necessary for a regular regression analysis (Peugh, 2010, p. 86). The reason for this is that observations are not completely independent from each other. Individuals are influenced by certain characteristics of the country in which they live, meaning that they are more likely to have things in common with individuals from that same country (Steenbergen & Jones, 2002, p. 220). This means that units of analysis in the same country are not completely independent from each other, which violates the independent error assumption. The violation of this assumption leads to deflated standard errors and a high risk on Type 1 errors (meaning that predictor variables are wrongfully shown as significant). This is why two levels are distinguished. Level 1 units are the lower level units (individuals for instance) and level 2 units are the higher level units (countries for instance). Multilevel modelling solves this problem by allowing the parameters of the regression function to vary between the level 2 units (Steenbergen & Jones, 2002, p. 221). A multilevel regression function also estimates errors differently than a regular regression function. It includes the normal level 1 error as usual and estimates the level 2 error in the level 1 intercept and slope after controlling for the level 2 parameter (Steenbergen & Jones, 2002, p. 222). 
	As explained in the sections above the data needs a multilevel logistic model in order to be analyzed properly. Multilevel logistic regression modelling (also called generalized linear mixed models or GLMM), combines logistic and multilevel regression in order to estimate whether the odds of the outcome variable are one instead of zero, while taking the hierarchical data structure into account (Sommet & Morselli, 2017). This means that the multilevel logistic regression function includes the link function to transform it from linear to logistic regression, the fixed effects and the random effects that allow the predictor variables to vary between clusters (Heck, Thomas & Tabata, 2013, p. 135). SPSS uses maximum likelihood to estimate the parameters of the generalized linear mixed model (IBM, n.d.). The use of maximum likelihood estimation (MLE) is appropriate since MLE does not make any assumptions about the distribution of the data (Myjung, 2003). This means that it can be used for categorical data, which does not follow a normal distribution which is assumed by other estimation methods. Assessing the fit of the model is done by checking the -2 log likelihood statistic (Field, 2018, p. 881). This statistic indicates the amount of unexplained variance after the model has been executed. This means that the higher the -2 log likelihood is, the worse the model fit.	
[bookmark: _Toc188889889]3.4 Operationalization
The theoretical chapter identified three major variables in order to test the hypotheses that were mentioned in that chapter. These need to be operationalized into a measurable scale. The necessary predictor variables are ‘social media use’ and ‘the use of social media to find information about the EU’. These two variables could be directly traced back to questions in the Eurobarometer 100. Social media use was derived from the question “Could you tell to what extent you use online social networks” (Gesis, n.d. – d). The answer categories were on a six point scale with one being ‘almost every day’ and six being ‘never’. The second predictor variable can also be taken directly from a Eurobarometer question. This question is “When you are looking for information about the EU, its policies, its institutions, which of the following sources do you use?” (Gesis, n.d. – d). The interviewer then lists nine different sources including online social networks. The Eurobarometer dataset reports the answers for each source with 0 = not mentioned and 1 = mentioned. 
The one major variable that cannot be directly derived from the Eurobarometer questions is the outcome variable ‘trust in EU political institutions’. As indicated in the previous section there were questions about trust in the relevant EU institutions, however, the Eurobarometer did not combine these into a single variable. In order to turn these into one variable I executed a factor analysis with four variables. The first three were derived from the question “Please tell me if you tend to trust or tend not to trust these European institutions”, with the answers for the EP, the European Commission and the European Council (Gesis, n.d. – d). The fourth variable included was whether people trusted or did not trust the European Union, derived from the question “How much trust do you have in certain institutions? For each of the following institutions, do you tend to trust it or tend not to trust it?” (Gesis, n.d. – d). The reason to include this last variable was a result from a research article by Arnold, Sapir and Zapryanova (2012) who find that institutional trust and trust for the EU as a whole are closely related. The results of the factor analysis indicated that while trust for the EU a whole and trust for the institutions were related, they were not as closely related as the institutions among themselves. For this reason the outcome variable ‘trust in EU political institutions’ was obtained by combining the results of the questions about the European Parliament, the European Commission and the European Council. 
The control variables could, for the most part, be taken directly from Eurobarometer questions. The Eurobarometer measures the attachment to the EU, age, education, media use from written and online press and the other control variables that were mentioned in the theoretical chapter. One variable that cannot be taken from the Eurobarometer directly is corruption. It is important to control for this aspect because it could be a cofounder to trust in national government which influences trust in the EU institutions. In order to include the corruption level of each EU country in the analysis I used the Corruption Perception Index (CPI) made by Transparency International (Transparency International, n.d. - a). The reason for this corruption index is because it is one of the most well-known and respected corruption indexes. They use different data sources such as the World Bank, the World Economic Forum and several think tanks. Their data includes indicators for corruption such as the amount of bribes taken and the private use of public funds, but also takes the measures a country takes to prevent corruption into account (Transparency International, n.d. – b). These data are then transformed into an standardized scale which goes from 100 (not corrupt at all) to 1 (extremely corrupt). 
[bookmark: _Toc188889890]3.5 Validity and reliability
The validity and reliability of a study determines the value of that study for other researchers. Validity is divided in internal, external and measurement validity. Internal validity assesses the creditability of the research (Mohajan, 2017). It is determined by, for instance, selecting the correct analysis for the data and having a valid data collection strategy. External validity is about the generalizability of the results. It can be achieved by having a big enough sample size that is representative for the rest of the population. Measurement validity is a way to determine whether your measuring instrument measures what it is supposed to (Vennix, 2019, p. 138). The most important measurement instrument in this thesis is the outcome variable ‘trust in EU political institutions’. There are two ways to discover the measurement validity of an instrument. These are content validity and construct validity. 
	According to Vennix (2019) content validity is how well the measuring instrument reflects the concept it tries to measure. Content validity is usually very hard to determine, Mohajan (2017, p. 72) suggests to gather experts in the field of the concept you want to measure and let them determine a measuring instrument. A more basic but less precise way of determining content validity is by using face validity. This entails determining whether an instrument is measuring your concept correctly by looking at the instrument and checking whether it appears to measure the concept correctly using logical thinking. A condition to get content validity is to get knowledge of the concept you want to measure by doing a literature review (Vennix, 2019). Construct validity is about the relationships of the measurement instrument with other relevant variables. Construct validity is achieved if your instrument relates to other variables in the way that is described in other theoretical research. Two examples are convergent validity and discriminant validity. Convergent validity states that two instruments or variables that measure similar concepts should have a positive relationship. Discriminant validity states that two different instruments should find no relationship between different concepts.
	The concept of reliability is about whether the research can be repeated with the same measurement tool and data and find the same results. While the validity of a measurement is impacted by systematic errors, the reliability is impacted by random errors (Vennix, 2019, p. 140) Reliability is important in two aspects of this study. The first is the reliability of the measurement scale that is the outcome variable ‘trust in EU political institutions’. Mellinger & Hanson (2020, p. 179) report that the most important measure for internal reliability of a measurement scale is the Cronbach’s alpha. Generally, a scale is viewed as reliable when this statistic is above 0.7. Furthermore, Mellinger & Hanson (2020) name a relevant threat to the reliability of survey studies. This threat is that surveys conducted in different languages can give translation problems, a different choice of words can, for instance, indicate the answer to be a little different. 
[bookmark: _Toc188889891]3.6 Data analysis: approach and preparation
Before executing the logistic multilevel analysis the dataset had to be prepared. The first step of this preparation was to delete all the data from countries outside the EU. This took the dataset from 35.575 observations to 26.459 people included. The next step was to determine how missing values would impact the analysis and how to deal with the missing values. From the 26.459 observations in the dataset 2.949 cases had at least one missing value. There are different ways to handle missing data depending on the randomness of the missing data (Allison, 2009). Data can be missing completely at random (MCAR), missing at random (MAR) or non-ignorable. Whether data is MCAR can be tested with Little’s MCAR test. This test checks if the data is MCAR, which is the null hypothesis (Little, 1988). If the test is significant and the null hypothesis is rejected it means that the data is either MAR or non-ignorable. Unfortunately, there is no way to check which of the two it is. When executing Little’s MCAR test it becomes clear that the data is not missing completely at random. The test is significant, meaning that the data is either missing at random or non-ignorable. 
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Figure 1: Output Little’s MCAR test
However, according to Allison (2009, p. 8) the method of listwise deletion, a method of handling missing data in which every case with at least one missing value is not incorporated in the analysis, is robust against violations of MCAR of MAR. He claims that listwise deletion leads to correct estimates of the standard error which means that the regression coefficients will be unbiased. This should be the case as long as missing values on independent variables do not depend on missing values in the outcome variable (Little, 1992). In order to test whether the missing values in the predictor variables did not depend on the missing values in the outcome variable I checked the numbers of all missing values in the dataset. As shown in figure 2 all of the 2.949 missing values are in the outcome variable ‘trust in EU political institutions’ (totalinsttrust). This means that the missing values in the predictor and outcome variable cannot be dependent on each other since only the outcome variable has missing values. So, listwise deletion seems to be a safe way to handle the missing data without getting biased results.
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Figure 2: Univariate statistics of missing values
As can be seen in figure 2, the outcome variable ‘totalinsttrust’ does have quite a large number of missing values, a little over 10%. This leads to the concern of using a listwise deletion method, which is that a lot of usable data is discarded. Discarding data can lead to a loss of statistical power (Allision, 2009). Statistical power is the probability of avoiding a Type I error (Cross, 2023). A Type I error means finding a significant result where there is not actually an effect. Power is the chance that you find an effect were there actually is one. It holds an inverted relation with the probability of making a Type II error (finding no significant effect where there is one). A high statistical power means that the results of your analysis are more likely to be valid, while low power means that your results are untrustworthy. Usually a power above 80% is seen as trustworthy (Leonardo, n.d.). In order to be sure that listwise deletion is safe way to handle the missing data I needed to check the statistical power of the dataset without the missing values. To do this I made a filter variable that unselected all the missing values and ran a multivariate test. As can be derived from figure 3 the power of the dataset is at 1, meaning that the dataset holds the highest possible statistical power. The method of listwise deletion does not impact the power in a significant way and was therefore used in the analysis to handle the missing data. After using this method 23.510 cases were included in the analysis.
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Figure 3: output of the multivariate test which shows the observed power


4. [bookmark: _Toc188889892]Results
This chapter lays out the results of the analysis and interprets them. It starts with the factor analysis which was done in order to create an outcome variable. After that I show and interpret the results of the multilevel logistic regression analysis. I do this by presenting the three different statistical models I build, which lead up to the final model and results. 
[bookmark: _Toc188889893]4.1 Results factor analysis
As mentioned in the previous chapter I started the analysis with a factor analysis in order to decide what the outcome variable was going to look like. I incorporated the variables trust in the EU as a whole and the trust for the EP, Commission and the European Council to see if there is actually a difference between the trust people have in EU as a whole and the political institutions. The use of factor analysis on binary variables is controversial, however, the objections against this method are not applicable in this case. According to Lorenzo-Seva & Ferrando (2012, p. 1191-1192) the danger of doing a factor analysis with binary variables is that it can cause downwardly biased factor loadings. However, as shown in figure 1 the factor loadings are already rather high, especially between the political institutions. Field (2013, p. 806) reports that factor loadings between 0,4 and 0,9 are substantial. In fact, the factor loadings are so high that SPSS sees them all as one factor. If these factor loadings are downwardly biased it means that the actual loadings are even more correlated.
While SPSS sees all the indicators as one factor there is a noticeable difference between the factor loadings of the political institutions and the factor loading of the ‘trust in the EU’ indicator. While all the political institutions have factor loadings of above 0,8 on each other, trust in the EU as a whole loads about 0,65 on each of the institutions. This shows that trust in the EU as a whole and trust in EU political institutions are closely related, in line with the results found by Arnold, Sapir and Zapryanova (2012). However, because of the gap in factor loadings between trust in the EU and trust in political institutions I made the choice not to include trust in the EU as a whole in the outcome variable. Including that variable would probably have introduced more noise, while using EU trust as whole instead of trust in EU institutions would lower the validity of this research. 
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Figure 4: correlation matrix with factor loadings
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Figure 5: factor matrix
[bookmark: _Toc188889894]4.2 Generalized linear mixed model
Intercept only model
In order to execute a multilevel logistic regression analysis or generalized linear mixed model there are multiple steps one needs to take where the model is expanded with each step (Sommet & Morselli, 2017; Heck et al., 2012). The first step is to control whether a multilevel model is suitable for the data. In order to analyze this you run an ‘empty’ model or a random intercept model. In this model only the outcome variable is incorporated, together with a fixed intercept and a random intercept. What this model does is estimating how much variance lies between groups (between countries in this case) in proportion to the total variance. The between-group variance is called the intra class correlation (ICC). The ICC can range from 0 to 1 (Sommet & Morselli, 2017, p. 212). If the ICC is one there is only between-group variation and no within-group variation. If the ICC is zero it is the other way around and there is no need for a multilevel analysis. According to Heck et al. (2012) it is sensible to use multilevel modelling if the ICC value is 0,05 or above. The table below shows the outcome of the random intercept in the empty model. The ICC is calculated by dividing the random intercept variance by itself + 3,29 (Sommet & Morselli, 2017). This means that the ICC = 0,322/(0,322+3,29)= 0,09. So nine percent of the total variance lies between countries and ninety-one percent of the variance lies within countries. The value of the ICC is above 0,05, so in this case it is necessary to use multilevel modelling in order to make sure that the logit estimates are calculated correctly. 	Comment by Jonathan Bosch: also see Barcikowski (1981) in Steenbergen and Jones (2002).
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Figure 6: Random effects for random intercept model
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Figure 7: calculate the intra-class correlation
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Figure 8: Fixed coefficients for random intercept model
Figure 5 represents the fixed effects for the empty model. The value 0,366 can be interpreted as the log-odds that someone tends to trust the EU political institutions without any predictor variables. The value under the box Exp (coefficient) is a bit easier to interpret. This is the odds ratio that someone tends to trust the EU political institutions if their score on every predictor variable is zero. This value is calculated by exponentiating the coefficient value (Heck et al., 2012, p. 156). 

Constrained intermediate model
After running the empty model and calculating the ICC in order to determine whether multilevel modelling is suitable, the next model I run includes all the predictor and control variables. However, it does not include a residual term to calculate the random slope variance, meaning that all the variables are estimated as fixed effects. This is what Sommet & Morselli (2017) call the constrained intermediate model (CIM). The CIM model is needed in order to determine whether including a random slope variance improves the fit of the final model. This is done by comparing the -2 log likelihood of the CIM model and the next model which does include a random slope. The two parts of the output for the CIM model that are important are the model summary in figure 6 which shows the -2 log likelihood and the fixed coefficients table which can be used to get a first look at the results of the analysis. The -2 log likelihood of the CIM model is 99397,516, the smaller this number is the more variance is explained by the model. 
In the fixed coefficients table we can see that the odds ratio for the two predictor variables is just below one. The odds ratio for social media use is 0,992 meaning that people who use more social media are 0,992 times more likely to tend to trust the EU political institutions. The odds ratio for looking for EU information on social media is 0,930, meaning that people who look for information about the EU on social media are 0,930 times more likely to trust the EU. Since both of these numbers are below one, people who use more social media and look for information about the EU on social media tend to have less trust in the EU political institutions. While these results indicate that the first hypothesis can be accepted and the second hypothesis rejected, both results are not significant. This can be derived from looking at the confidence interval, which includes one for both variables meaning they are not significant, and the value under ‘Sig.’ which is not under 0,05 (Sommet & Morselli, 2017, p. 213). Several control variables do have significant effects on the other hand. The variables economic situation, political discussion, age, trust in national government, attachment to the EU, watching tv or listening to the radio, level of education, gender and living in a rural area are all significant. Most of these effects, however, are fairly small. The strongest effect is having trust in the national government, people who have this trust have 4,3 times more chance to tend to trust the EU political institutions. Thinking negatively about the economic situation of the EU has a strong negative effect, people who think badly about the EU economic situation have 0,45 more chance to trust the EU political institutions (so they tend to trust those institutions less). 
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Figure 9: -2 log likelihood output CIM model
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Figure 10: Fixed coefficients for CIM model

Augmented intermediate model
The third model is the augmented intermediate model (AIM). This model is largely the same as the CIM model but it has an added residual term in order to estimate the random slope variance for the necessary variables. With the random slope variance you allow an individual variable to vary between groups (Heck et al., 2012, p. 162). The reason to estimate this is to check whether the model with random slope achieves a better fit than the CIM model without random slope. While some authors argue that all variables should have a random slope, this does increase the risk of overparameterization. Other authors like Sommet & Morselli (2017) argue that a random slope should only be added to independent variables when there is a theoretical reason to suspect that the effects vary between groups. However, since my model only included two predictor variables I tested both of them and checked whether adding the random slope improved the model fit or not.  
	Checking if adding a random slope improves the model fit is done by comparing the -2 log likelihood of the CIM and the AIM model. I will do this with a likelihood ratio test which subtracts the -2 log likelihood of the AIM model from the -2 log likelihood of the CIM model. The outcome is compared to the critical value of the chi-square distribution for 0,05 with the change in the degrees of freedom of the CIM model. In this case the change is only one because one random slope is added since each of the predictor variables is only added one at a time. When adding a random slope to the variable ‘do people search for information on social media’ the -2 log likelihood of the model was 99375,204. When subtracting that from the -2 log likelihood of the CIM model 99395,516 – 99375,204 = 16,311. The critical value of 0,05 for one degree of freedom is 3,841. Since 16,311 is higher than 3,841 the change is significant and the model fit is better with the random slope than without. This significance holds when controlling for a significance level of 0,01, for which the critical value is 6,635. When adding another random slope for the variable ‘social media use’ while keeping the random slope for looking for EU information on social media the -2 log likelihood is 99371,894. When subtracting this from the -2 log likelihood of the AIM model with only the random slope for EU information on social media the difference is 3,678 (99375,204 – 99371,894 = 3,678). Since 3,678 is below the critical value of 3,841 this difference is non-significant so including a random slope for social media use does not increase the model fit. 
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Figure 11: -2 log likelihood of the AIM model with random slope for ‘informosn’
The last option to improve the model fit is to choose the appropriate covariance structure. The first AIM model was ran with the ‘variance component’ covariance structure. The most important feature of this option is that it assumes that there is no covariance between the random effects (SAS Institute Inc., 2005). The advantages of this option are that it is computationally easier and that it is less prone to overfitting because the model needs less parameters. The unstructured covariance option does not make this assumption and instead allows correlation between the random effects. It needs more parameters and computational power. However, when I ran the model with the unstructured covariance structure the -2 log likelihood increased meaning that the model fit got worse. That means that the final model is the AIM model with a random slope for the variable ‘informosn’ and the variance structure as ‘variance component’. 
When looking at the fixed coefficient table for the final model there are only very minor changes to the results. The two predictor variables still have a slight negative impact on the chance that someone tends to trust the EU political institutions and are still not significant. This means that hypothesis 1: “The use of social media leads to lower trust in political institutions.” is rejected because social media does not have an impact on trust in EU political institutions. The first part of the second hypothesis, hypothesis 2a: “Social media use does not have a negative effect on trust in political institutions” is maintained because social media indeed does not have a negative effect on trust in EU political institutions. Hypothesis 2b: “Using social media as a source of information on the EU has a positive effect on trust in EU political institutions.” is also rejected for the same reason that it is non-significant. 
	Regarding the control variables there are no real differences between the CIM model and the final model. There are some slight changes in the ‘exp’ values, but not in significance. To sum up, the significant control variables in the final model are: opinion on the economic situation, age, political interest, trust in national government, attachment to the EU, use of TV and radio, level of education, gender and living in a more rural or more urban area. Most of these variables only have a marginal impact on trust in EU political institutions. The variables that do have serious impact are opinion on the economic situation, with having a positive image of the economy leading to a higher probability of trust, and trust in national government, with more trust also leading to a higher chance of trusting EU political institutions. Furthermore, regarding media use: TV and radio have a slight negative impact on trust, while written press and online websites do not have a significant impact. 
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Figure 12: Fixed coefficients final model
The question then remains why social media seems not to be a factor that impacts trust in EU institutions in this thesis, when it was a significant factor in the research papers of Ceron (2015) and Kiratli (2023). There are a few possible answers to this question. One is that there is a cofounder that explains the impact of social media on trust in political institutions. In order to test this I ran the analysis again with only predictor variables. The output of this predictor only is shown in figure 10.  This output shows that, while looking for EU information on social media is still not significant, the use of social media is now significant. This means that while it seems like social media use explains a part of the variance in trust in EU political institutions in this model, actually one of the control variables explains that variance. However, even in this model when social media use is significant its effect is still really marginal. The odds ratio is 0,937 which means that people who use more social media are a little bit less likely to tend to trust the EU institutions. When the odds ratio is one it means that the chance is 50/50 whether people are more likely to tend to trust these institutions. So, while the effect is significant (in the predictor-only model), its effect really does not explain much. 
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Figure 13: fixed coefficients table for predictor only model
Another possible answer is that the people who use social media have somehow adapted to its influence. This would explain why the two predictor variables are not significant in the full model and why social media use only has a minor influence when it is significant in the predictor-only model. However, this answer seems somewhat unlikely in a time when social media use is only growing and algorithms to suggest content get stronger and better every year. A third possibility is that the difference in the results is because of the use of slightly different outcome variables. The outcome variable that Ceron (2015) uses is a general political trust index. This index is made from four items: trust in national and local government, trust in parliament and trust in political parties. Kiratli (2023) uses an outcome variable from the Eurobarometer item about trust in the EU in general. I sort of combine these two because I made my own index by combining trust in three EU political institutions. While these three outcome variables are similar their slight differences might explain the difference in results. 	Comment by Jonathan Bosch: Nog iets meer over zeggen?	Comment by Jonathan Bosch: Ceron & kiratli use different outcome variables. Ceron makes political trust index from items national government, local government, parliament and political parties. Kiratli uses trust for EU in general.

5. [bookmark: _Toc188889895]Conclusion
This chapter summarizes the main findings and takeaways of this research. It starts by answering the research question formulated in the introduction chapter. The chapter carries on by providing a discussion in which the limitations and methods of this thesis are reflected on. Proceeding, the chapter also reflects on the contributions of this study to the scientific literature and to what this knowledge contributes to society. The last part of this chapter is dedicated to giving recommendations for future research topics. 
5.1 [bookmark: _Toc188889896]Answer to the research question
The research question that this thesis aims to answer is: “Does media consumption, differentiating between traditional and social media sources, make EU citizens more or less likely to express trust in EU political institutions?” In order to answer this question three hypotheses were introduced in the theoretical chapter. The first hypothesis was: “The use of social media leads to lower trust in EU political institutions.”. The first part of the second hypothesis was: “Social media use does not have a negative effect on trust in EU political institutions.”. The second part of the second hypothesis was: “Using social media as a source of information on the EU has a positive effect on trust in EU political institutions.”. 
	The first step in formulating an answer to this question and maintaining or rejecting the hypotheses was to create a measurement that indicated the trust of European citizens in EU political institutions. To create this scale a factor analysis was executed between trust in the European Parliament, the European Council, the European Commission and the European Union as a whole. Trust in the EU as a whole was included to check whether there actually was a difference between trust in the EU and trust in its institutions, since there some research that suggested there was not really any difference. The outcome of the factor analysis showed that, while there was a correlation, trust in the EU and trust in its institutions are not the same. 
	The second step was to insert the variable of trust in EU political institutions in a multilevel logistical regression model together with the predictor variables and a battery of control variables. The outcome of this model was quite surprising. It showed that the two predictor variables were both not significant. This means that both of the predictor variables do not significantly contribute to explaining variance in the trust in EU political institutions. From this outcome can be determined that the first hypothesis “The use of social media leads to lower trust in EU political institutions.” and the third hypothesis “Using social media as a source of information on the EU has a positive effect on trust in EU political institutions.” are rejected. Social media use does not have an effect on trust in EU political institutions and neither does using social media to find information about the EU. The second hypothesis “Social media use does not have a negative effect on trust in EU political institutions.”, however, is maintained because social media use indeed does not negatively influence trust in EU institutions. 
	These surprising results seem to disprove the theories by Ceron (2015) and Kiratli (2023) who did similar research. Interestingly enough a lot of the control variables mentioned in the theory are significant and reinforce the existing theories. The biggest effect is trust in national government, with higher trust in the national government making you four times as likely to trust the EU institutions. Furthermore the analysis shows that people with more education, women, people in larger cities, people with more political interest, being more positive about the economic situation and a higher use of radio and TV are more likely to trust EU institutions. 
When interpreting these results I asked myself what the reason could be that the predictor variables seem to disprove the theory, while all of the control variables did exactly as the literature predicted. There are three possible answer that I came up with. When I reran the analysis with no control variables social media use did turn out to be significant. So, the first is that there is a cofounder of social media use and distrust in EU institutions that was not included in the studies of Ceron (2015) and Kiratli (2023) but was included in this model. This cofounder could possibly be the level of corruption for each member state since this variable was not included in earlier research articles. The second answer is that, between 2019 and 2024 people have somehow become immune for the negative influence on trust in the EU that was found in the articles of Ceron and Kiratli, although this seems unlikely. The last explanation is that the difference lies in the used outcome variables. Ceron (2015) used a self-made political trust index by combining trust in national and local governments, parliament and political parties. Kiratli (2023) used the trust for the EU in general, while I made a trust variable from combining trust in the European Parliament, European Council and the Commission. 
Whatever the answer is on why my study finds a different result than the earlier research articles, the answer to my research question is: social media consumption does not make people more or less likely to trust European Union political institutions. The consumption of social media does, in fact, have no influence at all on the trust in EU political institutions.  
[bookmark: _Toc188889897]5.2 Contributions to science and society
These outcomes show two important things regarding the existing literature on political trust and media use. The first is that the results of the current literature on the effect of social media use on political trust are disproven. These articles (Ceron, 2015; Kiratli, 2023) reported that more social media use led to lower trust in political institutions, while the outcome of this thesis shows that social media use does not have an effect on trust in EU institutions. This shows that the relationship between social media use and trust in political institutions is either non-existent or at least more ambiguous then it seemed. Furthermore it has also become clear that the information on social media pages of EU institutions does not significantly contribute to build more trust in these institutions. This finding disproves a theory from a research article by Song & Lee (2016) which speculated that visiting government social media pages leads to an increase in trust in government. Their main argument was that visiting these pages leads to an increase in transparency perception, which was positively related with trust in government. 
	The second important thing this thesis contributes to the literature is that its results reinforce a lot of findings in other research articles regarding the variables that influence trust in EU institutions. The results of Muñoz, Torcal & Bonet (2011) who show that there is a positive relationship between trust in national government and trust in the EU is in line with the outcome of this study. Trust in national government is the strongest predictor for trust in EU institutions that came out of the statistical model. This also makes it more likely that people use trust in their national government as a proxy for trust in the EU, in line with the findings of Brosius, van Elsas and de Vreese (2019). Furthermore, the outcomes also seem to support the ‘media malaise’ theory since the use of TV and radio leads to lower trust. However, these effects are very small and the consumption of written press news had no significant effect, meaning that the effects of traditional media stay ambiguous. 
	The societal relevance of these findings lies mainly in the fact that media use does not seem to influence trust in the EU. The most important factor of trust in the EU seems to be trust in the national government. The value of this conclusion lies in the implications for the media strategy of the European Union. While appearing in the media and having information on online (social) media is still necessary, it is not needed to invest in a social media campaign in order to increase trust. Furthermore, while trust is important because it is linked with the amount of legitimacy people attribute to the EU, it seems likely that the power to increase trust in the EU does (at least partly) not lie with the EU itself. The best option for the EU to increase trust in itself is to increase trust in national governments first. A way for the EU to realize this is to be even more strict on the rule of law and to make sure that every country has fair and honest democratic procedures in place. When EU citizens perceive their country to have more procedural legitimacy, their trust in the national government increases which will in the end lead to more trust in the European Union as well.  
[bookmark: _Toc188889898]5.3 Discussion
The discussion gives an overview of the strengths and limitations of this research. The most important topics are the amount of validity and reliability of the measurement instrument and the missing values. As written in the methodological chapter the outcome variable had a large number of missing values. According to Little’s MCAR test the data was not missing completely at random but either missing at random or non-ignorable. This could mean that some groups are underrepresented in the final model and introduce some bias into the conclusion. The other relevant limitations and strengths are discussed below with the validity and reliability of this study.
The internal validity of this study is likely to be robust. As has been argued in section 3.3 the right statistical techniques have been selected to fit the data. Furthermore the outcome of the power analysis, as shown in section 3.6, was that that the data sample had the highest possible power. This means that the probability of finding a false significant effect is low. The probability of missing a significant effect where there is one is represented by the alpha value used. In this study the standard alpha value of 0.05 was adopted, meaning that the results can be expected to be true with 95% confidence. A threat to the internal validity is the existence of cofounders. The amount of control variables that were included in the analysis lower the chance of cofounders. However, the chance that there is a cofounder that has not yet been explored in the literature can never be truly ruled out. The external validity of this study is likely to be strong as well. The large sample size and the data collection method stratified, multi-stage, random sampling contribute to getting a representative sample of the total population. The threat to the external validity is the missing data. As concluded in section 3.6 the data was not missing completely at random. This means that there is a possibility that certain sections of the population (for instance people above 50) are underrepresented in the final model. 
When reflecting upon the measurement validity, the content validity in particular faces some more threats. While the face validity seem to be good, the outcome variable ‘trust in EU political institutions is the average of the trust in the three selected EU institutions, the way that the data is collected brings some problems. This is because the outcome variable is based on the questions ‘do you tend to trust or not tend to trust the following EU institutions …’. As noted by multiple authors, people do not have much knowledge about the EU political institutions and the way the EU works in general. This means that they may have given answers without knowing what they were actually answering on. The lack of knowledge on the EU institutions can also explain the high number of missing values for the outcome variable, people may have just answered ‘I don’t know’. The same issue exists with the two predictor variables ‘social media use’ and ‘looking for information about the EU on social media’. Both of these variables are based on self-reported answers, which might be biased for multiple reasons. Sometimes people may give a different answer because of social desirability, they might underreport their social media use because they want to appear as someone who does not use social media all the time. Another explanation is they report their trust and social media use according to the way they want it to be. Brenner & DeLamater (2016) discovered that people will answer survey questions according to their ideal self-image instead of the actual situation. Lastly, sometimes people also are not able to correctly estimate how much they use social media, or they do not know the EU institutions and just say something. Taking all of this together the content validity of the measurement instrument is moderate to low. 
The construct validity of this study does seem to be quite strong. The outcome of the factor analysis showed that the trust for the EU institutions and the trust for the EU in general were highly correlated. They were however not as highly correlated as the EU institutions among themselves. This outcome shows that, while trust in EU institutions and the EU in general do measure similar concepts, which was also found by Arnold, Sapir and Zapryanova (2012), they are not the exact same thing. So the measurement relates to the theory, which was an indicator of construct validity according to Vennix (2019, p. 139). The other indications of construct validity are mostly found in the outcomes of the final model. The variables: age, interest in politics, level of education and trust in national government were all concepts linked in the theory to have a relationship with trust in the EU political institutions. All of these variables were found to be significant and the effects were the same (positive/negative) as was concluded in the literature. The outcomes of the final analysis also gave indications of convergent validity. The variables ‘opinion on the EU economy’ and ‘attachment to the EU’ measure similar concepts as the dependent variable. Both of these variables were significant and had a positive relationship with trust in the EU institutions. 
The reliability of this study is likely to be high. The internal reliability of a measurement scale is assessed by looking at the Cronbach’s alpha, which is deemed acceptable if it is over 0.7 (Mellinger & Hanson, 2020). When testing the Cronbach’s alpha for the outcome variable Cronbach’s alpha turns out to be 0.935, indicating a high internal validity. The threat to the reliability of survey research named in section 3.5 was that conducting surveys in different languages could bring translation problems. As discussed in section 3.2, the translation of the survey and the answers is checked by the institutes administering the survey. Although different translations of the questions could in theory influence the way people answer the question, this seems to be unlikely when both the translation of the answers and the questions are checked. Concluding, the overall reliability of this study seems to be high.
	Overall the conclusions of this study should not be adopted without a critical thought, however, in the end they hold enough validity and reliability to still hold value. While the missing values and content validity provide problems, the high construct validity and reliability do make up for it. 
5.4 [bookmark: _Toc188889899]Recommendations
The last section of this thesis provides recommendations for future research. In order to explain the differences between my research and the earlier mentioned articles a longitudinal study could provide answers. If the effect of social media use on trust in political institutions changed over time a longitudinal study will reveal whether this is the case or not. Another way to check where the differences appear is to repeat this study with the different outcome variables mentioned in the results chapter. Maybe a political trust index reacts differently on social media use than trust in EU (institutions). Furthermore, it could be interesting to repeat this study in a few years to see whether any changes have occurred, especially since the social media world continues to change quickly. This could also be done in a different format that does not use self-reported data which can introduce bias.
	Lastly, it could be interesting to zoom in on the effect of social media use a bit more by conducting an experiment instead of doing a statistical analysis. Experiments allow the researcher to have more control over the environment in which the effect is tested which can give cleaner results. One option would be, for instance, to let people judge their trust in the EU at a specific moment, let one group spend time on social media without information about the EU, while another group spends time on social media which does contain EU information and a control group does not spend time on social media but instead consumes traditional media. After an appropriate time you could let them judge their trust again and compare the results between the groups.
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